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Abstract 

Driverless Technology (DT) in the shape of Autonomous Vehicles (AVs) will emerge as a 

powerful catalyst transforming the future cascade of mobility, infrastructure, and social 

wellbeing. Due to the proliferation of AVs, NZ is likely to seek a panacea against 

challenges of ageing, congestion and road trauma. Public trust is quintessential in 

harnessing these technologies. Trust is a key mediator in users’ acceptance and 

promoting human-machine interaction (HMI). Present day research lacked examining 

this phenomenon and is mainly focused on optimistic technological orientations of AVs. 

User acceptance theories and models were originated to address the requirements of 

Information Technology and most of these were neither qualitatively nor quantitatively 

tested in real driving situations for autonomous and semi-autonomous vehicles. Trust in 

HMI is mainly considered as a by-product of interpersonal human trust without 

considering the institutional perspectives.  This warrants investigations into the user 

acceptance needs to unfold trust dynamics, the applicability of existing theories, and 

linkages of interpersonal and institutional trust for driverless systems.  

The study examined the trust impacting technology and governance factors in real-

world autonomous driving environments. The study explored how dynamic trust evolves 

through experience and interaction with a system and technology from initially learned 

trust. In a mixed methods Multiphase Design research settings comprising four studies, 

the study developed an AD Trust Acceptance Model, HMI AD Event Relationship 

Identification Framework (HMI-ADERIF), and an integrated trust and governance model 

for adoption in NZ. The recommended AD trust Model has provided a way for the 

researchers to fundamentally re-assess and augment the various trust models and 

theories present in the literature today. HMI-ADERIF provides a guide for manufacturers 

to make it easier to understand the chain of events and how the relationship with trust 

affecting factors occurs during a single or continuous AD scenario. The study has also 

developed a unique system dynamics (SD) model to accrue perceived societal and 

technological benefits. The research provides profound insights into the likely AVs 

diffusion timelines and a roadmap for the next 100 years till 2121. 

Study – 1 is based on a qualitative AV user study in live traffic conditions with BMW X5 

xDrive40i SUV. Study – 1 is embedded in the main quantitative Study – 2 (SEM) in a 
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concurrent embedded correlational design setting in Phase - 1. Study – 1 observed the 

users’ interpersonal and institutional trust towards finalizing key autonomous driving 

(AD) corroborating factors. Study – 2 deployed an exploratory survey and tested seven 

hypotheses using Structural Equation Modelling (SEM) and Confirmatory Factor Analysis 

(CFA) with IBM SPSS and AMOS version 26. Study – 2 validated the integrated trust and 

governance model, and confirmed the role of ‘trust’ as a mediator between 

interpersonal and institutional trust.  

Study – 3 employed the convergent parallel design with Study - 4 concurrently in Phase- 

2, and developed a quantitative SD model for NZ using System Dynamics (SD) modelling 

technique. Study – 3 provided policy insights for articulating transport investment 

decisions for shaping up driverless eco-system. Study – 4 used 13 experts’ interviews for 

useful interpretations, realization of research outcomes and validation of trust and 

governance framework. 

  

  



iii 

Table of Contents 

Abstract .............................................................................................................................. i 

Table of Contents ............................................................................................................. iii 

List of Figures ................................................................................................................. viii 

List of Tables .................................................................................................................... xii 

List of Appendices .......................................................................................................... xiv 

Attestation of Authorship ............................................................................................... xv 

List of Publications ......................................................................................................... xvi 

Acknowledgements ........................................................................................................xvii 

Ethics Approval .............................................................................................................. xviii 

Glossary .......................................................................................................................... xix 

Chapter 1 - Introduction ................................................................................................... 1 

1.1 Overview ............................................................................................................. 1 

1.2 The Context ........................................................................................................ 1 

1.3 Problem Statement ............................................................................................ 3 

1.4 Research Aim, Objectives and Questions ........................................................... 5 

1.5 Research Contribution ........................................................................................ 8 

1.6 Research Methods .............................................................................................. 9 

1.7 Research Limitations ........................................................................................ 11 

1.8 Thesis Organisation .......................................................................................... 11 

Chapter 2 - Critical Perspectives of Driverless Technology within Autonomous Vehicles 
Context ............................................................................................................................ 14 

2.1 Prelude ............................................................................................................. 14 

2.2 Introduction ...................................................................................................... 14 

2.3 Automated Driving - Historical background ..................................................... 16 

2.3.1 AVs technologies and infrastructure......................................................... 18 

2.3.2 Recent Developments in AVs .................................................................... 20 

2.4 Significance of Driverless Technology .............................................................. 23 

2.4.1 Trust Dynamics for Acceptance of Driverless Technology ........................ 25 

2.4.2 Co-Evolution of Regulation and Technology ............................................. 26 

2.4.3 Driverless Technology in NZ Enabling Environment ................................. 31 

2.4.4 COVID – 19 Impact on Driverless Technology, Trust and Beyond ............ 33 

2.5 Significance of Human Factors (HFs) on Automated Driving (AD) ................... 35 

2.5.1 Levels of Automation and Active Safety Systems ..................................... 38 

2.5.2 Critical Insights into Level of Automation (LoA) ....................................... 41 

2.5.3 Driver and Environment ............................................................................ 42 

2.5.4 Situation Awareness.................................................................................. 44 

2.5.5 Distributed Situational Awareness ............................................................ 45 



iv 

2.5.6 Driver’s Mental Model .............................................................................. 47 

2.5.7 Significance of Driver’s Training ................................................................ 50 

2.5.8 Anthropomorphism ................................................................................... 51 

2.6 Perceived Benefits and Critical Barriers ........................................................... 55 

2.6.1 AVs Perceived Benefits.............................................................................. 55 

2.6.2 Barriers to AVs Adoption ........................................................................... 58 

2.7 Summary of the Critical Barriers in Adoption of AVs ....................................... 72 

2.8 The Chapter Summary ...................................................................................... 76 

Chapter 3 - Trust Dynamics in Driverless Technology within Autonomous Vehicles 
Context ............................................................................................................................ 77 

3.1 Prelude ............................................................................................................. 77 

3.2 Trust and Driverless Technology ...................................................................... 77 

3.2.1 What is Trust? ........................................................................................... 79 

3.2.2 User acceptance Theories ......................................................................... 80 

3.2.3 Major Trust Models ................................................................................... 86 

3.2.4 Trust based HMI Frameworks in Earlier Studies ....................................... 92 

3.2.5 Public Trust in Driverless Technology via Governance / Legal Readiness 
Structure – A case for the regulatory ecosystem ................................................... 97 

3.2.6 Trust via AI and Immersive Technologies Applications for AVs .............. 102 

3.3 Conclusions and Research Implications ......................................................... 103 

3.3.1 Significance of Driverless Technology within AVs Context. .................... 104 

3.3.2 COVID – 19 Pandemic Impact on Driverless Technology and Research . 104 

3.3.3 Role of User Studies and Co-evolution of regulation and Technology. .. 105 

3.3.4 AVs Perceived Benefits and Barriers Globally ......................................... 105 

3.3.5 AVs Perceived Benefits and Barriers in NZ Environment ........................ 105 

3.3.6 Significance of Human Factors (HFs) Study in Automated Driving. ........ 106 

3.3.7 Significance of Trust and Key Enablers to Driverless technology in NZ. . 106 

3.3.8 Significance of the Role of Interpersonal and Institutional Trust in NZ. . 107 

3.3.9 Layers of Influence Holistic Trust and Governance in NZ. ...................... 107 

3.3.10 Knowledge gap in Automation Technology Acceptance Models. .......... 107 

3.3.11 Pandora's Box of Levels of Automation and Shared Design Space. ........ 108 

3.3.12  Significance of Multi-modal User Interface. .......................................... 109 

3.3.13  Likely Best Fit AVs Deployment Business Model for NZ. ....................... 109 

3.3.14   Perceived future timelines of AVs deployment. ................................... 109 

3.3.15   Further Research Implications for this Study. ....................................... 109 

3.3.16   Comparison with Earlier Studies. .......................................................... 110 

3.4 The Chapter Summary .................................................................................... 110 

Chapter 4 - Research Methodology .............................................................................. 112 

4.1 Introduction .................................................................................................... 112 

4.2 The Philosophical and Theoretical Perspective .............................................. 112 

4.2.1 Research Paradigm, Methodology and Methods ................................... 113 



v 

4.2.2 Theoretical perspective – Situating AV Case Study within Design Science 
Research (DSR) approach ...................................................................................... 117 

4.3 Research Ethical Approval .............................................................................. 120 

4.4  Research Methodology .................................................................................. 121 

4.5 Study – 1: Literature Review and Complementary User Study ...................... 122 

4.5.1 Study 1 – User Study Methodology ........................................................ 123 

4.5.2 User Study Data Collection, Ideation and Evaluation ............................. 126 

4.6 Study – 2: Structural Equation Modelling (SEM) ............................................ 129 

4.6.1 Significance of Study – 2. ........................................................................ 129 

4.6.2 Survey Design and Data Collection Methodology .................................. 130 

4.6.3 Theoretical Framework Development for Integrated Trust Model and 
Hypotheses of the Study ....................................................................................... 131 

4.6.4 Operationalization of Constructs and Theoretical Framework .............. 133 

4.6.5 Pre-test and Hybrid Structural Equation Model Development .............. 137 

4.6.6 Study – 2 Data Analysis ........................................................................... 138 

4.7 Study – 3: System Dynamics Modelling ......................................................... 139 

4.7.1 Justification of SD Study .......................................................................... 140 

4.7.2 Significance of SD Study and Dynamic Synthesis Methodology ............. 141 

4.7.3 Data Inclusion from SEM to SD Modelling .............................................. 142 

4.8 Study – 4: Experts’ Interviews ........................................................................ 143 

4.8.1 Justification of Study – 4 ......................................................................... 143 

4.8.2 Study – 4 Research Methodology ........................................................... 144 

4.8.3 Interview Sampling.................................................................................. 145 

4.8.4 Interview Sessions. .................................................................................. 145 

4.8.5 Method of Interview Analysis ................................................................. 146 

4.9 The Chapter Summary .................................................................................... 147 

Chapter 5 – Findings and Analysis ................................................................................. 148 

5.1 Introduction .................................................................................................... 148 

5.2 Study – 1:  AV User Study ............................................................................... 148 

5.2.1 AV User Study Findings and Evaluation .................................................. 148 

5.2.2 AVs User Study – Analysis and Results .................................................... 158 

5.2.3 HMI AD Events Relationship Framework (HMI - ADERIF) Development 158 

5.2.4 Conclusion Study – 1 ............................................................................... 160 

5.3 Study – 2:  Structural Equation Modelling (SEM) ........................................... 160 

5.3.1 Findings and Analysis .............................................................................. 161 

5.3.2 Descriptive Statistics ............................................................................... 168 

5.3.3 Exploratory Factor Analysis ..................................................................... 170 

5.3.4 Measurement Model Assessment and Confirmatory Factor Analysis (CFA)
 172 

5.3.5 Structural Model and Hypotheses Verification ....................................... 185 

5.3.6 Conclusion Study – 2 ............................................................................... 189 



vi 

5.4 Study – 3:  System Dynamics Modelling ......................................................... 190 

5.4.1 Model Assumptions and High-Level Description .................................... 191 

5.4.2 Model Dynamics ...................................................................................... 195 

5.4.3 Static and Dynamic Testing of the Model ............................................... 207 

5.4.4 Running Scenarios ................................................................................... 213 

5.4.5 Overview of the Market Penetration of AVs .......................................... 220 

5.4.6 Model Augmentation for Insights into Technology Maturity and Utility222 

5.4.7 Conclusion Study - 3 ................................................................................ 230 

5.5 Study – 4: Validation through Experts’ Interviews ......................................... 231 

5.5.1 Summary of Results ................................................................................ 232 

5.5.2 Theme – 1: AVs Perceived Benefits and Critical Barriers ........................ 235 

5.5.3 Theme – 2: Significant Trust Affecting Factors in Autonomous Driving . 242 

5.5.4 Theme – 3: NZ Enabling Environment for Deployment and Governance 
Mechanism for AVs ............................................................................................... 248 

5.5.5 Theme – 4: Future Directions and Timelines .......................................... 257 

5.5.6 Theme – 5: Trust and Governance Framework ...................................... 264 

5.6 The Chapter Summary .................................................................................... 268 

Chapter 6 - Discussion ................................................................................................... 269 

6.1 Introduction .................................................................................................... 269 

6.2 Revisit the Research Case ............................................................................... 269 

6.3 Study – 1:  Summary of Findings and Comparison ......................................... 273 

6.3.1 Findings Synthesis: AV User Study. ......................................................... 274 

6.4 Study – 2:  Summary of Findings and Comparison ......................................... 278 

6.4.1 Findings Synthesis: Study – 2 Survey Results. ......................................... 279 

6.4.2 Findings Synthesis: Study – 2 SEM Results. ............................................ 281 

6.5 Study – 3: Summary of Findings and Comparison.......................................... 289 

6.5.1 Findings Synthesis ................................................................................... 292 

6.6 Study – 4:  Summary of Findings and Comparison ......................................... 296 

6.6.1 Objective 1. ............................................................................................. 297 

6.6.2 Objective 2. ............................................................................................. 301 

6.6.3 Objective 3. ............................................................................................. 302 

6.9 Chapter Summary. .......................................................................................... 305 

Chapter 7 – Conclusions and Recommendations ......................................................... 306 

7.1 Introduction .................................................................................................... 306 

7.2 Research Conclusions, Contribution and Implications to Theory & Practice . 306 

7.2.1 Significance and Implication of Research Approach. .............................. 307 

7.2.2 Innovativeness of the Research Study. ................................................... 308 

7.2.3 Conclusion and Contribution of Study – 1. ............................................. 309 

7.2.4 Conclusion and Contribution of Study – 2. ............................................. 311 

7.2.5 Conclusion and Contribution of Study – 3. ............................................. 312 

7.2.6 Conclusion and Contribution of Study – 4. ............................................. 315 



vii 

7.2.7 Managerial implications. ......................................................................... 317 

7.2.8 Checklist and Recommendations for NZ Managers. ............................... 319 

7.3 Research Limitations and Future Directions .................................................. 323 

7.4 Concluding Statement. ................................................................................... 327 

References ..................................................................................................................... 328 

Appendices .................................................................................................................... 395 



viii 

List of Figures 

Figure 1.1 Research Study Objectives, Process, Contribution and Beneficiary ................. 7 

Figure 2.1 The Literature Review .................................................................................... 15 

Figure 2.2 AV Technologies ............................................................................................. 20 

Figure 2.3 AV Competitors .............................................................................................. 21 

Figure 2.4 AVs Developments – Recent Milestones ........................................................ 22 

Figure 2.5 AVs sales, Fleet Travel and Benefit Projections .............................................. 24 

Figure 2.6 AV Technology Planning and Impact Project Timeline .................................. 25 

Figure 2.7 Different Types of Automation in Different Phases of Processing Loop – 
Aviation vs Driving ........................................................................................................... 43 

Figure 2.8 Model of SA in dynamic decision–making ...................................................... 45 

Figure 2.9 A framework for DSA based design ................................................................ 46 

Figure 2.10 Conceptual model of a driver’s mental model on automation reliance. ..... 49 

Figure 2.11 Human – Autonomy System Oversight (HASO) Model ................................ 50 

Figure 2.12 Autonomous Driving Adoption – (Internal Determinants) ........................... 54 

Figure 2.13 Critical Barriers in Adoption of AVs .............................................................. 58 

Figure 2.14 Autonomous Driving Adoption – (External Determinants) .......................... 74 

Figure 2.15 Autonomous Driving Adoption in New Zealand – (Internal and External 
Drivers) ............................................................................................................................ 75 

Figure 3.1 The Literature Review – Chapter 3 ................................................................. 77 

Figure 3.2 Adoption Models – User Acceptance ............................................................. 81 

Figure 3.3 Technology Acceptance Model ...................................................................... 81 

Figure 3.4 Extension of Technology Acceptance Model .................................................. 82 

Figure 3.5 Unified Theory of Acceptance and Use of Technology ................................... 82 

Figure 3.6 Trust as an Attitude Influencing Reliance ...................................................... 86 

Figure 3.7 The relationship between calibration, resolution, and automation capability
 ......................................................................................................................................... 87 

Figure 3.8 Model of Three Layer of Variability in Trust in Automation .......................... 88 

Figure 3.9 Automation Acceptance Model (AAM) .......................................................... 90 

Figure 3.10 The interplay between the assimilation process underlying trust ............... 92 

Figure 3.11 Trust in Automation Eco System .................................................................. 99 

Figure 3.12 Holistic Trust and Governance Affecting Factors ......................................... 99 

Figure 3.13 Study Environmental Context for exploring relationship between Trust and 
Adoption of AVs ............................................................................................................. 100 

Figure 4.1 The Activity Theory Framework ................................................................... 113 



ix 

Figure 4.2 Research Paradigm, Methodology and Methods ........................................ 117 

Figure 4.3 Research Framework .................................................................................... 119 

Figure 4.4 A Four Cycle View of Design Science Research (DSR) ................................... 120 

Figure 4.5 Research Study Methodology in Detail ........................................................ 122 

Figure 4.6 User Study Method Design including Three Phases ..................................... 124 

Figure 4.7 User Study Methodology .............................................................................. 124 

Figure 4.8 Conditions imposed during Driving Sprints- Low, Medium and High Density 
Roads ............................................................................................................................. 127 

Figure 4.9 Within – Subjects Design Method ................................................................ 128 

Figure 4.10 Research Design for Study – 2 .................................................................... 130 

Figure 4.11 Model A (without mediator) ...................................................................... 132 

Figure 4.12 Model B (With Mediator) ........................................................................... 133 

Figure 4.13 Research Methodology for Multiphase Design Phase 2 ............................ 140 

Figure 4.14 Data Inclusion SEM to SD for Quantified Constructs ................................. 143 

Figure 4.15 The Procedure followed for Interviews Data Analysis ............................... 147 

Figure 5.1 Driving Routes .............................................................................................. 149 

Figure 5.2 Most Frequently Evaluated Concepts during AV User Driving Test Sprints . 152 

Figure 5.3 Pictorial – Driving Scenarios ......................................................................... 157 

Figure 5.4 Mapping of AVs Users Needs and Categorization of Key Determinants ..... 159 

Figure 5.5 Autonomous Driving Adoption in New Zealand – (Internal and External 
Determinants) ............................................................................................................... 160 

Figure 5.6 Human Factors Concerns ............................................................................. 165 

Figure 5.7 Safety, Security and Privacy Concerns .......................................................... 166 

Figure 5.8  Situations Most Likely to Adopt AVs – Males Vs. Females .......................... 167 

Figure 5.9 Graphical Representation of Second Order Model ...................................... 177 

Figure 5.10 Graphical representation of Zero Order Measurement Model .................. 181 

Figure 5.11 Graphical Representation of Full Model .................................................... 185 

Figure 5.12 Model A (Without Mediator) ..................................................................... 186 

Figure 5.13 Model B (With Mediator) ........................................................................... 187 

Figure 5.14 Real-World System and SD Model Structure .............................................. 192 

Figure 5.15 CLD – System Components and Dynamic Loops ........................................ 196 

Figure 5.16 Model Decision Tree – AV purchases ......................................................... 197 

Figure 5.17 Stock and Flow for Fleet Sizes .................................................................... 200 

Figure 5.18 Stock and Flow Structure for Population .................................................... 205 

Figure 5.19 Stock and Flow Structures for Car Sharing with Cars and Car Sharing 
without Cars .................................................................................................................. 206 



x 

Figure 5.20 Behavioural Sensitivity Test for Alpha (Average Lifespan of Vehicle 1-20 
years) ............................................................................................................................. 211 

Figure 5.21 Behavioural Sensitivity Test for Technology Growth Factor (0-20% per year)
 ....................................................................................................................................... 211 

Figure 5.22 Behavioural Sensitivity Test for Price Weight (0.1-0.5) .............................. 212 

Figure 5.23 Behavioural Sensitivity Test for LR Growth Rate (0-20% per year) and LR 
Weight (0.1-0.5) ............................................................................................................ 212 

Figure 5.24 Behavioural Sensitivity Test for trust weight (0.1-0.5) and SA, Ant (0.3-0.5)
 ....................................................................................................................................... 213 

Figure 5.25 Perimeter Settings for Different Scenarios ................................................. 214 

Figure 5.26 Total AV Fleet Size Behaviour (2021 – 2121) ............................................. 214 

Figure 5.27 Individual AV Level Fleet Behaviour (2021 – 2121) .................................... 215 

Figure 5.28 Individual AV Level fleet Market Penetration (2021 – 2121) ..................... 216 

Figure 5.29 Price Reduction Behaviour AV4 through Tax Reduction or Subsidy ........... 217 

Figure 5.30 AV4 Behaviour for Provision of Development Funds ................................. 217 

Figure 5.31 AV Levels Adoption Rate Behaviour (AV1 – AV5) ....................................... 218 

Figure 5.32 Car Sharing Behaviour ................................................................................ 219 

Figure 5.33 CLD 2 – System Components and Dynamic Loops...................................... 223 

Figure 5.34 Maturity Stock ............................................................................................ 225 

Figure 5.35 Fleet Size Behaviour ................................................................................... 226 

Figure 5.36 Utility Behaviour ......................................................................................... 227 

Figure 5.37 Technology Maturity and Adoption Rates ................................................. 229 

Figure 5.38 Major Categorization of Nodes .................................................................. 233 

Figure 5.39 Coding Comparison of Experts’ Views on Trust and Governance .............. 235 

Figure 5.40 NVivo 11 Word Cloud AVs Deployment Challenges ................................... 236 

Figure 5.41 Nodes Clustered by Coding Similarity- AVs Deployment Challenges ......... 236 

Figure 5.42 Nodes Clusters for Factors Affecting Autonomous Driving in NVivo ......... 243 

Figure 5.43 Significant Factors Affecting AD Driving – Hierarchy Chart NVivo 11 ....... 244 

Figure 5.44 Experts Comparison Coding Diagram Theme 2 .......................................... 250 

Figure 5.45 CO5 AVs Deployment Framework .............................................................. 265 

Figure 5.46 CO4 AVs Deployment Framework .............................................................. 265 

Figure 6.1 The Discussion Chapter Layout .................................................................... 269 

Figure 6.2 Study – 1: Summary Findings and HMI Event Relationship Framework ...... 274 

Figure 6.3 The integrated Trust and Governance Framework Model ........................... 279 

Figure 6.4 AD Trust Layers of Influence ......................................................................... 284 

Figure 6.5 Suggested AD Trust Model and Components ............................................... 286 



xi 

Figure 6.6 Suggested AD Trust Calibration ................................................................... 288 

Figure 6.7 AVs Deployment Timeline and Key Milestones Next 100 Years in NZ .......... 291 

Figure 6.8 Critical AD Trust Influencing Barriers ........................................................... 299 

Figure 6.9 Overview of Main Constructs and Concepts Validation Process .................. 305 

Figure 7.1 The Conclusion Chapter Layout and Content ............................................... 306 

Figure 7.2 HMI Event Identification Relationship Framework and AD Trust Graph ..... 310 

Figure 7.3 Suggested AVs Deployment Road Map Next 100 Years in NZ ..................... 314 

Figure 7.4 AD Trust Acceptance Model for Driverless Technologies ............................. 315 

Figure 7.5 AD Acceptance Trust Calibration ................................................................. 316 

 



xii 

List of Tables 

Table 1.1 Research Aim, Objectives and Questions .......................................................... 6 

Table 1.2 Research Study Methodology .......................................................................... 10 

Table 2.1 History of AVs: Important Milestones ............................................................. 17 

Table 2.2 SAE Levels ........................................................................................................ 40 

Table 2.3 Key Enablers & Barriers AD – Human Factors (HFs) Domain (Internal 
Determinants) ................................................................................................................. 53 

Table 2.4 Perceived AVs’ Benefits found in Literature .................................................... 55 

Table 2.5 A review of behavioural theories and factors influencing public acceptance of 
AVs ................................................................................................................................... 61 

Table 2.6 Key AD Enabler & Barriers – Legal Readiness / Governance Domain (External 
Determinants) ................................................................................................................. 73 

Table 3.1 User Acceptance major Theories and Models in the context of AD ................ 84 

Table 3.2 Key Trust based HMI Frameworks ................................................................... 94 

Table 3.3 Holistic Trust Affecting Factors ...................................................................... 101 

Table 4.1 Constructs and Manifested Variables Study – 2 ............................................ 134 

Table 5.1 Subjects Recruited for AV User Test .............................................................. 148 

Table 5.2 Driving Scenarios Event Content and Structure............................................. 150 

Table 5.3 Key Determinants / Influencing Factors for AD in NZ .................................... 153 

Table 5.4 Key Determinants - HMI AD Events Relationship Identification Framework 158 

Table 5.5 Response Rate of Questionnaire ................................................................... 161 

Table 5.6 Gender of Respondents ................................................................................. 162 

Table 5.7 Age of Respondents ....................................................................................... 162 

Table 5.8 Education Level of Respondents .................................................................... 163 

Table 5.9 Ethnicity ......................................................................................................... 163 

Table 5.10 Employment Level ....................................................................................... 164 

Table 5.11  Driving Experience ...................................................................................... 164 

Table 5.12 Human Factors Concerns ............................................................................. 165 

Table 5.13 Safety, Security and Privacy Concerns ......................................................... 166 

Table 5.14 Situations Most Likely to Adopt AVs – Males Vs Females ........................... 167 

Table 5.15 Concerns and Issues for Adoption of AVs .................................................... 168 

Table 5.16 Descriptive Statistics .................................................................................... 168 

Table 5.17 Pattern Matrix ............................................................................................. 170 

Table 5.18 Model Fit Indicators ..................................................................................... 173 

Table 5.19 Loading, Cronbach's Alpha, CR and AVE for zero-order model ................ 175 



xiii 

Table 5.20 Discriminant Validity (by Fornell-Larcker criterion) for second order model
 ....................................................................................................................................... 175 

Table 5.21 Results of discriminant validity by HTMT criterion method for second order 
model ............................................................................................................................. 176 

Table 5.22 Model fit indicators (Zero Order) ................................................................. 177 

Table 5.23 Loading, Cronbach’s Alpha, CR and AVE for zero order model ................... 178 

Table 5.24 Discriminant validity by Fornell-Larcker criterion (Zero order model) ........ 180 

Table 5.25 Discriminant Validity (By HTMT) Zero Order ............................................... 180 

Table 5.26 Model Fit Indicators (Full Model) ................................................................ 182 

Table 5.27 Loading, Cronbach’s Alpha, CR and AVE for full model ............................... 182 

Table 5.28 Discriminant Validity ................................................................................... 184 

Table 5.29 Summary of Reliability, Composite reliability, AVE and Discriminant validity
 ....................................................................................................................................... 184 

Table 5.30 Hypothesis Testing (Model A) ...................................................................... 186 

Table 5.31 Mediation Analysis ...................................................................................... 188 

Table 5.32 R2    values ..................................................................................................... 188 

Table 5.33 VIF ................................................................................................................ 189 

Table 5.34 Summary of Hypotheses Verification .......................................................... 189 

Table 5.35 Beta Values SEM to SD for Auxiliary Variables ............................................ 190 

Table 5.36 Model Boundary .......................................................................................... 193 

Table 5.37 Change of Vehicles ...................................................................................... 200 

Table 5.38 The Model Parameters ................................................................................ 208 

Table 5.39 Summary Table for Market Penetration of AVs .......................................... 221 

Table 5.40 Levels of Market Maturity ........................................................................... 222 

Table 5.41 Utility function weights and Rationale ........................................................ 226 

Table 5.42 Preference Sensitivities of People Relative to Automation Level ................ 228 

Table 5.43 Technology Maturity and Adoption Rates .................................................. 230 

Table 5.44 Participation Profile and Classification ....................................................... 231 

Table 5.45 AVs Perceived Benefits ................................................................................ 237 

Table 5.46 AVs Implementation Challenges.................................................................. 239 

Table 5.47 Theme 2: Key Influencing Factors Affecting Autonomous Driving .............. 245 

Table 5.48 NZ Enabling Environment Theme 3 ............................................................. 251 

Table 5.49 Future Directions and AV Implementation Timelines Theme 4 ................... 259 

Table 5.50 Trust and Governance Framework for AVs Deployment Theme 5 .............. 266 

Table 6.1 AVs Market Penetrations Estimations Found in the Literature ..................... 295 



xiv 

List of Appendices 

Appendix A: Ethics Approval Letters (User Study, Experts Interviews and Survey) ..... 395 

Appendix B: Consent and Participation Information, Protocols and Questionnaires .. 398 

Appendix C: Sample AV Expert’s Code Book in NVivo 11 for Thematic Analysis ......... 443 

Appendix D: Equations of SD Model Study - 3 .............................................................. 454 

 



xv 

Attestation of Authorship 

I hereby declare that this submission is my own work and that, to the best of my 

knowledge and belief, it contains no material previously published or written by another 

person (except where explicitly defined in the acknowledgements), nor material which 

to a substantial extent has been submitted for the award of any other degree or diploma 

of a university or other institution of higher learning. 

01 March 2022 
Attiq Ur Rehman 



xvi 

List of Publications 

Conference Proceedings 

Rehman, A. U., Ghaffarianhoseini, A., Naismith, N., Zhang, T., Doan, D. T., Tookey, J., 

Ghaffarianhoseini, AH. & Lovreglio, R. A Review: Harnessing Immersive Technologies 

Prowess for Autonomous Vehicles. Proceedings of the 18th International Conference on 

Construction Applications of Virtual Reality (CONVR2018) 22 – 23 Nov 2018, Auckland, 

New Zealand. 

A. U. Rehman, A. Ghaffarianhoseini, N. Naismith, J. Tookey, A. Ghaffarianhoseini and S. 

Urréhman, "Ascertaining Factors Affecting Autonomous Driving in New Zealand - A 

Framework for HMI Design," 2021 5th International Conference on Vision, Image and 

Signal Processing (ICVISP), 2021, pp. 1-8, doi: 10.1109/ICVISP54630.2021.00011. 

https://ieeexplore.ieee.org/document/9700830 

https://ieeexplore.ieee.org/document/9700830


xvii 

Acknowledgements 

I thank ALLAH Almighty (SWT) for blessing me the strength and determination to 

complete this thesis. 

I am extremely indebted to my supervisor Dr Ali Ghaffarianhoseini, for his unwavering 

support and continuous encouragement throughout this journey. I feel immensely 

grateful for my co-supervisor Assoc. Prof. Nicola Naismith for her kind motivation and 

sparing her valuable moments for reviewing the thesis. I am thankful to my mentor Prof. 

John Tookey for supporting me all along. 

I am also thankful to my brother Dr Shafiq UrRehman from Sweden for providing initial 

guidance, Rozanne Bester from South Africa for helping me in understanding system 

dynamics modelling process, and Hafiz Ali from Pakistan in quantitative statistical 

techniques. I would also like to extend my gratitude to BMW Group NZ and its training 

officer Mr Lance Roskilly for providing me the BMW X5 xDrive40i SUV vehicle, and 

comprehensive training and coaching of autonomous driving during the user study. 

I am also thankful to Auckland University of Technology for providing me tuition fee 

waiver scholarship. Thanks to the Auckland University of Technology Ethics Committee 

(AUTEC) Secretariat for approving the ethics application regarding experts’ interviews, 

survey questionnaire and user study including safety management plan.  

Finally, I would like to pay special tribute and appreciation to my loving wife Afsheen for 

her endless affection, moral and material support throughout in general and during 

pandemic crisis in particular. I also appreciate my beloved daughter Minahil and son 

Shaheer for their understanding and motivation in hard times. 



xviii 

Ethics Approval 

Ethics application approval was granted by Auckland University of Technology Ethics 

Committee vide 19/282 - Realizing trust dynamics and governance for humanizing 

driverless technology dated 21 May 2020. 



xix 

Glossary 

Adaptive Cruise Control ACC 

Adoption AD 

Advance Driver Assistance Systems ADAS 

Agent Based Simulation ABM 

Anthropomorphism AnT 

Artificial Intelligence AI 

Association of British Insurers ABI 

Auckland University of Technology Ethics Committee AUTEC 

Augmented Reality AR 

Australian and New Zealand Driverless Initiative ADVI 

Australian Road Research Board ARRB 

Automated  Driving System ADS 

Automatic Steering AS 

Automation Acceptance Model AAM 

Autonomous Driving AD 

Autonomous Emergency Break AEB 

Autonomous Vehicles AVs 

Average Variance Extracted AVE 

Blind Spot Monitoring BSM 

Case Study Research CSR 

Centre for the Protection of National Infrastructure UK CPNI 

Cognitive Works Analysis CWA 

Comparative-fit-index CFI 

Composite Reliability CR 

Confirmatory Factor Analysis CFA 

Connected and Autonomous Vehicle CAV 

Cooperative Intelligent Support System C-ITS

Cyber Physical Systems CPS 

Deep Learning DL 

Defense Advanced Research Projects Agency DARPA 

Department for Transport UK DfT 

Department of Transport US USDOT 

Design Science Research DSR 

Distributed Situational Awareness DSA 

Driver Support Feature DSF 

Driving Automation System DAS 

Dynamic Driving Task DDT 

Dynamic Synthesis Methodology DSM 

Electroencephalography EEG 



xx 

Exploratory Factor Analysis EFA 

Federal Motor Vehicle Safety Standards FMVSS 

Flight Management System FMS 

Forward Collision Warning FSW 

Full Autonomous Driving FAD 

General Data Protection Regulation GDPR 

Global Navigation System GNSS 

Global Positioning Systems GPS 

Goal Directed Task Analysis GDTA 

High Definition HD 

Highly Automated Vehicle HAV 

Human Computer Interaction HCI 

Human Factor Engineering HFE 

Human Machine Interaction HMI 

Human-Autonomy System Oversight Model HASO 

Increment fit index IFI 

Industry 4.0 revolution 4IR 

Inertial Measurement Unit IMU 

Inertial Navigation System INS 

Internet of Things IoT 

Internet of Vehicles IoV 

Lane Control Assistance KCA 

Lane Departure Warning LDW 

Lane Keeping Assistance LKA 

Legal Readiness LR 

Level of Automation LoA 

Light Detection and Ranging LIDAR 

Local Dynamic Map LDM 

Machine Learning ML 

Mental Model MM 

Ministry of Transport MOT 

Mobile ad-hoc Networks MANETs 

Mobility-as-a-Service MaaS 

National Institute for Standards and Technology NHTSA 

National Transport Commission Australia NTC 

New Zealand NZ 

New Zealand Transport Authority NZTA 

Normed fit index NFI 

Northland Transport Technology Testbed NZ N3T 

Object/Event Detection and Response OEDR 

On-Board Units OBUs 



xxi 

Operation Design Domain ODD 

Out Of Loop OOTL 

Parking Assistance PA 

Perceived Ease of Use PEOU 

Perceived Usefulness PU 

Privacy PRI 

Reinforcement Learning RL 

Road – Side Units RSUs 

Root Mean  Square Error of Approximation RMSEA 

Safety SAF 

Security SEC 

Shared Autonomous Vehicle SAV 

Simultaneous Localization and Mapping SLAM 

Situation Awareness SA 

Society of Automotive Engineers SAE 

Socio – Technical System Theory STS 

Standardized Root Mean Square Residual SRMSR 

Structural Equation Modelling SEM 

System Dynamics SD 

System Purpose, Process and Performs PPP 

Technology Adoption Model TAM 

Technology Specific Innovation System TSIS 

Theory of Planned Behaviour TPB 

Theory of Reasoned Action TRA 

Training TR 

Trust TRS 

Tucker-Lewis coefficient Index TLCI 

Unified Theory of Acceptance and Use of Technology UTAUT 

Variance Inflation Factor VIF 

Vehicle – to – Infrastructure V2I 

Vehicle – to – Vehicle V2V 

Vehicle to Everything V2X 

Vehicle to Pedestrians V2P 

Vehicular ad-hoc networks VANETs 

Virtual, Augmented and Mixed Reality VAMR 

Web of Trust WoT 

 

 



1 

Chapter 1  - Introduction 

1.1 Overview 

Chapter 1 delineates the research context in the AVs, leading to the scoping and the 

significance of this study. It explores the innovative driverless technology amid current 

global and national settings. It emphasizes the role of holistic trust dynamics and co-

evolution of autonomous technology and regulations for the successful adoption of 

autonomous vehicles (AVs) in NZ. It outlines the research gaps, the problem statement, 

the research aim, objectives, questions, scope, and limitations. It provides a brief 

synopsis of the research methods followed by the research contribution and finally, a 

summary of the subsequent chapters is provided.  

1.2 The Context 

Autonomous Vehicles (AVs) promise  advantages for both society and individuals, such 

as increased road safety, reduced emissions, improved traffic flow and mobility of 

underserved and elderly disabled people (Fisher et al., 2020, p. 2; Wintersberger, 2020, 

p. 1). However, in this paradox of automation, where human errors can be significantly

reduced, other unintended consequences may slow down their adoption. It includes the 

incorrect understanding of users’ needs and trust in the system (Dirsehan & Can, 2020; 

Ekman, 2020a). The emergence of new types of human errors resulting in crashes 

(Khattak et al., 2020), and inappropriate and delayed policy interventions (Mordue et 

al., 2020).  

Approximately 1.35 M people die annually due to traffic accidents causing enormous 

financial loss to the countries, amounting to 3% of their gross domestic product (WHO, 

2020). The road crashes will cost around $2 trillion to the world economy between 2015 

-2030 (Shammut, 2020). NZ has witnessed a dramatic annual population change of

+96,400, leading to an estimated 5.03 M resident population (S. NZ, 2020) and a rise of

120,000 people in the last three years only in Auckland. A similar rise in vehicles is 

creating enormous congestions across the transport networks, causing extra 360,000 

daily trips. Consequently, motorway speeds have declined from 64km/h to 55km/h 

between 2014 and 2016 due to an increase in road accidents (Orsman, 2017). In NZ, 

crashes are expected around 400 annually (MOT, 2020). Moreover, the Greenhouse Gas 
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(GHG) emissions from road transport have increased by 85% (Hasan et al., 2019). The 

deployment of AVs in the US alone to improve safety could result in cost savings from 

$355-$488 billion and reduce congestion by around $447 billion by 2050. It will result in 

new job opportunities for new industries, manufacturers, software sectors and AVs 

start-ups (Clements & Kockelman, 2017). This phenomenon signals perceived time 

savings, ease of parking, fewer accidents, increased robotic developments, lower vehicle 

emissions, better fuel economy, and other societal benefits (Dirsehan & Can, 2020). The 

COVID -19 pandemic and ever evolving user and environmental demands for 

transportation could exacerbate the development and deployment of AVs around the 

globe (Thakur, 2020). 

Since AVs need to interact not just with passengers but with pedestrians, fellow drivers, 

and other road users. Their acceptability depends on the people's trust in the entire 

driverless ecosystem. Trust is considered a lynchpin in determining the willingness of 

people to rely on automation in uncertain situations (Hoff & Bashir, 2015). It calls for 

investigations into key influencing factors in autonomous driving (AD) for establishing 

faith in driverless ecosystem and designing human machine interaction (HMI) 

guidelines. Their successful proliferation in society requires an introspective analysis of 

users’ trust in the entire system in general and during a dynamic driving task (DDT) in 

particular using human factor (HF) research (Tang et al., 2020) based on real time user 

studies. In an earlier survey of knowing the public readiness for AVs among five 

countries, namely China, India, Japan, US, UK and Australia, the top most concern among 

NZ people is about ‘Trust in technology (85.3%)’ (Starkey & Charlton, 2020).  

The COVID – 19 pandemic conditions are likely to accelerate the development of trust 

for AVs in the long term to improve safety, deliver supplies, advancement in 

infrastructure and day to day commerce (Boll, 2020). Critical technology adoption 

theories include the technology adoption model (TAM) (Davis, 1989) and the unified 

theory of acceptance and use of technology (UTAUT) (Venkatesh et al., 2003), which 

enumerate various factors, including trust (Kaur & Rampersad, 2018). However, none of 

the technology adoption models was formulated to address driverless technologies. The 

burgeoning rise of AVs epitomizes an era of transformation to new business models 

while at the same time it eclipses regulatory oversight. Several studies noted the gap 

between technology and the regulatory regime that guides its implementation 
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(Bonnefon et al., 2016; D. J. Fagnant & K. Kockelman, 2015; Lee & Hess, 2020). Policy 

makers and industry stakeholders have failed to fill the regulatory vacuum due to the 

fear of accountability arising from various levels of autonomy in case of any untoward 

situation (Shladover & Nowakowski, 2019). AVs' absence of an appropriate governance 

regime may ultimately compromise their proliferation and hinder market share profits, 

reputation, and future electability (Winkle, 2016). The regulation transition from 

traditional to autonomous vehicles needs to be correspondingly incremental, requiring 

continuous reforms to accommodate changes in technology and infrastructure (Crayton 

& Meier, 2017). Earlier research has identified several policy challenges for testing the 

vehicles and the widespread use of AVs, including safety, (cyber) security, privacy, cost, 

liability, sustainability, infrastructure necessity, and licensing (D. J. Fagnant & K. 

Kockelman, 2015; Taeihagh & Lim, 2019). NZ regulatory framework is adequate for 

vehicles with automated features such as lane keeping, automated emergency breaking, 

collision mitigation, but it requires improvements in terms of vehicles at higher level of 

automation (level 3 and above) (FleetPartners, 2020). 

The core challenge is to bridge the gap between AV technology and general public 

acceptance to adopt smarter solutions towards safer transportation (Alawadhi et al., 

2020). Human factors issues during interaction with AVs and formation of calibrated 

trust based framework is essential for better realization and acceptance of this 

technology (Sun et al., 2020; Tang et al., 2020). To achieve the desired result, there is a 

pressing need to identify the public expectations and trust needs, AVs implementation 

challenges, and critical success factors influencing the adoption of AVs in NZ. Within this 

context, scoping of this research study is done, primarily to arrive at a holistic trust-

based framework addressing technology and governance challenges simultaneously for 

AVs implementation in NZ. 

1.3 Problem Statement 

Driverless technology is at the forefront of the current Industry 4.0 revolution (4IR), 

serving as a perfect lynchpin in connecting the digital and real world as an essential part 

of a cyber physical system (CPS) in smart cities (Mouftah et al., 2020; Pieroni et al., 2018; 

Sell et al., 2019; Um, 2019). This disruptive yet beneficial technology will assist in shaping 

the future shared mobility paradigms, transport infrastructure, and urban landscape. It 

will ensure road safety with the optimum flow, less congestion, improved environmental 
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outcomes, efficiency, and productivity (D. J. Fagnant & K. Kockelman, 2015; Yan et al., 

2020). The global market in self-driving cars is estimated to reach $7.03 billion by 2021 

and $21billion by 2035 (Du et al., 2021). The recent COVID – 19 crisis catalyzed the 

proliferation of AVs in emergency and uncertain situations for driverless transportation, 

contactless delivery, and increased safety within the folds of the autonomous Mobility-

as-a-Service (MaaS) value chain (Boll, 2020; MSCI, 2020). On the other hand, criticism 

towards AV deployment is geared towards job cuts, urban sprawl, reduced automobile 

ownership, and other technical, financial, and social challenges (D'Oca et al., 2018). 

NZ is set to gain long lasting benefits in the testing and deployment of AVs. The NZ 

environment is presently marred with significant challenges. Including the growing and 

aging population, traffic congestions, accidental deaths, rise in immigration, ill equipped 

transport and road infrastructure, and lagging government legal strategies (Fitt, Frame, 

et al., 2018; Geoscience, 2020; KPMG, 2020; MOT, 2020; S. NZ, 2020). Public acceptance 

is essential for the widespread adoption of AVs in NZ and elsewhere (Yuen, Wong, et al., 

2020). Generally, if societal and behavioural intentions align with technical innovations, 

it will lead to users’ acceptance (Kraetsch et al., 2021).  

In human-centred transport research, the theoretical concept of trust is considered 

critical in successful technical design features and acceptance of AVs. Trust realization 

in the adoption of AVs demands observing how the conditions and factors affecting trust 

change as the technologies become more intelligent based on experimental user and 

ethnographic studies (Raats et al., 2020; Zhang et al., 2020). Two facets that materially 

affect the trust dynamics include  the extent of human interaction with the automation 

technology tasks within the domain of human machine collaboration, so called internal 

environment (Craig Morrisona, 2020). Secondly how the external “world view” 

environment set in by governance and legal readiness structure as seen by user and 

technology alike affects trust. Hoff and Bashir (2015) stressed the need to investigate 

trust impacting factors in real world environments, explore situational and dispositional 

factors. They argue about the significance of multidimensional construct to study how 

dynamic trust evolves through experience and interaction with a system and technology 

from initially learned trust. Present day research is mostly focussed on the optimistic 

technological orientation of AVs as a commercially viable and safe technological 

enterprise. Existing literature lacks a broader view on the impacts (both positive and 
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negatives) of AVs on social, behavioural (Cavoli et al., 2017; Cohen & Hopkins, 2019) and 

legal arrangements, and public acceptability accessibility (Fitt, Curl, et al., 2018). 

These developments call for investigations into new methodologies in identifying 

users’ acceptance requirements. These complexities warrant exploring key AD factors 

affecting trust, addressing HMI and governance challenges in live traffic conditions 

outside simulated or controlled environments. It further asks for examining how and 

why dynamic calibrated trust develops in specific events and conditions. There is a 

pressing demand for interdisciplinary research to establish trust's theoretical and 

methodological foundations in AVs. Moreover, there is a need to study the applicability 

of various trust and automation theories and identify the significance of interpersonal 

and institutional trust. These are noteworthy research voids in recent literature. This 

study will try to determine the significant perspectives of driverless technologies within 

the AVs context and find key AD factors affecting the trust while investigating the 

challenges in adopting AVs locally and internationally. And in doing so, determine a 

conceptual trust based framework comprising HMI and governance determinants for 

AVs deployment in NZ. The research study will further explore this integrated trust 

model's theoretical output to visualize a futuristic roadmap for AVs’ adoption and arrive 

at appropriate policy planning and guidance strategy for their successful deployment in 

NZ. 

1.4 Research Aim, Objectives and Questions 

The research aim is to develop a holistic trust and governance framework for optimum 

acceptability and adoption of Autonomous Vehicles (AVs) in New Zealand. To achieve 

the aim, the research has three key objectives and ten research questions (see Table 

1.1). The graphical layout of the research study goals in the light of stated objectives is 

shown in Figure 1.1 below. 
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Table 1.1 
Research Aim, Objectives and Questions 
 

Research Aim Objectives Research Questions 

To develop a holistic 

trust and governance 

framework for optimum 

acceptability and 

adoption of Autonomous 

Vehicles (AVs) in NZ. 

1. To examine the critical 

perspectives of driverless 

technologies in the backdrop 

of the deployment of AVs. 

RQ 1. What is the significance and futuristic role of driverless technologies 

internationally and locally within AVs’ context? 

RQ 2. How COVID -19, like pandemic crisis, can affect autonomous driving (AD) 

technologies? 

RQ 3. How can the co-evolution of regulations and technology influence the 

implementation of AVs in NZ and elsewhere? 

RQ 4. What are the perceived benefits and critical barriers for the deployment of AVs 

globally and in NZ? 

2. To analyse the role of key 

AD factors affecting trust 

based on significant HMI and 

governance determinants for 

the implementation of AVs in 

NZ. 

RQ 5. What is the significance of human factors (HFs) for autonomous driving (AD)? 

RQ 6. How do trust and user acceptance contribute to humanizing and adopting 

autonomous driving (AD) technologies? 

RQ 7. What are the key AD factors affecting interpersonal and institutional trust 

during human-machine interaction (HMI) for AVs deployment in NZ? 

RQ 8 What HMI AD events are affected by key trust affecting factors during human 

– AV interaction? 

3. To develop and assess an 

integrated trust and 

governance framework for 

the successful adoption of 

AVs in NZ. 

RQ 9. How to articulate a relationship between key corroborating trust affecting 

factors for developing an integrated trust and governance framework for the 

adoption of AVs in NZ? 

RQ 10. How to visualize a futuristic roadmap for AVs’ adoption and planning 

appropriate policy and guidance strategy for their successful deployment in NZ? 

RQ 11. Develop an integrated trust and governance framework and examine its 

feasibility and validation for AVs deployment in NZ. 
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Figure 1.1 

Research Study Objectives, Process, Contribution and Beneficiary 
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1.5 Research Contribution 

This research establishes the theoretical underpinnings of trust in AVs. It uses experimental 

testing of AV in live traffic conditions employing BMW AV level 2, Statistical Equation 

Modelling (SEM), and System Dynamics (SD) Modelling techniques. It identifies key trust 

affecting AD factors in NZ and determines a trust based framework for AVs in NZ. This holistic 

framework captures the general public aspirations and addresses the future challenges for 

the successful implementation of AVs in NZ.  

Moreover, it provides valuable insights, guidelines, and deployment pathways for designers, 

practitioners and regulators when developing HMI Systems for AD vehicles. Numerous earlier 

studies on the subject (Basu & Singhal, 2016; Brinkley et al., 2019; Häuslschmid et al., 2017b; 

Kaur & Rampersad, 2018; Lee & See, 2004; Rahman et al., 2018) are based on conceptual 

models developed by Mayor, Hoff and Lee (Hoff & Bashir, 2015; Lee & Moray, 1992; Mayer 

et al., 1995). These and other models such as TAM, UTAT (Adell, 2010; Davis, 1989; Osswald 

et al., 2012; Park & Kim, 2014; Rödel et al., 2014; Venkatesh et al., 2003) fall short of 

addressing the driverless or semi driverless system in automation and users’ acceptance 

requirements holistically. Earlier research is generally based on simulation or user studies in 

controlled environments. These studies did not explore the linkages between interpersonal 

and institutional trust perspectives and the applicability of automation acceptance theories 

in the driverless technology domain. This study has attempted to follow a practical approach 

of creating a calibrated trust framework for the AD system within an HMI design process. The 

research study outcomes are in line with the NZ Technology Action Plan, NZ Ministry of 

Transport AVs Work Programme and Regulation 2025 Project, and NZTA policy on testing AVs 

in NZ (MOT, 2021; NZTA, 2021) 

The main research contributions include; (1) AD Trust Acceptance Model for Driverless 

Technology (DT), (2) HMI AD Event Identification Relationship Framework (HMI – ADEIRF) 

giving insights regarding dynamic trust development process to HMI designer and other 

stakeholders, (3) Integrated trust and governance model for optimum acceptability of AVs in 

NZ, (4) A quantitative system dynamics model for observing the futuristic diffusion timelines 

and deployment roadmap for AVs in NZ, and (5) Provision of a comprehensive checklist for 

NZ managers. The detailed contribution of this study is deliberated in Chapter 5.  
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1.6 Research Methods 

This mixed methods Multiphase Design research is based on Concurrent Embedded Design 

Correlational Model and the Convergent Parallel Design in two phases adopting the Pragmatic 

Paradigm and Design Science Research (DSR) approach. Phase – 1 comprised Study – 1 (AV 

User Study) and Study – 2 (SEM). Phase – 2 comprised Study -3 (SD Modelling) and Study – 4 

(Experts’ interviews). DSR is divided into three stages of pre-development, development and 

post development stage. DSR’s goal is to develop scientifically grounded solutions to solve a 

real world problem, thus establishing a link between theory and practice (Rocha et al., 2012). 

The fundamental DSR requirements accepted by all schools of thought is to validate the 

artefact development using existing theories and guidelines (Österle et al., 2011). In a socio-

technical context, the artefact is influenced by the environment in which it operates. Various 

authors suggested steps for conducting DSR (Holmström et al., 2009; Lukka, 2003; March & 

Smith, 1995; Vaishnavi & Kuechler, 2004; Vaishnavi & Kuechler, 2015).  

A core research criterion as conceived by DSR is to set a framework based upon the 

connection between relevance (context of design) and rigor (the business/environment) and 

the scientific knowledge base built by previous research (Cash & Piirainen, 2015; Drechsler & 

Hevner, 2016; Hevner, 2007). In addition, DSR identifies “ the virtues of hard, generalizable 

data” (Krivokapic-Skoko & O’neill, 2011) and supplements the strengths and weaknesses of 

qualitative and quantitative data (Amaratunga et al., 2002; Johnson & Onwuegbuzie, 2004). 

The design commences with the awareness of the problem occurring due to innovation in the 

shape of AVs, i.e., lack of trust as a significant determinant for the adoption of AVs technology 

in NZ. After awareness of the problem in stage – 1 (pre development stage) of the process, 

during stage – 2 (developmental stage), various issues, including people aspirations and key 

challenges in the adoption of AVs, are explored. First, an AV user study in live traffic conditions 

is carried out in collaboration with BMW NZ Group using Autonomous Level 2 BMW X3 M40i 

SUV Vehicle to finalize trust affecting AD factors in HMI and governance domains.  SEM 

follows it to investigate and validate the framework relationships. In the post-development 

stage, the data accrued from the literature review, user study, and SEM Modelling process is 
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used to develop an SD Model as a justification of framework (see Table 1.2). Then framework 

utility check is carried out through experts’ interviews.  

Table 1.2 

Research Study Methodology 

Purpose Research 
Approach 

Research 
objectives and 
Questions  

 Data 
Collection 
Techniques 

The Pre- Development Stage 
To develop a problem statement, 
research aim, objectives and 
significance of the study 

Literature 
Review 

Obj -1 and 2 
RQ 1, 2, 3, 4, 5, 6,7 

Content 
Analysis 

Research Approach Design 
Science 
Research 

The Developmental Stage 
Designing and Development HMI 
Trust & Governance Conceptual 
Framework 

Mixed 
Methods 

Obj - 2, RQ 8 
Obj- 3, RQ 9 

User Study  
Survey, SEM 

The Post – Development Stage 
Justification of Framework Mixed 

Methods 
Obj-3, RQ 10,11 System 

Dynamics 
Modelling 

Framework Utility Check Experts 
Interviews 

In an embedded design, the quantitative and qualitative studies (study 1-2) seek solutions 

regarding two different research questions within a study concurrently i.e. RQ8 and RQ9. The 

research obtained qualitative data (used as a subservient role) to develop predicting relations 

in a larger SEM quantitative study. In phase-2, the Convergent Parallel Design is pursued 

where design seeks to “obtain different but complementary data on the same topics. The 

integrated results are triangulated during interpretation. The study – 3 incorporates 

quantitative System Dynamics (SD) modelling technique, and study – 4 uses semi structured 

experts’ interviews capturing follow up data from study – 1 and study – 2. The data and results 

from study – 3 and study – 4 are collected simultaneously and merged in the research 

implications. In the end, these interviews and convergence of data assisted in inclusive 

research analysis and interpretations. The study – 4 examines the feasibility of integrated 

trust and governance framework and after validation provide recommendation for adoption. 
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The studies seek to interrogate practical and pluralistic approaches that allow a combination 

of methods to articulate the actual behaviour of participants, the beliefs and consequences 

that follow from their behaviour allowing methodological pluralism. It assisted in utilizing the 

logic of inquiry through deduction (testing of hypothesis and theories developed during the 

process), achieving complementary strengths. Details of the research methodology are 

discussed in Chapter 3.  

1.7 Research Limitations 

This research study was affected by non – availability of AV manufacturers and technology 

experts in NZ. Moreover, there is less technical and legal know-how among the general public, 

industrial stakeholders, and policy makers. This could be due to a small market economy and 

no wider implementation and usage of these vehicles in NZ. Therefore, the researcher has to 

gather the most qualitative data from overseas experts and academicians in autonomous 

technology, robotics, AI, and human factor engineering from the UK, Germany, Sweden, and 

Australia. Moreover, the present pandemic crisis of COVID – 19, physical contact restrictions, 

and lock down affected the production and supply of AVs, hampering the user study 

investigations at critical junctures. Therefore, it was not possible to use AV level 3 vehicle as 

it is still not available in the market. Level 2 vehicle with most of the functions of Level 3 

vehicle given by BMW NZ Group was employed during user study. Additionally, due to the 

current maturity of marketing and manufacturing forces in NZ and abroad, only broader 

functions and key factors were observed, tested and presented. Detailed limitations of this 

research study and future directions are noted in Chapter 5.  

1.8 Thesis Organisation 

This thesis encompasses seven chapters. The first two chapters describe the literature review 

through updated content analysis according to the research aim and objectives. The third 

chapter delineates the research methodology utilized. The fourth chapter presents findings, 

and the Fifth chapter provides discussion and highlights research implications. The brief 

synopsis of the chapters is as follows: 

Chapter 1. It introduces the research context outlining the significance of driverless 

technology in AVs. It highlights the background, followed by a problem statement indicating 
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the research gaps and potential benefits of this study. Later, the research aim, objectives, 

contribution, methods, limitation, and thesis organisation is described.  

Chapter 2. It examines critical perspectives of driverless technology within AVs context, co-

evolution of regulations and technology, and the impact of the present COVID – 19 pandemic 

on AVs proliferation. It discusses AVs’ historical background, infrastructure requirements, and 

control systems. It provides insights into human factor engineering, automated driving 

controls, how automation works, and the driver’s situation concerning its environment. It also 

identifies the potential opportunities and critical barriers for AVs implementation and 

observes public opinion and expectations at home and abroad. The chapter observes the key 

influencing factors for AD and looks at the role of the driver’s mental model, situational 

awareness, feedback, and training in the resumption of control. Additionally, the research 

identifies the significance of cyber security, privacy, liability, safety, technology and 

infrastructure issues. At the end, it provides a summary of the critical AD barriers for adoption 

of AVs. 

Chapter 3. The Chapter describes the significance of trust and user acceptance in driverless 

technology and highlights various trust taxonomies, theories, models, and frameworks 

present in the literature. It also delineates the role of interpersonal and institutional trust to 

formulate a holistic trust and governance framework for AD in NZ. In the end, it provides key 

research findings, conclusions and implications arising from the literature review of Chapters 

1 and 2, and identifies seven hypotheses within the context of literature.  

Chapter 4. This chapter highlights the research methodology. It delineates the research tools 

and techniques utilized. It provides the philosophical and theoretical perspectives within the 

Pragmatic Paradigm philosophically and DSR approach theoretically. It describes the detailed 

process of harnessing mixed research methodologies utilizing Multiphase Design comprising 

Concurrent Embedded Correlational Model in Phase 1 and Convergent Parallel Design Model 

in Phase 2. Moreover, the chapter provides justification, data collection, and analysis 

techniques for four research studies to formulate a holistic Trust and Governance Framework 

for successfully deploying AVs in NZ. 
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Chapter 5. It presents the results of Study 1 to 4 to support and validate the research aims 

and objectives. It highlights Study – 1 findings based on the user study carried out with BMW 

AV level2/3 vehicle on Auckland roads in real time conditions. This complementary user study 

assisted in confirming the significance of critical influencing factors within the context of 

literature in different usage phases and classifying them into two groups. The chapter 

identifies three phases, eight events and nine trust influencing factors and formulate the HMI 

AD Event Identification Relationship Framework (HMI-ADERIF). Then it finalizes the key trust 

affecting AD factors in HMI and governance categories. Next, through extensive analysis of 

305 respondents from an online quantitative survey research on Qualtrics platform and user 

study, it ascertains 15 barriers/concerns in the human factors domain and 17 AV adoption 

preferences. After incorporating the finalized results of Study 1 and 2, it presents the result 

of SEM and CFA using IBM SPSS/Amos version 26 to validate the integrated trust model and 

the linkages of interpersonal and institutional trust. It also identifies another integrated 

model for validating the role of ‘trust’ as a mediator between legal readiness and adoption. It 

is followed by the result and findings of Study – 3 for projection into AVs diffusion timelines 

in NZ till 2121. Finally, it interprets and validates the studies through thematic analysis of 

experts’ interviews. 

Chapter 6. This chapter synthesizes the findings from Study – 1 to Study – 4, and deliberates 

on the research case in the backdrop of the research aims and objectives within the context 

of literature. It is followed by a detailed synopsis of research insights and the uniqueness of 

research, and comparison with earlier researches in the field. At the end, it provides summary 

of the findings to realize the research aim and objectives. 

Chapter 7. The Chapter concludes the research and delineates its distinct contribution to the 

immediate discipline and wide body of knowledge covering a broad range of disciplines. It 

provides final comments on the significance, innovativeness and contributions of four studies. 

The Chapter presents significant implications for private and public sectors in NZ besides 

articulating concrete measures for restructuring the policy and pragmatic decision making in 

the country for successful deployment of AVs. 
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Chapter 2  - Critical Perspectives of Driverless Technology within 
Autonomous Vehicles Context 

2.1 Prelude 

This chapter provides a detailed account of AVs, including historical background, 

infrastructure requirements, and control systems. It highlights the critical perspectives of 

driverless technology within AVs context, co-evolution of regulations and technology, and the 

impact of the present COVID – 19 pandemic on AVs proliferation. It describes the significance 

of Human Factors (HFs) on autonomous driving (AD) and the diver’s environment to their 

mental model, situation awareness, training, and role of anthropomorphism. Then it looks 

comprehensively at AVs perceived benefits and critical challenges to realize key autonomous 

driving (AD) factors for successful adoption of AVs.   

2.2 Introduction 

Future mobility concept within the ambit of smart cities agenda is characterized by the rise 

of sustainable vehicular technologies and intelligent transport services (ITS) using big data-

based networks and cloud services (Lanamäki, 2021; Yigitcanlar Tan et al., 2019). 

Undoubtedly, AVs are one of the most advanced innovations in automated technology, which 

utilizes numerous ITS tools (Faisal et al., 2019). These are considered capable of making 

decisions without human interference while facing uncertainty.  

To understand and evaluate the phenomenon of the acceptability of AVs, it is imperative to 

comprehend the dynamics of driverless technologies and the role of human factors (HFs) 

involved in autonomous driving (AD). This requires insights into the emergence, working 

mechanism, recent developments, and the futuristic impact of AVs technologies. Moreover, 

it needs to identify key enablers and barriers that restrain the adoption of AVs in the 

technological and governance/legal readiness domain. This will help define the key AD factors 

to formulate a holistic trust and governance framework towards the smooth transition and 

adoption of AVs. Figure 2.1 illustrates the details of the literature review of this study divided 

into chapter 2 and chapter 3.  
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Figure 2.1 

The Literature Review 
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2.3  Automated Driving - Historical background 

To pursue the dream of autonomy, the vehicle design was first practically sketched by 

Leonardo Da Vinci in the shape of a self-propelled carriage in 1478 for Renaissance 

Festival (Fuller, n.d). Vehicle automation was initially conceived in 1918 (Pendleton et 

al., 2017), and General Motors first introduced the concept of AV at the 1939 World’s 

Fair (Shladover, 2018). Automated Vehicle (AVs) can be defined as: 

“…vehicles that include an automated driving system (ADS) that is 
capable of monitoring the driving environment and controlling the 
dynamic driving task (steering, acceleration, and braking) with limited 
or no human input” (NTC, 2018, p. 1). 

In the 1950s, General Motors, in collaboration with Radio Corporation of America 

Sarnoff Laboratory, carried out initial research & development (Shladover, 2018). In the 

ensuing decades, from 1964 to 2007, several other R&D projects were initiated. A series 

of prototypes were developed in the US, Japan, and Europe (Forrest & Konca, 2007), 

including automated bus and truck platoons and smart vehicle systems. An automated 

trip under the European PROMETHEUS project in the 1980s was carried out on public 

roads from Bavaria to Denmark (Billington, 2018). At the same juncture, the U.S. 

Defence Department developed the first automated ground vehicles (AGVs) to support 

ground forces which are still in progress.  

During the 1990s, the US Department of Transport (USDOT), in collaboration with the 

National Automated Highway System Consortium, commenced $90M Automated 

Highway System (AHS) program culminating in successful Demo’97 comprising 

automated driving in cars, trucks, and buses on Interstate 15 in San Diego witnessed by 

thousands of people. It created a paradigm shift in public consciousness (Fisher et al., 

2020). At the same time, Japan carried out Demo 2000 in Tsukuba, showing AV 

capabilities through Advance Cruise – Assist Highway Research Association and 

emphasized the role of infrastructure supported systems. In the late 1990s, the 

European Commission kick-started tests of platooning automated heavy trucks on public 

roads under the European CHAUFFEUR project (Shladover, 2012). The surge in these 

efforts occurred through the Defense Advanced Research Projects Agency’s (DARPA) 

Grand Challenges Program in the US in 2004 and 2007. AVs traversed the desert terrain 

and urban roads, and the top three finishers were Carnegie Mellon University/General 
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Motors, Stanford University, and Virginia Tech, respectively. These vehicles handled 

various challenging situations, including traffic circles, four-way stops, parking lots, and 

road obstacles manoeuvring among human-driven vehicles (Pendleton et al., 2017; 

Shladover, 2018). These efforts catalyzed Google’s self-driving driving car program in 

2010, and by 2017 Google’s AV feet, WAYMO, finished three million miles driving within 

four US states. Volvo introduced its first AV in 2017, and today, Audi, BMW, Mercedes – 

Benz, Nissan, and numerous other companies have already ventured into this market 

(Faisal et al., 2019). A list of important project details regarding AVs is given in Table 2.1 

below.  

Table 2.1 

History of AVs: Important Milestones 

Note: The list of major AVs tests and trials from Autonomous Cars and Society by Forrest. A and Konca.M, 

2007. Department of Social Science and Policy Studies Worcester Polytechnic Institute Worcester, MA 

01609. 
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2.3.1 AVs technologies and infrastructure 

AVs perceived superiority to the human driver is a function of high-level computing 

supplemented by vehicle–to–vehicle (V2V) and vehicle–to–infrastructure (V2I) 

communication enabling AVs to learn faster (Taeihagh & Lim, 2019). AVs can be defined 

as “vehicles in which at least some aspects of a safety-critical control function (e.g., 

steering, throttling, or braking) occur without direct driver input.”(Cunningham & 

Regan, 2015; NHSTA, 2020). AVs operate on a three-phase design known as “sense – 

plan – act”, employing a combination of radar, Lidar, and mono or stereo camera 

systems (Bagloee et al., 2016). AVs carries out a variety of functions, including 

localization, path planning, control, and management. Whereas, Connected 

Autonomous Vehicle is an “AV that communicates with other infrastructure to gather 

information”(Faisal et al., 2019).  

AVs uses a combination of sensors, machine learning systems, actuators, ultrasonic and 

inertial measurement unit, and complex algorithms to process software and carry out 

travel without human involvement (Singh & Saini, 2021). “The sensors collect real-time 

data of the environment comprising geographical coordinates, speed and direction of 

AV, its acceleration and intervening obstacles” (Urooj et al., 2018). The key feature of 

the AV is the advanced driving system (ADS). The SAE (2021) standard J3016 defined it 

as: 

“The hardware and software that are collectively capable of 
performing the entire [dynamic driving task] on a sustained basis, 
regardless of whether it is limited to a specific operational design 
domain; this term is used specifically to describe a level 3, 4, or 5 
driving automation system” (p. 3). 

The end goal of ADS is to drive the vehicle to its destination safely, efficiently, and legally 

(Fisher et al., 2020). ADSs will form the core of the Driverless Technology ecosystem 

comprising AVs, monitoring centres, and road infrastructure. The car navigation system 

is equipped with a global positioning system (GPS) to collect location information. The 

location system employs an inertial navigation system (INS) to find the relative location 

of AV (Farrell & Barth, 1999). HD map is an electronic map that stores traffic and road 

facilities (Zhao et al., 2018). Path planning is done by map matching.  



19 

To perceive the environment, AV uses laser, visual, and radar perception. In laser 

perception, cloud data of target point, shape, or location is generated using the concept 

of reflection time and signal strength. Light Detection and Ranging (LIDAR) is employed 

for collision avoidance and emergency braking by emitting multiple laser pulses per 

second. After colliding with the surrounding objects, the reflected pulses create a 3 – 

dimensional representation by calculations based on the speed of the light and distance 

covered by the pulse. Radar perception relates to measuring distance by calculating the 

time taken by the transmitted wave to return. Information acquisition is an essential 

requirement for localization and perception. Vehicular ad-hoc networks (VANETs) apply 

the principles of mobile ad-hoc networks (MANETs) to the vehicle domain in the case of 

connected cars (Sheikh et al., 2020). Advanced Driver Assistance Systems (ADAS) control 

trajectories override driving commands to avoid a collision. Actuation technologies, i.e., 

throttle, computer control steering, braking, and transmission, are mature enough. 

However, embedded control software development, inter-vehicular communication, 

and real-time cloud computing support are real technical challenges (Babak et al., 2017; 

Tokody et al., 2018).  

Additionally, some challenges need to be addressed to achieve a full automation 

scenario. It includes vehicle – to – X connectivity (V2X) comprising vehicle–to–vehicle 

(V2V) and vehicle–to–infrastructure (V2I), Decision control algorithms, digital 

infrastructure (road automation). These comprise static and dynamic physical world 

representations, human factors, sensor perception in poor weather and unfavourable 

lighting conditions, HD Mapping, simultaneous localization and mapping (SLAM), and 

roadworthiness testing (Smith & Svensson, 2015; Van Brummelen et al., 2018). AV 

control systems include lateral control and longitudinal controls. Lateral controls relate 

to steering for path planning. Longitudinal controls assist in speed control and regulate 

a vehicle’s cruise velocity (Babak et al., 2017). Lateral control keeps the vehicle in the 

chosen lane and comprises Lane Departure Warning Systems (LDWS), Lane Keeping 

Assist System (LKA), and parallel parking assistance.  

Longitudinal control assists in forward and reverse directions and include rear parking 

assistance, adaptive cruise control (ACC), which controls the vehicle's speed relative to 

the vehicle in front, and pre-crash brake assistance (Forrest & Konca, 2007). Figure 2.2 

highlights various AV Technologies. 
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Figure 2.2 

AV Technologies  

 

 

 

Note: Technologies allow AVs to sense, plan and act in response to the dynamic driving environment. 

From Autonomous Cars and Society by Forrest. A and Konca.M, 2007, Department of Social Science and 

Policy Studies. Copyright 2007 Worcester Polytechnic Institute Worcester, MA 01609 and Safety and 

security through the design of autonomous intelligent vehicle systems and intelligent infrastructure in the 

smart city (p.384-396) by Tokody, D., Albini, A., Ady, L., Rajnai, Z., & Pongrracz, F, 2018, Interdisciplinary 

Description of Complex Systems: INDECS, 16(3-A).  

2.3.2 Recent Developments in AVs 

Recent developments are exacerbated in the backdrop of the COVID – 19 pandemic 

(McBride, 2021). Applications and services based on VANET technology comprise prior 

warnings about accidents, fog, and black ice, notifications about crashes and 

construction on roads, over-speed, and traffic signals (Singh & Saini, 2021).  Leading car 

manufactures such as Ford, BMW, Kia, Hyundai, Honda, Toyota, Mercedes – Benz, 

General Motors, Nissan, Volvo, and Volkswagen incorporated emergency breaking, 

smart parking, semi-automatic pilot driving, and accident warning (NHSTA, 2020). 
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Partnerships between car manufacturers and technology companies like BMW – 

Daimler Mercedes in Europe, Ford - AI Argo in the US, and others have enabled further 

advancement in AVs (Faggella, 2020; McBride, 2021; Van Brummelen et al., 2018). 

Amazon experimented with autonomous package delivery and invested jointly with 

Google and tesla for AV robot Amazon scout. It is forecasted that AVs are likely to 

constitute around 50% of vehicle sales, 40% of all vehicles travel and 30% of vehicles by 

2040. Figure 2.3 depicts a brief synopsis of competition between various car giants. 

Figure 2.3 

AV Competitors 

Note: Many car makers are manufacturing prototype AVs capable of driving in certain situations. From 

Autonomous Vehicles: challenges, opportunities, for transport policies (p.284-303) by Baglooe. S.A., 

Majid, T., Asadi, M., and Oliver, T. 2016. Copy right Journal of Modern Transportation. 

Self-driving Software Company Aptiv collaborated with Lyft and did 100,000 plus rides 

in Boston, Las Vega, Pitts burg, Shanghai, and Singapore. Audi unveiled an autonomous 

A8 vehicle along with its merger with Argo AI. Didi Chuxing is testing Robo taxis. General 

Motors (GM) has teamed up with Honda and Lyft for cruise automation. Huawei 

partnered with BYD to produce low-cost LIDAR products and Russian autonomous giant 

Yandex for affordable driver assistance technology. Tesla partnered with Baidu in 

January 2020 to use its mapping data (Insights, 2020) . A bird's eye view of the recent 

developments in AVs is depicted in Figure 2.4.
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Figure 2.4 

AVs Developments – Recent Milestones   

Note: KPMG (2020). 2020 Autonomous Vehicles Readiness Index from https://home.kpmg/uk/en/home/insights/2020/07/2020-autonomous-

vehicles-readiness-index.htm
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2.4 Significance of Driverless Technology 

Driverless technology comprising automation, electrification, and sharing is likely to 

alter the urban landscape and future mobility (Agriesti et al., 2020, p. 45). It is a 

collection of automation control technology, artificial intelligence, visual processing, and 

pattern recognition. Presently, novice unmanned driving technology is gradually gearing 

towards fully autonomous driving (FAD) functionality by improving accurate algorithms, 

advanced cloud platforms, deep learning capabilities and autonomous decision-making 

capabilities (Liang, 2020). According to the US Department of National Highway Traffic 

Safety Administration (NHTSA), 94% of severe traffic accidents happen because of 

human errors (NHSTA, 2020). AVs promise to eliminate human errors in traffic using 

sensors, cameras, light detection, and global positioning systems (GPS) technologies. 

AVs employ various safety-critical control functions such as steering, throttle, or braking 

without direct driver input (Dirsehan & Can, 2020).  

AVs use Artificial Intelligence (AI), Deep Learning, and real-time HD mapping to ensure 

safety during driving (Jones, 2017). AVs are likely to revolutionize future mobility 

paradigms, improve safety and environmental impacts (Litman, 2020; S. Wang et al., 

2020), and open new travel options for the elderly, disabled, and underage persons 

(IRGC, 2016). These technologies will shift a considerable share of the mobility market 

value away from products towards “mobility-as-a-service” (MaaS). AVs will converge 

transportation, automotive, software, hardware, and data services (Pizzuto et al., 2020). 

Nonetheless, the real disruption from autonomous driving (AD) will come in road 

transport, enabling efficient sharing of vehicles and the use of micro-mobility modes as 

a last-mile connection. Self-driving cars will reach 4.8 million units in 2035, and their 

value may reach $ 200 billion-1900 billion in 2025 (Agriesti et al., 2020). Although AVs 

caused occasional fatal accidents, either on drivers or pedestrians (NTSB, 2019a, 2019b), 

they prevented serious pedestrian injuries (BBC, 2016).  

Generally, the public is inclined towards AVs (Rödel et al., 2014). However, these 

attitudes might vary depending upon the user experience and offering of the 

automation levels (Kyriakidis et al., 2015). AVs' decision-making capabilities are likely to 

gather detailed situation awareness in the future, capable of anticipating and reacting 

to complex situations better than humans (Hussain & Zeadally, 2018; Karnouskos, 2020). 
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It is believed that environmental perception technology, driver assistance systems, and 

automotive safety electronics are key driverless technologies. These technologies foster 

safety, energy conservation, market demand, high-level perception, advanced road 

facilities, and related legal provisions (Liang, 2020). The automotive future is perceived 

to be electrified, autonomous, shared, connected and yearly updated”(Kuhnert et al., 

2018). Connected and Autonomous Vehicles (CAVs) are considered a subset of Cyber 

Physical Systems (CPSs) comprising digital software platforms, physical infrastructure, 

and human components in highway transportation (Liu et al., 2020).  

Environmentally, AVs are likely to reduce energy consumption (Wadud et al., 2016), and 

avoid environmental degradation (Bagloee et al., 2016). As well as optimize fuel usage 

(Mamouei et al., 2018), lower emissions and air pollutions (Bauer et al., 2018), and noise 

nuisance (Nikitas et al., 2017). But reduced congestion will only take place with 

dedicated lanes to allow platooning, as shown in Figure 2.5 below.  

Figure 2.5 

AVs sales, Fleet Travel and Benefit Projections 

Note: This figure graph shows AVs sales, fleet travel and benefit projection from 2030 

to 2060 and onwards. From Autonomous vehicle implementation predictions: 

Implications for transport planning by Litman, T. Copyright 2020. Victoria Transport 

Policy Institute Australia. 
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Earlier research indicated that AVs would be commercially available from 2030 to the 

2040s. However, these will be costly and likely to become affordable by the 2050s 

(Litman, 2020). Moreover, it is predicted that half of the new vehicles and half of the 

vehicle fleet will be autonomous by 2045 and 2060, respectively (Litman, 2020). Figure 

2.6 below highlights the AVs technology proliferation timeline. 

Figure 2.6 

AV Technology Planning and Impact Project Timeline 

2.4.1 Trust Dynamics for Acceptance of Driverless Technology 

According to social science research, public attitudes towards a new technology are 

affected by culture (Williams, 2003), psychological (Frewer et al., 1998), and cognitive 

factors (Au & Enderwick, 2000). The role of human trust in automated systems is to 

envisage and optimize operators’ intervention behaviour based on their trust or the 

properties of automation that determine their trust (Muir & Moray, 1996). It may form 

a yardstick in measuring the success of the implementation of AVs, especially when 

faced with an asymmetric information dilemma (Raats et al., 2020). Trust is a widely 

researched phenomenon (Hoff & Bashir, 2015; Muir & Moray, 1996; Schaefer et al., 

2016). Muir’s three dimensional model in human-automation theory bases its 

foundation on interpersonal trust (Barber, 1983; Muir & Moray, 1996; Rempel et al., 

1985). It is controlled by three distinct factors, namely predictability, dependability, and 

faith. Predictability refers to perceived consistency in the behaviour of the machine. 
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Dependability is the stability of a machine based on the accumulation of behavioural 

evidence, and faith relates to expectations that the machine performs beyond the 

current situation. Lee and See (2004) proposed four dimensions of trust: foundation, 

performance, process, and purpose. The foundation means national and social order in 

which trust thrives. The performance relates to what automation does in the past and 

present operations. The process describes how automation operates within the 

programmed algorithm, and its purpose relates to the designer’s goal for which 

automation was developed (Chancey et al., 2017; Lee & Moray, 1992). Recent research 

suggests that naïve users initially build trust in the perceived performance of automation 

systems. And later develop it further based on more interactions with the technologies 

(Yamani et al., 2020). 

Moreover, it has also been identified that trust development depends on risk 

perception. And, increased perceived risk raises automation trust, especially in the 

backdrop of performance (Sato et al., 2020). Risk can be defined as “the extent to which 

there is uncertainty about whether potentially significant and/or disappointing 

outcomes of decisions will be realized” (Sitkin & Pablo, 1992). A key challenge to the 

adoption of AVs is the public trust (Kyriakidis et al., 2019; Kyriakidis et al., 2015). Trust 

in technology is a cognitive attitude that changes over time (Lee & See, 2004) and is an 

intermediate behaviour variable (Comte, 2000).  The foundation of trust refers to the 

social order that allows trust to arise, whereas performance, process, and purpose are 

purely related to technical domains of automation (Lee & See, 2004).  

2.4.2 Co-Evolution of Regulation and Technology 

A visible tendency for policy to lag behind new technological innovations is seen in 

several industries (Justo-Hanani & Dayan, 2015; Mordue et al., 2020; Saxena et al., 

2017). The policymakers need to understand the rapidly evolving technologies and 

anticipate the associated risks to foster a regulatory policy to balance and advance the 

innovation (OECD, 2011). There is always a rift between industrial and regulatory 

guidelines. “Technology symbolizes markets, enterprises, and growth, while regulation 

represents government, bureaucracy, and limits to growth” (Wiener, 2004, p. 483). The 

regulatory oversight happens due to a number of reasons. These include insufficient 

knowledge (Goldbach, 2015) and taking a long time to develop and implement complex 

politically sensitive policy (Trump, 2017). Another reason is asymmetric resource 
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availability between regulators and other stakeholders like manufacturers, engineers, 

the general public (Abbot, 2012). As AVs enter the roadways, these will be sharing the 

roads with human drivers for the near future. Regulations on AD systems need to 

balance two competing demands in addition to satisfying the public risk threshold. It 

includes protecting public safety from undue risk caused by immature AD systems 

leading to crashes and encouraging testing and innovation in this technology to produce 

safer vehicles in the future (Shladover & Nowakowski, 2019). The difference between 

the testing and deployment regulations is that the system's safety is considered 

independent of the driver’s input, and the system must carry out self-diagnostic. The 

system must ensure safety even if the driver falls asleep. 

