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Trade policy macroeconomic system, whereas trade policy uncertainty operates as a net receiver. At the micro-

Vietnam level, heightened monetary and fiscal policy uncertainty have significant impacts on banks' loan
loss provisions and risk-taking, while trade policy uncertainty impairs non-financial firms’ per-
formance and capital expenditures. These findings suggest that government-sourced indices offer
a direct, cost-effective, and theoretically grounded alternative to media-based metrics for eval-
uating policy-related risks in emerging markets.

1. Introduction

This paper proposes a new approach to measure economic policy uncertainty via textual analysis of government-sourced text data.
While conventional text-mining approaches rely on online newspaper data to quantify Economic Policy Uncertainty (EPU) and Cat-
egorical EPU (CEPU) across the globe (Arbatli et al., 2022; Baker et al., 2016; Caldara et al., 2020; Husted et al., 2020), the information
value of public media data faces significant criticism. Online newspapers may inadvertently capture non-policy-related uncertainties
(Gulen & Ion, 2016) or reflect generic ex-post public sentiment rather than ex-ante policy deliberation. Distinguishing between these
structural dimensions is critical because granular categories, including monetary, fiscal, and trade policy uncertainties, serve as
distinct drivers of financial and corporate friction (Arbatli et al., 2022; Bianconi et al., 2021; Husted et al., 2020). EPU can exert
significant impacts on a variety of economic activities, including investment decisions (Drobetz et al., 2018; Gulen & Ion, 2016),
household spending (D'Acunto et al., 2022), employment (Caggiano et al., 2017), and international trade (An et al., 2023). Monetary
policy is crucial for controlling inflation and maintaining financial stability. Fiscal policy is critical in shaping aggregate demand
through taxation, spending, and borrowing. Trade policy is an important tool for protecting domestic industries, promoting exports,
managing trade deficits or surpluses, and ensuring fair competition in international markets. Identifying their independent propa-
gation channels is vital for economic forecasting and mitigating shocks to aggregate growth (Gu et al., 2021; Phan et al., 2021).

The macro-micro transmission of policy shocks is highly contingent upon institutional architectures. It is especially pronounced in
emerging market transition economies such as Vietnam, where state leadership and strategic economic interventions are pervasive.
Over the past few decades, Vietnam's economic policies have shifted towards a market-oriented economy, with monetary policy
focusing on macroeconomic stability, fiscal policy supporting growth through strategic investments, and trade policy emphasizing
liberalization and integration into global supply chains through various free trade agreements. On the one hand, Vietnam's economic
relationship with the U.S. has significantly deepened, with bilateral trade reaching $149.6 billion in 2024 and strategic partnerships
expanding across sectors. On the other hand, Vietnam maintains a nuanced relationship with China, leveraging its geopolitical position
to balance economic ties with both major powers, while navigating challenges such as trade tensions and currency management. Due
to this international relations strategy, Vietnam has faced significant trade policy uncertainty, such as the impact of U.S. tariffs and
trade flow diversion during the U.S.-China trade war. During the Trump administration, Vietnam has been labeled a currency
manipulator twice by the U.S. government, highlighting the challenges in monetary policymaking to maintain competitiveness
without triggering criticisms from the West. Furthermore, fiscal uncertainty is particularly prevalent in Vietnam, where ongoing tax
reforms and rising public expenditure on infrastructure development create a persistently uncertain fiscal pressure. The unique context
of Vietnam implies the need to understand the monetary, fiscal, and trade policy uncertainty's impacts in a more granular approach to
ensure their smooth coordination to achieve economic development. Despite its significance,anaging this policy mix requires rigorous
measurement tools, yet such tools remain scarce.

To address these measurement challenges, we develop a new and robust framework to measure EPU in Vietnam by employing
textual data analysis of government bodies' websites. This approach prioritises official policy information over public media reflection
of policy uncertainty. In this study, we attempt to answer two research questions: (i) What are the trends of CEPU (monetary, fiscal, and
trade) in Vietnam over time? (ii) How do Vietnam's CEPU indices interact with macroeconomic and micro-economic factors?

To examine the developments of CEPU in Vietnam, we employ text analysis to construct government-sourced CEPU (GovCEPU)
indices, including monetary policy uncertainty (MPU), fiscal policy uncertainty (FPU), and trade policy uncertainty (TPU). Instead of
using the popular news-based approach that uses online newspaper articles to measure policy uncertainty (Arbatli et al., 2022; Baker
etal., 2016; Husted et al., 2020), we use text data from official websites of regulatory bodies of the Vietnamese government, including
the State Bank of Vietnam (SBV), the Ministry of Finance (MOF), and the Ministry of Industry and Trade (MOIT). By shifting the
analytical lens to these primary data sources, we capture the administrative deliberation phase before policy signals are dispersed into
secondary media environments. We measure MPU, FPU, and TPU using the number of related keyword combinations scaled by the
total number of articles published on the websites of SBV, MOF, and MOIT, respectively.

Moving beyond traditional recursive VAR impulse responses, which are constrained by restrictive variable-ordering assumptions
and exogeneity paradoxes, we evaluate our new indices using the generalised forecast error variance decomposition (GFEVD)
connectedness framework of Diebold and Yilmaz (2012, 2014). This allows us to model policy uncertainty as an endogenous network
of spillovers. Our GovCEPU indices exhibit robust predictive validity, co-moving systematically with realised macroeconomic vola-
tility, the World Uncertainty Index (WUI) and Global Economic Policy Uncertainty (GEPU). To compare our approach with the
traditional news-based approach in the literature, we construct alternative CEPU measures using the same methodology but using data
from major Vietnamese newspapers (i.e., the news-based CEPU indices for Vietnam). While our GovCEPU indices correlate highly with
news-based indices, they show higher volatility and capture a complementary dimension of policy uncertainty. In addition, we find
that while the MPU and FPU measures are highly correlated, the TPU measures appear less correlated with the other two indices.
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We answer the research questions at the same time as we validate the proposed measurement of CEPU via empirical analysis. To
examine the interaction between the GovCEPU indices and the macroeconomic environment, and to bypass the exogeneity and
variable-ordering constraints inherent in traditional Cholesky-ordered VARs, we employ the Diebold-Yilmaz (2012, 2014) connect-
edness framework based on Generalised Forecast Error Variance Decomposition (GFEVD). We examine a multivariate network con-
taining MPU, FPU, TPU, GDP growth, inflation, the World Uncertainty Index (WUI) for Vietnam (Ahir et al., 2022), exports, imports,
and the USD/VND exchange rate. Our network analysis reveals that MPU acts as a significant net shock transmitter within the system.
Pairwise directional spillovers demonstrate that MPU shocks transmit directly to inflation and imports. This linkage suggests that
domestic businesses and consumers rapidly adjust their expectations and pricing behaviours in response to monetary uncertainty,
driving price fluctuations and shifting import demands via credit and exchange rate channels. Conversely, the net spillovers from MPU
to GDP growth and currency valuation are remarkably small, suggesting that MPU's impact on aggregate growth operates indirectly
through latent channels like corporate investment and consumer spending. The findings are broadly consistent with the intended
relationship between MPU and macroeconomic factors (Arbatli et al., 2022; Arce-Alfaro & Blagov, 2023; Husted et al., 2020).

In contrast, the transmission dynamics of FPU are highly sensitive to real economic conditions. The strongest pairwise spillovers
occur within the FPU-GDP and FPU-WUI pairs. Notably, GDP growth acts as a net shock transmitter to FPU, implying that fiscal policy
deliberations in Vietnam are systematically endogenous and highly responsive to economic growth shocks. Once generated, however,
FPU acts as a net transmitter to the WUI, indicating that uncertainty in fiscal policy directly feeds back into and exacerbates overall
macroeconomic uncertainty. Interestingly, our results are well aligned with the findings on the endogenous nature of fiscal policy
(Heimberger, 2023) and its association with economic growth shocks (Anzuini et al., 2020; Arbatli et al., 2022).

Crucially, TPU emerges as the sole net shock receiver among the three GovCEPU indices. This underscores Vietnam's unique
institutional positioning as an export-oriented, price-taking economy. TPU is heavily linked to imports and the WUI, acting as an
intermediate node that absorbs global macroeconomic shocks. Furthermore, TPU exhibits an asymmetric relationship with trade
indicators: it is strongly shaped by domestic import activities - likely due to the immediate impact of tariff or regulatory changes on
domestic input costs - while export variations remain primarily driven by exogenous foreign trade policies rather than domestic TPU
shifts. Again, the findings are well in line with those from the trade policy literature (Caldara et al., 2020; Handley & Limao, 2015,
2017, 2022).

At micro level, we provide empirical evidence using firm- and bank-level multivariate panel regression analysis. The results
demonstrate that heightened monetary and fiscal policy uncertainty fundamentally changes banking operations. Sourced directly from
institutional channels, MPU significantly affects the risk-taking behaviour of Vietnamese commercial banks, consistent with the
precautionary bank behaviour under uncertainty (Bordo et al., 2016; Valencia, 2017). Concurrently, FPU influences loan loss pro-
visions of banks, following Ng et al. (2020), Silva (2021), and Tran and Houston (2021). Notably, we document a significantly higher
predictive precision when using the government-sourced FPU index compared to the news-based proxies while government-sourced
MPU provides slightly better predictive precision relative to its counterparts. For non-financial firms, panel regressions demonstrate
that trade policy uncertainty (TPU) negatively affects profits and capital expenditures are sensitive to international trade shocks
(Benguria et al., 2022; Chen et al., 2024; Imbruno, 2019). While both metrics (government-sourced and news-based CEPU indices)
confirm the negative real options “wait-and-see” effects (Gulen & Ion, 2016), our government-sourced TPU slightly outperforms
media-based TPU indices in predictive precision.

This study offers two important contributions to the literature. Our primary contribution is an alternative text-based approach to
construct GovCEPU indices using official text data instead of text data from secondary public media outlets as commonly used in
previous studies (Ahir et al., 2022; Arbatli et al., 2022; Baker et al., 2016; Caldara et al., 2020; Husted et al., 2020). We leverage the use
of text data from regulatory bodies' websites (i.e., the primary sources of data for policy changes and uncertainty), offering a more
direct approach to quantify government policy uncertainty. This approach offers several advantages. The first advantage is that
regulatory websites provide the timeliest information, as they are the first and official outlets to publish the government's an-
nouncements about policy changes or rule proposals. The data from these primary sources is highly authoritative and reliable as they
come directly from policymaking bodies. Secondly, our approach is methodologically more cost-effective than the original online
media data approach. Typically, government text data is open to access with no charges to the public. Most studies in news-based EPU
literature construct their EPU-related indices using data from major online newspapers with paid subscriptions to the publications or to
databases such as Factiva, LexisNexis, among others. The subscriptions come with certain dollar costs ranging from a few hundred to a
few thousand USD on a monthly basis, depending on subscription plans and the number of users per subscription.' Thirdly, the time
cost of collecting and processing text data from government sources is lower than the conventional approach using online newspaper
data. Generally, online newspaper articles are not only about economic policies since they cover all aspects of socio-political and daily
events, including entertainment and other non-economic content, leading to an enormous number of articles published per month in
each of the publications. As most EPU and CEPU indices are constructed by computing the frequency of EPU-related articles scaled by
the number of articles published during the same period, then normalizing the results (Ahir et al., 2022; Baker et al., 2016; Caldara
et al., 2020; Husted et al., 2020), the time costs of scraping and processing text data, plus human auditing costs, are significant. As
the content in each government website is concentrated and related to its regulatory assignments, the amount of text data to collect and
process is generally lower and therefore requires less time in comparison to the conventional news-based approach.?

The second contribution we offer to the literature is the GovCEPU indices of Vietnam. These measures provide valuable insights into

1 Quotes for Factiva subscription cost are available from: https://www.dowjones.com/professional /factiva/pricing-page/.
2 See Table 4 for more details about the numbers of text articles from government websites versus major online newspapers in this study.
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the dynamics of policy uncertainty across different sectors and policy domains, offering important understanding for policymakers,
businesses, and researchers to assess how GovCEPU factors interact with the macroeconomy, investment decisions, and overall bank/
firm performance in Vietnam. As we find no prior studies proposing a measure of categorical policy uncertainty for Vietnam, this study
is the first to provide government-sourced measurements of MPU, FPU, and TPU in the country while validating the measurement
empirically via analyzing their correlation and interaction with macroeconomic factors as well as with corporate outcomes. Our
proposed approach promises a new avenue of research on GovCEPU and its impacts at macro- and micro-level, especially amid the
contemporary era of increasing economic uncertainty and geopolitical tensions across the globe.

The rest of the paper proceeds as follows. Section 2 reviews the literature on measuring policy uncertainty. Section 3 presents our
research methodology and data. Section 4 evaluates the effectiveness of the constructed GovCEPU indices through empirical tests.
Section 5 concludes the paper and highlights potential areas for future research.

2. Literature review
2.1. Evolution of EPU measurement: from proxies to textual analysis

Extant literature utilises four primary approaches to quantify uncertainty: (i) event-based dummy variables for national elections,
global summits (Bhattacharya et al., 2017; Julio & Yook, 2012; Kelly et al., 2016) or crises (Abreu & Gulamhussen, 2013; Ahir et al.,
2022; Buigut & Kapar, 2023; Minford & Zhu, 2024); (ii) macroeconomic and financial volatility proxies (Afonso & Furceri, 2010;
Bloom, 2009; Connolly et al., 2005; Jurado et al., 2015; Kellogg, 2014); (iii) survey-based expert forecasts (Abel et al., 2016; Bachmann
etal., 2013; Boero et al., 2015; Jo & Sekkel, 2019; Sill, 2012); and (iv) text-mining of public discourse (Baker et al., 2016; Husted et al.,
2020). While event dummies and volatility proxies are readily available and provide continuous data, they often fail to isolate
policy-specific shocks from general economic noise and suffer from endogeneity, as macroeconomic and financial variables are
simultaneously determined with policy shifts. Similarly, while the surveys can capture nuanced views on policy uncertainty, they are
constrained by sample size, respondent bias, and the frequency of data collection (Jurado et al., 2015).

The news-based approach proposed by Baker et al. (2016) has become the common practice for capturing high-frequency, poli-
cy-specific uncertainty. While news-based indices are commonly constructed using newspaper coverage (Elkambhi et al., 2024; Ghirelli
et al., 2019; Husted et al., 2020), news-based indices assume a media environment that independently aggregates information - a
condition that may not hold in transition economies, countries with high degrees of political polarization, or state-led institutional
frameworks. Furthermore, media reporting often acts as a second-order reflection of official discourse, and it may capture public
perception rather than underlying policy deliberation.

2.2. The macro-micro transmission of policy shocks

The literature identifies a “wait-and-see” effect, where economic policy uncertainty (EPU) distorts the intertemporal decisions of
economic actors (Bloom, 2009). While traditional models treat uncertainty as a latent variable, our framework explicitly models the
transmission of policy shocks from institutional origins to macroeconomic as well as microeconomic outcomes.

At the macro level, shocks to EPU correlate with reduced output and heightened realised volatility. Consistent with Real Options
Theory, EPU leads firms to postpone irreversible capital expenditures (Bloom, 2009; Gulen & Ion, 2016; Julio & Yook, 2012).
However, the direction of this relationship is often contested as being endogenous. To address this, we utilise a network-connectedness
approach (Diebold & Yilmaz, 2012), which reveals that GovCEPU is not a passive reflection of economic conditions, but a net
transmitter of systemic risk. Monetary (MPU) and fiscal policy uncertainty (FPU) act as primary shock transmitters, reflecting the
centralised nature of domestic policy steering. Meanwhile, Trade Policy Uncertainty (TPU) is particularly disruptive for
export-oriented economies. Existing literature often focuses on trade liberalization, confirming that reduced TPU spurs export growth
(Handley & Limao, 2015), lowers prices, and increases consumers’ real income (Handley & Limao, 2017). Our findings demonstrate
that in price-taking economies like Vietnam, TPU acts as a net shock receiver, effectively absorbing global volatility (World Uncer-
tainty Index - WUI) or bilateral trade tensions, and subsequently impairing domestic manufacturing performance.

At the micro level, policy signals affect banks and firms through different channels. For banks, uncertainty shapes risk-taking and
lending standards over the business cycle (Acharya & Naqvi, 2012), and the literature points to two competing channels. Under the
risk-taking channel, banks search for yield and take on more risk (Greenspan, 2004; Paligorova & Santos, 2017), and recent evidence
links higher monetary policy uncertainty (MPU) to greater bank risk-taking (Ge et al., 2023; Sun et al., 2026). Under the precautionary
channel, banks respond to uncertainty by strengthening their balance sheets and tightening lending (Bordo et al., 2016; Valencia,
2017). Policy uncertainty also affects how banks recognise expected credit losses. Literature show that banks raise loan loss pro-
visions when they expect more uncertainty, particularly fiscal policy uncertainty (FPU), to weaken the economy (Ng et al., 2020; Silva,
2021; Tran & Houston, 2021). For non-financial firms, TPU raises the cost and risk of trade-related activities. As a result, TPU reduces
the investment and profitability of firms exposed to international trade (Benguria et al., 2022; Chen et al., 2024; Imbruno, 2019),
consistent with the wait-and-see effect (Gulen & Ion, 2016).

Finally, EPU influences household consumption and investment decisions. Heightened uncertainty encourages precautionary
savings (Fernandez-Villaverde et al., 2015; Wu & Zhao, 2022), the postponement of durable goods consumption (Aaberge et al., 2017;
Eberly, 1994), and adjustments in labor supply (Giavazzi & McMahon, 2012). This behaviour reduces the efficacy of countercyclical
stimuli, as households become less responsive to tax or interest rate adjustments during periods of high policy uncertainty, in line with
predictions of Real Options Theory (Bloom, 2009; Bloom et al., 2007).
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By constructing categorical indices (MPU, FPU, TPU) directly from official institutional sources, this study provides a granular map
of how specific government signals propagate through the financial and corporate sectors. This approach allows us to disentangle the
sources of uncertainty, offering a theoretically grounded alternative to the aggregate, news-based metrics common in the existing
literature.

3. Methodology and data
3.1. Index construction

We follow the established text-based methodology proposed by Baker et al. (2016) and Arbatli et al. (2022) to construct GovCEPU
indices for Vietnam. Baker et al. (2016) count the number of articles published in the top ten leading US newspapers containing word
combinations that represent US economic policy uncertainty. Our approach differs primarily in terms of text data approach. While
Baker et al. (2016) and a line of follow-up literature (Ahir et al., 2022; Arbatli et al., 2022; Caldara et al., 2020; Husted et al., 2020) use
text data from major online newspapers to capture policy uncertainty reflected in the public's perception, we measure GovCEPU using
official text data from the websites of regulatory bodies in Vietnam. Using similar dictionaries adapted to Vietnamese bureaucratic
language to construct the policy uncertainty indices, our proposed data approach provides an alternative way to capture policy un-
certainty using primary, official policy data sources.

There are two main differences between our approach and the original approach of Baker et al. (2016). First, we focus on the data
from official sources (e.g., regulatory bodies) rather than public media. Public media articles often contain varying personal opinions
from journalists, analysts, interviewees, and specialists about policy, politics, and uncertainty. As those opinions do not always support
one another, they may generate biases in the public perception of uncertainty in unknown directions. By only using official data
sources, we can eliminate this sentiment factor from our constructed indices.

Second, existing literature on text-based policy uncertainty (Arbatli et al., 2022; Baker et al., 2016; Caldara et al., 2020; Husted
et al., 2020) measures uncertainty by counting uncertainty-related keywords scaled by the number of newspaper articles in the
same period. This approach may cause additional biases since newspapers cover diverse topics, with the increasing coverage of
entertainment, technology, and other trendy topics. In contrast, official websites of regulatory bodies in Vietnam only deliver official
statements of those bodies, official news related to their field, changes in related regulations and policies, without including public
opinions.

We advocate for the government-sourced text-based measures due to the public accessibility of these documents and their smaller
corpus size, in contrast to the higher costs associated with various media news subscriptions. This approach uses publicly accessible
documents, offering a cost-effective and time-efficient alternative to expensive news subscriptions. The smaller corpus size of gov-
ernment documents further reduces the time investment required for analysis. Specifically, we scrape all publicly accessible articles
from the official websites of the State Bank of Vietnam (SBV), the Ministry of Finance (MOF), and the Ministry of Industry and Trade
(MOIT) for the construction of the monetary policy uncertainty index (MPU), fiscal policy uncertainty index (FPU), and trade policy
uncertainty index (TPU), respectively.® It is important to note that the websites of those ministries and SBV (and other government
bodies in the country) do not only exhibit official policy documentation (such as Law, Decision, Decree, Resolution, Directive) but also
post event and news articles, macroeconomic and policy discussion. In fact, official law and policy documentation only account for a
small portion of text data on these websites as other types of text documents or articles are updated on a daily basis.

To construct government-sourced MPU, FPU, and TPU indices, we count the frequencies of specific keywords representing un-
certainty in the relevant categories of economic policy from previous literature (Baker et al., 2016; Husted et al., 2020). We adapt these
keyword lists to the Vietnamese context to ensure their relevance. The keyword combinations are structured as follows.

Exhibit 1. The structure of keyword combinations used to construct the categorical policy uncertainty indices.

{any keyword in the Keyword Group 1 — Uncertainty/status terms} and {any keyword in the
Keyword Group 2 — Object (instrument) terms} and {any keyword in the Keyword Group 3 —
Policy and policymaking terms} and {any keyword in the Keyword Group 4 - Identification terms
for Vietnamese policymaking and regulatory bodies}

We compute the monthly frequency with which specific keyword combinations appear in the articles published on the regulatory
body's website. The specific rule of thumb is that counted articles must contain at least one term of each of the four above keyword
groups to be labeled as a policy uncertainty article. A document that merely describes a new regulation without signalling uncertainty
would not satisfy all keyword conditions simultaneously. The indices are constructed using Vietnamese language keywords. The
keywords and combinations are presented in Tables 1-3.