Moreover, AVs must operate under the given (ODD) operation design domain conditions 

(limited by road type, geography, speed, weather, or lightning) by the manufacturer 

(NTSB, 2019). The recent deployment of vehicles at various autonomy levels resulting in 

occasional death, injuries, or crossing red lights illustrates the need to keep the 

regulatory process in tandem with the development of technology (NTSB, 2019). In 

Europe, The General Data Protection Regulation (GDPR) has laid down Europe’s firm 

stance on new data privacy and security laws and levy harsh fines for violators (GDPR, 

2020).  Safety is paramount for public trust and acceptance (Lee & Hess, 2020). The 

transition of AVs from testing to widespread use will cause privacy issues to be more 

pronounced. One of the research identified that; 

  “The vehicle industry has expressed concerns about the privacy 
limitations and the risks of cyber-attacks in these cooperative systems, 
particularly for the safety-critical applications involving collision 
warning and collision avoidance”(Petit & Shladover, 2015, p. 546).    

Communication with other vehicles is vital for safety. However, it can give rise to privacy 

issues, including the travel time, the activity of the user, and location (Lee & Hess, 2020). 

Safety is related to the vehicle itself and communication with the environment, including 

internet connectivity, data, and reporting (UNECE, 2018). Liability is a closely linked issue 

as it becomes necessary once safety is compromised during a collision. Global 

manufacturers use two sets of vehicle safety standards, including U.S. Federal Motor 

Vehicle Safety Standards (FMVSS) and the United Nations Economic Commission for 

Europe and the E.U.(Commission, 2019a).  
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Certification of standards differs between “type approval” countries, including the EU 

area and Australia (Canis & Lattanzio, 2014; Commission, 2019b) administering the 

certification, and self-certification countries where the manufacturers conduct the tests. 

Shladover and Nowakowski (2019) noted that safety has two dimensions. The first one 

deals with the functional safety of internal faults, and the other relates to driving 

behaviour competency to deal with external hazards in the driving environment. The 

provision of detailed data reporting for test vehicles is another facet of safety for 

collecting information on potential safety risks. With higher levels of automation in AVs, 

product liability insurance for manufacturers or comprehensive insurance for fleet 

owners may become more important than insurance for drivers or vehicle owners 

(Fabian et al., 2018).  

US has 420 AV company headquarters, and its vehicle makers are continuing 

developmental work on AVs (KPMG, 2020). In January 2020, General Motors launched 

‘Origin’ a ride-share self-driving car, and in 2019 Apple bought ‘Drive.ai.’ Uber resumed 

AV testing in San Francisco in March 2020. Ford invested US$1 billion in American AV 

start-up ‘Argo AI’, and German vehicle maker Volkswagen invested an additional US$2.6 

billion (KPMG, 2020). The federal government lays down the “national safety standards” 

in the US, and states issue licences and regulate driver behaviour (Halsey, 2018). 

National Institute for Standards and Technology (NHTSA) delineated a Vehicle 

Performance Guidance for selling, manufacturing, designing, supplying, testing, 

operating, and deploying AVs (NHSTA, 2020). California pursues functional safety plans 

for testing AVs besides self-certifying the safety requirements (DMV, 2020). The Chinese 

government made testing AVs on public roads easier with human supervisors in test 

vehicles (Shepherd, 2019, 2020). Chinese government adopts a light control-oriented 

strategy to address safety risks and seeks to create a “friendly policy environment” for 

accelerating the development of AVs (Taeihagh & Lim, 2019). The City of Shanghai has 

already issued permits to Chinese vehicle maker SAIC and ride-hailing company Didi 

Chuxing. BMW of Germany and AV start-up ‘AutoX’ announced to launch 100 Robo-taxis 

in the city (Shepherd, 2019, 2020).  

In the UK, the Department for Transport (DfT) published an AV test code of practice that 

manufacturers pursue throughout the life of AVs. It permits testing on public roads 

without any approval. UK Bill HC 143 has clarified the liability of insurance and AV 
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owners if an accident occurs. UK’s Dft, in collaboration with the Centre for the Protection 

of National Infrastructure (CPNI), created guidelines asking manufacturers to follow the 

Privacy Architecture framework outlined by ISO 29101, demonstrating a light control-

oriented strategy. UK has also launched ‘Future of Transport Urban Strategy Regulatory 

Review’ (CCAV, 2020; Dft, 2015, 2017a, 2017b). According to McCall et al. (2019), the 

Association of British Insurers (ABI) proposed several requirements for sensible 

regulation of vehicle automation from an insurer's perspective. It includes precise 

labelling AV capabilities or vehicles' geo-fencing to suitable environments and 

standardized access to telemetry data. It asks for self-certification for automation 

performance instead of pre-market approval to bring the products to market and de-

incentivize manufacturers to work around regulations. The document also suggests a 

possible shift of the compulsory insurance requirement from driver to vehicle in the long 

term. UK Government and Industry invested US$250 million establishing six test facilities 

for AVs as “TestBed UK” by Zenzic in the south-east and central England (KPMG, 2020). 

UK has also launched its review of exploring the regulatory framework for AVs besides 

having consultations regarding flexible bus services and micro-mobility vehicles such as 

electric scooters and MaaS (KPMG, 2020).  

Australia is one of the four countries, including Singapore, Finland, and the Netherland, 

with the highest score for its AV regulations (KPMG, 2020). Transport for New South 

Wales (NSW) has been testing autonomous buses since 2017. Motoring organization 

‘Royal Automobile Club’ (RAC) is offering rides in its driverless electric ‘intellibus’ on 

public roads of Busselton in Western Australia since 2019. Vehicle maker EasyMile and 

Coffs Harbour City Council commenced an on-demand service called ‘BusBot’ to a 

retirement village in 2019. It has also used AVs for mining and fully remotely controlled 

iron ore pits trucks (KPMG, 2020).  In Australia National Transport Commission (NTC) 

published non-mandatory guidelines for safe AV testing and has developed four 

regulatory options to regulate safety (NTC, 2020). The Australian state Victoria stresses 

safety management plans in the permit with high penalties of violations. Europe 

emphasizes stricter controls, and testing is typically “confined to predefined areas” 

(KPMG, 2020; Tech, 2020). Sweden enhanced its scope on AVs tests on public roads. 

Driverless electric truck built by Swedish AV start-up ‘Einride’ has allowed human 

supervisors to leave their hands off steering wheels (KPMG, 2020; Tech, 2020). 
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Singapore’s 2020 budget laid US$4.3 million to support AV testbeds and is at the top in 

policy and legislation. Volvo launched a 12-meter AV electric bus in Singapore’s Nanyang 

Technological University (KPMG, 2020). German vehicle manufacture BMW is involved 

in tests in China and testing sites in the Czech Republic and Hungary. Daimler is spending 

US$570 million on AV trucking and started testing a fully autonomous Freightliner 

Cascadia on public roads in Virginia, US. Operators are trialling autonomous buses in 

Berlin, Hamburg, Leipzig, and Deutsche Bahn national railway company (KPMG, 2020). 

The German federal strategy allows driving level 4 AVs since 2017. Germany only 

requires VDA (Verband der Automobilindustrie) for AV level 3 (Automobilindustrie, 

2015). VDA level 3 regularizes automated features used to drive the vehicle under 

limited conditions.  

Regarding data and reporting, Victoria demands real-time monitoring and recording of 

performance and location and compliance with permit requirements during the test 

(appropriate training, driver and vehicle safety assessment) (Victoria, 2018). Germany 

and California require a black box that is placed inside the vehicle and records all CAVs 

tests. California also requires a disengagement report. California and Victoria hold the 

test company liable for any untoward incident or failure in case of liability issues. Victoria 

holds the legal entity liable for any damage which is responsible for testing. The human 

safety driver, vehicle owner, or both can be held accountable in Germany. Similarly, 

Dutch Safety Board (2019) stressed the need for user-centred design to improve the AV 

design to prevent the human misuse of the system, such as tracking of driver eye 

movements so that they should not sleep. Singapore and Germany have the highest 

safety controls, and Germany has the best liability regulation.  

The research noted best safety practices around the world (Lee & Hess, 2020). First, the 

presence of a human safety driver during on-road testing and a separate license with 

additional provisions for remote monitors. Second, the safety driver and remote 

monitor should be capable enough to deactivate the system at any time. Third, a training 

program for the safety drivers and remote monitors, and a comprehensive safety 

management plan as developed by Australia. Fourth, substantial fines and penalties for 

non-compliance with safety rules. Fifth is the submission of disengagement reports in 

California, whose format should be standardized across all manufacturers. Sixth, testing 
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permit accompanied with substantial insurance. Seventh, the requirement to record the 

trials in real-time and the availability of black boxes in AVs for safety investigations.  

2.4.3 Driverless Technology in NZ Enabling Environment 

NZ's low population density, inconsistent safety infrastructure, road markings, limited 

private capital, and government funding are significant barriers to AVs' more 

comprehensive development and deployment (KPMG, 2020). However, NZ has a well-

known history as a popular testbed of emerging technologies due to its unique 

geographic isolation, tech-savvy people, population density, and similarities to American 

and European markets (Fookes, 2016). NZ supports the testing of AVs due to no explicit 

legislative requirement of the driver in the vehicle. It has a wide range of climatic and 

road conditions, availability of winter testing facilities, world-class universities, and the 

appeal of the NZ lifestyle (NZTA, 2021). AVs can lead to a step-change in road trauma 

reduction (Philp, 2020). There is likely a greater demand for electric AVs for transporting 

feed and supplies, mowing, and spraying (Petterson, 2020). 

However, it has potential in autonomous aviation, maritime areas, and the use of 

drones. It has already hosted tests of the Cora self–flying air taxi developed by Wisk, a 

US joint venture of Boeing and Kitty Hawk (Wisk, 2020). In the maritime environment, 

crewless vessels such as the ‘Sea Explorer’ glider surveying submarine is in operation, 

and automated straddle carriers are unloading ships and loading trucks on the ports of 

Auckland. The NZ and Australian governments are carrying out joint trials of a South 

Positioning Augmentation Network to become operational in 2023 (Geoscience, 2020). 

NZ transport technology Company ‘HMI technologies’ has run AV shuttle trials in 

Christchurch, Melbourne, and Sydney in the commercial domain. It has also run its first 

5G network-connected vehicle test in Auckland (Harry, 2019; HMI, 2018). The Australia 

and NZ Driverless Vehicle Initiative (ADVI), led by the Australian Road Research Board 

(ARRB), is trying to accelerate the deployment of AVs in Australia and NZ. Northland 

Transport Technology Testbed (N3T) is a trialling system that combines real-time 

weather data, sensors in the road, and Advanced Driver Assistance Systems (ADAS) in 

trucks to sense the risk of rolling and decrease speed to stop the accident. It has the 

potential to be transformed into autonomous platooning (FleetPartners, 2020). 
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The NZ Transport Authority (NZTA) exempts vehicles entering the country that does not 

comply with existing compliance standards under Section 166 of the NZ Land Transport 

Act 1998 (MOT, 2021). Moreover, the NZ Ministry of Environment looks after the climate 

impact policy (CIPA) relating to greenhouse emissions. It has a role to play in the AVs 

domain (MOT, 2021). Another advantage to AVs is the Accident Compensation 

Corporation (ACC) which prevents injury liability, and manufacturers are only liable to 

product liability (NZ, 2020a). Therefore, the present legislative arrangement fully 

supports the testing of AVs in NZ. NZ enabling environment has two likely AVs 

deployment pathways in the foreseeable future. The first is to create fleets of AVs in 

contained urban spaces. Second, the number of vehicles with autonomous features 

incrementally on NZ roads (MOT, 2021). NZ currently focuses on an amicable AV 

deployment regulatory regime comprising safety, liability, cyber security, and social and 

economic issues. New Zealand Transport Authority (NZTA) and Ministry of Transport 

have released reports relating to AVs, including ‘Intelligent Transport Systems 

Technology Action Plan 2014-18’, ‘Regulation 2025: Emerging Insights’, ‘Overview of 

Autonomous Vehicle Program’ and, the Government Policy Statement on LAND 

TRANSPORT 2021/22-2030/31. NZ authorities are revisiting critical pieces of transport 

legislation, such as the Land Transport Act 1998 and the Civil Aviation Act 1990 (Fookes, 

2016; NZ, 2020c, 2020d; NZTA, 2014, 2021). NZ is a signatory of the 1949 Convention of 

Road Traffic Art. 8(1), “every vehicle… shall have a driver” (UN, 1949), which is in 

contrast to the NZ legislation regime that does not require a driver. The NZ 

householders’ survey identified that people are cautious of technologies that ‘contradict 

autonomy and vehicle ownership.’ However, younger generations are comfortable with 

automation (Wolken et al., 2018).  

This research noted that planners in NZ are struggling to imagine the consequence of 

driverless technology disruption. The challenge for transport planning professionals is 

to articulate a coherent and cohesive framework (Gleeson et al., 2018) and the public 

policy engagement to garner people's trust in this technology. The law changes are 

needed for liability clarification in offences involving AVs, including speeding and illegal 

parking (Cameron, 2018). NZ needs to adopt US Federal Government Policy to 

encourage manufacturers to produce safety assessments of their AVs under NZ 
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conditions. Besides specific amendment is required in Land Transport Act to create a 

new liability regime  (Cameron, 2018).  

2.4.4 COVID – 19 Impact on Driverless Technology, Trust and Beyond 

The COVID-19 is not an essential component of this research study, however, a need is 

felt to draw parallels in order to realize a prudent outcomes of the study. Countries 

around the globe responded to the COVID -19 with lockdowns and cutting edge 

technology solutions with AVs and smart cities. The COVID -19 pandemic and ever 

evolving user and environmental demands for transportation could exacerbate the 

development and deployment of AVs around the globe (Thakur, 2020). Intelligent 

Transport Systems and COVID-19 safety guidelines set sights on taking out human 

presence out of the eco - system. Both pursue similar themes of keeping fewer humans 

in transportation infrastructure and vehicles, reduce people working to operate freight 

transportation supply lines, lower accidental deaths and illnesses, avoidance of mass 

movements of people in crowded public buses, rails and subways (Wiseman, 2020a, 

2020b). New York City’s subway system is considered to be main disseminators of COVID 

-19 (Harris, 2020). It has already been pointed that China’s self-driving car project

accelerated during pandemic (Shepherd, 2020). Driverless technology is believed to 

have an expanded role in addressing the movement of people and goods amidst 

pandemic requirements and its fallout would further see the crowded public transit 

relieved by on – demand, autonomous minibuses to promote social distancing and AVs 

meeting shipping demands for contactless delivery (Threlfall, 2020). Future urban 

landscape is likely to witness the advance of emerging transportation technologies like 

SkyTran for private compact carriages and platoons of private autonomous cars with 

very few people (Wiseman, 2017, 2020a). AVs has proved to be blessings in fight against 

pandemic in number of ways including transporting medical supplies and health care 

professionals, disinfecting, cleaning hospitals and public spaces and serving as night time 

security robots and creating alerts against non-wearing of masks or large gatherings. In 

China, Apollo and Neolix uses AVs to disinfect road on Shanghai Zhangjiang AI Island. 

Apollo in collaboration with iDriver Plus provided AVs to 16 hospitals. 

 Similarly Baidu released 104 AVs in 17 cities of China for anti-epidemic jobs and Baidu 

Apollo robo taxi is proving free rides to passengers across 130 sq kms of aread since 

April, 2020. Baidu Apploa has also pioneered to build Vehicle to Everything (V2X) pilot 
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zones in Chongqing’s Youngchuan district and Anhui province to test level 4 AVs. For the 

deployment of smart cities and intelligent Transportation System, Baidu Apollo released 

the Ace Transportation Engine to integrate AI with infrastructure, equipment, services 

and industry governance (Baidu, 2020). In America, AVs, sidewalk robots and shuttles 

from various companies such as  General Motors Co’s, Toyota-backed Pony.ai, Nuro, 

TuSimple, Navya etc are delivering groceries, meals and medical supplies (Jane Lanhee 

Lee, 2020). Since the onset of COVID – 19 pandemic, 62% of the US people perceive that 

self-driving vehicles are the way of future and their enthusiasm is continuously growing 

(Vigliarolo, 2020). On one hand pandemic resulted in decline of transit ridership due to 

working from home, job cuts, slowed consumer purchasing of new vehicles and halting 

of AVs production by Argo AI, Waymo, Aurora, Ford, Volkswagen, and BMW resulting 

into short term disruption of AVs deployment. On the other, this disruption created 

unlimited opportunities in longer term, where AVs can be used for responding in times 

of emergencies and uncertainties, rise in appeal of personal car ownership, potential 

advantages in logistic, deliveries, and food service industry (Boll, 2020; Sridhar, 2020). It 

has forced OEMs to propel AV technology to the next level and transit from production 

to R&D. COVID – 19 is likely to have a lasting impact on future mobility solutions. In short 

to med term, regulatory uncertainty will increase thus mostly focussing on (1) 

sustainability and increase in EVs, (2) relaxation on private mobility and emission targets 

to assist OEMS, (3) and loosening of regulatory mandates to recover ailing automotive 

market. Similarly, investment in micro-mobility and shared mobility might drop along 

with suspension of AVs testing. However, in long term, it is believed that AVs, mirco-

mobility solutions and other technologies that support physical distancing could be the 

winner (Mickinsey, 2020).  

The COVID – 19 pandemic conditions are likely to influence the public trust towards 

driverless technologies. Lee and Moray (1992) Model envisages that with an increased 

interaction with an automated system, the user is more likely to develop performance 

based trust as well as purpose based trust. Muir’s three dimensional in human 

automation theory bases its foundation on interpersonal trust (Barber, 1983; Muir & 

Moray, 1996; Rempel et al., 1985) controlled by three distinct factors: predictability 

which refers to perceived consistency in behaviour of machine, dependability which 

refers to stability of machine based on accumulation of behavioural evidence, and faith 
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refers to expectations that the machine performs beyond the current situation. Later, 

Lee and See (2004) proposed four dimensions of trust namely foundation  which means 

national and social order in which trust thrives, performance relates to what automation 

does in past and present operation, process which describes how automation operates 

within programmed algorithm and purpose which relates to the designer’s goal for 

which automation was developed (Chancey et al., 2017; Lee & Moray, 1992). Recent 

research suggests that naïve users initially develops trust on the perceived performance 

of automation system and later develop it further based on other dimensions with more 

interactions with the technologies (Yamani et al., 2020). Moreover, it has also been 

identified that trust development depends on risk perception and increased perceived 

risk raises automation trust, especially in the backdrop of performance (Sato et al., 

2020). Risk can be defined as “the extent to which there is uncertainty about whether 

potentially significant and/or disappointing outcomes of decisions will be realized” 

(Sitkin & Pablo, 1992). These model mirrors the present pandemic situation where 

general public is interacting and adopting new technology but have little knowledge 

about capabilities of the technology. Theories of human automation suggest that as 

pandemic recedes and/or is more controlled relative to uncertainties in the 

environment, the users who initially have faith in the AV technology will continue to 

trust if they gather enough behavioural evidence to maintain appropriate level of trust 

with sufficient dependability and predictability (Yamani et al., 2020) such as daily use of 

AVs being witnessed today to fight pandemic as highlighted in above paras.  COVID – 19 

is likely to accelerate the development of trust and deployment of AVs amid smart cities 

in the long term to improve safety, deliver supplies and advance new infrastructure 

besides increasing day to day commerce (Boll, 2020). The manufacturers of the 

driverless technologies need to focus on communicating system information correctly 

to retain users who may be “forced” to use unfamiliar technologies during the COVID-

19 pandemic (Yamani et al., 2020). 

2.5  Significance of Human Factors (HFs) on Automated Driving (AD) 

The transformation towards entire automated fleets is likely to take decades. The 

human will remain in the loop during this transition journey and therefore form a critical 

part of the system. With any new technological innovation, a disconnect happens 

between academic research and industrial development (Kyriakidis et al., 2019). Related 



36 

manufacturers, fleet operators, researchers, regulatory agencies, policy makers, 

insurance industries, and the users compete for overlapping interests in the system. 

These stakeholders form a link between the driver’s behaviour, the behaviour of the 

system, and the realization of overarching benefits (Fisher et al., 2020) to society. The 

HFs knowledge is central to addressing the competing interests and challenges before, 

during, and after the deployment of AVs on public roads (Kyriakidis et al., 2019). Proctor 

and Van Zandt (2017) defined HFs as “…. …the study of those variables that influence the 

efficiency with which the human performer can interact with the inanimate components 

of a system to accomplish the system goals” (p. 9). World Health Organization (2009) 

described HFs that  “…examines the relationship between human beings and the systems 

with which they interact by focusing on improving efficiency, creativity, productivity, and 

job satisfaction, on minimizing errors”(p. 100). HFs defined by the industry as: 

“…the scientific discipline concerned with the understanding of interactions among 

humans and other elements of a system, and the profession that applies theory, 

principles, data, and other methods to design and optimize human wellbeing and overall 

system performance” (Proctor & Van Zandt, 2017, p. 9) 

To understand the HFs involved in automated systems, there is a need to understand 

the system and its goal, human and associated safety risks during human-machine 

interaction (HMI) (Fisher et al., 2020). Researchers need to look into trust in automation 

and its linkages with safety, user interfaces, warning and control systems, handover 

control procedures, situation awareness, drivers mental model, training, vulnerable 

road users,  and special people needs (Fisher et al., 2020). HFs research scientists warned 

against going for automation straightaway without looking into the synergy between 

humans and automation (Fitts, 1951; Hancock, 2014). Bainbridge (1983b) explained the 

‘ironies of automation’ and pointed out that ‘the more advanced a control system is, the 

more crucial role of the human operator.’ Humans tend to be poor supervisors, and 

there is a need to investigate how humans may misuse, disuse, and abuse automation 

technology (Parasuraman & Riley, 1997). A human operator will remain in the loop up 

to level 4, and its role is still not established, and HFs knowledge is often difficult to track 

down (Fisher et al., 2020; Kyriakidis et al., 2019).  
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Several researchers concluded that HFs challenges about HMI are yet to be resolved. 

These include the impact of automation on driver’s mental model, workload and, 

situation awareness (Brookhuis et al., 2009; De Winter et al., 2014; Saffarian et al., 2012; 

Whitmore & Reed, 2015; Young et al., 2007). Also the level of acceptance (Brookhuis et 

al., 2009), reliance and trust on automated systems (Chancey et al., 2017; Coelingh, 

2013; Dzindolet et al., 2003; Lee & See, 2004), and potential changes in behaviour (Gouy 

et al., 2014). Additionally, the necessary human skills needed during manual driving 

(Vlakveld, 2015), the role of humans in emergency situations when automation fails 

(Levitan et al., 1998). As well as the clarification of supervisory control between human 

operators and automated systems (Banks & Stanton, 2016; Lu et al., 2016; Marinik et 

al., 2014). Researchers highlighted the estimation of minimum time needed for the 

operator to resume manual control when asked by an automated system (Christian et 

al., 2016; Merat et al., 2014; Zeeb et al., 2015). Few other studies explored the 

interaction between AVs and other vehicles and road users (Madigan et al., 2016; 

Martens & van den Beukel, 2013; Merat & Lee, 2012). The study of the HFs relates to all 

stakeholders. 

Manufacturers need to know about user interfaces that do not increase driver’s stress 

overload drivers, are designed for a diverse range of impairments, and bring operators 

back in the loop ASAP at higher levels of automation (Fisher et al., 2020). Driving tutors 

need to find out new ways of training AV drivers. Insurance companies need to identify 

the feature that can lower claims. Regulatory agencies must know the driver licensing 

needs for AVs and guidelines for AV OEMs. And middle and low-income countries need 

to make decisions on affordable and lifesaving user interfaces (Fisher et al., 2020). One 

of the renowned HF scientist’s excerpts is: 

“HFs research is needed; First, outline the acceptance criteria of 
human drivers regarding the AD functionalities. Second, how to define 
the individual capabilities of human drivers (e.g., situation awareness 
and reaction times). Third, to provide design solutions for AVs user 
interfaces. Finally, to explore the interaction between AVs and other 
road users” Dr. Klaus Bengler interview excerpt from Kyriakidis et al. 
(2019). 

Another HF scientist outlined additional research topics as under: 
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“An additional research is required: (1) to define how human drivers 
should be informed in case of a system failure, (2) depending on the 
type of failure, what the human driver is able and allowed to do, (3) to 
optimise the safe interaction of the new technology with human 
drivers, and (4) to ensure public acceptance and trust in AVs” Dr. Karel 
Brookhuis interview excerpt  (Kyriakidis et al., 2019) 

2.5.1  Levels of Automation and Active Safety Systems 

In line with the categorized vehicle-centric taxonomy, the automation levels at which 

vehicle operates depends on three critical factors. First, it relates to either one, both, or 

neither lateral (automatic steering) and longitudinal (ACC) features. Second, the role of 

the driver (should monitor or need not monitor the roadway), and third, the time 

available to the driver to resume control (immediate to never) (Fisher et al., 2020; SAE, 

2021). Earlier, a 4-level of vehicle automation taxonomy was formulated by the National 

Highway Traffic Safety Administration (NHTSA) in 2013 (Wadud et al., 2016), and 5-level 

automation was developed by the Society of Automotive Engineers International (SAE) 

in 2014 and 2016 (Coppola & Morisio, 2016; Faisal et al., 2019). In 2016, NHTSA adopted 

SAE’s taxonomy and automation levels (NHSTA, 2020).  

The Operational Design Domain (ODD) concept is significant to an automated driving 

system (ADS; SAE Levels 3 or higher). It describes the “operating conditions under which 

a given driving automation system is designed to function; including, but not limited to, 

environmental, geographical, and time of day restrictions, and/or the requisite presence 

or absence of certain traffic or roadway characteristics” (SAE, 2021). According to SAE 

J3016 (SAE, 2021), an ADS is “The hardware and software that are collectively capable 

of performing the entire Dynamic Driving Tasks (DDT) on a sustained basis, regardless of 

whether it is limited to a specific ODD.” ADS relate to level 3-5, and the Driving 

Automation System (DAS) refers to any level that performs part or all of the dynamic 

driving task on a sustained basis. The DDT consists of “all of the real-time operational or 

tactical functions required to operate a vehicle, excluding the strategic functions such 

as trip scheduling and selection of destinations and waypoints” (Wintersberger, 2020).  

At the lower levels (Levels 1 -2), Driver Support Features (DSFs) carries out the portion 

of driving jobs, controlling longitudinal or lateral control (Level 1) or both (Level 2), with 

the human having to monitor or intervene as required. It includes Lane centring and 

Adaptive Cruise Control (ACC). In Level 3, the ADS does the entire driving tasks within 
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the defined ODD, whereas human input is required to take over the control when 

requested by the system. In Levels 4 and 5, the ADS carries out full vehicle control. For 

Level 4, it is conditional and relates to a particular ODD, whereas for level 5, it is 

unconditional and human input is not required. However, achieving this level is not likely 

in the near foreseeable future (Fisher et al., 2020). Ideally, in a highway system, an ADS 

can “see” several seconds ahead of time, which may be in the order of 300m (Waymo, 

2017). These automation levels identify the various degrees of human versus machine 

controls and do not address implementation aspects. A specific vehicle can operate at 

different levels of automation depending on enabling environment and the task. A 

robust ADS design is quintessential against system failure resulting from any software 

or hardware failure. However, since it is difficult to arrive at a 100 percent fail safe 

system yet. Hence fallback position is required. At lower levels (0-3), it is the human 

driver, whereas at higher levels 4 and 5, the system itself is the fallback and must detect 

the problem “Safe Stop” Minimal Risk Condition (MRC) (NHSTA, 2020). It applies to the 

situations when ADS leaves its ODD and requires either pulling out of the traffic stream 

and parking at a safe place or stopping in the lane with flashers on. Table 2.2 lays down 

the operational functions of the automated driving system (ADS) and the role of humans 

at each level of vehicle automation.
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Table 2.2 

SAE Levels 

Categories Level of 
Automation 

Names/ 
definitions 

Role of Human Driver Role of  ADS Fall back of 
DDT 

Driver 
Support 
Functions 
(DSF) 

Manual control Active Monitoring Operational functions 

0 No  AS 
No ACC 

Both steering / 

accelerating

Yes N/A 

1 (Driver 
Assistance) 

AS/LCA or 
ACC but not 
both 

Steering or accelerating 

but not both

Yes (most functions are 
controlled by the driver) 

Lateral and Longitudinal 
control 

Yes, Limited 
Warning 

2 (Partial 
automation) 

Both AS/LCA 
or ACC 
engaged, PA  

Hands off Yes (at least one driver 
assistance system is 
automated)  

Lateral and Longitudinal 
control 

Yes, Limited 
Warning 

Automated 
Driving 
System 
(ADS) 
Features 

3 
(Conditional 
Automation) 

AS and ACC Eyes off No (driver can shift 
safety-critical functions 
to vehicle) 

Lateral and Longitudinal 
control, Localisation, 
Perception, Planning, 
Management 

Yes, several 
seconds of 
warning 

4 (High 
Automation) 

AS and ACC Attention off No (fully autonomous, 
but not in every driving 
scenario) 

Lateral and Longitudinal 
control, Localisation, 
Perception, Planning, 
Management 

Yes, minutes 
of warning 

5 (Full 
Automation) 

AS and ACC 
Passenger 

No (fully autonomous, 
vehicle’s performance is 
equal to a human driver in 
every driving scenario) 

Lateral and Longitudinal 
control, Localisation, 
Perception, Planning, 
Management 

No 

Note: AS: automatic steering; ACC: adaptive cruise control; LCA: Lane Control Assistant; PA: Parking Assistant. Taxonomy of road vehicle automation derived from SAE. 

2018. 
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2.5.2 Critical Insights into Level of Automation (LoA) 

LoA significantly impacts driver situation awareness (SA) and level of engagement and 

provides increased safety and reduced human error. At the same time, it has substantial 

human factor challenges associated with driver’s negative adaptation due to 

misunderstanding, misuse, and overreliance on system or distraction from the driving 

tasks (Blanco et al., 2015; Lee et al., 2021; Rau et al., 2014). Moreover, automation might 

negatively impact the driver’s ability to perceive critical factors or system failures due to 

passive monitoring, decreased information processing abilities, workload level, and 

willingness to engage in non-driving tasks.  

Though the SAE taxonomy of LoA is relatively well defined, however, more deliberations 

are needed in the context of driver’s situation awareness (environmental monitoring), 

handover situations, and legal liability in case of a crash from level 2 to level 4 (McCall 

et al., 2016b; Wintersberger, 2020). Situational Awareness (SA) is a “perception of the 

elements in the environment within a volume of time and space, the comprehension of 

their meaning and the projection of their status in the near future” (M. R. Endsley, 1995; 

Endsley, 2016). Underlying research paradigms need to be explored and matured during 

the emergency instances where the driver is likely to be legally liable for possessing 

adequate SA. Still, he may not be fully aware and respond appropriately to being 

involved in other tasks. At level 3 and above, the system is responsible for environmental 

monitoring in autonomous mode; however, there is confusion in being situationally 

aware between levels 3 and 4. At level 3, the drivers need to resume control after a 

certain amount of undefined time. However, they don’t need to monitor or intervene 

while being receptive to various alerts actively. At level 4, standard and fallback 

performance do not require necessary involvement of humans and are limited to 

specific ODDs. At level 5, ODD is unrestricted. At higher levels, the most critical point is 

the control transition stage once control is handed back to the driver from ADS, 

handback or takeover situations. 

Resultantly, the legal responsibility in case of an accident would fall on the driver or the 

system. Few experts believe that to counter this ambiguity, especially at level 3, the 

responsibility needs to change concerning the handover timeline. This requires a further 

breakdown of taxonomy levels by explicitly looking at the taxonomic categorization for 

a split of liability between the vehicle driver and the autonomous system (McCall et al., 
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2019). Earlier researchers identified many factors to improve driver’s SA and related 

taxonomies. These include focussing on driver skills for safe transitions, design of vehicle 

interfaces, taxonomy based on handover situations, and assigning liability for an 

incident during handover and impact on SAE levels (Flemisch et al., 2012; McCall et al., 

2016a; McCall et al., 2019; Nilsson et al., 2014; Parasuraman et al., 2000). Parasuraman 

et al. (2000, 2008) elaborated on ten levels of computer automation. They identified 

that automation needs to be categorized by the different phases of the control loop 

where automation supports the operator and the degree of human intervention. They 

observed acquisition, analysis, decision, and action automation, highlighting various 

examples from the aviation sector. Researchers further highlighted that 

 “mental workload, situational awareness, complacency (over trust), 
and skill degradation” are critical human factor challenges when the 
human operator is ever expected under abnormal conditions to take 
over control and “the burden of proof should then be on the designer” 
(Parasuraman et al., 2000, pp. 289,292). 

Generally, cases liabilities may not be assigned to OEM unless there is a fault in the 

autonomous system. Consequently, this liability trend makes owning AV rather 

unattractive. It is evident that with the increasing levels of autonomy, the issues of 

liabilities become blurred. Therefore, there is a need to link responsibility more closely 

to autonomy levels and explore alternative insurance models, including the no-fault 

approach (McCall et al., 2019). 

2.5.3  Driver and Environment 

Research points toward looking at parallels between the driver and its environment and 

the aviation industry for valuable insights and analysis. The flight management system 

(FMS) in aviation is based on multiple controls sub-systems at the strategic, tactical, and 

operational levels. It automates the overall flight path providing input to the autopilot 

(Wintersberger, 2020). Pilots perform “automation monitoring” using instrument flight 

rules (IFR) in contrast to “environment monitoring” by drivers using a driving automation 

system. However, there is more significant variability in driver and vehicle environment 

(Young et al., 2007). Driving automation systems automate all phases (i.e., action 

automation) without informing the driver how and why certain decisions are 

implemented. Whereas the aviation system automates specific phases like decision 
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automation and demand agreement for error trapping. The driving automation operates 

across all phases based on agreements between operators and systems (flight 

controllers and pilots). In driving, it suits well when drivers have insufficient reaction 

time (such as for autonomous emergency break AEB), but otherwise pose greater 

challenges in high-risk environments (Parasuraman et al., 2000; Wintersberger, 2020). 

Figure 2.7 provides a comparison of different phases in aviation and driving.  

Figure 2.7 

Different Types of Automation in Different Phases of Processing Loop – Aviation vs Driving 

 Note: Different types of automation in the different phases of the processing loop adopted from a model 

for types and levels of human interaction with automation by Parasuraman, R., Sheridan, T. B., & Wickens, 

C. D. 30(3), p 286-297. 2000. Copyright IEEE Transactions on systems, man, and cybernetics-Part A:

Systems and Humans. 

The driving environment has shorter time frames and is more complex than aviation as 

split-second decisions are needed. Roads are narrower and flooded with other road 

users nearby. There is usually ample space in the air to conduct manoeuvres (Feldhütter 

et al., 2016). Pilots undergo extensive training and licensing process besides knowing 

fundamental principles of the system, while drivers are not necessarily domain experts 

and lack system experience (Trösterer et al., 2017). 
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2.5.4 Situation Awareness 

Situation awareness (SA) serves as a lynchpin in assimilating complex drivers and 

vehicles' complex environments in terms of complicated traffic, bad lightning and 

visibility, sudden movement of people, and other road users in front. Therefore, it is 

quintessential to understand and timely respond to events (McCall et al., 2019). Lack of 

SA is a cause of most of the driving errors (Gugerty, 1997). M. R. Endsley (1995) 

demonstrated that out of loop (OOTL) problem occurs due to the loss of SA when 

overseeing automation. Low SA happens due to three primary mechanisms. First, the 

changes in the information presented are due to interface related failures and a low 

level of transparency. Second, the lack of monitoring and vigilance, and overtrust 

exacerbated by complacency and over-reliance on automation. And third, the operator 

lower-level engagement when acting as a passive monitor of automation (Endsley, 

2017). These primary mechanisms create a fundamental ‘automation conundrum,’ a 

barrier to autonomy in critical safety functions. Lack of SA and over-reliance contributed 

to the May 2016 Tesla crash when AV did not correctly identify the truck (NTSB, 2016).  

In earlier researchers, Matthews et al. (2001) identified different aspects of SA. These 

comprise Spatial Awareness: location relative to the environment, e.g., lateral position 

on the road; Identity awareness: knowledge of salient items; Temporal Awareness: how 

the situation is likely to change over time; Goal Awareness: how completing a goal 

becomes possible or not possible and, System Awareness: awareness of the current 

system status.  

Endsley (1988) laid down different levels of SA, including perception, comprehension, 

and projection. The perception (Level 1 SA) relates to the driver’s ability to receive input 

from internal and external environments. The comprehension (Level 2 SA) means how 

the operator realizes the current information from the surroundings and the projection 

(Level 3 SA), which is the near future estimation of change in the current situation. The 

reasons for over 40% of driver-related crashes occur due to poor perception related to 

inadequate surveillance, inattention, and internal and external distractions. In contrast, 

misjudgement of gap or others’ speed and false assumption of others’ actions accounts 

for 3.2%  and 4.5% due to lack of comprehension and projection (Fisher et al., 2020). A 

significant factor in SA application is a clear demarcation of Level 1, 2, and 3 SA 

requirements through a goal-directed task analysis (GDTA). GDTA describes the goals for 
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a given operational role in the domain (e.g., driver, pedestrian, and mechanic). The 

critical decisions associated with each goal and the SA requirements needed to make 

each decision (Fisher et al., 2020; Kokar & Endsley, 2012). Endsley’s (1995) cognitive 

model of SA can be used to know the factors impacting driver SA in the dynamic road 

environment (see Figure 2.8 below). SA helps the drivers to find out the intentions and 

the correct information about the system rather than training users on what to do in 

specific scenarios  (Parasuraman et al., 2008). The system must provide the right 

information by giving correct feedback at the right time using contextual information 

and system information besides helping the driver integrate, assimilate, and know the 

future implications of the current context.   

Figure 2.8 

Model of SA in dynamic decision–making 

Note: SA Cognitive Model from Situation awareness and cognitive modelling by Endsley, M. R.  27(3), p 

91-96. 1995. Copyright IEEE Intelligent Systems. Key cognitive processes including driver attention,

working memory, and goal-directed and data-driven approaches in complex driving environments are 

given at the bottom of the figure.   

2.5.5 Distributed Situational Awareness 

A holistic understanding of AV systems calls for going beyond the SA needs of human 

road users towards the SA needs of AVs. AVs need to share SA with human agents as 
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well as non – human agents such as AVs, infrastructure, and overall transportation 

system. Stanton et al. (2006, p. 1291) defined the DSA model as “activated knowledge 

for a specific task within a system and the use of appropriate knowledge held by 

individuals and captured by devices that relates to the state of the environment and 

changes as the situation develops” (Figure 2.9). 

 Figure 2.9 

A framework for DSA based design 

 

Note: A framework for DSA based design from Distributed situation awareness in road transport: theory, 

measurement, and application to intersection design by Salmon, P. M., Read, G. J. M., Walker, G. H., 

Lenné, M. G., & Stanton, N. A. 2018. Copyright Routledge. 

A failure to consider DSA needs through the design life cycle will lead to an unsafe and 

congested road transport system. Earlier studies either focussed on driving simulators 

or paid attention to isolated events of automation failure or handover control while 

testing the safety risks of automation. These studies neglected key areas in HMI, such as 

the interaction of AVs with vulnerable road users and with other AVs designed by 

different manufacturers with differing algorithms (Fisher et al., 2020). In a recent Uber 

– Volvo collision, the SA needs of the AV and the driver and other road users require 

further deliberations where AV should provide an adequate alert to the driver regarding 

pedestrian detection (Stanton et al., 2019). Salmon et al. (2016) recently developed a 

complex control structure model in Queensland, Australia, which describes all the 

agents involved in road transportation up to government and agencies. Similarly, other 

authors observed the use of Cognitive Works Analysis (CWA) (Vicente, 1999) to find out 
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essential design requirements, the Socio-Technical System (STS) theory (Read et al., 

2017), and STS Design Toolkit to formulate new designs.   

2.5.6 Driver’s Mental Model 

System behaviour is predicted by the accuracy and completeness of the operator’s 

mental model, which shapes up from various driving experiences and the effectiveness 

of the system interfaces. Toffler (1970) stated that “every person carries within his head 

a mental model of the world – a subjective representation of external reality.” This 

notion of the mental model was first believed by Craik, who observed that “a brain could 

translate an external process into a model of the world, which is a small-scale model of 

external reality and its possible actions within the head”(Craik, 1943). Later Norman 

highlighted that “people form internal mental models of themselves and the things with 

which they interact with the environment, with others, and with the artefacts of 

technology that can provide predictive and explanatory power for understanding the 

interaction”(Norman, 1983).  

It has been argued that a mental model is an operator’s knowledge about the 

system, its purpose, form, function, and structure (Johnson-Laird, 2013; Rouse & Morris, 

1986). Research on mental models can be divided into two branches; the first focuses 

on internal mental processes and cognitive phenomena within psychology based on 

comprehension, reasoning, and deduction. And the other supports interactions 

between people and the external world, i.e., HMI, which stepped out from psychology 

and applied mental models (Xie et al., 2017). Norman (1988) stressed the need to bridge 

the gap between designers' and users’ mental while using technological products. 

Decrease in situational awareness results in mode confusion (Cunningham & Regan, 

2015). Mode confusion is described as a ‘mismatch between the actual operations of AV 

and as perceived by driver’s mental model’ (Ekman et al., 2018). Generally, research in 

this domain mainly focuses on the role of mental models in using computers and 

appliances (Shih & Alessi, 1993) and learning and training (Revell & Stanton, 2014; 

Tollman & Benson, 2000). As mental models reside in the head, these cannot be 

detected directly as they pose challenges of incompleteness, vague boundaries, 

instability over time, and superstitions (Norman, 1988). Therefore, they need to be 

inferred indirectly. Within HCI, the researchers use techniques of verbalization through 

interviews, think aloud and laddering, rating, drawing sketches, and card sorting for 
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figuring out individual and shared mental models (Payne, 2007; Rieh et al., 2010; Rowe 

& Cooke, 1995; Zhang, 2012). Presently, drivers get help from vehicle automation. 

However, they still need to monitor automated systems and traffic environments to 

carry out object/event detection and response (OEDR), act as fallback agents, and fulfil 

all non-automated functions (Lee, 2018; SAE, 2021). To share safe driving goals in sync 

with automation, drivers need to supervise automation in any dynamic, uncertain 

situation through information integration, analysis, system expertise, continuous 

attention, and analytical decision-making using manual skills (Bhana, 2010; Casner et al., 

2014). Accurate, well developed mental models are quintessential for successful HMI; 

otherwise, they lead to misunderstandings and inappropriate use (Fisher et al., 2020) 

and negatively affect trust and acceptance (Lee & See, 2004).  

Mental models are associated with two types of knowledge. Declaratory 

knowledge based on acquired education is referred to as General Mental Model. And 

the procedural knowledge gained by the practice is known as Applied Mental Model 

(Rumelhart & Norman, 1981; Shiffrin & Schneider, 1977). The general mental model is 

the initial mental model of the driver before using an automated system constructed 

through a variety of measures such as owner’s manual, word of mouth, marketing, and 

perceptions (Cotter et al., 2008; Fisher et al., 2020). A correct general model is essential 

for constructing the applied mental model to assist the driver successfully in vehicle 

automation use behaviour in the short and long term and reliance decisions (Seppelt & 

Lee, 2007). A calibrated trust depends on correct information supplied to the driver on 

the system purpose, process, and performance (PPP) (Lee & See, 2004). To measure and 

quantify user mental model, Beggiato and Krems (2013) developed a 32 item 

questionnaire on ACC functionality in specific PPP situations. Seppelt (2009) made a 16 

item questionnaire to determine users' knowledge of the designer’s intended use. 

Recently updated research on these mental models suggests that training drivers 

understand in situ vehicle limitations and capabilities during dynamic HMI phenomena, 

provide routine training, and assist in adapting intelligent tutoring systems (Fisher et al., 

2020; Seppelt & Lee, 2019). Figure 2.10 illustrates the driver conceptual mental model. 
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Figure 2.10 

Conceptual model of a driver’s mental model on automation reliance. 

Note: Conceptual model of the influence of a driver’s mental model on automation reliance from 

Handbook of human factors for automated, connected, and intelligent vehicles by Fisher, D. L., Horrey, W. 

J., Lee, J. D., & Regan, M. A. 2020. Copyright CRC Press 

Endsley (2017) described the relationship between factors contributing to the 

‘automation conundrum’ in the shape of a model of human-autonomy system oversight 

(HASO). The operator must have sufficient SA, time, and resources to assess the critical 

situation and intervene accordingly. The increase in automation reliability (ability to 

function accurately) and robustness (ability to perform under various possible 

conditions) decreases driver attention allocation. The model displays that with improved 

automation performance, reliability and robustness, there will be an increase in driver’s 

trust and the likelihood of ignoring automation performance. An effective interface 

design significantly improves SA of automation and levels in automation (Endsley, 2016). 

On the other hand, automation can negatively influence SA by increasing system 

complexity and inaccurate mental models due to various features, tasks and, driver 

workload. The model (Figure 2.11 below) presents the fundamental system design 

features that influence the driver cognitive process, such as SA, Mental Model, and 

workload involved in successful collaboration with automated systems. 
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Figure 2.11 

Human – Autonomy System Oversight (HASO) Model 

 

Note: The HASO Model presents the fundamental automation design features that influence the human 

cognitive abilities interacting with successful oversight and intervention. From Here to autonomy: lessons 

learned from human-automation research by Endsley, M. R. 59(1), p 5-27. 2017. Copyright Human factors 

Journal.  

2.5.7 Significance of Driver’s Training  

Training is defined as the “systematic acquisition of knowledge, skills, and attitudes that 

together lead to improved performance in a specific environment”(Grossman & Salas, 

2011). Nowadays, there is a proliferation of Advanced Driver Assistance Systems (ADAS) 

in new vehicles. However, drivers often misunderstand their capabilities and limitation 

(Larsson, 2012; McDonald et al., 2018; McDonald et al., 2017; Rudin-Brown & Parker, 

2004). Designers of AV systems want to convey the conceptual image of their product 

to the users, which, if not portrayed correctly, leads to wrong interpretation (Norman, 

2013). The users' mental model often differs significantly from the designer’s intentions 

due to varying reasons, leading to users' errors. Hence the perceived benefits of these 

technologies cannot be realized (Jonassen, 1995; Parasuraman & Riley, 1997). Mental 

models can be formed and structured carefully through training so that drivers are fully 

cognizant of their roles and responsibilities while operating AVs (Wickens et al., 2015). 
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It has also been observed that drivers generally do not read or rarely translate the 

owner’s manual accurately. On the other end of the spectrum, manufactures may also 

try to avoid potential legal claims by requiring consumers to undergo extensive training 

regarding hazards and limitations of the system. Training must be designed to improve 

safety, create an appropriate level of trust, and increase user acceptance of the benefits 

of technology (Fisher et al., 2020). Practical evaluation of driver support features like an 

autonomous emergency brake (AEB), blind-spot monitoring (BSM), forward collision 

warning (FCW), lane departure warning (LDW), and lane-keeping assistance (LKA) 

coupled with feedback is critical to the success of drivers’ training.  

The construct of trust, defined as “the attitude that an agent will help achieve an 

individual’s goals in a situation characterized by uncertainty and vulnerability” (Lee & 

See, 2004), s complicated and multi-faceted. Drivers’ inappropriate trust and knowledge 

in vehicle automation, its limitations and operation design domain (ODD) and over trust 

(automation bias) due to complacency leads to misuse of disuse of the AV systems 

(Fisher et al., 2020; Mosier et al., 1998). The training documents should cover topics of 

AV system’s intent, ODD, system capabilities and limitations, HMI, 

engagement/disengagement methods, risk of misuse, emergency fallback scenarios, 

and operational boundary responsibilities. These topics must scaffold with hands on 

experience program for users to ensure that they are fully aware of the system (AAMVA, 

2018; US DOT, 2016). A study observed that complete understanding of adaptive cruise 

control (ACC) function took a different length of time (Pereira et al., 2015). In another 

study survey, 130 ACC users indicated that drivers need special attention to situations 

they usually do not pay attention to during conventional driving (Larsson, 2012). 

Abraham et al. (2017) highlighted various methods for learning vehicle technologies, 

including trial and error, vehicle owner’s manual, demonstration, web-based content, 

embedded training, and feedback (Fisher et al., 2020). 

2.5.8 Anthropomorphism 

Anthropomorphism has been regarded as a design feature to increase trust in highly 

automated vehicles (HAVs) (Hoff & Bashir, 2015; Waytz et al., 2014). The word is a 

combination of Greek words “Anthropos” for man, and “morphe” for form and is 

defined by Duffy (2003, p. 180) as: 
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“...the tendency to attribute human characteristics to inanimate 
objects, animals and others to help us rationalise their actions. It is 
attributing cognitive or emotional states to something based on 
observation to rationalise an entity’s behaviour in a given social 
environment”. 

This definition is supported by Zhang et al. (2008) in the HMI perspective as “...physical 

characteristics, like human shape and size, as well as perceivable behaviours and 

mannerisms”. Waytz et al. (2014) observed that anthropomorphic features employed in 

vehicle–driver communication such as name, gender, and voice increase trust in a 

vehicle to perform reliably. Other studies also reported increased trust to control 

conditions using a humanoid robot as co-drivers (Kraus et al., 2016; Lee, Kim, et al., 

2015). However, most studies to investigate this phenomenon are simulator based 

(Häuslschmid et al., 2017a). Epley et al. (2007) three-factor theory explains why humans 

perceive non-human agents as human-like? It is due to elicited knowledge, effectance 

motivation, and sociality motivation.  

The basic assumption is that humans tend to interact with technology similarly as they 

interact with humans (Fong et al., 2003). DiSalvo and Gemperle (2003) highlighted four 

reasons for using anthropomorphism in the HMI design process, namely; (1) keep things 

the same, (2) explain the unknown, (3) reflect product attributes, (4) and project human 

values. For example, the BMW Vision Next 100 uses a small sculpture to depict the 

intelligence of the system “ The Companion” at the centre of the dashboard (Aremyr & 

Jönsson, 2017). Lee, Gu, et al. (2015) investigated four conditions representing varying 

levels of anthropomorphism. They concluded that agents with a high level of 

anthropomorphism and a low level of automation are likely to generate more feelings 

of trust and perceived safety, leading to more feelings of trust in positive users’ 

perceptions of the system. The Summary of the key AD barriers in the HFs domain (as 

discussed above) is given in Table 2.3, and their linkages with users’ acceptance are 

illustrated in Figure 2.12 below. 
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Table 2.3 

Key Enablers & Barriers AD – Human Factors (HFs) Domain (Internal Determinants) 

Barriers/Enablers Description Likely Impacts Intervention 
Aspects 

Key studies References Survey Constructs 
References 

Situation 
Awareness / 
Vehicle Feedback 
(SA) 
Human Ability 
based 

The SA is the ‘perception 
of the elements in the 
environment within a 
volume of time and 
space, the 
comprehension of their 
meaning, and the 
projection of their status 
in the near future. 

Feedback, Out of loop 
problem (OOTL), 
Automation conundrum, 
Interaction with other 
road users and vehicles 
Trust and User 
Acceptance 

Perception, 
Comprehension, 
Projection 

Endsley SA Cognitive 
Model, Stanton DSA 
Model, Salmon 
Complex Control 
Model, Vicente 
Cognitive Works 
Analysis  

M. R. Endsley (1995)
Stanton et al. (2006)
Salmon et al. (2018)
Vicente (1999)
Fisher et al. (2020)
Ekman (2020b);
Endsley (1988)
Rest Refer para 2.5.3

Filip et al. (2016)

Driver Mental 
Model (MM) 

To rightly use the system, 
the user mind needs to 
figure out the system 
functions and 
competencies for 
assimilation. 

Comprehension, 
Reasoning and Deduction 
HMI, Trust and User 
Acceptance, SA 

General Mental 
Model, Applied 
Mental Model 

Role of MM in 
computers, Role of 
MM in training, 
Norman, Craik and 
Seppelt studies, 
Endsley HASO Model 

Craik (1943) 
Toffler (1970) 
Norman (1983) 
Endsley (2017) 
Fisher et al. (2020) 
Seppelt and Victor 
(2020),Rest Refer para 
2.5.4 

Driver Training (TR) 
Human Expertise 
Ability based 

To improve the user’s 
knowledge, system 
training is conducted 
before and after the first 
usage. 

ADAS knowhow, Driver 
MM, Safety, Trust, SA 
and feedback, User 
Acceptance 

AVs System intent 
ODD, System 
capabilities and 
Limitations 

US DOT, Pereira and 
other studies referred 
above in para 2.5.5 

US DOT (2016) 
Pereira et al. (2015) 
Abraham et al. (2017) 
Fisher et al. (2020) 
Larsson (2012) 
Rest Refer para 2.5.5 

Adopted from driving 
behaviour questionnaire 
DBQ and driving skill 
inventory DSI  
Hancock et al. (2020); 
Reason et al. (1990) 
Lajunen and Summala 
(1995),Spolander (1983)

Anthropomorphism 
(AnT)  
Robot Attribute-
based 

A system that acts more 
like a human in terms of 
voice, gender and name. 

Safety, Comfort, Trust, 
User Acceptance 

Elicited Agent 
Knowledge, 
Effectance 
Motivation, Sociality 
Motivation 

Epley three-factor 
theory, Kraus, Lee, 
Kim, DiSalvo and 
other studies referred 
above in para 2.5.6 

Duffy (2003), Hoff and 
Bashir (2015) 
Epley et al. (2007) 
Aremyr et al. (2018) 
Waytz et al. (2014) 

Adopted from Aremyr 
and Jönsson (2017), 
Bartneck et al. (2009) 
With relation to Trust 
Helldin et al. (2013)



54 
Figure 2.12 

Autonomous Driving Adoption – (Internal Determinants) 
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2.6 Perceived Benefits and Critical Barriers 

The integration of the Cyber Physical Systems (CPS) with the Fourth Industrial Revolution 

(FIR) relates to the application of Autonomous Driving (AD) and Connected Autonomous 

and Intelligent Vehicles (CAIVs), giving rise to the new mobility concepts (Bezai et al., 

2021; Pieroni et al., 2018). These innovations will radically change the transportation 

infrastructure and profoundly impact future planning, realizing numerous potential 

benefits. Since AVs will form a core component of the future transportation system, 

there is a requirement to identify the essential influencing factors for the successful 

adoption of AVs (Alawadhi et al., 2020). These significant factors are shaped by the AVs 

implementation enablers comprising perceived benefits and critical barriers in their 

smooth proliferation. Moreover, these enablers mainly stem from end-users psycho-

social behaviours and how AVs' adoption will be influenced by public opinion (Yuen, 

Wong, et al., 2020) and government actions (Bezai et al., 2021). 

2.6.1 AVs Perceived Benefits 

AVs will increase safety and comfort, reduce congestion, fuel consumption, pollution, 

and facilitate mobility accessibility to disable, underage and older people (Hing, 2019; 

Litman, 2020). Moreover, self-driving is likely to decrease the number of accidents and 

crashes (D. J. Fagnant & K. Kockelman, 2015). Several scholars discussed the potential 

benefits of adopting AVs, summarized in Table 2.4 below. 

Table 2.4 

Perceived AVs’ Benefits found in Literature 

Anticipated Benefits Studies References 

Economic and Social Bechtsis et al. (2018); Litman (2020), Bichiou and 
Rakha (2019) 

Increased Safety and road capacity, 
reduced congestion, parking cost and 
energy consumptions, shared mobility 

Bezai et al. (2020); Bezai et al. (2021), Litman 
(2020),Singh and Saini (2021), Bagloee et al. 
(2016); D. J. Fagnant and K. Kockelman (2015); 
Hing (2019); Joiner (2018); Lohmann (2015) 

Control of Traffic Flow, Efficient Road 
Transport, Increase Tourism 

Alfonso et al. (2018); Cohen and Hopkins (2019); B. 
Liu et al. (2019) 

Innovative freight delivery  Alessandrini et al. (2015) 
Entertainment, attractiveness Panagiotopoulos and Dimitrakopoulos (2018) 
Increase in Travel speed, offer 
mobility who are unable to drive 

Alessandrini et al. (2015); Kröger et al. (2019) 
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AVs are the harbinger of a substantial transition to societies and cities since internet 

emergence (Bezai et al., 2021). Adopting AVs is likely to reduce or eliminate these crash 

errors while outperforming human operators in perception, execution, and decision 

making (J. Wang et al., 2020). Earlier studies identified that there would be a one-third 

reduction in crashes if all vehicles employ adaptive headlights, land departure, and 

forward-collision warnings, and blind-spot assistance (Bagloee et al., 2016; Jermakian, 

2011). AVs are likely to serve as private and commercial vehicles (Faisal et al., 2019). 

Private AVs can offer flexibility in use, whereas commercial AVs could be operated as a 

bus, shuttle, tram, taxi, and freight services or as a shared AV due to the advantage of 

multitasking and relatively inexpensive (Fagnant & Kockelman, 2014; Krueger et al., 

2016; Milakis et al., 2017). 

 AVs proffer environmental benefits to encourage fuel and energy efficiency and the 

organization of traffic flow (Lohmann, 2015). Nowadays, the limited and costly land 

supplies in the city centres of most large cities, such as Auckland, have raised significant 

challenges for the environment and economics. Petrillo et al. (2018) stressed the need 

to improve road capacity and traffic congestion mitigation. AVs are considered as a 

potential solution (Fox-Penner et al., 2018). Meyer et al. (2017) demonstrated that AVs 

are expected to offer a higher comfort of travelling at lower prices and, at the same 

time, increase road capacity. In their results, increases in road capacity result from 

shorter reaction times of AVs compared to humans. Ye and Yamamoto (2019) also 

supported this point. They analysed optimal solutions to accommodate AVs in terms of 

managed lanes and attempts to formulate the road capacity of the mixed traffic. Kröger 

et al. (2019) evaluated the impact of the potential changes of road capacity due to 

automation in sensitivity analyses. In their results, AVs would be able to take advantage 

of eco-driving principles throughout a journey, reducing fuel consumption by 20% and 

reducing GHG emissions of GHGs to a similar extent (Igliński & Babiak, 2017).  

Levin and Rey (2017) highlighted that when vehicles know their reservation in advance, 

they can adjust their speed to reach the intersection at the appropriate time. This speed 

adjustment reduces fuel consumption and avoids start-up loss times. D. J. Fagnant and 

K. M. Kockelman (2015) indicated that motorway delays would be decreased by 60% 

and fuel consumption by 25%. This would result in 8%-23% (Tsugawa & Kato, 2010) and 

an 8%-16% reduction in a Japanese and a European case separately (Igliński & Babiak, 
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2017). The result was also confirmed by Ross and Guhathakurta (2017), where an 8.9% 

reduction was estimated in fuel consumption.  

Moreover, other strategies such as Variable Speed Limit (VSL), which reduced fuel 

consumption by 16%, help reduce fuel consumption by preventing excessive stops at 

signalized intersections. This benefit was also found to be consistent with Marchau et 

al. (2019). Besides, a cooperative vehicle intersection control (CVIC) algorithm presented 

a 44% reduction in fuel consumption (Chang & Edara, 2018). In the light of the above 

studies, it is suggested that the adoption of AVs are expected to improve road capacity 

while reducing fuel consumption and emissions. In another online survey of 1533 

participants from the US, UK, and Australia, it was found that people perceive AVs would 

bring better fuel economy (72%), fewer accidents (70.4%), and decrease the severity of 

crashes(71.7%) (Schoettle & Sivak, 2014a). Furthermore, Cunningham et al. (2019) 

found out from 6133 survey respondents of Australia and NZ that people believe AVs 

will enhance mobility for people with driving impairments (76.7%). Still, they did not 

fully endorse the benefits of improved safety and better fuel economy. Analytical 

findings from 16 articles observed AVs potentials in the realization of benefits in (1) 

safety, (2) reliability, (3) flexibility, (4) comfort, (5) contribution to traffic optimization, 

(6) integrated transport use, (7) sustainability, and (8) cost savings (Starkey & Charlton,

2020). 

Chen et al. (2020) recently measured public acceptance of driverless busses in China and 

found that people are more concerned about safety performance, riding time, cost, and 

personal safety. Schoettle and Sivak (2014a) found that almost 88% of participants are 

somewhat worried about riding in AV due to safety consequences of equipment or 

system failure (96.2%), legal liability of drivers (92.8%), and confusion due to unexpected 

situations (94.7%). Kyriakidis et al. (2015) observed that participants are concerned 

regarding software hacking and misuse, legal responsibility, safety, and data privacy. 

Some studies also indicate that males are less concerned about AVs than women, are 

confidents of AVs benefits, and are comfortable with various driving functions 

(Cunningham et al., 2019; Payre et al., 2014; Schoettle & Sivak, 2014a). Moreover, it is 

found that younger individuals are more open towards AVs (Becker & Axhausen, 2017). 

In a more recent interview of 30 riders during an automated shuttle bus ride in Berlin, 

Nordhoff et al. (2019) found that they have unrealistically high expectations.  
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2.6.2 Barriers to AVs Adoption 

The inevitable AVs technology will affect humanity's social well-being and shape future 

cities and transportation infrastructure. The widespread adoption of this technology is 

affected by how people perceive and accept AVs. It needs to examine the prospective 

users’ perception linkages with the critical challenges in the backdrop of legal 

readiness/governance structure. Numerous studies have investigated these barriers 

earlier (Becker & Axhausen, 2017; Bezai et al., 2021; Chen et al., 2020; D. J. Fagnant & 

K. Kockelman, 2015; Johansson, 2019; Nastjuk et al., 2020; Schoettle & Sivak, 2014b;

Yuen, Wong, et al., 2020). However, this research study will investigate these critical 

barriers distinctly into (1) safety, (2) user acceptance, (3) governance/legal readiness, 

and infrastructure categories to find out key AD factors and to realize the research aim 

and objectives (Figure 2.13).  

Figure 2.13 

Critical Barriers in Adoption of AVs 

2.6.2.1 Safety 

Over 40% of fatal accidents occur due to alcohol use, driver distraction, drug use, and 

fatigue (D. J. Fagnant & K. Kockelman, 2015). Driver error is the main reason for over 

90% of all crashes attributed to human factors such as inattention, speeding, aggressive 

driving, inexperience, and slow reaction time (NHSTA, 2020; Taeihagh & Lim, 2019). The 

crash cost carries a ripple effect leading to medical expenses, legal and court costs, 

workplace and productivity loss, emergency service costs, insurances, property 

damages, and congestion burden (Bagloee et al., 2016).  

Analysis of several recent articles points towards four major safety barrier domains: 

pedestrians (road users), technology, share-ability, and infrastructure. (Bezai et al., 

2021). In the UK, 26% of road deaths were related to pedestrians, and about 66 injuries 

and five fatalities occur every day (Kilbey et al., 2013; Perch, 2014). A US study revealed 
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that an 80 % reduction in pedestrian fatalities could be avoided by having AVs equipped 

with pedestrian sensors (Combs et al., 2019). Safety demands foolproof traffic 

management strategies comprising good wireless connectivity based on big data, AI, IoT, 

and cloud computing in the infrastructure domain due to complexity in urban areas 

(Villagra et al., 2018). Automated Road Transport System (ARTS) recommended a 

CityMobil 2 project (Alessandrini, 2018), and Volvo suggested a magnetic road project 

(Perch, 2014). Panagiotis Lytrivis et al. (2018) identified gradual up-gradation of 

infrastructure based on 30 years planning horizon focussing on the section of roadways 

besides ensuring appropriate training of experts, deploying, operating, and maintaining 

the infrastructure (Jadaan et al., 2017). There are some concerns about insurance and 

safety regulations (Aguiléra, 2018; Bezai et al., 2020).  

ICT application will play a decisive role where road safety is compromised by visibility, 

communication, and road conditions (Alfonso et al., 2018). It is suggested that hybrid 

communication based on On-Board Units (OBUs) and Road–Side Units (RSUs) and 

standardization is the key to realize the benefits. However, the development of common 

standards and interoperability remain the key concern (Skeete, 2018). On the other 

hand, introducing AVs might give rise to new safety issues. It is likely that vehicle users 

might not fasten seat belts, adopt unsafe time headways (contagion effect) (Gouy et al., 

2014) and pedestrians become less cautious. Besides, with the increase in complexity of 

AV technology, there is likely to be an increase in technical errors compromising vehicle 

safety (Collingwood, 2017; Litman, 2021). State of California Department of Motor 

Vehicles reported that the majority of AVs related accidents are caused by other parties 

such as vehicles,  bicycles, and drunk pedestrians sharing the road with AVs (DMV, 2019). 

Moreover, cyber-attacks would be a great threat to traffic eco-system safety where 

message falsification, radio jamming would seriously jeopardize AVs operations 

(Amoozadeh et al., 2015). It might also increase energy expenditure up to 300% during 

platooning while influencing the motion of AVs (Gerdes et al., 2013). 

Before full commercialization, the AV cars must drive 291 million miles without any 

crash to ensure 75% equivalence to a human operator based upon reliability yardstick 

(Howard, 2020; Singh & Saini, 2021). An independent safety test, ‘Mcity ABC’ is 

suggested by the University of Michigan’s autonomous car testing facility to analyse 

these aspects.  It is testing safety performance of AVs regarding accelerated evaluation 
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(lane change, car following, and left turns), behaviour competence (in rigorous 

scenarios), and corner cases (e.g., cyclists taking left turn in busy traffic, the zig-zag 

motion of joggers on the street) (Peng, 2019). 

2.6.2.2  Users’ Acceptance 

People's mindsets and attitudes serve as the key to adopting new technology and affect 

the realization of perceived benefits (Liljamo et al., 2018; Yuen, Wong, et al., 2020). 

Public opinion guides the manufacturer to future development pathways (Kyriakidis et 

al., 2015). AV technology is a giant leap from traditional vehicle technologies, influencing 

public opinion due to various users’ concerns. These include safety, lack of control 

(situational awareness), steep learning curve (training), cyber security, trust, and non-

readiness of legal and liability rules (Yuen, Wong, et al., 2020). It has been revealed that 

people from Australia (61.9%), the US (56.3%), and UK (52.2%) bear a positive view of 

AV technology (Schoettle & Sivak, 2014a). However, the public in the US, compared to 

the UK, found more concerned about the legal responsibility of drivers and owners, data 

privacy, and interactions with non-AVs. UK public is more worried about the system and 

vehicle security and interaction between AVs and pedestrians/cyclists. While 

investigating differences in public opinion of China, India, Japan, US, UK and Australia 

from 1722 respondents, it was found that Chinese respondents overwhelmingly believe 

in AVs benefits (87.2%). The Indians were 3.3 times more concerned than Chinese and 

Japanese respondents were found least concerned regarding issues of safety, system 

failure and liability (Schoettle & Sivak, 2014b). Bansal et al. (2016) found that people 

were unwilling to ride AVs for short distances (42.5%) and long distances (40%). The 

unwillingness is mainly due to the users’ distrust in automation (Joiner, 2018; Winter et 

al., 2018). 

The three main behavioural theories (Table 2.5 below) identify factors influencing public 

acceptance and specify their interrelationships (Yuen, Wong, et al., 2020). Hekkert et al. 

(2007) Technology Specific Innovation System (TSIS) described the processes based on 

significant ‘functions of innovation system’. The Innovation diffusion theory is based on 

relative advantage, compatibility, complexity, trialability, and observability of a new 

product (Wang et al., 2018).  With the development of a product and its manufacturing 

process over time, the cost decreases and its design become more standardized 

(Abernathy, 1978). The technology S-curve framework depicts the technological 
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innovation cycles. It highlights that due to increase in consumption choices, the utility 

of the product increases (Innovation, 2006).  The Perceived value theory is derived from 

a new product's economic, functional, hedonic, and social benefits (Cunningham et al., 

2019; Yuen et al., 2018). And, the trust theory that highlights ‘a psychological state of 

the public comprises the intention to accept vulnerability in a situation involving risk, 

based on positive expectations of AVs (Castelfranchi & Falcone, 2010). The formation of 

trust can be increased through driving expertise (training), integrity, and benevolence. 

Trust theory addresses key public concerns through public trust in the AVs’ ability to 

perform their tasks safely and reliably (Lee & Kolodge, 2020). The exact determinants of 

users’ acceptance for AVs are still not conclusive (Nordhoff et al., 2016).  

Table 2.5 

A review of behavioural theories and factors influencing public acceptance of AVs 

Theory’s 
Characteristics  

Innovation 
diffusion theory  

Perceived value 
theory  

Trust theory  

Paradigm  Innovation acceptance  Consumer utility  Social psychology  
Basic assumption  Its characteristics 

support the speed of 
diffusion and 
acceptance of an 
innovation  

A rational user will 
select or accept an 
artefact that offers 
the best value 
amongst market 
choices  

The acceptance of 
innovation can be 
increased by 
developing trust  

Representative 
constructs  

Relative advantage, 
compatibility, 
complexity, trialability 
and observability  

Perceived value  Trust  

References Rogers (2003) Kotler and Armstrong 
(2010) 

Castelfranchi and 
Falcone (2010); 
Dzindolet et al. 
(2003); Lee and See 
(2004) 

Note: Table Adopted from The determinants of public acceptance of autonomous vehicles: An innovation 

diffusion perspective by Yuen, K. F., Wong, Y. D., Ma, F., & Wang, X. 2020.Copyright Journal of Cleaner 

Production, 121904. 

 

2.6.2.2.1 Consumer Perceptions 

Human psychobiology related to AD is constrained, and the real intention behind 

realizing acceptance is still not conclusive (Meinlschmidt et al., 2019; Nordhoff et al., 

2016). Since people cannot imagine the AVs' adoption, they are more concerned about 

safety and reliability (Bansal & Kockelman, 2017). The onus of responsibility in case of 

accident or any damage to AV will impact commercialization and the use of AVs (De 
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Bruyne & Werbrouck, 2018). Moreover, increasing the sense of security in AVs (Boutueil, 

2018), media campaigns (Anania et al., 2018), and the use of libraries (Joiner, 2018) will 

have a positive effect on acceptance and awareness about legislation and insurance. 

Khan (2017) highlighted few factors that can influence users’ acceptance; (1) self-

perceived knowledge of technology, (2) general view of technology, (3) safety and trust, 

(4) comfort with technology, (5) pleasure with driving, (6) social influences, (7) gender

preferences, (8) and age. Schoettle and Sivak (2016), in a survey of 618 respondents, 

found that most people (59.1%) want to get notification of taking control of partially 

self–driving vehicles through vibration, voice, and visual signals.  

2.6.2.2.2 Trust 

One of the significant challenges in the successful adoption of AVs is trust (Adnan et al., 

2018; Wintersberger, 2020). User’s perceptions require transition to trust a new traffic 

regime (Choi & Ji, 2015). People need to be educated, trained, and allowed to use and 

interact with AVs. The top reason for the lack of adoption will be the lack of trust in 

technology (Alawadhi et al., 2020). The trust will be discussed in greater length in 

Chapter 3. 

2.6.2.2.3 Users’ Perceptions towards New Mobility Services 

Ferrero et al. (2018) noted that the widespread use of car-sharing services is changing 

people's perceptions from car ownership to a service on demand. Provision of new 

mobility services decreases the value of time, affecting mode choices and riders' 

behaviour and significantly impacting users’ acceptance (Kolarova et al., 2018). An 

analysis of US households survey data found a sharp decrease in car ownership and a 

quick shift to vehicle sharing and driverless taxis (Schoettle & Sivak, 2015) due to lower 

VKT and the use of new demands from low-income people. Driverless taxis are likely to 

obviate the associated annual fixed, maintenance, and parking costs of car sharing (D. J. 

Fagnant & K. Kockelman, 2015; Martin & Shaheen, 2011). Therefore, AV technologies 

are likely to be conducive to driverless cabs or similar car-sharing models, excluding the 

cost of cab driver’s time and talent (Bagloee et al., 2016). Privacy will be a significant 

barrier, as information gathered through V2X communication can be misused (Yuen, 

Wong, et al., 2020). Therefore, AVs' acceptance will depend on users’ willingness to 

share their data from the vehicle, which consequently requires compliance with the data 
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protection legal framework. Besides, data protection algorithms need to be embedded 

within AV systems.  

2.6.2.2.4 Cost 

Cost can potentially slow down AVs' adoption due to costly sensors technologies and 

AVs' longer life spans (Bezai et al., 2021; Liljamo et al., 2018; Zhong et al., 2018). AVs' 

cost and operational expenses are still uncertain (Alawadhi et al., 2020; D. J. Fagnant & 

K. Kockelman, 2015). It has been argued that total AV software and hardware cost is

likely to be around £3000 by 2025 and would decrease to half by2035 (Sachin Babbar, 

2017). Puylaert et al. (2018) observed that direct and indirect costs include energy costs, 

travel time, trip length, congestion, safety, reliability, and insurance costs. The estimated 

increase in the price of installing remote sensing and top view cameras amounts to more 

than USD 5000 (Litman, 2021). The cost of travelling per mile on AV is estimated at 

around USD 0.42 to USD 0.49 (Hörl et al., 2016), and an average user is likely to pay an 

additional USD 5551 and USD 14,589 for Level 4 and 5 AVs (Bansal et al., 2016).  

However, it is claimed that AVs' social acceptance and reliability would decrease the cost 

of usage (Bansal et al., 2016) besides increasing shared mobility and on-demand access 

(Webb et al., 2019). Wadud (2017) used the total cost of ownership while comparing 

AVs and conventional vehicles (CVs). The study found out that commercial application 

of AVs will remain the most dominant success. Overall, it is believed that users' 

experience would be the key to integrating the physical world with the digital one. 

Therefore, their real-time performance on actual roads will decide their social 

acceptance (Geng, 2017; Straub & Schaefer, 2019).  

2.6.2.3  Legal Readiness Structure/Governance 

Legal advancement is the key to the successful adoption of AVs (Alawadhi et al., 2020). 

There is a proliferation of AV technologies with every passing day (Bichiou & Rakha, 

2019). Numerous studies highlight the role of national policies for successful 

deployment of AVs (Automobilindustrie, 2015; Bezai et al., 2021; Canis & Lattanzio, 

2014; CCAV, 2020; DMV, 2020; GDPR, 2020; KPMG, 2020; Lee & Hess, 2020; Mordue et 

al., 2020; Shladover & Nowakowski, 2019; Singh & Saini, 2021; UNECE, 2018). Moreover, 

the legal framework ensures safety, encourages AVs large scale testing and ensue 

technological advancements (De Bruyne & Werbrouck, 2018). Legal readiness structure 
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is a prime challenge for AVs deployment due to liability, insurances, and explaining who 

bears the individual or shared responsibility in case of a crash (Schellekens, 2015). Chen 

et al. (2017) studied the use of three different lane policies for diverse combinations of 

conventional vehicles (CVs) and AVs. They concluded that one lane should be dedicated 

to AVs and platooning and the other one for CVs permits smooth AVs transition. In 

another study, policy regarding dedicated zones for AVs use for mixed driving modes 

and various phases of penetration was investigated. The results depicted a decrease in 

travel time (Conceição et al., 2017). Straub and Schaefer (2019) suggested a series of 

questions that can help in guiding future policy towards AVs. Faisal et al. (2019) 

suggested future policy directions for the formulation of AVs policies. These include 

avoiding conflict between federal and state government laws, negotiations between 

stakeholders such as governments, industries, and experts on liability and privacy, and 

technology standardisation. The study stressed the need for prioritizing vehicles on road 

and pricing to manage vehicle kilometres travelled (VKT). The legal readiness for AVs 

deployment will be later discussed in detail in succeeding paras.  

2.6.2.3.1 Liability 

In traditional car crashes, the driver is primarily liable as they retain control of the vehicle 

(Collingwood, 2017). Hence third parties involved in the design of AV safety systems 

remain vulnerable to lawsuits involving AV product liability during an AV crash 

(Automotive, 2019). The complication arises relating to the driver engagement with 

varying levels of AVs, mainly level 2 to 4, where the question arises should the drivers 

be expected to take over in certain situations? And is he expected to know that? What 

about criminal liability if a driver of AV is found intoxicated at the “wheel” in case of a 

crash, even though he is not driving AV? Who should be responsible for personal injury 

and property damage resulting from the AV crash? (Hing, 2019).  

In a survey study, 72% of people out of 302 participants were found uncomfortable with 

the liability of AVs in case of an accident (Bloom et al., 2017). Evas et al. (2018) reported 

that European Parliament is asked to deliberate on “limitation to liability” (risk 

management approach or strict liability) and “Obligatory insurance scheme and 

guarantee fund.” It is predicted that insurance law would involve multiple parties 

contributing to the insurance. It is likely to include the extent to which car owners would 

need third–party liability insurance and carmakers need product liability coverage. The 
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UK is the only country that has enacted the Automated and Electric Vehicles Act 2018, 

clarifying liability for insurers in accidents caused by AVs (Taeihagh & Lim, 2019). 

2.6.2.3.2 Privacy 

AVs optimize data obtained from sensors, high definition maps, and other V2V and V2I 

communication (Taeihagh & Lim, 2019; West, 2016). AVs relay information about 

vehicle exact geographical location and movement (Glancy, 2012) for  AV operations and 

locate AV users. This information might be used to harass AV users, steal users’ identity 

and predict users’ actions. In addition, it would seriously jeopardize the AVs operations 

through illegal access of interconnected AVs’ wireless network to conduct remote 

surveillance, undermining individual autonomy through psychological manipulation 

(Schoonmaker, 2016). With the increased adoption of AVs and interconnected transport 

systems, a balance needs to be struck between public safety and privacy protection. 

Adequate privacy assurances will be critical for successfully adopting AVs and 

underpinning public trust (Andrew Hii, 2020). In a recent study by NTC Australia, it has 

been suggested that the location data and data from health sensors that monitor driver 

alertness and facial recognition will be classified as personal information under Privacy 

Act 1988 (NTC, 2019). The US and South Korean governments enacted new data privacy 

legislation, including the ‘SPY CAR’ act in the US, giving NHTSA authority to protect 

access of driving data on all vehicles manufactured for sale in the US. 

Similarly, the EU has already amended the EU General Data Protection Regulation (EU 

GDPR Directive of 95/46/EC of 1995) to process data for all EU residents, strengthening 

consent conditions. In addition, it has increased fines up to 4% of companies' global 

revenue and protected citizens ‘right to explanation’ allowing them to review certain 

algorithmic decisions (GDPR, 2020). China and Japan have taken legislative action to 

control all personal data privacy and cyber security risks (KPMG, 2020; Taeihagh & Lim, 

2019). The UK’s DfT, in coordination with the Centre for the Protection of National 

Infrastructure (CPNI), created guidelines for privacy and cybersecurity, suggesting 

manufacturers follow the Privacy Architecture framework outlined by ISO 29101 (Dft, 

2017a). Germany’s current data protection laws are strict towards personal data 

connected to AVs (Taeihagh & Lim, 2019). 
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2.6.2.3.3  Cyber Security 

Policymakers, auto manufacturers, and future AV users portray concerns about 

electronic security (D. J. Fagnant & K. Kockelman, 2015). Current cyber-attacks mostly 

happen as an act of espionage rather than sabotage. Within the context of AVs, cyber-

attacks are considered more detrimental than just getting information due to the 

complexity of the degree of connectivity and advanced level of technology (Kennedy, 

2016). Several cyber-attack applications include software hacking, physical attack on 

hardware, keeping users locked inside the vehicle due to remote less entry, wrong 

reading of user interfaces, and slowing down of vehicle (Linkov et al., 2019). Technology 

manufacturers unknowingly develop systems that are prone to such attacks (Sheehan 

et al., 2019).  