Using the three sets of keyword combinations, we calculate the relative frequency of uncertainty-related keywords for each policy

3 SBV's official website is at: https://sbv.gov.vn/. MOF's official website is at: https://mof.gov.vn/. MOIT's official website is at: https://moit.gov.
vn/.
4 The Python libraries used to construct the indices in this study include BeautifulSoup, VnCoreNLP, Pandas, Matplotlib, and Wordcloud.
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type (MPU, FPU, TPU). For each dataset obtained from the authorised government agencies’ websites, we normalise it by dividing the
raw monthly count of keyword combinations related to MPU, FPU, and TPU by the total monthly article count of the website,
respectively. This method accounts for variations in publication volume over time.

pu(t) = pu. frequfzncy(t) o)

total_articles(t)
where pu(t) stands for the corresponding categorical policy uncertainty index (e.g., MPU, FPU, or TPU) during month t. We do not
further standardise the data using the time-series’ standard deviation and average value of the time-series as suggested in Baker et al.
(2016) because of one main reason: the outputs of the normalised index will change if we update new values to the index in the future
update, and such changes will cause difficulties for users in replicating and comparing empirical results. The same normalization
approach is presented in the study of Dang et al. (2023) when measuring energy-related uncertainty.

For comparison analysis, we further scrape data from two leading online Vietnamese newspapers, Vietnamnet (VNN) and CafeF
(CFF), and use the same method to construct alternative news-based indices: MPU_VNN and MPU_CFF for news-based monetary policy
uncertainty, FPU_VNN and FPU_CFF for news-based fiscal policy uncertainty, TPU_VNN and TPU_CFF for trade policy uncertainty.” We
compare these newspaper-based indices with the MPU, FPU, and TPU indices to examine the differences between our approach and
that of Baker et al. (2016).°

Our approach can be well applied to measure categorical EPU in other country contexts under three conditions: (i) accessible online
official government documentation, (ii) centralised policy communication, and (iii) a reasonably stable institutional vocabulary
amenable to keyword-based analysis, even if the specific keywords require adaptation to local institutional and linguistic contexts.
Accordingly, Vietnam serves as a good theoretical test case in which the three conditions manifest well, especially the third condition
as indicated by Garschagen (2013) and Bui (2017). Vietnam's one-party governance structure means that government websites are the
primary channel for policy communication, with relatively little intermediation by an independent press. This makes Vietnam a good
setting to isolate the information content of government-sourced uncertainty measures.

3.2. Data

The text data for constructing the GovCEPU indices comes from different sources. We extract Vietnamese text data from the
websites of the State Bank of Vietnam (https://sbv.gov.vn/), the Ministry of Finance (https://mof.gov.vn/), and the Ministry of In-
dustry and Trade (https://moit.gov.vn/) of Vietnam to construct the monthly government-sourced MPU, FPU, and TPU indices,
respectively. The data for constructing news-based indices comes from two major Vietnamese online newspapers: Vietnamnet (https://
vietnamnet.vn/), a state-owned newspaper, and CafeF (https://cafef.vn/), owned by VCCorp, a major private multimedia corporation
in Vietnam. Table 4 shows the number of news articles with identified keyword combinations from different sources of data.

We use different data to validate our proposed indices. Bank-level data are from a database of the Vietnamese banking sector
contributed by Le et al. (2022). Firm-level data on Vietnamese public firms are from the COMPUSTAT database. Macroeconomic data
are from DataStream, Asian Development Bank, and Trading Economics databases. Uncertainty measures, including World Uncer-
tainty Indices (Ahir et al., 2022), Global Economic Policy Uncertainty Index (Baker et al., 2016), and Geopolitical Risk Index (Caldara
& Tacoviello, 2022), are obtained from https://policyuncertainty.com/. We annualise the MPU, FPU, and TPU indices by calculating
the average monthly values of each index for each year. We merge the annualised indices with other datasets for analyzing the impact
of CEPU on macroeconomic factors, bank risk, and non-financial firms’ performance in Vietnam.

The initial bank-level dataset covers 45 commercial banks in Vietnam from 2002 to 2023. After merging with GovCEPU indices'
data and excluding observations with missing values, the final bank sample consists of 549 bank-year observations of 45 commercial
banks in Vietnam during 2004-2022. The initial non-financial firm dataset covers 687 Vietnamese listed firms during the 2002-2022
period. After merging with GovCEPU indices’ data and excluding observations with missing values, the final non-financial firm sample
consists of 5048 firm-year observations of 555 Vietnamese firms listed in the Ho Chi Minh Stock Exchange and the Hanoi Stock Ex-
change during 2006-2022. All variable descriptions and summarised statistics are presented in Appendix A3.

4. Validating the GovCEPU indices
4.1. Matching with macroeconomic events

We first evaluate our measures of GovCEPU (MPU, FPU, and TPU) by examining their correlation with other proxies of uncertainty
and testing the responses of macroeconomic factors to each type of GovCEPU. Our indices are constructed using data from official
government sources to reflect the real and immediate changes in government policies relating to monetary, fiscal, and trade matters.

Fig. 1 presents the time-series plot of the MPU index. Fig. 1 shows that our MPU index fluctuates with drops and spikes, reflecting
significant monetary policy changes in Vietnam during the 2004-2023 period. MPU is particularly sensitive to major monetary policy
shifts and uncertainty shocks. Key examples include policy decisions to raise interbank rates to deal with the elevated inflation in

5 Vietnamnet is at: https://vietnamnet.vn/and CafeF is at https://cafef.vn/.
6 The text data processing workflow is presented in Appendix A1, and examples of text from the text data vendors are presented in Appendix A2.
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Table 1
Keyword combinations for the construction of the MPU index.
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Keyword group

Vietnamese keywords

English equivalents

Group 1 — uncertainty/status terms

Group 2 — object (instrument) terms

Group 3 - policy and policymaking terms

Group 4 - Vietnamese policy maker and regulatory bodies identification terms

“bét n"
“ciing thing"
“bién dong”
“ap luc”
“thit chit’
“ndi long”
“ty gid”

“lai sudt”
“lam phat”
“giam phat”
“du trt bét budc”
“tién t&”

“du trit ngoai héi”
“ngoai t&”
“chinh sach"
“quy dinh"
“diéu hanh”
“diéu chinh”
“quan ly”
“Ha Noi"
“Viat Nam”
“Quéc hoi”
“Nha nwéc"
“Chinh pht”

“Ngan hang Nha nwéc”

“uncertainty”
“uncertain”
“uncertainties”
“pressure”
“tighten”

“loosen”
“exchange rate”
“interest rate”
“inflation”
“deflation”
“mandatory reserve”
“monetary”
“foreign currency reserve”
“foreign currency”
“policy”
“regulation”
“adjustment”
“regulate”
“manage”

“Hanoi”
“Vietnam”
“Congress”
“Federal”
“Government”
“State Bank”

Table 2
Keyword combinations for the construction of the FPU index.

Keyword group

Vietnamese keywords

English equivalents

Group 1 — uncertainty/status terms

Group 2 — object (instrument) terms

Group 3 - policy and policymaking terms

Group 4 - Vietnamese policy maker and regulatory bodies identification terms

“bét én"
“ciing thing"
“bién dong”
“ap luc”
“thit chit’
“ndi long”

“diu tw cong”

“can dbi thu chi”

“ngan sach”

“chi thwong xuyén”
“chi dAu tw phat trién”
“trai phiéu”/“cong trai”
“chinh sach"

“chinh sdch tai khéa”
“quy dinh"

“diéu hanh”

“didu chinh”

“quan ly”

“Ha Noi"

“Viét Nam”
“Qudc hoi”
“Nha nwéc"
“Chinh phu”
“Bo Tai chinh”

“uncertainty”

“uncertain”

“uncertainties”

“tense”

“pressure”

“tighten”

“loosen”

“state investment”

“state budget balance”

“government budget”

“recurring government expenditure”
“development investment expenditure”
“bond”/*“government bond”/“municipal bond”
“policy”

“fiscal policy”

“regulation”

“adjustment”

“regulate”

“manage”

“Hanoi”

“Vietnam”

“Congress”

“Federal”

“Government”

“Ministry of Finance”

February 2005, constraints placed on commercial banks’ deposit interest rates in February 2008, and the currency devaluation by 8.5%
against the USD in February 2011. The MPU index also reacts to other events such as the adoption of Basel II in 2019, the quantitative
easing in early 2020, the stimulus announced in January 2022, and the Saigon Commercial Bank fraud and subsequent bank run at the
end of 2022. Additionally, broader global events like the Russia-Ukraine conflict in 2022 and the pressure from high interest rates
worldwide during the post-COVID-19 period have their impacts on the MPU index.

Fig. 2 illustrates the changes in our FPU index during the 2014-2023 period. There were two major fluctuations during the 2015-
2016 and 2020-2023 periods. In the first period, several factors contributed to FPU's variations, including the rising public debt, fiscal
deficit, and state-owned enterprises privatization reform in the country. During this period, global oil prices fluctuated and led to a
marked decrease in Vietnam's fiscal income, high levels of non-performing loans in the banking sector, and a decrease in income from
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Table 3
Keyword combinations for the construction of the TPU index.
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Keyword group

Vietnamese keywords

English equivalents

Group 1 — uncertainty/status terms

Group 2 — object (instrument) terms

Group 3 - policy and policymaking terms

Group 4 - Vietnamese policy maker and regulatory bodies identification terms

“bAt bn"

“ciing thing”

“bién dong”

“tham hut”

“thang du”

“anh hwong”

“thué quan”

“han ngach thwong mai”
“xult khiu”

“nhap khau”

“chéng bén pha gia”
“t¢ do hoéa thwong mai”
“bao hé mau dich”
“hiép dinh thwong mai”
“thwong mai”

“can can vang lai”
“can can thwong mai”
“hang hoa”

“doc quyén”

“canh tranh”

“thi trwong”

“chinh sach"

“quy dinh"

“diéu hanh”

“didu chinh”

“quan ly”

“hang rao ky thut”
“Ha Noi"

“Viét Nam”

“Quéc hoi”

“Nha nwéc"

“Chinh phu”

“Bo Cong Thuong”
“Téng cuc Hai quan”

“uncertainty”
“uncertain”
“uncertainties”
“deficit”

“surplus”

“affect”

“tariff”

“quota”

“export”

“import”
“anti-dumping”
“trade freedom”
“trade protectionism”
“trade agreement”
“trade”

“balance of payments”
“balance of trades”
“goods”

“monopoly”
“competition”
“market”

“policy”

“regulation”
“adjustment”
“regulate”

“manage”

“technical barrier”
“Hanoi”

“Vietnam”
“Congress”

“Federal”
“Government”
“Ministry of Industrial and Trade”
“General Department of Vietnam Customs”

Table 4
Text-based data sources and availability.