The risk of cybercrime is a significant concern for governments, policymakers, and 

insurers around the world. Since AV technologies are still evolving, there is less empirical 

evidence on cyber-attacks (Alawadhi et al., 2020). While hacking Chrysler Jeep through 

its internet connection and controlling its engine and brakes, Miller and Valasek 

observed that these malicious attacks on AVs are a potential possibility (Schellekens, 

2016). Feeding fake messages, sensor manipulation, bright light on cameras, and radar 

interference to blind AVs regarding obstacles and spoofing of the global navigation 

system (GNSS) are significant threats (Bagloee et al., 2016; Page & Krayem, 2017; West, 

2016). It requires continuous updating of system software to detect these malfunctions 

and to change existing security architectures (NHSTA, 2020). In the US, OEMs are 

suggested to design systems on international standards such as NHTSA, SAE, and the 

Alliance of Automobile Manufacturers.  

A new electronic system research department to analyze and monitor cyber 

vulnerabilities and the ‘SPY Car Act’ has been introduced to enforce cyber security and 

privacy laws (SCA, 2017). This law presents specifications for information security during 

the move and in transit, separates critical and non-critical systems in every vehicle, and 

required instantaneous disclosure of any attempt to hack driving data. EU is also 

following suit to control cyber security risks by introducing a comprehensive cyber 

security strategy in 2013 (EU, 2016). Like the EU’s GDPR, China has introduced cyber 

security laws to protect personal information and critical infrastructure information. It 

describes the responsibilities of network operators, certifications of security 
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technologies, and enforced penalties for violations. Singapore strengthened its strategy 

against computer-related offences through Computer Misuse and Cybersecurity Act 

amendment in 2017 (Qi et al., 2018). The UK Government implemented two cyber 

security strategies (2016 – 2021) and the creation of the National Cybersecurity Centre 

(NCSC) in 2016 (Cabinet Office, 2017). Germany has set up five working groups to 

analyze these threats, and Australia is also working on similar lines (Taeihagh & Lim, 

2019).  

2.6.2.4 Technology and Infrastructure Readiness  

Information and Communication Technologies (ICT) embedded in the suitable 

infrastructure allows users to exploit innovative technologies (Aguiléra, 2018). It is 

believed that technology and infrastructure readiness will serve as a key enabler in the 

adoption of AVs. These will assist in creating the right traffic conditions within the folds 

of safety and security regulations for the proliferation of driverless technologies (Bezai 

et al., 2021). 

2.6.2.4.1 Super Computers and Sensors 

AVs are likely to deal with an enormous amount of data processed every second 

regarding road and climatic conditions, communications, and obstacles. It requires new 

system architecture based on centralized computer systems, sensors, and significant 

development in algorithms (Aria et al., 2016; Bezai et al., 2021; Bichiou & Rakha, 2019). 

AVs depend on the collection and fusion of data from various sensors, including LIDAR, 

radars, and cameras, to assist in computer vision, decision making, and intrusion 

detection systems against cybersecurity risks and ensuring reliability (Armingol et al., 

2018; Loukas et al., 2019; Wadud, 2017). These technologies assist AVs in performing 

various tasks, including automatic braking, lane-keeping, and adaptive cruise controls. 

Additionally, AVs need navigation tools based on GPS for their accurate localisation. 

Presently, these sensors are vulnerable to environmental conditions, and GPS 

technology also suffers from signal blockage, requiring more research in advanced 

onboard and off-board localization and fusion systems (Alawadhi et al., 2020; Van 

Brummelen et al., 2018; Zheng et al., 2019). AVs related software and hardware need 

ample time for testing various scenarios, trials, and legal approval before deployment 

(Kalra & Paddock, 2016; Mullins et al., 2018). In this backdrop, google AVs testing has 

covered 2 million miles on actual streets and is still in progress (Guanetti et al., 2018). 
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Selecting real-world scenarios during these tests is very significant (Marletto, 2019). 

Moreover, highly customized simulation tools for simulation studies are necessary 

(Tsolakis et al., 2019).   

2.6.2.4.2 Accurate Positioning and Dynamic Mapping 

AV needs to localize itself to the surrounding environment and vehicles to navigate 

autonomously. Static information can be created from simultaneous localization and 

mapping (SLAM) or high-definition mapping (HD) from the geographical database from 

lane borders, road signs, and speed limits (Héry et al., 2021). Dynamic information can 

be collected from the local dynamic map (LDM) (an overlay) regarding the pose, 

longitudinal speed, or yaw rates of the vehicles using perception from overhead sensors 

(Rosa et al., 2015). An LDM is a cyber-physical representation of the physical driving 

environment. This information can be used for path planning or control.  

Though deep learning techniques have sought tremendous improvements, perception 

information is still limited to physical view and range of sensors (Cognetti et al., 2014). 

Recent research presented a decentralized cooperative localization method based on 

the exchange of LDMs (Héry et al., 2021). Another study observed Channel – SLAM 

method to enable multi-paths to improve single-vehicle positioning using a cooperative 

mapping approach (Chu et al., 2021). Recently, 5 G's new radio development brought 

vehicular positioning and tracking opportunities (Win et al., 2018). Global Positioning 

System (GPS) and Inertial Measurement Unit (IMU) with LiDAR and Global Navigation 

Satellite Systems (GNSS) can produce high–resolution ground maps (3D) for precise 

localization (Konrad et al., 2018; Levinson et al., 2011). However, due to inaccuracies 

and accumulated errors, more research needs to improve AV’s navigation (Bezai et al., 

2021). 

2.6.2.4.3 Communication Systems 

With the emergence of the Internet of Vehicles (IoV) and Internet of Things (IoT), AVs 

establish communication through integration of Vehicular Ad-hoc Networks (VANETs), 

On-Board Units (OBUs), and Road-Side Units (RSUs) (Atzori et al., 2018). VANETS are 

employed to establish communication between vehicles and different nodes V2X. V2X 

comprises Vehicle to Vehicle (V2V), Vehicle to Infrastructure (V2I), and Vehicle to 

Pedestrians (V2P) (Alfonso et al., 2018; Aria et al., 2016). The c ost, privacy and security 
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issues are critical barriers in this domain (Arena & Pau, 2019; Saini et al., 2018). Data 

transmission within the network is another challenge due to complex changes in the 

urban driving environment and high mobility (Bezai et al., 2021; Gao et al., 2020).  

2.6.2.4.4 Roads and Traffic Signs 

Road and Traffic signs need to be upgraded to prepare infrastructure for AV deployment 

(Alawadhi et al., 2020). AVs require intelligent transport infrastructure to recognize the 

driving environment easily. AVs use a digital version of traffic lights, yield signs, street 

signs, speed limit signs, stop or change direction, yield to other vehicles approaching an 

intersection, and other related physical infrastructure (Latham & Nattrass, 2019; 

Sparrow & Howard, 2017; Zohdy & Rakha, 2016). Similarly, AVs will require charging 

infrastructures such as the location of charging stations, the impact of charging time on 

fleet size, trip demands, and the waiting times (Chen et al., 2016). Duarte and Ratti 

(2018) highlighted the role of visibility and consistency of road signage. The study 

stressed the need to lower the variability in parameters to increase AVs adoption, such 

as speed, following speeds, and road width. AVs also rely on road markings to keep 

themselves in the centre of the lane, and these markings are subject to wear and tear 

on sealed roads. In NZ, AV deployment requires significant development of 

infrastructure (Leslie & Jenson, 2017).  

2.6.2.5 Public Perceptions and Critical Barriers in NZ Environment 

Earlier studies revealed that most of the people (>90%) in NZ knew about self–driving 

cars, electric cars, hybrid cars and believed in perceived benefit in reducing accidents, 

improved fuel economy decreased traffic congestion, and reduction in emissions 

(Starkey & Charlton, 2020). The respondents wanted to use CAVs to do other things 

during the travel and desired AVs journey on motorways, especially once they are tired 

or over drunk. However, very few respondents wanted to use AVs for the transportation 

of their children. Only 23% had practically used ADAS, and a quarter of 20% of the 

sample reported that they would never use AV. The significant barriers highlighted by 

the survey respondents were (1) trust, (2) safety, (3) lack of control, and (4) higher cost. 

In addition, few reported that they would like to enjoy driving themselves in a classic 

car.  
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A recently shared mobility survey in 2020 found out that 80% of respondents knew 

about app-based ride-hailing services, 76% ridesharing services, and 64% car sharing 

(Starkey & Charlton, 2020). Barriers to use these services were car ownership, lack of 

availability, safety, cost, inconvenience, loss of freedom, and not sure how to use these 

services. The same study did 12 focus group discussions across NZ and found that 

transport sharing is feasible to use a private car.  

Another study under Australian and New Zealand Driverless Initiative (ADVI) comprising 

5,102 Australian and 1,049 NZ based on a 90 item survey on Qualtrics platform found 

that respondents are willing to pay more for an AV than the exact vehicle without 

automation (Cunningham et al., 2019). However, both countries' public views differ 

regarding awareness of technology, perceived benefits, associated concerns, and 

willingness to pay (Cunningham et al., 2019). The respondents were found least 

concerned about data privacy (67%) and riding in a car with no driver (67%) and highly 

believe in benefits like the mobility of people with driving impediments (73%) and 

reduce insurance premium (50.6%). A research study survey by the University of Otago 

on self–driving, hybrid, electric cars, and bikes observed that safety is considered to be 

the most critical barrier and enabler in self–driving cars, and the cost is cited as the 

primary concern in electric cars (Lucy & Ben, 2018). A moderate correlation behaviour 

was found between perceived attractiveness and knowledge of self–driving cars, 

whereas Aucklanders reported more knowledge regarding AVs and perceived them 

safer than other regions. 

Lack of legislation towards full AVs creates a vacuum due to legal uncertainty in NZ, thus 

slowing AVs' deployment at early stages. This may also result in an increase in the cost 

of AVs and detrimental to users’ confidence in accepting the technology (Evas et al., 

2018; Funkhouser, 2013; Geistfeld, 2017).  NZ has 3rd highest market share of electric 

cars with no AV Company, research, investment, or patent. NZ innovation capability is 

likely to be boosted by a trial of satellite-based augmentation system technology in 

collaboration with Australia to improve the accuracy of GPS (KPMG, 2018). However, it 

has to strengthen its legal readiness structure, 5G coverage, and road infrastructure.  In 

present shape, the NZ Accident compensation scheme (ACC) is a no-fault scheme, where 

an injured person may claim compensation paid out of petrol taxes and motor vehicle 

licence fees but cannot bring a civil action. This means they will be having no recourse 
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against AV manufacturers (Cameron, 2018; Hing, 2019). Manufacturers do not 

contribute to motor vehicle funds under ACC since they do not suffer financial impact 

due to personal injuries associated with their products (NZ, 2020b). Liability for property 

damages caused by conventional vehicles (CVs) is covered under the tort of negligence, 

the Consumer Guarantees Act 1993 (CGA), statutory land transport rules, and the Fair 

Trading Act 1986. The current framework puts the onus of liability for property damage 

in case of general negligence on quality parameters, which augurs well for CVs and semi-

autonomous vehicles, but this is unsuitable for full AVs. So current framework only 

relates to manufacturer liability if a human driver is in control (Hing, 2019). 

In the privacy domain, the NZ government has recently enacted The Privacy Act 2020, 

replacing The Privacy Act 1993 that described 12 information privacy principles. In the 

recently promulgated Act, the role of the Privacy Commissioner has been enhanced, and 

early intervention and risk management by agencies, including AV manufactures, has 

been advocated (MOJ, 2020). In NZ, privacy torts alongside the Privacy Act provide 

another avenue of relief but are not entirely suitable for AVs. However, torts may 

provide relief in hacking and malicious disclosure but need to be broadened in case of 

information collected by AVs and then given to advertisers (Geistfeld, 2017). NZ is 

recommended to follow the privacy aspects similar to the ‘US SELF Drive Act’ (Green, 

2020), where manufacturers would be required to develop a privacy plan before AVs 

deployment and proactively pursue the ‘privacy by design’ concept (Cavoukian, 2009). 

The NZ government should also enforce the need for consent in the processing of 

personal data. AV manufacturers must bear liability for personal injuries caused by their 

products. 

Additionally, the scheme for property damage on the lines of the ACC needs to be 

formulated and funded by AV manufacturers, users, and the government. The Privacy 

Act 2020 is quite comprehensive for  AVs deployment (Hing, 2019). In NZ, all cybercrime 

offences involving computers are defined in Crimes Act 1961, sections 249 to 252, and 

the Harmful Digital Communication Act 2015 (Jain, 2020; NZ Govt, 2020; Police, 2020). 

NZ Cyber strategy comprises Cyber Resilience and Cyber Capability addressing 

Cybercrime and International Cooperation. NZ ranks 14th on Human Development Index 

(HDI) (UNDP, 2020), and it lost around $6.5 million due to cybercrimes (TVNZ, 2019). For 

Q2 2020, NZ lost $1.7 million more than the last quarter (Jain, 2020). 1/3rd of NZ people 
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have faced a cybercrime in the previous 12 months, and it takes around 28 days for NZ 

police to resolve a cybercrime case (State, 2018). A study reported that 1 out of every 

six adults in NZ is subjected to some form of identity theft (Williams, 2020). The research 

found that NZ is quite proactive when dealing with cybercrime with the help of an 

organization like Netsafe (Jain, 2020). However, the cybersecurity risks and terrorism 

are likely to have a dampening effect on motivation towards vehicle automation (Fitt, 

Frame, et al., 2018). Within the context of ethics, NZ also needs to develop a platform 

for public engagement and regulations to find out the appropriate course of action for 

AVs (Leslie & Jenson, 2017). Towards this end, ‘The Moral Machine Experiment’ by MIT 

(Massachusetts Institute of Technology) gathered around 40 million respondent 

decisions from 233 countries regarding correct choices in various scenarios (Alex, 2018). 

2.7 Summary of the Critical Barriers in Adoption of AVs 

The literature review identified key AD Barriers for the successful adoption of AVs mainly 

in two domains in the context of users’ acceptance and trust. The first domain relates to 

the HMI challenges in the HFs domain, which relates to the users’ cognitive abilities and 

how they interact with AV. These are named internal determinants comprising the user’s 

mental model, SA, training, and anthropomorphism. The second domain pertains to HMI 

challenges in the backdrop of legal readiness/governance structure that are 

quintessential for users’ trust and acceptance of AVs. These are named external 

determinants, including safety, legal readiness mechanism comprising privacy, 

cybersecurity, and liability, and infrastructure summarized in Table 2.6. Users’ 

acceptance linkages with external drivers are graphically depicted in Figure 2.14. Since 

infrastructure readiness belongs to the overall safety of the driverless ecosystem, hence 

Figure 2.15 highlights the summary of the key internal and external AD determinants 

and their linkages with users’ trust and acceptance. These identified key AD enablers 

and barriers include mental model, SA, training, anthropomorphism (HFs domain), and 

safety, privacy, and security/cybersecurity (Legal Readiness domain) for successful 

adoption of AVs in NZ. 
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Table 2.6 

Key AD Enabler & Barriers – Legal Readiness / Governance Domain (External Determinants) 

Barriers/Enablers Aspects of Intervention Outcomes / End State References Survey Constructs 

Safety (SAF) Road Users 

Shareability 

Legal Readiness 
Framework (Synergy with 
Security and Privacy) 

Maturity of Technology 

Users’ Trust, Users’ 
Acceptance / Adoption 

(Amoozadeh et al., 2015; Bezai et al., 2021; Binfet-Kull & Heitmann, 
1998a; Board, 2019; Collingwood, 2017; Commission, 2019a; D. J. 
Fagnant & K. Kockelman, 2015; Flemisch et al., 2012; Gerdes et al., 
2013; Gugerty, 1997; Hess, 2020; Howard, 2020; Huntington, 2018; 
Koopman, 2018; Litman, 2020, 2021; Milakis et al., 2017; NHSTA, 
2020; Peng, 2019; Singh & Saini, 2021; Skeete, 2018; Straub & 
Schaefer, 2019; Taeihagh & Lim, 2019; J. Wang et al., 2020; Ward, 
2011) 

Adopted from 

Venkatesh et al. 
(2003) 

and 

Kaur and 
Rampersad (2018) 

Users Acceptance Consumers Perception 

Trust 

New Mobility Services 

Cost 

Users Adoption 

Trust and Legal Readiness 
(Governance) Framework 

Users Trust 

Car Sharing Services 

(Anania et al., 2018; Bansal & Kockelman, 2017; Becker & Axhausen, 
2017; Bezai et al., 2021; Boutueil, 2018; Castelfranchi & Falcone, 
2010; Cunningham & Regan, 2020; De Bruyne & Werbrouck, 2018; 
Du et al., 2021; Ferrero et al., 2018; Geng, 2017; Hilgarter & Granig, 
2020; Hörl et al., 2016; Khan, 2017; Kolarova et al., 2018; Kotler & 
Armstrong, 2010; Kraetsch et al., 2021; Kyriakidis et al., 2015; Lee & 
Kolodge, 2020; Liljamo et al., 2018; Lucy & Ben, 2018; Martin & 
Shaheen, 2011; Meinlschmidt et al., 2019; Nordhoff et al., 2019; 
Nordhoff et al., 2016; Puylaert et al., 2018; Rogers, 2003; Sachin 
Babbar, 2017; Schoettle & Sivak, 2014b; Schoettle & Sivak, 2015, 
2016; Starkey & Charlton, 2020; Wadud, 2017; Wang et al., 2018; 
Webb et al., 2019; Winter et al., 2018; Yuen et al., 2018) 

Adoption scenarios 
from  

Schoettle and Sivak 
(2014a) 

and 

Kaur and 
Rampersad (2018) 

Governance 
Structure (Legal 
Readiness) 

Liability 

Privacy 

Security/Cybersecurity 

Ethics 

User Studies and Trials 

Social Interaction 

Privacy, Security synergy 
with Safety 

Users Trust & Adoption 

Trust & Legal Readiness 

(Alawadhi et al., 2020; Alex, 2018; Andrew Hii, 2020; Bezai et al., 
2021; Cabinet Office, 2017; Chu et al., 2021; Cunneen et al., 2020; 
EU, 2016; Evas, 2018; Fried, 2012; Geistfeld, 2017; Gogoll & Müller, 
2017; Goodall, 2016; Green, 2020; Héry et al., 2021; Jain, 2020; 
Johnson, 2017; Kaur & Rampersad, 2018; Leslie & Jenson, 2017; 
Linkov et al., 2019; MOJ, 2020; Mordue et al., 2020; NTC, 2019; NZ, 
2020b; NZ Govt, 2020; Police, 2020; SCA, 2017; Sheehan et al., 2019; 
State, 2018; TVNZ, 2019; UNDP, 2020; Williams, 2020) 
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Technology and 
Infrastructure 
Readiness 

Super Computers and 
Sensors 

Accurate Positioning 
and Dynamic Mapping 

Road and Traffic Signs 

Security protocol 

Cloud Computing 

Testing & Simulations 

Intrusion Detection 

(Alawadhi et al., 2020; Arena & Pau, 2019; Aria et al., 2016; Bezai et 
al., 2021; Chen et al., 2016; Chu et al., 2021; Du et al., 2021; Duarte 
& Ratti, 2018; Gao et al., 2020; Héry et al., 2021; Latham & Nattrass, 
2019; Saini et al., 2018; Sparrow & Howard, 2017; Zohdy & Rakha, 
2016) 

 

 

Figure 2.14 

Autonomous Driving Adoption – (External Determinants) 
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 Figure 2.15 

Autonomous Driving Adoption in New Zealand – (Internal and External Drivers) 
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2.8 The Chapter Summary 

This Chapter is Part - 1 of the literature review. It has analytically synthesized the 

predominant concepts, working principles, and user’s acceptance challenges in 

autonomous driving (AD) relating to AVs. The Chapter highlighted the role of human 

factors (HFs) and co-evolution of regulations and technology within the context of users’ 

trust for successful adoption of AVs in NZ. It has identified the key AD influencing factors 

in HFs and Legal readiness/governance domains for the smooth proliferation of 

driverless technologies, and realization of the perceived societal benefits. The Chapter 

has also briefly explored the trust dynamics and the user acceptance linkages with these 

identified domains. The next Chapter would examine the significance of the ‘trust’ for 

acceptance of AVs in greater detail.   
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Chapter 3   - Trust Dynamics in Driverless Technology within 
Autonomous Vehicles Context 

3.1 Prelude  

This Chapter describes the significance of trust and user acceptance in driverless 

technology and highlights various trust taxonomies, theories, models, and frameworks 

present in the literature. It also delineates the role of interpersonal and institutional 

trust to formulate a holistic trust and governance framework for AD in NZ. In the end, 

the Chapter provides key research conclusions and implications arising from the 

literature review of Chapters 1 and 2 (see Figure 3.1).  

Figure 3.1 

The Literature Review – Chapter 3 

 

 

3.2 Trust and Driverless Technology 

Users’ Trust in driverless technology is quintessential to realize the benefits of AVs 

(Ekman, 2020a). Trust is a precondition for using automated systems (Muir & Moray, 

1996; Parasuraman & Riley, 1997). Furthermore, it is essential for user acceptance 

(Ghazizadeh et al., 2012) and a good user experience (Waytz et al., 2014). The Research 

on Trust in automation surfaced in the early 1980s when it was found that pilots are not 

fully exploiting the perceived safety benefits due to the increased use of automated 

systems (Wickens & Kessel, 1979). These automation induced challenges were classified 

as “ironies of automation” by Bainbridge, who posited that “the more advanced a control 

system is, the more crucial may be the contribution of the human operator” (Bainbridge, 

1983a). With the proliferation of driverless technology, drivers face new responsibilities 
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relating to the monitoring system (SAE level 2 and below) for error detection and taking 

back manual control (SAE levels 2 and 3) in an emergency.  

The second challenge is exacerbated by the driver’s loss of manual skill due to the 

automation's continuous task performance (Wintersberger, 2020). The outcome of 

user–automation interaction can only be safe if users’ trust is appropriate to the 

performance of the automation (Lee & See, 2004). An over trust in an automated system 

can lead to misuse and crashes (Parasuraman & Riley, 1997). And under trust may lead 

to disuse of the system by the user. Knowledge and experience of the automation 

system are necessary to achieve an appropriate level of trust (Edelmann et al., 2019). 

Understanding AVs limitations and constraints are therefore essential for the users. 

Muir (1987) stated that “no matter how sophisticated or intelligent the system may be, 

the operator must neither underestimate nor overestimate the system capabilities.” 

Recent research studies in AVs are mainly focused on the use of driving simulators. 

However, simulation studies do not allow holistic capturing of the intricacies of 

perceived risks, uncertainties, and interdependencies for valid measurement of users’ 

trust (Mayer et al., 1995; Rempel et al., 1985). Realistic user studies are essential to 

identify the theoretical and practical design space and related variables to garner an 

appropriate level of users’ trust (Ekman, 2020a). Trust has complementary trajectories 

towards the mental model and SA, where it guides driver attention and behaviour for 

an effective response towards the system (Fisher et al., 2020; Kokar & Endsley, 2012; 

Lee, 2006). Furthermore, trust mediates micro and macro interactions regarding 

people's reliability and acceptability towards new forms of transport (Fisher et al., 2020). 

To formulate a holistic trust and governance conceptual framework for AVs, this study 

will examine the various trust theories, acceptance of support systems, and AD factors 

affecting trust. These findings will assist in chalking out an overall frame of reference 

where vehicle automation and users reside in an interconnected network. The study will 

then examine this web of trust (WoT) and explore its mediation linkages at the micro-

level with human-machine interaction constructs and an overall government regulatory 

structure at a macro level.  
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3.2.1  What is Trust? 

Trust is a multidimensional and multifaceted construct that perpetuates from seconds 

to decades and can be approached from many different angles (Lee & See, 2004; Muir, 

1987). Common among all trust theories is the concept that trust is an attitude held by 

a trustor1 (either human or a machine). It ensures the relationship between the trustor 

(the actor who trusts something) and the trustee2 (the actor to be trusted). Therefore, 

trust can be defined as “the attitude that an agent will help achieve an individual’s goals 

in a situation characterised by uncertainty and vulnerability”(Lee & See, 2004). Hence, 

there is a need for an incentive to collaborate between both actors, i.e., trustor and 

trustee. However, collaboration might fail due to the risks and uncertainties in the 

relationship (Mayer et al., 1995; McKnight & Chervany, 2000). Initially, a collaborative 

relationship stems out of trustor beliefs regarding impressions and information about 

the trustee. Then through affective evaluation of information, beliefs are transformed 

into attitude and intention to rely on the trustee. Resultantly it transits into the 

behaviour specifically known as reliance (Lee & See, 2004). This relationship activates in 

the presence of a risk of something going wrong (Ekman, 2020a).  

Rempel et al. (1985) interpersonal trust model elaborates three non-mutually exclusive 

cognitive and emotional abstracts of trust: predictability, dependability, and faith. 

Predictability denotes the trustor ability to predict the trustee’s behaviour based on past 

behaviours. Dependability describes trustee relationship as a whole, i.e., “as 

relationships progress there is an inevitable shift in focus away from assessments 

involving specific behaviours, to an evaluation of the qualities and characteristics 

attributed to the partner.” Finally, faith thrives once a relationship encounters novel 

situations that cannot be anticipated due to prior experiences. Muir presented the two-

dimensional framework of trust combining these stages, taking the lead from sociology 

as proposed by Barber (1983) and highlighted the phenomenon of distrust, mistrust, and 

calibration (Muir, 1987). It is similar to Parasuraman and Riley’s work on use, misuse 

(overreliance: to use once not required or failing to monitor effectively), disuse, and 

abuse (inappropriate use of automation applications by manager and designers) 

(Parasuraman & Riley, 1997). Operators must adjust or calibrate trust according to the 

                                                      
1 A person who forms trust in an agent. 
2 An agent such as a human or a machine which form collaborative relationship in trust.  
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capabilities of automation. Various other aspects have been explored regarding the trust 

formation process by different authors. These include the trustee’s competence, 

benevolence, integrity, and predictability. The competence is the influence of trustee to 

achieve trustor’s goals and benevolence is the trustor’s expectation that the trustee is 

motivated in favour of the trustor. Whereas integrity is the trustee’s expectation that 

the trustor keeps the promise and tells the truth (Mayer et al., 1995), and predictability 

is the consistency of the trustee’s action so that the trustor foresee future 

actions(McKnight & Chervany, 2000). Hence, to sustain collaboration between two 

actors working towards a common end state, the trustee must hold confidence in the 

eyes of the trustor.  

Performance, purpose, and process are three key sources of information that convey 

information about the automated system's goal-oriented characteristics. Information of 

performance relates to an automated system's capability, predictability, and reliability, 

similar to capability and competence elements in interpersonal trust. This information 

is acquired from automated systems' current and historical operation and elaborates its 

capability to realize user goals. User trust, therefore, resides in the performance of the 

automated system (Hoff & Bashir, 2015). Information on purpose relates to the 

designer’s intended use of the system. It is similar to benevolence in interpersonal trust 

(Lee & See, 2004). Information regarding the process relates to the attributes of the 

automated system. In a nutshell, trust can be formed “from a direct observation of 

system behaviour (performance), an understanding of the underlying mechanisms 

(process), or from the intended use of the system (purpose)”(Lee & See, 2004). 

3.2.2 User acceptance Theories 

Acceptance is a multifaceted concept and has been defined in many ways with 

overlapping characteristics (Rahman et al., 2018). Generally, measuring acceptance with 

behavioural intention is more pragmatic and explored by numerous researchers. Adell 

(2009) defined acceptance as “the degree to which an individual corporates the system 

in his/her driving, or if the system is not available, intends to use it” (p.31). Davis (1993) 

stated that “user acceptance is a user's intention to actually use a given system, 

determined by his/her overall attitude towards using [it].” The user acceptance theories 

focussing on behavioural intention using technology (Wibowo, 2019) include 

Technology Acceptance Model (TAM) (Ajzen, 1991; Davis, 1985, 1989; Davis et al., 1989), 
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Theory of Planned Behaviour (TPB), Unified Theory of Acceptance and Use of Technology 

(UTAT) (Venkatesh et al., 2003) and Automation Acceptance Model (AAM) (Ghazizadeh 

et al., 2012). The TAM was built on the theory of reasoned action (TRA) by Fishbein and 

Ajzen (1975). It was initially proposed to explain the acceptance of information 

technology by the users. Various adoption theories are shown in Figure 3.2. 

Figure 3.2 

Adoption Models – User Acceptance 

 

 

In TAM, perceived ease of use (PEOU) and perceived usefulness (PU) are two main 

predictors of attitude, and this attitude forecasts behaviour intention to use and the 

actual use of the system (Davis, 1989). PU refers to the degree to which a user believes 

in technology performance, and PEOU refers to the perceived effort of the user while 

using an automated system (Figure 3.3). The TAM bears a close resemblance to Neilsen’s 

usefulness explanation, where utility denotes PU and usability refers to PEOU (Nielsen, 

2012).  

Figure 3.3 

Technology Acceptance Model 

 

Note: Adopted from User acceptance of computer technology: a comparison of two theoretical models 

by Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. 35(8), p 982-1003. 1989. Copyright Management science 

Journal, Elsevier Ltd 
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The TAM is based on Psychological Attitude Paradigm and, over the years, have been 

extended with additional factors leading to TAM2 (Venkatesh & Davis, 2000) and TAM3 

(Venkatesh et al., 2003). Belanche et al. (2012) explored causality between trust, PE, 

PEOU, attitude, intention to use) and suggested trust as an additional factor in TAM 

(Figure 3.4). 

Figure 3.4 

Extension of Technology Acceptance Model 

Note:  Extended Technology Adoption Model adopted Integrating trust and personal values into the 

Technology Acceptance Model: The case of e-government services adoption by  Belanche, D., Casaló, L. 

V., & Flavián, C. 15(4), p. 192-204. 2012. Copyright Elsevier Ltd 

Ghazizadeh et al. (2012) identified trust and compatibility as additional factors affecting 

PU and PEOU in TAM in Automation Acceptance Model (AAM). Similarly, the UTAUT 

model observes effort expectancy (EE), Social Influence (SI), performance expectancy 

(PE), and facilitating condition (FC) as the core variables and considers that gender, age, 

experience, and voluntariness of use (VOU) having moderating effects on these core 

variables (Figure 3.5).  

Figure 3.5 

Unified Theory of Acceptance and Use of Technology 
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Note: Adapted from User acceptance of information technology: Toward a unified view by Venkatesh, V., 

Morris, M. G., Davis, G. B., & Davis, F. D. p.425-478.2003. Copyright Management Information Systems 

Research Center, University of Minnesota JSTOR.  

The TAM is the most widely used theory in various research studies in the context of 

driver acceptance. Xu et al. (2010) observed PU and PEOU with four other factors and 

modelled advanced traveller information system. Roberts et al. (2012) integrated 

‘unobtrusiveness’ in the TAM to measure drivers’ distraction with automated warning 

systems. Reagan et al. (2017) and Kidd and Reagan (2019) highlighted that positive 

perceptions contribute to adopting driver assistance technologies through PU and 

PEOU. Park and Kim (2014) investigated the effects of attitude and PU on behavioural 

intention and stated in favour of their effects. Chen and Chen (2011) observed 

‘perceived enjoyment’ and used ‘personal innovativeness’ to confirm its moderation on 

behavioural intention. Osswald et al. (2012) recommended an acceptance model based 

on attitude, effort expectancy, performance expectancy, and social influence, among 

others, as a precondition to behavioural intention. Larue et al. (2015) used TPB to model 

acceptance of railway level crossing warning systems and found the effect of attitude 

and subjective norm. Adell (2010) observed the utility of UTAT in a naturalistic study and 

observed significant effects of performance expectancy and social influence. Some of 

the models bear similar components, e.g., there are similarities between PU in TAM and 

PE in UTAUT; between PEOU in TAM and EE in UTAUT; and social norms in TPB and social 

influence in UTAUT (Rahman et al., 2018). Age and gender are the most explored 

demographic factors that affect acceptance (Rahman, 2016; Rahman et al., 2018). 

Since the TAM was purposefully developed for IT users (Table 3.1 below), it does not 

account for all factors affecting HAV user acceptance (Aremyr & Jönsson, 2017). Besides, 

both TAM and AAM are not supported by empirical observations despite having a solid 

theoretical background (Rahman et al., 2018). Lately, the theoretical underpinning of 

trust in automation and AVs within HMI emphasizes an interdisciplinary approach to 

study beyond usability and perceived ease of use as explored by TAM. It asks for 

exploring the factors external to HMI towards social, material, cultural, and dispositional 

domains (Raats et al., 2020).  
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Table 3.1 

User Acceptance major Theories and Models in the context of AD 

Theory / Model Significant Factors Definitions Key Studies in the domain 

Technology 
Acceptance Model 

(TAM) 

Perceived Usefulness 
(PU) 

Davis (1989)“The degree to which a person believes that using a particular 
system would enhance his or her job performance” (p. 985). 

(Ghazizadeh et al., 2012; 
Ghazizadeh et al., 2012b; 
Larue et al., 2015; Park & Kim, 
2014; Roberts et al., 2012; 
Rödel et al., 2014) 

Attitude Fishbein and Ajzen (1975)“An individual’s positive or negative feelings 
(evaluative affect) about performing the target behaviour” (p. 216). 

Perceived Ease of 
Use (PEOU) 

Davis (1989)“The degree to which a person believes that using a particular 
system would be free of effort” (p. 985). 

Unified Theory of 
Acceptance and Use 
of Technology 
(UTAUT) 

Effort Expectancy(EE) Venkatesh et al. (2003) “The degree of ease associated with the use of the 
system” (p. 450). 

(Adell, 2010; Chen et al., 
2020; Larue et al., 2015; 
Madigan et al., 2016; 
Osswald et al., 2012; Rödel et 
al., 2014) 

Performance 
Expectancy (PE) 

Venkatesh et al. (2003)“The degree to which an individual believes that using 
the system will help him or her to attain gains in job performance” (p. 447). 

Social Influence Venkatesh et al. (2003)“The degree to which an individual perceives that 
important others believe he or she should use the new system” (p. 451). 

Theory of Planned 
Behaviour (TPB) 

Attitude Same as above in TAM (Larue et al., 2015; Rödel et 
al., 2014) Subjective Norm Fishbein and Ajzen (1975)“The person’s perception that most people who are 

important to him think he should or should not perform the behaviour in 
question” (p. 302). 

Perceived 
Behavioural control 

Ajzen (1991)“The perceived ease or difficulty of performing the behaviour” p. 
188). 

Automation 
Acceptance (AAM) 
and Various Other 
Models 

Trust  Lee and See (2004)“The attitude that an agent will help achieve an individual’s 
goals in a situation characterised by uncertainty and vulnerability” 

(Aremyr & Jönsson, 2017; 
Aremyr et al., 2018; Belanche 
et al., 2012; Ervin, 2005; 
Ghazizadeh et al., 2012; 
Ghazizadeh et al., 2012b; 
Regan et al., 2006) 

 Compatibility Moore and Benbasat (1991)“The degree to which an innovation is perceived as 
being consistent with the existing values, needs, and past experiences of 
potential adopters”(p. 195). 
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Theory / Model Significant Factors Definitions Key Studies in the domain 

Personal 
Innovativeness 

Agarwal and Prasad (1998)“The willingness to adopt (technology) innovations 
earlier than others.” 

Effectiveness Rahman et al. (2018) “System’s extent to carry out its intended tasks.” 
Affordability Regan et al. (2006)“willing to pay to purchase, install and maintain the 

system”(p.141) 
Endorsement Rahman et al. (2018). “The willingness to approve or suggest the purchase 

and/or use of a driver support system.” 
Note: The Table adopted from Modelling driver acceptance of driver support systems by Rahman, M. M., Strawderman, L., Lesch, M. F., Horrey, W. J., Babski-Reeves, K., & 

Garrison, T. 121. p 134-147 . 2018. Copyright Journal of Accident Analysis & Prevention Elsevier Ltd.  
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3.2.3 Major Trust Models 

Trust is a significant prerequisite for user acceptance (Wintersberger, 2020). Trust needs 

treatment more than just a precondition of acceptance. It is quintessential to user 

behaviour during interaction (Wintersberger, 2020). In recent literature, the prominent 

trust model theories and taxonomies are postulated by Lee & See and Hoff & Bashir. 

However, several scholars studied the trust based framework in automation, including 

Ekman and Wintersberger (Du et al., 2021; Ekman, 2020a; Hoff & Bashir, 2015; Lee & 

See, 2004; Lind Oros, 2020; Okamura & Yamada, 2020; Sato et al., 2020; Sun et al., 2020; 

Wintersberger, 2020; Zhang et al., 2020). 

3.2.3.1 Work on Trust and Appropriate Trust by Lee & See 

Lee & See highlighted that it is essential to differentiate between trust as an attitude 

and reliance as a behaviour because people say they trust AV. Still, their actions may not 

reflect their statement. While describing their conceptual framework of ‘ A Dynamic 

Model of Trust and Reliance on Automation, ’ Lee and See (2004) found that trust and 

automation interaction affect each other in a dynamic close loop in stages (Figure 3.6). 

Figure 3.6 

Trust as an Attitude Influencing Reliance 

 

Note: Framework describing how trust as attitude may influence reliance as a behaviour adopted from 

Trust in automation: Designing for appropriate reliance by Lee, J. D., & See, K. A. 46(1), p. 50-80.2004. 

Copyright Journal of Human factors. 
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 In stage one, user interfaces are vital to assist the user in forming a belief about 

automation. In stage two, trust grows with positive interaction with interfaces. Then 

user forms an intention to rely on automation juxtaposing other contextual factors such 

as workload, perceived risk, and effort to engage. In the last stage, this reliance intent 

guides the user's behaviour to interact with the system in time constraints and 

configuration errors. The misuse and disuse of automation occur once users over trust 

or distrusts the automaton while inappropriately relying on automation (Parasuraman 

& Riley, 1997). Lee and See (2004) displayed calibration with the help of a diagonal line 

(Figure 3.7). 

Figure 3.7 

The relationship between calibration, resolution, and automation capability 

Note: Over trust may lead to misuse, and distrust may lead to disuse adopted from Trust in automation: 

Designing for appropriate reliance by Lee, J. D., & See, K. A. 46(1), p. 50-80.2004. Copyright Journal of 

Human factors. 

They described a relationship between calibration, resolution, and automation 

capability to define appropriate trust in automation, as shown in Figure 3.7. They 

observed that the appropriateness of trust is a function of calibration, resolution, and 

specificity. Lee and See (2004) stated that resolution relates to “how precisely a 

judgement of trust differentiates levels of automation capability” (p. 56), and specificity 

relates to “to the degree to which trust is associated with a particular component or 

aspect of the trustee” (p.55). Functional specificity is “system-wide versus component-

specific trust” with particular emphasis on function and modes of automation. Temporal 

specificity describes how fast changes in performance are articulated in trust. In the 
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trust calibration domain, Hergeth et al. (2017) displayed that prior familiarization with 

take-over requests can assist in dealing with over trust issues. Kraus et al. (2020) showed 

malfunctions decrease trust if users do not provide previous information, but these 

observations were based on a control group of participants. Similarly, very few papers 

discussed temporal or functional safety or referred to over or under trust (Bazilinskyy et 

al., 2018; Faltaous et al., 2018; Kunze et al., 2018). Many studies suggested using 

additional feedback mechanisms to support the calibration process using design 

features equipped with better transparency and uncertainty information 

(Wintersberger, 2020). 

3.2.3.2 Trust Model by Hoff & Bashir 

A significant work towards investigating the relevant aspects of trust is conducted by 

Hoff and Bashir (2015) Trust Model (Figure 3.8). Initially (Marsh & Dibben, 2003) 

presented a conceptual model highlighting three layers: dispositional, situational, and 

learned trust.  

Figure 3.8 

Model of Three Layer of Variability in Trust in Automation 

Note: Adapted from Trust in automation: Integrating empirical evidence on factors that influence trust by 

Hoff, K. A., & Bashir, M. 57(3), p. 407-434.2015. Copyright Journal of Human Factors, the University of 

Illinois at Urbana-Champaign Champaign, IL 61820  

The dispositional trust is influenced by the user’s long term tendency to trust 

automation irrespective of the environment. Situational trust is related to the context 

of specific interaction and learned trust in which the user evaluates the system based 
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on past experiences. Hoff & Bashir extended these layers. Their Model observed that 

dispositional trust is influenced by an operator’s culture, gender, age, and personality 

traits. Situational trust displays internal variability (difficulty in task, system type and 

complexity, workload, potential risks and benefits, task framing, and the organizational 

setting) and external variability (mood, or capacity to pay attention, self-confidence, and 

expertise in the subject). Learned trust is based on the brand/reputation of the system, 

understanding and experience with similar systems, and expectations from the system. 

Dynamically learned trust emerges from direct system interaction (reliability, validity, 

dependability, predictability, usefulness, error types and their timing/difficulty) and 

design features such as level of control, transparency, appearance, communication 

style, and ease of use (Wintersberger, 2020).  

All factors cumulate to shape the operator’s initial reliance behaviour. And dynamically 

learned trust finally determines reliance behaviour (Hoff & Bashir, 2015). The initially 

learned trust and the behaviour lead to the performance of the whole system. The 

situational factors such as situation awareness, influence reliance, and cognitive 

workload apply to both Lee & See and Hoff & Bashir Models (Wintersberger, 2020). 

Several studies identified the application of the Hoff & Bashir Model discussing the 

aspects of training for the operator (Payre et al., 2016), self-confidence as a predictor of 

trust (Tenhundfeld et al., 2020), external variably in the context of risk (Li et al., 2019), 

the influence of driving behaviour on trust (Sonoda & Wada, 2016), and the utility of 

feedback in the HMI design process ensuring transparency (Hartwich et al., 2019; Körber 

et al., 2018).  

3.2.3.3 HMI Design Aspect by Ekman 

Ekman (2020a) presented an AV framework for designing appropriate trust. Ekman 

studied the basis for the emergence of trust in three distinct stages: pre-use, learning, 

and performance. The Pre-use stage occurs before interaction with AV. The learning 

happens during interaction with AV in a specific context once the user has learnt about 

the system's performance. And, the performance phase takes place while doing various 

road operations with AV during different changing contexts (Ekman & Johansson, 

2015a). These factors comprised mental model of driver, common goals, training, 

expert/reputable, anthropomorphism, feedback, adaptive automation, customization, 

uncertainty information, why and how information and, error information. Situation 
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awareness accounts for most of the HMI design process functions, including feedback, 

why and how information, error information, and uncertainty information. These 

processes are preconditions to acquire optimum situation awareness in automated 

systems with the help of various user interfaces. Similarly, it can also be summed up that 

anthropomorphism is a holistic term that can also have a subset of the aspects such as 

customization and adaptive automation.  

3.2.3.4 Automation Acceptance Model (AAM) 

Automation Acceptance Model, as shown in Figure 3.9, creates an integrated 

automation acceptance model by combing research from cognitive engineering and 

information systems domains (Ghazizadeh et al., 2012). AAM incorporates two more 

factors, including trust and compatibility to the TAM model directly influencing PU and 

PEOU. AAM displays trust and compatibility determinants directly influenced by external 

variables and shows feedback loops affecting these factors while the system is in use 

Perspective has been applied to the dynamic nature of trust and multiple layers of 

automation. 

Figure 3.9 

Automation Acceptance Model (AAM) 

 

 

 

 

 

 

 

Note: Dashed line indicate AAM workflows and straight line arrows are of original TAM. Adapted from 

Extending the Technology Acceptance Model to assess automation. Cognition, Technology & Work by 

Ghazizadeh, M., Lee, J. D., & Boyle, L. N. 14(1), p.39 -49.2012. Copyright Springer-Verlag London Limited  
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Behavioural intention to use is directly influenced by trust like PU. Trust and 

Compatibility are directly affected by external variables such as system features and user 

characteristics (Davis et al., 1989). Task technology compatibility indirectly affects 

behavioural intention through PU and PEOU. Compatibility refers to how well the 

automated system performs vis-à-vis user needs and requirements in a specific context. 

Additionally, feedback loops are added to depict the actual system usage, affecting the 

loop's various factors.  

It is important to design HMI for HAV, considering the mediating effect of trust on 

reliance and the importance of information availability and information observability to 

make the right decision to rely on automation (Aremyr & Jönsson, 2017). Lee and See 

(2004) emphasized not to confuse trust with intention or behaviour as these elements 

are influenced by other human factors such as SA, workload and self-confidence. Trust 

in automation is a significant mediator (though not the only one) of using automation 

(Wintersberger, 2020). Muir (1987) two-dimensional framework in the backdrop of 

sociology leads to the following definition of trust in HMI:  

“Trust is the expectation, held by a member of a system, of persistence 
of the natural and moral social orders, and of technically competent 
performance, and of fiduciary responsibility, from a member of the 
system, and is related to, but not necessarily isomorphic with, 
objective measures of these qualities” (p.531) 

As depicted in Automation Acceptance Model (AAM), users’ closer view of the system 

rather than its capabilities lead to trust induced behaviour, namely reliance (Aremyr & 

Jönsson, 2017). In this context, Wickens et al. (2013) information processing model at 

the perception stage bears significance. Lee and See (2004) suggested an assimilation 

model that highlights the interplay of analogical, affective and analytic processes in the 

context of human-machine trust. The analytic paradigm relates to pragmatic thinking 

and evaluation of the trustee’s characteristics. The analogical is based on societal norms, 

rules, and regulations defined by others, and affective refers to the emotional response 

to the expectancies. People tend to use these assimilation processes depending upon 

the availability of resources and the relationship between trustor and trustee. Trust is 

essentially an affective response though partially influenced by analogical and analytical 
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processes (Figure 3.10). Lee and See (2004) observed that the user’s trust level is based 

on “the relationship between trustor and trustee, the information that is available to the 

trustor, and the way information is displayed” (p.61). Therefore, it is concluded that to 

garner the holistic trust of users for the acceptability of AVs, users need to have trust in 

the governance regime based on rules and regulations. Users should be fully cognizant 

of AV's purpose, process, and performance to have appropriate situational awareness 

(Endsley, 2016; Parasuraman et al., 2008). Moreover, the user needs to trust how 

information is displayed and human-like mental capabilities attributed to the 

automation system in the backdrop of anthropomorphism (Epley et al., 2007; Waytz et 

al., 2014).  

Figure 3.10 

The interplay between the assimilation process underlying trust 

3.2.4 Trust based HMI Frameworks in Earlier Studies 

Numerous studies focussed on trust based frameworks while dealing with automated 

systems. Lee and Moray (1992) observed a passenger riding inside prototype level 2 AV 

that driver anxiety in critical situations may be reduced once he sees the vehicle 

managing different driving situations. They proposed the use of an agent and creating 

an emotional contact between the driver and an agent. Wintersberger (2020) observed 

that choice of diver gender has little effect on emotional and mental states. Häuslschmid 

et al. (2017b) compared various visualization overlaid on a driving scene of a chauffeur 

avatar, a world in miniature, and car indicators. They observed an increase in trust. Basu 

and Singhal (2016) suggested a framework based on user trust and agent trust to 
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harness multi-modal sensor data from the vehicle and user’s wearable handheld device 

using features like gaze, facial expression. Ekman et al. (2018) identified trust based on 

usage phases, automated driving (AD) events, factors and levels, explaining each event 

that trust starts long before the user’s first interaction with the system and continues 

after that.  

de Visser, Pak, et al. (2018) suggested yet another trust repair paradigm to equip AVs 

with better human capabilities so that trust is repaired actively after an unintended 

action or violation. He stressed the need to distinguish automated systems such as GPS 

navigation from drones and advocated a new framework based on underlying concepts 

of industrial psychology. The framework propagated to infuse a unique human-like 

ability to build and actively repair the trust into autonomous systems. Chien et al. (2018) 

explored a validated cross-cultural trust measure in the US, Taiwan, and China 

considering Honour, Face, and Dignity factors based on Leung and Cohen’s theory of 

Cultural Syndromes and Hofstede’s Cultural Dimensions. They identified that despite 

cultural differences, substantial commonalities were found in developing trust through 

a relationship between reliability and reliance. The trust dynamics vary significantly in 

different disciplines due to various definitions (Erchov, 2017). Therefore, it might be a 

reasonable attempt to examine trust following the neuro-ergonomic approach 

(Gramann et al., 2017). 

Another study identified that a false alarm device activated different brain regions of a 

human compared to machines (Fedota & Parasuraman, 2010). Cho and Hansman (2018) 

defined a framework showing complete architecture involving driver, automation 

systems, and the environment. De Visser, Beatty, et al. (2018) postulated that with the 

increase in complex AI, developing new methods to monitor AI is necessary. They 

hypothesized that electroencephalograms (EEGs) could provide a trust measurement 

index without self-reporting. Trust can be examined in computer algorithms through the 

utility of neural correlates or error monitoring.  

Wintersberger (2020) investigated distrust, over trust, and multitasking theoretical 

considerations and highlighted the significance of multi-modal and attentive user 

interfaces to deal with these issues. Table 3.2 displays the key trust based HMI 

Frameworks found in the Literature. 
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Table 3.2 

Key Trust based HMI Frameworks 

Trust Scenarios Decisions/Result Methods Samples References 
Researcher Identified 
dimensions of trust in driving 
automation and trust 
calibration framework 

Highlighted the significance of multi-modal 
and attentive user interfaces 

Series of studies- total 7 Students and Staff of 
University 

Wintersberger (2020) 

The researcher investigated 
user acceptance and the 
willingness to use AVs 

Media affect self-efficacy and subjective 
norms, resulting in people’s trust and 
behaviour change 

Structural Equation 
Modelling 

173 college students of IT 
used survey questionnaire  

Du et al. (2021) 

Developed an interface for 
transfer of control between 
car and human for steering 
control and speed control 

Simulated several modes of danger that 
would require manual take over and human 
awareness, cognitive load in drivers of AVs 
and their performance under multiple 
cognitive loads 

  Johns et al. (2014) 

A dynamic model of human 
trust in automation based on 
Auto-regressive Moving 
Average was examined. 

The success of collaboration (measured as 
efficiency) improved constantly as the 
operators became familiar with the plant 
operation 

For three days, 2 hours 
per day sessions of 
running an orange 
pasteurizer automated 
plant, the authors 
recorded the trust 
dynamics of several 
operators 

19 (male and female) 
undergraduate students, 
operators, responded to 
60sets of a rating scale on 
a subjective rating scale 
and regression analysis 

Lee and Moray (1992) 

The impact of timing of 
reliability drop on real-time 
human trust in the machine 
when a human was the sole 
machine operator. 

Real-time trust cannot be reflected by 
traditional trust questionnaires and is 
affected more by early on robot failure than 
by later losses of reliability 

iRobot ATRV-JR robots 
with user interfaces 

12 (male/female) 
participants examined 
the varying reliability with 
no explicit feedback and 
16 (male/female) for 
dynamic reliability with 

Desai et al. (2013)  
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Trust Scenarios Decisions/Result Methods Samples References 
feedback  measured with 
the Muir survey. 

Modelled human trust in 
automation as a continuous 
interval representation from 
complete distrust to absolute 
trust. 

Developed adaptive trust seeking robots that 
can predict human trust in a given situation 
and adapt its actions and social behaviour to 
improve the trust. 

Developed ‘OPTIMo,’ a 
dynamic Bayesian model 
of trust as a function of a 
vehicle's performance, 
frequency of human 
interventions, the 
previous state of trust 
and self-reported 
trust states 

 Twenty-one roboticists 
from 7 universities were 
involved in two human-
robot interaction scenarios 
to follow sequences of 
different boundary targets. 

Xu and Dudek (2015) 

Proposed a framework for 
integrating Human-Robot 
mutual trust including User 
trust, Agent trust, and the 
two fundamental 
components of Mutual trust. 

How to harness multi-modal sensor data 
from the car as well as from the user’s 
wearable or handheld device? 
 

  Basu and Singhal (2016)  

Suggested a framework for 
implementing trust-related 
factors into the HMI 
interface. 

Trust formation is a dynamic process that 
starts long before a user's first contact with 
the system and continues long after. 

User study conducted 
using a NHTSA level 2 AV 
system found in a 
Mercedes Benz E-class. 
Repeated Measure 
Design Approach for 
validation 

Nine participants 
(male/female) were 
observed for driving and 
interviewed in the user 
study. Then six students 
and four experts of Volvo 
for focus workshops. For 
validation 8 people 
(male/female) 

Ekman (2020a); Ekman 
and Johansson (2015b, 
2018) 
 

A conceptual model of Trust 
in automation was explored. 

Described the dynamics of trust, the role of 
context, and the influence of display 
characteristics. 

Literature Analysis  Lee and See (2004)  
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Trust Scenarios Decisions/Result Methods Samples References 
Presented a three-layered 
trust model that synthesizes 
existing knowledge 

Three layers of variability in human-
automation trust 

A systematic review of 
empirical research on 
trust in automation 

101 total papers, 
containing 127 eligible 
studies 

Hoff and Bashir (2015) 

Trust in autonomous driving 
can be increased by 
means of a driver interface in 
the shape of chauffer avatar, 
car indicators, and the world 
in miniature 

Intelligent autopilot visualization of the 
car’s understanding and interpretation of the 
situation, as well as its corresponding 
actions, increased trust 

Questions measured 
trust factors on 5 point 
Likert scale, user 
experience on 7 point 
Likert scale, and then 
the Friedman test. 

First, a pilot study with 6 
participants to test transfer 
of trust and evaluated the 
design. Then recruited 30 
persons (12 female) 
measure attitudes and 
behaviours 

Häuslschmid et al. 
(2017b)  

Investigate the key factors 
influencing the adoption of 
driverless cars in a closed 
environment 

The ability of the driverless car to meet 
performance expectations and its reliability 
were important adoption determinants. 

Embedded quantitative 
study (Tonsley 
innovation at flinders 
Uni) with a survey (5 
point Likert scale) and 
confirmation in SPSS 

Pretesting with 3 
participants and then 
survey involving 101 
individuals 

Kaur Kaur and 
Rampersad (2018)   

Investigated the cognitive 
and emotional dimensions 
while designing AVs 

Transparent 
interfaces adapted to the mental system of 
the human are the prerequisite for the  
situation and system awareness in 
interactions with the automated system 

Electronic 
questionnaire, The 
affective similarity 
evaluated via the 
semantic differential 
method Following the 
three-dimensional 
Euclidian distance 

1000 participants Wolf (2016) 

Using QFD for designing an 
autonomous underwater 
robot 

Significant users’ design parameters are 
identified 

Interviews of 30 Thai 
Navy officers 

30 participants Pasawang et al. (2015)  
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3.2.5 Public Trust in Driverless Technology via Governance / Legal Readiness 
Structure – A case for the regulatory ecosystem  

The author would try to highlight the significance of public trust in Driverless Technology 

concerning the regulatory ecosystem in the country from an institutional trust and 

structuration theory point of view. There has been very little research in the literature 

regarding the role and relevance of AVs regulation in a smart urban transport system 

(Ljungholm, 2020). NZ Government has a vital role in maximising social welfare goals of 

cybersecurity regulating safety, security, and privacy. These goals are then translated 

into technical standards in collaboration with relevant industry stakeholders and 

international bodies. In the context of AVs, the security and privacy aspects need to be 

embedded into the holistic safety domain in the transport regulation paradigm 

(Anderson et al., 2018). Against this backdrop, the capacity development within the 

responsible organizations for successful AD is required. It comprises development of 

relevant standards and regulations, provision of adequate R & D funding, road codes, 

and formulation of documentations. These efforts will ensure that the Government is 

accountable to the public by elaborating rules and enforcing these rules. 

Deployment of the AVs will result in the rise of new human factors issues related to 

safety risks at lower levels of automation, such as behavioural adaptation, over-reliance, 

skill loss, complacency, and inadequate process monitoring. (Fisher et al., 2020). 

Governments and responsible organizations need to learn from other regimes 

potentially shaping the regulatory ecosystem, including Australia, UK, the US, Sweden, 

and Norway (Hansson, 2020). And consider principle-based approaches to regulation. 

As advocated by earlier research scholars, interpersonal trust forges an effort to manage 

the relationship between humans and machines. System trust is the “trust in the 

functioning of bureaucratic sanctions and safeguards, the so-called legal system” (Lewis 

& Weigert, 1985). It leads to social order addressing the complexities which cannot be 

pursued from an interpersonal trust (Knowles & Richards, 2021). 

Individuals trust that the system itself has appropriate mechanisms for ensuring 

trustworthiness (Giddens, 1990; Kroeger, 2017). ‘Systemness’ is a term dynamically 

embedded through dimensions of structure called ‘Structuration.’ It underpins the 

interplay between structure and its reproduction and is often termed 

‘Institutionalization’ (Knowles & Richards, 2021). Trusting an institution means trusting 
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in system structures (Kroeger, 2017). Giddens (1990) described the dimensions of 

structure (rules and resources that govern social practices) that form institutions. These 

include significance, legitimation, and domination. Significance refers to symbolic 

actions that portray meaning concerning the institution, such as a white coat that 

symbolizes a doctor (Jones & Karsten, 2008). The Legitimation furnishes norms and 

values known to people and further reinforced with institution sanctions of failure to 

comply. Finally, domination is the allocation of power to the agents of an institution. 

The coherence of these dimensions resonates with trust emphasizing integrity (Mayer 

et al., 1995).  

Norms in the institution lose their legitimacy and validity if individuals breaking the rules 

are not punished, and people working for the institution must be sufficiently 

empowered. Trust in an institution grows through the concept of facework identified by 

Goffman (1955). It signifies a person's self-presentation or transition of interpersonal 

trust to an institutional trust based on the conduct and behaviour of the people working 

in the institution. Thus lack of public trust is not only due to the user’s inability to 

understand AV, but it can mainly be a reaction to lack of relevant structural assurances 

of the trustworthiness provided by the institutions. Formulating technical standards and 

documents for AVs testing, certification and deployment can ensure the system's 

trustworthiness. Institutional trust ultimately promotes interpersonal trust, increasing 

the feeling of security (Spadaro et al., 2020). The concerns of safety, 

security/cybersecurity and privacy not only resides in the folds of interpersonal trust but 

also bear fundamental relevance to institutional or system trust (Anderson et al., 2018; 

Ljungholm, 2020; Manda & Backhouse, 2016; Taeihagh & Lim, 2019; Taeihagh et al., 

2021)  

Leveraging lessons from Artificial Intelligence and the deployment of drones provide 

evidence for the establishment of appropriate trust to mitigate the risk of user 

acceptance challenges (Altawy & Youssef, 2016; Cunneen et al., 2019a; Elmaghraby & 

Losavio, 2014; Taeihagh et al., 2021). Trust mediates people micro intentions on 

automation reliance and macro interactions for overall public acceptability towards the 

transportation system as a whole (Fisher et al., 2020) 
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During HMI, the trust based on user acceptance may mediate the relationship between 

AD influencing factors regarding the user’s cognitive abilities and smooth legal readiness 

mechanism. In other words, interpersonal and institutional trust form a holistic trust and 

governance mechanism for successfully deploying AVs.  Figure 3.11 illustrates the trust 

in the automation ecosystem where the holistic trust based on institutional and 

interpersonal trust influencing AD factors ensures acceptance of AVs. 

Figure 3.11 

Trust in Automation Eco System 

 

The underlying Figure 3.12 describes the holistic trust affecting AD factors based on the 

research study. 

Figure 3.12 

Holistic Trust and Governance Affecting Factors 
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The graphical representation in Figure 3.12 displays the primary internal and external 

determinants based on interpersonal and institutional trust for the successful adoption 

of AVs. The internal determinants include the user’s mental model, situation 

awareness/feedback, training, and anthropomorphism. The external determinants are 

based on safety, privacy, and security/cyber security. Situational trust relates to 

institutional trust, and dynamic trust is formed based on interpersonal trust factors.  The 

third set of determinants indirectly relates to initial and dynamic learned trust. These 

determinants relate to familiarity, economic utility, price and technological maturity of 

automation levels that might contribute to proliferation of AVs with several other 

variables. These determinants can be used for predicting the futuristic impact of AVs 

proliferation and deployment timelines.  

Based on the above discourse, this study proposes trust influencing layers to establish 

an appropriate trust mechanism for successfully adopting AVs in NZ. These layers 

describe the strength and maturity of the trust and governance framework. To establish 

a strong HMI relationship, users' acceptance and trust rests on optimum AD HFs and 

legal readiness structure. The smooth proliferation of AVs may only be achieved while 

resorting to the high end of the influencing layers (Figure 3.13 below). 

Figure 3.13 

Study Environmental Context for exploring relationship between Trust and Adoption of AVs 

The undermentioned Table 3.3 identifies all AD trust influencing factors for the 

successful adoption of AVs.  
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Table 3.3 

Holistic Trust Affecting Factors 

Factors Explanation References Remarks/Domain 

Mental Model To rightly use the 
system, the user mind 
need to figure out the 
system functions and 
competencies for 
assimilation 

Lee and See (2004); 
Toffetti et al. (2009) 
See rest in above paras 

Interpersonal Trust, 
Institutional Trust, 
Internal HMI and 
External System 
Governance Domain 

Situation 
Awareness & 
Feedback 

Perception of the 
elements in the 
environment. A system 
agent is continuously 
providing output and 
behaving like senses.  

Dekker and Woods 
(2002); Desai et al. 
(2013); Fisher et al. 
(2020); Lee and See 
(2004); Verberne et al. 
(2015). See rest above 

Interpersonal Trust, 
Internal HMI Design 
Determinant 

Training To improve the user’s 
knowledge, system 
training is conducted 

Ekman (2020a); 
Parasuraman et al. 
(2008); Toffetti et al. 
(2009). See rest above 

Interpersonal Trust, 
Internal HMI Design 
Determinant 

Anthropomorphism  A system that acts more 
like a human in terms of 
voice, gender and name 

Aremyr et al. (2018); 
Bartneck et al. (2009); 
Boyer (1996); Waytz et 
al. (2014) 

Interpersonal Trust, 
Internal HMI Design 
Determinant 

Familiarity How the system 
performed the task was 
necessary for the 
participants to trust it 

(Nieuwenhuijsen et al., 
2018); Tenhundfeld et 
al. (2019); (Xu & Fan, 
2019) 

Interpersonal Trust, 
Internal HMI Design 
Determinant 

Customization and 
Adaptive 
Automation 

The ability to set non-
critical functions as per 
user preferences and A 
system that can adapt to 
user’s likings 

Helldin et al. (2013); 
Hoff and Bashir (2015); 
Lee and See (2004); 
Verberne et al. (2015) 

Interpersonal Trust, 
Internal HMI Design 
Determinant, Subset 
of anthropomorphism 

Technology 
Maturity 

Improvement in 
software systems ‘brain’ 
of an AV 

(Abbass, 2019; 
Haboucha et al., 2017); 
Nieuwenhuijsen et al. 
(2018) 

Interpersonal Trust, 
Institutional Trust, 
Internal HMI and 
External System 
Governance Domain 

Utility The usefulness of a 
product economically 

Nieuwenhuijsen et al. 
(2018); (Wang & Zhao, 
2019) 

Interpersonal Trust, 
Institutional Trust, 
External System 
Governance Domain 

Safety Features and 
Standards 

The Government need to 
make safety standards 
around manufacturing, 
vehicle design, 
infrastructure and 
communications 

Anderson et al. (2018); 
Ward (2011). See rest 
above 

Interpersonal Trust, 
Institutional Trust, 
External System 
Governance Domain 

Security, Cyber 
Security and 
Privacy 

A self-driving car may be 
vulnerable to traffic 
incidents and 
interruptions, software-
related security flaws, 
viruses and malware 

Altawy and Youssef 
(2016); Anderson et al. 
(2018); Elmaghraby 
and Losavio (2014); 
Kaur and Rampersad 
(2018); Ljungholm 
(2020); Taeihagh and 
Lim (2019) 

Interpersonal Trust, 
Institutional Trust, 
External System 
Governance Domain 

Price The Cost of an AV Nieuwenhuijsen et al. 
(2018) 

Interpersonal Trust, 
Institutional Trust 
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3.2.6 Trust via AI and Immersive Technologies Applications for AVs 

The acceptance of AVs for current and potential drivers, especially older people and 

people with disabilities, depends on the design and accessibility of vehicle user 

interfaces (Ferati et al., 2017). The multi-modal approach seems pragmatic in the 

backdrop of the users involved in non-driving tasks such as reading or using 

smartphones and the users with sensory impairment (Hastie et al., 2017; Ji, 2015; Kun 

et al., 2016). Big data in the realm of AI and the burgeoning rise of immersive 

technologies comprising Virtual, Augmented and Mixed Reality (VAMR), and 

Electroencephalography (EEG) environments are creating non-invasive Brain Robot and 

Human-Computer interaction paradigms (Ma et al., 2020; Rehman et al., 2018). Their 

perceived utility in the context of AVs will underpin the exciting use of such technologies 

creating a “brain to vehicle” connectivity, improved SA, portable environment for riders, 

and provision of safe testing grounds in real-time conditions. Harnessing the collective 

prowess of these technologies will be at the forefront of predicting, developing, and 

deploying AVs.  

Numerous well-known companies, including Google, Tesla, GM, Uber, BMW, Daimler, 

Toyota and Baidu, employ advanced technologies in AVs (Sun et al., 2021). AI 

approaches based on Machine Learning (ML), Deep Learning (DL), and Reinforcement 

Learning (RL) are being employed to improve the SA and human-like decision capability 

in AVs. The perceived opportunities and challenges are related to the application of 

these emerging technologies in big data, high definition maps, and high-performance 

computing, augmented reality (AR), virtual reality (VR), and 5G communication (Ma et 

al., 2020). In a recent study survey, various AVs communications (V2V, V2I, and V2X) 

were grouped into three categories based on transmission range (Ahangar et al., 2021). 

The study suggested that short-range technologies in strict latency needs, including 

collision warning and medium range, can be used for V2X communication, whereas C-

V2X and 5G-NR were considered key enabling technologies for future intelligent 

transport systems. 

AR can be an effective tool in enforcing conviction in autonomous driving by allowing 

the vehicle to perceive objects, generate a rationale for decisions, and convey its intent 

to the driver for manual intervention (Ng-Thow-Hing et al., 2013).  It can show a planned 

lane change to the driver to augment its situational awareness. Additionally, AR Head-
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Up Displays are likely to be the future of car navigation and enhanced control 

mechanisms to improve traffic safety (Basso et al., 2018). VR windshields application will 

remove the requirements of road signs, traffic lights, and road paintings and reconfigure 

multi-lane roads based on demand. Measuring the driver state during various stages of 

cognitive workload under the influence of affective sensing (emotions) with facial 

analysis and EEG can assist in envisaging the brake reaction time of a driver for designing 

collision warning systems for autonomous vehicles (Govindarajan, 2017). MR Lab at the 

University of Southern California has successfully explored human-machine teaming 

(USC, 2017). It concluded that the training, testing, and practice of the operator and AV 

algorithms with a pre-configured VR environment is necessary for the successful 

deployment of AVs. Well-designed user interfaces increase users’ trust (Brinkley et al., 

2019; Faltaous et al., 2018; Ferati et al., 2017; Helldin et al., 2013; Hock et al., 2016; 

Karlsson et al., 2018). 

3.3 Conclusions and Research Implications 

The study arrived at research conclusions and implications that affect users’ trust, 

acceptability, deployment, and implementation timelines of AVs. The study was aimed 

to develop a holistic trust and governance framework for optimum acceptability and 

adoption of Autonomous Vehicles (AVs) in NZ. This frame of reference in Chapters 1 and 

2 explored the various dimension of driverless technology in AVs. The literature review 

identified multiple factors, theories, barriers and enablers, perceptions of users, and the 

role of trust affecting the AD in NZ. The literature review was carried out to provide the 

solution to the following research questions.  

RQ1. What is the significance and futuristic role of driverless technologies 

internationally and locally within AVs’ context? 

RQ2. How COVID -19, like pandemic crisis, can affect autonomous driving (AD) 

technologies? 

RQ3. How can the co-evolution of regulations and technology influence the 

implementation of AVs in NZ and elsewhere? 

RQ4. What are the perceived benefits and critical barriers for the deployment of AVs 

globally and in NZ? 

RQ5. What is the significance of human factors (HFs) for autonomous driving (AD)? 
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RQ6. How do trust and user acceptance contribute to humanizing and adopting 

autonomous driving (AD) technologies? 

RQ7. What are the key AD factors affecting interpersonal and institutional trust during 

human-machine interaction (HMI) for AVs deployment in NZ? 

RQ 8-11. Develop an integrated trust and governance framework and examine its 

feasibility and validation for AVs deployment in NZ. 

3.3.1 Significance of Driverless Technology within AVs Context. 

Driverless technology comprising automation, electrification, and sharing is likely to 

alter the urban landscape and future mobility towards “mobility-as-a-service” (MaaS). 

ADSs will form the core of the Driverless Technology ecosystem comprising AVs, 

monitoring centres, and road infrastructure. AVs use Artificial Intelligence (AI), Deep 

Learning, and real-time HD mapping to ensure safety during driving. AVs are perceived 

to improve safety and environmental impacts and open new travel options for the 

elderly, disabled and underage persons. 

3.3.2 COVID – 19 Pandemic Impact on Driverless Technology and Research  

The COVID -19 pandemic and ever-evolving user and environmental demands for 

transportation have witnessed a proliferation in the development and deployment of 

AVs globally. In the aftermath of the pandemic, there is a likelihood of further increase 

of driverless technologies in the future. It has forced manufacturers to propel AV 

technology to the next level and, transit from production to R&D. COVID – 19 is likely to 

have a lasting impact on future mobility solutions. This disruption has created unlimited 

opportunities in the longer term. Intelligent Transport Systems and COVID-19 safety 

guidelines set sights on taking human presence out of the loop. Both pursue similar 

themes of keeping fewer humans in vehicles and supply lines, lower accidental deaths 

and illnesses, and avoidance of mass movements of people in crowded public buses, 

rails, and subways etc. There was a pressing need to draw parallels in order to realize a 

prudent outcomes of the study, though COVID-19 is not an essential component of this 

research study. Increase use of autonomous technologies and self-driving projects 

during present crisis forged increased familiarity, dependability and predictability of 

these technologies which ultimately impact acceptance and deployment. 
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3.3.3 Role of User Studies and Co-evolution of regulation and Technology. 

 User experience, real-time user studies, simulations, and testing will be vital in 

integrating the physical world into the digital world for the acceptance of AVs. 

Unfortunately, policymakers and industrial stakeholders have so far failed to fill the 

regulatory vacuum that may ultimately compromise their proliferation and hinders 

market share profits, reputation, and future electability. Moreover, key determinants 

affecting AD must be explored in real-world environments employing naturalistic and 

longitudinal user studies out of protocols of simulated laboratory environments to study 

how dynamic trust evolves through experience and interaction with technology.  

3.3.4 AVs Perceived Benefits and Barriers Globally 

The perceived benefits of AVs include economic and social benefits, increased safety 

and road capacity, reduced congestion, reduced parking costs, and energy consumption. 

The study found numerous other benefits comprising shared mobility, control of traffic 

flow, efficient road transport, increased tourism, innovative freight delivery, 

entertainment, attractiveness, increase in travel speed, and offer of mobility to people 

who cannot drive. The key barriers include trust, safety, user acceptance, privacy, 

security/cyber security, Legal readiness structure, and proportioning liability regime. 

Some others include technology and infrastructure readiness, updating road traffic 

signs, and associated allied costs towards automation.  

3.3.5 AVs Perceived Benefits and Barriers in NZ Environment 

NZ low population density, inconsistent safety infrastructure, and road markings, limited 

funding from private capital and government institutions are significant barriers to the 

wider development of AVs. NZ mostly relies on 2nd hand cars imported from Japan. There 

is no company involved in the manufacturing of AVs. Only one transport technology 

company, ‘HMI technologies,’ ran AV shuttle trials in Christchurch, Melbourne and 

Sydney, but manufacturing took place from imported technology. NZ supports the 

testing of AVs due to no explicit legislative requirement of a driver in the vehicle. 

However, it requires significant improvements at a higher level of automation (level 3 

and above). Policy planners in NZ are struggling to imagine the consequence of driverless 

technology disruption and have adopted a ‘wait and see’ policy. The law changes are 

needed for liability clarification (criminal and product liability) in AVs offences. It 
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includes speeding and illegal parking, voluntary self-assessment, road code and specific 

amendments in Land Transport Act. Similarly, AVs users cannot bring a civil action and 

property damages to court. Moreover, cybersecurity risks and terrorism are likely to 

have a dampening effect on motivation towards vehicle automation.  

 NZ people believe in AVs' perceived benefits in reducing accidents, improved 

fuel efficiency, decreased traffic congestion, reduction in emissions, mobility to disabled 

people, and reduced insurance premiums. However, people consider lack of trust as a 

predominant barrier towards acceptance of AVs. Other barriers comprise safety, lack of 

control, cost, fear of relieving ownership, lack of adequate road infrastructure, and 5G 

coverage as key barriers towards AVs deployment.   

3.3.6 Significance of Human Factors (HFs) Study in Automated Driving.  

The HFs knowledge addresses the safety risks and acceptability barriers relating to the 

deployment of AVs. Human presence in the loop results in AD challenges, including over-

reliance, skill loss, handling of lower-level handover situations, complacency, 

inadequate process monitoring, and behavioural adaptation. It leads to injuries and 

deaths. It ultimately affects the trust, acceptance, and HMI design process of AVs. HFs 

knowledge also assists in deploying an effective legal readiness structure to ensure 

safety in the transportation system. 

3.3.7 Significance of Trust and Key Enablers to Driverless technology in NZ.  

Users’ Trust is the key enabler to the social acceptance of AVs. It is a multidimensional 

and multifaceted construct that perpetuates at a period of seconds to decades and acts 

as a lynchpin towards other enablers. The literature study observed different but 

theoretically related parameters from numerous areas of research affecting users’ trust 

in AVs. The study then categorized these parameters in two main domains: Users’ Trust 

HFs and Legal Readiness domains. HFs domain includes users’ mental model, situation 

awareness, training, and anthropomorphism. The legal readiness domain includes 

safety, security/cyber security, and privacy factors. Moreover, it has been observed that 

these determinants have inter-linkages with both domains and have a significant 

relationship with the users’ trust.  
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3.3.8 Significance of the Role of Interpersonal and Institutional Trust in NZ.  

Trust mediates people micro intentions on automation reliance and macro interactions 

for overall public acceptability towards transportation system. System trust rest on the 

functioning of the bureaucratic legal system that leads to social order addressing its 

complexities that cannot be pursued from the interpersonal trust. Interpersonal trust 

forges an effort to manage the interpersonal relationship between humans and 

machines. This connotation of trust formation in the Driverless technology perspective 

deserves a relook towards the generation of holistic trust mechanism. The concerns of 

safety, security/cybersecurity and privacy reside in the folds of interpersonal trust and 

bear fundamental relevance to institutional or system trust. 

3.3.9 Layers of Influence Holistic Trust and Governance in NZ. 

Trust and Governance affecting AD Factors can be influenced by three layers model 

where Trust is the key towards user acceptance of AV technology. The first and second 

layers include parameters within HFs and the legal readiness domain though having 

interlinkages that demand investigations and validation. The third layer comprising 

familiarity, technology maturity, and economic utility of automation, are significant 

contributory factors in foreseeing the futuristic possibilities of proliferation and 

implementation timelines for AVs. The layers of influence also indicate the strength of 

the relationship between trust, legal readiness, and the adoption of AVs. High trust and 

mature legal readiness structure are likely to contribute towards the proliferation of AVs 

adoption in a given time and space. 

3.3.10 Knowledge gap in Automation Technology Acceptance Models.  

Trust and acceptance models and theories widely used in Literature bear their 

emergence to human-robot interaction or Information Technology paradigms. These 

theories gradually introduced trust, perceived risk based on safety requirements, 

personality traits, social influence, and external environment parameters. Lately, 

Automation Acceptance Model identified trust and compatibility. Both TAM and AAM 

are not supported by empirical observations despite having strong theoretical 

background. Theoretical underpinnings of these models do not address the semi-

autonomous vehicles and performance implications of ADAS. There is still a lack of 

clarity and understanding regarding the effects of automation on human behaviour in 
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the context of high autonomous vehicles (HAVs). Particularly when the user confronts a 

lower level of automation where the vehicle requires human input for full control. The 

phenomenon of trust and driver acceptance, especially in ADAS, is profoundly complex 

compared to its application in drones, aviation, and other industries. These theories and 

models need a fresh look in the backdrop of a unique split-second myriad of safety risks. 

No modelling theory describes the acceptance domain for AVs considering interpersonal 

and institutional trust.  

3.3.11 Pandora's Box of Levels of Automation and Shared Design Space. 

The concept of the Operational Design Domain (ODD) and levels of automation in the 

context of Dynamic Driving Tasks (DDT) of AVs are central to the capability of the 

automated driving system. However, the SAE taxonomy of LoA is relatively well defined. 

However, it is widely debated that automation levels should not be linked to the degree 

of human intervention alone. It should also be categorized as various transitory stages 

of the control loop where technology assists human operators. Moreover, with the 

increasing levels of autonomy, liabilities become blurred, and there is a need to link 

responsibility more closely to autonomy levels. Hence, there is greater room for 

deliberations in the context of driver’s SA (environmental monitoring), handover 

situations, and legal liability against crashes from level 2 to level 4 AVs. Few experts 

believe that to counter this ambiguity, especially at level 3, the responsibility needs to 

change to the handover timeline. This requires a further breakdown of taxonomy levels 

by explicitly looking at the taxonomic categorization concerning the split of liability 

between the vehicle driver and the autonomous system. From the HMI design 

perspective, a possible way forward may include moving towards full automation (FAD) 

and eliminating human operator input at lower levels or making shared controlled 

devices. Similarly, DDT may either be performed by the operator or automation, and the 

operator may do multitasking when automation is active, thus reintegrating 

cooperatively into a shared design space. Additionally, from legal readiness perspective 

involving liability and other issues, there may only be two levels, i.e., driving with and 

without human input.  
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3.3.12  Significance of Multi-modal User Interface.  

Multi-modal user interfaces and immersive technologies of virtual, augmented, and 

mixed reality (VAMR) and Electroencephalography (EEG) environments are likely to 

create non-invasive Brain Robots and Human-Computer interaction paradigms. These 

will assist in garnering users’ trust towards AVs. 

3.3.13  Likely Best Fit AVs Deployment Business Model for NZ.  

In the NZ environment, transport systems and infrastructure are likely to evolve 

continuously, comprising distinct variations emerging in different regions and for diverse 

needs of users. HAVs and shared ownership are likely to co-exist with conventional and 

private vehicle ownership pursuing a collaborative consumption in a multifaceted 

economic model. Thus it would be a social transition instead of a technological 

transition. Moreover, likely AVs deployment pathways could be creating fleets of AVs in 

contained urban spaces and incrementally increasing the number of vehicles with 

autonomous features on NZ roads. 

3.3.14   Perceived future timelines of AVs deployment.  

Earlier studies hinted optimistically towards AVs implementation timelines. AVs are 

likely to be commercially available in the 2030s to 2040s. However, these will be costly, 

providing less driver stress and independent mobility for less affluent non – drivers. The 

AVs are predicted to be affordable by the 2050s providing benefits of autonomous 

mobility to a large segment of society, cheap taxi, and micro-transit services. Moreover, 

it is also pointed out that half of the new vehicles and half of the vehicle fleet will be 

autonomous by 2045 and 2060. Still, reduced congestion will only take place with 

dedicated lanes that can allow platooning.  