Source Number of articles Data availability period
SBV 15,474 Jul 2004 - Jun 2023
MOF 5618 Mar 2014 - Jun 2023
MOIT 22,756 Jan 2012 - Jun 2023
Vietnamnet 69,835 Nov 2010 - Jun 2023
CafeF 305,542 Oct 2007 - Jun 2023

This table reports the sources and availability of text-based data used for the constructions of the cate-
gorical policy uncertainty indices. Data availability period is determined by the longest period of time the
article archiver can be accessed.

tariffs due to new free trade agreements. During 2020-2023, the FPU index showed an overall upward trend with multiple fluctuations.
The main reasons for this increase are the economic slowdown and fiscal fluctuations caused by the COVID-19 pandemic, along with an
expansionary fiscal policy to boost domestic demand, resulting in a large fiscal deficit. Several new regulations and policies were
announced during 2021-2023, including Resolution 43/2022/QH15 to implement a large fiscal and monetary stimulus package and
Value-Added Tax reduction from 10% to 8%, Decision 508/QD-TTg on tax system reform, Decree 91/2022/ND-CP on changes in
income tax, and Decree 12/2023/ND-CP on tax payment deferrals, EPT and other tax cuts that increase revenue pressure for the
government.

Fig. 3 shows how our TPU index changes over the 2012-2023 period. The index is highly volatile from 2014 to 2020, reflecting the
developments in trade policy and trade-related external shocks to the economy. During this period, Vietnam expanded its global
economic integration through key trade agreements, including the Comprehensive and Progressive Agreement for Trans-Pacific
Partnership (CPTPP) and the European Union-Vietnam Free Trade Agreement (EVFTA). The TPU's volatility can be explained by
the changes in the trade-related regulations and laws, trade talks, the trade war between the U.S. and China in 2018-2019, and the
COVID-19 pandemic in 2020 — 2022, causing trade disruptions across the globe. During the U.S.-China trade war, trade rerouting to the
U.S. via Vietnam invited tight scrutiny over tariff evasion and currentcy undervaluation, and therefore caused the trade tension be-
tween Vietnam and the U.S.
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Fig. 1. Annotated graph of the monthly Monetary policy uncertainty (MPU) index.

4.2. Correlation analysis

Comparing our GovCEPU indices with the news-based CEPU indices constructed for monetary, fiscal, and trade policy uncertainty
using data from Vietnamnet and CafeF, we document some similarities and differences. While the GovCEPU indices (i.e., MPU, FPU,
and TPU) are significantly and positively correlated with most of their news-based counterparts (i.e., MPU_VNN, MPU_CFF, FPU_VNN,
FPU_CFF, TPU_CFF), there is an exception in the case of TPU and TPU_VNN. Table 5 shows the correlation matrix between the Gov-
CEPU indices. The correlation matrix shows that TPU is only weakly correlated with MPU (0.156, p-value < 0.10) and is not correlated
with FPU(-0.062, p-value > 0.10). While trade policy, monetary policy, and fiscal policy serve as key government instruments for
economic influence, they function in distinct domains with separate objectives. This explains why trade policy shows movements
independent of monetary and fiscal policies.

Figs. 4-6 plot each GovCEPU index against its news-based alternatives. Consistent with Table 5, the series move together, but the
government-sourced measures are visibly more volatile than the news-based measures. These differences suggest that the two ap-
proaches capture different dimensions of policy uncertainty. Government-sourced measures reflect source-level signals from official
policy communication, while news-based measures incorporate media interpretation and public perception. This finding supports our
argument that the choice of data source influences the information content of CEPU measures.

Table 6 compares the GovCEPU indices with other uncertainty measures. MPU is positively correlated with stock market volatility
(VNINDEX_VOL, 0.229, p-value < 0.05), global economic policy uncertainty (EPU_GLOBAL, 0.235, p-value < 0.01), and the global
World Uncertainty Index (WUI_WORLD, 0.134, p-value < 0.10). FPU is positively correlated with VNINDEX _VOL (0.227, p-value <
0.05) and EPU_GLOBAL (0.321, p-value < 0.01). TPU is not significantly correlated with any of these measures. None of the three
indices is significantly correlated with the World Uncertainty Index for Vietnam (WUI_VN) or the geopolitical risk index (GPR). These
moderate correlations suggest that the GovCEPU indices share some information with existing uncertainty measures while capturing a
distinct, policy-specific component.

One may have concern that government communication is designed strategically for reassuring the public when economic un-
certainty is high, thus undermining the credibility of the approach we proposed.” Building on recent calls for institutional specificity
(Ahir et al., 2022), we argue that government-sourced communication represents an ex-ante measure of uncertainty, capturing the
deliberation phase before policies enter public news cycles. In the institutional context of countries characterised by centralised state

7 We thank the anonymous referee for this comment.
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Table 5
Correlation between GovCEPU and news-based CEPU indices.
Variables @™ 2 3) @ (5) (6) @ (8) 9
(1) MPU 1.000
(2) MPU_VNN 0.516%** 1.000
(3) MPU_CFF 0.574%** 0.422%%* 1.000
(4) FPU 0.237%* 0.184* 0.255%** 1.000
(5) FPU_VNN 0.391%*** 0.790%** 0.315%** 0.224** 1.000
(6) FPU_CFF 0.606*** 0.615%** 0.767*** 0.295%** 0.538%** 1.000
(7) TPU 0.156* 0.126 0.273%** —0.062 0.089 0.230%** 1.000
(8) TPU_VNN 0.306%** 0.719%%* 0.184* 0.315%** 0.747%%* 0.369*** 0.085 1.000
(9) TPU_CFF 0.477%*** 0.530%** 0.643*** 0.307*** 0.452%** 0.756%** 0.192%* 0.497*** 1.000

This table reports the pairwise correlation matrix of MPU, FPU, TPU, and news-based alternatives (i.e., MPU_VNN, MPU_CFF, FPU_VNN, FPU_CFF,
TPU_VNN, and TPU_CFF). Variable descriptions are in Appendix A3. ***, ** and * denote significance levels of 1%, 5%, and 10%, respectively.
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Fig. 6. MOIT-based TPU index versus news-based TPU indices.

Table 6
Correlation between GovCEPU and other macro-level uncertainty indicators.
Variables 1) (2) 3) 4 (©)] (6) 7 ®
(1) MPU 1.000
(2) FPU 0.237** 1.000
(3) TPU 0.156* —0.062 1.000
(4) WULVN —0.118 0.061 0.009
(5) VNINDEX_VOL 0.229%* 0.227%* 0.136 1.000
(6) WUL_WORLD 0.134* 0.002 —0.073 0.047 1.000
(7) EPU_GLOBAL 0.235%** 0.321%** —0.065 0.344*** 0.451*** 1.000
(8) GPR 0.106 —0.101 —0.014 0.045 0.496*** 0.172%** 1.000

This table reports the pairwise correlation matrix of MPU, FPU, TPU, and other uncertainty proxies, including the World Uncertainty Index for
Vietnam, World Uncertainty Index (Global), global economic policy uncertainty index, and Geopolitical risk for Vietnam. Variable descriptions are in
Appendix A3. ***, ** and * denote significance levels of 1%, 5%, and 10%, respectively.

steering, government-sourced texts act as a first-order signal of policy intent, in contrast to the second-order role of news media. To
alleviate this concern, we argue that if government sources were purely strategic or reassuring signals, they should be negatively
correlated with macroeconomic volatility. To test this argument, we compute the correlation coefficients between the GovCEPU
indices and realised macroeconomic volatility proxies, which are calculated as the rolling 12-month standard deviations of macro-
economic variables (GDP growth, inflation, world uncertainty index for Vietnam (WUI), exports, imports and the VND/USD exchange
rate). Table 7 presents the correlation analysis results.®

We find that the GovCEPU indices are positively correlated with the volatility in GDP growth, WUI, exports, imports and the
exchange rate, and many of these correlation coefficients are statistically significant. All GovCEPU indices are negatively correlated
with inflation volatility; however, these correlations are statistically insignificant. Based on this, we alleviate the concern that the
government uses communication tools to affect the perception of the public about macroeconomic uncertainty.

4.3. The connectedness between categorical economic policy uncertainty and macroeconomic factors

We examine the connectedness among MPU, FPU, TPU and macroeconomic variables in Fig. 7 and Table 8. The connectedness
method (Diebold & Yilmaz, 2012; 2014) is based on generalised forecast error variance decomposition (GFEVD). The advantage of this

8 Another concern is that changes in the GovCEPU indices may be attributable to the implementation of new policies or laws or regulatory
circulars rather than an escalation of policy uncertainty. To alleviate this concern, we test the correlation between our GovCEPU indices and dummy
indicator of the implementation of corresponding types of policies/laws/regulations by the Vietnamese government. We find that all three corre-
lation coefficients are statistically not different from zero, suggesting that MPU, FPU, and TPU do not significantly correlate with the imple-
mentation of major policies in the corresponding dimensions. The results are available upon request. We thank the anonymous referee for this
comment.
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Table 7
Correlation between GovCEPU indices and realised macroeconomic volatility.
Variables (€8] (2) 3) “4) 5) 6) ) ® 9
(1) FPU 1.000
(2) MPU 0.158* 1.000
(3) TPU —0.032 0.114 1.000
(4) GDP growth 0.163* 0.252%%* 0.062 1.000
(5) Inflation —0.039 —0.010 —0.134 —0.094 1.000
(6) WUI 0.147* —0.097 0.211%*** 0.330%** 0.033 1.000
(7) Exports 0.107 0.310%** 0.052 0.668%** —0.322%%%* 0.032 1.000
(8) Imports 0.051 0.31 0.010 0.652%** -0.228 0.083 0.946%** 1.000
(9) VND/USD exchange rate 0.100 0.248%** 0.123 0.137* 0.351%** 0.222%** —0.071 —0.028 1.000

This table reports the pairwise correlation matrix of MPU, FPU, TPU, and the rolling 12-month standard deviations of macroeconomic variables,
including inflation, the World Uncertainty Index for Vietnam, exports, imports, and VND/USD exchange rate. Variable descriptions are in
Appendix A3 *** **_ and * denote significance levels of 1%, 5%, and 10%, respectively.

approach compared to the IRFs is that it analyses the interdependence between the variables in a multivariate system, thereby allowing
us to identify how shocks transmit across the network and to identify the major transmitters and receivers of shocks. Additionally, since
the connectedness indices are based on GFEVD, the model coefficients are not dependent on the ordering of the variables. By applying
this method, we can identify not only the directional transmission of uncertainty shocks to variables such as output, inflation, and
employment, but also how the strength and duration of these linkages evolve over time.

Fig. 7 and Table 8 present the connectedness network among the GovCEPU indices and other macroeconomic variables. All var-
iables are log-differenced to ensure stationarity. The size of the nodes reflects the absolute values of the net connectedness indices.
Larger blue nodes indicate larger net shock transmitters, while larger yellow nodes indicate larger net shock receivers. Fig. 7 suggests
that MPU and FPU are net shock transmitters in the system, while TPU is a net shock receiver. Among the macroeconomic variables,

Fig. 7. Connectedness network among GovEPU and macroeconomic variables.

Note: The figure presents the connectedness network among GOVEPU macroeconomic variables. The size of the nodes reflects the absolute values of
the net connectedness indices. Larger blue nodes indicate larger net shock transmitters, while larger yellow nodes indicate larger net shock receivers.
The edges capture the pairwise relationship between any two variables in the system. Specifically, the edges' arrows capture the direction of the
pairwise spillovers, while their thickness indicates the strength of the pairwise spillovers.
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Table 8
Connectedness among GovEPU and macroeconomic variables.
FPU MPU TPU GDP Inflation WwuI Exports Imports VNDUSD FROM

FPU 80.02 4.14 5.67 3.21 2.51 0.53 1.22 1.14 1.55 19.98
MPU 3.56 81.38 3.00 1.38 1.25 2.93 4.30 2.07 0.11 18.62
TPU 8.71 1.98 77.43 0.03 3.61 3.39 0.71 3.86 0.29 22.57
GDP 0.51 1.14 0.41 92.03 0.67 0.07 2.99 1.50 0.69 7.97
Inflation 1.85 2.19 2.09 0.21 91.06 1.32 0.06 0.40 0.83 8.94
WUI 7.18 5.29 1.59 0.22 3.69 77.08 1.44 2.76 0.76 22.92
Exports 1.20 3.78 0.04 1.54 0.07 0.27 55.21 36.98 0.90 44.79
Imports 0.27 4.42 0.66 1.40 0.22 1.73 40.50 49.81 0.99 50.19
VNDUSD 0.40 1.01 0.38 0.87 5.16 1.05 0.79 1.99 88.34 11.66
TO 23.70 23.94 13.84 8.86 17.18 11.29 52.01 50.69 6.12 TCI
NET 3.72 5.32 -8.73 0.89 8.24 —-11.62 7.22 0.5 —5.54 23.07

Note: The table presents the connectedness among GovEPU and macroeconomic variables using the connectedness framework of Diebold and Yilmaz
(2012, 2014). All variables are log-differenced to ensure stationarity. Each cell corresponds to the percent of the forecast error variance decompo-
sition (GFEVD) of the row variable explained by the column variable. The column “FROM” captures the percent of the GFEVD in the row variable
explained by all other variables. The row “TO” captures the percent of the GFEVD in all other variables explained by the column variable. The row
“NET” is the difference between the “TO” connectedness and the “FROM” connectedness indices. A positive (negative) net connectedness indicates a
net shock transmitter (receiver). The total connectedness index (TCI) is at the bottom right corner of the table, which captures the overall
connectedness among the variables in the system.

GDP, inflation, exports, and imports are net shock transmitters, while the world uncertainty index (WUI) and the VND/USD exchange
rate are net shock receivers. Note that the node sizes and colours reflect the average role of each variable in the system, therefore, they
may not reflect the pairwise relationship between the macroeconomic variables and the GovCEPU indices.

The edges in Fig. 7 allow us to zoom into the pairwise relationship between the GovCEPU indices and the macroeconomic variables.
Specifically, the edges’ arrows capture the direction of the pairwise spillovers, while their thickness indicates the strength of the
pairwise spillovers. First, we find that the FPU is most closely related to the WUI and GDP, as indicated by the thickness of the edges
between the FPU-WUI and the FPU-GDP pairs, compared to the edges between the FPU and other variables. GDP is a net shock
transmitter to the FPU, suggesting fiscal policy is the most sensitive to economic growth shocks. The FPU is a net shock transmitter to
the WUI, indicating that FPU contributes to overall macroeconomic uncertainty. The findings are broadly consistent with the
endogenous nature of fiscal policy (Heimberger, 2023) and its association with economic growth shocks (Anzuini et al., 2020; Arbatli
et al., 2022).

Second, MPU acts as a net shock transmitter to inflation, WUI and imports. The linkage between monetary policy and inflation
suggests that businesses and consumers may adjust their expectations and behaviours in response to MPU, leading to fluctuations in
prices. The linkage between monetary policy and imports implies that international trade is sensitive to MPU, possibly due to its effects
on exchange rates and credit conditions. Furthermore, the spillovers between MPU and GDP and the VND/USD exchange rate are
small, suggesting that MPU may impact overall economic growth and currency valuation indirectly, possibly through other channels
such as investment and consumer spending. Finally, the linkage between MPU and WUI reflects the role of the central bank of Vietnam
in shaping broader economic uncertainty in Vietnam. The findings are in line with previous findings in the literature examining the
relationship between MPU and macroeconomic factors (Arbatli et al., 2022; Arce-Alfaro & Blagov, 2023; Husted et al., 2020).

Finally, TPU is the only net shock receiver among the three GovCEPU indices. This highlights the unique role of trade policy in the
macroeconomic landscape. Specifically, trade policy uncertainty is closely linked to inflation, WUI and imports. Note that TPU is more
strongly related to imports than to exports. This suggests that import activities play a more significant role in shaping trade policies,
possibly due to the immediate impact of domestic trade policies on import costs and availability. In contrast, exports are more likely to
be influenced by foreign trade policies, such as tariffs imposed by other countries on Vietnamese goods. These findings corroborate the
established evidence in the trade policy uncertainty literature (Caldara et al., 2020; Handley & Limao, 2015, 2017, 2022).°

In summary, the results from the Diebold-Yilmaz connectedness framework show the diverse interdependence between the
GovEPU indices and the macroeconomic environment of Vietnam. Overall, the results suggest that the FPU and MPU contribute to the
overall macroeconomic uncertainty of Vietnam, as they are both shock transmitters to the WUI. This, in turn, translates into higher
TPU, as the TPU is a shock receiver from the WUI.

9 In further connected tests reported in Appendix A4, we use the same connectedness method (Diebold & Yilmaz, 2012; 2014) to examine the
connectedness among the news-based policy uncertainty indices and the same macroeconomic variables. Panel A, Appendix A4 reports the results
using FPU_VNN, MPU_VNN, and TPU_VNN (Vietnamnet-based indices), while Panel B presents the results using FPU_CFF, MPU_CFF, and TPU_CFF
(CafeF-based indices). The analysis shows conflicted findings between the two sets of indices constructed from different media vendors. Although
both result sets consistently show that FPU is a net shock transmiter among the variables, the directional connectedness is oppositely reported for
MPU, TPU, and WUL. This further supports the notion that text data from online media is inherently noisy (Barbera et al., 2021; Jarlbrink & Snickars,
2017) and justifies our government-sourced approach.
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4.4. The effects of MPU and FPU on banks’ operations

In this section, we examine the impacts of GovCEPU on bank behaviour in Vietnam, focusing on loan loss provisions and bank risk-
taking. We expect policy uncertainty to affect both outcomes, following the evidence from the banking literature (Ge et al., 2023;
Greenspan, 2004; Ng et al., 2020; Paligorova & Santos, 2017; Silva, 2021). For fiscal policy uncertainty, the literature suggests that
higher FPU raises loan loss provisions (Ng et al., 2020; Silva, 2021; Tran & Houston, 2021). This positive relationship arises because
bank managers anticipate the depressive effects of fiscal policy uncertainty on the economy and reflect this expectation through higher
loan loss provisions (Tran & Houston, 2021). Hence, we expect that our government-sourced FPU index is positively associated with
loan loss provisions.

Regarding monetary policy uncertainty, the literature identifies two competing channels with opposing predictions for bank risk-
taking. Under the risk-taking channel of monetary policy, accommodative conditions encourage banks to search for yield and take on
more risk (Greenspan, 2004; Paligorova & Santos, 2017). Extending this direction, Sun et al. (2026) argue that higher monetary policy
uncertainty raises active risk-taking. In contrast, a precautionary channel suggests that heightened monetary policy uncertainty leads
banks to adopt a more cautious approach. When the policy is uncertain, banks protect themselves by strengthening their balance
sheets, tightening lending standards, and reducing risk exposure, which improves stability (Bordo et al., 2016; Valencia, 2017). The net
effect of monetary policy uncertainty on bank risk-taking is therefore an empirical question, which we examine using our
government-sourced MPU index.

Using the Vietnamese banks' annual data, we regress the loan loss provision ratio on the FPU measures, i.e., the government-
sourced FPU index (FPU), controlling for common bank-level characteristics such as bank size (BANKSIZE), bank profit (BPROFIT),
cost-to-income ratio (CIR), non-performing loan ratio (NPL), year dummies and fixed effects. In our regressions, FPU is lagged by one
period. Standard errors are clustered by bank following Petersen (2009). To compare the effect across different measures of FPU, we
conduct two additional tests using the news-based FPU indices (FPU_VNN and FPU_CFF) as the alternative explanatory variables. In all
three regression specifications, the FPU variables are lagged by one period. Column 1 of Table 9 reports the regression results. The
coefficient of FPU is positive and significant at the 5% significance level, suggesting that FPU is positively associated with commercial
banks’ average loan loss provision ratio. The finding is well consistent with the intended effect of fiscal policy uncertainty on loan loss
provisions of banks as documented in the literature (Ng et al., 2020; Silva, 2021; Tran & Houston, 2021), further validating our FPU
measure, while the news-based FPU_CFF shows insignificant effect on loan loss provisions.

Columns 2 of Table 9 show a positive impact of FPU_VNN and significant at a 10% significance level. In Column 3, the regression
results using FPU_CFF, another news-based FPU measure using CafeF data, show a positive but insignificant coefficient. The results
indicate that the news-based FPU indices predict loan loss provision with more noises and produce inconsistent results.

Table 10 presents the regression results of our MPU variables on bank risk-taking measured by the natural logarithm of Z-score
following Laeven and Levine (2009).'° A higher Z-score value indicates greater bank stability and lower bank risk-taking. Similar to the
analysis in Table 9, we use the government-sourced MPU measure (MPU) for the main analysis and the news-based MPU measures
(MPU_VNN and MPU_CFF) for comparisons. We regress Z-score (InZSCORE) on MPU, where the MPU variables are lagged by one year,
and control for bank characteristics. Table 10 reports the estimation results.'’

In general, the regression results align well with the findings in the literature. The positive coefficients suggest that commercial
banks reduce risk-taking when monetary policy uncertainty rises. This pattern is consistent with a precautionary response in which
banks self-insure under uncertainty (Bordo et al., 2016; Valencia, 2017). The finding is not consistent with the alternative risk-taking
channel (Sun et al., 2026). Our evidence suggests that the precautionary channel dominates in the Vietnamese setting. The MPU results
are also in line with evidence that central bank communication influences bank risk-taking behaviour as discussed by Montes and
Scarpari (2015). Overall, our MPU measures effectively capture the intended effects of MPU on bank risk-taking. We next plot the
kernel density distribution of the residuals of the models to further compare them in Appendix A5.