3.3.15   Further Research Implications for this Study.  

This conclusion calls for qualitative and quantitative investigations to capture these 

complexities in the backdrop of AVs deployment in NZ. It is also essential to identify and 

validate user acceptance requirements addressing internal and external environments 

and the role of trust based on interpersonal and institutional trust in real-time live traffic 

conditions. There is a need to examine how and why dynamic calibrated trust develops 

in specific forms in particular conditions for chalking out a holistic trust and governance 
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framework for NZ. While investigating, the focus would be on critical determinants 

comprising situation awareness, feedback, mental model, customization, adaptive 

automation, training, and anthropomorphism. These are depicted as compatibility in 

AAM, PE in UTAT, situational and dynamically learned trust in Hoff and Bashir Model. 

Moreover, the privacy, security / cyber security (depicted as FC in UTAT and linkages 

with Hoff and Bashir Model) specific to NZ settings affecting user trust and acceptability 

need investigation.  

3.3.16   Comparison with Earlier Studies.  

An extensive review of the existing and latest knowledge in the subject and its relevance 

to different aspects of a wider body of knowledge in trust, HMI, and acceptability of 

driverless technology has been carried out. Most of the earlier studies on the subject 

are based on conceptual models developed by Mayor, Hoff, and Lee and other models 

such as TAM, UTAT. These theories fall short of addressing the driverless or semi 

driverless system in the presence of ADAS in the HMI design process. These studies did 

not capture internal as well as external environmental factors. Trust is always 

considered from an interpersonal point of view (taking the lead from human to human), 

and no study in automaton described institutional trust. This study has attempted to 

follow a practical approach of creating a calibrated trust framework for AD systems 

within an HMI design process based on internal determinants and external 

determinants. Though this study bears similarity to PEOU, PU, and FC as depicted in 

these earlier models yet ensue a comprehensive approach adding additional factors.  

3.4 The Chapter Summary 

Users’ Trust within the folds of interpersonal trust and institutional trust is a key enabler 

towards social acceptance and adoption of AVs in NZ. It is a multidimensional and 

multifaceted construct that perpetuates at a period of seconds to decades. It acts as a 

lynchpin towards other exogenous and endogenous enablers in two distinct domains, 

namely ‘HFs’ and ‘Legal Readiness/Governance’ categorized by this study. The trust and 

acceptance theories found in literature and functional levels of automation warrant a 

relook towards driverless technology in semi-autonomous vehicles that uses ADAS and 

from a legal readiness context. Policymakers need insights into the co-evolution of 

regulation and technology to arrive at a mature governance regime towards AV 
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deployment and other stakeholders. Due to its unique characteristics, NZ is likely to see 

the rise of AVs and shared ownership in tandem with conventional and private vehicle 

ownership pursuing a collaborative consumption in a multifaceted economic model. 

Thus it would be a social transition instead of a technological one for successful 

deployment of AVs in NZ, as suggested by the proposed layers of influence of this 

Research Study. 
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Chapter 4  - Research Methodology 

4.1 Introduction 

This chapter delineates the research methodologies, tools and techniques applied to 

accomplish the research aim and objectives. This chapter commences with highlighting 

the philosophical and theoretical perspectives followed by research paradigm and 

design methodologies. It elaborates the ethical research process and then describes the 

significance and justification of research methods used in a Multiphase Design to 

address the research questions. These phases focus on understanding the problem, 

users’ needs that will interact and face the problem, and the enabling context where the 

users and problem resides. Research aim and objectives drive the choice towards a 

mixed methodology approach. 

4.2 The Philosophical and Theoretical Perspective 

In this objective world, it is impossible to access the truth or social reality using a single 

scientific method as proposed by the Positivist or Interpretivist paradigms. Instead, the 

truth lies somewhere pursuing the Pragmatic paradigm (Creswell & Clark, 2017; Yvonne 

Feilzer, 2010) within the folds of dialectical pluralism (Goertzen, 2010). Based on mixed 

methods methodology, a value laden axiology (research that benefits people), relational 

epistemology (research relationships are best determined by the researcher) and non - 

singular ontology (All individuals have unique interpretations of reality) (Kivunja & 

Kuyini, 2017).  

Philosophical worldviews denote the “basic self of beliefs that guide actions” (Guba, 

1990; Petersen & Gencel, 2013). It governs how to view the reality surrounding our 

world and directs the processes of the research. This study aims to realize an appropriate 

level of trust for optimum acceptability and implementation of Autonomous Vehicles 

(AVs) in NZ. The research aim and objectives can be well articulated and understood in 

behavioural science and design science domains due to the convergence of people, 

organization and technology. The behavioural science paradigm predicts human or 

organizational behaviour through theory development and verification, whereas the 

design science paradigm seeks to create innovative artefacts by extending human and 

organisational capabilities (Hevner et al., 2008). To understand the overall context in the 
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human machine interaction domain, Engestrom’s Activity Theory (AT) (Cao et al., 2013; 

Kaptelinin & Nardi, 2007; Nardi, 1996) best explains the six processes (Figure 4.1 below). 

It underlines the role of a user (subject) who performs activities with an object 

(environment i.e., AV) employing mediating artefact (Trust). The mediating artefact is a 

physical or psychological media that interacts with the community of people or 

organization (Community), rights and status of people (Division of Labour) and Rules and 

Regulations (Rules). Trust is a multidimensional and multifaceted construct that 

perpetuates at a time period of seconds to decades. A person’s trust in trustee fluctuates 

over time with new experiences and knowledge (Ekman, 2020a). User perception is 

significant in finding out the trust towards deployment of AVs (cf. constructivism 

(Creswell & Clark, 2017) and perception may be accessed through interviews, 

questionnaires and mixed methods (Ekman, 2020a; Ekman et al., 2018).  

Figure 4.1 

The Activity Theory Framework 

 

Note: The AT Framework adopted from Questions of the Theory and History of Psychology, chapter 

Consciousness as a Problem in the Psychology of Behaviour (p.40-41) by Vygotsky, L. S.1925. Copyright 

Collected Works. Moscow 

4.2.1 Research Paradigm, Methodology and Methods 

The study is through the lens of the Pragmatic Paradigm, the theoretical perspective of 

the Design Science Research approach utilizing mixed methods Multiphase Design. The 

Pragmatic Paradigm supports mixed methods. It seeks to interrogate practical and 

pluralistic approaches that allow a combination of methods to articulate the actual 
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behaviour of participants, the beliefs and consequences that follow from their behaviour 

(Kivunja & Kuyini, 2017) which is the main aim of this research study. It is impossible to 

access the ‘truth’ about the world solely by a single scientific method postulated by the 

positivist paradigm theorists (Mertens, 2012) or determine social reality as propagated 

by the Interpretivist paradigm. 

Moreover, this paradigm allows methodological pluralism in a concurrent embedded 

and convergent design methods allowing the convergence of qualitative and 

quantitative data, thus ensuring validity and reliability (Cresswell & Cresswell, 2018). 

Epistemologically, it assists in utilizing the logic of inquiry through deduction (testing of 

hypothesis and theories developed during the process), achieving complementary 

strengths (Brierley, 2017). Ontologically, it helps realize the significance of the physical 

and the evolving social and psychological worlds. The pragmatic paradigm rules this 

research study methodology, i.e. Design Science Research, towards the formulation of 

research questions, instruments, data collection and analysis. The study is justified using 

a user study, evaluated by statistical equation modelling (SEM) considering case study 

of AVs in NZ. It is further explored by systemic dynamic (SD) modelling and semi 

structured experts’ interviews for overall interpretation and research outcomes. 

4.2.1.1 Multiphase Design 

The Multiphase Design involve various qualitative and quantitative studies sequentially 

or concurrently building on one another to address the overarching research question 

(McBride et al., 2019). The mixed methods Multiphase Design is used to “supplement 

research strategies to collect data that would not otherwise be obtainable by using the 

main method” (Morse, 1991, p. 191) and ‘’for the broad purposes of breadth and depth 

of understanding and corroboration” (Johnson et al., 2007, p. 123). In Phase 1, 

Concurrent Embedded Design Correlational Model comprising study – 1 (AV user study) 

and 2 (SEM) is used. In Phase 2, Convergent Parallel Design Model comprising study – 3 

(SD) and 4 (Experts’ interviews) is pursued (Figure 4.2). Multiphase Design aims to 

address the incremental research questions and provide an overarching methodological 

trust and governance framework for AVs adoption in NZ. The research problem in this 

study has various dimensions needing different samples, procedures and approaches. 

Hence, this design seeks to holistically design, develop, test and evaluate the framework 
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through iterative studies in multiple phases (Almeida, 2018; Baran & Jones, 2016; 

Creswell & Clark, 2017). 

4.2.1.1.1 Concurrent Embedded Design Correlational Model 

In an embedded design, the quantitative and qualitative studies seek solutions regarding 

two different research questions within a study (Creswell & Clark, 2017; Fonner et al., 

2021) sequentially or concurrently. One form of the data is used in a subservient role 

and embeds into the main experimental or correlational study (Harrison, 2013). A 

correlation model is another variant of embedded design where the researcher obtains 

qualitative data to develop predicting relations in a larger correlation study (Creswell & 

Creswell, 2018; Creswell et al., 2003). The timings of mixing qualitative and quantitative 

components are significant in the backdrop of simultaneity and dependence (Guest, 

2013). According to Schoonenboom and Johnson (2017), the concurrent design may use 

dependant data analysis, and sequential could employ independent data analysis.  

In this study, the qualitative data (user study – 1 in a supporting role) addresses the 

primary question in the predominant quantitative study (SEM/CFA study – 2). The 

qualitative data is embedded in the study – 2 to shape and develop the intervention and 

use correlations to identify relationships between trust affecting variables. It assisted in 

explaining the predictive relationships and the trust and governance phenomenon in the 

implementation of AVs in NZ. The quantitative methodology primarily serves to answer 

the research question 8 in objective 2. The quantitative methodology provides a solution 

to research question 9 in objective 3 for identification and evaluation of key trust 

affecting AD factors during human-AV interaction and discussion of the outcomes. A 

single data source was not considered sufficient enough. The interpretations were 

drawn from the convergence of findings and analysis from qualitative and quantitative 

data. This research design revolves around the social acceptance of AVs in NZ. It has a 

fundamental bearing on knowing the NZ people aspirations and observing the users’ 

level of trust in real traffic conditions with an AV. Due to the availability of several trust 

influencing factors in AD in the current literature, the complementary user study was 

necessary to arrive at the most significant influencing factors for AD in NZ.  The final 

results constitute interpretation and findings against two separate studies as per the 

design. 
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4.2.1.1.2 The Convergent Parallel Design. 

It is also known as the concurrent triangulation design (Castro et al., 2010). This research 

design seeks to “obtain different but complementary data on the same topics” (Morse, 

1991). It incorporates simultaneously prioritizing qualitative and quantitative phases 

(Harrison, 2013; McBride et al., 2019). The integrated results are triangulated during 

interpretation (Tashakkori & Creswell, 2007). Thus, it harnesses the strengths and 

dilutes the weakness of independent qualitative and quantitative research (Creswell & 

Creswell, 2018). This design method is similar to concurrent embedded design, except 

equal weights are given to both the data sources (Castro et al., 2010).  

This design is used to realize all the research questions and objectives. The 

interpretations provide a complete understanding of the realized benefits, challenges, 

co-evolution of regulation and technology, diffusion timelines and likely proliferation 

road map for AVs in NZ. In this design phase, study – 3 incorporates quantitative System 

Dynamics (SD) modelling technique, and study – 4 uses semi structured experts’ 

interviews capturing follow up data from study – 1 and study – 2. The data and results 

from study – 3 and study – 4 are collected simultaneously and merged in the research 

implications. In the end, these interviews and convergence of data assisted in inclusive 

research analysis and interpretations (Albsoul, 2021). The studies realize the theoretical 

output of integrated trust and governance framework (developed in Study – 2) in 

practical ways and give policy guidelines for AVs deployment in NZ. It illustrates the 

quantitative result with qualitative findings in the next 100 years’ timeline chart from 

2021 to 2121. This design provides a holistic understanding of AVs deployment 

phenomenon comparing multiple levels within a system. 
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Figure 4.2 

Research Paradigm, Methodology and Methods 

 

4.2.2 Theoretical perspective – Situating AV Case Study within Design Science 
Research (DSR) approach  

Design Science Research (DSR) is a well-known research approach within the 

Information Systems (IS) and Business and Management Studies (BMS). It is used to 

create innovative artefacts, link theory and practice, and develop scientifically grounded 

solutions to solve real-world problems (Costa et al., 2016; Rocha et al., 2012). The 

artefact may include conceptual constructs (Peffers et al., 2012) and system design and 

guidelines (Offermann et al., 2010). DSR is also employed for social innovations and new 

technical and architecture design theories and practices (Costa et al., 2016). The DSR 

comprises the construction of a viable artefact (Hevner et al., 2004), the rigorous 

evaluation of the artefact (Peffers et al., 2012), and the knowledge contribution (Gregor 

& Hevner, 2013). 

In multidisciplinary research, case study research (CSR) can be applied in DSR at ex ante 

evaluation (user study interviews and questionnaires) and ex post evaluation (experts’ 

interviews from various industrial sectors) for naturalistic evaluation/interpretation of 
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the artefact design (Vahidov, 2012). CSR is one of the evaluation methods in DSR. The 

iteration, design, development and evaluation of artefact occurs in the design cycle of 

DSR in parallel with CSR. In ex post evaluation, the same procedures for data collection, 

analysis and validations are applied as ex ante evaluation stage. The difference happens 

in the selection of new participants for interviews, with the modification made according 

to the feedback obtained. This approach reinforces the artefact’s validation process and 

generalization of findings (Costa et al., 2016). The knowledge obtained from the existing 

theories, artefacts and needs from actual case studies transform research objectives to 

design and development (Yildiz & Møller, 2021). A case study is an “empirical research 

method used to investigate a contemporary phenomenon, focusing on the dynamics of 

the case, within its real life context” (Yin, 2018). Case studies are generally performed 

where (1) “how” or “why” questions are used, (2) the researcher has no control or little 

control over events, or (3) the contemporary phenomena with a real-life context is being 

explored. CSR is used for inductive, deductive and abductive research (Costa et al., 

2016). 

The fundamental DSR requirements accepted by all schools of thought is to validate the 

artefact development using existing theories and guidelines (Österle et al., 2011). In a 

socio-technical context, the artefact is influenced by the environment in which it 

operates. This research is in the realm of socio-technological interaction where trust of 

the people, HMI and AVs deployment phenomenon is being explored. Design Research 

is significant in IT based hybrid intelligence system artefacts and HMI (Ostheimer et al., 

2021). DSR in IS employs designs, analysis, reflection and abstraction in pre-

development, development and post development stages for addressing the knowledge 

gaps (Vaishnavi & Kuechler, 2015). In the first stage of the process, the research proposal 

is an output of the problem awareness. While the last two steps involve justification 

using SEM and the framework utility using SD and experts’ interviews for validation and 

evaluation (Benfell, 2021). In DSR, all research strategies should be included, as anyone 

can be valuable depending upon characteristics and goals, including surveys, action 

research, grounded theory, experiments, case studies and ethnography (Johannesson & 

Perjons, 2014). A core research criterion is to set a framework based upon the 

connection between relevance (context of design) and rigor (the business/environment) 
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and the scientific knowledge. (Cash & Piirainen, 2015; Drechsler & Hevner, 2016; 

Hevner, 2007; Hevner et al., 2008). 

Figure 4.3 

Research Framework 

 

The DSR facilitates the research process by outlining a cyclical development and 

validation process, thus initially defining the issue in the environment and subsequently 

evaluating it to be successful for its intended users and environment. After observing 

the Change and Impact Cycle, design problems, constraints and requirements are 

identified and fed by the relevance cycle linking the environment with the design (Figure 

4.4 below). In the next design cycle, the artefact is synthesized and evaluated until it 

satisfies the criteria set for design. The last rigor cycle links DSR and the scientific 

knowledge base feeding the principles of form and function to the design and findings 

of the evaluation of the artefact back to the knowledge base (Piirainen, 2016). In this 

model, the design commences with the awareness of the problem occurring due to 

innovation, i.e. factors affecting AD and lack of trust in AV technology as a critical barrier 

in acceptability of AVs in NZ. The solution is provided by developing an integrated trust 

and governance model for the successful proliferation and diffusion of AVs in NZ. 

Problem is identified from existing knowledge and theory, and development of artefact 
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is done through user study and survey. At the same time, evaluation and validation are 

carried out through system dynamic modelling and expert’s interviews. 

Figure 4.4 

A Four Cycle View of Design Science Research (DSR) 

 

Note: Adapted from. A four-cycle model of IS design science research: capturing the dynamic nature of IS 

artefact design by Drechsler, A., & Hevner, A. 2016. Copyright Breakthroughs and Emerging Insights from 

Ongoing Design Science Projects: the 11th International Conference on Design Science Research in 

Information Systems and Technology (DESRIST) St. John, Canada. 

4.3 Research Ethical Approval 

This section delineates the research ethical and moral considerations in the study. 

Ethical approval was sought from Auckland University of Technology (AUT) Ethics 

Committee (AUTEC). This involved preparing participant information sheets and consent 

forms, experts’ interview guide, details of ‘zoom’ session methodology, user study and 

a survey questionnaire, and safety protocols during AD session in a live traffic 

environment. Details of these are attached as appendices. Moreover, a separate 

agreement was also prepared and signed between BMW NZ Group and the user study 

participants, including the author. The approval from the AUT's Ethics Committee 

(AUTEC), with approval number: 19/282 occurred before the commencement of data 

collection. 
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The study ensured that no confidential information regarding the identification of the 

participants is disclosed unless the participants consent permission (AUTEC, 2020a, 

2020b; Petrova et al., 2016). The complete data was anonymised so that it is impossible 

to reveal the identity of individual responses. No information of the project study was 

employed for purposes other than the study's objectives (AUTEC, 2020c; Mittelstadt & 

Floridi, 2016). The accrued information was analysed and reported in which 

confidentiality of the information is fully guaranteed (Williams & Pigeot, 2017). The 

project information was shredded, and a small size of data was secured in password 

protected folder at the end of the research (AUTEC, 2020a). The access was restricted 

to only the research and supervisory team directly involved in research and data 

analysis. These research practices were pursued during the entire research process 

implementing the research approach and theoretical framework. 

4.4  Research Methodology 

Figure 4.5 describes the detailed research process underpinning multiphase design 

mixed methods research. It employs the concurrent embedded correlational design in 

Phase 1 and the convergent parallel design in Phase 2, as discussed above. The study 

involved four studies in four stages (two studies in Phase 1 and two in Phase 2 

concurrently). Stage – 1 comprised a user study with BMW AV level 2, with most of the 

features of level 3 in an exploratory setting. Stage – 2 involved a quantitative survey and 

SEM, Stage – 3 SD Modelling and Stage – 4 is based on semi structured experts’ 

interviews. Qualitative analysis reinforced the quantitative analysis process in four 

stages and two design phases. All phases contributed towards answering the underlying 

research aim and objectives as below: 

Main Research Aim: To develop a holistic trust and governance framework for optimum 

acceptability and adoption of Autonomous Vehicles (AVs) in NZ. 

Research objective – 1: To examine the critical perspectives of driverless technologies 

in the backdrop of the deployment of AVs 

Research objective – 2: To analyse the role of key AD factors affecting trust based on 

significant HMI and governance determinants for the implementation of AVs in NZ. 

Research objective – 3: To develop and assess an integrated trust and governance 

framework for the successful adoption of AVs in NZ. 
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Figure 4.5 

Research Study Methodology in Detail 

4.5 Study – 1: Literature Review and Complementary User Study 

In Stage – 1, the literature review explores the meaning, composition and correlation of 

constructs by considering the facts and evidence within the area of study in a specific 

context (Adlbrecht et al., 2021). Creswell and Poth (2016, p. 15) observed that 

qualitative research is an inquiry embedded in distinct methodological traditions to 

explore a social or human problem and is based upon the observations and 

interpretations of people’s perception of various events in a natural setting (Guba & 

Lincoln, 1994). The literature review assisted in gaining an understanding of how various 

theoretical constructs relevant to the study relate to each other (Wolfswinkel et al., 

2013). Hence, the study synthesized the literature, identified the gaps in the knowledge 

and provided a theoretical foundation for the proposed research for further knowledge 

contribution (Paré & Kitsiou, 2017; Sylvester et al., 2013).  
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Since the proposed study revolved around social acceptance of AVs in NZ, it has a 

fundamental bearing on identifying the users’ level of trust and perceptions in realistic 

live traffic conditions. It needed to explore the significant events during interaction with 

AV having complementary trajectories in HMI trust and governance to generate an 

appropriate level of trust and HMI design guidelines. Therefore, an AV case study 

research in the form of a complementary user study with BMW X5 xDrive40i SUV 

Autonomous Level 2 having most of the functions of level 3 was conducted. Against this 

backdrop, the users’ comments and perceptions form the unit of analysis. The user study 

furnished context specific input on what, how and when trust factors affect user’s trust 

besides confirming the relevance of events in user – AV interaction scenarios taking 

inspiration from few earlier studies (Aremyr & Jönsson, 2017; Aremyr et al., 2018; 

Ekman, 2020b; Ekman & Johansson, 2015a; Ekman et al., 2018). The goals of the 

literature study pertaining to user study were to further explore and identify significant 

theoretical constructs relevant to AVs in HMI and Governance Domain affecting user 

trust (Kaur & Rampersad, 2018; Parasuraman et al., 2008). The aim of the user test was 

twofold, first to find out the answer to (1) What are the key AD factors affecting 

interpersonal and institutional trust during human-machine interaction (HMI) for AVs 

deployment in NZ?, (2) What HMI AD events are affected by key trust affecting factors 

during human – AV interaction? 

4.5.1 Study 1 – User Study Methodology 

User studies delineates people, behaviour and contexts. These adopt qualitative and 

quantitative approaches to articulate the holistic view and the robust data required to 

triangulate and validate data collected (Banwell & Coulson, 2004). User studies are 

effective ways of evaluating everything from visualization methods (Sanyal et al., 2009) 

to complex environments, including aeroplane cockpits (Sarter, 2006; Sarter & Woods, 

1994), surgical simulators and AVs (Ekman, 2020a; Garzon, 2012; Walch et al., 2015). 

The objective was to develop a guiding framework for holistic trust related factors and 

design guidelines for successful HMI. Therefore, this exploratory user study comprised 

users’ questions, interviews, brain storming ideation workshops and the use of affinity 

diagrams (Figure 4.6 and Figure 4.7) during various test sprints. The qualitative data is 

embedded in study – 2 to identify the relationship between trust affecting variables at 

the design level in a concurrent embedded correlational design. It assisted in explaining 
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the predictive relationships, and the trust and governance phenomenon in the 

implementation of AVs in NZ. Its ultimate goal was to find and evaluate context specific 

factors, events and constructs for the following stages of the study. 

Figure 4.6 

User Study Method Design including Three Phases 

 

 

 

The User Study was carried out in collaboration with BMW NZ Group using an 

Autonomous Level 2 BMW X5 xDrive40i SUV vehicle with most of the functions of Level 

3 as this was the only company having AV level 2 vehicles in Auckland. The study was 

used as a supporting study to embed data in the primary study – 2 and assist in 

developing predicting relations in identified trust variables. The BMW AV had forward 

collision warning, automated emergency braking, lane change warning system, parking 

assistant, driving assistance with adaptive cruise control, auto pilot (ranging from few 

seconds to a minute). The user study comprised driving sprints/trials in Auckland on 

high, medium and low density vehicle roads in live traffic conditions.  

Figure 4.7 

User Study Methodology 
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The study approach warranted a small, efficient test sample having basic know how of 

driving to be sensitive enough to detect behavioural changes when exposed to different 

conditions (Ekman & Johansson, 2015a). Besides, fewer participants can improve their 

performance while undergoing a scenario number of times. The age and gender of the 

population most likely to be the early adopters of AVs technologies were kept while 

selecting participants. In ethnographic HMI based user usability tests, a sample of 5 to 

10 participants is considered adequate as one sample can expose 80% usability 

challenges in 3 - 4 user tests (Rubin & Chisnell, 2008; Stadler et al., 2020).  

The user study consisted of a sample of 6 participants: five males and one female, 23-45 

years old, holding a full driver’s license and in good physical health, randomly selected 

after putting an advertisement on social medial. Auckland University of Technology 

Ethics approval process was followed. Before driving, the participants were informed 

that they would undergo several ideation workshop sessions. They would be observed 

during the driving sessions for various autonomous functions, including adoptive cruise 

control, auto pilot, automated parking assistance and lane keeping assistance and be 

interviewed. An agreement between participants, including the researcher and the 

BMW NZ Group, was signed regarding the loaned vehicles formalities and insurances 

before each user study driving sprint. None of the participants drove level 2 autonomous 

vehicles earlier, and since they were not experts of AD system, their observations were 

novel to research.  

The BMW X5 SUV Vehicle has almost all characteristics of a level 3. Including the Driving 

Assistance Plus package with adaptive cruise control (ACC) and lane keeping assist, 

except that the auto pilot function is switched on from a few seconds to a few minutes 

depending upon the vehicle’s speed. The BMW system reliably detects hands on the 

steering wheels and never prompts the user to place hands on wheels. Initially, a BMW 

training officer drove the vehicle and showed the autonomous functions to the author 

besides giving a training workshop session to the participants. All sessions with the 

expert were video recorded. After the introductory sessions, the participants were taken 

to an initial warm-up driving sprint to get accustomed to the user interface and the 

vehicle’s driving style. During actual driving sprints, the participants were subjected to 

questions before, during and post driving sessions. The data was gathered on their 

driving experience, attitudes towards AD, finding out critical challenges and their 
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perceptions/tendencies to various trust affecting factors. After inquiring about the 

demographics, the participants’ questions were organized around Trust, 

Anthropomorphism, Safety, Security, Privacy, Legal readiness, Customization, and 

Adaptive Automation before, during and after driving test runs. The participants were 

subjected to a number of random conditions. These were (1) pedestrian crossing, (2) 

lane change, (3) stop light intersection, (4) roundabout, (5) cyclist crossing, (6) stop light 

intersection, (7) passing other cars opposite lanes. See the detailed user study 

questionnaire attached in the appendices. 

4.5.2 User Study Data Collection, Ideation and Evaluation 

An evaluation study was carried out using Heuristic Scenario based evaluation followed 

by sketching and storyboards. Heuristic evaluation method was adopted to explore and 

measure user interfaces usability in independent test runs and report issues for further 

improvements (Naujoks et al., 2019; Nielsen, 1994; Parkhurst et al., 2019). A scenario is 

created to explain current user interactions and future perceived interactions to 

generate and evaluate ideas and communicate solutions (Aremyr & Jönsson, 2017). A 

storyboard was used as an aid to communicating ideas through graphical representation 

of a sequence to present interactions (Owensby et al., 2018; Spadafora et al., 2016). 

Users brief semi structured interviews were carried out with a view to collect data on 

their experiences, attitudes and opinions (Aremyr & Jönsson, 2017; Holtzblatt et al., 

2005). To understand the users’ needs and to reflect on the first-hand experience 

regarding the context, naturalistic as well as participatory observations were noted 

(Aremyr & Jönsson, 2017). To facilitate users semi structured interviews and observation 

noting process, an online questionnaire using google forms comprising closed ended, 

open ended questions was also prepared (Hanington & Martin, 2019). Data analysis was 

carried out through Ideation workshop sessions comprising affinity diagrams, brain 

storming and brain writing (6-3-5) exercises after each driving sprint. An affinity diagram 

is used to assist in categorizing large and diverse verbal data in formulating an overview 

of themes after sorting, segregating and combining similar ideas of the users (Tague, 

2005). The design sprints of user driving tests were articulated in consecutive six steps 

of iterations, including understand, define, diverge, decide, prototype, and validate 

(Direkova, (2015) as cited in Nashrulloh et al., 2019).  
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15 workshops involving a BMW training expert and participants were carried out to 

understand and formulate a Trust and Governance affecting AD factors and Driving 

Sprint Events Relationship Identification Framework. After resorting to brain writing 6 – 

3 – 5 (6 participants, 3 ideas and 5 minutes) and brain storming sessions. In brain writing 

6 – 3 – 5 sessions, participants created three ideas each during five minutes before these 

were passed to the next participant for further development in several repeated times 

based on brain storming rules (Wilson, 2013). In brain storming sessions, participants’ 

ideas were written down on sticky notes. After the first ideation session, ideas were 

collected for the participants to review for improvements before a new session started 

to generate other ideas. Users were subjected to within – subject tests, where all 

participants were exposed to all conditions of the driving tasks in order to gather large 

number of observations and reduce the error variance related to individual differences 

(Charness et al., 2012; Psy330, 2021). The driver test trials with BMW X5 xDrive40i SUV 

Vehicle were held on medium, low, and high density roads in Auckland to explore 

various conditions during each user study sprint (Figure 4.8). 

Figure 4.8 

Conditions imposed during Driving Sprints- Low, Medium and High Density Roads 

In each driving sprint, ‘within-subjects’ design was used (Figure 4.9). There are two 

advantages of ‘within-subjects’ as compared to ‘between-subjects’ method. Within-

subject design permits more observations and decreases the error variance related to 
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the individual differences (Aremyr & Jönsson, 2017; Charness et al., 2012; Faas et al., 

2021). 

Figure 4.9 

Within – Subjects Design Method 

 

 

 

 

A heuristic scenario was defined by the researcher ideating around two questions; (1) 

what should be the planned actions of the vehicle during manual and AD mode 

translated into events? (2) What trust factors / key determinants are to be selected 

against those events? Moreover, vehicle actions were also defined as a result of these 

events in the real time environment along driving courses. Then various events, 

including before driving, entering the vehicle, activating vehicle, manual mode 1, 

automated mode, manual mode 2, exiting vehicle and continuous usage, were defined 

in workshop sessions. The researcher assisted the participants during their drives and 

various workshop sessions (Aremyr & Jönsson, 2017; Aremyr et al., 2018; Ekman, 2020b; 

Ekman & Johansson, 2015b; Ekman et al., 2018). The participants commenced driving in 

the manual mode, later activated the auto pilot (transition from human driving stage to 

autonomous driving), then back to manual mode after deactivating the auto pilot. 

However, during the drive, the participants activated the auto pilot system, adaptive 

cruise control and lane change a number of times. Before and during the driving 

scenarios, the users were asked various event specific questions to get to know their 

feelings, trust and confidence in the system. Next, these were mapped onto the timeline 

of a driving scenario using sticky notes to make it more tangible. Later categories/ trust 

factors were defined: mental mode, anthropomorphism, adaptive automaton, 

customization, safety, privacy, security, training, and feedback. After selection, 

categories were ranked based on their relevance to the research question. Later a matrix 

was constructed to find the relative importance of these factors/categories against 

various events to finalize key determinants. 

 

Treatment 

Condition 1 

One sample of 

Participants 

 

Treatment 

Condition 2 

 

Treatment 

Condition 3 



129 

4.6 Study – 2: Structural Equation Modelling (SEM) 

An exploratory survey “Humanizing Driverless Technology” was designed on 5 point 

Likert scale (Kinnear et al., 1993), embedding data from user study after the driving 

sprints. The survey was analysed using Structural Equation Modelling (SEM) with the 

main focus to address research objective 3. This study developed and validated the 

integrated trust and governance model based on identified latent trust constructs 

(unobserved variables) and their observed (manifested) variables. 

4.6.1 Significance of Study – 2.  

This study assisted in knowing the aspirations of the NZ general public towards AVs, 

challenges towards implementation and prior perceptions on trust and governance 

mechanisms. It assisted in the validation of trust affecting factors regarding the adoption 

of AVs in NZ. SEM is used at this stage to carry out an analysis of conceptual theory 

developed in this research relevant to the phenomenon of trust and AVs adoption in NZ. 

This analytical technique statistically estimates and confirms the interrelationships 

between various trust corroborating latent factors (through observed variables), 

examine dependencies and test hypotheses (Hair et al., 2010). The SEM has already 

been applied in acceptance of the driverless technologies domain in number of earlier 

studies (Kaur & Rampersad, 2018; Nastjuk et al., 2020; Nordhoff et al., 2021; Yuen, 

Huyen, et al., 2020; Zhang et al., 2020). Ali et al. (2018) highlighted the advantages of 

SEM in testing latent constructs, statistical assumptions and relationships. SEM has been 

selected and justified for this study, keeping in view the main aim of this research and 

associated advantages.  

The research study articulates and tests seven hypotheses, correlation between user 

factors and governance factors on adoption of AVs in NZ. It also validates the role of 

trust as a mediator in this relationship. For descriptive statistics, SPSS V26 and for 

statistical analysis, AMOS version 26 is used. Statistical analysis is divided into two parts, 

i.e. a first measurement model and then a structural model. Validity, Average Variance 

Extracted (AVE), discriminant validity, and outer lodgings were identified and discussed 

in the measurement model. Furthermore, the bootstrapping procedure was run to 

check the structural model. The constructs and measures that are proposed and 

employed in this study form a significant contribution to the literature. 
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4.6.2 Survey Design and Data Collection Methodology 

Study – 2 is based on a quantitative survey conducted within the AV case study in NZ in 

a concurrent embedded correlational design setting. The data for qualitative Study – 1 

and quantitative Study – 2 were collected concurrently. A survey design includes data 

collection and analysis (Cooper & Schindler, 2013), which logically links data to the initial 

research questions (Yin, 2018) and explores trust factors observed in literature review 

and complementary user study. Quantification enhanced theory development adds 

transparency, reliability of measurement and application in various industries (Blaxter 

et al., 2010; Veal, 2005). Figure 4.10 illustrates the research design of Study – 2 within 

the overall research design of this study. 

Figure 4.10 

Research Design for Study – 2 

A questionnaire survey on online Qualtrics platforms was administered anonymously, 

comprising 18 questions (see appendix). Respondents were asked various 

demographics, concerns regarding AVs implementation in NZ, their adoption 

preferences, factors affecting adoption, and their relative priorities. The strategy 

operated on statistical sampling, thus choosing a representative sample from the 

population (Fellows & Liu, 2015). According to Fowler Jr (2013), the minimum sample 

sizes could be focused on instead of estimating the total population. For example, a 

sample of 150 people can describe a population of 15,000 or 15 million with the same 
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degree of accuracy. To have balanced views, a random sampling was done as “each 

individual in the population has an equal probability of being selected” (Creswell & 

Creswell, 2018). 429 respondents in NZ replied from July to Sep 2020, having a minimum 

of one year of driving experience. The questionnaire was designed using a 5-point Likert 

scale (Allen & Seaman, 2007; Brown, 2011) from strongly agree to strongly disagree, 

strongly concerned to strongly unconcerned, very likely to very unlikely on an adopted 

scale. Likert scales are a simple, straightforward method to collect responses (Kinnear 

et al., 1993). Multiple choice questions were used for demographic information. The 

Likert scale contained various symmetric agree-disagree items representing the strength 

of the responses and indicating stating users level of agreement (Likert, 1932). For easy 

assimilation and answering of survey questions by the general public in NZ in a short 

time bracket 5 point Likert scale was used in this research. 

4.6.3 Theoretical Framework Development for Integrated Trust Model and 
Hypotheses of the Study 

There are several factors identified in the literature (Chapter 2) affecting AD from earlier 

studies and technology acceptance theories. However, these factors vary geographically 

due to distinct barriers in the implementation of driverless technologies. A number of 

research studies ventured into capturing these factors. However, due to the limited 

scope, uncertainty in a higher level of automation, reliance on public surveys or 

simulations alone, none of the studies have explored these factors fully. Moreover, 

earlier studies did not identify interpersonal and institutional trust linkages from 

integrated trust and governance views. Additionally, public surveys are unable to 

provide true acceptability preferences as people never used such technologies. 

Similarly, simulation studies cannot substitute live traffic user studies to predict driver 

behaviour in the absence of any risk. Hence, it was necessary to comprehensively 

examine these factors globally and subsequently in NZ enabling environment in the 

backdrop of peculiar challenges. And then explore and verify AD factors in a realistic 

user study. Therefore, an extensive literature review was done to provide a detailed 

account of key barriers leading to significant trust affecting factors for AD in NZ. These 

factors were then further reorganized and verified by the user study. 

Next a conceptual, theoretical model was constructed having three second order latent 

(unobserved) constructs, namely safety, security/cyber security and privacy in the legal 
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readiness domain. Whereas six first order latent constructs were identified, namely 

trust, adoption, legal readiness, training, situation awareness and anthropomorphism, 

and three second order constructs i.e. safety, security and privacy. These constructs 

were analysed through 46 indicator items (manifested variables) (Table 4.1) and seven 

hypotheses. Considering the interrelationships of the trust affecting constructs among 

each other towards adoptions of AVs in NZ, two conceptual integrated models were 

developed. In the first integrated model, six hypotheses were tested without keeping 

construct ‘trust’ as a mediator between legal readiness and adoption (Figure 4.11). In 

the second integrated model, hypothesis 2a was tested to estimate and verify the ‘trust’ 

role as a mediator between legal readiness and adoption (Figure 4.12) and to confirm 

interpersonal and institutional trust linkages towards the adoption of AVs in NZ.  

Model A (without Trust role as mediator) 

H1: There is a positive and significant relationship between legal readiness and 

adoption. 

H2: There is a positive and significant relationship between legal readiness and Trust. 

H3: There is a positive and significant relationship between situation awareness and 

trust. 

H4: There is a positive and significant relationship between training and trust. 

H5: There is a positive and significant relationship between Anthropomorphism and 

trust. 

H6: There is a positive and significant relationship between trust and adoption. 

Model A (with Trust role as mediator) 

H2a: Trust mediates the relationship between legal readiness and adoption. 

Figure 4.11 

Model A (without mediator) 
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Figure 4.12 

Model B (With Mediator) 

 

 

 

 

 

 

 

4.6.4 Operationalization of Constructs and Theoretical Framework 

Key constructs were identified based on extensive literature review, determinants 

affecting AD in NZ and an AV user study (identified in Table 3.3 and Table 2.3). Hence 

finalized latent constructs (unobserved) explored in the study – 2 and their manifested 

(observed) variables are as below (Table 4.1).  
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Table 4.1 

Constructs and Manifested Variables Study – 2 

Latent/ 
Constructs 
First Order 

Construct 
Second 
Order 

Manifested Variables Abbreviations 
used in Model 

Governance 
Structure/ Legal 
Readiness (LR) 

Privacy (PRI) 
(Glancy, 2012; 
Schoettle & 
Sivak, 2014a) 

(1) Data Privacy (Personal and location information) of the Users PRI_1 
(2) Personal Autonomy (Making your choices instead of AV) PRI_2 
(3) Personal information Privacy PRI_3 
(4) Targeted Surveillance PRI_4 

Safety (SAF) 
(Kaur & 
Rampersad, 
2018; Venkatesh 
et al., 2003) 

(1) Enough Safety safeguards (Equipment and personal) to make user feel comfortable while driving AV SAF_1 
(2) Reliability of underlying technologies and user interfaces in AVs SAF_2 
(3) Assurance from Government to protect user from problems associated with AVs SAF_3 

Security (SEC) 
(Schoettle & 
Sivak, 2014a) 

(1) Probability of Software failure during operation of AVs SEC_1 
(2) Probability of hardware failure SEC_2 
(3)Vehicle and System Security (hacking/terrorist activity) SEC_3 
(4) Network security with transport infrastructure and other AVs SEC_4 

Trust (TRS) (Helldin et al., 
2013; Kaur & 
Rampersad, 
2018) 

(1) I feel safe if I own a self-driving car? TRS_1 
(2) I will trust the self-driving car in heavy and light traffic conditions? TRS_2 
(3) I am willing to give up control to an autonomous car? TRS_3 
(4) Driverless cars can provide a robust and safe mode of transport. TRS_4 
(5) I put faith in autonomous cars. TRS_5 
(6) I think autonomous cars are reliable. TRS_6 
(7) I trust self-driving cars. TRS_7 

Training (TR) Hancock et al. 
(2020); Reason 
et al. (1990) 
Lajunen and 
Summala (1995), 
Spolander (1983) 

(1) I think continuous training on the AV systems can make me more proficient in handling unexpected
situations

TR_1 

(2) I think regular testing of my driving skills would assist me in taking control back from the AV. TR_2 

(Filip et al., 2016) (1) The car's capability of "sensing" its surroundings would influence my trust in it (accuracy of the sensors) SA_1 
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Latent/ 
Constructs 
First Order 

Construct 
Second 
Order 

Manifested Variables Abbreviations 
used in Model 

Situational 
Awareness (SA) 

(2) The ability to take back control from the vehicle in less than 20 seconds would influence my trust in it. SA_2
(3) Effectiveness of the car's learning curve (making judgments on the information received) would
influence my trust in it.

SA_3 

(4) Amount of information that the car can access would influence my trust in it SA_4 
(5) Amount of roadway information available to the car (weather, traffic, constructions, etc.) would
influence my trust in it.

SA_5 

(6) Feedback (audio, visual, haptic or combined) would influence my trust in it. SA_6 

Anthropomorphism 
(Human like 
features) (AnT) 

Aremyr and 
Jönsson (2017), 
Bartneck et al. 
(2009) 
Helldin et al. 
(2013) 

(1)I would like to drive the AV if it carries human like voice to interact AnT_1 
(2)I would put faith in AV if during transfer of control I get visual, auditory and haptic cues like vibration
alerts

AnT_2 

(3)I think the autonomous vehicles are reliable AnT_3 
(4)I like a self-driving car having user interface with eye tracking, emotion detection, gesture and
biometrics

AnT_4 

Adoption (AD) (Kaur & 
Rampersad, 
2018) 

(1) Taxis that are fully self-driving AD_1 
(2) Social Activities (dinner, events etc.) AD_2 
(3) Daily commute (work, University) AD_3 
(4) Closed areas (University, Airports) AD_4 
(5) High Pedestrian activity AD_5 
(6) Congested Traffic AD_6 
(7) City Streets AD_7 
(8) Drive on High ways and then driver takes over control of AV AD_8 
(9) Public transport or shuttle bus with chaperone AD_9 
(10) Drive on Freeway / Highway AD_10 
(11) Car with No driver AD_11 
(12) Long Road Trips(holidays) on country roads AD_12 
(13) Finding a Car park AD_13 
(14) Riding in a vehicle with no driving controls  available like no street wheel, no brake pedal, no
accelerator

AD_14 
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Latent/ 
Constructs 
First Order 

Construct 
Second 
Order 

Manifested Variables Abbreviations 
used in Model 

(15) Drop off or pickups by children AD-15 
(16) self-driving vehicle moving on themselves from one location to another AD-16 
(17) Public transport or shuttle with no driver chaperone AD_17 
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4.6.5 Pre-test and Hybrid Structural Equation Model Development 

For initial testing of the survey instrument, a pre-test was done to ensure reflective 

measurement development of the constructs, content validity and the questionnaire’s 

semantics (Chen & Yan, 2019). Experts in the field of investigation having theoretical / 

practical experience are often asked to provide a review or critique of likely 

measurement error and an answering breakdown structure in a questionnaire (Ikart, 

2019). The expert reviewers range from 2, 3 to over 20 (DeMaio & Landreth, 2004; 

Olson, 2010). In this study, 7 experts were initially selected and approached through the 

LinkedIn platform. However, 3 experts agreed and signed the consent form. The experts 

were given access to the survey questions. Later, a brief interview was also arranged on 

zoom technology for clarification and detailed note taking. One expert suggested the 

significance and calibration of trust as a mediator and the importance of governance 

legal readiness and regulatory structure incorporating safety, security and privacy in the 

questionnaire as a second order construct. Another expert pointed few amendments in 

two demographic questions to make these distinct and adequately measurable.  

The central purpose of the dataset rests on testing the research models that diagnose 

the impact of Trust and Governance Structure on the successful adoption of AVs and the 

mediating role of the ‘trust’. After formulating the conceptual framework, the structural 

equation model (SEM) for this research is developed using IBM SPSS and Amos version 

26 software. IBM® SPSS® Amos™ is an easy-to-use SEM software that tests 

interrelationships among observed and latent (unobserved) variables and tests 

hypotheses quickly in a confirmatory approach (IBM, 2021). A hybrid structural equation 

model integrated the measurement part and the structural model. With this model, the 

study understood which variables were included in the quantified model, and the 

expected theoretical and observed empirical relationships. The measurement model 

section explained the theoretical interactions between unobserved/latent variables and 

the observed/measurable variables. A structural model part examined the open links 

within the constructs and explained the direct and indirect causal relationships.  
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4.6.6 Study – 2 Data Analysis 

Before performing an analysis, data screening was executed to check missing values. 

Microsoft MS-Excel was used, applying the COUNTBLANK formula. Preliminary 

descriptive analysis was undertaken using SPSS V26 to understand the respondents’ 

profile, concerns and willingness to adopt AVs by finding out mean and standard 

deviation to analyse and rank the data (Kaur & Rampersad, 2018). The data were 

checked for normality and evaluated for reliability and validity. The normality was 

checked against skewness and kurtosis for bias (Andersen & Kumar, 2006; Anderson et 

al., 2018; Hair et al., 2006). Skewness indicates the symmetry while kurtosis pertains to 

peakedness of distributions, with maximum acceptable levels of 2 and 7 (Stephen G 

West et al., 1995).  

Then the data is statistically analysed by applying exploratory and confirmatory factor 

analysis (CFA) using Amos software followed by hypothesis testing to determine the 

influence of each trust factor on the adoption of AVs (Bentler & Bonett, 1980; Costello 

& Osborne, 2005). The analysis commenced with exploratory factor analysis to 

comprehend the structure of the variables, and find out the instrument’s correlation 

and validity for the NZ region. Next CFA, was performed to confirm the factor structure 

and specify how each construct is measured. This process assists the research to 

test the hypothesis that a relationship between observed variables and their underlying 

construct exists (Suhr, 2006). After screening of data, checks for the validity and 

reliability of constructs were done. Reliability refers to the level of consistency and 

exactness of the measurement, whereas validity indicates the level of accuracy 

(Nunnally, 1970). The constructs needed to exceed the minimum value of 0.7 (Kline, 

2016). Similarly, reliability is also calculated using data outputted AMOS on standardized 

item loadings and error measurement, and it exceeded the minimum threshold of 0.7 

(Hair et al., 2006). Items loadings are also found above the acceptable level of 0.5 for 

convergent validity for all factors (Steenkamp, 1991).  

The applicability of the proposed model is examined by observing data employing 

various popular indicators and recommended threshold standards (Awang, 2012; 

Bentler & Bonett, 1980; Hu & Bentler, 1999; Moss, 2009). The EFA analysis is based on 

principal axis factoring and rotation method on Promax with Kaiser Normalization. The 

specific acceptable threshold value for the goodness-of-fit measures, including chi-
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square value X2, Root Mean Square Error of Approximation RMSEA, Standardized Root 

Mean Square Residual SRMSR, Normed fit index NFI, Tucker-Lewis coefficient Index TLI 

and Comparative-fit-index CFI and others were met. Construct Reliability, Indicator 

Reliability, Discriminant validity and Convergent Validity for CFA (second order) were 

also evaluated. Through hypothesis testing, the results provided the empirical evidence 

of the trust factors (details in Chapter 4). 

4.7 Study – 3: System Dynamics Modelling 

Study – 3 incorporates System Dynamics (SD) modelling technique capturing hard and 

soft variables data from Study – 1 and Study – 2. Study – 3 is pursued concurrently with 

Study – 4 in a convergent parallel design in Phase 2 of the Multiphase Design. The study 

is carried out to visualize the theoretical output of the holistic trust and governance 

framework (formulated and validated in Study – 2) for AVs deployment in NZ. It assists 

in gaining insights into the long term potential impacts of AVs as a new mode of 

transportation, market penetration of AVs and behaviour of the whole system. 

Moreover, it provides a pragmatic realisation of policies utilizing the theoretical 

framework as a basis for designing policy interventions and transport investment 

decisions in NZ.  

This SD study developed a unique simulation model for NZ depicting dynamic 

interrelationships among significant identified construction in a quantitative way 

(details in Chapter 4). The model utilizes innovation diffusion theory for the adoption of 

AVs in NZ. SEM is applied to SD modelling using Vensim software to include ‘soft’ 

variables of trust, situation awareness, training, anthropomorphism, and legal readiness 

into the feedback model. The model then investigates the relationship between the soft 

variables and additional observable variables such as familiarity, comfort, technological 

maturity, price and vehicle change etc. The study categorises AVs in six SAE automation 

levels (discussed in Chapter 2) on a functional basis characterising each level with its 

fleet size, technology maturity, average purchase price and utility (based on trust, legal 

readiness, comfort and familiarity).   
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Figure 4.13 

Research Methodology for Multiphase Design Phase 2 

 

4.7.1 Justification of SD Study 

This study explores the real time quantitative insights into the market penetration of 

AVs in NZ over a long time horizon based on significant determinants observed in studies 

-1 and 2. Hence, it needed to apply a modelling approach that can be applied to 

uncertain, dynamic and complex systems as forged by this innovative technology. AVs 

are an entirely new phenomenon that is at the start of the product life time cycle. Its 

futuristic demand and deployment need realistic articulation in the backdrop of trust 

and sound technological and legal readiness structures. To observe the speed and 

direction of the deployment of AVs over a longer time, it is necessary to study the 

aggregated system behaviour. Several research methodologies were studied. However, 

simulation seems more appropriate. These simulation approaches are generally based 

on Agent Based Simulation (ABM) (microscopic) and System Dynamics modelling SD 

(macroscopic) (Nieuwenhuijsen et al., 2018). ABM is suitable once there is less data 

available regarding macroscopic behaviour and more data regarding individual 

behaviour of agents (Borshchev & Filippov, 2004). This study accrued more knowledge 

about the aggregate phenomenon of overall structure and assumptions and less on 

detailed behaviour of individual AVs. Hence the SD Modelling approach was pursued to 

focus on the behaviour and interaction of variables.  
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4.7.2 Significance of SD Study and Dynamic Synthesis Methodology 

SD technique incorporates both qualitative and quantitative methods for analysing 

complex systems, as identified by Jay Forrester at MIT in 1957 (Kunc, 2018; Lane, 2000, 

2006, 2010). It discovers and represents the feedback processes, stock and flow 

structures, nonlinearities and time delays to find the dynamics of a system. Most 

complex behaviours usually arise from the interactions (feedback) among various parts 

of the system (Sterman, 2000). In 2000, Lane highlighted the SD Modelling approach as 

follows: 

‘SD has three characteristics. First is the concept of information 
feedback loops of causal links comprising delays and non-linearities as 
well as processes of accumulation and draining. The second is rigorous 
computer and the third is to engage with mental models of the 
decision makers for improved ways of managing a system’. (pp.4)  

This study endeavours to venture into a rare research design of integrating SD modelling 

and AV Case Study, which has not frequently been applied in engineering process 

modelling and improvement requirements (Finkelstein, 1994; Sydenham, 1982; 

Williams, 2002). To study the real world diffusion and deployment of AVs in NZ and the 

following sequence of events, the research followed Dynamic Synthesis Methodology. 

Dynamic Synthesis Methodology (DSM) describes the amalgamation of theoretical 

concepts, configuring parts and components of a process over time to constitute a 

formal functional entity for improved synthesis and assimilation of literature, social 

theories, and stakeholder concerns (Williams, 1999). The utility of SD Modelling in DSM 

is its ability to harness ‘hard’ and ‘soft’ concepts into a formal model, thus articulating 

theoretical constructs that impact the research phenomenon under investigation by the 

modeller (Gable, 1994; Randers, 1980). Wynekoop (1992) recommends that ‘micro 

level’ quantitative analysis be fused with qualitative 'macro-level’ analyses to observe 

the individual variables’ behaviour impact on an organisational phenomenon. The DSM 

thrives on six iterative steps, namely: Problem statement, Field studies, SD Model 

Building, Case studies, Simulation experiments and Model Use and Theory Extension 

(Williams, 1999). System Dynamics (SD) Modelling is used to observe the AVs adoption 

based on the complexity of various relevant interrelated human factors and 

technological determinants through a functional pathway. The functional pathway is 

based on a gradual transition from basic or no automation towards partial, high and full 
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automation of AVs. Spatial pathway relates to specific operational design domains of 

highways as a sudden step from no automation to full automation. This study’s 

functional pathways include level 0 (no automation) to level 5 (full automation) based 

on the SAE standards. 

The AVs diffusion is based on an innovation system where ‘the innovation and diffusion 

of technology are collective and individual acts’ (Edquist, 2001). It is not limited to a 

specific country or region. It thrives on Technology Specific Innovation System (TSIS) 

described by Hekkert et al. (2007), where economic and institutional systems affect the 

rate and direction of innovative technology. The automobile fleet size, current 

infrastructure and population growth rate and GDP of a particular region or country are 

significant determinants of the adoption rate and market penetration of ADAS. This 

study model is generally prepared in the backdrop of Nieuwenhuijsen modelling 

approach (Nieuwenhuijsen et al., 2018) and is intended to be within the limits of the 

advanced world. However, it focuses specifically on New Zealand dynamics due to the 

enormity and complexity of data availability. 

Moreover, the study required testing the model within the folds of AVs deployment case 

study in NZ. Therefore, the model was applied to the NZ for a Base, optimistic High 

Automation with high trust and Governance mechanism and conservative Low 

Automation with low trust and Governance mechanism Scenarios. Base scenario values 

were mainly chosen from study – 1 and study – 2. For optimistic scenario, high trust and 

legal readiness variables were simulated. Whereas, for conservative scenario low trust 

and legal readiness variables were simulated (see Chapter – 4). 

4.7.3 Data Inclusion from SEM to SD Modelling 

Three types of data, namely numerical, written and mental, are used to formulate and 

structure decision rules in models as per the priority significance of data (Forrester, 

1980). During the formulation of the simulation model, SEM is applied to the SD 

Modelling containing soft variables into feedback loops while identifying the 

relationships between unobservable, observable and auxiliary variables (Houghton et 

al., 2014; Medina-Borja & Pasupathy, 2007). In study – 3, constructs identified in earlier 

studies are used. In this way, SEM assisted in drawing association among abstract 

concepts and constructs, which otherwise would have been extremely difficult. The 
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finalized beta values from SEM for various variables in conjunction with other 

unobserved variables (Figure 3.12 and Figure 3.13 Chapter 2) are controlled according 

to the mental model of the author during the SD Modelling process (Figure 4.14). The 

detailed SD process is given in Chapter 4. 

Figure 4.14 

Data Inclusion SEM to SD for Quantified Constructs 

 

 

4.8 Study – 4: Experts’ Interviews 

4.8.1 Justification of Study – 4 

Study – 4 based on qualitative semi structured experts’ interviews carried out 

concurrently with Study – 3. The interpretations from both studies in the final phase 

provides a complete understanding of the AVs implementation benefits and barriers, 

way forward for co-evolution of regulation and technology, and deployment roadmap 
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for the AVs in NZ. It assisted in validating the proposed integrated trust and governance 

framework. 

This study explored these dimensions and interpreted the findings of the complete 

research for the successful adoption of the proposed trust and governance framework 

in NZ. ‘In-depth interview is ideally suited for gaining an understanding of people’s 

behavior, its context, and the meaning of that behaviour (Gubrium & Holstein, 2002; 

Seidman, 2019). As a prospective study on the trust – Adoption of AVs relationship, this 

study adopted a semi structured interview approach widely known for spontaneous 

communication (Bogner et al., 2009). These semi structured interviews are in between 

the structured and unstructured interviews. Covering a range of topic areas where the 

replies are recorded, following predetermined standard questions with some probing 

questions for clarification and explanations (Blumberg et al., 2011; Fellows & Liu, 

2015).To remove bias, study – 4 is an appropriate tool for gaining an in-depth 

exploratory understanding of the under investigation phenomenon and comparing a 

different set of evidence (Bojke L et al., 2021; Cutello et al., 2021; Erthal et al., 2021). 

According to Cohen et al. (2011), qualitative data analysis based on interviews is 

distinguished by ‘Merging of analysis and interpretation, and often by the merging of 

data collection with data analysis.’ (pp. 537) 

4.8.2 Study – 4 Research Methodology 

Semi structure interviews took place with 13 experts around the globe, namely from NZ, 

UK, Germany, Sweden and Australia. Consisting AV industry professionals, 

manufacturers, CEOs, academicians, policy makers and human factor experts in the AD 

domain. It includes randomized purposeful sample selection, recording the discourse, 

following standardized rules of transcription, and employing software tools for thematic 

analysis. Moreover, the interpretations are validated in theory context and structure, 

and full transcripts were made available for review along with summary and excerpts 

(Waitzkin, 1993).   

The study employed the thematic analysis method as detailed in Braun and Clarke 

(2006) to validate the holistic trust and governance framework. Validation can be 

performed in various ways, including face and content validation (Mousavi et al., 2018), 

administration of a survey or utilizing knowledge of experts’ interviews in the field 
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(Inglis, 2008). Qualitative inquiry delineates phenomena in the backdrop of the 

informants, explores multiple realities and ensues holistic understanding within a 

specific context (Hilal & Alabri, 2013). Utilizing qualitative data from semi-structured 

interviews on zoom technology assisted in greater assimilation of the problem than just 

analysing data on a large scale (Malakolunthu, 2007). NVivo 11 software assisted in 

gathering, organising and grouping evidence into similar ideas and further validating 

data at a more specific level. It improved the rigours of the analytical stages.  

4.8.3 Interview Sampling. 

The interviewees were selected carefully through a purposeful sampling approach 

known as a judgmental or qualitative sample. In this method, the researcher selects the 

samples based on their judgment (Tongco, 2007). Based on Dworkin (2012), 5-50 

participants are suggested as adequate. The researcher targeted 40 experts in this study 

and subsequently formally contacted 30 experts by sending a request via the LinkedIn 

message service. Snowball sampling was also used (Noy, 2008), as few recruited 

participants recommended some of their colleagues potentially suitable and interested 

for the study. Twenty experts responded, and 13 interviews were conducted on zoom 

technology. To select an appropriate expert and achieve meaningful results (Walton, 

2016), the study looked at the field of expertise and degree of seniority for a reasonable 

advice. Also, experts are expected to be in a position to apply their personal analyses in 

practice (Bogner et al., 2009). The codes representing each expert interviewee 

comprised a field identifier (CO for AV domain consultant, IM for AV industry 

manufacturer, GO for a government official, AC for academician, IP for AV industry 

professional) and a number for each expert within this group. 

4.8.4 Interview Sessions. 

Interviews took place from Sep 2020 to Jan 2021. 90% of the experts occupy senior 

management positions, and 70% of respondents had a title of  Dr or Professor in the AD 

domain. Interviews were guided by a semi-structured interview schedule. The 

questionnaire developed were based on open and closed ended techniques. Open 

ended questions are the main types of questions in the interviews to obtain new kinds 

of information (Creswell et al., 2003) and closed ended questions are made as these are 

easy to complete and enhance the (Dlakwa, 1990 as cited in Rahman et al., 2014) 
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response rate. Questions related to the participants’ professional experience and 

diverse dimensions of challenges and benefits of AVs, key determinants for user 

acceptance, future directions for AVs deployment, and the role of naturalistic real-time 

studies. These questions inquired perspectives on AV-HMI paradigms and the 

significance of Human Factor Engineering. Interviews were audio recorded and 

transcribed. Participants had the option to review the draft of the transcribed interview 

and withdraw the data if required. High level and sub themes were based on interview 

scheduled questions identified deductively and inductively (Braun & Clarke, 2006). 

4.8.5 Method of Interview Analysis 

Interview feedback data was recorded, analysed, transcribed and decoded using the 

thematic analysis. Thematic analysis has repeatedly been employed in transport 

research (Alyavina et al., 2020; Gössling et al., 2016; Hafner et al., 2017). The thematic 

analysis method collects datasets and explains patterns of themes in a greater detail 

that emerged during an interview and enables the researcher to draw a meaningful 

conclusion from the interview (Braun & Clarke, 2006). In this analysis method, six steps 

were followed to reach a detailed conclusion. These steps included familiarizing, 

generating initial codes, searching, reviewing, defining and naming themes, and the final 

report. In this way, the study resulted in a credible and valid process (Nowell et al., 

2017).  

Based on research questions, the data was generated from interviews and then put into 

codes based on raw quotes of the interviewees. Bazeley (2007) mentioned five tasks of 

NVivo during the analysis of data that include; (1) manage data, (2) manage ideas, (3) 

query data, (4) modelling visually, (5)and reporting (Hilal & Alabri, 2013). The data 

condensation into manageable codes. By combining codes, the themes were compiled. 

The study evolved into 200 ideas and then classified into 20 themes. The themes were 

reviewed, and relationship was built. Few themes had overlapping dimensions and some 

of the quotes underpinned more than one theme. These were further analysed and 

revisited thorough iterative process and validate concepts were developed through the 

formation of matrices of ideas into 5 main themes. The detailed procedure is illustrated 

in Figure 4.15. 



147 

Figure 4.15 

The Procedure followed for Interviews Data Analysis 

 

 

4.9 The Chapter Summary 

This chapter delineates the research methodologies and tools applied to accomplish the 

research aim and objectives. It commences with the philosophical and theoretical 

perspective and highlights the significance of the Pragmatic Paradigm philosophically 

and the Design Science Research approach theoretically in a Multiphase Design 

approach. The research harnessed mixed research methodologies utilizing concurrent 

embedded correlational and the convergent parallel design models within AVs case 

study in NZ. The chapter then delves into the research process inquiry, and justification 

of research methodologies. It informs regarding the data collection and analysis 

techniques for developing a holistic Trust and Governance Framework in NZ for 

successful deployment of AVs. The studies include a literature review and User Study, 

SEM, SD and Experts interviews. A detailed account of the Research Ethical process is 

also given. The next Chapter will focus on detailed findings and results. 
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Chapter 5   – Findings and Analysis 

5.1 Introduction 

This chapter presents the findings, qualitative and quantitative results, to answer the 

research aim and objectives, and formulate a Trust and Governance Framework for 

successfully deploying AVs in NZ. The chapter delineates results and analysis of four 

studies, i.e., Study – 1: AV User Study, Study – 2: Statistical Equation Modelling, Study – 

3: System Dynamic Modelling and Study – 4: Experts’ Interviews. Since all studies are 

carried out in a Multiphase Design approach taking interpretations from one to another; 

hence each Study bears significant qualitative and quantitative linkages to the other 

studies within the context of the Literature.  

5.2 Study – 1:  AV User Study 

The study was carried out to determine how an appropriate level of user trust in an AV 

can be evolved during user–AV interaction. This was achieved by identifying and 

analyzing critical AD affecting during HMI. The Literature revealed various AD 

factors/determinants from numerous research studies affecting users’ trust in AVs. This 

complementary user study assisted in confirming the significance of these factors in 

different usage phases of an AV and classifying them into two groups. The first cluster 

of key determinants was grouped into trust influencing HFs domain, and the other 

related to trust influencing Governance/Legal readiness domain. The Study also assisted 

in the formulation of the HMI AD Event Relationship Identification Framework. The 

Study is a significant step towards the conceptualization of the holistic Trust and 

Governance Framework in NZ. 

5.2.1 AV User Study Findings and Evaluation  

The user study demographic data and coding of the user test subjects are shown below. 

Table 5.1 

Subjects Recruited for AV User Test 

Subject U1 U2 U3 U4 U5 U6 

Age (Y) 23 25 36 37 44 45 
Gender M M M M F M 
Driving 
Experience 

3 3 8 10 10 15 
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The driver’s test trials with BMW X5 xDrive40i SUV Vehicle were held on medium, low, 

and high density roads (highway, motorway and city roads) in Auckland (see route maps 

in Figure 5.1). The results from the analysis of AV user study data and critical findings 

from the brainstorming session used to analyze qualitative data are delineated in this 

section.  

Figure 5.1 

Driving Routes 

 

 

The theory of reasoned action (Fishbein & Ajzen, 1975) and the trust model by Lee and 

See (2004) identify the users’ trust in automation. Media campaigns and 

communications initially shape the users’ trust before interaction with AV. Hence the 

Study identified a trust phase named ‘pre–use’ before interacting with AV. Then user 

trust is affected during the on job interaction and learning about the automation, which 

is called as ‘use phase’ in this Study. After having enough knowledge and interaction 



150 

with the automation system, the user trust matures further during the ‘performance 

phase.’ The pre-use phase involved what happened before the first physical interaction 

with the AD system. The use phase lasted until the participant learned how the AD 

system works. The performance phase took a long term perspective during the use 

phase and performance phase through continuous usage of the AD system. Three 

phases were based on the dynamic nature of trust over time during AV test trials. 

The heuristic scenario was defined around two questions; (1) What should be the 

planned actions of the vehicle during manual and AD mode that can be translated into 

events? (2) What trust factors / key determinants are to be selected against those 

events? Participant reactions to various situations and hazards were observed in live 

traffic conditions. The Study finalized three phases, namely (1) pre-use, (2) use, and (3) 

performance, and eight events, namely (1) information before driving, (2) entering 

vehicle, (3) activation, (4) manual mode 1, (5) auto mode, (6) manual mode 2, (7) exit 

vehicle, (8) and continuous usage  (see Table 5.2). The participants commenced driving 

in the manual mode, later activated the autopilot (transition from human driving stage 

to autonomous driving), then back to manual mode after deactivating the autopilot. 

However, during the drive, the participants activated the autopilot system, adaptive 

cruise control and lane change.  

Table 5.2 

Driving Scenarios Event Content and Structure 

Phases Events Description Significance 

Pre-use  Information 
before 
driving 

It starts before the driving 
scenario. A prospective user 
receives passive information 
from advertisements and 
active information from AV 
dealers. The user needs to 
calibrate his mental model 
appropriately to know how 
the system works. 

How information is 
being portrayed to a 
potential user for their 
buy-in. Any over or 
under information can 
severely affect users' 
confidence and future 
use of AV. 

Use Entering 
Vehicle 

This phase occurs during the 
initial use of the driver and 
includes six events. In the first 
event, the user enters the 
vehicle for the first time and 
gains a first impression of the 
vehicle controls. 

Anthropomorphic 
features, including 
welcome voice and 
interior aesthetics, 
etc., play a crucial role 
in improving user 
confidence. 
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Phases Events Description Significance 

 Activation It includes assimilation and 
interpretation of systems 
functions while activation of 
the engine by the user 

The system must be 
commensurate with 
the user's mental 
model, personality, 
culture, expert level 
and SA. 

 Manual 
Mode 1 

Driving on the road without 
an AD system. A user receives 
first-hand knowledge about 
the system in use, functions, 
external environment 
regarding road infrastructure, 
other road users, traffic 
regulations, and 
understanding when to switch 
to AD mode. 

AV system feedback 
during this phase is 
critical, especially 
while transiting and 
anthropomorphic 
features and adaptive 
automation. The 
safety, security and 
privacy of the user 
further affect his 
confidence. 

 Auto mode The user operates AV in AD 
mode, knows about 
functionalities, interprets 
feedback, and remains alert 
for transfer back control from 
AV to the user. 

AV adaptive system 
continuously provides 
information and 
feedback. The 
anthropomorphism 
affects user 
understanding and 
confidence. The AV 
system must display its 
limitation.  The policy 
regarding safety, 
security and privacy 
remains effective. 

 Manual 
Mode 2 

System control is handed back 
to the driver, and he remains 
vigilant of any critical 
condition. The user needs to 
know and interpret functions 
at the control transition stage 
and deactivate the AD system. 

During the critical 
intervention, 
feedback, 
anthropomorphism, 
customization, and 
adaptive automation 
play their role. Safety, 
security and privacy 
rules remain 
deployed. Feedback 
from user interfaces 
must not overstrain 
the user while 
transiting. 

 Exit Vehicle The driver leaves the system 
and turns off the engine. The 
user must understand the 
system at this stage. 

Polite communication 
is vital. Hence 
anthropomorphism 
plays the role. 
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Phases Events Description Significance 

Performance Continuous 
Usage 

The user carries out various 
driving trips on AV, improves 
upon his mental model, and 
gets in sync with the AV AI 
model. The user remains alive 
to changes in infrastructure, 
traffic, regulations, the 
behaviour of other road users 
and how to react in system 
failure critical situations. 

Generally, all factors 
depicted in the final 
relationship matrix 
remain dominant 
during this phase. 

 

Before and during the driving scenarios, the users were asked various event specific 

questions to get to know their feelings, trust and confidence in the system. Next, these 

were mapped onto the timeline of a driving scenario using sticky notes to make it more 

tangible. The most frequently evaluated concepts explored during the user study trials 

and brainstorming sessions are illustrated in Figure 5.2. The user interview findings and 

observations are shown in Table 5.3. 

Figure 5.2 

Most Frequently Evaluated Concepts during AV User Driving Test Sprints 

 

Note: The graph displays the concepts most frequently mentioned, brainstormed and evaluated by the 

subjects during the tests. 
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Table 5.3 

Key Determinants / Influencing Factors for AD in NZ 

Key 
Determinants 

Description User study 
Observations & Quotes 

Analysis and Interpretations from User 
Study  

Trust in HMI ‘Trust mediates 
relations not only 
between humans but 
human and automation 
and is a key challenge in 
the adoption of AVs’ 
(Bansal et al., 2016; 
Kyriakidis et al., 2019; 
Sheridan & Hennessy, 
1984). 

“U4: User acceptance will heavily depend on trust on 
AVs as well as the legal frameworks comprising safety, 
security and data privacy.” 
“U3: I think the AV industry needs to make investments 
on building confidence and user trust.” 
“U1 and U5: My trust can increase phenomenally if we 
can further increase situation awareness, feedback, 
voice and haptic control, especially during control 
transition stages while driving.” 
“U2: I think improving driver training can increase 
his/her trust in the AV”. Moreover, the trust 
predominantly increased before driving to after driving 
sessions. 

1. Perception and self-reported trust
increased incrementally from pre-use stage
to use and performance stage. It may be a
key determinant in mediating the
relationship between human factors and
governance structure for the successful
adoption of AVs.
2. Trust and Legal Readiness/Governance
structure are essential to the successful
deployment of AVs.
3. Anthropomorphism, driver training, and
situation awareness significantly impact user
acceptance and trust in AVs.
4. Protecting the Safety, Security, Cyber
Security, and Data Privacy of users are a
‘must needs’ to improve trust and legal
readiness mechanism in NZ.

Training ‘To improve the user’s 
knowledge, system 
training is conducted 
before and after first 
usage’ (Parasuraman et 
al., 2008; Toffetti et al., 
2009).  

“U1: The driver should be provided training on how to 
use and interact with the system.” “U3: The driver 
should be given information about AV system reliability 
and its relation to the context.” “U4: At least from my 
experience, the user must be given information about 
the connectivity in the car.” “U6: The vendor education 
and training is the key to understanding the 

Due to increased training of users on AVs on 
various driving scenarios, their performance 
improved. 
 The training assists in appropriate mental 
model maturity and achievement of 
calibrated trust.    
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functionality and performance of AV and also improves 
user trust.” “U2: I think user-centred education is key 
to the success of AVs, and workshops could be helpful.” 

The AV industry and stakeholders should 
promote AV education through campaigns, 
workshops and trials. 

Anthropomorphism ‘A system which acts 
more like human in 
terms of voice, gender 
and name’ (Epley et al., 
2007; Hoff & Bashir, 
2015; Waytz et al., 
2014). 

 “U5: An anthropomorphic behaviour including visual 
and auditory cues created focus and enhanced my 
attention.” “U6: I think AV should leverage the human 
tendency to interact socially with technology and 
interface must facilitate the formation of appropriate 
confidence and trust in the system.” 

Anthropomorphic features should be 
designed for an appropriate calibrated trust 
and situational awareness (SA) and not over 
the trust. It should communicate intentions, 
processes, and actions to keep the driver in 
the loop without overloading the resources 
with additional modalities. 

Mental Model To rightly use the 
system, the user mind 
need to figure out the 
system functions and 
competencies for 
assimilation(Lee & See, 
2004; Toffetti et al., 
2009) 

The significance of an appropriate mental model is 
found more pronounced in the pre-use phase. “U1: 
Training workshop assisted me in calibrating my 
mental model.” “U6: If AV reactions do not correspond 
to driver mental model, then it may lead to a negative 
reaction.”  

An insufficient mental model of the user and 
the AI mental model of the car may result in 
negative reactions and uncertainty. 

Feedback / 
Situational 
Awareness 

‘A system agent 
continuously providing 
output and behaving 
like senses’ (Dekker & 
Woods, 2002; Lee & 
See, 2004; Toffetti et 
al., 2009; Verberne et 
al., 2015) 
The SA is the  
‘perception of the 

Subjects noted that visual and haptic feedback is 
necessary at traffic lights and intersections for 
increased situational awareness.  “U2: The interface 
should provide the driver with context information as 
understood by the AV for user assimilation of car’s 
intent and SA.” “U6: I think AV must communicate its 
intentions, processes, and actions to keep me in the 
loop.” 

1. Correct and timely feedback regarding AV 
status and intentions enhances the SA of the 
driver. It must also communicate the 
limitations of automation to avoid mismatch 
(mode confusion) between driver mental 
model and car AI mental model. 
2. It was also suggested that SA and 
Feedback terminologies are significantly 
interrelated and hence grouped.  
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elements in the 
environment within a 
volume of time and 
space, the 
comprehension of their 
meaning, and the 
projection of their 
status in the near 
future.’(M. Endsley, 
1995) 

Adaptive 
Automation & 
Customization 

‘A system which can 
adapt to user’s likings’ 
(Helldin et al., 2013; 
Hoff & Bashir, 2015). 
‘The ability to set non-
critical functions as per 
user preferences. 
(Broek et al., 2011; 
Saffarian et al., 2012; 
Verberne et al., 2015) 

“U4: I strongly think that we should adopt the 
modalities of communication based on outside road 
environments as well as internal AV cabin 
environment.” “U3: The interface should allow 
customization of expert and novice usage and adapt to 
communication style based on information about the 
user.” 
 
 

1. The AV interface needs to articulate its 
customization and transform its adaptability 
based on the experience and expert level of 
the driver in terms of communication style 
and other multi-modal interactions. 
 2. User study participants observed that 
combining HD mapping, G5 communication, 
sensor data, and electroencephalography 
will assist in AVs' acceptability. 
3. It was suggested that anthropomorphism 
is a wholesome term that also encompasses 
adaptive automation and customization.  

Safety The Government need 
to make safety 
standards around 
manufacturing, vehicle 
design, infrastructure 
and communications 

“U03: AV needs to know how to deal with edge cases 
that programmer can’t necessarily predict.” 
“U04: I am more concerned about the sustainability 
and safety of myself, my parents and my children while 
driving AV.” 

1. Certain measured are deemed to be 
necessary to be taken to ensure the safety, 
security and privacy of users in AVs in the NZ 
context. Besides legal readiness comprising 
testing, training and liability regime is also 
needed. These measures may be highly 
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(Binfet-Kull & 
Heitmann, 1998b; 
Huntington, 2018; 
Ward, 2011) 

The participants were not found fully confident while 
sharing road with non-AVs during test runs from safety 
point of view. They observed that road safety can only 
be improved with an effective traffic governance 
regulations and constructing infrastructure comprising 
separate lanes for AVs and non-AVs. 

required to garner the trust and 
acceptability of the user.  
2. Safety is one of the primary factors in end-
user adoption of AVs. A sound legal structure
is a must to counter unsafe situations and
other hacking issues.

Security/Cyber 
security & 
Privacy 
Invasion 

A self-driving car may 
be vulnerable to traffic 
incidents and 
interruptions, software-
related security flaws, 
viruses and malware. 
(Kaur & Rampersad, 
2018). 

“U05: Regulations and licensing are a must for AVs to 
inspire and enable a trust.” “U04: Legislation is 
foremost for cyber security and technology challenges, 
and I need to know what extent legal protection is 
provided for using AVs.” “U01: I think end-user need to 
be aware of the potential consequences of cyber 
security and data privacy challenges.” While 
Participants noted that they are somewhat safe in data 
and personal privacy and security. And ranked the 
following as most important for acceptability of AVs (1) 
well-developed laws (2) affordable cost (3) Data 
Privacy (4) system and network security 

The author assisted the participants during their drive and also during various workshop sessions (Figure 5.3). 
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Figure 5.3 

Pictorial – Driving Scenarios 

 

 

 

Note: These pictorial images relate to various driving scenarios and events, brainstorming and ideation 

workshop sessions, BMW head-up display and auto/manual modes during different user test driving 

sprints. 
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5.2.2 AVs User Study – Analysis and Results 

The key AD influencing factors after detailed user interviews and brainstorming sessions 

were categorized into nine trust influencing factors, i.e., (1) mental mode, (2) training, 

(3) feedback, (4) anthropomorphism, (5) safety, (6) privacy, (7) security, (8) 

customization, (9) and adaptive automation. The details of critical determinants are 

ensued in Table 5.3 above. Each driving scenario and other sessions were translated into 

a matrix indicating events and categories during various driving modes. After fifteen 

iterations, the finalized matrix was formalized and tested to formulate the HMI AD 

Events Relationship Identification Framework (HMI - ADERIF).  

5.2.3 HMI AD Events Relationship Framework (HMI - ADERIF) Development 

To explore the relationship and identify a framework, the trust factors were matched 

against AD events in various usage phases based on user study and interviews. Trust 

influencing factors and AD events were already identified in Table 5.2 and Table 5.3 

above. Due to the dynamic nature of trust, few factors may be matched with more 

events and some with less. However, all events were subjected to identify essential trust 

– human factors – governance determinants. The underlying Framework identified nine 

trust-affecting factors (Mental Model, Training, Feedback, Anthropomorphism, Safety, 

Privacy, Security, Customization and Adaptive Automation) used against 8 HMI AD 

events and three phases during AD events Table 5.4. 

Table 5.4 

Key Determinants - HMI AD Events Relationship Identification Framework 
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A Kano model was employed to prioritise user preferences relating to key determinants 

to classify these AD influencing factors. The Kano Model (Kano, 1995) is used to develop 

attributes that benefit users and can be employed to evaluate existing design criteria 

and serve as a basis for developing new concepts. In Figure 5.4, the model visualizes 

eight categories which are classified as AV User “Excitement needs,” “Performance 

needs,” and “Must – be needs” according to the relative importance of each category. 

Figure 5.4 

Mapping of AVs Users Needs and Categorization of Key Determinants 

Note: The diagram depicts the holistic Trust and Governance requirements categorized on to Kano Model 

representing “Excitement needs”(Green), “Performance needs”(Blue) and “Must – be needs” (Red) 

according to the relative importance of each category. 

Excitement needs are the overarching Trust and Governance Requirements, which 

further depend on HMI Performance needs, i.e., Situation Awareness, Training and 

Anthropomorphism and Must – be needs incorporating Safety, Security/Cyber Security 

and Privacy requirements. Must–be needs related to the Governance/Legal Readiness 

domain. The Performance needs relate to the HFs domain. However, all needs have 

linkages to ensure the appropriate trust is garnered for the successful deployment of an 

AV (Figure 5.5 below). To simplify the preferences, it was decided to include 

customization and adaptive automation in anthropomorphism and feedback into 

situation awareness. Due to the prominent roles of these influencing factors in the 

Satisfied 

Need fulfilled 
Need not 
fulfilled 

Dissatisfied 

Key Determinants Categories 

AV User Excitement needs 

 Trust

 Legal Readiness /
Governance

AV User Performance Needs 

 Situation Awareness

 Anthropomorphism

 Training

AV User Must – be needs 

 Safety

 Security / Cyber
Security

 Privacy
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related determinants and improving the overall mental model and trust (personal as 

well as institutional) of the users.  

Figure 5.5 

Autonomous Driving Adoption in New Zealand – (Internal and External Determinants) 

 

 

 

 

 

 

5.2.4 Conclusion Study – 1  

This Study identifies critical determinants affecting user acceptance and trust employing 

BMW vehicle user study, giving insights to early test case environments. The Study 

achieved its objectives by verifying the trust influencing factors for AD in NZ. It also 

assisted in confirming the significance of these varying factors in different usage phases 

of an AV and classifying these into two groups. The first cluster of key determinants was 

grouped into HFs and the other cluster into the Governance/Legal readiness domain. 

The Study has also formulated an HMI AD Event Relationship Identification Framework 

that can be studied further to deploy AVs User studies and HMI design guidelines in NZ.  

5.3 Study – 2:  Structural Equation Modelling (SEM) 

An exploratory survey “Humanizing Driverless Technology” was deployed and analysed 

using Structural Equation Modelling (SEM) concurrently with the User study utilizing 

concurrent embedded design correlational model approach. The main focus of the study 

was to address research objectives 2 and 3. This study assisted in knowing the 

aspirations of the NZ general public towards AVs, challenges towards implementation, 

and the perceptions on trust and governance mechanisms. The study tested seven 

hypotheses, found correlations, and validated key AD trust influencing factors for the 

successful adoption of AVs in NZ. The Study also identified the role of trust as a 

EXTERNAL DETERMINANTS (LEGAL READINESS)  INTERNAL DETERMINANTS (HUMAN FACTORS) 

AVs Adoption in NZ  

Users’ Trust and Acceptance 

Situation 
Awareness  

Training Anthropomorphism Safety  Security/Cybersecurity Privacy 
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mediator.SEM is an advanced statistical technique that employs a confirmatory 

approach to analysing developed theory in a study relevant to some phenomenon 

(Byrne, 2016). Traditional multivariate methods are incapable of assessing measuring 

errors. In contrast, SEM takes care of measurement errors and assists in examining the 

influence of predictor variables on numerous dependant variables (Byrne, 2016).  

5.3.1 Findings and Analysis 

The following sections display the different analyses of this study, i.e., descriptive 

statistics, the respondent's demographic attributes, and hypothesis testing. Initially, a 

general analysis of collected data is done. And then, the consequences of assessing the 

structural and the measurement model by applying different statistical techniques are 

presented. 

5.3.1.1 Response rate 

A total of 510 questionnaires were distributed among different respondents in NZ from 

Jul-Sept 2020. The primary platform used was Qualtrics. Four hundred twenty-nine 

research questionnaires were collected, which generated an 84.1% response rate. Table 

5.5 below compiles the response rate of this Study. 

Table 5.5 

Response Rate of Questionnaire 

Total sent Total received Response rate (%) 

510 429 84.1% 

5.3.1.2 Data Screening and Descriptive Analysis 

Before performing an analysis, data screening was executed to check missing values. In 

Microsoft MS-Excel, the COUNTBLANK formula was applied. Some values were found 

missing, which were replaced by mean scores using SPSS V26. Rows having extreme 

missing values were removed. Next, unengaged responses were also checked in 

Microsoft MS-Excel with the help of the STDEV.P formula. In this step, 22 unengaged 

responses were removed from the questionnaire. At the end of the data screening 

process, there were 389 useable responses. With the help of SPSS V26, this study 

created a profile of all respondents based on race, gender, education, age, income. 
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5.3.1.3 Gender 

The present study had 389 respondents, of which 32.6% were female, and 67.4% were 

male. The following Table 5.6 shows the detail. 

Table 5.6 

Gender of Respondents 
 

Gender   Quantity Percentage 
(%) 

Female 262 67.4 
Male 127 32.6 

Total 389 100.0 

 

5.3.1.4 Age 

Age distribution was divided into five categories. It starts from 18 to above 65 years old. 

It means that the present Study covers 80% of respondents. Furthermore, 34.2% of 

respondents were 24 to 35 years old, and 1.3 percent were more than 65 years. Table 

5.7 provides complete details. 

Table 5.7 

Age of Respondents 

Age   Quantity Percentage 
(%) 

18-24 
years 

55 14.1 

24-35 
years 

133 34.2 

36-45 
years 

128 32.9 

46 - 65 
years 

68 17.5 

> 65 
years 

5 1.3 

Total 389 100.0 
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5.3.1.5 Education 

In terms of the education level of respondents, most of them had a bachelor's degree. 

The Study had 7.7.0% diploma holders, and 40.6% respondents had their Bachler degree. 

The following Table 5.8 signifies the educational characteristic of this Study. 

Table 5.8 

Education Level of Respondents 

Education 
level  

Quantity Percentage 
(%) 

Less than 
Bachelor 
degree 

30 7.7 

Bachelor 
Degree 

158 40.6 

Master 
Degree 

139 35.7 

Doctoral 
Degree 

62 15.9 

Total 389 100.0 

4.3.1.6 Ethnicity 

 Most of the participants were from European backgrounds, almost 35.2%. Table 5.9 

provides the complete detail of the ethnicity of this Study. 

Table 5.9 

Ethnicity 

Ethnicity Quantity Percentage 
(%) 

European 137 35.2 

Maori 4 1.0 

Pacific 
people 

60 15.4 

Asian 96 24.7 

Middle 
Eastern/ 
Latin 
American/ 
African 

70 18.0 

Others 22 5.7 

Total 389 100.0 
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5.3.1.7 Employment Level 

Most of the persons who participated in this Study are full-time employees, i.e., 40.4%. 

However, the data was collected from almost every type of employment, i.e., part-time 

employee, 23.9%, unemployed looking for work were 23.9%, etc. 

Table 5.10 

Employment Level 

Employment 
Level 

Quantity Percentage 
(%) 

Employed 
Full Time 

157 40.4 

Employed 
Part Time 

93 23.9 

Unemployed 
looking for 
work 

22 5.7 

Retired 31 8.0 
Student 83 21.3 

Disabled 3 0.8 
Total 389 100.0 

 

 

 

5.3.1.8 Driving Experience 

The driving experience is divided into four categories. Table 5.11 provides the complete 

details of the driving experience for this Study.    

Table 5.11  

Driving Experience 

Driving 
experience 

Quantity Percentage 
(%) 

1-3 years 74 19.0 
4-5 years 90 23.1 
6-7 years 80 20.6 
>7 years 145 37.3 
Total 389 100.0 

 

 
 

5.3.1.9 Major Concerns in Human Factors for AVs Deployment 

The Study found that people generally considered trust the most dominating HF 

challenge for the implementation of AVs in NZ, i.e., 26.5%, followed by well-developed 

regulation/governance regime and Situation Awareness, Anthropomorphism and 



165 

Training which is in line with the context of Study – 1 and literature review. The details 

are depicted in Table 5.12 and Figure 5.6. 

Table 5.12 

Human Factors Concerns 

Human Factors Quantity Percentage (%) 

Trust of the People on self-
driving cars 103 26.5 
Well-developed Rules and 
Regulations for using 
autonomous cars 69 17.7 
Increased Situation Awareness 
of Vehicle 67 17.2 
Better User Interaction with 
Vehicle (Mental Modal) 15 3.9 
Feedback from Car to the User 59 15.2 
Human-like features of 
Autonomous Cars 34 8.7 
More Training and Driving skills 
of users 42 10.8 
Total 389 100 

 

Figure 5.6 

Human Factors Concerns 

 

5.3.1.10 Safety, Security / Cyber Security and Data Privacy Concerns 

The survey found that NZ people consider safety as the foremost challenge, i.e., 31.9%. 

Followed by the ability to take back control from AV, Cyber security, Personal and Data 
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Privacy, as shown in Table 5.13 and Figure 5.7, which again confirms the concerns and 

challenges discussed in the literature review and Study – 1.   

Table 5.13 

Safety, Security and Privacy Concerns 

Software and Hardware Quantity Percentage (%) 

Software hardware and network security 54 13.9 

Safety Safeguards (Equipment and Personal) 124 31.9 
Personal and Data Privacy 47 12.1 
Ability to take back control from Vehicle 66 17 
Sensing (accuracy of sensors) and situational 
awareness of the vehicle 39 10 
Multi-modal Feedback System based on Audio 
and Visual interface 19 4.9 
Emotion Tracking of User Mental state (anxiety, 
anger, sadness, fatigue etc.) 9 2.3 
Central Monitoring Station for Vehicles ( Network 
Control Centre) 31 8 
Total 389 100 

 

Figure 5.7 

Safety, Security and Privacy Concerns 

 

5.3.1.11 Situations Most Likely to Adopt AVs 

Preliminary descriptive analysis was also taken to determine situations where people 

are most willing to adopt AVs in NZ. It was found that people prefer using AVs in closed 

areas, drive on freeways and highways, congested traffic, drop off and pickups of 

children, and social activities. The slightly less preferable situations include city streets, 

cars with no driver, fully self-driving taxis, public transport or shuttle with no driver 

chaperone etc. Figure 5.8 and Table 5.14 depict the gender-based adoption preferences. 
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Figure 5.8  

Situations Most Likely to Adopt AVs – Males Vs. Females 

 

Table 5.14 

Situations Most Likely to Adopt AVs – Males Vs Females 

Adoptions Situation Preferences Gender 

 Male Female 

Taxi  57.10% 42.90% 

Social Activities  35.70% 64.30% 

Daily commute 57.90% 42.10% 

Closed areas 84.00% 16.00% 

High Pedestrian Activity 65.80% 34.20% 

Congested Traffic 70.00% 30.00% 

City Streets 63.60% 36.40% 

Drive on Highways  72.00% 28.00% 

Public transport  with driver chaperone 86.70% 13.30% 

Drive on Freeway/Highway 80.60% 19.40% 

Car with no driver 60.00% 40.00% 

Long Road Trips 85.70% 14.30% 

Finding a car park 69.60% 30.40% 

Vehicles  with no driving controls, Like steering 78.30% 21.70% 

Children Drop off or pick-ups 60.70% 39.30% 

Self-driving vehicles moving one place to another 56.00% 44.00% 

Public transport with no driver chaperone 61.50% 38.50% 
Note: This table concludes that Males in NZ prefer AD more than Females. 
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5.3.1.12 Distribution of Feedback on each Measurement 

On each measurement construct, the respondents’ responses were recorded on the 5 

point Likert scale. The study also observed the correlation between concerns and the 

Adoption of Vehicles as found from the survey data. It was concluded that there is a 

negative relationship between both the measures. Hence the adoption of AVs can only 

take place once the concerns and issues of the people are addressed. See Table 5.15, 

where concerns and issues, i.e., CI = lack of trust and rules and regulations vs. Adoption 

correlation, are depicted. This is fundamental for the validation of the Trust and 

Governance Framework for AVs. 

Table 5.15 

Concerns and Issues for Adoption of AVs 

Correlations 

AD CI 

AD 1 -.547** 

CI -.547** 1 

** Correlation is significant at the 0.01 
level (2-tailed). 

Note: Ad = Adoption, CI = Concerns and issues 

5.3.2 Descriptive Statistics 

The constructs were measured on five point Likert scale from 1- strongly disagree to 5 - 

strongly agree. Table 5.16 demonstrates Mean, Minimum, Maximum, Standard 

deviation, Skewness, and Kurtosis. Evaluation of normality of data against skewness and 

Kurtosis shows that data is unbiased and exhibited acceptable levels of skewness 

(ranging from -1.089 to 0.883), and kurtosis (ranging from -1.456 to 1.116) are well 

below the threshold levels of 2 and 7 for these two tests (Stephen G. West et al., 1995). 

It is concluded that the data set has no multivariate outliers’ issues and is fairly 

distributed. 

Table 5.16 

Descriptive Statistics 

N MIN MAX Mean 
Std. 

Deviation Skewness Kurtosis 

Gender 389 1 2 1.33 0.47 0.743 -1.456

Ethnicity 389 1 9 3.23 2.093 0.883 0.864

Age 389 1 5 2.58 0.978 0.102 -0.704

Employment level 389 1 6 2.48 1.611 0.645 -1.19

Education level 389 1 4 2.6 0.846 0.098 -0.674
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 N MIN MAX Mean 
Std. 

Deviation Skewness Kurtosis 

Driving experience 389 1 4 2.76 1.145 -0.288 -1.373 

SA_1 389 1 5 3.72 1.016 -0.758 0.384 

SA_2 389 1 5 3.74 1.039 -0.884 0.584 

SA_3 389 1 5 3.72 0.997 -0.705 0.296 

SA_4 389 1 5 3.75 1.035 -0.918 0.663 

SA_5 389 1 5 3.77 1.038 -0.911 0.62 

SA_6 389 1 5 3.78 1.02 -0.918 0.666 

TRS_1 389 1 5 3.69 1.072 -0.851 0.375 

TRS_2 389 1 5 3.63 1.055 -0.762 0.29 

TRS_3 389 1 5 3.67 1.017 -0.803 0.398 

TRS_4 389 1 5 3.7 1.095 -0.874 0.353 

TRS_5 389 1 5 3.65 1.061 -0.847 0.422 

TRS_6 389 1 5 3.7 1.102 -0.874 0.339 

TRS_7 389 1 5 3.67 1.084 -0.923 0.496 

PRI_1 389 1 5 3.71 1.05 -0.939 0.547 

PRI_2 389 1 5 3.69 1.041 -0.904 0.504 

PRI_3 389 1 5 3.65 1.037 -0.769 0.292 

PRI_4 389 1 5 3.68 1.053 -0.752 0.186 

SAF_1 389 1 5 3.7 1.081 -0.807 0.221 

SAF_2 389 1 5 3.69 1.082 -0.925 0.459 

SAF_3 389 1 5 3.7 1.044 -0.792 0.256 

SEC_1 389 1 5 3.66 1.055 -0.864 0.444 

SEC_2 389 1 5 3.65 1.048 -0.849 0.431 

SEC_3 389 1 5 3.74 1.097 -0.885 0.323 

SEC_4 389 1 5 3.65 1.056 -0.929 0.565 

AD_1 389 1 5 3.69 1.002 -0.806 0.414 

AD_2 389 1 5 3.67 1.077 -0.984 0.628 

AD_3 389 1 5 3.72 1.042 -0.817 0.322 

AD_4 389 1 5 3.69 1.027 -0.797 0.351 

AD_5 389 1 5 3.66 1.069 -0.882 0.316 

AD_6 389 1 5 3.6 1.111 -0.852 0.214 

AD_7 389 1 5 3.57 1.141 -0.888 0.21 

AD_8 389 1 5 3.66 1.144 -0.85 0.116 

AD_9 389 1 5 3.63 1.078 -0.811 0.193 

AD_10 389 1 5 3.67 1.163 -0.856 0.083 

AD_11 389 1 5 3.61 1.099 -0.882 0.285 

AD_12 389 1 5 3.67 1.128 -0.849 0.136 

AD_13 389 1 5 3.68 1.092 -0.827 0.158 

AD_14 389 1 5 3.62 1.086 -0.753 0.088 

AD_15 389 1 5 3.61 1.087 -0.804 0.178 

AD_16 389 1 5 3.65 1.109 -0.861 0.213 

AD_17 389 1 5 3.63 1.104 -0.874 0.254 

AnT_1 389 1 5 3.8 0.954 -0.871 0.763 

AnT_2 389 1 5 3.77 1.003 -0.852 0.652 

AnT_3 389 1 5 3.83 1.028 -1.089 1.116 

AnT_4 389 1 5 3.75 1.04 -0.953 0.82 

TR_1 389 1 5 3.6 1.093 -0.935 0.428 

TR_2 389 1 5 3.65 1.094 -0.784 0.147 
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Note: Ad = Adoption, TRS = Trust, SA = Situational Awareness, SEC = Security, Pri = Privacy, AnT = 
Anthropomorphism, SAF = Safety, TR = Training, LR = Legal Readiness.  

5.3.3 Exploratory Factor Analysis 

Subsequently, the Study employed exploratory factor analysis (EFA) to test the validity 

and applicability of the instrument in the NZ region. Although there are two forms of 

rotation in EFA (Orthogonal and Oblique), principal axis factoring was directed on the 47 

items through the Oblique rotation method (Promax). It is argued that since the factor 

inter-correlations are common in social sciences, the oblique rotation is always a 

suitable and appropriate method. And if the factors ensue to be uncorrelated, both 

orthogonal and oblique produce the equivalent result (Costello & Osborne, 2005). For 

factor loadings for each item, this Study follows the criterion of Hair et al. (2010) 

grounded on sample size where a sample size of 192 for EFA, the significant factor 

loadings are 0.40. Kaiser-Meyer-Olkin (KMO) assists in measuring sampling adequacy. 

This Study also used a fixed number of factors to extract. The results regarding the 

statistical assumption for EFA are as follows: 

 The sample size is 389, enough to conduct EFA (Tabachnick & Fidell, 2013). 

 Bartlett's Test of Sphericity is Sig. (p < 0.001) (Field, 2013). 

 Kaiser-Meyer-Olkin (KMO) value is 0.946, which is marvellous (Hutcheson & 

Sofroniou, 1999; Kaiser, 1974).   

 Communalities value for each item is > 0.5 (Field, 2013). 

The pattern matrix in Table 5.17 depicts the factor loadings afterwards rotation. The 

items that constellation on the indistinguishable components indorse that factor 1 

denotes an adoption (29.074% of the total variation), factor 2 trust (9.263%), factor 3 

situational awareness (7.926%), factor 4 security (6.110%), factor 5 privacy (4.678%), 

factor 6 Anthropomorphism  (3.652%), factor 7 safety (2.685%), and factor 8 training 

(2.263). All factors explained 59.695% of the total variation. Out of the 22 items, none 

were removed. 

Table 5.17 

Pattern Matrix 

Pattern Matrix 

Factor 

  1 2 3 4 5 6 7 8 

AD_17 0.837        
AD_10 0.825        
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Pattern Matrix 

Factor 

  1 2 3 4 5 6 7 8 

AD_14 0.823        
AD_11 0.82        
AD_7 0.817        
AD_5 0.811        
AD_6 0.806        
AD_13 0.8        
AD_9 0.8        
AD_15 0.796        
AD_8 0.776        
AD_12 0.772        
AD_2 0.766        
AD_16 0.745        
AD_1 0.708        
AD_3 0.697        
AD_4 0.685        
TRS_6  0.838       
TRS_3  0.811       
TRS_4  0.809       
TRS_5  0.802       
TRS_7  0.783       
TRS_2  0.739       
TRS_1  0.73       
SA_5   0.81      
SA_2   0.796      
SA_1   0.788      
SA_4   0.769      
SA_3   0.765      
SA_6   0.743      
SEC_4    0.86     
SEC_2    0.812     
SEC_3    0.757     
SEC_1    0.741     
PRI_4     0.857    
PRI_3     0.803    
PRI_2     0.789    
PRI_1     0.767    
AnT_4      0.817   
AnT_3      0.808   
AnT_2      0.805   
AnT_1      0.785   
SAF_3       0.857  
SAF_1       0.811  
SAF_2       0.773  
TR_2        0.9 

TR_1        0.879 
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Note: Extraction Method: Principal Axis Factoring, Rotation Method: Promax with Kaiser Normalization, 

a Rotation converged in 6 iterations and Factor loading less than 0.4 suppressed. : Ad = Adoption, TRS = 

Trust, SA = Situational Awareness, SEC = Security, Pri = Privacy, AnT = Anthropomorphism, SAF = Safety, 

TR = Training    

There is no cross-loading in EFA (meaning that a person understands each factor as a 

separate entity). 

5.3.4 Measurement Model Assessment and Confirmatory Factor Analysis (CFA) 

CFA is a type of SEM that gauges the degree of accuracy of measurement of the 

measuring tool, i.e., the relationship between observed indicators/measures and latent 

factors/variables (Brown & Moore, 2012). A factor is a latent variable that influences 

more than one observed measure and accounts for correlation among them as they 

share a common cause. Hence CFA gives a parsimonious understanding of the 

covariation among a set of measures as the number of factors are lesser than the 

measured variables. 

It is also noteworthy that once the initial model estimation process is done, the model 

is often required to do a model verification process (Gadisa & Zhou, 2020). In SEM, 

numerous fitness of indexes reveals how fit the model is to the data at hand. Hair et al. 

(2010) endorses the use of at least one fitness index from each category of model fit, of 

which there are three, namely “parsimonious fit,” “incremental fit and absolute fit.” The 

absolute fit indices display that the chi-square is not significant. But the model still fits 

because when large samples are used, the chi-square statistic nearly always rejects the 

model (Bentler & Bonett, 1980). The model index symbolizes the change in the value of 

chi-square for the model's fitness if that particular parameter is changed. In this study 

model, the model verification process was implemented using AMOS modification 

indexes. One second-order construct, i.e., propensity to trust PRT and the observed 

values (PRT_1 to PRT_6), were found causing duplicity were removed during modified 

measurement model estimation procedure due to low loadings. Resultantly, the 

goodness of fit measures improved significantly. Table 5.18 demonstrates the goodness-

of-fit indices for the measurement model and the level of acceptance. 

Moreover, SEM model validity measurement testing is also crucial, which is generally 

measured using construct validity, convergent validity and discriminant validity. SEM 
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validity measurements testing improves the correctness of the constructs in the 

conceptual model seeks to match it with the real world and measures to what degree 

the theoretical ideas are rooted (Gadisa & Zhou, 2020). Convergent validity explains the 

relationship between two variables and determines the extent to which the measured 

variables are correlated with their construct (Malhotra & Dash, 2011). In comparison, 

the discriminant validity identifies correlations of the model constructs among 

themselves and is the measure of distinctness of two similar concepts. Each individual 

construct is expected to measure its anticipated objective satisfactorily. The reliability 

describes the extent to which measure of a construct is dependable or consistent.  

5.3.4.1  Model fit indicators for measurement Model and CFA (Second-Order) 

The present study confirmed the measurement model for Legal Readiness LR (second-

order) using AMOS 26. The results display that the LR construct is multidimensional and 

consists of three factors (PRI, SAF, and SEC). Graphical representation of the second-

order model illustrated in Figure 5.9 also found that fit indices for the multidimensional 

construct are acceptable and within recommended levels (Hair et al., 2010). For 

instance, X 2 = 47.659, df = 41, X 2/df = 1.162, p = 0.200, comparative fit index (CFI) = 

0.996, Tucker–Lewis index (TLI) = 0.995, incremental fit index (IFI) = 0.996 and root mean 

square error of approximation (RMSEA) = 0.020. Table 5.18 represents the model fit 

indexes criteria. Furthermore, the evidence for composite reliability (CR) and 

discriminate validity (average variance extracted – AVE) is illustrated in Table 5.19. Table 

5.20 and Table 5.21 provide the details of the convergent and discriminant validity. The 

present Study found that the loading value is higher than 0.70 for each item (Fornell & 

Larcker, 1981) and that the AVE for all constructs was higher than the squared 

correlation coefficients between them (Anderson & Gerbing, 1988). Hence there is no 

problem in reliability and validity in this study data. 

Table 5.18 

Model Fit Indicators 

Fit Index Fit criteria Results 
Fit 

(Yes/No) 
References 

X2 47.659 

DF 41 

P value >.05 0.200 Yes 

X2/DF 1.00 - 5.00 1.162  Yes (Kline, 2016) 

RMSEA  <.08 0.020 Yes (Steiger, 1990) 
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Fit Index Fit criteria Results 
Fit 

(Yes/No) 
References 

SRMR <.08  0.0279 Yes (Hu & Bentler, 1999) 

NFI >0.80 0.975 Yes (Bentler & Bonett, 1980) 

PNFI >.0.05 0.727 Yes (Bentler & Bonett, 1980) 

IFI >.0.90 0.996 Yes (Bollen, 1990) 

TLI >.0.90 0.995 Yes (Tucker & Lewis, 1973) 

CFI >.0.90 0.996 Yes (Byrne, 2016) 

PCFI >0.50 0.743 Yes (James et al., 1982) 

 

5.3.4.1.1 Construct Reliability (Second order) 

The second order individually construct Cronbach’s alpha coefficients of the three main 

dormant variables, i.e., privacy, safety and security (0.844, 0.806 and 846), were more 

than the suggested level of 0.7 (Kannan & Tan, 2005; Nunnally, 1994) ( Table 5.19). Then, 

the composite reliability (CR) of all the second order constructs was checked, i.e., 

privacy, safety and security (0.844, 0.806 and .846) and the values were found within 

the recommended value of 0.7 (Gefen et al., 2000; Hair et al., 2010; Kline, 2016), 

demonstrating sufficiently that construct’s reliability is established. Hence, the 

Cronbach’s Alpha and CR for all second order constructs were achieved and deliberated 

as adequately error-free (Table 5.19). 

5.3.4.1.2 Indicator Reliability 

High loadings on a construct indicate that the associated indicators have much in 

common captured by the construct (Hair Jr et al., 2016). On the other hand, if the 

indicators display small or low loadings below 0.40, these must be eliminated from the 

scale. However, the loadings ranging from 0.4 to 0.7 have to be considered for removal 

only when improving the CR value or average variance extracted (AVE) (Hair Jr et al., 

2016). In this Study, all the indicators have their loadings surpassed the recommended 

value of 0.5 (Hair et al., 2010). There is no indicator with loading below 0.70 (Table 5.19 

). All items satisfied the requirements without any removal item from the scale. 

5.3.4.1.3 Convergent Validity 

As already highlighted above, convergent validity is the extent to which a measure 

correlates positively with alternative measures of the same construct. To establish 

convergent validity, researchers consider the AVE (Hair Jr et al., 2016). AVE with a value 

equal to or higher than 0.50 indicates that, on average, the construct explains more than 

half of the variance of its indicators. On the contrary, AVE with a value less than 0.50 
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indicates that, on average, more error remains in the items than the variance explained 

by the construct. Table 5.19 delivers the convergent validity of the construct. 

 Table 5.19 

Loading, Cronbach's Alpha, CR and AVE for zero-order model 

 

Indicator Direction Construct 

Factor 
Loading S.E. t-Value P-Value 

α CR AVE 

>0.5 >0.7 >0.7 >0.5 

PRI_1  PRI 0.781   0.844 0.845 0.575 

PRI_2  PRI 0.773 0.066 14.893 *** 
 PRI_3  PRI 0.726 0.066 13.987 *** 

PRI_4  PRI 0.755 0.067 14.547 *** 

SAF_1  SAF 0.735  0.806 0.806 0.583 

SAF_2  SAF 0.83 0.081 13.933 ***  
SAF_3  SAF 0.718 0.074 12.739 *** 

SEC_1  SEC 0.743  0.846 0.847 0.581 

SEC_2  SEC 0.75 0.072 13.956 *** 

 SEC_3  SEC 0.76 0.075 14.128 *** 

SEC_4  SEC 0.794 0.073 14.713 *** 

Note: Confirmatory factor analysis for Legal Readiness (LR) α= Cronbach’s alpha; CR = Composite 

reliability, AVE = Average variance extracted, Ad = Adoption, TRS = Trust, SA = Situational Awareness, SEC 

= Security, Pri = Privacy, AnT = Anthropomorphism, SAF = Safety, TR = Training, Significant at ***p < 0.001 

5.3.4.1.4 Discriminant Validity (by Fornell-Larcker criterion) 

As highlighted above, discriminant validity means “the extent to which a construct is 

truly distinct from other constructs by empirical standards”(Fornell & Larcker, 1981). 

The constructs have adequate or acceptable discriminant validity if the square root of 

the AVE for each construct is larger than the correlation between the construct and any 

other construct in the model. In this Study, two methods were used to access 

discriminant validity. First, the Fornell Larcker criterion is frequently applied in 

numerous research (Aimran et al., 2017; Al-Maroof & Al-Emran, 2018; Hilkenmeier et 

al., 2020; Isaac et al., 2017; Ong et al., 2021; Seok-Soo, 2021). And second, the utmost 

acclaimed approach is HTMT (Henseler et al., 2015). Table 5.20 delivers the details of 

discriminant validity through the Fornell-lacker method. 

Table 5.20 

Discriminant Validity (by Fornell-Larcker criterion) for second order model 

 Construct 1 2 3 

1.PRI 0.762     

2.SAF 0.605 0.759   
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3.SEC 0.662 0.562 0.763 
Note: Diagonals represent the square root of the average variance extracted while the other entries 

represent the correlations. SEC = Security, Pri = Privacy, SAF = Safety 

5.3.4.1.5 Discriminant Validity (by HTMT) 

Henseler et al. (2015) suggested HTMT as an innovative approach to evaluating the 

discriminant validity and claimed that this approach is more solid and predictable than 

the Fornell Larcker criterion. Henseler et al. (2015) suggested that the HTMT value 

beneath 0.85 designates an acceptable and tolerable discriminant validity. In this Study, 

HTMT values of all the constructs were found below the threshold value. Therefore, all 

constructs have their distinct concepts. The following Table 5.21 provides the details of 

discriminant validity through the heterotrait-monotrait method. 

Table 5.21 

Results of discriminant validity by HTMT criterion method for second order model 

Construct  PRI SAF SEC 

1.PRI       
  2.SAF 0.558   

3.SEC 0.612 0.653   

Note: Thresholds are 0.850 for strict and 0.900 for liberal discriminant validity. SEC = Security, Pri = Privacy, 

SAF = Safety. 
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Figure 5.9 

Graphical Representation of Second Order Model 

5.3.4.2  Model fit indicators for measurement Model and CFA (Zero-Order) 

In zero order measurement model, all eight latent variables i.e. Adoption, Trust, 

Situational Awareness, Security, Privacy, Anthropomorphism, Safety, and Training were 

included. CFA results publicized that X 2 = 1187.0, df = 1006, X 2/df = 1.180, p = 0.000, 

comparative fit index (CFI) = 0.982, Tucker–Lewis index (TLI) = 0.981, incremental fit 

index (IFI) = 0.982 and root mean square error of approximation (RMSEA) = 0.022. The 

Table 5.22 shows the model fit indexes. 

Table 5.22 

Model fit indicators (Zero Order) 

Fit Index References Fit criteria Results 
Fit 

(Yes/No) 

X2  1187.0 

DF  1006 

P-value >.05 0.000 No 

X2/DF (Kline, 2016) 1.00 - 5.00  1.180  Yes 

RMSEA  (Steiger, 1990) <.08  0.022 Yes 

SRMR (Hu & Bentler, 1999) <.08  .0366 Yes 

NFI (Bentler & Bonett, 1980) >0.80  0.894 Yes 
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PNFI (Bentler & Bonett, 1980) >.0.05  0.832 Yes 

IFI (Bollen, 1990) >.0.90  0.982 Yes 

TLI (Tucker & Lewis, 1973) >.0.90 0.981 Yes 

CFI (Byrne, 2016) >.0.90 0.982 Yes 

PCFI (James et al., 1982) >0.50 0.914 Yes 

Note: X2 = Chi-Square, DF = Degree of freedom, CFI = Comparative-fit-index, RMSEA = Root Mean Square 

Error of Approximation, SRMR: Standardized Root Mean Square Residual, NFI = Normed fit index, IFI = the 

increment fit index, TLI = Tucker-Lewis coefficient Index, PNFI = Parsimony Normed Fit Index.  These are 

recommended since they are frequently reported in the literature (Awang, 2012). 

5.3.4.2.1 Construct Reliability (Zero order) 

In the zero-order construct, the Cronbach’s alpha coefficients of the eight main 

variables, i.e., adoption, trust, situational awareness, security, privacy, 

anthropomorphism, safety, training, are measured (0.961, 0.905, 0.871, 0.846, 0.844, 

0.820, 0.806, 0.765 simultaneously). All the constructs achieved greater than 0.7 values 

(Table 5.23). 

5.3.4.2.2 Indicator Reliability (Zero order) 

In the zero order model, eight variables were included for checking indicator reliability. 

The outer loading of all the zero order construct have greater than 0.7(see Table 5.23). 

5.3.4.2.3 Convergent Validity 

The average variance extracted for all eight constructs in zero order must be greater 

than 0.5, indicating a convergent validity between the construct (see Table 5.23). 

Table 5.23 

Loading, Cronbach’s Alpha, CR and AVE for zero order model 

Indicator Direction Construct 

Factor 
Loading S.E. T-Value P-Value 

α CR AVE 

>0.5 >0.7 >0.7 >0.5 

AnT_1  AnT 0.694   0.820 0.820 0.534 

AnT_2  AnT 0.754 0.093 12.266 *** 
 AnT_3  AnT 0.717 0.094 11.848 *** 

AnT_4  AnT 0.755 0.097 12.284 *** 

TR_1  TR 0.866  0.765 0.772 0.631 

TR_2  TR 0.715 0.183 4.516 ***  

SA_1  SA 0.732  0.871 0.871 0.530 

SA_2  SA 0.742 0.076 13.737 *** 

 
SA_3  SA 0.699 0.072 12.941 *** 

SA_4  SA 0.735 0.075 13.601 *** 

SA_5  SA 0.745 0.075 13.781 *** 

SA_6  SA 0.715 0.074 13.233 *** 

TRS_1  TRS 0.751  0.905 0.905 0.576 
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Indicator Direction Construct 

Factor 
Loading S.E. T-Value P-Value 

α CR AVE 

>0.5 >0.7 >0.7 >0.5 

TRS_2  TRS 0.757 0.066 15.036 *** 

 

TRS_3  TRS 0.746 0.064 14.782 *** 

TRS_4  TRS 0.777 0.068 15.473 *** 

TRS_5  TRS 0.763 0.066 15.16 *** 

TRS_6  TRS 0.753 0.069 14.947 *** 

TRS_7  TRS 0.765 0.068 15.209 *** 

PRI_1  PRI 0.784  0.844 0.844 0.575 

PRI_2  PRI 0.774 0.064 15.187 *** 
 PRI_3  PRI 0.725 0.064 14.164 *** 

PRI_4  PRI 0.75 0.065 14.687 *** 

SAF_1  SAF 0.748  0.806 0.807 0.583 

SAF_2  SAF 0.817 0.077 14.226 ***  
SAF_3  SAF 0.722 0.072 13.02 *** 

SEC_1  SEC 0.749  0.846 0.847 0.581 

SEC_2  SEC 0.749 0.07 14.101 *** 
 SEC_3  SEC 0.757 0.074 14.245 *** 

SEC_4  SEC 0.793 0.071 14.888 *** 

AD_1  AD 0.728  0.961 0.961 0.592 

AD_2  AD 0.725 0.074 14.415 *** 

 

AD_3  AD 0.693 0.072 13.739 *** 

AD_4  AD 0.67 0.071 13.258 *** 

AD_5  AD 0.798 0.073 15.955 *** 

AD_6  AD 0.798 0.076 15.964 *** 

AD_7  AD 0.816 0.078 16.356 *** 

AD_8  AD 0.775 0.079 15.479 *** 

AD_9  AD 0.791 0.074 15.82 *** 

AD_10  AD 0.787 0.08 15.726 *** 

AD_11  AD 0.798 0.075 15.972 *** 

AD_12  AD 0.8 0.077 15.999 *** 

AD_13  AD 0.767 0.075 15.301 *** 

AD_14  AD 0.763 0.075 15.228 *** 

AD_15  AD 0.782 0.075 15.622 *** 

AD_16  AD 0.787 0.076 15.723 *** 

AD_17  AD 0.786 0.076 15.717 *** 
Note: Confirmatory factor analysis for Zero order Model, α= Cronbach’s alpha; CR = Composite reliability, 

AVE = Average variance extracted, Ad = Adoption, TRS = Trust, SA = Situation Awareness, SEC = Security, 

Pri = Privacy, AnT = Anthropomorphism, SAF = Safety, TR = Training, Significant at ***p < 0.001 

5.3.4.2.4 Discriminant Validity (By Fornell-Larcker) 

Table 5.24 shows the discriminant validity for all eight constructs. There is no 

discriminant issue within the zero order model.  
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Table 5.24 

Discriminant validity by Fornell-Larcker criterion (Zero order model) 

 Construct 1 2 3 4 5 6 7 8 

1.AD 0.769  
 
  

 
 

 
 
 
 

 
 
 
 
 

 
 
 
 
 
 

 
 
 
 
 
 
 

2.AnT 0.102 0.730 

3.TR 0.095 -0.011 0.794 

4.SA -0.002 -0.033 -0.057 0.728 

5.TRS 0.491 0.139 0.150 0.153 0.759 

6.PRI 0.410 -0.005 -0.080 -0.003 0.544 0.759 

7.SAF 0.447 0.031 0.022 -0.067 0.379 0.563 0.763 

8.SEC 0.337 -0.117 0.090 0.039 0.469 0.605 0.661 0.762 

Note: Diagonals represent the square root of the average variance extracted while the other entries 

represent the correlations. Ad = Adoption, TRS = Trust, SA = Situation Awareness, SEC = Security, Pri = 

Privacy, AnT = Anthropomorphism, SAF = Safety, TR = Training.   

5.3.4.2.5 Discriminant Validity (By HTMT) 

As highlighted above, the HTMT values must be lesser than 0.85. Table 5.25 provides the 

details of HTMT of the zero order model. 

The graphical representation of the zero order model is depicted in Figure 5.10. 

Table 5.25 

Discriminant Validity (By HTMT) Zero Order 

 Construct AnT TR SA TRS PRI SAF SEC AD 

AnT       
  

  
  
  

  
  
  
  

  
  
  
  
  

  
  
  
  
  
  

  
  
  
  
  
  
  

TR 0.004   

SA 0.034 0.071   

TRS 0.14 0.15 0.154   

PRI 0.001 0.073 0.005 0.54   

SAF 0.051 0.018 0.082 0.372 0.558   

SEC 0.111 0.096 0.038 0.473 0.612 0.653   

AD 0.102 0.104 0.005 0.492 0.413 0.45 0.343   

Note: Thresholds are 0.850 for strict and 0.900 for liberal discriminant validity.  Ad = Adoption, TRS = Trust, 

SA = Situation Awareness, SEC = Security, Pri = Privacy, AnT = Anthropomorphism, SAF = Safety, TR = 

Training 
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Figure 5.10 

Graphical representation of Zero Order Measurement Model 

 

5.3.4.3  Model fit indicators for full measurement Model and CFA (Zero order + 
Second order) 

In full measurement model, all six latent variables i.e. Adoption, Trust, Situational 

Awareness, Anthropomorphism, Legal readiness and Training are included. CFA results 

publicized X 2 = 1230.6, df = 1016, X 2/df = 1.211, p = 0.000, comparative fit index (CFI) 

= 0.979, Tucker–Lewis index (TLI) = 0.977, incremental fit index (IFI) = 0.972 and root 

mean square error of approximation (RMSEA) = 0.023. Table 5.26 demonstrates the 

model fit indexes. 
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Table 5.26 

Model Fit Indicators (Full Model) 

Fit Index References Fit criteria Results 
Fit 

(Yes/No) 

X2  1230.6 

DF  1016 

P-value >.05 0.000 No 

X2/DF (Kline, 2016) 1.00 - 5.00  1.211  Yes 

RMSEA (Steiger, 1990) <.08  0.023 Yes 

SRMR (Hu & Bentler, 1999) <.08 0.0413 Yes 

NFI (Bentler & Bonett, 1980) >0.80  0.890 Yes 

PNFI (Bentler & Bonett, 1980) >.0.05  0.836 Yes 

IFI (Bollen, 1990) >.0.90  0.972 Yes 

TLI (Tucker & Lewis, 1973) >.0.90 0.977 Yes 

CFI (Byrne, 2016) >.0.90 0.979 Yes 

PCFI (James et al., 1982) >0.50 0.920 Yes 

5.3.4.3.1  Construct Reliability (Full Model) 

Finally, the final model Cronbach’s alpha coefficients of the six primary constructs, i.e., 

legal readiness, adoption, trust, situational awareness, anthropomorphism, training, is 

checked (0.872, 0.966, 0.905, 0.871, 0.813, 0.765 simultaneously) (Table 5.27). 

5.3.4.3.2 Indicator Reliability 

In the final measurement model, the indicator reliability was also achieved. All items 

have greater than 0.7 outer loadings. No item was deleted in the final model. Table 5.27 

provides the details of factor loading. 

5.3.4.3.3 Convergent Validity 

In the full model, the second-order constructs convergent validity is measured by the 

validity of the set of sub-dimensions through AVE, which can be premeditated by 

averaging the squared multiple correlations for the first-order indicators (MacKenzie et 

al., 2011). Table 5.27 confirms the result of the convergent validity via AVE. 

Table 5.27 

Loading, Cronbach’s Alpha, CR and AVE for full model 

Indicator Direction Construct 

Factor 
Loading S.E. t-Value P-Value

α CR AVE 

>0.5 >0.7 >0.7 >0.5

PRI  LR 0.783 0.872 0.824 0.610 

SAF  LR 0.761 0.102 9.203 *** 

SEC  LR 0.798 0.102 9.573 *** 
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Indicator Direction Construct 

Factor 
Loading S.E. t-Value P-Value 

α CR AVE 

>0.5 >0.7 >0.7 >0.5 

AnT_1  AnT 0.694   0.820 0.820 0.534 

AnT_2  AnT 0.754 0.093  
 

 
 

AnT_3  AnT 0.717 0.094 11.848 
 

AnT_4  AnT 0.755 0.097 12.284 
 

TR_1  TR 0.866  0.765 0.772 0.631 

TR_2  TR 0.715 0.183  
 

 

SA_1  SA 0.732  0.871 0.871 0.530 

SA_2  SA 0.742 0.076  
 

 
 

SA_3  SA 0.699 0.072 12.941 
 

SA_4  SA 0.735 0.075 13.601 
 

SA_5  SA 0.745 0.075 13.781 
 

SA_6  SA 0.715 0.074 13.233 
 

TRS_1  TRS 0.751  0.905 0.905 0.576 

TRS_2  TRS 0.757 0.066  
 

 
 

TRS_3  TRS 0.746 0.064 14.782 
 

TRS_4  TRS 0.777 0.068 15.473 
 

TRS_5  TRS 0.763 0.066 15.16 
 

TRS_6  TRS 0.753 0.069 14.947 
 

TRS_7  TRS 0.765 0.068 15.209 
 

PRI_1  PRI 0.784  0.844 0.844 0.575 

PRI_2  PRI 0.774 0.064  
 

 
 

PRI_3  PRI 0.725 0.064 14.164 
 

PRI_4  PRI 0.75 0.065 14.687 
 

SAF_1  SAF 0.748  0.806 0.807 0.583 

SAF_2  SAF 0.817 0.077  
 

 
 SAF_3  SAF 0.722 0.072 13.02 

 

SEC_1  SEC 0.749  0.846 0.847 0.581 

SEC_2  SEC 0.749 0.07  
 

 
 

SEC_3  SEC 0.757 0.074 14.245 
 

SEC_4  SEC 0.793 0.071 14.888 
 

AD_1  AD 0.728  0.961 0.961 0.592 

AD_2  AD 0.725 0.074 14.415 *** 

  

AD_3  AD 0.693 0.072 13.739 *** 

AD_4  AD 0.67 0.071 13.258 *** 

AD_5  AD 0.798 0.073 15.955 *** 

AD_6  AD 0.798 0.076 15.964 *** 

AD_7  AD 0.816 0.078 16.356 *** 

AD_8  AD 0.775 0.079 15.479 *** 

AD_9  AD 0.791 0.074 15.82 *** 

AD_10  AD 0.787 0.08 15.726 *** 

AD_11  AD 0.798 0.075 15.972 *** 

AD_12  AD 0.8 0.077 15.999 *** 

AD_13  AD 0.767 0.075 15.301 *** 

AD_14  AD 0.763 0.075 15.228 *** 

AD_15  AD 0.782 0.075 15.622 *** 

AD_16  AD 0.787 0.076 15.723 *** 

AD_17  AD 0.786 0.076 15.717 *** 
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Note: Confirmatory factor analysis for full model (Zero order + Second order), α= Cronbach’s alpha; CR = 

Composite reliability, AVE = Average variance extracted Ad = Adoption, TRS = Trust, SA = Situation 

Awareness, SEC = Security, Pri = Privacy, AnT = Anthropomorphism, SAF = Safety, TR = Training, LR = 

Legal Readiness, Significant at ***p < 0.001 

5.3.4.3.4 Discriminant Validity 

The Table 5.28 results demonstrate that the overall fit indices for the full measurement 

model are satisfactory and incremental fit. Parsimony fit indices are also achieved. 

Hence, the evaluation of the measurement model psychometric properties regarding 

construct reliability, CR, indicator reliability, convergent validity (AVE), and discriminant 

validity were achieved. The Summary of Reliability, Composite reliability, AVE and 

Discriminant validity is given in Table 5.29. The graphical representation of the full model is 

depicted in Figure 5.11. 

Table 5.28 

Discriminant Validity 

Constructs 1 2 3 4 5 6 

1.LR 0.781 
2.AnT -0.047 0.731 

3.TR 0.020 -0.005 0.787 

4.SA -0.007 -0.033 -0.069 0.728 

5.TRS 0.599 0.139 0.153 0.153 0.759 

6.AD 0.504 0.102 0.104 -0.002 0.491 0.769 
Note: Diagonals represent the square root of the average variance extracted while the other entries 

represent the correlations. Ad = Adoption, TRS = Trust, SA = Situation Awareness, AnT = 

Anthropomorphism, TR = Training   

Table 5.29 

Summary of Reliability, Composite reliability, AVE and Discriminant validity 

Construct 
α CR AVE 

Discriminant 
validity 

>0.7 >0.7 >0.5 Yes/NO 

Legal Readiness (LR) 0.872 0.824 0.610 Yes 

Anthropomorphism (AnT) 0.820 0.820 0.534 Yes 

Training (TR) 0.765 0.772 0.631 Yes 

Situational Awareness (SA) 0.871 0.871 0.530 Yes 

Trust (TRS) 0.905 0.905 0.576 Yes 

Privacy (PRI) 0.844 0.844 0.575 Yes 

Safety (SAF) 0.806 0.807 0.583 Yes 

Security (SEC) 0.846 0.847 0.581 Yes 
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Adoption (AD) 0.961 0.961 0.592 Yes 

Figure 5.11 

Graphical Representation of Full Model 

5.3.5 Structural Model and Hypotheses Verification 

According to Hair et al. (2010), all the construct measures of this research have been 

confirmed as reliable and valid in the above paras. The next stage is to address the 

assessment and valuation of structural model outcomes and results. This procedure 

involves examining the model’s predictive and analytical capabilities and the relations 

between all the constructs. For confirming hypothesis testing, the bootstrap procedure 

run with 5,000 samples at a two-tailed significance level is 0.05. The test was done by 

AMOS software V.26. In this research study, it was vital to study the causal effects of 

latent constructs of Trust and Legal Readiness determinants on the Adoption 

construction to examine the phenomenon of successful adoption of AVs in NZ and 

formulation of validated Trust and Governance framework. This Study resorted to 

another step of SEM where the role of ‘Trust’ as mediator was investigated to conclude 
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and explain how independent constructs of (Legal Readiness) LR and Situation 

Awareness (SA), Anthropomorphism (Ant), Training (TR) influences Adoption (AD). A 

mediator is considered a transporter of information along the caused chain of effects 

(Little et al., 2007). In the research studies, moderation and mediation are the means to 

an end, i.e., fundamental analytical tools to test hypotheses (Sardeshmukh & 

Vandenberg, 2017). Moderation happens when a third variable affects the strength of 

the relationship between the predictor variables and the outcome variables. Therefore, 

this Study – 2, Hypotheses testing involves the Study of two models. Model A (where 

trust does not act as a Mediator) to get insights into the causal effects of variables of LR, 

SA, Ant and TR on Trust and then adoption, and to study the effect of LR on adoption 

AD. Model B (where Trust acts as a Mediator) between all other constructs and 

adoption.  

5.3.5.1  Model A (Without Mediator) 

In the graphical representation shown in Figure 5.12, the Hypotheses constructs are 

tested without the “Trust” construct as a mediator. 

Figure 5.12 

Model A (Without Mediator) 

 

Table 5.30 

Hypothesis Testing (Model A) 

 

Hypothesis Relationship Std. Beta Std. Error t-value p-values Decision 

H1 LR   AD 0.571 0.050 13.714 0.000 Supported 

H2 LR   TRS 0.688 0.040 20.510 0.000 Supported 

H3 SA   TRS 0.192 0.040 5.696 0.000 Supported 

H4 TR   TRS 0.170 0.038 5.047 0.000 Supported 

H5 AnT TRS 0.197 0.045 5.874 0.000 Supported 

H6 TRS   AD 0.248 0.052 4.443 0.000 Supported 

Note: *indicates significant paths:*p<0.05, **p<0.01, ***p<0.001, ns = not significant 
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Table 5.30 demonstrates the analysis of the structural model. The results revealed that 

H1 outcome i.e., LR (Legal Readiness) was positively related to AD (Adoption) and 

statically significant at the 5% level (Beta = 0.571, t = 13.714, p = 0.000). H2 also 

confirmed the significant relationship between LR (Legal Readiness) and TRS (Trust) 

(Beta = 0.688, t = 20.510, p = 0.000). The H3 hypothesis confirmed the relationship 

between SA (Situation Awareness) and TRS (Trust) (Beta = 0.192, t = 5.696, p = 0.000). 

The relationship among TR (Training) and TRS (Trust) was also confirmed at (Beta = 

0.170, t = 5.047, p = 0.000) (H4). The H5 displays significant and positive relationship 

between AnT (Anthropomorphism) and TRS (Trust) (Beta = 0.197, t = 5.874, p = 0.000). 

Finally, the direct relation between TRS (Trust) and AD (Adoption) is also accepted (Beta 

=0. 248, t = 4.443, p = 0.000). Overall, it is confirmed that Trust (based on Legal readiness, 

Situation Awareness, Anthropomorphism and training of users) and Legal Readiness 

(Governance based on safety, security/cyber security and privacy) affects the successful 

deployment of AVs in NZ. Moreover, Trust and Governance framework is validated in 

the light of H1 to H6 Hypotheses. 

5.3.5.2  Model B (With Trust as a Mediator) 

In the graphical representation shown in Figure 5.13, Hypothesis 2a is tested with the 

“Trust” construct as a mediator. 

Figure 5.13 

Model B (With Mediator) 
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Table 5.31 

Mediation Analysis 

Indirect 
Path  

Relationship 
Std. 
Beta 

Std. 
Error 

Lower 
Limit 

Upper 
Limit 

p-values Decision 

H2a LRTRSAD 0.170 0.066 0.048 0.360 0.033* Supported 

Note: *indicates significant paths:*p<0.05, **p<0.01, ***p<0.001, ns = not significant 

In this step, the Study tested and explored the Trust (TRS) variable mediation process 

between the variables of the LR and AD. The lower limit achieved a 0.048 value, whereas 

the upper limit has 0.360. Thus, no zero value falls between the lower limit and upper 

limit.  Hence, hypothesis H2a is also confirmed and supported (Beta = 0.170 p = 0.033). 

LR has direct causal relationships with AD, and Trust also mediates this relationship 

towards AD. It can be concluded with confidence that people's trust is quintessential for 

the successful implementation of AVs in NZ. And this trust is increased by the maturity 

of legal readiness structures and policies based on assuring the public's safety, 

security/cyber security, and privacy. The trust is also increased by the user's situation 

awareness, human-like abilities in the AV and training of users. 

5.3.5.3  R squared 

Another significant criterion for assessing and evaluating the structural model is the R 

squared or R2 value, which is correspondingly known as “the coefficient of 

determination” (Hair et al., 2010; Hair et al., 2006; Hair Jr et al., 2016). R square is a 

“measure of the proportion of an endogenous construct’s variance that is explained by 

its predictor constructs.” R-square values (R²) 0.25, 0.50, and 0.75 related to 

endogenous constructs might be interpreted as weak, moderate or substantial. The 

following Table 5.32 shows R2 values. 

Table 5.32 

R2    values

CONSTRUCTS 
R 
SQUARE 

AD 0.36 

TRS 0.56 

5.3.5.4 Variance inflation factor (VIF) 

Multicollinearity occurred when two or more constructs were highly correlated, and 

multicollinearity can lead to unstable regression results. Therefore, the variance 

inflation factor (VIF) was also considered to confirm that it is below the threshold limit. 
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Usually, the VIF value should not be greater than 10 (Hair et al., 2006; Hair Jr et al., 2016). 

As displayed in Table 5.33, VIF for all the constructs was found below the limit, indicating 

no multicollinearity issues in this Study. 

Table 5.33 

VIF 

VIF Table 
Construct AD TRS SA TR AnT LR 

1. AD - 1.555 1.596 1.587 1.573 1.394 
2.TRS 2.296 - 2.176 2.234 2.2 1.492 
3.SA 1.092 1.008 - 1.071 1.08 1.059 
4.TR 1.074 1.024 1.06 - 1.074 1.048 
5.AnT 1.093 1.035 1.097 1.102 - 1.032 
6.LR 2.091 1.517 2.321 2.324 2.23 - 

 

5.3.5.5 Summary of Hypotheses 

Table 5.34 

Summary of Hypotheses Verification 

Hypotheses 
Accepted/ 
Rejected 

H1 
There is a positive and significant relationship between legal readiness 
and adoption. 

Accepted 

H2 
There is a positive and significant relationship between legal readiness 
and Trust. 

Accepted 

H3 
There is a positive and significant relationship between situational 
awareness and trust. 

Accepted 

H4 
There is a positive and significant relationship between training and 
trust. 

Accepted 

H5 
There is a positive and significant relationship between 
Anthropomorphism and trust. 

Accepted 

H6 
There is a positive and significant relationship between trust and 
adoption. 

Accepted 

H2a Trust mediate the relationship between legal readiness and adoption. Accepted 
 

5.3.6 Conclusion Study – 2 

Study – 2 validates the Trust and Governance framework for successfully adopting AVs 

in NZ and verifies all the hypotheses. This is the first-ever study that gauges the human 

factors empirically in the backdrop of gaining insights into the most significant 

determinant in the successful implementation of AVs in NZ. This study also ventured 

into the significant determinants in the Legal Readiness domain. The study has gone a 

step further and found that Trust is a fundamental factor that mediates all other AD 
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factors towards adoption and proves interpersonal and institutional trust linkages. A 

detailed explanation of the results will be discussed in the next Chapter.  

5.4 Study – 3:  System Dynamics Modelling 

Study – 3 utilizes System Dynamics (SD) modelling approach in Vensim PLE software 

harnessing data from Study – 1 and Study – 2 within the context of literature. It is carried 

out to examine the diffusion of AVs in the NZ market and simulate in real-time the 

theoretical output of trust and governance framework (validated in Study – 2). It is also 

carried out to assist policymakers in NZ in shaping future transportation governance 

regimes for driverless technology. The study categories AVs in six SAE automation levels 

on a functional basis, i.e., AV0 to AV5. Study – 2 final beta values for auxiliary variables 

(see Table 5.35) of Trust, Legal Readiness, Situation Awareness, Training, and 

Anthropomorphism accrued from Table 5.30 above are used with other 

endogenous/exogenous variables. These variables include Fleet size of AVs (AV0-AV5), 

Vehicle Purchase, trade-up and abandonment, Utility of AVs, and others explained in the 

succeeding paragraphs. 

Table 5.35 

Beta Values SEM to SD for Auxiliary Variables 

 

 

 

 

 

The current research study model is significantly influenced by Nieuwenhuijsen et al. 

(2018), who modelled the uptake of AVs levels for the Netherlands using a systems 

dynamics model. The author’s proposed model containing the feedback loops between 

observed and unobserved values forms a dynamic behaviour in this research.  The model 

links trust and legal readiness to technology adoption and fleet size of AVs influencing 

their implementation timelines in NZ. Technology development is a trade-off between 

AVs' reliability, performance, and diffusion, which proliferates with the increase of 

Hypothesis Relationship Std. Beta 

H1 LR   AD 0.571 

H2 LR   TRS 0.688 

H3 SA   TRS 0.192 

H4 TR   TRS 0.170 

H5 AnT TRS 0.197 

H6 TRSAD 0.25 
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people's trust. The need for a comprehensive legal readiness structure addressing 

safety, privacy and cybersecurity concerns are quintessential for public Trust and 

ultimately acceptability of AV technology. These soft variables have already been 

embedded into legal readiness stock while formulating Study - 2.  

This SD study visualizes and simulates that with the growth of the fleet size of a specific 

AV level technology, i.e., AV0 to AV5, the probability of end users’ familiarity increases. 

People are more likely to look for using this level of automation. Similarly, with the rise 

of media hype due to the proliferation and maturity of AV technology, the AVs sales 

would grow and fleet size increase, especially in AVs' early product life cycle. The end-

users will gain more trust in the performance and reliability of this specific level of AV 

technology, and it will speed up adoption due to an increase in observability (Rogers, 

2010). The model is applied to NZ enabling environment both for the base and high/low 

Automation with high/low trust and Governance mechanism scenarios. In this model, 

trust and legal readiness (Governance) are modelled as S curves with a growth rate that 

enables the model to run the required scenarios. It is assumed that the NZ AV market is 

not generally based on manufacturing and adopts global AV technology as and when 

available. Vehicle sales in NZ are unlikely to push technology frontiers to that extent.  

Presently transportation ecosystem comprising driverless technology is highly 

unpredictable, oscillating greatly with the particular scenario and the chosen policy 

measures. In this study, the ‘High Automation with High Trust and Legal readiness’ 

ecosystem for AVs deployment is linked with the proliferation of market technology 

maturity and market penetration at higher levels of automation. 

5.4.1 Model Assumptions and High-Level Description 

The study model explores the diffusion and substitution trajectories of various levels of 

AVs in New Zealand. The model shows fleet sizes of the six levels of AVs (AV0 to AV5) 

that change over the model time horizon. These interactions are theorized to impact the 

decision of users to purchase AVs or adopt higher AV technologies. The endogenous 

variables comprise differential equations identifying the real-world system, including 

parameters filled with real-world data (Figure 5.14), and are time-dependent. The model 

structure is then compared with known theory. The model simulates the run over time 

from the year 2021 to the year 2121 (100 years). All the components incorporated in the 

model are studied within the literature and study – 2 to observe causalities between the 
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components and the real world. The model is built in Vensim PLE 8.2.1. The Euler 

integration is used, and the time step is set to 0.0156, portraying a week duration. The 

system components are modelled for each AV level (0 – 5), meaning that each 

automation level has its own maturity, fleet size, price, and trust etc.  

Figure 5.14 

Real-World System and SD Model Structure 

Note: Diffusion of Automated Vehicles by Nieuwenhuijsen, J., 2015. Master of Science Thesis, Department 

of Transport, Infrastructure and Logistics, Copyright Delft University of Technology, The Netherlands. 

Main dynamics include a number of variables. The Trust variable is fed by situation 

awareness, legal readiness, anthropomorphism, and training that affects the rate at 

which the population adopts higher AVs levels. The situation awareness and 

anthropomorphism variables are linked with technological maturity. The perceived 

utility (composite weighted variable comprised of price, attractiveness and trust in AV) 

regulates the adjustment rates between AV levels over time. An increase in a particular 

AV fleet size represents more people trading in their cars of the old AV type level for a 

new higher level AV type and upgrading their vehicles. Similarly, the increase in fleet size 

of a particular AV type affects the rate of adoption of car sharing and the rate of 

abandonment of cars for people who are sharing cars. 

The modelling done in this study is in the context of passenger cars and does not 

consider commercial vehicles like trucks. Though the model spans 100 years, it doesn’t 

consider major changes in demography or the economy. Adoption of AVs depends on 

Trust and Legal Readiness (auxiliary variables acquired from SEM), where trust has 

proven to be the primary determinant. Legal readiness is theorized to mature as an S 

Real – World data 
and Study – 2 data 

 

Input 
Stock & Flow 

Simulation Model 

System 
data 

Output 
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curve. The user can specify the growth rate of legal readiness and its initial value for 

scenario testing. Policymakers can create a better regulatory environment and push 

training towards consumers/end users. The impact of AV sales influences the legal 

readiness environment in the country and puts pressure on the government to upgrade 

legal and physical infrastructure. Technological Maturity increases according to the S 

curve, whereas the price of AVs decreases proportionally to the improvement in 

technology. The utility function includes legal readiness and trust as weighted factors 

that affect car purchases. The exogenous growth factor behaves in a manner so that the 

cars abandoned by car-sharing people who own cars did not grow the fleet sizes but 

reduce them. New cars per AV level are added as a variable to account for AV buying 

pressure where there will be no growth in car-sharing or an increase in the 

abandonment of vehicles by car sharers.  

The testing of model behaviour is done in seven steps to explore the model's validity in 

line with guidelines described by Sterman (2000). First, the boundaries of the model are 

identified within the context of literature review and scope of the Study – 3. Next, the 

units and dimensions are aligned and checked for consistency and validity of all the 

parameters. The data was chosen to set the values for the input parameters, and later 

parameters were ranked according to the uncertainty. The dependencies of the 

variables and equations are checked by exploring the structural assessment of the 

model. All these steps are static, whereas the dynamic steps comprise simulating the 

model. Then, a set of performance indicators are selected to assess model behaviour. 

Sensitivity analysis is done to check the model's sensitivity to minor changes in the 

parameters within the range of +-10% and observe the behaviour of significant 

variables. Lastly, uncertainty analysis is performed to analyse the behaviour of these 

performance indicators. Table 5.36 classifies variables as modelled endogenously and 

exogenously in the SD model.  

Table 5.36 

Model Boundary 

S/No Endogenous Endogenous 
Variable notation 

Exogenous 

1 Fleet size (AV0-AV5) – the number of vehicles in 
use on New Zealand roads disaggregated 
according to the category of AV 

AV0(t),… ,AV5(t) AV comfort – some 
ordinal value 
indicating the 
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S/No Endogenous Endogenous 
Variable notation 

Exogenous 

relative comfort of 
each type of AV. 

2 Vehicle purchases (AV0-AV5) – the number of 
vehicles purchased per year (either second hand 
or new) disaggregated according to the category 
of AV 

Ci0(t),…, Ci5(t) The initial vehicle 
purchase price for 
each AV level – this 
is how much any 
given level of AV is 
theorized to cost in 
the year 2020 

3 Vehicle trade up – The number of vehicles of a 
particular AV category (AV0-AV4) that are 
abandoned for another vehicle of a higher AV 
category 

C01(t),……,C05(t) 
C12(t),…….,C15(t) 
C23(t),……,C25(t) 
C34(t),……,C45(t) 

Rate of technology 
maturity per AV– the 
rate at which the AV 
technology matures. 

4 Vehicle abandonment – the number of people 
owning a vehicle that choose to get rid of their 
vehicles in favour of car sharing or public 
transport per year 

CV(t) Initial technology 
maturity value per 
AV – the initial rate 
of the technology 
maturity. 

5 The number of cars that per AV type that are 
taken off roads due to their owners refusing to 
drive any longer 

erg0(t),…… erg5(t) The rate of car 
abandonment by 
car-sharing people 

5 Population – the number of people living in New 
Zealand at any given time 

N(t) the rate of 
population growth 
in NZ 

6 Utility (AV0-AV5) – the utility of people with a 
particular type of AV vehicle. This utility function 
is modelled as a function of the price, the 
“attractiveness”, the trust for a type of AV and 
the Legal readiness for AVs. 

U0(t),……, U5(t) 
 

The initial value for 
the number of 
vehicles in use in NZ 

7 Vehicle price – Modelled as falling in proportion 
to the maturation of technology for a type of AV 

p0(t),…..,p5(t) The growth rate for 
car sharing 

8 Technology maturity – modelled as a logistics 
function with a growth rate and initial value that 
the user determines. This function ranges 
between 0 and 1, where 0 is immature, and 1 is 
fully mature. 

M0(t),……,M5(t)  

9 AV attractiveness – modelled as a weighted 
additive function of AV category comfort and AV 
category familiarity 

a0(t),…..,a5(t) 
 

 

10 AV familiarity – modelled as the proportion of an 
AV category to the total number of vehicles on 
the road. 

F0(t),….,F5(t)  

11 Legal readiness – grows by a growth rate defined 
by the user and an initial value defined by a user 
according to a logistics curve. 

LR(t)  

12 Trust for AV (1-5) is modelled as the additive 
function of Legal Readiness, anthropomorphism, 
training and situational awareness. The equation 
derived in an earlier chapter is plugged into the 
model to account for how quantified trust 

T1(t),…, T5(t) 
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S/No Endogenous Endogenous 
Variable notation 

Exogenous 

changes in NZ in response to these four 
variables.  

13 Situational awareness for each AV type –has an 
initial value defined by the user and grows in 
proportion with the technology maturity of that 
type of AV 

SA1(t),….., SA5(t)  

14 Anthropomorphism for each AV type –has an 
initial value defined by the user and growth in 
proportion to the technology maturity of that 
type of AV 

Ant1(t),….., Ant5(t)  

15 Training – with a growth rate and an initial value 
defined by the user according to a logistics curve. 

Tr(t)  

16 The number of people that share cars in NZ A(t)  

17 The number of car-sharing people in NZ that own 
a vehicles 

Ac(t)  

18 The number of car-sharing people in NZ that do 
not own a car  

Aw(t)  

19 The number of people per year that abandon 
their vehicles in favour of car sharing 

arcs(t)  

20 Cars issued to first time drivers – as the 
population grows, young adults become first-
time car owners choosing to purchase some AV 
Level 

NewAV0(t),………., 
New AV5(t) 
 

 

 

5.4.2 Model Dynamics 

This study model is built on the Limits to Success systems archetype and use exogenous 

and endogenous variables and their dynamics. These constructs are considered and 

acknowledged by a number of researchers due to their significance in the backdrop of 

understanding the adoption of AVs by the general public (C. Liu et al., 2019; 

Nieuwenhuijsen et al., 2018; Stanford, 2015; Zhang & Qin, 2014). Figure 5.15 graphically 

illustrates the main feedback structures of the proposed study model.  
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Figure 5.15 

CLD – System Components and Dynamic Loops 

 

Vehicle sales are encouraged by trust and utility (price, familiarity, technology Maturity) 

and are limited by the size of the population and the behaviour of vehicle sharing.  There 

are two reinforcing feedbacks and one balancing feedback. Any attempt to encourage 

sales of an AV level will set into motion reinforcing feedback (R1), which promotes 

further sales. However, the rate of this sales growth is determined by consumers' market 

size and behavioural appetites. The balancing feedback B1 (called the limits on 

exogenous growth feedback) ensures that the system cannot issue cars indefinitely or 

maintain a shortage of cars for long periods of time. B1 ensures that total fleet size is 

always brought back to equilibrium where the vehicle ownership is tied to the 

population and their car sharing behaviour. Figure 5.16 decision tree illustrates this user 

behaviour around AV purchases and how each AV level's fleet sizes and vehicle sales are 

calculated across time. 
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Figure 5.16 

Model Decision Tree – AV purchases 

 

Note: This diagram illustrates the decisions modelled around car purchases. The consumer is modelled to 

go through this decision structure. This is how the fleet sizes and vehicle sales for each AV level is 

calculated across time. 
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The growth of AV(0-5) demand increases proportionally to population leading to car 

sales that increase the fleet size for each level of AV and the total fleet size in the 

country. The uptake of car sharing will reduce fleet size through vehicle abandonment 

(as a mode of transport and part of the users’ lifestyle). As the fleet size increases, the 

pressure on the demand for AV (0-5) is reduced (is satisfied), and fewer cars of various 

AV levels are sold, causing the car sales to slow down.  

Reinforcing feedback R1 (called the word of mouth loop) works on the principle that the 

more someone sees an AV type and the more common it is to own any AV type, the 

higher the utility a person would experience in owning that AV type. This assumption is 

taken from Nieuwenhuijsen et al. (2018), who identified it as the main dynamic. An AV 

level is more familiar than another AV levels if the proportion of that AV to the total fleet 

size of vehicles on the road is more significant. The more sales of a particular AV type, 

the more familiar it will become. This will put pressure through the user utility function 

to purchase more of that AV type or to trade in vehicles of lower AV levels. This dynamic 

helps create periods of AV accumulation and slows down the transition towards AV5. 

Reinforcing feedback R2 (called the trust loop) puts pressure on the government and 

society to accommodate a certain level of AV. This could include upgrading laws, 

infrastructure, or supporting services to implement the technologies successfully. As the 

sales of higher-level AV increase, the model assumes that there is an upwards pressure 

on the rate at which Legal readiness (LR) matures. If the sales of higher AV types slows 

down, then the growth rate of LR also slows down. A change in legal readiness will have 

an impact on the trust for higher-level AV. It will have implications for the utility function 

of the user and the substitution between AV levels as a result. The model dynamics did 

not consider R&D expenditures on AVs as in Nieuwenhuijsen et al. (2018) because NZ 

will have a minimal impact on the development of this technology. NZ is mainly an 

adopter of new AV technologies due to less manufacturing base. Secondly, this research 

is on the importance of Trust and LR in determining the uptake of AV in society and not 

on the indirect impact of trust and LR on R&D. 

5.4.2.1 Fleet size 

Fleet size is determined by the number of vehicles used at a certain time specific to a 

particular region. All six levels of automation (0 to 5) are represented by their fleet sizes, 

have their respective market share and penetration. Each specific market level is 



199 

characterized by the average price of vehicles multiplied by the number of vehicles sold. 

Increase of each fleet size automation takes place through sales. In the backdrop of 

marketing theory and practice, there will be varying adoption rates among the 

population. Initially, the early enthusiastic, especially the younger generation, would be 

keen to adopt a new technology followed by a more significant population group. As the 

technology matures, people develop more confidence and resultantly it is depicted in a 

positive effect in sales. At the next stage, a larger section of society would adopt the 

technology due to increased trust and legal readiness, technical maturity, and perceived 

economic utility. It will result in an ‘S’ shaped adoption rate of the curve. 

In this study, each specific automation level market penetration is specified as the 

percentage of the fleet size of this AV level compared to the total AV fleet size. The sum 

of level 0 to level 5 market penetration rate is 100% at any specific time. Total fleet size 

is defined as the sum of all six fleet sizes. This diffusion of the AVs innovative technology 

is depicted in a dynamic feedback loop between the fleet size of AVs and technology 

development in this study where fleet size is increased by sales and adoption rate 

represents the relative speed. In the year 2021, each AV fleet size has an initial size 

AVx(0).  

The fleet size for a particular level of AV increases (Cix where x=0,1,2,3,4,5 refers to the 

level of AV) either through people who trade their older AV level cars for newer AV level 

cars 

(c01(t),c02(t),c03(t),c04(t),c05(t),c12(t),c13(t),c14(t),c15(t),c23(t),c24(t),c25(t),c34(t),c3

5(t),c45(t),), or for the first time car owner who purchases a vehicle 

(NewAV0(t),NewAV1(t),NewAV2(t),NewAV3(t),NewAV4(t),NewAV5(t),). The equation 

for Cix is: 

𝐶𝑖𝑥 = ∑ 𝑐𝑖𝑥𝑥−1
0 + 𝐼𝑓𝑇ℎ𝑒𝑛 𝐸𝑙𝑠𝑒(𝑁𝑒𝑤𝐴𝑉𝑥(𝑡) > 0, 𝑁𝑒𝑤𝐴𝑉𝑥(𝑡), 0)   (1) 

Sales portray a transition in the number of AVs in the total fleet from one automation 

level to another Figure 5.17. This may happen due to cars being disposed of in favour of 

new cars or cars being retrofitted towards a higher automation level. Sales are found 

out through perceived economic utility, technical maturity, trust and legal readiness 

(which is essentially an adoption rate in a particular level of automation times the 

potential for car sales). The vehicle changes from a lower to a higher level of automation. 
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In other words, the actual sales of AV1 is the sum of first time car buyers choosing to 

buy an AV1 (potential for car sales times the adoption rate of AV1) with the addition of 

all the people who have changed “dumped” their AV0 car for an AV1 car. 

Figure 5.17 

Stock and Flow for Fleet Sizes 

 

The following change of vehicle variables are calculated (marked with x) as shown in 

Table 5.37. 

Table 5.37 

Change of Vehicles 

 

 

This means that a person possessing an AV1 vehicle can at any time choose to purchase 

an AV2, AV3, AV4 or AV5 vehicle. Due to the prices and rate of technology development, 

it is unlikely that a person possessing an AV1 vehicle will purchase an AV5 vehicle 

immediately (perhaps later on when prices fall and technology matures). Trust is added 

to this equation, suggesting that if the trust for AV1 is high, people will be more willing 

to trade in their old AV0 cars for AV1 cars. If the trust in AV1 is low, then it is less likely 

for them to trade in their AV0 car for an AV1 car. Moreover, as per Nieuwenhuijsen 

Model, the relative utility, the technological maturity, and the average useful life 

between two AV types will tell what percentage of the old type of AV fleet will be traded 

for a higher AV type in any given year. 

 Change for 
AV0 

Change for 
AV1 

Change for 
AV2 

Change for 
AV3 

Change 
for AV4 

Change 
for AV5 

AV0   X X X X X 
AV1   X X X X 
AV2    X X X 
AV3     X X 
AV4      X 
AV5       
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The equation for any cij is calculated as a function of one over alpha (the average lifespan 

of a vehicle), the technology maturity for that AV type, the utility of the higher AV level 

over the sum of the utilities of the higher and current AV level and the fleet size for the 

current AV level. If the utility of the higher AV level car is greater than the utility of the 

existing AV level cars, then more people are likely to substitute the old AV level car for 

a new one. If the technology maturity of the higher AV level car is more, then there will 

be more substitution in any given period towards the higher technology AV level car. 

Suppose the average lifespan of a vehicle (the average length of time that a person keeps 

a car) is larger. In that case, there will be less substitution to higher AV technologies 

happening at any given time. These terms described above multiplied together give a 

fraction of a type of AV that the user trades in for higher AV technologies. 

𝑐𝑖𝑗 =
1

𝑎𝑙𝑝ℎ𝑎
𝑀𝑗(𝑡)

𝑈𝑗(𝑡)

(𝑈𝑗(𝑡)+𝑈𝑖(𝑡))
∗ 𝐴𝑉𝑖(𝑡)       (2) 

When the maturity increases, the users will acquire more confidence and trust in the 

reliability and performance of an AV and will be more likely to change the AV type from 

i to j. Similarly, if the utility grows with respect to i for any AV type, the likelihood of 

users to favour level j over level i increases. This study encapsulates the entire modelling 

environment from AV0 to AV5. However, for easy assimilation, three AVs levels are 

depicted in illustrations.  

The variable NewAVx (where x=0,1,2,3,4,5 represents the level of automation) is zero 

whenever the total fleetsize (Vtot) exceeds the difference between the number of 

people in New Zealand (N) and the number of car-sharing people who do not own a car 

(Aw). This difference also forms a variable ‘nd’ in the model such that N(t)-Aw(t)= nd(t). 

This would provide a number for the number of people in New Zealand who own cars 

(both car-sharing car owners and car owners that do not share). If multiplied by vehicles 

per person fc(t), this would provide a number for the number of vehicles in New Zealand. 

Suppose the total fleet size is smaller than the number of people in New Zealand who 

should own cars. In that case, the change in the number of theoretical car users (nd -ndt 

where ndt is the delayed number of theoretical car owners) is added to the particular 

level of AV in proportion to the current ratio of the specific level of AV to the total fleet 

size. NewAV can be negative (should nd-ndt <0 or rather, if there was a decrease in the 

size of nd from one period to the next). If it is negative, then no new cars for first-time 
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drivers are required. Instead, new drivers are assumed to be car sharers until they 

become car owners: 

𝑁𝑒𝑤𝐴𝑉𝑥(𝑡) = 𝐼𝑓 𝑡ℎ𝑒𝑛 𝐸𝑙𝑠𝑒(𝑉𝑡𝑜𝑡 < (𝑁(𝑡) − 𝐴𝑤(𝑡)), (𝑛𝑑(𝑡) − 𝑛𝑑𝑡(𝑡)) ∗ 𝑓𝑐(𝑡),0) ∗

𝐴𝑉𝑥(𝑡)/𝑉𝑡𝑜𝑡(𝑡)         (3) 

The stock for fleet size is calculated with the following equation: 

𝑑𝐴𝑉𝑥

𝐷𝑡
= 𝐶𝑖𝑥 − 𝐶𝑗𝑥         (4) 

The fleet size (Cjx) for a particular level of AV would decreases because people adopt 

car-sharing and would never own another vehicle (ergx) or traded AVs for higher level 

AVs (Cix). In this way, the six AV stocks are linked (as there is a flow from AV0 to AV1-5 

and a flow from AV1 to AV2-5 and a flow from AV2-AV4 etc.).  

𝐶𝑥𝑗 = ∑ 𝑐𝑥𝑗5
𝑥+1 + 𝑒𝑟𝑔𝑥(𝑡)        (5) 

The adoption of car-sharing leading to vehicle abandonment ergx(t) is calculated as the 

product of the total fleet size (Vtot), the number of vehicles abandoned for car-sharing 

(CV) and the ratio of an AV level fleet size to the total fleet size.  

𝑒𝑟𝑔𝑥(𝑡) = 𝑉𝑡𝑜𝑡(𝑡) ∗ 𝐶𝑉(𝑡) ∗ 𝐴𝑉𝑥/𝑉𝑡𝑜𝑡      (6) 

The number of vehicles abandoned for car sharing is calculated by the product of fc (the 

fraction of the population that owns a car calculated as Total fleet size Vtot, divided by 

Population N) and the ratio of the number of car-sharing people who abandon their cars 

annually to the total fleet size. This gives a ratio of the number of car-sharing people 

who abandon their cars annually to the population of New Zealand. This ratio multiplied 

by the total fleet size gives the number of cars abandoned. Then, taking the product with 

the proportion of any AV level to total fleet size, the equation calculates the number of 

any type of AV abandoned by car sharers each year. In calculating ergx(t), it is assumed 

that equal proportions of AV0-AV5 car-sharing car owners choose to abandon their cars 

each year. 

𝐶𝑉(𝑡) =  𝑓𝑐 ∗ 𝑎𝑏𝑟/𝑉𝑡𝑜𝑡        (7) 
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5.4.2.2 Maturity and Price 

The purchase price is modelled as the product of the initial price (ipx where x=0,1,2,3,4,5 

represents a level of AV) and the extent to which the technology can still mature. This 

will force the price to become cheaper as the technology matures. 

𝑃𝑥 = ipx ∗ (1 − Mx)         (8) 

The technology maturity at any level x of AV is modelled as a sigmoidal curve. The initial 

value calibration variable assumes various numbers to shift the curve and ensure that 

the initial value specified for Mx is modelled. The technology growth factor is an 

exogenous variable that allows the user to adjust the speed at which AV technology 

matures. 

𝑀𝑥(𝑡) =
1

(1+ 𝑒
− 𝑇𝑒𝑐ℎ𝑛𝑜𝑙𝑜𝑔𝑦 𝑔𝑟𝑜𝑤𝑡ℎ 𝑓𝑎𝑐𝑡𝑜𝑟∗

(𝑡−𝑠𝑡𝑎𝑟𝑡 𝑦𝑒𝑎𝑟 𝑣𝑎𝑙𝑢𝑒)
𝑇𝑖𝑚𝑒 𝑆𝑡𝑒𝑝 )𝑖𝑛𝑖𝑡𝑖𝑎𝑙 𝑣𝑎𝑙𝑢𝑒 𝑐𝑎𝑙𝑖𝑏𝑟𝑎𝑡𝑖𝑜𝑛

  (9) 

Technology maturity is a trade-off between AVs reliability and performance, which 

influences Situation Awareness and Anthropomorphism parameters. As the technology 

progresses for each AV level type (AV0 and AV1 are generally constant), the 

Anthropomorphism and Situational Awareness variables also increase. Hence there is a 

direct relationship between these parameters and technology maturity. Moreover, with 

the maturity in technology, the price of AVs fall, hence there is an inverse relationship. 

However, this study incorporates a growth rate for technology maturity that can speed 

up or slow down the technology maturity process for each AV type. NZ remains largely 

a technology adopter of global automotive innovation besides having a love to own a 

car. 

5.4.2.3 Utility, Trust and Attractiveness 

A theoretical average user utility is modelled for each level of AV (0-6), and these utility 

functions are used to model the adoption of AV over the time horizon. If the utility of a 

higher level of AV exceeds that of a lower level of AV, the population will adopt the 

higher level of AV to the extent of the difference in utilities.  As the trust variable is only 

defined for AV (1-5), the equation describing Uo(t) will assume a price weight of 0.5 and 

an attractiveness weight of 0.5 and a trust weight and LR weight with a value of 0. For 

other levels of AV, utility is modelled as the additive weighted function of normative 
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price (pnx(t) where x=0,1,2,3,4,5 represents a level of AV), attractiveness (ax(t) where 

x=0,1,2,3,4,5 represents a level of AV), legal readiness (LR(t)) and trust T(t). The effect 

of trust and legal readiness on the users’ adoption of AVs has already been studied and 

verified in Study – 2 above. This SD model study analysis includes beta values of all 

constructs comprising the net effect of trust.  