Figure A5 in Appendix A5 plots the kernel density distributions of residuals from the three FPU model specifications (Panel a) and
three MPU model specifications (Panel b). We note three interesting key points. First, all six models produce residual distributions
centred near zero, confirming the absence of systematic prediction bias and supporting the adequacy of all three specifications in both
settings. Second, for the FPU models (Panel a, Figure A5), the government-sourced FPU and FPU_VNN models produce sharper, more
concentrated distributions around zero relative to the FPU_CFF model, whose flatter peak and substantially longer tails, indicate
greater prediction dispersion and more frequent large under-prediction errors. This distributional evidence corroborates the regression
results in Table 9, where FPU_CFF fails to achieve statistical significance. Third, for the MPU models (Panel b, Figure A5), the three
distributions are more tightly clustered, reflecting the broader comparability of MPU model specifications, though the government-
sourced MPU model again exhibits the sharpest peak. Taken together, Appendix A5 provides visual confirmation that the
government-sourced FPU and MPU indices generate more precise and concentrated residual distributions than their news-based
counterparts, particularly in the FPU setting, reinforcing the advantage of the government-sourced measures for capturing the
institutional dimensions of policy uncertainty relevant to bank behaviour in Vietnam.

To summarise, our government-sourced MPU and FPU measures capture the intended impacts of monetary and fiscal policy

10 7_score is computed as the total of a bank's return on assets ratio and the capital-to-assets ratio, then scaled by the standard deviation of the
return on assets ratio.

1 1n these regressions, we use the same set of control variables: BANKSIZE, BPROFIT, CIR, and NPL, then adding bank fixed effects and year
dummies.
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Table 9
Impacts of FPU on bank loan loss provision.
VARIABLES (e)] 2 3
LLP LLP LLP
FPU 25.751**
(12.810)
FPU_VNN 1.562*
(0.886)
FPU_CFF 0.373
(0.523)
Controls Yes Yes Yes
Fixed effects Yes Yes Yes
Observations 213 358 471
Adjusted R-squared 0.492 0.488 0.449

This table presents the regression results of the loan loss provision on FPU variables. The dependent variable is the loan loss
provision ratio (LLP). FPU is lagged by one year. Variable descriptions are in Appendix A3. Numbers in parentheses are
standard errors. Standard errors are clustered by bank following the guidance of Petersen (2009). ***, ** and * denote
significance levels of 1%, 5%, and 10%, respectively.

Table 10
Impacts of MPU on bank risk-taking.
VARIABLES @ 2 3
InZSCORE InZSCORE InZSCORE
MPU 0.642%**
(0.128)
MPU_VNN 0.350%*
(0.144)
MPU_CFF 0.705%***
(0.195)
Controls Yes Yes Yes
Fixed effects Yes Yes Yes
Observations 549 361 475
Adjusted R-squared 0.834 0.890 0.863

This table presents the regression results of bank risk-taking on MPU variables. The dependent variable is bank risk-taking
(InZSCORE). MPU is lagged by one year. Variable descriptions are in Appendix A3. Numbers in parentheses are standard errors.
Standard errors are clustered by bank following the guidance of Petersen (2009). ***, ** and * denote significance levels of 1%,
5%, and 10%, respectively.

uncertainty on bank loan loss provisions and bank risk-taking, consistent with those reported in the literature. Further comparision
analysis results affirm the statistical differences between the government-sourced indices and their news-based counterparts. From
there, we underscore the importance of drawing on primary institutional sources when measuring policy uncertainty, noting that the
commonly used newspapers’ data only transmit second-order policy signals.

4.5. The firm-level effects of TPU

The literature on the impact of uncertainty in trade policy suggests TPU has significant economic impacts on firms that are
dependent on international trade (Bianconi et al., 2021). Specifically, TPU negatively affects corporate investment and profitability
(Benguria et al., 2022; Chen et al., 2024) via increasing compliance and regulatory costs for firms involved in trade activities. Benguria
et al. (2022) show that a one-standard-deviation increase in TPU during the China-US trade war led to a 2.3% decrease in corporate
investment and an 11.5% decrease in profits of Chinese firms. Similarly, Graham et al. (2025) and Chen et al. (2024) suggest that TPU
negatively affects the investment of non-financial firms in the U.S. and China, as more uncertainty generally discourages firms from
making investment decisions (Dixit & Pindyck, 1994; Gulen & Ion, 2016). Moreover, Imbruno (2019) argues that Chinese firms facing
the risk of a drastic change in tariffs following their importing activities generally suffer a decrease in profitability. Collectively, there
are consistent findings on the impact of TPU on corporate profitability and investment, but not in the context of Vietnam because of the
lack of measures of Vietnam's TPU. Given the similarity in the contexts of Vietnam and China, we expect similar impacts of TPU from
our TPU indices.

To evaluate how well our measures capture the intended impacts of TPU on corporate profitability and investment of non-financial
firms in Vietnam, we conduct empirical tests by regressing firm profitability (PROFIT) and corporate investment (CAPEX) on TPU
measures, namely TPU, TPU_VNN, and TPU_CFF. We control for common firm-level characteristics, including firm size (SIZE),
financial leverage (LEVERAGE), and cash flow (CASHFLOW). We expect that our TPU measure has a negative impact on profit margins
and capital expenditure. In our model, TPU variables are lagged by one period. Firm fixed effects and year dummies are included.
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Standard errors are clustered by firm following Petersen (2009). The regression results are presented in Table 11.

In Table 11, Columns 1-3, the coefficients of the government-sourced TPU variable are consistently negative and statistically
significant, which is consistent with the findings in the literature (Benguria et al., 2022; Imbruno, 2019) that TPU is detrimental to
profitability. The findings suggest that the TPU indices capture the expected impact of TPU on firm performance. In Columns 4-6, the
corporate investment analysis yields similarly consistent results. The coefficients of all TPU measures are negative and statistically
significant at the 1% level, suggesting a negative impact of TPU on corporate investment of Vietnamese firms. This finding is consistent
with the previous literature of TPU (Benguria et al., 2022; Chen et al., 2024; Graham et al., 2025) that non-financial firms become more
cautious when making investment decisions under increased TPU and international trade disputes. Overall, our measures capture the
intended effect of TPU on corporate investment and profitability.

We further plot the distributions of the three PROFIT-TPU models’ residuals for comparison in the figure in Appendix A6. All three
distributions are sharply centred at zero, confirming the absence of systematic prediction bias across specifications. The zoomed panel
reveals subtle but visible differences at the peak - the government-sourced TPU model produces the highest and sharpest peak density,
indicating the most concentrated residuals and visualy better predictive precision relative to TPU_VNN model. The TPU_CFF model
exhibits a similar peak to the government-sourced TPU and a slightly wider spread.

Next, we compare the distributions of residuals in CAPEX-TPU model specifications using the figure in Appendix A7. The residual
distributions presented in Figure A7 offer further validation of the government-sourced TPU index. Across all three CAPEX-TPU
specifications, residuals cluster tightly around zero, suggesting all models are adequately specified without systematic bias. The
meaningful differences emerge at the peak - the zoomed panel clearly shows the government-sourced TPU model generating a sharper
and taller density than both news-based counterparts, with its peak extending above the horizontal benchmark set at the TPU_VNN
model's maximum density. The residual distribution figure confirms that the government-sourced TPU and TPU_CFF models achieve
comparable predictive precision for CAPEX. This comparability is particularly noteworthy given that the TPU_CFF index draws on
305,542 news articles to replicate a fit achieved by the government-sourced TPU index using only 22,756 official MOIT articles (See
Table 4 for details), suggesting that official government communications contain substantially richer policy-relevant information per
article than general financial media coverage.

In summary, the empirical validation confirms that the government-sourced TPU index reliably captures trade policy uncertainty's
intended effects on non-financial firms, with all three measures producing consistently negative impacts on profitability and invest-
ment. The residual distribution visualization demonstrates that the government-sourced TPU index generates statistically distin-
guishable predictions from news-based alternatives, while achieving comparable or superior predictive precision despite drawing on
substantially fewer input articles.

5. Concluding remarks

This study measures economic policy uncertainty in Vietnam by developing categorical EPU in three different aspects: monetary,
fiscal, and trade policy from official government sources. The measurement follows the news-based textual analysis approach in the
economic literature (Arbatli et al., 2022; Baker et al., 2016; Caldara et al., 2020; Husted et al., 2020), however using text data from
corresponding government agencies’ websites instead of major online newspapers. Our focus is on the governmental sources rather
than news media to attenuate the noise in public media and more directly reflect the official policy signal. The GovCEPU indices (MPU,
FPU, and TPU) capture uncertainties in government policies in Vietnam and provide interesting insights, while the results are
sometimes noisier using news-based indices. This is the first study to propose this approach to measure categorical policy uncertainty
indices.

The empirical results suggest that the GovCEPU indices capture a distinct and unique meaning from the news-based measures,
highlighting the role of state policy communication in shaping economic expectations in Vietnam. The key findings show that

Table 11
Impact of TPU on non-financial firms in Vietnam.
@™ 2) 3 @ %) 6)
VARIABLES - —_— _ _ [
PROFIT PROFIT PROFIT CAPEX CAPEX CAPEX
TPU —0.011* —0.014***
(0.006) (0.004)
TPU_VNN —0.069%* —0.073%***
(0.034) (0.019)
TPU_CFF —0.043%** —0.053***
(0.017) (0.009)
Controls Yes Yes Yes Yes Yes Yes
Fixed effects Yes Yes Yes Yes Yes Yes
Observations 3158 3523 4543 3245 3654 4846
Adjusted R-squared 0.472 0.466 0.444 0.288 0.271 0.261

This table presents the regression results of firm performance and capital expenditure on TPU variables. The dependent variables are firm profit
(PROFIT) in model specifications in Columns 1-3, and capital expenditure scaled by lagged total assets (CAPEX) in Columns 4-6. TPU is lagged by one
year. Firm fixed effect and year dummies are included. Variable descriptions are in Appendix A3. Numbers in parentheses are standard errors.
Standard errors are clustered by firm. ***, ** and * denote significance levels of 1%, 5%, and 10%, respectively.
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monetary and fiscal policy uncertainty act as net transmitters of shocks to the macroeconomic system. At the bank level, higher
monetary policy uncertainty is associated with greater caution and lower risk-taking, while higher fiscal policy uncertainty is asso-
ciated with higher loan loss provisions. At the firm level, higher trade policy uncertainty is associated with lower profitability and
investment among non-financial firms.

We offer some implications from our findings. First, in managing macroeconomic stability, Vietnamese authorities should enhance
the clarity of policy communication, especially during times of economic adjustment or international uncertainty. More specifically,
enhancing the transparency in monetary policy objectives and outcomes may reduce the adverse reactions from the investors and
banks, leading to a reduction in the risk in the financial sector. Second, the fiscal policy should provide consistent and clear guidance
on expenditure and taxation to bolster firm confidence. Finally, regarding the trade policy, Vietnamese policymakers should consider
the effects of geopolitical shifts and trade disputes on domestic industries. Also, increasing engagement with diverse international
trade partners and implementing a proactive trade policy can shield Vietnamese firms from global trade concerns, and promote a more
robust economic landscape.

This study contributes to the literature by offering a more direct, government-derived measure of categorical policy uncertainty in
Vietnam. In this vein, our findings suggest that text data extracted from government agencies’ websites is informative about policy
uncertainty and is useful for future research. Through this study, we provide a new approach for future research to investigate the
economic impacts of categorical policy uncertainty. Further studies may explore how this approach can be applied in other economies,
specifically developing countries, to support the policy decision-making under uncertainty.
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Vietnam across three domains, namely monetary, fiscal, and trade. We organized the work into three sub-teams, one for each domain,
supported by a core team responsible for aggregating and reconciling the findings. Each sub-team has seven to eight members, and the
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core team was drawn from the lead members of the three sub-teams. This design accounts directly for the size of the author list.
The categorical EPU data is now upto June 2025 and available for download at: https://fbnetavse.org/data-sharing/, and is ex-

pected to be updated on an annual basis.

Appendix Al. Data processing workflow
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1. Identifying target URL:
o Define Data Requirements: Begin by clearly defining the data to scrape using the word combinations representing monetary
policy, trade policy, and fiscal policy.
o Identify the Website or Webpage: Determine the websites where the desired data is located, including the websites of MOF,
MOIT, SBV, and the online newspapers CafeF and Vietnamnet.
o Analyse Website Structure: Explore the structure of the website to understand how the data is organised and then identify the
specific page or pages containing the information.
2. Getting request:

Use Python and Octoparse as technical platforms to extract URLs of news on the websites.

o Create a GET Request: Using the Beautiful Soup library and Octoparse to create a GET request to the target URL.
o Send the GET Request: Send the constructed GET request to the target URL to get the links of news received from the server
response.
3. Making requests and loading webpage content:
o Continue to get requests to target the URL of each piece of news.
o Retrieve and process the response received from the server and load website content.
4. Extracting data and parsing:
o Extract and parse the content of the response to extract the specific data of the news: time, content of the news.
o Store the extracted data in CSV files.
5. Data processing:
o Build keyword combinations from defined keywords. The lists of keyword combinations are from Tables 1-3
o Keyword combinations are constructed after reviewing Vietnamese policy document to ensure they are used in Vietnamese
bureaucratic language. Each term signals uncertainty or ambiguity (not final decisions) in the official Vietnamese language.
o Deduplicating news.
o Remove error news or no-content news like videos, and magazines.
6. Building index:
o Use Python libraries to count the frequencies of the word combinations in each newspaper.
o List out all word combinations that appear in each article.
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Appendix A2. Examples of text from government-sourced articles reflecting CEPU

Date

Article title (in Vietnamese)

Example text (in Vietnamese)

EPU Data outlet
category (website)
MPU SBV

VNN

CFF
FPU MOF

VNN

CFF
TPU MOIT

VNN

05/05/
2023

28/07/

2022

03/10/
2018

04/05/
2023

03/01/
2019

28/07/
2012

22/12/
2017

05/11/
2015

Chinh sach giam lai sudt dwgc trién khai
quyét liét

Mot loai 1ai suit diéu hanh ctia NHNN ting
vot, giai doan tidn ré da chinh thtc di qua?

Diéu hanh chinh séch tién té: Piém tuya
vitng chic cho nén kinh té

Chinh séch tai khéa gitip phuc hdi va phat
trién kinh té

Lai sult, ty gia bién dong ra sao trong nam
2019?

Nhin lai chinh sach tai khéa nita ching dwd;
ng 2012

Cai cach hanh chinh nam 2017 tai B4 Cong
Thuong: Chuyén bién ti nhén thitc dén
hanh dong

Viét Nam cong bd toan van Hiép dinh TPP

20

“... Theo Phé Théng dbc, giam lai sudt 1a mot trong tdm giai phap ma
Ngan hang nha nwéc da trién khai trong 4 thang ddu nim nhim hd tro
doanh nghiép va nén kinh té. Cu thé, Ngan hang nha nwéc da diéu hanh
chinh séch tién té nhim tao én dinh gié tri ddng tién, dam bao én dinh
ty gié - day la diu kién tién quyét; quan trong nhét.”

“... TrwGe d6, mite 1ai sudt 2,5%,/nam dwoc Ngan hang Nha nwée
(NHNN) true tiép giam tit thang 9/2020, trong dg't giam ddng loat cac
lai sut didu hanh nhim hd tro nén kinh té trwdc téc dong sau sic clia
dai dich COVID-19. Dii tién hanh theo phwong thite ddu thiu 1ai sudt,
khoéng trie tiép An dinh 1ai sudt nhung viéc NHNN chi chdp nhan cho
8/20 thanh vién tham gia thi trwdng vay gin 15.000 ty véi 1ai sult
3,8% thay vi 2,5% cho thdy nha diéu hanh da khéng con sén sang cho
hé théng ngan hang vay vén véi chi phi ré nhw trwéc nita ....”

“... La co quan quan ly nha nwéc vé tién t&, NHNN Viét Nam da chit
dong trién khai nhiéu giai phdp dé g6p phin kiém soat lam phat. Viéc
tin dung ting trwdng thdp hon so v&i ciing ky ciing khong nim ngoai
muc tiéu nay. Nho dd, lam phat co ban thang 9/2018 tang 0,14% so
v§i thang trwde va tang 1,61% so v§i ciing ky nam trwde. Lam phat co
ban binh quan 9 thang nam 2018 tang 1,41% so v§i binh quan cling ky
nam 2017.

M6t thanh cong rat dang ghi nhan nita 1a mac du ap luc lam phat tang
cao, song NHNN vén duy tri duge sy én dinh ctia mat bing lai sudt,
tham chi mét biing 1ai sut cho vay con giam nhe so v&i cudi nam truéc
«... Bwdc sang nam 2023, tinh hinh thé gi¢i va trong nuéc dién bién
ngay cang phtic tap da tac dong t6i nén kinh té, di sbng ctia ngudi dan
va tinh hinh san xudt - kinh doanh ctia doanh nghiép. Nhim thdo g&
khé khan cho doanh nghiép, mot loat giai phdp da dwgc B Tai chinh
cht d6ng nghién cttu va xay dung. Theo d6, B Tai chinh da d& xuit véi
cap c6 thdm quyén céc giai phap giam, gia han thué, phi va tién thué
dat ap dung cho nam 2023 v&i tong quy mé géi hé tro khoang 198,4
nghin ty ddng, trong d6, sb tién mién, giam 14 77,2 nghin ty ddng va sb
tién gia han 1 121,2 nghin ty dong ...”

“.. Bitc tranh tai khéa ctia Viét Nam da b6t céing thing trong nam 2017
va 2018 khi tham hyt ngan séch/GDP giam manh nh& ngudn thu tit
thoai vén nha nwéc tai cac doanh nghiép va mtic tang trwdng GDP kha
quan. Tuy nhién cac ngudn thu ti¥ thoai vén doanh nghiép nha nwéc
Kkhong phai 1a ngudn thu én dinh do d6 vé dai han tinh trang céng thing
tai khod ctia Viét Nam van con. MBS du bdo, 4p Iyfc ngén séch sé tré lai
vao nam 2020 va 2021. Thu ngan sach Nha nwd;c 2018 wdc dat trén
1,35 triéu ty ddng; chi ngan sach hon 1,56 triéu ty ddng. Nhw vay, boi
chi ngan sach 204.000 ty déng (khoang 8,8 ty USD), bang 3,67% GDP,
twong ttng v&i ty 18 bdi chi ké hoach Quéc hoi giao. Tuy nhién, tham
hut ngan séch tinh theo phuong phap m&i (khong tinh chi tra ng géc)
s& khé phan dnh duwgc thue trang cing thing ngan sach. Chi tra ng géc
trong nam 2018 du kién khoang 147 nghin tj VND vAn sé gay ap luc
lén chinh sach tai khoa cta Viét Nam ....”

“... V& thu ngan sach, biéu hién trude hét 1a tong thu so v6i GDP trong
6 thang dAu nam dit 27,6%. D6 1a mot ty 18 cao so v&i dinh huéng
(25%), mot mat do cong tac hanh thu da bam sat dy toan dugc duyét,
bam sét yéu ciu chi ngan sach; mit khac c6 mét phan do quy mo GDP
tinh theo gia thuc té trong 6 thang dAu nam nay khong tang cao nhw
ciing ky nam trudc ciing nhw khi 1ap dy toan ctia nam nay. GDP tinh
theo gia thuc té tang thép, do hai yéu t6 ...”

«... Nam 2017, B4 Cong Thuong da ban hanh hai quyét dinh quan
trong vé cai cach hanh chinh 1a Quyét dinh 4846 (ngay 9/12/2016) va
Quyét dinh 3610a (ngay 20/9/2017) vé phé duyét phuong an tong thé
don gian héa tha tuc hanh chinh va phwong én cit giam, don gian héa
diéu kién dAu tw, kinh doanh thuéc linh vife quan 1y nha nwéc cia Bd
Cong Thwong giai doa;n 2017-2018 dwgc cong dong doanh nghiép
danh gia rat cao. S diéu kién hién con 1a 541 so v6i dyf kién 14 752. Pa
phan cip 141 tha tuc hanh chinh cp tinh, 10 thu tuc cip huyén va 2
clp xa. Cong tac xay dyng van ban dat ty 1é cao theo d6 trong nam
2017, Bo Cong Thwong phai xay dung va trinh Chinh pha ban hanh 53
van ban trong d6 c6 11 nghi dinh, 3 quyét dinh va 39 thong tw ...”
“Toan van Hiép dinh Ddi tic Thwong mai Xuyén Thai Binh Dwong
(TPP) bing tiéng Anh vita dwgc B Cong Thuong Viét Nam cong bb

(continued on next page)
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(continued)
EPU Data outlet Date Article title (in Vietnamese) Example text (in Vietnamese)
category (website)

chiéu 5/11. Cac thanh vién du kién sé ky két hiép dinh vao quy 1/2016.
Chiéu 5/11, Vu Chinh sach thwong mai da bién, B4 Cong Thwong vira
cong bé ban dy thao toan van tiéng Anh ctia Hiép dinh TPP. Theo d6,
bén canh cac quy dinh chung ma 12 nwdc thanh vién déu tuan thi & 30
chwong cuaa hiép dinh, Viét Nam da dat dwg'c thoa thuén song phwong
Vi 9 trén tng s6 11 thanh vién con lai vé céc linh vie quan trong ...”

CFF 13/07/ B6 Cong Thuong diy manh trién khai Nghi ~ “Trién khai Nghi quyét s6 13/NQ-CP, B Cong Thwong da tb chiic

2012 quyét 13/NQ-CP nhiéu buéi lam viéc vGi cac Tap doan, Téng cong ty, doanh nghiép

thudc B, cic S& Cong Thwong dé xay dung ké hoach thizc hién. Trén
o' s¢' d6, dén nay, BO da c6 kién nghi v&i cac co' quan chiic ning lién
quan nhim tao didu kién thdo g0 kho khan vé san xuét kinh doanh, vé
tai chinh cho cac doanh nghiép nhuw kién nghi vé gia ban than, thué
suét nhap khéu than, thué sult nhap khiu alumin, viéc bao lanh vay
vbn ciing nhw co ché xit 1 16 cua cac don vi ...”