𝑈𝑥(𝑡) = 𝑝𝑛𝑥(𝑡) ∗ 𝑃𝑟𝑖𝑐𝑒 𝑤𝑒𝑖𝑔ℎ𝑡 + 𝑎𝑥(𝑡) ∗ 𝐴𝑡𝑡𝑟𝑎𝑐𝑡𝑖𝑣𝑒𝑛𝑒𝑠𝑠 𝑤𝑒𝑖𝑔ℎ𝑡 + 𝐿𝑅(𝑡) ∗

𝑙𝑒𝑔𝑎𝑙 𝑟𝑒𝑎𝑑𝑖𝑛𝑒𝑠𝑠 𝑏𝑒𝑡𝑎 ∗ 𝐿𝑅 𝑤𝑒𝑖𝑔ℎ𝑡 + 𝑇𝑥(𝑡) ∗ 𝑇𝑟𝑢𝑠𝑡 𝑏𝑒𝑡𝑎 ∗ 𝑇𝑟𝑢𝑠𝑡 𝑤𝑒𝑖𝑔ℎ𝑡 (10) 

The normative price is calculated as the ratio of the price at time t to the sum of the 

initial price and the initial retrofit price (irpx(t) where x=0,1,2,3,4,5 represents a level of 

AV). 

𝑝𝑛𝑥(𝑡) =
(𝑝𝑥(𝑡))

(𝑖𝑝𝑥(𝑡)+𝑖𝑟𝑝𝑥(𝑡))
        (11) 

Attractiveness is the weighted sum of Comfort Cx(t) and Familiarity Fx(t), where 

Familiarity is calculated as the ratio of the fleet size to total fleet size. 

𝑎𝑥(𝑡) = 𝐶𝑥(𝑐) ∗ 𝐶𝑜𝑚𝑓𝑜𝑟𝑡 𝑊𝑒𝑖𝑔ℎ𝑡 + 𝐹𝑥(𝑡) ∗ 𝐹𝑎𝑚𝑖𝑙𝑖𝑎𝑟𝑖𝑡𝑦 𝑊𝑒𝑖𝑔ℎ𝑡  (12) 

Legal readiness / Governance is theorized to mature as an S curve, and the user 

can specify the growth rate of legal readiness and the initial value of legal readiness for 

scenario testing. Legal readiness is modelled as the product of this logistics function and 

a variable called “impact of AV1-5” sales on LR, which is calculated as the 
∑ 𝐶𝑖𝑥(𝑡)5

1

𝑉𝑡𝑜𝑡
. If the 

proportion of AV1-5 sales to the total fleet size increases, pressure is put on the 

government to upgrade laws and infrastructure to enable the growing use of AV1-5.  

𝐿𝑅(𝑡) = (1/(1 + 𝐸𝑋𝑃(−𝐺𝑟𝑜𝑤𝑡ℎ 𝐿𝑒𝑔𝑎𝑙 𝑟𝑒𝑎𝑑𝑖𝑛𝑒𝑠𝑠 ∗ (𝑇𝑖𝑚𝑒 − 𝑠𝑡𝑎𝑟𝑡 𝑦𝑒𝑎𝑟)/

𝑇𝐼𝑀𝐸 𝑆𝑇𝐸𝑃)))^(1/𝑖𝑛𝑖𝑡𝑖𝑎𝑙 𝑙𝑒𝑔𝑎𝑙 𝑟𝑒𝑎𝑑𝑖𝑛𝑒𝑠𝑠) ∗ "𝐼𝑚𝑝𝑎𝑐𝑡 𝑜𝑓 𝐴𝑉1 − 5 𝑠𝑎𝑙𝑒𝑠 𝑜𝑛 𝐿𝑅"

           (13) 

Trust is calculated as the weighted sum of situational awareness, Anthropomorphism, 

legal readiness and training.  

𝑇𝑥(𝑡) = 𝑚𝑎𝑥(0, 𝑠𝑖𝑡𝑢𝑎𝑡𝑖𝑜𝑛𝑎𝑙 𝑎𝑤𝑎𝑟𝑒𝑛𝑒𝑠𝑠 𝐴𝑉5 ∗ 𝐵𝑒𝑡𝑎 𝑆𝐴 +

𝑎𝑛𝑡ℎ𝑟𝑜𝑝𝑜𝑚𝑜𝑟𝑝ℎ𝑖𝑠𝑚 𝐴𝑉5 ∗ 𝐵𝑒𝑡𝑎 𝐴𝑛𝑡 + 𝐵𝑒𝑡𝑎 𝐿𝑅 ∗ 𝑙𝑒𝑔𝑎𝑙 𝑟𝑒𝑎𝑑𝑖𝑛𝑒𝑠𝑠 + 𝐵𝑒𝑡𝑎 𝑡𝑟 ∗

𝑡𝑟𝑎𝑖𝑛𝑖𝑛𝑔)          (14) 
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Anthropomorphism and Situational awareness are both calculated as a function of the 

maturity of AV5 technology and a variable that adjust the initial values of  

𝐴𝑛𝑡𝑥(𝑡) = 𝑀5 + 𝐶𝑎𝑙𝑖𝑏𝑟𝑎𝑡𝑒 𝑇𝑟𝑢𝑠𝑡 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒     (15) 

𝑆𝐴(𝑡) = 𝑀5 + 𝐶𝑎𝑙𝑖𝑏𝑟𝑎𝑡𝑒 𝑇𝑟𝑢𝑠𝑡 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒      (16) 

5.4.2.4 Population 

Population (N(t)) is the stock of the NZ people that grows over the 100-year simulation 

horizon by a fixed percentage a year with an initial value for the year 2021 (Figure 5.18). 

𝑑𝑁

𝑑𝑡
= 𝑁(𝑡) ∗ 𝑏𝑖𝑟𝑡ℎ𝑟𝑎𝑡𝑒𝑑𝑒𝑎𝑡ℎ𝑟𝑎𝑡𝑒       (17) 

Figure 5.18 

Stock and Flow Structure for Population 

  

Note: With an initial value N(0)= 5.1e+006, birth rate death rate is equal to 0.016 % per year. The estimates 

depict that the population of NZ is growing from a 5.1million in the year 2021 to approximately 24.94 

million in the year 2121. 

5.4.2.5  Car Sharing 

To understand the car-sharing market, a stock is identified with the number of people 

with car-sharing. This study modelled how many people had cars, how many didn’t have 

cars, and how many were car-sharing. The people who weren’t car-sharing and didn’t 

own cars are potentially like to buy a new car. The total population stock varies with the 

flow of births and death, i.e. birth rate minus death rate. Initial car share users modelled 

as an initial fraction of people car sharing. The cars sharing people stocks, with and 

without a car, both increase through the same construction. The car-sharing users stock 

is integral to the adoption rate of car-sharing times the fraction of the users with a car 

over time. Abandonment is the movement and flow of users with a car to users without 
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a car. Car sharing without a vehicle is the number of people in NZ who practice car 

sharing at any given time but do not own a vehicle. The total number of car-sharing 

people A(t) is calculated as the sum of the car-sharing people with a car Ac(t) and the 

car-sharing people without a car Aw(t). With an initial value of 0.25* 5.1e+006, it is 

assumed that at least a quarter of the population of NZ will be sharing cars without 

owning one, as happens in the case of children. Ac(t) stock is calculated as the integral 

of the cars per person fc(t) multiplied with the growth in the number of people who 

have adopted car-sharing arcs(t) minus the number of people who are car sharers and 

have abandoned their car ownership abr(t). The stock of car-sharing users who do not 

own a car is calculated as the integral of the cars per person fc(t) multiplied with the 

growth in the number of people who have adopted car-sharing arcs(t) plus the number 

of people who are car sharers and have abandoned their car ownership abr(t) in that 

period (Figure 5.19). 

Figure 5.19 

Stock and Flow Structures for Car Sharing with Cars and Car Sharing without Cars 

 

𝑑𝐴𝑐

𝑑𝑡
= 𝑓𝑐(𝑡) ∗ 𝑎𝑟𝑐𝑠(𝑡) − 𝑎𝑏𝑟(𝑡)       (18) 

𝑑𝐴𝑤

𝑑𝑡
= 𝑎𝑏𝑟(𝑡) + 𝑎𝑟𝑐𝑠(𝑡) ∗ 𝑓𝑐(𝑡)       (19) 

Cars per person are calculated as the quotient of the total fleet size over the total 

population size: 

𝐹𝑐(𝑡) = 𝑉𝑡𝑜𝑡(𝑡)/𝑁(𝑡)        (20) 

The number of car-sharing people who have abandoned their cars in a given time is 

calculated as the stock Ac(t) multiplied by the annual rate of car abandonment among 

car sharers sr: 
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𝐴𝑏𝑟(𝑡) = 𝑠𝑟 ∗ 𝐴𝑐(𝑡)         (21) 

The number of people who have adopted car sharing is calculated as the product of the 

growth rate in car-sharing g(t), the number of car-sharing people A(t) and the 

percentage of the population that car still adopts car-sharing PA(t)/N(t). PA(t) is 

calculated as the number of people in the population minus the number of people who 

are car sharing. 

𝐴𝑟𝑐𝑠(𝑡) = 𝑔 ∗ 𝑃𝐴(𝑡)/𝑁(𝑡) ∗ 𝐴(𝑡)       (22) 

The growth rate in car sharing is calculated as the sum of some initial growth rate gm 

and the sum of some additional growth rate tm which only comes into effect once the 

level of technology maturity reaches a certain level. This equation was taken from  

Nieuwenhuijsen et al. (2018) and the 0.4 reflects their estimations. 

𝑔(𝑡) = 𝑔𝑚 + 𝐼𝑓𝑇ℎ𝑒𝑛𝐸𝑙𝑠𝑒(𝑀5(𝑡) > 0.4, 𝑡𝑚, 0)     (23) 

5.4.3 Static and Dynamic Testing of the Model 

In the above paragraphs, all the major equations used to build the model are displayed. 

A complete set of equations is given in this study's appendix. Few equations used static 

parameters as an input for the model. And a set of parameters values are selected to 

run base and other scenarios simulating the start time of 2021. As discussed earlier, all 

the model parameter values have been based on Study – 2 and the literature review. 

5.4.3.1 The Model Parameters and Checks 

Before running the model scenarios, a parameter check is performed against sensitivity 

and uncertainty during the model testing process (Nieuwenhuijsen et al., 2018). 

Uncertainty analysis is carried out during static testing of the model and sensitivity 

analysis during dynamic testing of the model. Uncertainty means the non-existence of 

an extensive range of values or non – availability of data in the literature leading to 

imprecise estimates. In contrast, sensitivity analysis is referred to the changes of all input 

parameters in the model by -10 to +10%. These changes are checked against the suitable 

performance indicators, and numerical and behavioural sensitivity is monitored. In 

other words, the sensitivity analysis quantifies the effects of varying parameter values 

and structural assumptions (Ford, 2009; Tian et al., 2016). The model's sensitivity for 
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these input parameters is low if the indicators do not change by altering a specific input 

parameter. However, if there is a numerical change, then sensitivity is medium, whereas 

if there is a behavioural change, then the sensitivity of the specific input parameter is 

high. Similarly, uncertainty is classified into low, medium and high. The low means the 

high existence of historical, consensus and literature data. The medium refers to the 

availability of few studies and some agreement on the data range in the literature, and 

high means few to no data availability in the studies. Table 5.38 displays the various 

parameters used in the modelling process. 

Table 5.38 

The Model Parameters 

Parameters Notation Value Unit Uncertainty Sensitivity 

Initial Maturity Level 
0 

M0,0 1 Dmnl Low Low 

Initial Maturity Level 
1 

M0,1 0.62 Dmnl High Low 

Initial Maturity Level 
2 

M0,2 0.547 Dmnl High Low 

Initial Maturity Level 
3 

M0,3 0.02 Dmnl Medium Low 

Initial Maturity Level 
4 

M0,4 0.1 Dmnl Low Low 

Initial Maturity Level 
5 

M0,5 0.0001 Dmnl Low Low 

Initial fleet size Level 
0 

V0,0 4.4e+006 Car Low Low 

Initial fleet size Level 
1 

V0,1 3000 Car Medium Low 

Initial fleet size Level 
2 

V0,2 300 Car Medium Low 

Initial fleet size Level 
3 

V0,3 0 Car Low Low 

Initial fleet size Level 
4 

V0,4 12 Car Low Low 

Initial fleet size Level 
5 

V0,5 0 Car Low Low 

Initial price Level 0  ip0,0 18315,1 

 

NZD/Car Low Low 

Initial price Level 1  ip0,1 23808,4 

 

NZD/Car Low Low 

Initial price Level 2 ip0,2 36630,19 

 

NZD/Car Medium Low 
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Parameters Notation Value Unit Uncertainty Sensitivity 

Initial price Level 3 ip0,3 109890,6 

 

NZD/Car Medium Low 

Initial price Level 4 ip0,4 366301,9 

 

NZD/Car High Low 

Initial price Level 5 ip0,5 915757,9 

 

NZD/Car High Low 

Initial car-share users 
modelled as initial 
fraction of people car 
sharing 

A0 0.2 Dmnl Medium Low 

Initial population N0 5.1e+006 Person Low Low 

Price weight  0.25 Dmnl High Medium 

Attractiveness weight  0.25 Dmnl High Medium 

Familiarity weight  0.5 Dmnl High Low 

Comfort weight  0.5 Dmnl High Low 

Trust weight  0.25 Dmnl Low Low 

LR weight  0.25 Dmnl Low Low 

Trust beta  0.25 Dmnl Low Low 

LR beta  0.69 Dmnl Low Low 

Ant beta  0.2 Dmnl Low Low 

SA beta  0.19 Dmnl Low Low 

Tr beta  0.17 Dmnl Low Low 

The average lifetime 
of a car 

a 10.4 Year High High 

Average household 
size 
 

shh 2.2 Person/household Low Low 

travel demand per 
person 

ptd 10000 km/year/person Low Low 

Growth of the car-
sharing market 

gcs 0.05 Dmnl High High 

Technology multiplier tm 0.1 1/Year High Medium 

Percentage of car 
shedding among car 
share users 

sr 0.05 Car/person High Low 

Note: Most of the notations/abbreviations are adopted from Nieuwenhuijsen et al. (2018) to keep the 

reader's similarity and general understanding purposes. However, their values, uncertainty and sensitivity 

analysis are calibrated for this Study – 3.  

5.4.3.2 Dimension Check 

During the static testing of the model, all the units are counter checked for consistency 

and their existence in the real world. Most of the model variables have a real world 

counterpart with dimension. However, certain auxiliary variables are dimensionless. 

These include trust, legal readiness, anthropomorphism, situation awareness, training, 
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familiarity, comfort, and attractiveness. These variables have their underpinnings and 

significance to the diffusion of AVs within the context of literature. The unit checking 

tool in Vensim is used to find out dimension errors. 

5.4.3.4 Structure Assessment Check 

It is also a static test of the model to confirm the dependencies of the model components 

according to the structure articulated in the literature (Bala et al., 2016; Ding et al., 2018; 

Senge & Forrester, 1980). It is about users’ preferences on the adoption of AVs, 

technology diffusion, choice behaviour and innovation systems. The trust and legal 

readiness framework are already validated in Study – 2, dynamics of adoption of car-

sharing is modelled as delineated by Sterman (2000). The utility function depending on 

price and attractiveness, as identified by Rogers (2010), and the trust highlighted in 

Study – 2. Similarly, the technology maturity of AVs based on Situation Awareness and 

Anthropomorphism influenced by the logarithmic curve is considered within the 

literature in the HMI context. The effect of the car on ownership, baseline price, fleet 

size adoption, growth of the car-sharing market, a lifetime of the car, initial maturity, 

and the effect of car-sharing on car ownership is taken from Nieuwenhuijsen et al. 

(2018). All these studies are highly regarded and well-cited. Hence it is concluded that 

the structure assessment criterion is fully established during the model building process. 

5.4.3.5 Performance Indicators 

The chosen performance indicators involved in dynamic testing have a clear counterpart 

in the real world and are in line with the purpose of this model study. The stocks are also 

generally used as performance indicators. These include total fleet size (AV0 to AV5) and 

their market penetration etc. 

5.4.3.6 Sensitivity Analysis 

One of the model validation dynamic tests is the behavioural sensitivity test. Its purpose 

is to observe the model behaviour by changing the parameters (Bala et al., 2016; Senge 

& Forrester, 1980). Highly uncertain and sensitive parameters have a high impact on the 

behaviour of the model. A Monte Carlo simulation is done in multiple simulations 

defining the certainty range of 10 % to selected parameters. The Monte Carlo simulation 

simulates 1000 runs and uses Latin Hypercube sampling. Generally, the model is not very 

sensitive to 10% changes in the parameter values, and the model possesses a low 
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sensitivity to most of the parameters. Some of the illustrations while testing parameter 

values for alpha (average life span of vehicle 1 – 20 years), technology growth factor (0 

– 20% per year), Legal Readiness growth (0 – 20% per year), Price weight (0.1 – 0.5) and 

trust weight (0.1 – 0.5) are shown from Figure 5.20 to Figure 5.24 below. 

Figure 5.20 

Behavioural Sensitivity Test for Alpha (Average Lifespan of Vehicle 1-20 years) 

 

Figure 5.21 

Behavioural Sensitivity Test for Technology Growth Factor (0-20% per year) 
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Figure 5.22 

Behavioural Sensitivity Test for Price Weight (0.1-0.5) 

 

 

Figure 5.23 

Behavioural Sensitivity Test for LR Growth Rate (0-20% per year) and LR Weight (0.1-0.5) 
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Figure 5.24 

Behavioural Sensitivity Test for trust weight (0.1-0.5) and SA, Ant (0.3-0.5) 

 

It is seen from the results above that the Monte Carlo sensitivity testing around values 

for alpha (average lifespan of vehicle 1-20 years) indicate that the model is very sensitive 

for this parameter. It is influential as it will determine how many vehicles are bought 

and how quickly vehicles will be changed for a higher AV technology. Alpha represents 

a delay or slowdown in vehicle adoption. Moreover, the quickest way of ensuring the 

uptake of AV technologies would be to shorten the average lifespan of a vehicle (the 

turnover time).  

The Technology growth factor (0-20% per year) impacts the various levels of AV, total 

fleet size and the car-owning population of car sharers. The model is very sensitive 

around the rate of technology maturity. The model is not very sensitive to changes in 

the price weight, LR growth rate (0-20% per year) and LR weight (0.1-0.5), trust weight 

(0.1-0.5) as well as in the calibration parameter (SA and Ant) (0.3-0.5). 

5.4.4 Running Scenarios 

To evaluate the output of this study modelling process, three scenarios are presented 

below, i.e. Base run, High Automation and High Trust & Governance Mechanism, and 

Low Automation with Low Trust and Governance Mechanism. High Automation and 

High Trust and Governance postulate that there is generally a more significant trust of 

the NZ people on AVs backed up with progressive governance/legal readiness regime. 

The rate of AV technology maturity is also higher. The Low Automation and low trust 

and governance regime generally consider a low level of trust, and a conservative 
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governance regime prevailing in the country besides technology maturity is also low 

(Figure 5.25). The Base run is a middle range of scenario analysis between high and low 

that includes the beta values of trust and legal readiness framework. The simulation runs 

from the year 2021 to 2121. For the Base run, the study runs several simulations to 

observe the impact of trust, governance, technology maturity, price reductions through 

subsidies, extra funds and comparing various car-sharing structures on the market 

penetration of the different AV levels. In the AV high scenario, the main focus was 

towards positive trust and legal readiness policy impacts towards AV5, since AV5 is high 

automation driverless technology that needs to be harnessed to accrue maximum 

societal benefits. 

Figure 5.25 

Perimeter Settings for Different Scenarios 

Parameters  
Based on Customer Attitude, Economic 
Growth, technology Maturity, Utility,  

Trust and Legal Readiness/Policy    

Default Base 
run 

High 
Automation 

with high 
trust and 

Governance 
mechanism 

Low 
Automation 

with low trust 
and Governance 

mechanism 

rate of technology maturity 0.05 0.1 0.02 

Initial value Trust (towards automation 
in general) 

0.25 0.85 0.05 

Calibrate trust variable -0.3 0.54 -0.5 

Initial Legal Readiness (use the initial 
trust value to calibrate) 

0.69 0.95 0.6 

Initial Training(use the initial trust value 
to calibrate) 

0.17 0.85 0.17 

Growth rate legal readiness 0.05 0.1 0.02 

Growth rate training 0.05 0.1 0.02 

Note: Beta values of Trust, Legal readiness, Anthropomorphism, and Training acquired from Study – 2 

has already been integrated into the equations of the SD Model. 

Figure 5.26 

Total AV Fleet Size Behaviour (2021 – 2121) 
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It can be seen from Figure 5.26 that in High Automation and High Trust Scenario, the 

Total AV Fleet size decreases much earlier ( from 2031 – 2111) than the Low Trust and 

Low Automation Scenario and Baseline Scenarios. It means that once people have more 

trust in technology supported by progressive governance regimes and high technology 

maturity, they will buy AV higher levels much earlier. The people are likely to trade in 

their old cars and old AV models much faster in favour of higher levels and car-sharing 

practices instead of owning. Therefore, the diffusion of AV technology will be higher in 

NZ. Individual fleet size behaviour from AV 0 to AV5 is as below. 

Figure 5.27 

Individual AV Level Fleet Behaviour (2021 – 2121) 

  

 
 

 
 

The results show that AV0 fleet size finishes in 2051 (high trust scenario), then AV1 in 

2070,  AV2 in 2081, AV3 in 2111. The AV4 fleet stock decreases in 2121, and AV5 takes 

birth around 2031 and will continue to proliferate beyond 2121 ( Figure 5.27).  
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Figure 5.28 

Individual AV Level fleet Market Penetration (2021 – 2121) 

  

  

 

 

The market penetration of each level (d1 – d5) is given as the percentage of the fleet 

size of that specific AV level compared to the total fleet. The sum of the market 

penetration of all levels (AV0 to AV5) is 100% at any given time. The adoption of AVs 

depicts a dynamic feedback loop in the model between trust, technology maturity and 

fleet size of AVs. This fleet size increased through sales, where relative speed is the 

adoption rate. The market penetration in the high AV Scenario shows that AV3 reaches 

maximum penetration around 14% in 2045 – 2055, AV4 around 43% around the year 

2061 and then subsides steeply. AV5 achieves the most dominant market penetration 
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above 90% in 2121. Whereas market penetration of AV4 and AV5 in Low AV Scenario 

only reaches around 20% in 2121. In both scenarios, the market penetration of AV1 and 

AV2 drops very rapidly after 2041 and these AV levels hardly any significant proportion 

of market penetration later (see Figure 5.28). 

Figure 5.29 

Price Reduction Behaviour AV4 through Tax Reduction or Subsidy 

  

Figure 5.30 

AV4 Behaviour for Provision of Development Funds 

  

  

 

Keeping in view the small manufacturing base of AV4 shuttle in NZ, a scenario is 

developed in Figure 5.29 and Figure 5.30. An AV4 behaviour is noticed due to 

government subsidies or tax benefits and pumping in external development funds to 

AV4 manufacturing companies in NZ by changing formulae. It is observed that price 
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reduction resulted in earlier diffusion of AV4 and faster movement towards car sharing 

growth, resulting in the adoption of higher-level AV5 by AV4 users. However, it doesn’t 

have a marked impact on the total AV4 fleet level. Similarly, by providing external 

government development funds, the total AV4 fleet size rose from 1.5M to 1.9 M in 

2058. However, the overall AV fleet size curve did not show any marked difference, 

meaning no observable change was identified in the overall AV fleet size in the country. 

It has also been concluded that AV4 vehicles travelled greater km/cars around 68000 

than without external funds. Similarly observing the adoption rate ar4 of AV4, it can be 

concluded that with high trust and automation scenario and pumping of external funds, 

the AV4 diffusion technology is much faster in the society. It reaches a maximum in the 

year 2030 than in a low scenario where it grows slower and peaks in 2045 with a lesser 

percentage. 

Figure 5.31 

AV Levels Adoption Rate Behaviour (AV1 – AV5) 
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It is evident from Figure 5.31 that the AV0 adoption rate seizes in 2040, AV1 in 2049, 

AV2 in 2060, AV3 in 2085, AV4 in 2120 and AV5 adoption rate continues after 2120 (high 

AV scenarios). Hence, the lower AV technologies cease to exist over time in favour of 

higher technologies and car-sharing growth rate. Even in a low conservative scenario, 

the same phenomenon is observed. The maximum adoption rate of AV0 has already 

passed in the year 2021 and is now decreasing. However, the AV1 – AV5's maximum 

adoption peaks in 2025, 2030, 2035, 2036 and 2045, respectively, for high AV scenarios.  

Figure 5.32 

Car Sharing Behaviour 

  

As highlighted in the above paras, Ac is the number of people who practice car sharing 

but own a car. The number of car-sharing people who do not own a car in NZ has 

increased over 100 years ( Figure 5.32). The maturity of AV5 technology will influence 

the growth of car sharing in the population. Another value sr, dictates how many car-

sharing people shed their cars. The shedding of cars feeds back into the model affects 

the various AV0-AV5 fleet sizes, which will impact trust. It impacts trust through the 

familiarity variable, which will affect the sales of AV2-AV5 technologies, resultantly 

influencing LR and Trust. So the sr variable puts pressure on the LR variable. The more 

people shed their cars and opt for car-sharing, the more pressure is placed on the 

government to ensure that the infrastructure etc., is geared for higher AV technologies. 
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The model does not allow any car owner to purchase downwards (AV5-down) but only 

upwards. Initial value of car-sharing users that own a vehicle =2e+006. The amount of 

car-sharing users that own a car falls (dramatically) between the years 2020 to the year 

2035 and then slowly increases again. The fall is dramatic because of the 20% annual 

growth in car-sharing and the 23 % annual trend in car shedding.  

5.4.5 Overview of the Market Penetration of AVs 

A detailed overview of the market penetration of various levels of AVs (AV1 to AV5) is 

illustrated in Table 5.39. It highlights the penetration ranges concerning baseline, High 

Trust, Governance & Automation and Low Trust, Governance and Automation 

Scenarios. Moreover, it provides estimates regarding the time frame of market 

penetration and transfer of low AV technologies to higher technologies and the growth 

of the car-sharing phenomenon. The most valuable insights achieved in the realm of 

deployment and market penetration of AV3, AV4 and AV5 while giving special attention 

to AV level 5 technology. With the high trust and progressive governance regime in NZ, 

it is predicted that the AV3 market achieves under 20% diffusion in the year 2045 – 2055 

and then seizes to exist in the year 2085. In between, people have already transferred 

to AV4 and AV5 and car-sharing business model. AV3 market penetration never reaches 

above 20%. In the case of AV4, the market penetration is achieved 43% around the year 

2061, and the adoption rate seizes in the year 2120. AV0, AV1, and AV2 adoption rates 

seize in the year 2041, 2049 and 2060. The most useful AV5 technology achieves 90 % 

market penetration in 2121, and the adoption rate continues after that. People are most 

likely to adopt AV1 to AV5 in 2025, 2030, 2035, 2036 and 2045.



221 
Table 5.39 

Summary Table for Market Penetration of AVs 

  Baseline model  High scenario Low Scenario Remarks 
Variable Range  

Market Penetration 
of AV1 

0 -  20% 2021-2121  
20  -  50% AV1 market share never reaches any of these levels Shifted to car-sharing and higher 

AV technology 50 -   75% 
75%- 90% 

Market Penetration 
of AV2 

0 -  20% 2021-2121  
20  -  50% AV2 market share never reaches any of these levels Shifted to car-sharing and higher 

AV technology 50 -   75% 
75%- 90% 

Market Penetration 
of AV3 

0 -  20% 2021-2121  
20  -  50%                             AV3 market share never reaches any of these levels Shifted to car-sharing and higher 

AV technology 50 -   75% 
75%- 90% 

Market Penetration 
of AV4 

0 -  20% 2021-2040 2021-2040; 
2096-2120 

2021-2041  

20  -  50% 2041-2058 2041-2095 2042-2056  
50 -   75% 2059-2092 AV4 market share 

never reaches this 
level 

2057-2078  
75%- 90% AV5 market share 

never reaches this 
level 

2079-2121 Shifted to car-sharing and higher 
AV technology in High Scenario 
after 2095 achieving 50% market 
penetration and Base Scenario 
after  2092 after 75% market 
penetration 

Market Penetration 
of AV5 

0 -  20% 2021-2063 2021-2045 2021-2121  
20  -  50% 2067-2097 2046-2067 AV5 market share never reaches this 

level 
 

50 -   75% 2098-2121 2067-2091  
75%- 90% AV5 market share 

never reaches this 
level 

2092-2120 Shifted to car-sharing and higher 
AV technology in Low Scenario 
after 2121 after 20% and in Base 
Scenario after 76% market 
penetration 
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5.4.6 Model Augmentation for Insights into Technology Maturity and Utility  

It is noteworthy that presently there is no counterpart in the real world to reflect any 

level of autonomous technology maturity, and it is challenging to configure exact value. 

Therefore, the initial maturity level considered in this extended model is based on the 

generalized information available in 2021 and, as observed by Nieuwenhuijsen et al. 

(2018). However, it is a known fact that nowadays, AV2 technologies are being 

commercially provided by several OEMs, whereas AV3 to AV5, very little information is 

available regarding the R&D process and their actual performance. Moreover, AV 

Companies are hesitant to share information.  

As already noted above, AV systems are a conglomeration of dynamic interaction 

between various components, including customer attitudes, technology development, 

Governance and Policy measures and economic factors (Milakis et al., 2017a; Milakis et 

al., 2017b). After more deliberations and due diligence, the model is augmented to study 

the impact of various weightings of utility components (including Trust, Legal Readiness, 

Attractiveness and Price) on the adoption of AV technology. Accordingly, the model is 

altered in two ways:  

 by the growth in vehicle sharing and the growth in the abandonment of cars 

among vehicle sharers endogenous; 

 By making the technology maturity for each level of AV endogenous 

Table 5.40 

Levels of Market Maturity 

AV Levels Remarks Market Maturity 

AV0 Conventional vehicles are in the market for more than 
100 years  

100 % 

AV1  These are available in the market at relative higher 
purchase prices.  

50 to 80%    High 

AV2 Provided by Volvo, BMW, Ford, Daimler, Toyota etc. 
OEMs invested in ADAS systems and are available in the 
market in medium to low quantities. 

30 to 65%    Medium 

AV3 Not available in the market except few claims by Tesla. 
See Chapter 2 literature for the latest developments and 
R&D investments by various OEMs. 

1 to 15% Low 

AV4 Technology is in operation in the shape of shuttles and 
trams in China, Europe, the UK, Australia and NZ.  

10 to 20% Low 

AV5 Not being tested and not available in market Less than 1% Very 
Low 
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The premise in this extended SD Model is that the autonomous technologies mature 

with the new sales of autonomous vehicles as a proportion of total sales for a particular 

year. The model is reconfigured to include a delay (called technical delay) that accounts 

for the efficiency of knowledge transfer and technology development. It is depicted in a 

simplified version of the learning by searching and learning by doing effects loop (R3) 

compared to Nieuwenhuijsen et al. (2018). In an earlier study, Lundvall (1992) 

conceptualizes a technology maturity model by exploring the interaction between R & 

D, learning by searching, a knowledge stock and emergence of innovative ideas that lead 

to technology proliferation. In this augmented model, the rate of tech maturity is 

modelled as a Stock variable dependent on the sales of new cars (for each specific level 

of AV). A reinforcing loop R4 is also included, which simplifies the stated relationship for 

the growth in vehicle sharing and causes it to depend more directly on the rate at which 

technology matures. The feedback loop also depicts the rate of car abandonment 

amongst car sharers dependent on legal readiness. It is assumed that as the regulatory 

and physical infrastructure becomes more accommodating for AV5 technology, there is 

an increase in car abandonment among car sharers. The casual Loop Diagram (CLD) is 

shown in Figure 5.33. 

Figure 5.33 

CLD 2 – System Components and Dynamic Loops 
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In any innovation process, the knowledge is gathered via the R&D process during the 

initial innovation cycle of the technology through research organisations and 

universities to develop the technology (Kamp, 2002). During this cycle, purchase prices 

remain high (Abernathy & Utterback, 1978). However, by gaining more knowledge using 

R&D over time, price reduction occurs through learning by searching effects. Perceived 

gains of the technology drive amount of R&D expenditure and the market size. The 

technology maturity range (1- 100%)  indicates the state of readiness for technology 

(Newes et al., 2011; Vimmerstedt et al., 2016). As highlighted earlier, when the fleet size 

of a particular level of automation increases, it results in additional experience and 

lowering the purchase price. With the decrease in price, the utility increases and fleet 

size is increased. The fleet size of any AV level grows through sales. Sales depend upon 

the utility and the maturity of a specific level of automation, illustrating the flow of AVs 

from lower to higher levels. As technology gets more mature, it gives trust and 

confidence to the user, which positively affects sales. Hence the new CLD diagram 

(Figure 5.33) incorporates these effects where diffusion of innovation results from a 

dynamic feedback loop between fleet size and technology development. Technology 

maturity further affects Situation Awareness and Anthropomorphism, resultantly 

affecting the trust and utility of AV technologies. The literature informs that the 

technology maturity takes in an S-shaped curve and is a trade-off between reliability and 

performance (Mahajan & Peterson, 1985; Sterman, 2000). S-shaped curve depicts the 

increase in marginal costs with maturity in technology.  

Presently, several OEM Firms are developing different driverless technologies 

and are in various stages of the product life cycle depending upon the R& D amount 

available. In the reconfigured model, the specifications of the learning curves are 

adopted from Sterman (2000)and Nieuwenhuijsen et al. (2018). The maturity range is 

between 0 and 1. Technology Maturity for AV1 to AV5 is modelled as a stock variable 

retaining the initial values for M1-M5 as depicted in equation 9 and Table 5.38 above. 

For each level of AV (1-5), Technology Maturity increases by the flow variable “Mx 

increase” (where x =1, 2,3,4,5 refers to levels of AV). The equation 24 of Mx increase 

depends on the sales of that AV type in a particular year cix(t), divided by the total 

vehicle sales for all the AV levels in a specific year, all multiplied by the remaining 
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potential for maturity (1-Mx) subject to sometime delay. The value for the time delay 

we specify as five years.  

𝑀𝑥 𝑖𝑛𝑐𝑟𝑒𝑎𝑠𝑒 (𝑡) =  𝑐𝑖𝑥(𝑡)/𝑇𝑜𝑡𝑎𝑙 𝑠𝑎𝑙𝑒𝑠(𝑡) ∗ (1 − 𝑀𝑥(𝑡))/𝑇𝑒𝑐ℎ 𝑑𝑒𝑙𝑎𝑦……….……. (24) 

Figure 5.34 

Maturity Stock 

 

The augmented model involved few behavioural element changes as well. The equation 

for the growth in car sharing g(t) is changed to directly relate to the technology growth 

of AV5 variable M5(t). The car abandonment among car-sharing people sr(t) is also 

changed to depend on some initial rate of car-sharing and  the Legal Readiness factor as 

under: 

g=gm*(1+M5 (t))……………………………………………………………………………………………… (25) 

 

sr(t)=Initial Sr*(1+LR)…………………………………………………………………………..…………(26) 

Maturity stock has an inflow, but no outflow since technology only grows. The equation 

parameters were endogenized based on the present stage of AV technologies within the 

context of literature. It is assumed that the AV1 and AV2 technology made significant 

progress over the last 20 years, whereas AV3 technology is hard to estimate as it is 

happening behind doors. AV5 technology maturity is extremely low. 

Three scenarios were run (baseline, high and low) to compare the augmented model 

with the original. Additionally, three more scenarios (baseline, high and low) for 

different utility function weightings, namely trust, Legal readiness, price and 

attractiveness, were run. In the first model and for the three scenarios produced with it, 
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the weightings were kept equal. With the augmented model, the outcomes of changing 

the weightings were studied. The weights kept with the rationale are shown in Table 

5.41. 

 

Table 5.41 

Utility function weights and Rationale 

# Price Attractiveness LR Trust Rationale 

1 0.25 0.25 0.25 0.25 The population is influenced equally by price, 
attractiveness, legal readiness and trust 

2. 0.85 0.05 0.05 0.05 When choosing a car, the population is chiefly 
influenced by the price of the level of AV.  

3. 0.05 0.85 0.05 0.05 When choosing a car, the population is chiefly 
influenced by the attractiveness (comfort and 
familiarity) of the level of AV.  

4. 0.05 0.05 0.85 0.05 When choosing a car, the population is chiefly 
influenced by the legal readiness and physical 
infrastructure that exists for that level of AV.  

5. 0.05 0.05 0.05 0.85 When choosing a car, the people are chiefly 
influenced by their trust for that AV level.  

Figure 5.35 

Fleet Size Behaviour 
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The first two graphs above show the modelled fleet sizes for AV1 and AV0 under a 

baseline set of parameters with five utility weight variations. For the population that 

buys the AV technology as soon as they can afford it (Baseline Weight P), the progression 

from AV0 to AV1 is the fastest. It is also the circumstance that will allow AV1 to perform 

the best. AV1 technology is predicted to perform the worst in the population that makes 

car purchase choices based on Attractiveness (comfort and familiarity). In a people with 

a heavy reliance on the LR provided by the government for making decisions on vehicle 

purchases, the use of AV0 is the most “sticky”. AV2 performs comparably well in all 

populations but marginally better when the population makes car purchase/ownership 

choices on the merit of trust and price. AV3 likewise performs comparably well under all 

population types but slightly more so in the population more sensitive to the Legal 

Readiness Structure before choosing a car. AV4 seems to perform best in a society that 

values price above all else in making car purchase/adoption choices. AV5 does not 

perform well in a society that values price in making car ownership choices. AV5 is taken 

up to the greatest extent by the society that values attractiveness above all else. 

Figure 5.36 

Utility Behaviour 

   

The utility of AV5 is relatively constant for societies that emphasize price and 

attractiveness but vary considerably over time in societies that prioritize LR and trust 

when making their choices in car purchases. Whereas in societies that value price above 

everything else when making choices about car ownership, the attractiveness of AV3 
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and AV4 falls dramatically over time (choices are made relative to alternatives explaining 

the adoption of AV4 being so high and AV5 adoption being so low in societies putting 

great emphasis on Price). Summary Table 5.42 depicts various preferences sensitives of 

people in terms of various automation levels.  

 

Table 5.42 

Preference Sensitivities of People Relative to Automation Level 

AV 
Levels 

Preferences 
fleet size behaviour 

Preferences 
Utility behaviour 

AV0 People adopt based on 
affordability and not on Legal 
Readiness. Progress from AV0 to 
AV1 is faster due to the 
affordability of the price. 

 

AV1 People adopt based on 
affordability and not on 
attractiveness, i.e. comfort & 
familiarity. 

 

AV2 People generally adopt more 
based on car 
purchase/ownership choices on 
the merit of trust and price. 

 

AV3 People adopt AV3 marginally 
more based on Legal Readiness 
Structure followed by trust of 
the people in the country. 

Attractiveness falls overtime giving more 
preferences to price on car ownership 

AV4 People adopt based on price 
affordability. 

Attractiveness falls over time, giving more 
preferences to price on car ownership. It is 
fascinating to note that the utility with AV4 for 
heavy price-weighted society is the lowest, yet 
the car ownerships for AV4 are the highest. So for 
a community in which people make car choices 
based on price, they end up stuck with 
dominating AV4 technology, causing them 
relatively low satisfaction. So there is likely to be 
an unhappy future of AV4 users in countries 
where price dominates purchase and adoption 
choices. One is happier when you buy something 
because you have trust in it than it is cheap.   

AV5 People generally adopt more 
based on legal readiness and 
trust. 

Utility varies considerably over time in societies 
that prioritize LR and trust when making their 
choices in car purchases. Hence the utilities for 
AV3 to AV5 are the highest for societies that 
adopt AVS based on Trust and Governance / LR. 
These societies that make choices become 
relatively happier over time with the AV 
technologies than those that rely on price and 
attractiveness (comfort and familiarity). 



229 

 

It is also noteworthy that once an effort has been made to study AVs technologies' 

technology maturity and adoption rate, no behavioural change or sensitivities were 

observed by altering the weights of utility functions in various scenarios. Figure 5.37 and 

Table 5.43 depict a constant technology maturity and adoption rate pattern without any 

effect of changing weights of trust, legal readiness, price, and attractiveness. It can be 

concluded that it is either because the technology maturity function is not fully captured 

in the model, obviously because of so many unknowns. Similarly, an increase in the 

adoption rate can only take place by giving subsidies or tax reductions to lower the cost, 

thus making the technology more affordable. Moreover, it should be taken into account 

that the model may contain some limitations in terms of full data availability to simulate 

complete model components. Also, certain initial values of various stocks are 

incorporated as needed to be set in SD Model to start the simulation, which may not be 

the exact representation of real-world systems as AV3, AV4, and AV5 are still not 

available in the market.  

Figure 5.37 

Technology Maturity and Adoption Rates  
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From the above graphs, it can be concluded that 40% technology maturity of AV3 is likely 

to happen in 8043, AV4 in 2030 (earlier than AV3), AV5 in 2116, whereas 95 – 100% 

maturity is likely to take place for AV3 in 2110, AV4 in 2080 and AV5 kept growing. 

Moreover, AV3 is likely to achieve maximum adoption rate in 2050, AV4 in 2048, 

whereas AV5 remains steady after 2121.  

Table 5.43 

Technology Maturity and Adoption Rates 

Technology Maturity and Adoption Rates AV3 AV4 AV5 

40% maturity 2043 2030 2116 
95%-100% maturity 2110 2080 growing 
Maximum adoption rate 2050 2048 - 

 

5.4.7 Conclusion Study - 3 

This novel Study – 3 has further validated the Trust and Governance framework (after 

Study – 2). And quantitatively measured the real-time theoretical output of the 

framework to have insights into to diffusion timelines of AVs in NZ. The model is applied 

in NZ enabling environment considering three scenarios. The baseline scenario is mainly 

based on beta values of trust and governance framework adopted from Study – 2 and 

few other parameters. The High Automation and High Trust and Governance Scenarios 

displaying a greater trust of NZ people backed up with a progressive AV regulating 

regime in the NZ. And the Low Automation and Low Trust and Governance Scenarios 

showing a generally lower trust of NZ people and a conservative AV regulating regime 

in NZ.  It has successfully tested the design framework's applicability and brought in 
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significant predictions. These relate to AVs market maturity, people's preferences to 

dispose of old AV technologies favouring the newest AVs technologies, and switching to 

car-sharing. The study has generated profound clues for policymakers and provided a 

road map to restructure the overall AV governance regime in the country and prepare 

the AV infrastructure accordingly. The model simulates that with the growth of the fleet 

size of a particular AV level technology, the probability of end users’ familiarity with this 

specific AV type increases. As a result, people are more likely to look for adopting or 

using this level of automation. Similarly, with the rise of media hype due to the 

proliferation and maturity of AV technology, the AVs sales would grow and fleet size 

increase, especially in AVs' early product life cycle. The end-users will gain more trust in 

the performance and reliability of this specific level of AV technology, and it will speed 

up adoption.  

5.5 Study – 4: Validation through Experts’ Interviews 

Study – 4 adopts a qualitative research methodology based on thematic analysis of semi-

structured interviews of 13 experts (see Table 5.44) around the globe, namely from NZ, 

UK, Germany, Sweden and Australia. These experts comprise AV industry professionals, 

manufacturers, CEOs, academicians, policymakers, and human factor experts in the AD 

domain. This Study carried out complete validation exercise of the objectives accrued in 

previous studies and examined the suitability of the proposed integrated trust and 

governance framework (Study-2) for deployment of driverless and semi-driverless 

systems in NZ. Study – 4 explores and validates the diverse dimensions. These include 

the challenges and benefits of AVs implementation, user acceptance key determinants 

for AD, NZ Environment for the diffusion of AVs, Long term future directions and 

Timelines for AVs deployment and Trust and Governance Framework through the lens 

of AVs experts.  

Table 5.44 

Participation Profile and Classification 

Person Age Group Company Country Domain Education Experience 

GO 41-49 MOT NZ Strategy Master 17 years 

IP5 50-59 BMW Germany Robotics Ph.D. 25 years 

AC1 35-40 Chalmers Sweden Human Factors Ph.D. 8 years 

CO4 41-49 KTN UK Human Factors Ph.D. 10 years 

IP2 41-49 CEVT Sweden Electric Architecture Master 14 years 

IP3 51-59 CEVT Sweden Electro Mobility Ph.D. 25 years 
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Person Age Group Company Country Domain Education Experience 

CO2 41-49 Corrections NZ Law LLB 17 years 

CO1 51-59 
Autonomous 
Consulting NZ Law LLB 20 years 

IM 60-70 HMI NZ AV Master 30 years 

CO3 60-70 Level 5 Design Australia Transport Bachelor 30 years 

CO5 51-59 Reed Mobility UK Psychology Ph.D. 25 years 

IP4 41-49 Volvo Sweden Connected Solutions Bachelor 18 years 

IP1 41-49 CEVT Sweden Robotics Ph.D. 15 years 
Note: CO=Consultant, AC= Academician, IM= Industry Manufacturer, and IP=Industry Professional 

5.5.1 Summary of Results  

The Themes analysis confirmed earlier findings, and these are narrated in succeeding 

paras. See Figure 5.38 for primary nodes sources and references frequencies as 

prepared in NVivo 11. 

The findings indicate perceived benefits of AVs due to (1) less travel cost, (2) better user 

experience, (3) less pollution and crashes/injuries, (4) more time and freedom to do 

other leisure activities, (5) availability of additional money to invest in other businesses, 

(6) more safety, (7) security, and (8) car-sharing practices. Moreover, other findings 

include AV potential benefits in various fields. These include the economic and social 

field, increased road capacity, reduction in parking costs and energy consumption, 

shared mobility, control of traffic flow, and efficient road transport. Few other benefits 

include increased tourism, innovative freight delivery, entertainment, increase in travel 

speed and the offer of mobility to people who are unable to drive. 
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Figure 5.38 

Major Categorization of Nodes 

 

 

NZ people likely expect AVS to reduce accidents, improve fuel efficiency, decrease traffic 

congestion and emissions, mobility to disabled people and reduced insurance 

premiums. All these perceived benefits have already been studied in Study – 1.  

There are several findings related to the critical barrier in AVs implementation. This 

includes people trust (85%), pragmatic governance structure (77%), improvement in 

technology (75%), the requirements of realistic user and simulation studies (74%), the 

study of human and market penetration of AVs (72%). Few other findings comprise the 

challenges in the technical domain, including HMI, data privacy (56%), security and 

safety of people (98%), situation awareness (71%), anthropomorphism (56%), IT and 

physical infrastructure (68%), and over projection of media (35%). Few participants 

pointed towards co-evolution of regulations and technology and pragmatic legal 
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readiness regime addressing liability, data privacy, and cybersecurity (77%) to ensure 

the appropriate trust of people. 

The key findings regarding NZ's environment conclude that NZ is not well prepared in 

the regulatory and infrastructure domain for the complete diffusion of AVs due to its 

small market and low manufacturing base. The challenges are primarily in the domains 

of (1) criminal and civil liability, (2) safety, (3) property damages, and (4) infrastructure 

readiness which is in line with our findings in Study – 1 and Study - 2. Recommendations 

include (1) law amendments in the highlighted sectors, (2) defining ODD, (3) 

preparedness of infrastructure and, (4) road code, and (5) regulations dealing with 

human-driven cars and cars without humans.  

The experts were not exactly sure about higher automation level deployment on roads 

shortly. Still, they all agreed regarding amendment in the legal readiness structure, 

improvement in infrastructure, making a performance measure criterion for AVs, 

Defining ODDS for different AVs levels and, focusing on smart driverless public transport 

in the shape of small shuttles, trams, pods and supernodes.  

The experts believed that in NZ, a road map could be designed where creating additional 

lanes as per ODDs, AVs can co-exist with driver-controlled vehicles. Moreover, there is 

a need to pursue private car ownership and collaborative driverless car sharing 

mechanisms complementing each other in a multifaceted economic model. This can be 

later transformed into driverless pods and supernodes controlled by transport hubs as 

transport systems evolve. 

The experts supported the critical contours of the suggested integrated trust and 

governance framework developed in study-2. They highlighted that trust is the crucial 

parameter in user acceptance based on HFs and the legal readiness domain. Findings 

relate to various KPIs for utilization of framework. These comprise (1) safety, (2) security, 

(3) data and cyber security, (4) privacy, (5) situation awareness, (6) education and 

training of users, (7) reliability, (8) transparency, (9) user-friendliness, (10) cost, and (11) 

need of appropriate legislation. SAE levels interpretation has different connotations. 

Few experts believed there should be only two dimensions of law, i.e. one dealing with 

cars with humans and the other without humans. Overall the findings validated our 

proposed Trust and Governance Framework of this study and its main variables. Figure 
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5.39 indicates the participants' cluster comparison analysis concerning the significance 

of trust and governance in their interviews. It can be seen that all the participants 

highlighted the user acceptance, trust issues, and need for progressive rules and 

regulations regime as a key to the successful deployment of AVs. 

Figure 5.39 

Coding Comparison of Experts’ Views on Trust and Governance   

 

5.5.2 Theme – 1: AVs Perceived Benefits and Critical Barriers 

AV potential benefits were generally found similar among all the participants (95%), with 

slight societal benefits and driverless technologies variations. They all advocated the 

perceived benefits of less travel cost, better user experience, less pollution and 

crashes/injuries, more time and freedom to do other leisure activities, and the 

availability of additional money to invest in other businesses. In addition, the experts, 

believed in more safety, security, and car-sharing practices due to AVs. The interviewees 

had different views on reducing congestion (5%), but they all agreed on AVs perceived 

benefits to the elderly, disabled, rural people and children. Table 5.45 below indicates 
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the Transcript and participant ID, participant's Quotation, the author comment, 

subcodes, main code/theme and reference. Figure 5.40 and Figure 5.41 illustrates the 

word cloud nodes and cluster by coding similarity, respectively, in NVivo 11. 

Figure 5.40 

NVivo 11 Word Cloud AVs Deployment Challenges 

 

Figure 5.41 

Nodes Clustered by Coding Similarity- AVs Deployment Challenges 
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Table 5.45 

AVs Perceived Benefits 

ID / 
Transcript 

Datum/Quotation Comment Sub 
Code 

Main 
Code/Theme 

Ref 

AC1 
Transcript-
3 

I think we can create a 
better user experience, 
and this could help put 
aside more time for other 
types of activities to work 
and more time for leisure 
activities. 

Better User 
experience, 
More time for 
other leisure 
activities 

Social 
Benefits 

Potential 
Benefits of AVs  
/ AV 
Deployment 
Challenges and 
Benefits 

1/2 

AC1 
Transcript-
3 

Single individual needs will 
be fulfilled like going to the 
hospital, education, less 
cost involved and less 
pollution. With AVs, we 
can have overall banking 
and housing system 
benefits. 

Less travel 
costs, less 
pollution 

Social 
Benefits 

-Do- 2/2 

CO1 
Transcript-
8 

We can do a better job by 
utilizing AV Robo taxis 
instead on infrastructure. 

Less travel 
cost and eco-
friendly 

Social 
Benefits 

-Do- 1/4 

CO1 
Transcript-
8 

We'll see transport be 
transformed by electric 
vehicles. 

Eco - friendly Social 
Benefits 

-Do- 2/4 

CO1 
Transcript-
8 

Maintain your safety not 
only to deliver you safely 
from point A to point B but 
to make sure that 
something bad hasn't 
happened. 

Safety Social 
Benefits 

-Do- 3/4 

CO1 
Transcript-
8 

I think people generally 
will have more money at 
their discretion to invest in 
a new business, rental 
properties, travelling or 
furthering education. 

Additional 
money to 
invest in other 
business 

Social 
Benefits 

-Do- 4/4 

CO2 
Transcript-
7 

They can reduce traffic 
accidents. They can help 
with congestion. 

Fewer crashes 
and 
congestion 

-Do- -Do- 1/5 

CO2 
Transcript-
7 

Convenient mobility for 
everyone. Especially 
disabled people. 

Mobility for 
disabled 

-Do- -Do- 2/5 

CO2 
Transcript-
7 

Release lots of lands that 
would have been used for 
parking 

Less space for 
Parking 

-Do- -Do- 3/5 

CO2 
Transcript-
7 

Not everyone will have to 
own a car anymore. 

Reduced cars 
ownership 

-Do- -Do- 4/5 

CO3 
Transcript-
10 

Improvement in first and 
last-mile operation, which 

Reduce travel 
time 

-Do- -Do- 1/2 
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The majority of the participants (85%) had similar views regarding challenges in the 

deployment of AVs. They were found concerned about the requirements of more 

realistic user studies (74%), knowing about users’ preferences and analysis of human 

factors in the backdrop of broader application of AV technologies, and market 

penetration of AVs (72%). Some argued (77%) that the most significant challenges are in 

the technical domain, including HMI, data privacy, security and safety of people, 

situation awareness and anthropomorphism, and IT infrastructure. Many participants 

(9/13) showed their concerns towards the psychological domain. They think that 

can complement public 
transport. 

CO4 
Transcript-
14 

So it's not about 
necessarily giving the 
people mobility, because 
they can take a bus. It's 
about independence, the 
creation of high skilled 
jobs and access to people 
in rural areas. 

Jobs creation 
More 
freedom 
Reach to rural 
areas 
Accessibility 

-Do- -Do- 1/7 

IP1 
Transcript-
13 

Because of digital IT 
technologies, we hope, 
together with 
connectivity, that the flow 
of the traffic would be best 
managed actually. And 
they will have greater 
safety and security and 
less footprint towards the 
environment. 

Smooth flow 
of traffic, 
Safety and 
Security 

-Do- -Do 1/4 

IP1 
Transcript-
13 

Quite promising for 
visually disabled personal 
and other disabilities like 
cerebral disabilities. 

Disable 
people 
benefits 

-Do- -Do- 2/4 

IP1 
Transcript-
13 

Benefits to the child going 
to a daycare, or older adult 
with more health risks like 
saving them from cardiac 
arrest, sudden other 
disease, diabetics, persons 
and similarly all other 
diseases. 

Use of non-
invasive and 
other AV 
interface 
technologies 

Emotion 
ware – 
Elderly 
people 

-Do- 3/4 

IP5 
Transcript-
2 

We can achieve more 
work-life balance. 

Health and 
Welfare 

-Do- -Do- 1/8 

CO4 
Transcript-
14 

We can progress towards 
Mobility as a Service 
business model quickly 

Maas Use of 
Social 
Robots 

-Do- 1/1 
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appropriate trust of people is quintessential in the successful deployment of AVs besides 

pointing fingers towards false media and OEMs hype in over projecting these driverless 

technologies. The participants stressed the need for co-evolution of regulations and 

technology. They unanimously agreed to pursue a progressive and pragmatic legal 

structure addressing liability, data privacy and cybersecurity issues to ensure the 

appropriate trust of people in AVs. All of them were of the view to have a structure 

mechanism and framework with standard metrics to measure self-driving cars' 

performance, reliability, applicability, and success ratio. The majority of participants 

(74%) highlighted the need for realistic simulations to get insights into the phenomenon 

in the successful proliferation of AVs and behaviour of driver and AV, especially in edge 

cases. See Table 5.46 illustrating the gist of concerns by the participants. 

Table 5.46 

AVs Implementation Challenges 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

AC1 
Transcript-
3 

User needs to 
understand what 
cues automate the 
vehicle sense 
fully? And, like, 
what are the cues 
that a user needs 
to be aware of? 
Before I hand 
over?  

How to ensure 
Better 
situation 
awareness, 
especially AV3 
and User needs   
 

Ability to take back 
control 
HMI 
Situation 
Awareness Trust 
Training 
Anthropomorphism 

AV 
Deployment 
Challenges 
and Benefits 

1/2 

AC1 
Transcript-
3 

To give 
information or in 
advance that 
handover is near. 

Better 
Situation 
Awareness 

Ability to take back 
control 

-Do- 2/2 

AC1 
Transcript-
3 

I would say to 
have a lot of 
transparent 
communication 
between 
developers, 
politicians, and 
traffic 
organizations in 
each country. 

The smooth 
and honest 
flow of 
information 
between 
stakeholders 

Co-evolution of 
regulation and 
technology 
Legal readiness 

-Do- 1/1 

AC1 
Transcript-
3 

Stakeholders need 
to create this 
framework and 
model of how the 
big system will be 
built. 

Creation of a 
framework for 
the 
deployment of 
AVs 

Concept of Smart 
City 
Trust and 
Governance 
Framework 

-Do- 1/1 
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ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

AC1 
Transcript-
3 

One of the key 
aspects that 
people like to talk 
about is that the 
introduction of 
automated 
vehicles will lower 
the number of 
vehicles on the 
streets, but I don't 
believe that. Yeah, 
it might it may 
not? 

Congestion 
may not be 
solved 

Congestion -Do- 1/2 

AC1 
Transcript-
3 

It’s about fully 
understanding the 
system to have 
the correct mental 
model. And to 
achieve that, you 
need a fully 
transparent 
system.  

Mental Model 
of driver and 
need  of a fully 
transparent 
system to 
convey the 
correct 
information 

Mental Model of 
driver 
Anthropomorphism 

-Do- 1/2 

AC1 
Transcript-
3 

Like I would say, 
overly positive 
expectations 
about self-driving 
cars that these 
cars are more or 
less waiting 
around the corner 
due to developers 
and media created 
a false picture. 

False picture 
by media and 
manufacturers 
 

False Picture-Green 
Washing 
People 
expectations 

-Do- 1/2 

AC1 
Transcript-
3 

I still believe that 
the biggest issue 
or barrier is not 
giving enough 
time and effort to 
understand what 
user needs and 
prefers. 

Need of user 
studies and 
knowing users’ 
preferences 

Need of User 
studies 

-Do- 1/2 

IP1 
Transcript-
13 

AV cost is one of 
the issues, more 
or less. If you buy 
AVs hand free 
functionally, that 
would be less 
costly. If you buy 
an AV that can 
give you medical 
or social, or 

The cost of AV 
will be out of 
reach 

Cost of AVs -Do- 1/1 
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ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

economic 
benefits, the 
feature will be 
expensive. 

CO1 
Transcript-
8 

Even using 5G is 
probably not 
going to be 
reliable enough, 
and also HD 
mapping 
integration. 

Data 
connectivity 
and sharing 

Data Sharing -Do- 1/1 

CO1 
Transcript-
8 

Part of the 
challenge is you 
need more robust 
infrastructure and 
IT infrastructure 

Need of Road 
and IT 
infrastructure 

Infrastructure and 
IT Infrastructure 

-Do- 1/3 

CO4 
Transcript-
4 

UN is probably to 
decide what 
safety-critical data 
and what's 
commercially 
sensitive data and 
basically enact 
that companies 
need to share 
safety-critical data 
such as speed 
direction. 

Need for Data 
Privacy and 
Safety 

Data Sharing 
Safety 
Data Privacy, Cyber 
Security and Legal 
Readiness 

-Do- 1/1 

CO4 
Trancript-
4 

There are big 
issues in public 
transport and the 
trust of the people 
regarding their 
own safety and 
the safety of 
people and their 
families who 
actually use public 
transport. 

Safety 
Trust of People 

COVID-19 
pandemic 

-Do- 1/4 

IP5 
Transcript-
2 

Requirement of 
open platforms, 
more shared data 
and the security 
side of things. Also 
sharing data and 
excellence and 
building a trust 
also through 
legislation, lots of 
processes are 
needed. 

Need of  
Legislation 
involving Trust 
Data Sharing 

Trust and Legal  
Readiness  
Data sharing 
Safety 
Security 
 

-Do- 1/2 



242 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

IP5 
Transcript-
2 

You can simulate 
in a way where 
realistic situations 
with statistically 
sound parameters 
are derived from 
seeing driver 
behaviour in the 
real world. 

Need of 
realistic 
conditions 
simulations 
and knowing 
driver 
behaviour 

Modelling and 
Simulation 

-Do- 1/1 

IP5 
Transcript-
2 

For the wider 
adoption in the 
general public, I 
think it's essential 
to study and 
integrate human 
factors. 

Significance of 
Human Factors 
studies in AVs 

HFE-Psychology-
Cognition 

-Do- 1/3 

IP3 
Transcript-
6 

I think the biggest 
challenge is 
infrastructure, 
then socio-
economic, 
psychological, 
cyber security and 
privacy. 

Need for 
infrastructure 

Infrastructure 
Cyber security 
Privacy 
Trust 

-Do- 1/2 

 

5.5.3 Theme – 2: Significant Trust Affecting Factors in Autonomous Driving 

The majority of the participants (85%) thought that appropriate user trust in AV 

technologies is critical for AD. Some of the participants argued several different factors 

for the successful implementation of AVs. They had the unanimous opinion that users’ 

acceptance and trust is the lynchpin among other HMI factors like Situation Awareness, 

(2) Training and Anthropomorphism and, Governance factors including Safety, Cyber 

Security and Privacy. The participants highlighted few other factors. These comprise 

customization (10%), adaptive automation (8%), transparency (10%), liability (77%), and 

ownership cost (10%). But they laid more stress on key determinants.  

All participants stressed the need for a regulatory framework incorporating safety, 

security, and privacy parameters to ensure the optimum welfare of the users. They 

delineated that real-time user studies instead of just simulations and public 

demonstration of key AV technologies are key to their successful social diffusion. They 

also pointed out that some AV manufacturers are over projecting and creating a false 

picture of these technologies, creating a higher level of trust which lacks transparency 
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and cheating the public (35%). They described the significance of a high degree of 

situation awareness of the user and correct mental model, especially in hand over 

situations through user-friendly cues. Driver mental models can be trained over time 

once they are made to undergo various simulations, driving licensing exams, and other 

such measures to assess the AV maturity and decision-making paradigm. Figure 5.42 

highlights all the significant parameters base on coding for AD in NVivo 11. 

Figure 5.42 

Nodes Clusters for Factors Affecting Autonomous Driving in NVivo 

 

 

Note: Finalized Factors for Autonomous Driving based on Sources and References Frequency 

Few participants (40%) did not agree with SEA/NHSTA topologies of AV levels, and some 

believed that there should be some kind of full-back automation before level 5 instead 

of 50/50. Other experts mainly belonging to OEM domains highlighted that there should 

be only two levels, i.e. cars requiring human supervision and those that don’t, instead 

of 5 levels of automation. The majority of the participants described the significance of 
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the EU GDPR regulatory framework, ‘euroncap’, WP25 and WP29 are appropriate 

measures to address cybersecurity and other challenges in safety. One of the 

participants also stressed the need to have open platforms, HD mapping, more shared 

data among OEMs to assist in making appropriate legal readiness structure. One of the 

consultants thinks there is no need to invoke a separate safety assessment rule instead, 

there should be voluntary safety assessment for all AVs. Figure 5.43 highlights the key 

determinants based on nodes categorization in NVivo 11 for factors influencing AD in 

two major domains, i.e. User Trust and HMI; (2) User Trust and Governance Structure in 

NVivo 11. 

Figure 5.43 

Significant Factors Affecting AD Driving – Hierarchy Chart NVivo 11 

 

In the light of all these views, it can be concluded that trust and user acceptance of these 

technologies is critical to address significant challenges due to present-day transport 

and ensuring the successful diffusion of AVs. The appropriate level of trust can exist if 

the users feel satisfied with HMI determinants, especially situation awareness, 

anthropomorphism and training to ensure correct mental model. And on the other 
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hand, Government ensures a progressive legal readiness and governance domain to 

address challenges of data privacy, safety, security/cyber security etc. Table 5.47 below 

illustrates the key view of the participants on factors affecting AD. 

Table 5.47 

Theme 2: Key Influencing Factors Affecting Autonomous Driving 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

CO4 
Transcript-
4 

The biggest challenge is 
basically related to 
overtrust and having the 
wrong mental model 
above the level of 
automation.  

Ensuring 
appropriate 
Trust and 
Mental Model 

Trust  
Mental 
Model 
 

User Trust and 
HMI Factors – 
Key 
Determinants 

1/5 

CO4 
Transcript-
4 

I wouldn't say that I trust 
AV because it is user 
friendly, but I trust it 
because the user-
friendliness gives me the 
information I need to 
maintain that trust. 

Appropriate 
Trust, 
Anthropo-
morphism  

Trust -Do- 2/5 

CO4 
Transcript-
4 

Public demonstration is 
the biggest factor 
influencing people trust. 

Demonstrating 
Trust 

Trust -Do- 3/5 

CO5 
Transcript-
11 

A significant challenge is 
acceptance and Trust. 

User 
Acceptance 
and Trust 

Trust -Do- 1/2 

CO5 
Transcript-
11 

So I think you're 
depending on trust 
between the regulator 
and the manufacturer 
over the performance of 
the system. 

Legal 
Readiness and 
Trust 
Mechanism 

Trust -Do- 2/2 

IP5 
Transcript-
2 

So I would say that to 
build trust, maybe, to 
focus on processes, there 
need to be very strong 
processes to avoid 
cheating and severe 
punishment. 

Trust of 
People 
Rules and 
Regulations 
 

Trust -Do- 1/4 

AC1 
Transcript-
3 

Because the problem 
regarding trust is people 
or users have a really bad 
or low understanding 
about what the abilities of 
these technologies are. 

Users 
Understanding 
of AV 
technologies, 
Human 
Factors study 
in AVs 

Trust -Do- 1/6 

AC1 
Transcript-
3 

The results from simulator 
studies on trust is not that 
valid, I would say, because 
the simulator study 

Simulator 
study to 
measure Trust 

Trust -Do- 2/6 
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ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

studies do not pose the 
risks that are needed for 
users to have the 
appropriate amount to 
have trust at all 

is not good 
enough 

AC1 
Transcript-
3 

In the backdrop of SAE 
levels 1,2,3 etc. you need 
to be able to ask the user 
what happens around 
him, to compare what 
type of information he 
gets from the 
surroundings, in relation 
to what type of 
information he gets from 
the AV and to help him to 
understand what he can 
trust, what is safe, what 
cues should he listen from 
the environment or AV 
because the AV will make 
mistakes and user needs 
to be aware of what is 
happening around him to 
take the last decision. 

Users 
understanding 
of the system, 
Situation 
Awareness. 
Trust 

SA -Do- 1/3 

AC1 
Transcript-
3 

You need to have a 
correct mental model, 
which you can achieve by 
training by usage over 
time in several different 
ways, by learning or held 
by the automated system 
itself to give you hints, 
and they can give you 
cues. Feedback is also 
important 

Training for 
ensuring the 
correct mental 
model 

Training -Do- 1/2 

AC1 
Transcript-
3 

Training can involve 
different types of driver 
license exams, some kind 
of theoretical questions, 
and simulation where you 
can try different types of 
traffic situations and 
training related to the 
actual capabilities of the 
automated vehicle. 

Users Training 
and Driver 
Exams 

Training -Do- 2/2 

AC1 
Transcript-
3 

I believe that 
anthropomorphism is a 
way to convey 
information that affects 
trust using 

Anthropo-
morphism 
Trust 

AnT -Do- 1/3 
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ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

anthropomorphic 
features to ease the 
communication between 
machine and user and as a 
direct effect on trust. 

CO1 
Transcript-
8 

Train lawyers on soft 
insurance and liability in 
case of software or 
hardware failure on 
camera accidents. 

Training of 
Lawyers 

Training -Do- 1/2 

IP5 
Transcript-
2 

In terms of fallback 
routine, I think this 
awareness of what the 
system is doing and 
thinking, here you need 
some kind of displays to 
show the environment 
and build up the system's 
trust. 

Situation 
Awareness 
Anthropo-
morphism 
Training 
Trust 

Training 
AnT 

-Do- 1/2 

AC1 
Transcript-
3 

The User trust will be 
affected if the user 
perceives a high level of 
security and safety 
incorporated into AVs. So 
based on the governance 
structure, of course, that 
will increase the people 
trust in the design 
technology, and in this 
case, then AVs. But if it's 
the other way around, it 
could also affect the trust 
negatively. 

Safety and 
Security into 
Governance/ 
Legal 
Readiness 
Structure to 
increase Trust 
of People 

Safety  User Trust and 
Governance 
Structure-
Legal 
Readiness – 
Key 
Determinants 

1/2 

CO2 
Transcript-
7 

I don't think we need to 
make any laws for safety 
assessment. I think we can 
make that voluntary. 

Safety rules Safety -Do- 1/1 

CO5 
Transcript-
11 

I see the technical 
challenges of getting the 
systems to work include 
cybersecurity, encrypted 
privacy and then 
regulations. So you need 
regulations to enable the 
use of these vehicles so 
that society considers 
them safe. I see them as 
being interlinked, but I 
think that the best way to 
address them is through 
collaboration between 

Rules and 
Regulations 
around Public 
Safety, Cyber 
Security, 
Privacy. 
Linkages with 
Trust and Legal 
Readiness 

Security/ 
Cyber 
Security 

-Do- 1/1 
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ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

industry and the public 
sector, academia, and the 
R&D sector. 

IP1 
Transcript-
13 

EU GDPR is addressing 
privacy and the integrity 
of the person when it 
comes to cybersecurity. 
We are already working 
with the WP 25/ WP 29 
standard to know the 
challenges in areas or 
technology gaps that AVs 
could be hacked or could 
have our security threats. 
There is one document 
which is guiding called 
‘euroncap’ actually when 
we buy our vehicle. 

Privacy, Cyber 
Security 
Challenges 

Privacy -Do- 1/1 

 

5.5.4 Theme – 3: NZ Enabling Environment for Deployment and Governance 
Mechanism for AVs 

This theme was explored and validated by the experts residing in NZ. All the participants 

believed that NZ is not doing much as far as the deployment of AV technologies is 

concerned. They pointed out that in recent years, the NZ authorities had laid back on 

policies relating to AVs, and there is so much work to do in this regard. NZ is leading the 

world in technology innovations and now sitting and watching what will happen. This is 

underestimating the resources and the ability of New Zealanders to be part of the 

solution in the world. They remarked unanimously that NZ authorities don't see an 

urgent need, partly because they don't have the funds set aside to deal with it. And they 

don't know the value of it because NZ is so small. They also observed that the NZ 

transportation system is neither prepared for this gigantic advent from a regulatory 

standpoint nor an infrastructure preparedness domain. They believed that there are 

risks associated if we don't communicate the law correctly to international companies. 

They’ll be too frightened to introduce AVs in NZ. The legal expert said that though there 

is no driver requirement in the car in NZ, and the law is currently adequate to deal with 

cars that require human supervision, it is not sufficient to deal with vehicles without 

humans. He further highlighted that in NZ, there is a high level of prescriptive 

compliance requirements through the New Zealand Transport Authority (NZTA) that 
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says the vehicle has to comply with all of these conditions to be on the road.  The expert 

pointed out that though the Ministry of Transport says that driverless cars are currently 

lawful in NZ, he thinks that there is a risk that the courts would not agree to this opinion 

once the matter goes to them. All the participants agreed that the significant challenges 

in NZ are relating safety, civil and criminal liability, property damage and personal injury 

while using AVs.  The legal consultant thought that there is no need to have special laws 

for driverless vehicles on privacy, cyber security, and ethics or for safety assessment 

which should be voluntary. However, he observed that NZ lawmakers need to make few 

amendments to criminal law. Currently, it does not make it clear who is liable when a 

driverless vehicle has an accident? And civil liability. In his view, the liability should rest 

with OEM, operator or licensor of the vehicle but not with the driver or people in the 

vehicle. Liability needs to rest with corporate and criminal liability should be from a 

symbolic point of view. The participant highlighted that If we follow Australia's 

approach, the risk is that there would be a long time before we get AVs in NZ because 

no one would ever be approved. He suggested that NZ should follow the existing system 

used by the federal government in the US. They also recommended that (1) we need 

changes in building code, (2) explicit lane marking on roads, (3) congestion charging 

schemes, (4) requirement of a new road code, and (5) digital WOF. The experts 

highlighted the need to define the operational design domain (ODD) by the regulator 

describing which AVs can drive on the state highway and only operate in cities or outside 

cities. The majority of the participants agreed that there should be only two laws, one 

for Model T ford to advance Tesla requiring human input and the other dealing with cars 

with no human involvement. 

However, the response from NZ government officials was that NZ is a technology taker 

in the vehicle space and not a manufacturer or builder of the AV technology. He further 

highlighted that NZ authorities have made it reasonably clear that NZ is open to any AV 

company from any country to test AVs in NZ. He remarked that governments are just 

coming out of COVID – 19, so there's a high likelihood that most nations would be 

knocking down our door again to test and trial in a couple of years. However, most 

testing and trialling is primarily being done in the country of origin. He informed that in 

NZ, there are around 900 AV3 Tesla Model AV that has an autopilot function, and NZ 

regulatory authorities are working with the police to be clear about what the 
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enforcement should be. He highlighted the challenges of understaffing and funding due 

to the small market. He observed that the whole Ministry of Transport constitutes only 

170 people. He further remarked that the Ministry is looking after road transport and 

regulates maritime rail and aviation. However, he thought that for levels 2 and 3, there 

are enough people in the organization to focus on those regulatory issues. Figure 5.44 

shows NZ Experts comparison coding in NVivo 11. 

Figure 5.44 

Experts Comparison Coding Diagram Theme 2 

 

Overall it can be concluded that NZ, due to its small market and low manufacturing base, 

is not well prepared in the regulatory and infrastructure domain for full diffusion of AVs. 

The challenges are mainly in the fields of criminal and civil liability, safety, property 

damage. There are NZ laws that effectively cover privacy and cybersecurity domains to 

some extent. Recommendations include law amendments in the highlighted sectors, 

defining ODD, preparedness of infrastructure and road code, and explicitly dealing with 

cars with humans and cars without humans. Table 5.48 below highlights the views of the 

participants. 
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Table 5.48 

NZ Enabling Environment Theme 3 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

CO1 
Transcript-
8 

NZ authorities 
don't see an urgent 
need, partly 
because they don't 
have the funds set 
aside to deal with 
it. And they don't 
see the value in it 
because NZ is so 
small. I think the 
transportation 
system is not 
prepared for this. 
It's not ready from 
a regulatory 
standpoint and is 
not prepared from 
an infrastructure 
standpoint. 

NZ is adopting a 
wait and see 
policy, and has 
an ill-prepared 
infrastructure 

NZ AVs 
Enabling 
environment 

AVs 
Challenges 
and Future 
directions 

1/9 

CO1 
Transcript-
8 

Lane Stripping for 
AVs in NZ is 
inadequate. Lane 
marking for AVs 
and pick up points 
have to be notable. 

Require physical 
infrastructure 

-Do- -Do- 2/9 

CO1 
Transcript-
8 

Ohmio is making 
AV shuttles which 
are actually made 
in France named 
‘Nadya’. 

NZ shuttle 
manufacturers 

-Do- -Do- 3/9 

CO1 
Transcript-
8 

There are risks 
associated that if 
we don't 
communicate the 
law correctly to 
international 
companies, there'll 
be too frightened 
to introduce 
vehicles in NZ. So 
particularly about 
criminal liability 
and also civil 
liability. 

Lawmaking 
required in 
criminal and civil 
liability 

Criminal and 
Civil liability 

-Do- 4/9 

GO 
Transcript-
1 

We have nearly 900 
Tesla Models that 
have an autopilot 
function, which is 

Tesla operation 
in NZ 

NZ AVs 
Enabling 
environment 

-Do- 1/8 
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effectively a level 
three capability. 

GO 
Transcript-
1 

We’re working with 
the police. So the 
police are clear 
about the 
enforcement. 

NZ Police 
Enforcement 
regarding AVs 

NZ AVs 
Enabling 
environment 

-Do- 2/8 

GO 
Transcript-
1 

We should also be 
clear that NZ is a 
technology taker in 
the vehicle space, 
so we don't 
manufacture or 
build the 
technology. We 
have input into UN 
regulations that we 
set. 

No AVs 
manufacturing 
base in NZ 

NZ AVs 
Enabling 
environment 

-Do- 3/8 

GO 
Transcript-
1 

We've made it 

reasonably clear 

that we are open to 

any company of 

any country 

approaching us or 

New Zealand 

transport agency 

and saying we 

would like to test a 

vehicle in NZ. 

Countries are just 

coming out of 

COVID – 19, so 

there's a high 

likelihood that we 

will be another 

couple of years 

before countries 

are knocking down 

our door again to 

test and trial. 

However, most 

testing and trialling 

is primarily being 

done in the country 

of origin. 

Test and Trials in 
NZ 

-Do- -Do- 4/8 

GO 
Transcript-
1 

Now the challenge 
we've got in NZ is 
that the whole 
Ministry of 

Low staff in 
Ministry 

-Do- -Do- 5/8 
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Transport is 170 
people. We are not 
only looking after 
road transport but 
also regulate 
maritime rail and 
aviation. For levels 
2 and 3, we've got 
enough people in 
the organization to 
focus on those 
regulatory issues. 

GO 
Transcript-
1 

Significant 
challenges are 
around again, 
safety and liability, 
those vehicles on 
the road, who is 
using the autopilot 
function, and 
where are they 
using it? And how 
are they 
experiencing it? 
Are the users and 
other drivers happy 
with it? Does it do 
what they expect it 
to do? 

Safety and 
Liability 

-Do- -Do- 6/8 
 

IM 
Transcript-
9 

Unless we come up 
with an agreed 
road code for these 
autonomous 
vehicles, how will 
we implement 
them and 
introduce them to 
the network? 

Requirement of 
Road code 

 NZ law 
related to 
AVs  

-Do- 1/3 

IM 
Transcript-
9 

Last three, four 
years, the Ministry 
had done 
absolutely nothing, 
no policies. We 
should have been 
leading the world 
and now sitting and 
watching what will 
happen around this 
is absolutely 
underestimating 
the resources and 
the ability of New 

Need to gear up 
resources 

-Do- -Do- 2/3 
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Zealanders to come 
up out to be part of 
the solution in the 
world. 

IM 
Transcript-
9 

I would like to have 
AVs in NZ, then 
work from that 
date backwards, 
start to really look 
into the aspects of 
safety into that 
one. And put a plan 
for four years 
ahead to establish 
what the 
requirements for 
that program are? 

Recommendation 
for Road Map 

-Do- -Do- 3/3 

CO2 
Transcript-
7 

The law is currently 
adequate to deal 
with the situation 
of cars requiring 
human supervision. 
It is not adequate 
to deal with when 
the manufacturer 
says that this car 
can drive itself 
without any 
human. 

NZ law presence 
of a driver in AV 

-Do- -Do- 1/36 

CO2 
Transcript-
7 

We need to sort 
out civil liability, 
property damage 
and personal injury 
we need to sort out 
criminal liability. 
And we need not to 
regulate ethics. 
Ohmio shuttle does 
not comply with 
vehicle compliance 
requirements for 
on-road damage. 

NZ Legal 
readiness 
challenges 

-Do- -Do- 2/36 

CO2 
Transcript-
7 

There should be 
only two laws, one 
for Model T ford to 
advance Tesla 
requiring human 
input and other 
dealing with cars 
with no human 
involvement 

NZ law relating to 
human presence 

-Do- -Do- 3/36 
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CO2 
Transcript-
7 

I don't think we 
need special laws 
for driverless 
vehicles on privacy, 
cyber security, and 
ethics or for safety 
assessment which 
should be 
voluntary. Besides, 
I didn't think we 
should mandate 
vehicle 
connectivity or 
radio spectrum 
use. 

NZ Legal 
readiness 

-Do- -Do- 4/36 

CO2 
Transcript-
7 

We do need to 
make changes to 
criminal law. Our 
current law doesn't 
make it clear. Who 
is liable when a 
driverless vehicle 
has an accident? 
We need to make 
clear about 
criminal liability 
and civil liability. 
Liability rests with 
OEM, operator or 
licensor of the 
vehicle but not 
with the driver or 
people in the 
vehicle. Liability 
needs to rest with 
corporate and 
criminal liability 
should be from a 
symbolic point of 
view.  