Appendix A3. Variable description

Variable Description Obs Mean P50 SD Min Max

Macro-level variables
MPU The monthly monetary policy uncertainty index constructed ~ 228 6.957 4.315 8.537 0.000 60.417
using textual analysis of data from the website of State Bank
of Vietnam (SBV-based MPU). For bank-level analysis,
monthly MPU is annualised into annual MPU by taking the
mean of the 12-months in a year.
MPU_VNN The monthly monetary policy uncertainty index constructed ~ 152 1.433 1.243 1.104 0.000 5.453
using textual analysis of data from the website of
Vietnamnet newspaper (VNN-based MPU). For bank-level
analysis, monthly MPU_VNN is annualised into annual
MPU_VNN by taking the mean of the 12-months in a year.
MPU_CFF The monthly monetary policy uncertainty index constructed 190 2.925 2.338 1.892 0.517 10.399
using textual analysis of data from the website of CafeF
newspaper (CFF-based MPU). For bank-level analysis,
monthly MPU_CFF is annualised into annual MPU_CFF by
taking the mean of the 12-months in a year.
FPU The monthly fiscal policy uncertainty index constructed 111 2.793 1.146 4.049 0.000 20.351
using textual analysis of data from the website of Ministry of
Finance (MOF-based FPU). For bank-level analysis, monthly
FPU is annualised into annual FPU by taking the mean of the
12-months in a year.
FPU_VNN The monthly fiscal policy uncertainty index constructed 152 0.456 0.385 0.350 0.000 2.463
using textual analysis of data from the website of
Vietnamnet newspaper (VNN-based FPU). For bank-level
analysis, monthly FPU_VNN is annualised into annual
FPU_VNN by taking the mean of the 12-months in a year.
FPU_CFF The monthly fiscal policy uncertainty index constructed 190 0.901 0.761 0.522 0.183 3.711
using textual analysis of data from the website of CafeF
newspaper (CFF-based FPU). For bank-level analysis,
monthly FPU_CFF is annualised into annual FPU_CFF by
taking the mean of the 12-months in a year.
TPU The monthly trade policy uncertainty index constructed 138 7.634 6.962 4.753 0.000 23.028
using textual analysis of data from the website of the
Ministry of Industrial and Trade (SBV-based TPU). For firm-
level analysis, monthly TPU is annualised into annual TPU
by taking the mean of the 12-months in a year.
TPU_VNN The monthly trade policy uncertainty index constructed 152 1.366 1.374 0.700 0.037 3.394
using textual analysis of data from the website of
Vietnamnet newspaper (VNN-based TPU). For firm-level
analysis, monthly TPU_VNN is annualised into annual
TPU_VNN by taking the mean of the 12-months in a year.
TPU_CFF The monthly trade policy uncertainty index constructed 190 3.048 2.844 1.220 0.930 7.184
using textual analysis of data from the website of CafeF
newspaper (CFF-based TPU). For firm-level analysis,
monthly TPU_CFF is annualised into annual TPU_CFF by
taking the mean of the 12-months in a year.

(continued on next page)
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(continued)

Variable Description Obs Mean P50 SD Min Max

WULVN The monthly World Uncertainty Index for Vietnam (Ahir 186 0.105 0.095 0.103 0.000 0.441
et al., 2022)

WUILWORLD The monthly World Uncertainty Index (global) (Ahir et al., 186 22,740.990  20,596.000  9079.864  9050.000  57,518.000
2022)

VNINDEX_ VOL  The standard deviation of daily VN-Index during the month. 89 19.767 15.281 15.357 3.106 84.884
VN-Index is the main stock market index of stocks in Ho Chi
Minh Stock Exchanges, Vietnam.

EPU_GLOBAL The monthly Global economic policy uncertainty index 234 155.615 134.315 78.644 49.225 431.542
(Baker et al., 2016)

GPR The monthly Geopolitical risk index of Vietnam (Caldara & 234 0.076 0.060 0.057 0.000 0.380

Tacoviello, 2022)
Firm/bank-level variables
LLP The ratio of loan loss provision in percentage of total loans 606 1.242 1.120 0.765 —0.490 5.260
InZSCORE The natural logarithm of bank risk-taking measure of the 656 2.689 2.690 0.633 1.154 4.461
bank, calculated as Zscore = (ROA + CAR)/c(ROA), in
which ROA is the return on assets ratio, CAR is the capital-
to-assets ratio (Laeven & Levine, 2009).

BANKSIZE The natural logarithm of the total deposits of the bank 667 17.207 17.481 1.934 8.898 21.208
CIR The Cost-to-income ratio of the bank (in percentage) 622 79.439 82.475 15.975 14.420 102.14
BPROFIT Net income to total assets ratio of the bank (in percentage) 619 1.312 1.060 1.071 —0.420 5.380
NPL Non-performing loan ratio of the bank 578 1.847 1.620 1.517 0.000 10.83
SIZE The natural logarithm of total assets of the non-financial 7278  13.548 13.466 1.648 9.634 19.581
firms
LEVERAGE Long-term debt to total assets ratio 6812  0.085 0.023 0.131 0.000 0.931
CASHFLOW Net operating cash flow on total assets ratio 5706  0.068 0.058 0.169 —0.482 0.698
PROFIT The profit margin ratio of the non-financial firm 6046  0.062 0.050 0.234 —1.443 0.661
CAPEX Capital expenditure scaled by the beginning balance of total 5265  0.070 0.031 0.107 0.000 0.639

assets

Appendix A4. Connectedness among news-based policy uncertainty and macroeconomic variables

Panel A. Vietnamnet-based policy uncertainty measures and macroeconomic variables

FPU_VNN MPU_VNN TPU_VNN GDP Inflation WUI Exports Imports VNDUSD FROM
FPU_VNN 59.32 9.41 17.30 0.15 1.75 1.32 0.67 0.03 10.04 40.68
MPU_VNN 12.26 61.57 14.27 2.30 0.45 1.01 1.97 2.56 3.61 38.43
TPU_VNN 16.40 11.01 64.38 0.13 1.07 0.42 2.01 1.06 3.53 35.62
GDP 0.68 4.17 0.13 89.19 0.54 0.04 2.88 1.47 0.90 10.81
Inflation 1.80 0.34 212 0.14 93.25 1.22 0.13 0.02 0.98 6.75
WUI 1.17 2.86 0.55 0.05 3.45 86.92 1.09 3.38 0.53 13.08
Exports 0.60 2.16 0.23 1.31 0.27 0.44 55.91 38.54 0.53 44.09
Imports 0.78 1.96 0.43 1.17 0.21 2.02 42.27 50.60 0.56 49.40
VNDUSD 9.88 4.12 4.85 0.87 4.14 0.78 0.34 0.89 74.13 25.87
TO 43.56 36.04 39.86 6.13 11.88 7.24 51.36 47.95 20.69 TCI
NET 2.89 —2.39 4.24 —4.69 5.13 —5.83 7.27 —1.44 —5.18 29.41

Panel B. CafeF-based policy uncertainty measures and macroeconomic variables

FPU_CFF MPU_CFF TPU_CFF GDP Inflation WUI Exports Imports VNDUSD FROM
FPU_CFF 39.94 21.60 18.21 0.34 2.63 3.29 6.13 7.03 0.82 60.06
MPU_CFF 22.99 42.15 20.18 0.47 2.73 3.94 4.18 3.12 0.25 57.85
TPU_CFF 19.50 21.23 42.64 0.29 0.50 4.72 5.97 5.02 0.12 57.36
GDP 0.83 1.00 0.32 92.03 0.63 0.24 2.89 1.22 0.84 7.97
Inflation 3.05 3.75 2.30 0.18 87.54 231 0.41 0.17 0.29 12.46
WUI 3.98 3.49 2.76 0.23 3.10 82.21 0.91 2.42 0.89 17.79
Exports 5.21 3.88 5.37 1.23 0.41 0.76 49.18 33.03 0.91 50.82
Imports 6.36 4.56 4.14 1.49 0.54 3.00 35.92 42.93 1.07 57.07
VNDUSD 2.89 3.49 3.48 0.90 4.02 1.53 0.76 2.43 80.50 19.50
TO 64.82 63.00 56.75 5.14 14.56 19.78 57.18 54.44 5.19 TCI
NET 4.76 5.14 —0.60 -2.83 2.10 1.99 6.36 —2.63 —14.30 37.87

Note: The table presents the connectedness among news-based categorical policy uncertainty and macroeconomic variables using the connectedness
framework of Diebold and Yilmaz (2012, 2014). All variables are log-differenced to ensure stationarity. Each cell corresponds to the percent of the
forecast error variance decomposition (GFEVD) of the row variable explained by the column variable. The column “FROM” captures the percent of the
GFEVD in the row variable explained by all other variables. The row “TO” captures the percent of the GFEVD in all other variables explained by the
column variable. The row “NET” is the difference between the “TO” connectedness and the “FROM” connectedness indices. A positive (negative) net
connectedness indicates a net shock transmitter (receiver). The total connectedness index (TCI) is at the bottom right corner of the table, which
captures the overall connectedness among the variables in the system.
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Appendix A5. FPU and MPU models' residual distributions
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Fig. A5. FPU and MPU models's residual distributions
Appendix A6. PROFIT-TPU Models' residual distributions
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Fig. A6. Distributions of PROFIT-TPU models' residual and comparison

Notes: The figure plots the kernel density distributions of residuals from the three PROFIT-TPU model specifications. The right panel presents a
zoomed view to highlight distributional differences across models. The vertical dashed line at zero serves as a reference for unbiased residuals. The

horizontal dashed line in the right panel caps the peak of TPU_VNN model residual distribution. Residuals are

obtained from estimations with

controls and firm-fixed effect, and standard errors clustered by firm. TPU, TPU_VNN, and TPU_CFF denote the government-sourced, Vietnamnet-

based, and CafeF-based trade policy uncertainty indices, respectively.
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Appendix A7. CAPEX-TPU Models' residual distributions

Distribution of Model Residuals " Zoomed: Peak Tip

| —— TPlmodel, = ooTTos e
| — — TPU_VNN model
| TPU_CFF model L

Density
Density

|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
|
!
T

T T T T
2 4 8 -5 0 5
Residuals Residuals

Fig. A7. Distributions of CAPEX-TPU models' residual and comparison

Notes: The left panel plots the kernel density distributions of residuals from the three CAPEX-TPU model specifications. The right panel presents a
zoomed view to highlight distributional differences across models. The vertical dashed line at zero serves as a reference for unbiased residuals.
Residuals are obtained from estimations with controls and firm-fixed effect, and standard errors clustered by firm. TPU, TPU_VNN, and TPU_CFF
denote the government-sourced, Vietnamnet-based, and CafeF-based trade policy uncertainty indices, respectively.
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Data availability

The data that support the findings of this study are available from publicly accessible sources and proprietary databases, as
described in the manuscript. Restrictions may apply to the availability of proprietary data. The constructed indices and supporting data
are available from the corresponding author upon reasonable request, subject to applicable data-provider restrictions.
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