Criminal and Civil 
Liability in case of 
AVs crash 

-Do- -Do- 5/36 

CO2 
Transcript-
7 

If we went to 
Australia's 
approach, the risk 
is that there will be 
a long time before 
we get driverless 
vehicles in NZ and 
because no one will 
ever approve them. 
Ministry of 
Transport says that 
driverless vehicles 

NZ Legal 
readiness 

-Do- -Do- 6/36 
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are currently lawful 
in NZ. But I think 
there's a risk that 
the courts would 
say, No, they're 
not. 

CO2 
Transcript-
7 

I think the existing 
system used by the 
federal 
government in the 
US is the way to go. 

NZ Legal 
readiness 

-Do- -Do- 7/36 

CO2 
Transcript-
7 

It might be good if 
we could have 
congestion 
charging schemes 
in NZ because there 
is a risk that  
driverless vehicles 
could actually 
increase 
congestion 

Congestion -Do- -Do- 8/36 

CO2 
Transcript-
7 

Building code is 
inefficient. In that, 
if you build a new 
apartment building 
or something in NZ, 
you have to 
provide parking as 
part of it. We can 
build driverless 
vehicles parking 
buildings, much 
lower and without 
any insulation or 
space for walking 

NZ Legal 
readiness 

-Do- -Do- 9/36 

CO2 
Transcript-
7 

Our current law 
actually doesn't 
distinguish 
between whether 
or not the vehicle is 
operating in 
autonomous mode 
and whether or not 
the driver is driving 
it. But we have a 
high level of 
prescriptive 
compliance 
requirements 
through the New 
Zealand Transport 

NZ Legal 
readiness 

-Do- -Do- 10/36 
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Authority that 
actually says the 
vehicle has to 
comply with all of 
these conditions to 
be on the road.  

CO2 
Transcript-
7 

We're not overly 
concerned about 
AV4 at the 
moment. We need 
a framework that 
gives clarity around 
when vehicle takes 
control of driving 
function. There is a 
need to define the 
operational design 
domain by the 
regulator 
describing which 
AVs can drive on 
state highway and 
which can only 
operate in or 
outside cities. 

NZ Legal 
readiness 

-Do- -Do- 11/36 

 

5.5.5 Theme – 4: Future Directions and Timelines 

While exploring and validating Future implementation direction and diffusion timelines 

of AVs, the participants had varying views. They were not sure about higher automation 

level deployment on roads shortly (Table 5.49 below). However, they all agreed that for 

successful deployment of AVs, there is a need to improve and amend the legal readiness 

structure and improve infrastructure and AV user interfaces technologies for better 

sensing and fallback routine procedures. Furthermore, they stressed the need to 

formulate a performance measure criterion for AVs, defining operation design domains 

and focusing on intelligent driverless public transport in the shape of small shuttles, 

trams, pods and super nodes. Following significant suggestions were received: 

• As a first step, deploy a driverless tram in coming years in NZ 

• Preparation of ‘Road Code’ for driverless vehicles in NZ 

• Defining Operation Design Domain (ODD) for AVs in NZ 
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• Making dedicated driverless vehicle lanes  

• Utilizing AV ‘Robo taxis’ in conjunction with public transport in Auckland 

and Canterbury within a geo-fenced area 

• Transforming to electric vehicles (EVs) and incentivising poor 

• Creation of in-service safety systems and the real-time monitoring of AVs 

software and hardware 

• Deploy AVs in retirement communities or planned communities, 

especially in areas like the north of Christchurch called Pegasus. 

• AVs in shaper of little pods, Robo cargo system and supernodes 

• Manufacture driverless vehicles in NZ for job and wealth creation 

One participant suggested following the AVs road map as being implemented in 

Australia. Another participant stressed the need to implement US federal rules as it 

would take a long time to implement Australia's road map. Regarding the use of AVs 

interfaces and technology improvement measures, the participants remarked the 

following: 

• AVs user interfaces are being modernized where a single camera is used 

and from the facial images and body weight sensors installed in the car 

seat to monitor the physical health of young and older adults. 

• Shortly, one can summon the car for going to the doctor and calling an 

ambulance etc. 

• Monitor detailed performance about the categories of road user, install 

commentary drive (sort of an advanced police driver) or a channel on the 

radio for AVs 

• Improve consumer education about the performance of AVs. 

• Doing R&D on how much does the driver know about the functionality of 

AVs? And how much manufacturing company is sharing data about what 

that technology can do? 
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• Need to study S curve where once the first interested people have 

approved the technology, the AV fleet volume can be increased together 

with a cost decrease, hence validating the study – 3 significance. 

• Carry out realistic situations simulation with statistically sound 

parameters derived from the real world by real drivers. 

• Carry out user studies to determine what kind of signals behave 

differently, easy language for AVs and how it communicates with drivers, 

how AV initiates a zip manoeuvre and driver’s awareness of the system 

thinking in fall back routine. For example, behaviour on the yellow and 

red light, staying in a lane and interacting with larger vehicles. 

• Audio commentary just before 20 seconds of fallback routine informing 

the user to take over through blinking system, loud noises and some 

shaking. Whereas in robust fallback, the car should drive on the side of 

the road and stop before handing over to a human. 

 

Regarding implementation timelines of AVs, the participants' general remarks are as 

under: 

• Deployment of AV3 is not far away; however, its sensing technology and 

legal readiness are still questionable from the safety point of view. 

• Deployment of AV4 and AV5 is likely to be introduced in 10 to 15 years 

Table 5.49 

Future Directions and AV Implementation Timelines Theme 4 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

AC1 
Transcript-
3 

We need to define 
measurement 
performance criteria 
within the operation 
design domain of these 
AVs and how these 
interact with our 
spaces, city centres, less 
parking spaces and how 

Smart City 
Development 
and AVs 
Infrastructure, 
Need of AVs 
Performance 
Measurement 
criterion 
 

Future 
Direction  

AVs 
Challenges 
and Future 
Directions 

1/2 



260 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
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the cities will be built in 
that way. 

CO1 
Transcript-
8 

I think the challenge is 
that governments tend 
to focus on 
infrastructure. We can 
do a better job by 
utilizing AV ‘Robo taxis’, 
transforming to electric 
vehicles (EVs) and in-
service safety systems. 

Significance of 
EVs, Robo taxis 
and in-service 
safety systems 

-Do- -Do- 1/8 

CO1 
Transcript-
8 

We need to utilize a 
shuttle of Robo taxis in 
place of or in 
conjunction with public 
transport in Auckland 
and Canterbury within a 
geofenced area 
satisfying last-mile 
operations. Besides 
doing fleet operation of 
AVs commercially, use 
in retirement 
communities or 
planned communities, 
especially north of 
Christchurch in the area 
called Pegasus, 
incentivising the use of 
EVs for poor, and the 
real-time monitoring of 
AVs software and 
hardware. 

Use of AV and 
CAVs in 
various areas  

-Do- -Do- 2/8 

CO1 
Transcript-
8 

Future AVs won't be 
shuttles, but there'll be 
little pods, Robo cargo 
system and supernodes 

Future AVs -Do- -Do- 3/8 

CO2 
Transcript-
7 

NZ can be involved in 
developing driverless 
vehicles to provide the 
jobs in the industries in 
the wealth that will 
create. 

Manufacturing 
CAVs 

-Do- -Do- 1/2 

CO2 
Transcript-
7 

We need to have 
dedicated driverless 
vehicle lanes. 

Infrastructure 
readiness 

-Do- -Do- 2/2 

CO5 
Transcript-
8 

We need to monitor 
detailed performance in 
relation to road user 
categories, install a 
commentary drive (sort 

Measure to 
the successful 
deployment of 
AVs 

-Do- -Do- 1/1 
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of an advanced police 
driver) or a channel on 
the radio for AVs. Works 
needs to be done in 
terms of consumer 
education about the 
performance of AVs. NZ 
need to follow US AVs 
regulations. 

GO 
Transcript-
9 

What we have to work 
out is the Australian 
approach, a similar one 
that we think we should 
be applying in NZ. 

Legal and 
Infrastructure 
Readiness 

-Do- -Do- 1/2 

GO 
Transcript-
9 

We need to do R&D on 
how much does the 
driver know about the 
functionality? And how 
much is the company 
sharing about what that 
technology can do? Are 
they explaining 
carefully what the limits 
and constraints of it? 
Are they really upfront 
about the fact that the 
driver needs to be really 
aware of what's 
happening and able to 
take control back.  

Future 
research 
directions 

-Do- -Do- 2/2 

IM 
Transcript-
9 

NZ need to come up 
with an agreed road 
code for AVs. How are 
we going to implement 
them and introduce 
them to the network? If 
something goes wrong, 
we go and fix the road 
code and not the 
manufacturers. 

Need of Road 
code 

-Do- -Do- 1/2 

IM 
Transcript-
9 

Let's create a tram. This 
is the first step. That 
tram doesn't need to 
have steel on the 
ground. It can go 
everywhere you want. 
You can change that 
tracks anytime that you 
like. 

Create a Tram 
in NZ 

-Do- -Do- 2/2 
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IP1 
Transcript-
13 

We are planning to 
launch new projects in 
2025 or 2030, where we 
hope that the first step 
would be towards Robo 
taxi. Today our 
approach is not to 
attach anything with 
the body. It is just from 
a single camera and 
from the facial images 
and also from body 
weight. When you sit in 
the car, you have a body 
and different sensors 
you can put in the seat. 

Future 
timelines for 
Robo taxis, 
AV interfaces 

Future 
Timelines 

-Do- 1/2 

IP1 
Transcipt-
13 

In the near future, you 
will see that you can 
summon your car, call 
your doctor, summon 
your ambulance, and 
summon different kinds 
of facilities from the 
comfort of the seat of 
your vehicle. 

Future AVs 
uses 

Future 
Direction  

-Do- 2/2 

IP3 
Transcript-
6 

There is a need for 
smaller public transport 
that can run on more 
separate lanes 
prepared for 
autonomous cars. 

Future AC 
public 
transport 

-Do- -Do- 1/2 

IP3 
Transcript-
6 

Then you have the S 
curve where once the 
first interested people 
have tested and kind of 
approved the 
technology, you will 
have a volume increase 
together with a cost 
decrease, like 
electrification. 

Technology 
versus cost S 
curve, 
necessary of 
SD Modelling 

-Do- -Do- 2/2 

IP5 
Transcript-
2 

Do simulation. You can 
simulate in a way that 
you will have a realistic 
situation with 
statistically sound 
parameters derived 
from what you have 
really seen in the real 
world by real drivers. 

Simulation 
studies 

-Do- -Do- 1/5 
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IP5 
Transcript-
2 

In real-time user 
studies, we need to find 
out what kind of signals 
behave differently, 
what is an easy 
language for AVs and 
how it communicates 
with drivers, how AV 
initiates a zip 
manoeuvre, and 
driver’s awareness of 
the system thinking in 
fall back routines. It 
may be in the shape of 
some environmental 
displays to inform the 
driver before handing 
over to build trust, such 
as 20 seconds as a 
safety period. 

How to 
conduct user 
studies and 
using AV 
interfaces 

-Do- -Do- 1/4 

IP5 
Transcript-
2 

The audio commentary 
might help just to get 
him into the scene 
again. However, before 
the fallback routine, the 
system should inform 
the user to take over 
through the blinking 
system, loud noises, 
and some shaking. 
Whereas in the case of a 
strong fallback, the car 
should drive on the side 
of the road and stop 
before handing over to 
a human is much more 
plausible to me. Also, 
vehicle behaviour on 
yellow and red light. 

Future AVs 
interfaces, 
especially 
during fallback 
routine 
procedures 

-Do- -Do- 2/4 

IP5 
Transcript-
2 

We should focus on 
sharing accident data is 
shared across, for 
example, different 
companies in general. 

Crash data 
sharing 

-Do- -Do- 3/4 

IP5 
Transcript-
2 

Do we really want to 
have another Amazon 
like a US company 
controlling the whole 
market or Tesla or 
somebody else? Which I 
think would be a shame. 

No monopoly 
of a single AV 
company in 
the market 

-Do- -Do- 4/4 
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AC1 
Transcript-
3 

Human-level five AV is 
likely to be in 10 years 
to 15 years’ time. 

AV5 intro 
Future 
timeline 

Future 
timelines 

-Do- 1/1 

GO 
Transcipt-
1 

None of the companies 
like Tesla, Bosh, and 
Holden is even 
considering deploying 
those vehicles in New 
Zealand in the next ten 
years. 

Companies 
not 
considering 
deploying AVs 
in NZ 

-Do- -Do- 1/2 

IP5 
Transcript-
2 

Level three autonomy is 
not that far away in the 
sense that you almost 
have the system already 
for the highway. 
However, I think it's far 
away from the sensing 
technology and the 
safety point of view, 
especially in the 
backdrop of the legal 
liability point of view. 

AV3 
deployment 
timeline 

-Do- -Do- 2/2 

 

5.5.6 Theme – 5: Trust and Governance Framework  

The participants had varying views on deploying an AV framework that can work for 

humanity's betterment. However, all were found unanimous in agreeing to this study's 

contours of the proposed integrated trust and governance framework for deployment 

of AVs in NZ. The experts stressed the need for constituting a framework that increases 

trust and acceptance of people. And looks after their safety, thus minimizing crashes 

and congestion. , However, few participants highlighted various KPIs for utilization of 

framework, including; (1) safety, (2) security, (3) data and (4) cyber security, (5) privacy, 

(6) situation awareness, (7) education and training of users, (8) reliability, (9) 

transparency, (10) user-friendliness, (9) cost and (10) need for appropriate legislation. 

The main remarks of the participants are illustrated in Table 5.50. To get more insights 

into experts’ views, the suggested framework of two participants can be seen in Figure 

5.45 and Figure 5.46 below. 
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Figure 5.45 

CO5 AVs Deployment Framework 

 

Figure 5.46 

CO4 AVs Deployment Framework 

 

One of the participants stressed the need for continuous testing throughout AVs life 

spans, and a few other suggested improvements in transport infrastructure such as (1) 

control centres, (2) hubs, (3) redesigning of roads, (4) use of sensors, (5) creation of 

compliance taskforce and (6) real time warrant of fitness (WOF). Generally, all the 
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participants supported and validated the Trust and Governance Framework as 

suggested and researched in this study. 

Table 5.50 

Trust and Governance Framework for AVs Deployment Theme 5 

ID / 
Transcript 

Datum/Quotation Comment Sub Code Main 
Code/Theme 

Ref 

AC1 
Transcript-
3 

An AV framework needs 
to be based on the 
fundamental needs of 
humans. I think the 
study is definitely on the 
right lines. 

Need of a 
Framework 

KPIs Trust and 
Governance 
Framework 

1/2 

AC1 
Transcript-
3 

The goal should be to 
minimize the number of 
cars on the roads. 

Significance 
of 
Framework 
for safety and 
lesser 
congestion 

-Do- -Do- 2/2 

CO1 
Transcript-
8 

One, there should be no 
accidents and second, 
how many of these edge 
cases have been 
navigated successfully? 

Significance 
of 
Framework 
for safety 

-Do- -Do- 1/1 

CO4 
Transcript-
4 

The main pillar is safety, 
user-focused research, 
redesigning of 
infrastructure, 
reliability, rules and 
regulations, user 
friendliness, situation 
awareness, feedback, 
cyber security, and 
privacy. How do these 
affect the trust and 
acceptability of users? 

Main 
contours of 
Framework 
to establish 
trust among 
the public 

-Do- -Do- 1/5 

CO4 
Transcript-
4 

For the implementation 
of AVs, the road design 
with many lanes on a 
highway, embedding 
sensors in the roads and 
redesigning the public 
spaces is required. I’m a 
big fan of control 
centres with tele 
operations-basically 
transport hops and hubs 
outside the city, making 
sure that everything is 
safe running smoothly. 

Improving 
Infrastructure 

-Do- -Do- 2/5 
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CO4 
Transcript-
4 

Continuous testing, I 
suppose, or very long 
duration testing. So, 
simulation testing, real-
life testing, specimen 
testing, testing 
cybersecurity and 
testing backup systems. 

Utilization of 
Framework 

-Do- -Do- 3/5 

CO4 
Transcript-
4 

Ensuring data is 
legislated from the 
safety-critical point of 
view and commercial 
point of view and 
creating different 
standards for various 
goals in ODD. 

Data 
Legislation 
and 
preparing 
standards 

-Do- -Do- 4/5 

CO4 
Transcript-
4 

Creation of making a 
task force to monitor 
and establish basically 
guilt on automated legal 
questions. 

Taskforce 
monitoring 
legal 
compliance 

-Do- -Do- 5/5 

CO5 
Transcript-
11 

Definitely like to have 
one of the pillars as 
cost-effectiveness, and 
other safety third is 
security for this pleasant 
experience as users. 
Then fifth, sustainability 
and then the rules for 
laws and regulations. 

Framework 
Metrics 

-Do- -Do- 1/1 

IM 
Transcript-
9 

Invest in AV ecosystem 
with 40% in the 
structure of the vehicle, 
40% of the 
infrastructure and 20% 
for the overall system. If 
you fail to introduce 
that, then you are never 
going to have a 
complete ecosystem. 

Investment 
directions 

-Do- -Do- 1/1 

IP5 
Transcript-
2 

One pillar can be safety, 
then transparency and 
third may be legislation 

Framework 
Metrics  

-Do- -Do- 1/1 

CO2 
Transcript-
8 

Making a real-time WOF 
for AV is a necessity. All 
I'm really talking about 
is that OEM then sends a 
healthy signal to the 
regulator. So the 
regulator knows in real-
time and then the 

Real-time 
WOF 

Testing and 
Deployment 
of 
Framework 

-DO- 1/1 
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consumer can know in 
real-time and then the 
insurer can know in real-
time that everything's 
regarding AV is working 
smoothly. 

 

5.6 The Chapter Summary 

This chapter presented the result and analysis of Study 1 to 4 to support the research 

aim and objectives. Study – 1 findings are based on the user study with BMW AV level2/3 

vehicle on Auckland roads in live traffic conditions. This complementary user study 

assisted in confirming the significance of key influencing factors within the context of 

literature in different usage phases and classifying them into two groups. After 

formulating the HMI AD Event Relationship Identification Framework, the first cluster of 

key determinants were grouped into HFs and trust domain and the other cluster into 

Governance/Legal readiness and trust domain. The results of Study – 1 were confirmed 

and validated in Study – 2 through SEM. The main focus in this Study – 2 is descriptive 

statistics and statistical analysis using SPSS and Amos version 26, besides confirming 

Study - 1. Study – 2 ventures into validating the most significant determinants based on 

key parameters influencing AD in NZ as suggested by Study - 1. This study has gone a 

step further and found that Trust is a fundamental factor that mediates all other AD 

factors towards AVs implementation. Study – 3, based on SD Modelling, practically 

tested the theoretical output of the proposed framework. It has successfully tested the 

design framework's applicability and brought in significant predictions for AVs market 

maturity, people preferences to dispose of old AV technologies in favour of the newest 

AVs technologies and switching to the car-sharing regime. These insights can also be 

significant for pursuing strategic policies for AVs diffusion in NZ. All the studies 

interpretations and the suggested integrated trust and governance framework was 

validated by experts’ interviews in Study – 4 through thematic analysis in NVivo 11. Thus, 

this chapter effectively tested and validated the Trust and Governance Framework for 

the successful deployment of AVs in NZ. The next chapter will present a detailed 

discussion of the results and findings of the current Chapter.  
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Chapter 6  - Discussion 

6.1 Introduction 

The research was designed to propose a trust and governance framework for the 

successful deployment of AVs in NZ. The validity of the proposal was evaluated 

employing four studies described in Chapter 5. The development of an integrated trust 

framework was one feature of this challenge. Another concern was measuring, testing, 

and evaluating the result for pragmatic decision-making realizing societal benefits in NZ. 

This Chapter synthesizes the findings accrued from Study – 1 to Study – 4 and deliberates 

on the research case in the backdrop of the research aims and objectives within the 

context of literature. It carries out a detailed synopsis of research insights and delineates 

the uniqueness of this innovative research. It carries out relevant comparisons 

highlighting agreements and disagreements from the previous research studies. As a 

guide, Figure 6.1 illustrates the layout and contours of this Chapter. 

Figure 6.1 

The Discussion Chapter Layout  

 

6.2 Revisit the Research Case 

The global market in self-driving cars is estimated to reach $7.03 billion by 2021 and $21 

billion by 2035 (Du et al., 2021). AVs are a harbinger of significant evolution in human 

history and a game-changer in harnessing smart and sustainable technologies towards 

overall societal benefits (Chehri & Mouftah, 2019; Georg Doll, 2020). These driverless 

technologies will serve as a catalyst in transforming the cascade of our built environment 

digital and physical infrastructure, transport and mobility paradigms. AVs are likely to 



270 

reduce road trauma and serve as an essential part of cyber-physical systems (CPS) in 

smart cities context (D. J. Fagnant & K. Kockelman, 2015; Mouftah et al., 2020; Pieroni 

et al., 2018; Sell et al., 2019; Um, 2019; Yan et al., 2020). COVID – 19 crisis has further 

proved and exacerbated the success of these technologies ensuring safety in the 

Mobility-as-a-Service (MaaS) value chain (Boll, 2020; MSCI, 2020; Wiseman, 2020a, 

2020b).  

However, their intended objectives and market penetration are unknown due to the 

lack of data about the magnitude of specific AD factors in this eco-system since AVs are 

in the early stage of the product life cycle (Nieuwenhuijsen et al., 2018). Moreover, 

recent research studies primarily focus on optimistic orientation, projecting AVs as a 

commercially viable and safe technological enterprise. These studies in the literature 

explored various topics concerning AVs. These relate to the public expectations, the 

effect of congestion on travel behaviour, more tripping, last-mile/first-mile impact, and 

decrease in the number of accidents (Correia & van Arem, 2016; Gruel & Stanford, 2016; 

Hoogendoorn et al., 2014; Milakis et al., 2017b; Scheltes & de Almeida Correia, 2017; 

Stasinopoulos et al., 2021; Yap et al., 2016). Whereas, existing literature lacks a broader 

view on the impacts (both positive and negatives) of AVs on social, behavioural (Cavoli 

et al., 2017; Cohen & Hopkins, 2019), legal arrangements, public acceptability and 

accessibility (Fitt, Curl, et al., 2018). None of the studies ventured into the true 

complexity of exploring holistic AD human-machine interaction factors globally or in NZ  

The NZ being the testbed of innovative technologies, is set to gain long-lasting benefits 

in the testing and deployment of AVs. However, presently it is marred with significant 

challenges of growing and ageing population, traffic congestions, accidental deaths, rise 

in immigration, ill-equipped transport and road infrastructure, lagging government legal 

strategies and limited funding (Fitt, Frame, et al., 2018; Geoscience, 2020; KPMG, 2020; 

MOT, 2020; S. NZ, 2020). There are two distinct stages of adopting driverless 

technologies in NZ: testing and public acceptability towards its introduction and 

deployment. Generally, if societal and behavioural intentions align with technical 

innovations, it will lead to users’ acceptance (Kraetsch et al., 2021). In an earlier survey 

of knowing the public readiness for AVs among various countries, namely China, India, 

Japan, US, UK and Australia / NZ, the topmost concern among NZ people is about ‘Trust 

in technology’ (85.3%)’ (Starkey & Charlton, 2020).  
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Trust mediates micro and macro interactions regarding people's reliability and 

acceptability towards new forms of transport (Fisher et al., 2020). Trust in automation 

is a significant mediator (though not the only one) of using automation (Wintersberger, 

2020). Two facets materially affect the trust dynamics. It includes the extent of human 

interaction with the automation technology tasks within the domain of human-machine 

collaboration so-called internal environment (Craig Morrisona, 2020). And how the 

external “world view” environment set in by governance/legal readiness structure as 

seen by user and technology alike affects trust. System trust rest on the functioning of 

the bureaucratic legal system that leads to social order addressing the complexities of 

social order. 

In contrast, Interpersonal trust in the context of automated systems is an effort to 

manage the interpersonal relationship between humans and machines. Hoff and Bashir 

(2015) and other researchers explored various technology acceptance models 

(Ghazizadeh et al., 2012; Lee & Moray, 1992; Venkatesh & Davis, 2000) and stressed the 

need to investigate trust impacting factors in real-world environments. They explore 

situational and dispositional factors to study how dynamic trust evolves from initially 

learned trust through experience and interaction with the technology. However, all 

these models in the literature neither addressed the driverless domain nor were based 

on empirical observations. 

These developments call for investigations into new methodologies to capture these 

complexities and identify user trust and acceptance requirements addressing internal 

and external AD environment factors in AVs. It further highlights the need for 

interdisciplinary research to establish the theoretical and methodological foundations 

for trust in AVs with experimental testing. And in doing so, determine a rationale and 

practical trust and governance framework for AVs in NZ.  

This frame of reference relates to exploring the various dimension of driverless 

technology in AVs and identifying key AD factors affecting trust in NZ. The challenge was 

to articulate a conceptual trust framework that juxtaposes the driverless technology 

potential (Gleeson et al., 2018) and the public policy engagement. In this background 

and the highlighted research void and its linkages with users’ trust dynamics within 
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human factor engineering and socio-technical domain in NZ, the following key objectives 

were purported in this study: 

 Objective 1: To examine the critical perspectives of driverless technologies in the 

backdrop of the deployment of AVs. 

 Objective 2: To analyze the role of key AD factors affecting trust based on 

significant HMI and governance determinants for the implementation of AVs in 

NZ. 

 Objective 3: To develop and assess an integrated trust and governance 

framework for the successful adoption of AVs in NZ. 

This study explored ten research questions to realize the objectives. The study identified 

barriers in AVs’ adoption, trust and technology acceptance theories and human-

machine AD interaction factors. The study observed that primarily there is a web of trust 

where vehicle automation and users acceptance reside. The study then examined this 

web of trust (WoT). It explored its mediation linkages at the micro-level with human-

machine interaction constructs and an overall government regulatory structure at the 

macro level. Finally, the study examined the linkages of interpersonal trust with 

institutional trust in a more extensive interconnected network. 

The applicability of this innovative research was explored using mixed methods to 

address the research questions. The research case phenomenon is investigated utilizing 

reliable evidence from the lens of the Pragmatic paradigm, the theoretical perspective 

of the Design Science Research approach employing Multi-phase Research Design. In 

Multi-phase Design, the study is justified, evaluated and validated considering a case 

study of AVs deployments in NZ using four studies in two phases. In Phase 1, Concurrent 

Embedded Design Correlational Model comprising study – 1 (AV user study) and 2 (SEM) 

was carried out. In Phase 2, Convergent Parallel Design Model comprising study – 3 (SD) 

and 4 (Experts’ interviews) was pursued. 

Study – 1 based on literature review and user study with Level 2 BMW X5 xDrive40i SUV 

Vehicle with most of the functions of Level 3 was done. The research study provided 

solid foundations for observing and grouping the key AD driving factors in live traffic 

conditions. Study – 2 using an exploratory survey and SEM, tested various hypotheses 

and validated trust and governance framework. During the process, Study – 2 confirmed 
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the aspirations of the NZ general public towards AVs, challenges towards 

implementation and perceptions on trust and governance mechanisms. Study – 3 

simulated the conceptual trust and governance framework utilizing the SD Modelling 

process and examined the future market penetration of AVs in the next 100 years. It also 

projected the theoretical output of the trust and governance framework in real-time 

and gave future policy insights for shaping future transportation governance regimes for 

AVs in NZ. Study – 4 employed experts’ interviews and validated the findings from Study 

1, 2 and 3 and the trust framework. In the following paras, the research will highlight 

the results and contributions of these studies to meet the research aim and objectives 

successfully.  

6.3 Study – 1:  Summary of Findings and Comparison  

The summary of the findings relates to the fulfilment of research aim, objectives 1 and 

2 and research questions 7 and 8. The research question addressed are namely: RQ 7. 

What are the key AD factors affecting interpersonal and institutional trust during 

human-machine interaction (HMI) for AVs deployment in NZ? And RQ 8. What HMI AD 

events are affected by key trust affecting factors during human–AV interaction?  

This study used a Level 2 BMW X5 xDrive40i SUV Vehicle with most of the functions of 

Level 3. These include forward-collision warning, automated emergency braking, lane 

change warning system, parking assistant, driving assistance with adaptive cruise 

control, autopilot (ranging from few seconds to 1 ½ minute). The BMW AV was used in 

autonomous and manual modes in live traffic and uncontrolled environments scenarios 

on free highways/ motorways in Auckland. The study used six subjects on three different 

driving routes. It was observed that the urgent requirement during HMI interaction is 

the driver’s ability to take back control from AV in emergency and legal readiness 

structure based on users’ safety, privacy and security in NZ. An appropriate and 

calibrated trust is needed towards these critical scenarios for the successful adoption of 

AVs. It was identified that in edge cases, where drivers need to resume control of the 

AV urgently to avoid any collision, vehicle automation negatively affects the mental 

model of the driver, situation awareness, and perception-reaction time.  
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6.3.1 Findings Synthesis: AV User Study.  

The study found key determinants affecting AV’s trust and acceptability while 

performing various heuristic scenarios and interviews. These include situation 

awareness, mental model and training of the driver, anthropomorphism, customization 

and adaptive Automation (classified as HFs internal determinants) from an interpersonal 

trust point of view. And safety, security/cyber security and privacy (classified as external 

determinants related to Governance/Legal Readiness domain). It was identified that all 

the determinants had linkages with institutional and interpersonal trust. These 

determinants were presented in the HMI AD Event Relationship Identification 

framework Matrix (HMI – ADERIF) based on the synthesized findings. The matrix was 

formulated in the light of real-time interaction of various driving scenarios and 

collaborative workshops during user study in Auckland. For example, a mental model of 

the driver influences the pre-use phase significantly. In contrast, driver training affects 

all phases and events marked with a star in Figure 6.2, consequently shaping the driver's 

trust. 

 Figure 6.2 

Study – 1: Summary Findings and HMI Event Relationship Framework 
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HMI Event Relationship Framework 

 

The HMI Framework is intentionally left loose as a general guide to make it easier to 

understand the chain of events and how the relationship with trust affecting factors 

occurs during a single or continuous AD scenario. Later, to prioritise the user preferences 

keeping in view their significance within the context of literature, a Kano model was 

employed to classify these AD influencing factors. The finalized classification of these 

determinants was based on User “Excitement needs,” “Performance needs,” and “Must 

– need” (see Figure 5.4 Chapter 5). Due to the dual role of few determinants, it was 

concluded to include users’ mental model and feedback in situation awareness and 

customization and adaptive Automation in Anthropomorphism. Hence, the critical AD 

trust affecting determinants were reduced from 9 to 6, i.e., situation awareness, 

training, anthropomorphism, safety, security / cyber security, and privacy (see Figure 

6.2 above). 

Trust is generally defined as one’s willingness to place in a vulnerable position, to 

technology, with a positive expectation of an outcome or a positive nature of future 

behaviour (Mayer et al., 1995). Though an abstract notion in automation, trust is a 

leading concept in HMI (Ekman et al., 2018) paradigm, which binds user acceptance and 

correct use with technologies and thrives on many dimensions (Fisher et al., 2020; 

Wintersberger, 2020). It has been observed that technological change leads to social 

change (Chen et al., 2020; Mohd et al., 2011). Most of the earlier studies on the subject 
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are based on technology acceptance models and theories developed by Mayor, Hoff, 

and Lee (Hoff & Bashir, 2015; Lee & Moray, 1992; Lee & See, 2004). The researchers 

applied the Technology acceptance model (TAM), Unified Theory of Acceptance and Use 

of Technology (UTAUT), and Theory of Planned Behaviour (TPB) to find the role of user 

trust and task technology compatibility (Rahman et al., 2018). These theories provide a 

foundation to model user acceptance of driver support functions. The TAM Model 

highlights perceived ease of use (PEOU) and perceived usefulness (PU) embedded in the 

theory of reasoned action (TRA) and the theory of planned behaviour (TRB). The UTAUT 

model observes effort expectancy (EE), Social Influence (SI) performance expectancy 

(PE), and facilitating condition (FC) as the core variables. It considers gender, age, 

experience, and voluntariness of use (VOU) having pronounced moderating effects on 

these core variables. These theories suggest that behavioural intention is necessary for 

the use of a technological system and measures the users’ acceptance with the 

behavioural intention and use of technology.  

However, these theories were originated within the context of information technology 

and did not specifically address driverless or semi driverless systems in automation. 

These scientific endeavours explored a few HMI endogenous trust influencing factors 

individually (Aremyr et al., 2018; Ekman et al., 2018; Kaur & Rampersad, 2018). These 

theories do not capture holistic trust corroborating AD factors in the external and 

internal environment for the successful proliferation of driverless technologies. The 

behavioural intention investigations were based on the actual use of technology relating 

to the internal environment only. There have been few attempts to examine a unified 

user’s acceptance model for driverless technologies. Ghazizadeh et al. (2012) proposed 

Automation Acceptance Model (AAM) augmenting TAM with trust and compatibility, 

and Vlassenroot et al. (2010) suggested in-vehicle automation using intelligent speed 

adaptation. However, these models have not been supported by empirical evidence 

despite the solid theoretical background (Rahman et al., 2018).  

Hoff and Bashir (Hoff & Bashir, 2015) stressed the need to investigate trust impacting 

factors in real-world environments and explore situational and dispositional factors. 

They argued about the significance of multidimensional construct to study how dynamic 

trust evolves through experience and interaction with a system and technology from 

initially learned to trust. Moreover, it has been lately noticed that influencing factors for 
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acceptance of technology need to include trust, perceived risk (PR) based on safety 

requirements, personality traits, social influence and external environment (Chen et al., 

2020), extending UTAT and TAM.  

This study is the first-ever AV user study in NZ and elsewhere in live traffic conditions 

that explored the critical AD trust influencing variables in human factors and legal 

readiness domains. This novel research took a holistic view of all exogenous and 

endogenous factors impacting user acceptance and deployment of AVs. This study 

followed a practical approach to creating a calibrated trust framework for AD systems 

based on crucial determinants within an HMI design process. The user study followed a 

slightly similar approach to studies pursued by Ekman and Aremyr recently (Aremyr et 

al., 2018; Ekman et al., 2018) regarding the HMI design process integrating trust factors. 

However, it widely differs as it is performed on high and medium density roads in live 

traffic conditions. Secondly, user interviews and brainstorming sessions integrate and 

confirm these factors and their relationship in the proposed framework. Thirdly, it omits 

unnecessary events, including ‘control transition,’ ‘change of context,’ ‘incident and 

implicit/explicit information,’ as highlighted by Ekman study. During interaction with 

actual AD scenarios in real-time, the user study concludes that the control transition 

process does not take place and cannot be measured. 

Additionally, the ‘change of context’ and the ‘incident’ occur in one continuous 

event/usage; hence, there is no need to deal with these events and make the framework 

complex explicitly. This study is in line with recent studies of Raats and Jian (Chen et al., 

2020; Raats et al., 2020) that explored public acceptance in AVs and identified a 

requirement to extend the integrated technology acceptance model. The study also 

proposed incorporating new variables as depicted in key determinants (Figure 6.2 

above). Increased users’ acceptance of AVs is likely to assist in the realization of 

associated perceived benefits, as discussed in chapter 2, leading to positive social 

implications. 

The study contributes to driverless technology in general and AVs in particular, 

addressing the users’ interpersonal and institutional trust within the HMI domain for 

acceptance. It illustrates that user trust mediates not only in the human factors domain 

but also in the governance domain. Previous literature addressed trust from an 
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interpersonal trust point of view only. The developed framework can be used in the 

design process of AVs to get insights into AVs' performance and map the scenarios 

against the suggested framework to ensure appropriate trust. Since there are multiple 

interactions and interpretations of the trust determinants and the design solutions, 

further research can validate individual factors vis-a-vis the corresponding autonomous 

events/phases highlighted in the framework. Nevertheless, this study is unique in 

identifying critical AD determinants affecting the adoption of AVs in NZ, bridging the 

socio-technical gap and leading to futuristic research insights. 

6.4 Study – 2:  Summary of Findings and Comparison  

The summary of the findings relates to the fulfilment of the research aim, objective 3 

and investigating research question 9. The research question addressed are namely: RQ 

9. How to articulate a relationship between key corroborating trust affecting factors for 

developing an integrated trust and governance framework for the adoption of AVs in 

NZ? 

Study – 2 developed an integrated model between Trust and adoption of AVs in NZ to 

observe the relationship between situation Awareness, anthropomorphism and training 

in trust – HFs HMI domain and safety, security/cyber security and privacy in trust – 

governance/legal readiness domain. The study provided a good explanation of the 

proposed integrated model by positively supporting the seven suggested hypotheses. 

Figure 6.3 depicts the suggested holistic Trust and Governance Model, including 46 

indicator items, three first-order constructs and six second-order constructs, beta values 

and fitness indexes. 
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Figure 6.3 

The integrated Trust and Governance Framework Model 

 

6.4.1 Findings Synthesis: Study – 2 Survey Results.  

The research systematically examined the interaction between various trust affecting 

factors after getting key inputs from Study – 1 and confirming the challenges towards 

successful AVs adoption in NZ through a survey. It was found that the people in NZ 

people consider ‘Trust’ (26.5%) as a fundamental challenge followed by a legal readiness 

regime (17.7%) towards full implementation of AVs. The public concerns for key trust 

affecting factors include situation Awareness (17.7%), anthropomorphism (8.7%), and 

training (10.8%) in the human factors domain. At the same time, safety (31.9%), 

security/cybersecurity (13.9%) and Privacy (12.1%) concerns were identified in trust 

affecting the legal readiness domain.  

Regarding adoption preferences, males were more inclined towards AD in NZ than 

females. The public wants to use AVs not only in closed areas (84%) but also in congested 

traffic (70%), highways/freeways (80.6%), public transport with driver chaperone 

(86.7%), Daily commute (57.9%), taxis (57.1%), long road trips on holidays (85.7%), and 
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social activities (35.7%).  The findings explored in Study – 1 and 2 regarding barriers and 

key AD trust influencing factors agree with the conclusions drawn in the literature (in 

Chapter 3).  

Various studies concluded that trust is a precondition for the use of automated systems 

(Muir & Moray, 1996; Parasuraman & Riley, 1997) as it is essential for user acceptance 

(Ghazizadeh et al., 2012) as well as for a good user experience (Waytz et al., 2014).  

Typically, the significance of trust is essential in the successful deployment of AVs 

(Ekman, 2020a; Lee & Moray, 1992; Wintersberger, 2020). Similarly, the requirement of 

adequate legal regulations and governance regimes is mandatory (Lee & Hess, 2020; 

Taeihagh et al., 2021). 

Moreover, the need for situation awareness (M. Endsley, 1995; Fisher et al., 2020; 

Stanton et al., 2006), anthropomorphism (Aremyr et al., 2018; Epley et al., 2007), and 

training (Lajunen & Summala, 1995; McDonald et al., 2018; McDonald et al., 2017) is 

highlighted in earlier studies.  Also, the role of safety (Board, 2019; Commission, 2019a; 

Huntington, 2018; Venkatesh et al., 2003; Ward, 2011), security/cyber security (Kaur & 

Rampersad, 2018; Williams, 2020) and privacy (Cavoukian, 2009; Glancy, 2012; MOJ, 

2020; Schoonmaker, 2016) is recognized by various authors. Generally, the results of 

this study survey are consistent with the results of empirical findings of the previous 

studies in different countries and existing theories.  

This study is also in line with an earlier survey done in NZ, where people highlighted 

significant barriers of trust, safety, and lack of control in the implementation of AVs 

(Starkey & Charlton, 2020). The study is justified and supports what has been suggested 

in the literature, and lays the foundation for the research results' generalisability. The 

study highlights the critical barriers and concludes that co-evolution of regulation and 

technology is quintessential for the successful deployment of AVs. The study lays down 

the parameters regarding crucial trust influencing AD factors in technology and 

governance for designing a practical roadmap for AVs’ deployment in NZ. The findings 

would be helpful in the understanding of critical factors of interpersonal and 

institutional trust for the deployment of AVs. 
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6.4.2 Findings Synthesis: Study – 2 SEM Results. 

The main research aim was to develop a holistic trust and governance framework for 

optimum acceptability and adoption of Autonomous Vehicles (AVs) in NZ. The aim was 

achieved through testing seven hypotheses (H1, H2, H3, H4, H5, H6, H2a) after 

employing SEM and CFA techniques, as highlighted in Chapter 4. All statistical results 

regarding second and first-order constructs obtained through factor analysis were found 

within the recommended thresholds. The Cronbach’s alpha (α) values for legal 

readiness, adoption, trust, situational awareness, anthropomorphism, and training were 

found within recommended thresholds. It indicated that the retained survey items were 

compelling, and the internal structure was consistent with their respective constructs. 

The theoretical predictive relationship in terms of standardized factor loadings 

(regression coefficients) from the constructs to the corresponding survey items 

(measurable variables) was also found statistically significant at the probability level of 

(***) p < 0.001. Hence, it was concluded that all the observed variables significantly 

measure the latent variables (constructs).  

Moreover, the causal-effect links confirmed that the constructs in the model influence 

one another. All goodness of fit measures associated with the selected indexes for both 

the measurement and structural model was found sufficient, confirming the theoretical 

model fit well with the observed data. It can be acknowledged that the conceptual 

model framed for this study is powerful in explaining the reality of the existing situation 

of the topic under investigation. The seven hypotheses suggested by the model for 

validating the holistic trust and governance framework in NZ were fully supported 

through hypothesis testing of the researched constructs.  

The study generally agrees with Yuen, Wong, et al. (2020) remarks that perceived AV 

technology is a giant leap from traditional vehicle technologies, influencing public 

opinion because of various concerns. These include safety, lack of control (situational 

awareness), steep learning curve (training), cyber security, trust and non-readiness of 

legal and liability rules. However, there has been very little research in the literature 

regarding the role and relevance of AVs’ regulation in a smart urban transport system 

(Ljungholm, 2020).  
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User attitude towards technology is governed by the belief in the convenience of its 

performance and social influence, including governance structure (Davis, 1989; 

Ljungholm, 2020). It means that user interactions with the efficacy of the governance 

systems and utilization of technology need to be well expressed to create a positive 

effect on the user. Perceived usefulness is related to several trust factors, including legal 

readiness comprising enhanced safety, cyber security and privacy of the driver and the 

direct HMI factors with AVs. Earlier studies explored these challenging factors in 

anthropomorphism, situation awareness, training, safety, security, privacy and policy 

partly or individually (Aremyr et al., 2018; Ekman, 2020b; Endsley, 2016; Kim & Shrestha, 

2020). Unlike other studies, this study measured the driver’s trust addressing these 

crucial challenges in a holistic trust framework. The components of this integrated 

framework were found individually and collectively predicting adoption of AVs based on 

users’ trust.  

The effects of users’ trust are supported in the findings of previous studies highlighted 

above; however, there has been no empirical evidence to support these components' 

effects collectively. In addition to the direct impact, this study also examined the 

mediating effect of trust in legal readiness and adoption. Results confirmed Hypothesis 

2a (see Table 5.31 Chapter 5) that the trust mediates legal readiness/governance based 

on safety, security and privacy towards the adoption of AVs. The conclusive factors and 

their effects identified in this framework goes beyond the impact of perceived 

usefulness (PU) and perceived ease of use (PEOU) is posited in the TAM (Davis, 1989). 

Therefore for driverless and semi driverless systems, this study confirms the 

inclusiveness of these determinants towards their adoption. 

Earlier research examined the applicability of institutional trust in AI technologies 

(Spadaro et al., 2020). However, none of the studies or the technologies acceptance 

models available in the literature ever ventured into the net effects of institutional and 

interpersonal trust. This innovative study explored individual key dimensions of trust 

affecting interpersonal and institutional trust. It provided evidence that institutional 

trust promotes interpersonal trust (as seen by the mediation results) for the successful 

implementation of AVs. The study also confirmed the importance and application of the 

SEM and CFA techniques in studying various determinants in driverless technology. This 
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study explored the relevance of AV regulations through the validated framework in 

detail. The research question and objectives anticipated in this study are fully realized.  

Trust needs treatment more than just a precondition of acceptance (Wintersberger, 

2020). Trust is a multidimensional cognitive construct that has been examined by several 

disciplines, including anthropology, psychology, economics, political science, and 

sociology (Bhattacharya et al., 1998). Lewicki and Bunker (1995) suggested that trust 

should be studied from an institutional and interpersonal perspective. System trust is 

the “trust in the functioning of bureaucratic sanctions and safeguards, the so-called legal 

system” (Lewis & Weigert, 1985). Institutional trust ultimately promotes interpersonal 

trust, increasing the feeling of security (Spadaro et al., 2020). In human-automation joint 

performance, cognitive engineering (CE) and information system (IS) studies explored 

automaton acceptance (Ghazizadeh et al., 2012). CE studies observed task technology 

compatibility needs and identified trust as a significant attitude towards automation 

reliance and acceptance (Lee & See, 2004; Muir, 1987). Inappropriate trust leads to 

misuse and disuse of automation (Parasuraman & Riley, 1997). Understanding the 

interactions between trust and use, disuse, and misuse are necessary for the 

formulation of predictive human-machine models (Tenhundfeld et al., 2021). IS 

researchers developed TAM (Davis, 1989), identifying PU and PEOU as the main attitude 

determinants predicting behavioural intention to accept the automation system. 

 This research study observes that trust assessment is underutilized in Human Factor 

Engineering (Tenhundfeld et al., 2021). Also, the AVs would be based on artificial 

intelligence (AI) and a new generation of technologies to simulate human intelligence 

(Glikson & Woolley, 2020) and interact with the environment requiring complex risk 

mitigation decisions (Cunneen et al., 2019b). Present research does not address AD trust 

holistically from interpersonal and institutional perspectives to address this challenge. 

The cognitive underpinning of trust theories and models in the literature provides a 

partial solution and does not answer the realities of the semi-autonomous and 

autonomous systems.  

In recent literature, the prominent user acceptance models regarding automation and 

trust are TAM, extended TAM, AAM, Hoff and Bashir, Muir and several other scholars 

(Davis, 1989; Ghazizadeh et al., 2012; Hoff & Bashir, 2015; Lee & See, 2004; Muir, 1987). 
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These models are generally based on the Theory of Reasoned Action (TRA), Theory of 

Planned Behaviour (TPB) and Unified Theory of Acceptance and Use of Technology 

(UTAUT)  (Fishbein & Ajzen, 1975; Venkatesh et al., 2003) highlighted above and in 

Chapter 3 (3.2.3 and 3.2.4). These models bear similar components, e.g., there are 

similarities between PU (perceived use) in TAM and PE (performance expectancy) in 

UTAUT; between PEOU (perceived ease of use) in TAM and EE (effort efficiency) in 

UTAUT; and between social norms in TPB and social influence in UTAUT (Rahman et al., 

2018). The proposed integrated trust model validates and integrates the essentials of 

these theories and models and extends these to yet another level as identified in Figure 

3.12 Chapter 3 and three layers of influence AD trust Figure 3.13 Chapter 3 (3.2.5) (see 

Figure 6.4 below).  

Figure 6.4 

AD Trust Layers of Influence 

Muir (1987) proposed that trust formation depended on three human expectations: 

persistence, technical competence, and fiduciary responsibility. The persistence relates 

to the natural and moral social orders, technical competence depends on automation 

performance, and fiduciary responsibility denotes how much other agent is morally 

obligated to prioritise the other’s interest before their own. In this study, interpersonal 

trust HFs determinants based on situation awareness, training, and anthropomorphism 

define technical competence, and institutional trust LR determinants comprising safety, 

cyber security, and privacy denoting the natural and moral social orders.  

Extended TAM is developed on TRA. The user's behavioural intention to use a system is 

directly influenced by trust, and task technology compatibility indirectly affects 

behavioural intention through PU and PEOU (Davis, 1989). The compatibility refers to 

how well the automated system performs vis-à-vis user needs and requirements in a 
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specific context. Similarly, Ghazizadeh et al. (2012) produced a conceptually similar AAM 

model, which was more explicitly based on the Technology Acceptance Model. In this 

study, the task technology capability is explored using HFs / HMI trust determinants 

identified in AV user trials (Study – 1) having similar trajectories to TRA, extended TAM 

and AAM towards reliance and ultimately adoption of AVs in NZ. 

Lee and See (2004) identified that the foundation of trust refers to the social order that 

allows trust to arise. Performance, process and purpose are purely related to technical 

domains of automation. This study supports Lee and See (2004) assimilation model, 

which depicts that trust is essentially an effective response though partially influenced 

by analogical and analytical processes in the context of human-machine trust (see Figure 

3.10 Chapter 3). The analogical is based on societal norms, rules, and regulations defined 

by others, and affective refers to the emotional response to the expectancies. In this 

study, the social order and analogic process is denoted by the institutional trust based 

on safety, security/cyber security and privacy regulations in the backdrop of structure 

theory (Jones & Karsten, 2008). The performance, process and purpose are related to 

the dynamically learned trust (Hoff & Bashir, 2015) during actual interaction with the 

AV. 

Hoff and Bashir (2015) advocated examining trust impacting factors in real-world 

environments. Moreover, their model identified that learned trust is based on initially 

and dynamically learned trust. The initially learned trust is acquired through 

brand/reputation of system, understanding and experience with similar systems, and 

expectations from the system. The dynamically learned trust is a result of direct system 

interaction and features. These factors cumulate to shape the user reliance behaviour 

and performance of the system. This study is carried out utilizing inputs from the AV 

user trials in live traffic real-time environmental conditions. The initially learned trust is 

denoted and explored through users' pre-existing knowledge based on their mental 

model and initial training to use the AD system as identified in Study – 1. 

Similarly, user’s familiarity with AV, AV technology maturity, its price and comfort affects 

utility along with dynamic trust developed during AD interaction (Abbass, 2019; 

Nieuwenhuijsen et al., 2018; Wang & Zhao, 2019)  and ultimately the reliance/adoption 

as examined in Study – 3. Initially learned trust improves with the changes in the pre-
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existing knowledge, mental model, and training and transforms into dynamically learned 

trust during actual interaction with the AV systems and design features. The dynamic 

learned AD trust is based on interpersonal and institutional AD trust corroborating 

factors during HMI observed in Study – 1, examined and validated in Study – 2. The 

performance, process and purpose dimensions of the Lee and See (2004) model are 

related to the dynamically learned trust dimension of Hoff and Bashir (2015) model 

during actual interaction with the AV. The suggested AD Trust Model components and 

their interactions towards adoption of AVs augmenting  Hoff and Bashir (2013); Hoff and 

Bashir (2015) is illustrated in Figure 6.5. 

Figure 6.5 

Suggested AD Trust Model and Components 

 

AVs need to interact not just with passengers but with pedestrians, fellow drivers, other 

road users; hence their acceptability depends on the people trust in the entire eco 

system in which AVs thrive. Lately, the theoretical underpinning of trust in automation 

and AVs within HMI emphasizes an interdisciplinary approach to study beyond usability 

and perceived ease of use to factors external to HMI impact towards social and other 

domains (Raats et al., 2020). Therefore, this study examined the critical human-machine 

interaction factors in the socio-technical realm and the crucial legal readiness 

determinants to form holistic trust in the entire system for the acceptability of driverless 

technology. These AD adoption factors would likely form the cornerstone of a hybrid 
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human-machine mental model and a new socio-technical framework bounded by 

psychological, technical and legal realities. 

Out of the large body reviewed literature, there is no research towards the 

calibration/appropriateness of trust vis-à-vis system performance and establishing a 

relationship between trust and legal readiness framework. A significant study on 

developing appropriate calibration is carried out by Lee and See (2004) (see Figure 3.7 

Chapter 3) and Parasuraman and Riley (1997). Lee and See (2004) described a 

relationship between calibration, resolution, and automation capability to define 

appropriate trust in automation. They stated that the appropriate reliance depends on 

how well trust matches the actual performance of automation. This phenomenon of 

user’s trust in automation and actual automation capabilities is denoted as ‘calibration’ 

(Muir, 1987). Poorly calibrated trust gives rise to ‘over trust’ and ‘misuse of automation’ 

as user overestimates the capabilities of the automation. ‘Under trust’ leads to the 

‘disuse of automation’ where the user underestimates the true automation capabilities. 

Therefore, poorly calibrated trust due to misuse and disuse of automation leads to 

catastrophic, life-threatening consequences. Lee and See (2004) suggested additional 

factors to explore the appropriate level of trust based on resolution and specificity. 

Lately, another study examined trust calibration based on perceptual accuracy, 

perceptual sensitivity and trust sensitivity (Merritt et al., 2015).  

Based on the findings, this research study suggests linking resolution and specificity with 

appropriate trust calibration by examining the behaviour of calibration in three 

categories. These are interpersonal trust sensitivity, institutional trust sensitivity and 

user’s perceptual accuracy. The institutional and interpersonal trust sensitivities relate 

to the user’s adjustment over time to the institutional and interpersonal antecedents 

observed in this study for reliability and attitude towards AVs adoption. The user’s 

perceptual accuracy denotes the extent of the user’s perception of their performance 

that matches the actual automation performance. The significance of this calibration is 

supported in Study – 2 (H2a) by the trust mediation of interpersonal and institutional 

trust via legal readiness and HFs determinants towards adoption. However, trust 

calibration warrants further investigations. Figure 6.6 below; (a) displays a good 

resolution of all three categories maps on similar ranges, ensuring a calibrated trust, (b) 

illustrates poor resolution and over trust where interpersonal and institutional trust 
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sensitivities exceed user’s perception of systems’ actual capabilities and performance 

leading to over trust and misuse of automation, and (c) highlights poor resolution and 

over trust where interpersonal and institutional trust sensitivities fall short of user’s 

perception of systems’ actual capabilities and performance leading to distrust and 

disuse of automation. Calibrating user’s trust appropriately assists in designing and 

efficient working of an intelligent AV system (Liu, 2010). The AD Acceptance Model 

would provide a theoretical scaffolding to earlier technology acceptance theories 

ensuring successful adoption of AVs. 

Figure 6.6 

Suggested AD Trust Calibration 

 

The proposed integrated model validates and integrates the various essentials of 

previous theories and models on the subject and extends these theories to yet another 

level. The study observes the co-evolution of regulations and technology through the 

lens of people's trust and confirms that interpersonal trust is promoted through 

institutional trust.  

This study carries great significance for the end-users with practical and managerial 

implications. Moreover, it is noteworthy that the study bears a strong impact as it is 

established on existing theories and models, ample data size, and the use of an advanced 

multivariate statistical approach with a recommended software package. In terms of 

insights into describing the model outputs, this study contributes to the body of 

knowledge by validating the trust-legal readiness construct as a second-order construct. 

The study has successfully developed an integrated Trust and Governance framework 

for the adoption of AVs. It provides better assimilation of the interplay of various trust 
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affecting determinants for making AVs as attractive as possible for the prospective 

users. 

6.5 Study – 3: Summary of Findings and Comparison  

The summary of the findings relates to the fulfilment of research aim, objective 3, 

Research Question 10, i.e., RQ 10. How to visualize a futuristic roadmap for AVs’ 

adoption and planning appropriate policy and guidance strategy for their successful 

deployment in NZ?  

System Dynamics (SD) modelling process was employed using Vensim PLE 1.8.2. The 

study identified the diffusion of AVs in NZ, capturing beta values of trust and governance 

framework factors from Study – 2 and other variables within the context of the literature 

quantitatively. This Study – 3 validates and practically manifests the theoretical output 

of the framework. It provides significant predictions and milestones for AVs market 

penetration, technology maturity, and people preferences. It has also observed the 

utility behaviour to dispose of old AV technologies in favour of the newest AVs 

technologies and switching to the car-sharing regime, fleet sizes and adoption rates in 

the society.  

The study is based on a quantitative model and two casual loop diagrams (Chapter 5) to 

observe this complexity. This research study thrives on feedback loops of (1) trust, (2) 

word of mouth, (3) limits on exogenous growth rate and (4) learning by doing and 

searching. These loops form a dynamic behaviour among model components that 

influences the diffusion of AVs through a functional pathway approach. Each level of 

automation from AV0 to AV5 has its technology maturity, adoption rate, market 

penetration and works on limits of success archetype.  

Study – 3 is pursued in the backdrop of Technology Specific Innovation System (TSIS) 

(Hekkert et al., 2007), the Innovation Diffusion Theory (Rogers, 2010), Trust theory (Lee 

& See, 2004) (see Table 3.3 Chapter 3), and the Abernathy and Utterback (1978) Model. 

Six important system components were identified using these theories and employed in 

this SD study. These include (1) trust from Study -2 (2) AVs technology maturity, (3) the 

perceived economic utility based on comfort, familiarity, price, trust, (4) AVs fleet size 

and adoption rate, and (5) Car Sharing. Newes et al. (2011) and Vimmerstedt et al. (2016) 
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identified technology maturity as the state of technology readiness. Rogers (2010) 

remarked that positive familiarity occurs if more users have continuous interaction of 

novel technology in a particular period. Moreover, if technology is less complex and 

easier to use, it is easier to learn and offers more comfort. The users select a product 

that provides maximum utility (Lancaster, 1971). However, since AVs have not diffused 

in society, Rogers (2010) proposed few methods. These include examining the adoption 

rate and utility of the similar past innovations, asking users’ opinion on the subject, and 

exploring the acceptability of the innovation in a pre-diffusion stage (Nieuwenhuijsen et 

al., 2018). 

Earlier research studies have already explored the notions of comfort, utility, technology 

maturity, and trust towards the adoption of self-driving technologies (Das et al., 2020; 

Hollström, 2019; Lajunen & Sullman, 2021; Menon, 2015; Nieuwenhuijsen et al., 2018; 

Wu et al., 2020). This study has previously highlighted trust influence layers (Figure 6.4 

above) to explore the AVs proliferation phenomenon based on the trust framework (see 

Figure 3.13 and Table 3.3 Chapter 3). The first two influence lines were examined in 

Study – 1 and 2 to formulate an integrated framework. The impact of the third influence 

line based on familiarity, comfort, technology maturity and economic utility was 

explored in this SD study to augment additional variables and identify the output of the 

proposed integrated trust framework in real-time.  

The dynamics of AVs adoption were studied to articulate how policy and technological 

developments assist in adoption rates and address the direction and speed of this 

innovation. The insights of this novel study provide AV deployment timelines and a Road 

Map for 100 years till 2121 (see Figure 6.7) for the policymakers and other stakeholders 

alike in NZ to restructure the overall AV governance regime in the country and prepare 

the AV infrastructure accordingly.  
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Figure 6.7 
AVs Deployment Timeline and Key Milestones Next 100 Years in NZ 
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The model simulates that the AVs' utility increases with the appropriate trust, legal 

readiness structure, and attractiveness. With the growth of the fleet size of a certain AV 

level, the probability of end users’ familiarity with this particular AV type increases and 

the people are more likely to adopt. Similarly, with the rise in awareness and maturity 

of AV technology, the AVs sales would grow and fleet size increase. The end-users will 

gain more trust in the performance and reliability of this specific level of AV technology, 

and it will speed up adoption.  

6.5.1 Findings Synthesis  

The model is applied in NZ enabling environment considering three scenarios. These 

include baseline, high automation, trust and governance, and low automation, trust and 

governance scenarios. The baseline scenario is mainly based on beta values of trust and 

governance framework adopted from Study – 2 and other parameters. The High 

Automation and High Trust and Governance scenarios displayed a greater trust of NZ 

people and a progressive AV regulating regime in NZ. The Low Automation and Low Trust 

and Governance scenarios are based on a generally lower trust of NZ people and a 

conservative AV regulating control.  

It is evident from the results that if NZ people have greater trust in AV technologies, with 

a progressive governance regime, then the proliferation of driverless technologies are 

likely to be at a greater speed accruing maximum benefits to society. In this scenario, 

people are most likely to adopt AV1 in 2025, AV2 in 2030, AV3 in 2035, AV4 in 2036 and 

AV5 will continue even after 2045. The NZ people will stop using non AV cars in 2041, 

AV1 in 2049, AV2 in 2060, AV3 in 2085, and AV4 cars in 2120 and will be using AV5 mainly 

after that (see Figure 6.7 above). The number of car-sharing people who do not own a 

car in NZ has increased over 100 years. The maturity of AV5 technology will influence 

the growth of car sharing in the population. The most valuable insights are achieved in 

the deployment and market penetration of AV3, AV4, and special attention to AV level 

5 technology.   

According to this study, the high trust and high governance scenario in NZ has predicted 

that the AV3 market achieves under 20% diffusion in the year 2045 – 2055 and then 

seizes to exist in 2085. This phenomenon will happen as people have already transferred 

to AV4 and AV5 and car-sharing business models. AV3 market penetration never reaches 
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above 20%. In the case of AV4, the market maturity achieved 43% around the year 2061, 

and the adoption rate seizes in the year 2120. AV0, AV1, and AV2 adoption rates seize 

in the year 2041, 2049 and 2060. The most useful AV5 technology achieves 90% market 

penetration in 2121, and the adoption rate continues after that in a high trust and 

governance scenario (see Table 5.39 Chapter 6). It is suggested that with the provision 

of external funds to AV4 vehicles, there will be an increase in the diffusion of this 

technology that reaches the maximum in the year 2030. A faster move towards car 

sharing growth results in the adoption of higher-level AV5 by AV4 users, and AV4 cars 

will travel more km/cars than without external funds.  

Similarly, in the augmented model, it can be concluded that people adopt cars based on 

affordability at the lower level of automation, i.e., AV0 to AV1. In contrast, in higher 

automaton levels, people initially adopt based on other preferences. This includes the 

adoption of AV2, due to trust and price, AV3 due to Legal readiness, AV4 due to price 

affordability and AV5 due to attractiveness. And later, with the passage of time and 

proliferation of technology ostensibly, people adopted a higher level of automation 

based on the overall utility behaviour of technology. Thus, people want to own AV3 and 

AV4 people based on price affordability and not attractiveness, and AV5 based on Legal 

readiness and Trust. Therefore the AV5 level can only be successful over time if there is 

trust in people supported with progressive governance and legal readiness structure. It 

can also be concluded that 40% technology maturity of AV3 is likely to happen in 2043, 

AV4 in 2030 (earlier than AV3), AV5 in 2116. Moreover, 95 – 100% maturity is expected 

for AV3 in 2110, AV4 in 2080 and AV5 kept growing. AV3 is likely to achieve a maximum 

adoption rate in 2050, AV4 in 2048, whereas AV5 remains steady after 2121.  

In any innovation process, the knowledge is gathered via the R&D process during the 

initial innovation cycle of the technology through research organisations and 

universities to develop the technology (Kamp, 2002). During this cycle, purchase prices 

remain high (Abernathy & Utterback, 1978). However, by gaining more knowledge using 

R&D over time, price reduction occurs through learning by searching effects. Perceived 

gains of the technology drive amount of R&D expenditure and the market size. The 

technology maturity range (1- 100%)  indicates the state of readiness for technology 

(Newes et al., 2011; Vimmerstedt et al., 2016). As highlighted earlier, when the fleet size 

of a particular level of automation increases, it results in additional experience and 
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lowering the purchase price. With the reduction in price, the utility increases and fleet 

size is increased. The fleet size of any AV level grows through sales. Sales depend upon 

the utility and the maturity of a specific level of automation, illustrating a flow of AVs 

from lower to a higher level. As technology gets more mature, it gives trust and 

confidence to the user, which positively affects sales.  

The literature informs that the technology maturity takes an S-shaped curve and is a 

trade-off between reliability and performance (Mahajan & Peterson, 1985; Sterman, 

2000). S-shaped curve depicts the increase in marginal costs with maturity in 

technology. Several studies were studied to investigate the phenomenon and the 

implementation path for AVs in NZ (Bierstedt et al., 2014; Kyriakidis et al., 2015; Litman, 

2020, 2021; Milakis et al., 2017a; Milakis et al., 2017b; Nieuwenhuijsen et al., 2018; 

Shladover, 2015; Underwood, 2014). A number of earlier studies has already carried out 

an analysis on the effect of congestion on travel behaviour, more tripping, last-

mile/first-mile impact, and decrease in the number of accidents due to the use of AVs 

(Correia & van Arem, 2016; Gruel & Stanford, 2016; Hoogendoorn et al., 2014; Milakis 

et al., 2017b; Scheltes & de Almeida Correia, 2017; Stasinopoulos et al., 2021; Yap et al., 

2016). Some other studies examined through historical analogies, focussed panel 

discussions, and scenario development techniques to estimate and predict the market 

penetration of AVs (Bierstedt et al., 2014; Kek et al., 2009; Milakis et al., 2017a; 

Nieuwenhuijsen et al., 2018; Shladover, 2015; Sterman, 2010; Zhang et al., 2020). 

However, none of the studies quantitatively explored the true complexity of various 

holistic interacting human and other factors on AV market penetration.  

Nieuwenhuijsen et al. (2018) presented a technology evolution model of AV, showing 

progression in phases of adoption between stages/levels of AV technology considering 

variables of fleet size/sales, safety, attractiveness and convenience to use. There is an 

element of knowledge sharing assumed in the R&D process. The Nieuwenhuijsen et al. 

(2018) model was built on the understanding that an enabling policy and infrastructure 

environment is necessary for AV adoption and focuses on the cost economics of phasing 

in new technologies. Gruel and Stanford (2016) and Stanford (2015) theorized a wide 

range of factors for adopting AVs, emphasizing the ability of new technology to change 

human behaviour. The overarching system is modelled to comprise three components: 

transport system, stakeholder systems, user systems, and their interactions. C. Liu et al. 
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(2019) modelled trust and situation awareness as a function of word of mouth and 

advertising. Insurance premiums and risk of a crash is modelled as a factor driving 

adoption. Safety (AI safer than human) is modelled as a factor driving adoption. Zhang 

and Qin (2014) explored electric vehicles and conventional vehicles and looked at the 

adoption considering the growing trend of vehicle ownership and use. Its decision 

structure was based on economic considerations. 

These earlier studies primarily focus on the effects on the traffic and not significantly on 

other impacts regarding ownership. Table 6.1 displays a bird's eye view of the market 

penetration estimates found in earlier studies until now. Generally, there is no 

consistency on market penetration rates of AV3 to AV5, nor do these levels (AV3 to AV5) 

seems close to reality in 2021. Moreover, these estimates were based on people's 

expectations from the overall transportation system and not from the underpinnings of 

future car fleets levels independently.  

Therefore, in this study, an effort has been made to include the people's expectations 

and the estimation of the future car fleet behaviour independently on the adoption and 

penetrations of AVs. The end-users gain more trust in the performance and reliability of 

this specific level of AV technology, and it will speed up adoption due to an increase in 

observability (Rogers, 2010). 

Table 6.1 

AVs Market Penetrations Estimations Found in the Literature 

Market Penetrations of AVs Range References 

Market Penetration AV1 0-10% in 2000 Kyriakidis et al. (2015); 
Shladover (2015) 10 – 20% in 2015 

3 – 21% in 2025 Nieuwenhuijsen et al. (2018) 

Market Penetration AV2 0-15% in 2015 Kyriakidis et al. (2015) 

10 – 51% in 2025, 0 – 34%in 
2050, 0-8% in 2075, 0 – 2% in 
2100 

Nieuwenhuijsen et al. (2018) 

Market Penetration AV3 Intro in 2017 - 2020 Underwood (2014) 

70% in 2020 

14 – 49% in 2025, 1 – 62% in 
2050, 0 – 75% in 2075, 0 – 
64% in 2100 

Nieuwenhuijsen et al. (2018) 

Market Penetration AV4 Introduction in 2018 - 2021 Shladover (2015); Underwood 
(2014) Highways and Urban Streets 

Before 2030 
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Market Penetrations of AVs Range References 

0 – 23% in 2025, 2 – 29% in 
2050, 4 – 22% in 2075, 1 – 
17% in 2100 

Nieuwenhuijsen et al. (2018) 

Market Penetration AV5 Introduction between 2025 - 
2045 

Bierstedt et al. (2014); Litman 
(2020, 2021); Milakis et al. 
(2017a); Underwood (2014) 25% in 2035 

50% in 2035 - 2050 

75% in 2045 - 2060 

90% in 2055 

0 – 35% in 2025, 2 – 86% in 
2050, 8– 96% in 2075, 17 – 
99% in 2100 

Nieuwenhuijsen et al. (2018) 

Note: The table is adopted and then updated (Nieuwenhuijsen et al., 2018). 

In this study, the AVs deployment eco-system in NZ remains considerably uncertain, 

where market penetration varies with the scenarios adopted and policies pursued by 

the authorities. With a ‘High Automation and High Trust and Governance Scenario,’ 

there is likely to be a proliferation of AV technologies, especially at a higher level of 

automation. With the suitable policy instruments adopted for knowledge accumulation, 

creating awareness, and provision of funds and subsidies, an early realization of the 

benefits can be harnessed. Adjusting the lifetime of any vehicle seems much more 

plausible than using policy instruments for adjusting price  (Nieuwenhuijsen et al., 2018). 

It will be challenging for the authorities to change the adoption rate, depending on the 

technology maturity influencing situation awareness and anthropomorphism attributes 

controlled by OEMs. 

The novel model developed in this study can be used for objective learning about the 

influencing factors for the diffusion of AVs and more assimilation of the interaction of 

multifaceted strategies and their perceived effects on the deployment of AVs. This 

innovative research observed the integration of the key latent human factors with 

technological development determinants to getting insights into shaping the future eco-

system for the diffusion of autonomous technologies 

6.6 Study – 4:  Summary of Findings and Comparison 

The summary of the findings relates to the fulfilment of research aim, objective 3, 

Research Question 11, i.e., RQ 11. Develop an integrated trust and governance 

framework and examine its feasibility and validation for AVs deployment in NZ. 
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Study – 4 presents the findings from thematic analysis of semi-structured interviews of 

13 experts around the globe from NZ, UK, Germany, Sweden and Australia. These 

experts comprise AV industry professionals, manufacturers, CEOs, academicians, 

policymakers, and human factor experts. The summary of the findings relates to the 

fulfilment of aim and objectives 1, 2 and 3 to validate results and interpretations of the 

Study – 1, 2 and 3.  

6.6.1 Objective 1. 

Objective 1 was to examine the critical perspectives of AVs implementation. The primary 

focus was on critical barriers and co-evolution of regulations and technology in their 

deployment in NZ and globally, addressing RQ 3 and 4. These were explored and verified 

using Themes 1 and 2 of this study (see 5.5.2 and 5.5.3 Chapter 5). 

6.6.1.1 Critical Barriers and Decisions for AVs Implementation  

Study – 4 identified and verified significant challenges towards AVs’ deployment. These 

include people's trust (85%), pragmatic governance structure (77%), improvement in 

technology (75%), the requirements of realistic user and simulation studies (74%), the 

study of human and market penetration of AVs (72%). Few experts believed in technical 

challenges including HMI, data privacy (56%), security and safety of people (98%), 

situation awareness (71%), anthropomorphism (56%), IT and physical infrastructure 

(68%), and over projection of media (35%). Study – 4 also highlighted the significance of 

co-evolution of regulation and technology for the proliferation of driverless 

technologies.  

Numerous studies have investigated these barriers earlier (Becker & Axhausen, 2017; 

Bezai et al., 2021; Chen et al., 2020; D. J. Fagnant & K. Kockelman, 2015; Johansson, 

2019; Nastjuk et al., 2020; Schoettle & Sivak, 2014b; Yuen, Wong, et al., 2020) and 

grouped in various domains (Table 6 Chapter 2). It has been argued that these 

enablers/barriers mainly stem from end-users psycho-social behaviours and how AVs' 

adoption will be influenced by public opinion (Yuen, Wong, et al., 2020) and government 

actions (Bezai et al., 2021). Chen et al. (2020) recently measured public acceptance of 

driverless busses in China and found that people are more concerned about safety 

performance, riding time, cost, and personal safety. Bezai et al. (2021) explored and 

distributed into the categories of (1) User/Government perspectives that include (i) 
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Users’ acceptance and behaviour, (ii) Safety, and (iii) Legislation, (2) Information and 

Communication Technologies (ICT) which include (i) Computer software and hardware, 

(ii) Communication systems V2X, and (iii) accurate positioning and mapping. Na Liu Liu 

et al. (2020) examined the challenges in the privacy and cyber security domains. 

Taeihagh et al. (2021) discussed regulatory challenges. Schoettle and Sivak (2014a) 

found that almost 88% of participants are somewhat worried about riding in AV due to 

safety consequences of equipment or system failure (96.2%), legal liability of drivers 

(92.8%), and confusion due to unexpected situations (94.7%). Kyriakidis et al. (2015) 

observed that participants are concerned regarding software hacking and misuse, legal 

responsibility, safety, and data privacy. 

This research identified these critical barriers after carrying out a comprehensive 

literature review. The study explored user acceptance challenges in the backdrop of 

three behavioural theories, namely; (1) Innovation diffusion theory, (2) Perceived value 

theory, and (3) Trust theory (Castelfranchi & Falcone, 2010; Kotler & Armstrong, 2010; 

Rogers, 2010). It was found that people's mindsets and attitudes serve as the key to 

adopting new technology and affect the realization of perceived benefits (Liljamo et al., 

2018; Yuen, Wong, et al., 2020).  The study explored these barriers distinctly into (1) 

safety, (2) user acceptance, (3) governance/legal readiness, and infrastructure 

categories in a comprehensive literature review in Chapter 2 (2.6.2 and Figure 2.13 and 

Table 2.3). After exploring global barriers, the study investigated the public perceptions 

vis-à-vis critical AVs barriers in NZ. It was found that NZ public considers the significant 

challenges include (1) trust, (2) safety, (3) lack of control, (4) higher cost (Starkey & 

Charlton, 2020), (5) legal readiness structure (KPMG, 2018), civil liability, cyber security 

(Jain, 2020), and privacy (Hing, 2019). It was observed that primarily AVs 

implementation challenges are driven by trust theory. It is also noteworthy that similar 

trajectories were found regarding barriers and trust influencing AD factors in AV user 

study. These barriers were again re-examined and grouped into most critical 

determinants in the light of AV user trials for AD in NZ and public survey study (see Figure 

5.5 Chapter 5).  

In the NZ context, the experts identified few additional challenges in the proliferation of 

AVs. These comprised issues concerning laws amendments in criminal and civil liability, 

road safety, property damages, and regulations dealing with human-driven cars and cars 
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without humans. The experts recommended that the infrastructure readiness and 

preparation of road code is essential. These observations were also found in Study – 1 

and Study – 2.  

The finalized barriers within the NZ context due to user study trials, interviews and 

brainstorming workshops comprised situation awareness, anthropomorphism, training, 

safety, security/cyber security and data privacy. These had already been further 

analysed and positively correlated in Study – 2 using SEM. Some challenges regarding 

cost, attractiveness, technology and infrastructure development pointed in Study – 4 

was also explored in Study – 3 and milestones were provided on the timeline.  These 

finalized critical trust influencing barriers in AD are illustrated in Figure 6.8 below. 

Figure 6.8 

Critical AD Trust Influencing Barriers 

 

 6.6.1.2 Law Changes and Co-Evolution of Regulation and Technology  

The experts’ interviews supported Study – 1. They remarked that the NZ small market 

and low manufacturing base is not well prepared in the regulatory domain for the 

complete diffusion of AVs. However, it was highlighted that to remain competitive, NZ 

must take significant steps towards successfully deploying AV3 to AV5 to realize the 

benefits. The participants stressed the need for the co-evolution of regulations and 
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technology. They opined that it could be done by pursuing a pragmatic governance 

structure incorporating safety, security/cyber security and, data privacy protection 

measures. The experts were not exactly sure about higher automation level deployment 

on roads shortly. Still, they all agreed that there is a need to improve the legal readiness 

structure, AV user interfaces for better sensing and fallback routine procedures, drafting 

a performance measure criterion for AVs, and defining ODDs for different AVs. 

NZ is a signatory of the 1949 Convention of Road Traffic Art. 8(1), “every vehicle… shall 

have a driver” (UN, 1949), which is in contrast to the NZ legislation regime that does not 

require a driver (Gingrich & Moe, 2019; MOT, 2021). This doesn’t have any legal effect 

in NZ; however, there is a likely risk that the courts may like to interpret domestic 

legislation to be consistent with international law (Cameron, 2018). The law changes are 

needed to update the building code and clarify liability in offences involving AVs, 

including speeding and illegal parking (Cameron, 2018). NZ need to adopt US Federal 

Government Policy to encourage manufacturers to produce safety assessments of their 

AVs under NZ conditions. Besides specific amendment is required in Land Transport Act 

to create a new liability regime  (Cameron, 2018). In present shape, the NZ Accident 

compensation scheme (ACC) is a no-fault scheme, where an injured person may claim 

compensation paid out of petrol taxes and motor vehicle licence fees but cannot bring 

a civil action. This means they will be having no recourse against AV manufacturers 

(Cameron, 2018; Hing, 2019). Manufacturers do not contribute to motor vehicle funds 

under ACC since they do not suffer financial impacts due to personal injuries associated 

with their products (NZ, 2020b). 

Few experts from NZ pointed towards formulating a real-time digital warrant of fitness 

for AVs, changes in building code, addressing understaffing in the Ministry of Transport 

and, focusing on smart driverless public transport in the shape of small shuttles/trams, 

pods and supernodes. The participants were of the view that NZ is not doing enough. 

They pointed out that the NZ authorities had laid back on policies relating to AVs in 

recent years. The legal expert said that there is no driver requirement in the car in NZ, 

and the law is currently adequate to deal with the situation of cars that require human 

supervision. However, he remarked that it is not sufficient, and there is a risk that the 

NZ court would object to this rule. The majority of the participants agreed that there 
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should be only two laws in the regulations domain, one for AVs requiring human input 

and the other dealing with AVs with no human involvement. 

6.6.2 Objective 2. 

Objective 2 is mainly related to identifying and analysing the role of crucial AD factors 

affecting trust in AVs. Objective 2 was examined and validated in theme 2 (see 5.5.3 

Chapter 5) of the experts’ interview. Few participants argued several different factors 

for the successful implementation of AVs. However, they unanimously believed that 

users’ acceptance and trust is the lynchpin among other HMI factors. 

6.6.2.1 Trust Affecting Factors for Autonomous Driving (AD) in NZ.  

The participants laid stress on various trust affecting AD factors. These include safety, 

situation awareness, training of users, security/cyber security, privacy and the need for 

having a regulatory framework comprising these factors. Some participants also 

highlighted customization, adaptive automation, transparency, liability, ownership, and 

cost to achieve users’ trust in AVs. They stressed the need for real-time user studies and 

public demonstration of key AVs technologies. These views expressed in Study – 4 

validated the trust affecting factors within the context of literature as observed in Study 

– 1 and Study – 2. Study 1 also assisted in the categorization of these trust affecting 

determinants in two domains, i.e., internal HMI domain and external legal readiness 

domain having interconnected linkages through trust.  

Trust in automation is a significant mediator (though not the only one) of using 

automation (Wintersberger, 2020). The interaction between humans and automation is 

mediated by trust (Ghazizadeh et al., 2012), and it has a positive influence on a user’s 

intention to adopt new technology (Kaur & Rampersad, 2018). Trust in automation 

affect acceptance, utilization, reliance (Lee & Moray, 1992; Lee & See, 2004; 

Parasuraman & Riley, 1997). A direct association was also found between compatibility, 

trust and intention to use (Rahman et al., 2018). It was identified that the trust in AV 

regulations partially mediated the privacy/security risks (Waung et al., 2021). Trust 

mediates the relationship between factors that influence technology acceptance and 

behavioural intention (BI) (Chan & Lee, 2021). In few other studies, though not in the 

driverless technologies domain, mediating effects of trust was found in information 

sharing, integration, data vulnerability and negative word of mouth (WOM) (Cai et al., 
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2010; Martin et al., 2017). Trust positively relates to perceived safety (Xu et al., 2018), 

privacy and security ((Kaur & Rampersad, 2018) 

The participants highlighted the role of trust as a mediator towards variables affecting 

user’s intention and reliance on AVs. They opined that trust positively relates to safety, 

privacy, security, and data sharing.  

6.6.3 Objective 3. 

Objective 3 was to develop and assess an integrated trust and governance framework 

for the successful adoption of AVs in NZ, addressing RQ 9, 10 and 11. The findings were 

analysed and validated using Themes 4 and 5 of Study - 4 (see 5.5.5 and 5.5.6 Chapter 

5). The results were in line with the conclusions of Study – 1 and 2. 

6.6.3.1 Trust and Governance Framework.  

All the participants unanimously supported and validated this study's proposed trust 

and governance framework, though some of them also highlighted few additional 

parameters. Most experts' views were related to constituting a framework that 

increases trust and acceptance of people and looks after their safety to minimize 

injuries, crashes, and congestion. Findings relate to various KPIs for utilization of 

framework. These include (1) safety, (2) security and cyber security, (3) data privacy, (4) 

situation awareness, (5) education and training of users, (6) reliability, (7) transparency, 

(8) user-friendliness, (9) and cost.  

NZ transport technology company HMI technologies manufactured and ran AV shuttle 

trials in Christchurch, Melbourne, and Sydney and tested the first 5G network-

connected vehicle test in Auckland (Harry, 2019; HMI, 2018). NZ environment has two 

likely AVs deployment pathways in the foreseeable future. The first is to create fleets of 

AVs in contained urban spaces. Second, gradually increasing the number of vehicles with 

autonomous features on NZ roads (MOT, 2021). Private AV can offer flexibility in use, 

whereas commercial AV could be operated as bus, shuttle, tram, taxi and freight services 

or as a shared AV (SAV - a combination of traditional car-sharing and taxi services) due 

to the advantage of multitasking and relatively inexpensive (Fagnant & Kockelman, 

2014; Krueger et al., 2016; Milakis et al., 2017).  
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The future urban landscape is likely to witness the advance of emerging transportation 

technologies like ‘SkyTran’ for private compact carriages (people pods) and platoons of 

private autonomous cars with very few people (Wiseman, 2017, 2020a). Fitt, Frame, et 

al. (2018) highlighted a plausible future scenario for NZ where AVs co-exist with driver-

controlled vehicles and private car ownership in a multifaceted economic model. 

It has been identified that the societal benefits can be realized through the ‘use of 

trackless autonomous trams’ as public transport is likely to dominate driverless vehicle 

technology. Trackless Trams / Autonomous rail transit (ART) projects are being launched 

in Australia, Germany, Qatar, China, and Singapore (Chamberlain, 2020; Newman et al., 

2019). In another Public Transport 2045 study, the NZ Ministry of Transport identified 

that the likely transport scenario in future would be based on personalized pods and 

connected corridors (Enoch et al., 2020; MOT, 2015). 

Participants also pointed out that in NZ enabling environment, the first step towards AVs 

development can be the production of driverless trams due to the emergence and 

manufacturing of AV4 shuttles by HMI technologies. The experts agreed that a road map 

could be designed where creating additional lanes as per ODDs, AVs can co-exist with 

driver-controlled vehicles. They believed that AVs' deployment path could be visualized 

by pursuing private car ownership and collaborative driverless car-sharing mechanism 

complementing each other in a multifaceted economic model. This can be later 

transformed into driverless pods and supernodes controlled by transport hubs as 

transport systems evolve. Participants stressed the need for continuous testing 

throughout AVs' life spans. Few suggested improvements in transport infrastructure, 

including control centres, hubs, roads redesign, sensors' use, and compliance task force 

creation (Lyon et al., 2017; P. Lytrivis et al., 2018). 

Theme 4 regarding future directions and timelines (see 5.5.5 Chapter 5) also validated 

the interpretations of Study - 1 and Study – 3 for exploring the future implementation 

direction and diffusion timelines of AVs. The experts had varying views and were unsure 

about higher automation level deployment on roads shortly. However, their general 

statements regarding the deployment of AV3 to AV5 were found in line with Study – 3.  

The experts’ interviews had a close resemblance to the AVs timelines in Figure 6.7 

above, and Road map Figure 7.3 Chapter 7 but overall fall short of the milestones due 
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to uncertainty of maturity and penetration of autonomous technologies in the future, 

mainly level 3 to level 5.  

Earlier studies identified numerous trust-based frameworks. Wintersberger (2020) 

investigated distrust, over trust and multi-tasking theoretical considerations. He 

highlighted the significance of multimodal and attentive user interfaces to deal with 

these issues. Häuslschmid et al. (2017b) compared various visualisation overlaid on a 

driving scene of a chauffeur avatar, a world in miniature and car indicators. They 

observed that these result in an increase in trust. Basu and Singhal (2016) suggested a 

framework based on user trust and agent trust to harness multimodal sensor data from 

the vehicle and user’s wearable or handheld device. The study observed the data access 

from the cloud and used features like gaze, facial expression. Ekman et al. (2018) 

identified a trust-based framework based on usage phases, automated driving (AD) 

events, factors and levels. Chien et al. (2018) explored a validated cross-cultural trust 

measure in the US, Taiwan and China for measuring trust in automation. They 

considered Honour, Face and Dignity cultures based on Leung and Cohen’s theory of 

Cultural Syndromes and Hofstede’s Cultural Dimensions. Cho and Hansman (2018) 

defined a framework showing complete architecture involving driver, automation 

systems and the environment.  

However, none of the studies explored trust-based governance and HFs' role in the 

proliferation of driverless technologies. There has been very little research in the 

literature regarding the role and relevance of AVs regulation in a smart urban transport 

system (Ljungholm, 2020). NZ Government has a vital role in maximising social welfare 

goals of cybersecurity regulating safety, security and privacy already highlighted above 

in this study. Hence public trust from an institutional trust point of view having 

interaction with interpersonal trust employing a pragmatic governance regime is 

mandatory for a successful transition to driverless technology. Therefore the same is 

explored in Study – 1, 2 and 3 and then validated in Study – 4. These governance goals 

need to be translated into technical standards in collaboration with relevant industry 

stakeholders and international bodies. In the context of AVs, the security and privacy 

aspects need to be embedded into the holistic safety domain in the impending transport 

regulation paradigm (Anderson et al., 2018).  
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Study – 4 validated the earlier studies (see Figure 6.9) and suggested integrated trust 

and governance framework for deployment of AVs in NZ. These will be discussed in 

recommendations sections of this study. 

Figure 6.9 

Overview of Main Constructs and Concepts Validation Process 

 

6.9 Chapter Summary.  

This Chapter has provided a detailed discussion utilizing research findings within the 

literature and research objectives. The research case is revisited, and the synthesized 

results of the four studies are presented. The outcomes were compared with the earlier 

research followed by the explanations. The uniqueness of the study supported with 

pragmatic interpretation was highlighted. The next Chapter 7, concludes the research 

study.  
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Chapter 7  – Conclusions and Recommendations 

7.1 Introduction 

The Chapter concludes the research and delineates its distinct contribution to the 

immediate discipline and wide body of knowledge covering a broad range of disciplines. 

It provides final comments on the significance, innovativeness and contributions of four 

studies. The Chapter presents significant implications for private and public sectors in 

NZ besides articulating concrete measures for restructuring the policy and pragmatic 

decision making in the country for successful deployment of AVs. Late, the Chapter 

unfolds a detailed step by step implementation checklist and recommendations for NZ 

driverless technology managers to realize societal benefits. In the end, it highlights the 

research limitations and future research directions, followed by a concluding statement. 

Figure 6.1 illustrates the layout of this Chapter. 

Figure 7.1 

The Conclusion Chapter Layout and Content 

 

7.2 Research Conclusions, Contribution and Implications to Theory & 
Practice 

This innovative research study carries significant theoretical and practical contributions 

in the immediate discipline of users’ trust, interaction with AVs, and HMI factors for their 

successful adoption in NZ. Moreover, this unique study holds far-reaching implications 

for a wide body of knowledge within the folds of driverless technology in a smart city 

context. The significant contributions include; (1) AD Trust Acceptance Model for 

Driverless Technology (DT)(see Figure 7.4 below), (2) constructs and measures 

employed in this study (see Table 4.1 Chapter 4), (3) selection and application of 
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research methodology in NZ enabling environment (see 4.2.1 Chapter 4), (4) significant 

research implication and knowledge contribution for the rest of the world in driverless 

technology domain, (5) HMI-AD Event Relationship Identification framework (see 5.2.3 

Chapter 5), (6) Integrated trust and governance model for NZ (see 5.3.5.2 Chapter 5), 

and (7) a unique quantitative SD Model for insights into the diffusion timelines and 

roadmap for AVs in NZ (see Figure 5.15 and Figure 5.33 Chapter 5, Figure 6.7Chapter 6, 

and Figure 7.3 below). Some other valuable contributions include; (8) recent updates, 

development and futuristic directions for AVs deployment from senior experts around 

the world (Study – 4), (9) Provision of a comprehensive checklist for managers (see 7.2.8 

below).  

Since AVs are in the early product life cycle, these insights would provide 

implementation pathways towards effective decision making in NZ and elsewhere. The 

underlying conceptual framework proposed by the study is in line with the recent NZ 

Ministry of Transport AVs Work Programme and Regulation 2025 Project, NZTA policy 

on testing AVs in NZ (MOT, 2021; NZTA, 2021) and International approaches to regulate 

driverless technology. 

7.2.1 Significance and Implication of Research Approach.  

The author endeavoured to approach this social and design phenomenon from a 

pragmatic paradigm employing mixed research methodologies in a design science 

research settings to access the ‘truth.’ This approach is warranted to justify, interpret 

and validate the design variables and the artefact concurrently in different stages of the 

research process. Therefore, four studies were conducted mainly in two phases in a 

Multi-Phase Design setting (McBride et al., 2019). Multiphase Design aimed to address 

the incremental research questions and provide an overarching methodological trust 

and governance framework for AVs adoption in NZ.   

The first phase comprising Concurrent Embedded Design Correlational Model employed 

study – 1 (AV user study) and 2 (SEM) to seek solutions regarding two different research 

questions, i.e., RQ 8 and 9 in objectives 2 and 3 concurrently (Creswell & Clark, 2017; 

Fonner et al., 2021). The qualitative data of the AV user study was embedded in study – 

2 (SEM) to shape and develop the intervention and use correlations to identify 

relationships between trust affecting variables. It assisted in explaining the predictive 
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relationships and the trust and governance phenomenon in the implementation of AVs 

in NZ. The interpretations were drawn from the convergence of findings and analysis 

from qualitative and quantitative data.  

In Phase 2, Convergent Parallel Design Model comprising study – 3 and 4 was pursued 

(Castro et al., 2010). It incorporated simultaneously prioritizing qualitative and 

quantitative phases (Harrison, 2013; McBride et al., 2019). The integrated results were 

triangulated during interpretation (Tashakkori & Creswell, 2007). The interpretations 

provided a complete understanding of the realized benefits, challenges, co-evolution of 

regulation and technology, diffusion timelines and likely proliferation road map for AVs 

in NZ. In this design phase, study – 3 incorporated quantitative System Dynamics (SD) 

modelling technique, and study – 4 used semi-structured interviews to capture follow-

up data from study – 1 and study – 2. The data and results from study – 3 and study – 4 

are collected simultaneously and merged in the research implications assisting in 

inclusive research analysis. 

This research approach and methodology are employed in NZ and elsewhere for the first 

time to study the phenomenon and critical interactions of trust, governance, and HMI 

for the deployment of AVs. The Activity theory helped to know these dynamic 

interactions between driver, AV and trust (Cao et al., 2013; Kaptelinin & Nardi, 2007; 

Nardi, 1996). An effort is made to observe the critical trust corroborating determinants 

for AD in NZ and their real-time impact in the future. Hence, HMI Event Relationship 

Identification Framework and holistic Trust and Governance Framework were 

developed to assist in a greater understanding of all stakeholders in NZ and elsewhere. 

7.2.2 Innovativeness of the Research Study.  

This is the pioneering study in NZ and elsewhere to observe various dimensions of trust 

in AVs, combining interpersonal and institutional trust. The innovative user study 

gauged the human factors using BMW AV in real-time in live traffic conditions. The study 

identified the mediating effect of trust in governance and human factors towards the 

adoption of AVs and captured fundamental trust corroborating factors both in HMI and 

legal readiness domain for AVs in NZ. The study observed and simulated the co-evolution 

of regulation and technology to fetch futuristic insights for shaping pragmatic policy for 

the successful diffusion of AVs in NZ. 
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Moreover, it examines the HMI design processes to provide guidelines for AV developers 

and designers to observe and incorporate users’ trust while designing various AV users’ 

interfaces and technologies. The study questioned the technology acceptance models 

and their applications in the driverless domain. It filled the gap of Hoff and Lee’s Models 

incorporating new variables. The study endeavoured to provide preliminary insights in 

early test environments of AVs while articulating appropriate governance readiness 

measures and technology advancement through knowledge transfer, subsidies, tax 

reduction and R & D processes. 

7.2.3 Conclusion and Contribution of Study – 1.  

Study – 1, based on a comprehensive literature review, provided a detailed account of 

various perspectives of driverless technologies in the backdrop of AVs. These include the 

evolution of AVs and their significance during the recent pandemic COVID – 19 crisis. 

The study articulated updated research on crucial HMI factors, followed by thorough 

deliberations on AVs benefits and barriers and the role of users’ trust technology 

acceptance theories and models. Moreover, it discussed people's perceptions of AV 

technologies worldwide in general and NZ in particular. It has also identified the role of 

AV user interfaces and appropriate legislation and infrastructure.  

User Study uniquely identifies and confirms key determinants affecting user acceptance 

and trust employing BMW AV, giving insights to early test case environments. The 

naturalistic and longitudinal user study observed driver behaviour and formulation of 

calibrated dynamic trust in live traffic conditions. At a practical level, the study identified 

holistic trust influencing factors based on exogenous and endogenous determinants. 

These include training, situational awareness, and anthropomorphism as internal HFs 

AD determinants. And safety, security/cyber security, and privacy relating to the 

external environment based on legal readiness/governance.  

At a theoretical level, the study extended the TAM to include new variables that 

characterize driverless technology's operation design domain in a complex setting. The 

study had tried to bridge Hoff and Lee’s models as these models do not address the 

driverless or semi driverless system in Automation in the backdrop of ADAS, especially 

from the point of view of trust affecting factors. The study attempted to fill the 

knowledge gap by utilizing a practical approach in creating an appropriate AD trust for 
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AV systems within an HMI design process. The study provided an HMI Event Relationship 

identification framework for AV designers based on the interaction of the nine trust-

affecting factors, eight mental model, training, feedback, anthropomorphism, safety, 

privacy, security, customization and adaptive Automation. The eight HMI AD events 

comprised information before driving, entering vehicle, Activation, Manual Mode 1, 

Auto Mode, Manual Mode 2, Exit Vehicle and Continuous Usage. The three phases relate 

to pre-use, use and performance. Later, mapping AD trust influencing factors on the 

‘Kano Model’ and input from brainstorming ideations sessions (see 5.2.3 Chapter 5), 

holistic trust and governance needs were finalized into two categories. Due to their 

linkages and user effects, customization and adaptive automation were grouped into 

anthropomorphism and feedback into situation awareness.  

Figure 7.2 

HMI Event Identification Relationship Framework and AD Trust Graph 

  

Note: Appropriate Level of AD Trust (Grey portion) based on user’s calibration of Interpersonal and 

institutional trust with the actual automation use is required to avoid safety risks during AD. 

The finalized determinants related to HFs HMI user needs on situation awareness, 

training, anthropomorphism. The legal readiness needs were based on safety, 

security/cyber security and privacy challenges. To illustrate the phenomenon of over 
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and under trust vis-à-vis misuse and disuse of automation during the initial and dynamic 

learned trust phase was integrated into the framework (see Figure 7.2 above).The study 

has provided an understanding of various trust affecting factors in designing HMI 

solutions rather than individual factors to ensure appropriate trust in the system. It 

means that trust is a dynamic process. Secondly, AV manufacturers need to portray the 

autonomous technologies to the general public via media campaigns and improve user’s 

mental model through training before actual interaction with AV. This process needs to 

continue throughout automation use, ensuring an appropriate level of trust for the 

adoption of AVs in the backdrop of various phases and events highlighted in the HMI 

Event Relationship Identification framework. More attention needs to be paid to the use 

phase. Thus, this user study is unique in identifying key determinants affecting the 

adoption of AVs in NZ, bridging the socio-technical gap in AVs and other stakeholders 

and paving the way towards further research. 

7.2.4 Conclusion and Contribution of Study – 2.  

Study – 2 based on SEM and CFA techniques proposed integrated Trust and Governance 

Framework. This is the first-ever study that validated and integrated the various 

essential contours of previous theories and models on the subject and extends these 

theories to yet another level. It observed the co-evolution of regulations and technology 

through the lens of trust of the people and concluded that interpersonal trust is 

promoted through institutional trust perspective as well. This quantitative study based 

its findings on a realistic user study in active traffic conditions instead literature review 

only. This innovative study explored individual key dimensions of trust affecting 

interpersonal and institutional trust. It provided evidence that institutional trust 

promotes interpersonal trust (as seen by the mediation results) towards the successful 

implementation of AVs. The study also confirmed the importance and application of the 

SEM and CFA techniques in studying various determinants in driverless technology. 

Moreover, it is noteworthy that the study is established on existing theories, 

comprehensive data, advanced multivariate statistical approach with a recommended 

software package, and confirms the empirical results within the context of literature. 

For describing the model outputs, this study contributed to the body of knowledge by 

validating the trust-legal readiness constructs as a second-order. The legal readiness 

construct contains three second-order constructs (safety, security/cyber security and 
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privacy) and study had total 46 indicator items (see Figure 6.3 Chapter 6). The suggested 

conceptual model provides a holistic picture and better assimilation of the interplay of 

various trust affecting determinants for making AVs as attractive as possible for the 

prospective users. It ensures their acceptability for sustainable implementation in a 

Smart City context. By interpreting and validating the concepts and findings of Study – 

1, this study highlighted the multifaceted and multidimensional interaction of various 

trust influencing factors for the successful adoption of AVs in NZ.  

7.2.5 Conclusion and Contribution of Study – 3.  

This study provides AV deployment timelines and a Road Map for the next 100 years till 

2021 for the policymakers and other stakeholders alike in NZ to restructure the overall 

AV governance and infrastructure edifice in the country. Study – 3 validated the Trust 

and Governance framework further (after Study – 2). It has quantitatively measured the 

real-time theoretical output of the framework to identify milestones for the diffusion of 

AVs in NZ. It has provided significant insights into (1) AVs market penetration, (2) 

technology maturity, (3) people preferences and (4) utility behaviour to dispose of old 

AV technologies in favour of newest AVs technologies, (5) switch to car sharing regime, 

and (6) likely behaviour of the fleet sizes and (7) adoption rates in the society.  

The main contribution is developing a detailed SD Model for NZ enabling environment. 

Several scenarios and simulations can be generated to observe the futuristic 

implementation pathways for self-driving cars in NZ. The study model employed three 

scenarios using beta values of an integrated model developed in Study – 2 and capturing 

other significant parameters within the context of literature. The scenarios comprised 

‘baseline,’ ‘high automation, trust and governance,’ and ‘low automation, trust and 

governance.’ The baseline scenario is mainly based on beta values of trust and 

governance framework and other parameters. The High Automation and High Trust and 

Governance scenarios displayed a greater trust of NZ people and a progressive AV 

regulating regime in NZ. The Low Automation and Low Trust and Governance scenarios 

are based on a generally lower trust of NZ people and a conservative AV regulating 

control. The model included the people's expectations and the estimation of the future 

car fleet behaviour independently on the adoption and penetrations of specific levels of 

AVs. With a ‘High Automation and High Trust and Governance Scenario,’ the study 

highlighted the likely proliferation of AV technologies, especially at a higher level of 
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Automation. With the adoption of suitable policy instruments for knowledge 

accumulation and transition via universities, public and private organizations, creating 

awareness, providing subsidies and external funds, societal benefits can be realized. The 

model formulated in this study can be used for objective learning about the influencing 

factors for the diffusion of AVs and more assimilation of the interaction of multifaceted 

strategies and their perceived effects on the deployment of AVs. Hence, in a nutshell, 

this novel research study observed the integration of the key latent human factors with 

technological development determinants to getting insights into shaping the future eco-

system for the diffusion of autonomous technologies. None of the earlier studies had 

ventured into the true complexity of various holistic interacting human and other factors 

on AV market penetration quantitatively. 

In the backdrop of this study (see Figure 7.3 below), NZ should be ready for AV3 and AV4 

from 2025 to 2028 and AV5 between the years 2043 to 2085. Governance Structure 

comprises the deployment of intelligent transport systems (ITS), regulations on safety, 

security/cyber security and data privacy, defining operation design domains (ODD), and 

training managers and other stakeholders in new skills. It must also include a new Driver 

Licensing Regime, development of Road Code, AVs performance and data collection 

requirements and environment to support a large scale testing of AVs. Due to the 40% 

market maturity of AV3 by 2043, there is a need for conventional infrastructure without 

digital information, including additional lanes for AVs. Road signs and markings for AV3 

should be ready before 2030. Digital map data complemented with static road signs and 

traffic lights must be installed before 2043. AV4 hybrid infrastructure should be ready 

by 2025 in specific ODDs and closed areas for shuttles and trams. The remaining 

infrastructure should be completed before 2030 since AV4's 40% technology maturity is 

likely to be achieved by 2030. Dynamic and Digital infrastructure should be available for 

AV 4 by 2030 (in specific ODD), AV3 by 2043 and AV5 by 2085. It must include the 

availability of real-time data regarding microscopic traffic situations, Variable Message 

Signs (VMS) and incidents and weather reporting. Digital data should guide AVs in terms 

of speed, gaps and lanes movements etc., to optimize the flow of the traffic. 
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Figure 7.3 

Suggested AVs Deployment Road Map Next 100 Years in NZ 
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7.2.6 Conclusion and Contribution of Study – 4.   

This study has carried out validation exercise of the objectives accrued in previous 

studies and approved the suggested integrated trust and governance framework in 

study- 2 for AVs deployment in NZ. It gave a detailed AVs current status around the 

globe, advancement and regulations trajectories in NZ and the rest of the world and 

future implementation pathways. The study is based on the thought-provoking views of 

high-level experts in the autonomous driving domain. Study – 4 identified and validated 

the benefits and challenges for AVs deployment, conceptual holistic trust and 

governance framework and significance of the real-time user studies for successful 

deployment of AVs. Moreover, this study provided numerous other aspects and 

dimensions of self-driving technologies and HFs for future research and development. 

In the light of four studies and Finding Synthesis (see 6.4.2 and Figure 6.5 Chapter 6), the 

study proposes an AD Trust Acceptance Model for driverless and semi-driverless 

systems (Figure 7.4). 

Figure 7.4 

AD Trust Acceptance Model for Driverless Technologies 

 

Note: How initial and dynamic learned AD trust interacts with other situation factors increasing the utility 

and initial and reliance on AVs. This diagram builds on theorized concepts of Trust Theory (Lee & See, 

2004), Hoff and Bashir (2015) model, the Innovation Diffusion Theory (Rogers, 2010) and Technology 

Specific Innovation System (TSIS) (Hekkert et al., 2007). 
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In Figure 4, depositional and situation factors for AD trust are the same as discussed in 

Hoff and Bashir (2015) model. However, initial learned is influence by the pre-existing 

knowledge of the user based on their mental model, training and other situation factors 

resulting in initial reliance. The dynamic learned trust is based on critical HFs and LR HMI 

Determinants identified in HMI-ADERIF and validated in Study – 2. The situation factors 

explored in Study – 3 and dynamic leaned AD trust factors interact to improve the utility 

of AVs and ultimately result in their successful adoption. The initial, dynamic learned 

trust and situation factors and initial/final reliance was under-theorized by Hoff and 

Bashir (2015). The AD Acceptance Model would provide a theoretical scaffolding to 

earlier technology acceptance theories ensuring successful adoption of AVs. 

In the backdrop of the AD Acceptance Trust Model for DT, appropriate AD trust is 

mandatory for mitigating life-threatening safety risks and pragmatic decision making in 

these situations. Figure 7.5 highlights the interpersonal and institutional AD trust 

sensitivity and user’s perceptual accuracy. A good resolution of all three categories 

needs to maps on similar ranges, ensuring a calibrated trust assists in designing and 

efficiently working an intelligent AV system. 

Figure 7.5 

AD Acceptance Trust Calibration 
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7.2.7 Managerial implications.  

This study provided a detailed account of establishing a calibrated trust between 

humans and AVs in New Zealand, identified the essential corroborating trust affecting 

factors, and presented a way for successful diffusion of driverless technology. Hence, 

this study has significant implications for the deployment of AVs and enforce strategies 

to increase these technologies for the overall benefit of society successfully. In addition, 

the study assists project managers, manufacturers, lawmakers, transport authorities, 

researchers, consultancies, other public and private organizations and the general public 

in several ways.  

Study – 1 provides a holistic picture to the OEMs and project managers in realizing the 

key factors and how these interact with the user mental model, situational awareness, 

understanding and confidence during AD in real case driving scenarios under live 

conditions of traffic. The HMI AD Event Relation Framework (HMI – ADERIF) framework 

developed in the study provides greater assimilation of how trust evolves and then 

transforms during various usage phases and the related events. The framework holds 

the key to optimum user acceptance in the driverless domain. HMI OEMs can use this 

framework as a design tool to shape human trust holistically in an AV and the overall 

driverless eco-system. Future researchers can also take the lead from the design space 

and variables of the framework to further validate these individual factors during a 

single or in several AD events to increase the trust level while developing self-driving 

cars.  

It is also noteworthy for the AV developers and transport authorities that the 

operational design domain (ODD) and enabling traffic environment during dynamic 

driving tasks (DDTs) affects users’ trust and designing and operational use of the specific 

level of AV. Therefore, future testing and evaluation comprising realistic user studies in 

live traffic with novice users are essential in prioritizing AVs' deployment, establishing 

secure communication and feedback to the user, and preparing hybrid road 

infrastructure. This first-time study looked into the linkages of interpersonal and 

institutional trust from a driverless technology point of view; it has provided a way for 

the researchers to fundamentally re-assess and augment the various trust models and 

theories present in the literature today.  
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Study – 2 provides a greater understanding to R & D managers to assimilate sentiments 

of the general public towards AVs implementation and validates the significance of trust 

and its mediation from an interpersonal and institutional perspective. It has emphasized 

the need for co-evolution regulation and technology and informed research 

organizations, government authorities and other stakeholders in NZ and elsewhere that 

trust is the key to user acceptance. Moreover, trust mediates people's micro intentions 

on automation reliance and macro interactions towards a comprehensive legal 

readiness regime for overall public acceptability for AVs. The study provided valuable 

insights to the transport planners to understand the consequences of driverless 

disruption and pursue effective risk mitigation strategies to address data privacy, cyber 

security, and safety challenges. This study also gives insights into the likely adoption 

scenarios of the general public in NZ. NZ has a well-known supportive environment for 

testbed of emerging technologies. The proposed study integrated model can serve as a 

stepping stone for the public and private sector to implement and promote AVs 

deployment. The general public can be also be made more aware of the latest cutting 

edge driverless technologies and how to harness their use successfully. This leading 

study can open up new vistas of research in the driverless domain, especially in the 

backdrops of AVs, HMI and relevance of trust. The study will also speed up the 

government efforts to grapple the autonomous technologies to realize their benefits for 

society. It will pay the way towards developing physical, hybrid and digital infrastructure 

for AVs and remain competitive with the world.  

Study – 3 provided insights into the futuristic timelines of AVs diffusion in society to the 

NZ planners and the general public alike and provided a road map for successful 

adoption of AVs. This innovative study is beneficial to the transport and infrastructure 

development authorities in NZ to restructure the overall AV governance and 

infrastructure edifice in the country. Study – 4 compares NZ's standing with the rest of 

the world in the driverless domain and gives pragmatic insights to all stakeholders 

regarding measures to successfully address various challenges. It stipulates concrete 

steps to restructure governance, rules and regulations, and the driverless eco-system to 

absorb these technologies. 

Overall, the research study outcomes facilitate the usage and deployment of AVs in NZ 

and provide valuable insights to the rest of the world. In addition, this innovative study 
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offers an initial take-off point for the early test case for pursuing AVs implementation 

strategies and roadmap for various regions and demographics.  

7.2.8 Checklist and Recommendations for NZ Managers.  

The proposed integrated trust and governance framework developed in Study -2 is 

recommended to be adopted for deployment of driverless and semi-driverless systems 

in NZ.  

This research study has provided insights into the challenges towards the successful 

proliferation of AVs technologies for driverless and semi driverless systems in NZ. The 

study has developed a detailed integrated trust framework based on crucial 

determinants to address these challenges. Later, the study scientifically endeavoured to 

manifest the output of this framework on a timeline of 100 years based on likely 

scenarios. In the light of the empirically accrued findings, the study delineates a 

comprehensive checklist and recommendations for NZ driverless technology managers. 

It will assist in pragmatically addressing the AVs' deployment challenges and realization 

of societal benefits. A detailed checklist is as below: 

 The realistic user studies in live traffic conditions in various regions of NZ be 

pursued based on formulated HMI AD Event Relationship Framework of Study – 

1.  

 The finalized integrated Trust Model in Study – 2, including corroborating 

determinants, be included in policy instruments to ensure people's 

attractiveness, trust and advancement of driverless technologies. 

 There should be only two laws in the regulations domain, one for AVs requiring 

human input and the other dealing with AVs with no human involvement. The 

challenges in the NZ enabling environment are primarily in criminal and civil 

liability, safety, property damage, and infrastructure. In the backdrop of the NZ 

accident compensation scheme ACC scheme, users cannot bring a civil action, 

which means they will have no recourse against AV manufacturers. Privacy torts 

in NZ need to be broadened in case information is collected by AVs. It is 

suggested to follow US SELF Drive Act 2020, where OEMs must furnish an AVs 

privacy plan before deployment. Moreover, property damage schemes must be 

enforced on lines of ACC duly funded by OEMs, users and the government. 
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 NZ lawmakers need to make few amendments to criminal law. Currently, it does 

not make it clear who is liable when a driverless vehicle has an accident and 

similar changes in the civil liability. The liability should be with OEM, operator or 

licensor of the vehicle but not with the driver or people in the vehicle. Liability 

needs to rest with corporate and criminal liability should only be from a symbolic 

point of view. The law changes are required for liability clarification in offences 

involving AVs, including speeding and illegal parking.  

 The capacity development within the responsible organizations overseeing the 

driverless technology paradigm requires developing relevant standards and 

regulations. These should include (1) safety, (2) cyber security, (3) liability, (4) 

updating road code and, (5) building code, (6) defining ODD, (7) training of 

manager in new skills, (8) new driving licensing regime, (9) AVs’ performance 

data collection requirements and (10) real-time digit warrant of fitness. 

Additionally, the cyber security risks and terrorism towards vehicle automation 

must be addressed as a priority. There is a need to constitute a collaborative 

platform for public and regulatory authorities to find an appropriate course of 

action. 

 NZ needs to adopt US Federal Government Policy to encourage manufacturers 

to produce safety assessments of their AVs under NZ conditions. A specific 

amendment is required in the Land Transport Act to create a new liability regime. 

In AV 4 levels deployment, the German recent promulgated law can be followed 

where AV4 vans are allowed in specific ODDs cameras controlled by staff in 

distant operational rooms. 

 Realistic awareness regarding AVs technologies through media campaigns and 

public demonstrations be resorted to educating the masses. Overly optimistic 

expectations about self-driving cars need to be avoided.  

 NZ enabling environment has two likely AVs deployment pathways in the 

foreseeable future; creating fleets of AVs in contained urban spaces and 

incrementally increasing the number of vehicles with autonomous features on 

NZ roads. The First Step towards AVs development can be deploying the 

driverless tram (AV4) in specific ODDs. People showed preferences in Study 2 

that they are likely to adopt AVs in closed areas, public transport with driver 

chaperone, Long road trips, and freeways. A plausible scenario can be deploying 
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AV ‘Robo taxis’ in conjunction with public transport in Auckland and Canterbury 

within a geofenced area / ODD. Another case may include deploying AVs in 

retirement communities or planned communities, especially in places like the 

north of Christchurch called Pegasus and incentivising using electric vehicles 

(EVs) for the poor. 

 A road map can be designed to create additional lanes as per ODDs. AVs can co-

exist with driver-controlled vehicles, besides pursuing private car ownership and 

collaborative driverless car-sharing mechanism complementing each other in a 

multifaceted economic model. This can be later transformed into driverless pods 

and supernodes controlled by transport hubs as transport systems evolve. 

 For AV level 3, the conventional road infrastructure without digital information, 

including additional lanes for AVs, road signs, and road markings, should be 

ready before 2030. However, Digital map data complemented with static road 

signs and marking information and traffic lights etc., must be installed before 

2043. 

 For AV4, hybrid infrastructure should be ready by 2025 in specific ODDs and 

closed areas for shuttles and trams and rest to be completed before 2030. 

 Dynamic and Digital infrastructure should be available for AV4 by 2030 (in 

specific ODD), AV3 by 2043 and AV5 by 2085. It must include the availability of 

real-time data regarding microscopic traffic situations, Variable Message Signs 

(VMS) and incidents and weather reporting. Digital data should guide AVs in 

speed, gaps and lanes movements to optimize the traffic flow. 

 To increase the speed of adoption and technology development, subsidy or tax 

reduction measures must be resorted to lowering the cost of the technology. 

People can be encouraged to rapidly replace their old cars with new ones 

through media campaigns, programs, and tax benefits. Using these tactics, the 

average lifetime of vehicles can be reduced. Adjusting the lifetime of any car 

seems much more plausible than using policy instruments for adjusting the price. 

However, it is challenging for the authorities to change the adoption rate, 

depending on the technology maturity influencing situation awareness and 

anthropomorphism attributes controlled by OEMs. 

 Driverless technology advancement depends on the effectiveness of knowledge 

transfer to create an enabling environment for propagating field tests, validation 



322 

user studies and AVs implementation strategies. This knowledge is developed by 

the private and public sector joint efforts, including universities, research 

institutions, and private R & D departments in consultancy firms. This knowledge 

accumulation and sharing process must be harnessed through a network as 

other stakeholders will not share information. In a collaborative environment, 

the government must ensure academia-industry linkages on various research 

topics, so knowledge depreciation does not occur. It is understandable that NZ 

is a small market and generally absorbs these technologies from abroad. 

However, it is noteworthy that NZ people and industry support innovation. To 

remain on pace with the rest of the world, NZ needs to harness driverless 

technologies sooner or later. An R& D fund can be created utilizing the private 

and public sectors locally and regionally to support driverless technology 

enabling environment, thus encouraging new entrepreneurs to take up this 

challenge. 

 We need to address understaffing in the Ministry of Transport and focus on 

intelligent driverless public transport in the shape of small shuttles, trams, pods 

and supernodes. 

 There is a need for continuous testing throughout AVs life spans and 

improvement in transport infrastructure such as control centres, transport hubs, 

redesigning of roads, use of sensors, and creation of compliance task force. 

 All companies involved in manufacturing, testing, and deploying AVs 

technologies must be brought under an overarching organization to create open 

data platforms and share accident data, knowledge, and processes. 

 Driver mental model needs to be trained over time once they are made to 

undergo various simulations, driving licensing exams, and other such training 

measures to assess the AV maturity and decision-making paradigm. In addition, 

lawyers need to be trained on soft insurance and liability in case of software or 

hardware failure on camera accidents. 

 NZ can be involved in developing driverless vehicles to provide jobs in the related 

driverless technologies industries. 

 The provision of detailed data reporting for test vehicles is another facet of safety 

for collecting information on potential safety risks. NZ is suggested to follow 

Victoria’s regulations that demand real-time monitoring and recording of 
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performance, location and compliance with permit requirements during the test 

(appropriate training, driver and vehicle safety assessment). And in case of any 

damage, the legal entity responsible for testing should be made liable. 

 There is a need draft guideline for a privacy architecture framework on UK Dft 

and CPNI outlined in ISO 29101 for the AV manufacturers. Moreover, in data 

protection and cyber security, NZ must draft regulations similar to EU GDPR, WP 

25 / WP 29 standards and ‘euroncap.’ 

 It is suggested to publish a safety code of practice regarding AVs, including (1) 

presence of human safety driver during on-road testing, (2) a separate license 

with additional provisions if the remote monitor is used during the test, (3) safety 

driver and remote monitor capable enough to deactivate the system at any time, 

(4) A training program for the safety drivers and remote monitors, (5) A 

comprehensive safety management plan as developed by Australia, (6) 

Substantial fines and penalties for non-compliance with safety rules, (7) 

submission of disengagement reports as in California state whose format should 

be standardized across all manufacturers, (8) testing permit accompanied with 

substantial insurances, and  (9) the requirement to record the trials in real-time. 

 There is a need to urgently develop a new generation of road infrastructure 

comprising rapid repair and prefab modular solutions. The construction may 

involve low carbon, recycled material, development of wearing courses based on 

3 D printing and use of sensor mats in the pavements. Moreover, the road 

infrastructure and power equipment must have an embedded system to 

recharge electric vehicles and use renewable energy.  

 Taking the lead from other countries, adopting a proactive strategy, and 

following framework guidelines are needed. Investing in governance and 

infrastructure to shape our eco-systems in the driverless domain is an absolute 

necessity. 

7.3   Research Limitations and Future Directions   

The research process in this study accrued main results and findings from literature 

review, NZ public survey, user study and experts’ interviews in the backdrop of COVID – 

19 pandemic conditions. The study is just a first step and may not be considered as final 

as it is possible to alter some determinants and the policy interventions based on further 
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research. The objective was to find out the theoretical output and reflect on the trust 

and governance framework quantitatively besides finding measures to speed up the 

technology.  

 

The study carries several limitations and opportunities for later research. First of all, the 

availability of BMW AV was affected by the pandemic as the Company fell below the 

stock and could not provide the vehicle as often as it should be made available. 

Resultantly it affected the frequency of the user study driving sprints and scenarios. 

Moreover, COVID – 19 tracing and other requirements also limited the availability of 

novice users to increase the frequency of their participation.  

Besides, the study was carried out in specific areas within Auckland. The study was 

limited due to the non-availability of full AV3 as AV2 could only switch to autopilot 

function from few seconds to 1 ½ minute depending upon the speed and traffic 

conditions. Hence in the future, there is a requirement to utilize AV3 and gather more 

observations from different users and user studies. These experimental testing should 

not be restricted to one particular area or region. It should be carried out in various rural 

and urban areas to assess the appropriate trust needs, future mobility and accessibility 

scenarios, and the AVs' deployment pathways. 

Moreover, hybrid and digital infrastructure demands, evaluation of user interfaces, and 

promulgation of pragmatic rules and regulations can be analyzed. Since NZ is producing 

AV4 shuttles, future research may involve using shuttles besides employing autonomous 

electric vehicles and other connected autonomous transport. Similarly, in future 

research efforts, the deployment of AV4 vehicles in open and closed areas such as 

airports associated with key situational factors including safety, reliability, monitoring, 

cybersecurity, and terrorism can be studied for more in-depth analysis. 

The research was also affected by the non-availability of AVs OEMs and other 

professional and academic experts in NZ. The study needed to recruit experts from other 

developed countries. Therefore, their views pertain to those specific regions and set of 

enabling conditions. Moreover, pandemic crisis and wide geographical zone forced the 

use of zoom technology instead of one-on-one interviews. These conditions also 
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precluded the author from moving abroad to meet various experts and companies in 

person or attending world conferences. Hence, in the future, it is essential to carry out 

capacity development in our universities, research organizations, consultancies and 

other public and private setups to remain competitive.  

The sample size for NZ public survey was though adequate. However, in the future, a 

larger sample size could provide further insights into various dimensions, challenges and 

future implementation directions of driverless technology. Besides, as highlighted 

above, future research needs more realistic naturalistic and longitudinal studies to 

understand edge cases. These user studies need to find out about the behaviour of AVs 

concerning different traffic signals, their communication with driver and external 

environment, and initiating a zip manoeuvre. Moreover, the research is need for driver’s 

awareness of the system thinking in fallback routine, the behaviour of AV on the yellow 

and red light, staying in a lane and interacting with larger vehicles. There is a need to 

research how much the driver knows about the functionality of AVs? And how much 

manufacturing company is sharing data about what that technology can do. 

The HMI AD Event Relationship Framework developed in Study – 2 needs further 

validation and testing against a single or numerous trust affecting factors and their 

interactions with AD events to understand HMI scenarios and develop design guidelines. 

Further research can assist in the assimilation and validation of user interfaces for the 

disabled, sick, and people who cannot drive. The collaborative approach of HMI 

designers, OEMs, and researchers is necessary to examine the chain of AD events and 

interactions. It will help in realistic gauging the dynamic trust formulation and evaluation 

of HCI concepts in driverless technology. 

The integrated Model based on the trust and governance framework developed in Study 

– 2 captures key trust determinants. However, since the literature observed several 

other factors in light of available technology acceptance theories and models (TAM), this 

study might have missed few factors in global settings. This study observed the 

mediating effect of trust, whereas further researchers may investigate the moderating 

behaviours of the driver, age, gender, income, and driving experience. 

Moreover, the study observed a research void regarding technology acceptance 

theories and models. Trust and acceptance models and theories widely used in the 
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literature bear their emergence from human-robot interaction (HRI) or information 

technology (IT) paradigms. No model addresses the driverless technology domain 

holistically. These models gradually introduced trust, perceived risk (PR) based on safety 

requirements, personality traits, social influence and external environment parameters. 

Lately, Automation Acceptance Model (AAM) identified trust and compatibility 

integrating information systems and cognitive engineering. However, empirical 

observations do not support both TAM and AAM despite having solid theoretical 

background. Theoretical underpinnings of these models seemed to lag far behind the 

pace of technological developments, semi-autonomous vehicles, and performance 

implications of advanced driving assistance systems (ADAS).  

There is still a lack of clarity and understanding regarding the effects of Automation on 

human behaviour in the context of highly automated vehicles (HAVs), particularly when 

users are confronted with a lower level of Automation where vehicles require human 

input for full control. The unfolding of the phenomenon of trust and driver acceptance, 

especially in ADAS and HAVs, is profoundly complex, multifaceted and multidimensional 

compared to its application in drones, aviation, and similar other industries. These 

theories and models need a fresh look in the backdrop of a unique split-second myriad 

of safety risks.  Moreover, no modelling theory in the present literature describes AVs' 

acceptance domain holistically considering interpersonal and institutional trust.  

In Study - 3, the author has confidence in the model's robustness and reliability and has 

carefully chosen the structure and input values in light of already held studies and real-

time data. However, there are several aspects of mobility that may not be fully captured 

in this model.  This system dynamics (SD) study does not incorporate impacts of political, 

economic and cultural factors that influence the adoption of AVs. Moreover, there is a 

lack of data about the magnitude of some specific aspects of this eco-system since 

driverless technology is early in the product life cycle. Impacts on congestions, emissions 

and traffic safety are also not considered as these determinants are more relevant to 

the non-geographical nature of an SD Model.It should also be taken into account that 

the model may contain some limitations in terms of full data availability to simulate. 

Also, specific initial values of various stocks were needed to be set in SD Model by the 

author to start the simulation, which may not be the exact representation of real-world 

systems as AV3, AV4, and AV5 are still not available in the market. However, all these 
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values were kept within the context of literature, taking the lead from the earlier studies 

to acquire tangible results. In the modelling analysis and simulation of the extended 

model, it is found that the system seems uncertain with market penetration by varying 

utility weights, including the trust and governance variables. Similarly, the value of 

accumulation of knowledge by searching and doing towards technology maturity may 

not have a replica in the real world to simulate its actual behaviours. 

Moreover, the SD Modelling examined the diffusion of AVs in the next 100 years till 

2121, which may be a long time horizon. There may be several corroborating factors and 

conditions for AD and the emergence of new players and possibilities during this time. 

Besides, the likely emergence of AV level 5 will be a transformative and radical change, 

consequently disrupting more than one sector. Hence it may be fruitful and exciting to 

study the Mobility-as-a-Service (MaaS) pathway or level 5 as a private extravagance 

intermittently in a limited time framework in the model. 

7.4 Concluding Statement.  

This research study explored pragmatic solutions to realize the trust dynamics and 

governance for humanizing driverless technology for AVs in NZ. The research proposed 

an AD Trust Acceptance Model, an integrated trust and governance model and a HMI 

event relationship identification framework for adoption in NZ. It provided insights into 

the likely AVs diffusion pathways and a roadmap utilizing four studies. The framework 

developed during the user study was intentionally left loose to fit future research 

directions for further examination. It is hoped that the findings of this research study 

have provided initial insights into AV technologies and intrigued future scholars in 

extending the knowledge base in more detail. This study has made an effort to further 

the evidence in establishing trust during HMI in AVs in early test environments. It has 

provided interesting facts to government institutions and other stakeholders to carry 

out cost and benefit analysis while carrying out transport investment decisions. The 

study has also provided a detailed summary for articulating and restructuring the legal 

readiness structure in NZ to address the technologies and societal challenges. Overall, 

the study endeavoured to contribute knowledge by juxtaposing experimental user 

testing and quantitative methodologies to successfully explore trust's theoretical and 

practical contours towards the positive deployment of AVs in NZ. 



328 

References 

 

AAMVA. (2018). Jurisdictional guidelines for the safe testing and deployment of highly 
automated vehicle. American Association of Motor Vehicle Administrators. 
https://tinyurl.com/2z3hbukj  

 
Abbass, H. A. (2019). Social integration of artificial intelligence: functions, automation 

allocation logic and human-autonomy trust. Cognitive Computation, 11(2), 159-
171. https://doi.org/10.1007/s12559-018-9619-0  

 
Abbot, C. (2012). Bridging the gap–non‐state actors and the challenges of regulating new 

technology. Journal of Law and Society, 39(3), 329-358. 
https://doi.org/10.1111/j.1467-6478.2012.00588.x  

 
Abernathy, W. (1978). The productivity dilemma Johns Hopkins University Press. Johns 

Hopkins University Press.  
 
Abernathy, W. J., & Utterback, J. M. (1978). Patterns of industrial innovation. Technology 

review, 80(7), 40-47. https://tinyurl.com/kb8az4k6  
 
Abraham, H., Reimer, B., Seppelt, B., Fitzgerald, C., Mehler, B., & Coughlin, J. F. (2017). 

Consumer interest in automation: preliminary observations exploring a year’s 
change Transportation Research Board 97th Annual Meeting, Washington, D.C. 
https://tinyurl.com/3n89ae9w 

 
Adell, E. (2009). Driver experience and acceptance of driver support systems-a case of 

speed adaptation [Doctoral, Lund University]. Lund, Sweden. 
https://lup.lub.lu.se/search/ws/files/3577721/1511414.pdf 

 
Adell, E. (2010). Acceptance of driver support systems European conference on human 

centred design for intelligent transport systems,  https://tinyurl.com/efb232m8 
 
Adlbrecht, L., Bartholomeyczik, S., Hildebrandt, C., & Mayer, H. (2021). Social 

interactions of persons with dementia living in special care units in long-term 
care: A mixed-methods systematic review. Dementia, 20(3), 967-984. 
https://doi.org/10.1177/1471301220919937  

 
Adnan, N., Nordin, S. M., bin Bahruddin, M. A., & Ali, M. (2018). How trust can drive 

forward the user acceptance to the technology? In-vehicle technology for 
autonomous vehicle. Transportation Research Part A: Policy and Practice, 118, 
819-836. https://doi.org/10.1016/j.tra.2018.10.019  

 
Agarwal, R., & Prasad, J. (1998). A conceptual and operational definition of personal 

innovativeness in the domain of information technology. Information systems 
research, 9(2), 204-215. https://doi.org/10.1287/isre.9.2.204  

 

https://tinyurl.com/2z3hbukj
https://doi.org/10.1007/s12559-018-9619-0
https://doi.org/10.1111/j.1467-6478.2012.00588.x
https://tinyurl.com/kb8az4k6
https://tinyurl.com/3n89ae9w
https://lup.lub.lu.se/search/ws/files/3577721/1511414.pdf
https://tinyurl.com/efb232m8
https://doi.org/10.1177/1471301220919937
https://doi.org/10.1016/j.tra.2018.10.019
https://doi.org/10.1287/isre.9.2.204


329 

Agriesti, S., Brevi, F., Gandini, P., Marchionni, G., Parmar, R., Ponti, M., & Studer, L. 
(2020). Impact of Driverless Vehicles on Urban Environment and Future Mobility. 
Transportation Research Procedia, 49, 44-59. 
https://doi.org/10.1016/j.trpro.2020.09.005  

 
Aguiléra, A. (2018). Urban Mobility and the Smartphone: Transportation, Travel Behavior 

and Public Policy. Elsevier. https://www.elsevier.com/books/urban-mobility-
and-the-smartphone/aguilera/978-0-12-812647-9  

 
Ahangar, M. N., Ahmed, Q. Z., Khan, F. A., & Hafeez, M. (2021). A survey of autonomous 

vehicles: enabling communication technologies and challenges. Sensors, 21(3), 
706. https://doi.org/10.3390/s21030706  

 
Aimran, A. N., Ahmad, S., Afthanorhan, A., & Awang, Z. (2017). The assessment of the 

performance of covariance-based structural equation modeling and partial least 
square path modeling. AIP Conference Proceedings, 1842(1), 030001. 
https://doi.org/10.1063/1.4982839  

 
Ajzen, I. (1991). The theory of planned behavior. Organizational behavior and human 

decision processes, 50(2), 179-211. https://doi.org/10.1016/0749-
5978(91)90020-T  

 
Al-Maroof, R. A. S., & Al-Emran, M. (2018). Students Acceptance of Google Classroom: 

An Exploratory Study using PLS-SEM Approach. International Journal of Emerging 
Technologies in Learning, 13(6). https://doi.org/10.3991/ijet.v13i06.8275  

 
Alawadhi, M., Almazrouie, J., Kamil, M., & Khalil, K. A. (2020). A systematic literature 

review of the factors influencing the adoption of autonomous driving. 
International Journal of System Assurance Engineering and Management, 1-18. 
https://doi.org/10.1007/s13198-020-00961-4  

 
Albsoul, R. (2021). Mixed Methods Research : Lecture Notes 

https://tinyurl.com/afjj8zmb  
 
Alessandrini, A. (2018). ARTS—automated roadtransport systems. In Implementing 

Automated Road Transport Systems in Urban Settings. Elsevier. 
https://doi.org/10.1016/C2016-0-02348-3  

 
Alessandrini, A., Campagna, A., Delle Site, P., Filippi, F., & Persia, L. (2015). Automated 

vehicles and the rethinking of mobility and cities. Transportation Research 
Procedia, 5, 145-160. https://doi.org/10.1016/j.trpro.2015.01.002  

 
Alex, S. (2018). Ethical dilemmas of a driverless world. 

https://www.newsroom.co.nz/@future-learning/2018/10/30/299095/ethical-
dilemmas-of-a-driverless-world 

 
Alfonso, J., Naranjo, J. E., Menéndez, J. M., & Alonso, A. (2018). Vehicular 

Communications. In Intelligent Vehicles (pp. 103-139). Elsevier. 
https://doi.org/10.1016/B978-0-12-812800-8.00003-5  

https://doi.org/10.1016/j.trpro.2020.09.005
https://www.elsevier.com/books/urban-mobility-and-the-smartphone/aguilera/978-0-12-812647-9
https://www.elsevier.com/books/urban-mobility-and-the-smartphone/aguilera/978-0-12-812647-9
https://doi.org/10.3390/s21030706
https://doi.org/10.1063/1.4982839
https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/10.3991/ijet.v13i06.8275
https://doi.org/10.1007/s13198-020-00961-4
https://tinyurl.com/afjj8zmb
https://doi.org/10.1016/C2016-0-02348-3
https://doi.org/10.1016/j.trpro.2015.01.002
https://www.newsroom.co.nz/@future-learning/2018/10/30/299095/ethical-dilemmas-of-a-driverless-world
https://www.newsroom.co.nz/@future-learning/2018/10/30/299095/ethical-dilemmas-of-a-driverless-world
https://doi.org/10.1016/B978-0-12-812800-8.00003-5


330 

 
Ali, F., Rasoolimanesh, S. M., Sarstedt, M., Ringle, C. M., & Ryu, K. (2018). An assessment 

of the use of partial least squares structural equation modeling (PLS-SEM) in 
hospitality research. International Journal of Contemporary Hospitality 
Management, 30(1), 514-538. https://doi.org/10.1108/IJCHM-10-2016-0568  

 
Allen, I. E., & Seaman, C. A. (2007). Likert scales and data analyses. Quality progress, 

40(7), 64-65. http://rube.asq.org/quality-progress/2007/07/statistics/likert-
scales-and-data-analyses.html  

 
Almeida, F. (2018). Strategies to perform a mixed methods study. European Journal of 

Education Studies, 5(1). https://doi.org/10.5281/zenodo.1406214  
 
Altawy, R., & Youssef, A. M. (2016). Security, Privacy, and Safety Aspects of Civilian 

Drones: A Survey. ACM Transactions on Cyber-Physical Systems, 1(2), 1-25. 
https://doi.org/10.1145/3001836  

 
Alyavina, E., Nikitas, A., & Njoya, E. T. (2020). Mobility as a service and sustainable travel 

behaviour: A thematic analysis study. Transportation Research Part F: Traffic 
Psychology and Behaviour, 73, 362-381. 
https://doi.org/10.1016/j.trf.2020.07.004  

 
Amaratunga, D., Baldry, D., Sarshar, M., & Newton, R. (2002). Quantitative and 

qualitative research in the built environment: application of “mixed” research 
approach. Work study, 51(1), 17-31. 
https://doi.org/10.1108/00438020210415488  

 
Amoozadeh, M., Raghuramu, A., Chuah, C.-N., Ghosal, D., Zhang, H. M., Rowe, J., & 

Levitt, K. (2015). Security vulnerabilities of connected vehicle streams and their 
impact on cooperative driving. IEEE Communications Magazine, 53(6), 126-132. 
https://doi.org/10.1109/MCOM.2015.7120028  

 
Anania, E. C., Rice, S., Walters, N. W., Pierce, M., Winter, S. R., & Milner, M. N. (2018). 

The effects of positive and negative information on consumers’ willingness to 
ride in a driverless vehicle. Transport policy, 72, 218-224. 
https://doi.org/10.1016/j.tranpol.2018.04.002  

 
Andersen, P. H., & Kumar, R. (2006). Emotions, trust and relationship development in 

business relationships: A conceptual model for buyer–seller dyads. Industrial 
Marketing Management, 35(4), 522-535.  

 
Anderson, J. C., & Gerbing, D. W. (1988). Structural equation modeling in practice: A 

review and recommended two-step approach. Psychological bulletin, 103(3), 
411-423. https://doi.org/10.1037/0033-2909.103.3.411  

 
Anderson, R., Clayton, R., & Leverett, É. (2018). Standardisation and Certification of 

Safety, Security and Privacy in the ‘Internet of Things’. 
https://doi.org/10.2760/47559 

 

https://doi.org/10.1108/IJCHM-10-2016-0568
http://rube.asq.org/quality-progress/2007/07/statistics/likert-scales-and-data-analyses.html
http://rube.asq.org/quality-progress/2007/07/statistics/likert-scales-and-data-analyses.html
https://doi.org/10.5281/zenodo.1406214
https://doi.org/10.1145/3001836
https://doi.org/10.1016/j.trf.2020.07.004
https://doi.org/10.1108/00438020210415488
https://doi.org/10.1109/MCOM.2015.7120028
https://doi.org/10.1016/j.tranpol.2018.04.002
https://doi.org/10.1037/0033-2909.103.3.411
https://doi.org/10.2760/47559


331 

Andrew Hii, N. S., Meaghan Powell. (2020). Autonomous vehicles and legal challenges in 
a driverless future. https://tinyurl.com/53kb7v4e 

 
Aremyr, E., & Jönsson, M. (2017). AVID - Autonomous Vehicles' Interaction with Drivers 

- An investigation of the embodiment of vehicle-driver communication and 
development of an HMI concept [M.Sc, Chalmers University of Technology]. 
Gothenburg, Sweden. https://hdl.handle.net/20.500.12380/248272 

 
Aremyr, E., Jönsson, M., & Strömberg, H. (2018). Anthropomorphism: An investigation 

of its effect on trust in human-machine interfaces for highly automated vehicles 
Congress of the International Ergonomics Association (IEA 2018). Advances in 
Intelligent Systems and Computing,  https://doi.org/10.1007/978-3-319-96074-
6_37 

 
Arena, F., & Pau, G. (2019). An overview of vehicular communications. Future Internet, 

11(2), 27. https://doi.org/10.3390/fi11020027  
 
Aria, E., Olstam, J., & Schwietering, C. (2016). Investigation of automated vehicle effects 

on driver's behavior and traffic performance. Transportation Research Procedia, 
15, 761-770. https://doi.org/10.1016/j.trpro.2016.06.063  

 
Atzori, L., Floris, A., Girau, R., Nitti, M., & Pau, G. (2018). Towards the implementation of 

the Social Internet of Vehicles. Computer Networks, 147, 132-145. 
https://doi.org/10.1016/j.comnet.2018.10.001  

 
Au, A. K. m., & Enderwick, P. (2000). A cognitive model on attitude towards technology 

adoption. Journal of Managerial Psychology, 14(4), 266-282. 
https://doi.org/10.1108/02683940010330957  

 
AUTEC. (2020a). AUTEC, Applying for Ethics Approval: Guidelines and Procedures, 

Appendix C: EA1. https://www.aut.ac.nz/research/researchethics/guidelines-
and-procedures?nav=inthissection. 

 
AUTEC. (2020b). AUTEC, Applying for Ethics Approval: Guidelines and Procedures, 

Appendix F: Condentiality Agreement Exemplars. 
https://www.aut.ac.nz/research/researchethics/guidelines-and-
procedures?nav=inthissection 

 
AUTEC. (2020c). Research Ethics, Appendix I: Information Privacy Principles. 

https://www.aut.ac.nz/research/researchethics/guidelines-and-
procedures?nav=inthissection 

 
Automobilindustrie, V. d. (2015). Automatisierung. Von Fahrerassistenzsystemen zum 

automatisierten Fahren. 
https://www.vda.de/dam/vda/publications/2015/automatisierung.pdf 

 
Automotive, I. (2019). Autonomous and Connected Vehicles: Top 4 Legal Issues. 

https://tinyurl.com/45d7m99w 
 

https://tinyurl.com/53kb7v4e
https://hdl.handle.net/20.500.12380/248272
https://doi.org/10.1007/978-3-319-96074-6_37
https://doi.org/10.1007/978-3-319-96074-6_37
https://doi.org/10.3390/fi11020027
https://doi.org/10.1016/j.trpro.2016.06.063
https://doi.org/10.1016/j.comnet.2018.10.001
https://doi.org/10.1108/02683940010330957
https://www.aut.ac.nz/research/researchethics/guidelines-and-procedures?nav=inthissection
https://www.aut.ac.nz/research/researchethics/guidelines-and-procedures?nav=inthissection
https://www.aut.ac.nz/research/researchethics/guidelines-and-procedures?nav=inthissection
https://www.aut.ac.nz/research/researchethics/guidelines-and-procedures?nav=inthissection
https://www.aut.ac.nz/research/researchethics/guidelines-and-procedures?nav=inthissection
https://www.aut.ac.nz/research/researchethics/guidelines-and-procedures?nav=inthissection
https://www.vda.de/dam/vda/publications/2015/automatisierung.pdf
https://tinyurl.com/45d7m99w


332 

Awang, Z. (2012). A handbook on structural equation modeling using AMOS. Penerbit 
Universiti Teknologi MARA. https://tinyurl.com/4usbyz78  

 
Babak, S.-J., Hussain, S. A., Karakas, B., & Cetin, S. (2017). Control of autonomous ground 

vehicles: a brief technical review IOP Conference Series: Materials Science and 
Engineering (ICMMR 2017), Xi'an, China. https://doi.org/10.1088/1757-
899X/224/1/012029 

 
Bagloee, S. A., Tavana, M., Asadi, M., & Oliver, T. (2016). Autonomous vehicles: 

challenges, opportunities, and future implications for transportation policies. 
Journal of modern transportation, 24(4), 284-303. 
https://doi.org/10.1007/s40534-016-0117-3  

 
Baidu. (2020). How coronavirus is accelerating a future with autonomous vehicles. 

https://tinyurl.com/4ncpr586 
 
Bainbridge, L. (1983a). Ironies of automation. Analysis, design and evaluation of man–

machine systems, 129-135. https://doi.org/10.1016/0005-1098(83)90046-8  
 
Bainbridge, L. (1983b). The ironies of automation. Analysis, design and evaluation of 

man–machine systems, 129-135. https://doi.org/10.1016/0005-1098(83)90046-
8  

 
Bala, B. K., Arshad, F. M., & Noh, K. M. (2016). System dynamics: Modelling and 

simulation. https://doi.org/10.1007/978-981-10-2045-2  
 
Banks, V. A., & Stanton, N. A. (2016). Keep the driver in control: Automating automobiles 

of the future. Applied ergonomics, 53, 389-395. 
https://doi.org/10.1016/j.apergo.2015.06.020  

 
Bansal, P., & Kockelman, K. M. (2017). Forecasting Americans’ long-term adoption of 

connected and autonomous vehicle technologies. Transportation Research Part 
A: Policy and Practice, 95, 49-63. https://doi.org/10.1016/j.tra.2016.10.013  

 
Bansal, P., Kockelman, K. M., & Singh, A. (2016). Assessing public opinions of and interest 

in new vehicle technologies: An Austin perspective. Transportation Research Part 
C: Emerging Technologies, 67, 1-14. https://doi.org/10.1016/j.trc.2016.01.019  

 
Banwell, L., & Coulson, G. (2004). Users and user study methodology: the JUBILEE 

project. Information research, 9(2). http://informationr.net/ir/9-
2/paper167.html  

 
Baran, M. L., & Jones, J. (2016). Mixed methods research for improved scientific study. 

IGI Global.  
 
Barber, B. (1983). The logic and limits of trust. Rutgers University Press. 

https://www.jstor.org/stable/2380570  
 

https://tinyurl.com/4usbyz78
https://doi.org/10.1088/1757-899X/224/1/012029
https://doi.org/10.1088/1757-899X/224/1/012029
https://doi.org/10.1007/s40534-016-0117-3
https://tinyurl.com/4ncpr586
https://doi.org/10.1016/0005-1098(83)90046-8
https://doi.org/10.1016/0005-1098(83)90046-8
https://doi.org/10.1016/0005-1098(83)90046-8
https://doi.org/10.1007/978-981-10-2045-2
https://doi.org/10.1016/j.apergo.2015.06.020
https://doi.org/10.1016/j.tra.2016.10.013
https://doi.org/10.1016/j.trc.2016.01.019
http://informationr.net/ir/9-2/paper167.html
http://informationr.net/ir/9-2/paper167.html
https://www.jstor.org/stable/2380570


333 

Bartneck, C., Kulić, D., Croft, E., & Zoghbi, S. (2009). Measurement Instruments for the 
Anthropomorphism, Animacy, Likeability, Perceived Intelligence, and Perceived 
Safety of Robots. International journal of social robotics, 1(1), 71-81. 
https://doi.org/10.1007/s12369-008-0001-3  

 
Basso, D., Saracini, C., Palladino, P., & Cottini, M. (2018). Travelling Salesperson in an 

Immersive Virtual Environment: Experimental Evaluation of Tracking System 
Device International and Interdisciplinary Conference on Digital Environments 
for Education, Arts and Heritage, Bozen-Bolzano. https://tinyurl.com/6rtdn8m9 

 
Basu, C., & Singhal, M. (2016). Trust dynamics in human autonomous vehicle interaction: 

A review of trust models 2016 AAAI spring symposium series,  
https://www.aaai.org/ocs/index.php/SSS/SSS16/paper/viewFile/12746/11926 

 
Bauer, G. S., Greenblatt, J. B., & Gerke, B. F. (2018). Cost, energy, and environmental 

impact of automated electric taxi fleets in Manhattan. Environmental science & 
technology, 52(8), 4920-4928. https://doi.org/10.1021/acs.est.7b04732  

 
Bazeley, P. (2007). Qualitative analysis with NVivo. London, UK:Sage Publications. . 

https://us.sagepub.com/sites/default/files/upm-
assets/114916_book_item_114916.pdf  

 
Bazilinskyy, P., Petermeijer, S. M., Petrovych, V., Dodou, D., & de Winter, J. C. (2018). 

Take-over requests in highly automated driving: A crowdsourcing survey on 
auditory, vibrotactile, and visual displays. Transportation Research Part F: Traffic 
Psychology and Behaviour, 56, 82-98. https://doi.org/10.1016/j.trf.2018.04.001  

 
BBC. (2016). Tesla car drives owner to hospital after he suffers pulmonary embolism. 

https://www.bbc.com/news/newsbeat-37009696 
 
Bechtsis, D., Tsolakis, N., Vlachos, D., & Srai, J. S. (2018). Intelligent autonomous vehicles 

in digital supply chains: a framework for integrating innovations towards 
sustainable value networks. Journal of Cleaner Production, 181, 60-71. 
https://doi.org/10.1016/j.jclepro.2018.01.173  

 
Becker, F., & Axhausen, K. W. (2017). Literature review on surveys investigating the 

acceptance of automated vehicles. Transportation, 44(6), 1293-1306. 
https://doi.org/10.3929/ethz-b-000185937  

 
Beggiato, M., & Krems, J. F. (2013). The evolution of mental model, trust and acceptance 

of adaptive cruise control in relation to initial information. Transportation 
Research Part F: Traffic Psychology and Behaviour, 18, 47-57. 
https://doi.org/10.1016/j.trf.2012.12.006  

 
Belanche, D., Casaló, L. V., & Flavián, C. (2012). Integrating trust and personal values into 

the Technology Acceptance Model: The case of e-government services adoption. 
Cuadernos de Economía y Dirección de la Empresa, 15(4), 192-204. 
https://doi.org/10.1016/j.cede.2012.04.004  

 

https://doi.org/10.1007/s12369-008-0001-3
https://tinyurl.com/6rtdn8m9
https://www.aaai.org/ocs/index.php/SSS/SSS16/paper/viewFile/12746/11926
https://doi.org/10.1021/acs.est.7b04732
https://us.sagepub.com/sites/default/files/upm-assets/114916_book_item_114916.pdf
https://us.sagepub.com/sites/default/files/upm-assets/114916_book_item_114916.pdf
https://doi.org/10.1016/j.trf.2018.04.001
https://www.bbc.com/news/newsbeat-37009696
https://doi.org/10.1016/j.jclepro.2018.01.173
https://doi.org/10.3929/ethz-b-000185937
https://doi.org/10.1016/j.trf.2012.12.006
https://doi.org/10.1016/j.cede.2012.04.004


334 

Benfell, A. (2021, 2021/03/01). Modeling functional requirements using tacit 
knowledge: a design science research methodology informed approach. 
Requirements engineering, 26(1), 25-42. https://doi.org/10.1007/s00766-020-
00330-4  

 
Bentler, P. M., & Bonett, D. G. (1980). Significance tests and goodness of fit in the 

analysis of covariance structures. Psychological bulletin, 88(3), 588. 
https://doi.org/10.1037/0033-2909.88.3.588  

 
Bezai, N., Medjdoub, B., Fadli, F., Chalal, M., & Al-Habaibeh, A. (2020). Autonomous 

vehicles and smart cities-future directions of ownership vs shared mobility 56th 
ISOCARP World Planning Congress Doha, Qatar. 
http://irep.ntu.ac.uk/id/eprint/42031/1/1399095_Chalal.pdf 

 
Bezai, N. E., Medjdoub, B., Al-Habaibeh, A., Chalal, M. L., & Fadli, F. (2021). Future cities 

and autonomous vehicles: analysis of the barriers to full adoption. Energy and 
Built Environment, 2(1), 65-81. https://doi.org/10.1016/j.enbenv.2020.05.002  

 
Bhana, H. (2010). Trust but verify. AeroSafety world, 5(5), 13-14. 

https://flightsafety.org/asw-article/trust-but-verify/  
 
Bhattacharya, R., Devinney, T. M., & Pillutla, M. M. (1998). A formal model of trust based 

on outcomes. The Academy of Management Review, 23(3), 459-472. 
https://doi.org/10.2307/259289  

 
Bichiou, Y., & Rakha, H. A. (2019). Real-time optimal intersection control system for 

automated/cooperative vehicles. International Journal of Transportation Science 
and Technology, 8(1), 1-12. https://doi.org/10.1016/j.ijtst.2018.04.003  

 
Bierstedt, J., Gooze, A., Gray, C., Peterman, J., Raykin, L., & Walters, J. (2014). Effects of 

next-generation vehicles on travel demand and highway capacity. FP Think 
Working Group, 8, 10-11. https://www.parking-mobility.org/2020/07/01/mrc-
effects-of-next-generation-vehicles-on-travel-demand-and-highway-capacity/  

 
Billington, J. (2018). The Prometheus Project: The Story Behind One of AV’s Greatest 

Developments. Autonomous Vehicles International. 
https://tinyurl.com/c6zvx2u5 

 
Binfet-Kull, M., & Heitmann, P. (1998a). System safety for an autonomous driving vehicle 

IEEE International Conference on Intelligent Vehicles Hamburg, Germany. 
https://tinyurl.com/fv4p6vw 

 
Binfet-Kull, M., & Heitmann, P. (1998b). System safety for an autonomous driving vehicle 

IEEE International Conference on Intelligent Vehicles, Hamburg, Germany. 
https://tinyurl.com/fv4p6vw 

 
Blanco, M., Atwood, J., Vasquez, H. M., Trimble, T. E., Fitchett, V. L., Radlbeck, J., Fitch, 

G. M., Russell, S. M., Green, C. A., & Cullinane, B. (2015). Human factors 

https://doi.org/10.1007/s00766-020-00330-4
https://doi.org/10.1007/s00766-020-00330-4
https://doi.org/10.1037/0033-2909.88.3.588
http://irep.ntu.ac.uk/id/eprint/42031/1/1399095_Chalal.pdf
https://doi.org/10.1016/j.enbenv.2020.05.002
https://flightsafety.org/asw-article/trust-but-verify/
https://doi.org/10.2307/259289
https://doi.org/10.1016/j.ijtst.2018.04.003
https://www.parking-mobility.org/2020/07/01/mrc-effects-of-next-generation-vehicles-on-travel-demand-and-highway-capacity/
https://www.parking-mobility.org/2020/07/01/mrc-effects-of-next-generation-vehicles-on-travel-demand-and-highway-capacity/
https://tinyurl.com/c6zvx2u5
https://tinyurl.com/fv4p6vw
https://tinyurl.com/fv4p6vw


335 

evaluation of level 2 and level 3 automated driving concepts (DOT HS 812 182). 
National Highway Traffic Safety Administration. https://tinyurl.com/ffm7rwf 

 
Blaxter, L., Hughes, C., & Tight, M. (2010). How to research (4th ed.). McGraw-Hill 

Education (UK).  
 
Bloom, C., Tan, J., Ramjohn, J., & Bauer, L. (2017). Self-driving cars and data collection: 

Privacy perceptions of networked autonomous vehicles Thirteenth Symposium 
on Usable Privacy and Security (SOUPS), Santa Clara, CA. 
https://tinyurl.com/dyx7w5zs 

 
Blumberg, B., Cooper, D. R., & Schindler, P. S. (2011). Business Research Methods (3rd 

ed.). McGraw-Hill Higher Education-Europe.  
 
Board, D. S. (2019). Who is in Control? Road Safety and Automation in Road Traffic. 

https://tinyurl.com/yppberrb 
 
Bogner, A., Littig, B., & Menz, W. (2009). Introduction: Expert interviews—An 

introduction to a new methodological debate. In Research Methods Series (pp. 
1-13). Palgrave Macmillan. https://doi.org/10.1057/9780  

 
Bojke L, Soares M, & Claxton K. (2021). Reviewing the evidence: heuristics and biases. In 

Developing a reference protocol for structured expert elicitation in health-care 
decision-making: a mixed-methods study. NIHR Journals. 
https://www.ncbi.nlm.nih.gov/books/NBK571047/  

 
Boll, C. R. (2020). The Impact of COVID-19 on Adoption of Autonomous Vehicle 

Technology. https://tinyurl.com/f2r4tjtb 
 
Bollen, K. A. (1990). Overall fit in covariance structure models: Two types of sample size 

effects. Psychological bulletin, 107(2), 256-259. https://doi.org/10.1037/0033-
2909.107.2.256  

 
Bonnefon, J.-F., Shariff, A., & Rahwan, I. (2016). The social dilemma of autonomous 

vehicles. Science, 352(6293), 1573-1576. 
https://doi.org/10.1126/science.aaf2654  

 
Borshchev, A., & Filippov, A. (2004). From system dynamics and discrete event to 

practical agent based modeling: reasons, techniques, tools Proceedings of the 
22nd international conference of the system dynamics society, Oxford, UK. 
https://www.anylogic.com/upload/iblock/98a/98a7aebbe9e89099430f888f29a
9715e.pdf 

 
Boutueil, V. (2018). Chapter 2 - New mobility services. In A. Aguilera & V. Boutueil (Eds.), 

Urban Mobility and the Smartphone (pp. 39-78). Elsevier. 
https://doi.org/10.1016/B978-0-12-812647-9.00002-0  

 

https://tinyurl.com/ffm7rwf
https://tinyurl.com/dyx7w5zs
https://tinyurl.com/yppberrb
https://doi.org/10.1057/9780
https://www.ncbi.nlm.nih.gov/books/NBK571047/
https://tinyurl.com/f2r4tjtb
https://doi.org/10.1037/0033-2909.107.2.256
https://doi.org/10.1037/0033-2909.107.2.256
https://doi.org/10.1126/science.aaf2654
https://www.anylogic.com/upload/iblock/98a/98a7aebbe9e89099430f888f29a9715e.pdf
https://www.anylogic.com/upload/iblock/98a/98a7aebbe9e89099430f888f29a9715e.pdf
https://doi.org/10.1016/B978-0-12-812647-9.00002-0


336 

Boyer, P. (1996). What makes anthropomorphism natural: Intuitive ontology and 
cultural representations. Journal of the Royal Anthropological Institute, 83-97. 
https://doi.org/10.2307/3034634  

 
Braun, V., & Clarke, V. (2006). Using thematic analysis in psychology. Qualitative 

research in psychology, 3(2), 77-101. 
https://doi.org/10.1191/1478088706qp063oa  

 
Brierley, J. A. (2017). The role of a pragmatist paradigm when adopting mixed methods 

in behavioural accounting research. International Journal of Behavioural 
Accounting and Finance, 6(2), 140-154. 
https://doi.org/10.1504/IJBAF.2017.10007499  

 
Brinkley, J., Posadas, B., Sherman, I., Daily, S. B., & Gilbert, J. E. (2019). An open road 

evaluation of a self-driving vehicle human–machine interface designed for 
visually impaired users. International Journal of Human–Computer Interaction, 
35(11), 1018-1032. https://doi.org/10.1080/10447318.2018.1561787  

 
Broek, S. M., van Nunen, E., & Zwijnenberg, H. (2011). Definition of necessary vehicle 

and infrastructure systems for automated driving (SMART – 2010/0064). 
https://trimis.ec.europa.eu/sites/default/files/project/documents/smart_repor
t.pdf 

 
Brookhuis, K. A., van Driel, C. J., Hof, T., van Arem, B., & Hoedemaeker, M. (2009). Driving 

with a congestion assistant; mental workload and acceptance. Applied 
ergonomics, 40(6), 1019-1025. https://doi.org/10.1016/j.apergo.2008.06.010  

 
Brown, J. D. (2011). Likert items and scales of measurement. Shiken: JALT Testing & 

Evaluation SIG Newsletter. https://hosted.jalt.org/test/bro_34.htm 
 
Brown, T. A., & Moore, M. T. (2012). Confirmatory factor analysis. In R.H.Hoyles (Ed.), 

Handbook of structural equation modeling (pp. 361-379). The Guilford Press.  
 
Byrne, B. M. (2016). Structural equation modeling with AMOS: Basic concepts, 

applications, and programming (Third ed.). Routledge. 
https://doi.org/https://doi.org/10.4324/9781315757421  

 
Cabinet Office, H. T., Rt Hon Philip Hammond. (2017). National Cyber Security Strategy 

2016 to 2021. https://tinyurl.com/3jvfprjw 
 
Cai, S., Jun, M., & Yang, Z. (2010). Implementing supply chain information integration in 

China: The role of institutional forces and trust. Journal of Operations 
Management, 28(3), 257-268. https://doi.org/10.1016/j.jom.2009.11.005  

 
Cameron, M. (2018). Realising the potential of Driverless Vehicles: Recommendations for 

Law Reform. CreateSpace Independent Publishing Platform California, US. 
https://tinyurl.com/2t7ab3rv  

 

https://doi.org/10.2307/3034634
https://doi.org/10.1191/1478088706qp063oa
https://doi.org/10.1504/IJBAF.2017.10007499
https://doi.org/10.1080/10447318.2018.1561787
https://trimis.ec.europa.eu/sites/default/files/project/documents/smart_report.pdf
https://trimis.ec.europa.eu/sites/default/files/project/documents/smart_report.pdf
https://doi.org/10.1016/j.apergo.2008.06.010
https://hosted.jalt.org/test/bro_34.htm
https://doi.org/https:/doi.org/10.4324/9781315757421
https://tinyurl.com/3jvfprjw
https://doi.org/10.1016/j.jom.2009.11.005
https://tinyurl.com/2t7ab3rv


337 

Canis, B., & Lattanzio, R. (2014). US and EU motor vehicle standards: issues for 
transatlantic trade negotiations (CRS Report, Issue. 
https://www.hsdl.org/?view&did=751039 

 
Cao, X., Wang, L., & Luo, S. (2013). Research on Contextual Design in Human–Computer 

Interaction Under the Framework of Activity Theory Lecture Notes in Electrical 
Engineering. Proceedings of the 2012 International Conference on Information 
Technology and Software Engineering (ITSE2012), Berlin, Heidelberg. 
https://tinyurl.com/7zpm8m5p 

 
Cash, P., & Piirainen, K. A. (2015). Building a cohesive body of design knowledge: 

developments from a design science research perspective 20th International 
Conference on Engineering Design: Design for Life (ICED15), Milan, Italy. 
https://tinyurl.com/nk486299 

 
Casner, S. M., Geven, R. W., Recker, M. P., & Schooler, J. W. (2014). The retention of 

manual flying skills in the automated cockpit. Human factors, 56(8), 1506-1516. 
https://doi.org/10.1177/0018720814535628  

 
Castelfranchi, C., & Falcone, R. (2010). Trust theory: A socio-cognitive and computational 

model. John Wiley & Sons.  
 
Castro, F. G., Kellison, J. G., Boyd, S. J., & Kopak, A. (2010). A methodology for conducting 

integrative mixed methods research and data analyses. Journal of mixed 
methods research, 4(4), 342-360. https://doi.org/10.1177/1558689810382916.  

 
Cavoli, C., Phillips, B., Cohen, T., & Jones, P. (2017). Social and behavioural questions 

associated with Automated Vehicles : A Literature Review. 
https://www.gov.uk/government/publications/social-and-behavioural-
questions-associated-with-automated-vehicles 

 
Cavoukian, A. (2009). Privacy by design: the definitive workshop. A foreword by Ann 

Cavoukian, Ph.D. Identity in the Information Society, 3(2), 247-251. 
https://doi.org/10.1007/s12394-010-0062-y  

 
CCAV. (2020). Centre for Connected and Autonomous Vehicles UK. 

https://www.gov.uk/government/organisations/centre-for-connected-and-
autonomous-vehicles 

 
Chamberlain, L. (2020). Trackless trams may be the best alternative to light rail. 

Citymonitor. https://tinyurl.com/rvvj7dwf 
 
Chan, W. M., & Lee, J. W. C. (2021). 5G Connected Autonomous Vehicle Acceptance: 

Mediating effect of Trust in the Technology Acceptance Model. Asian Journal of 
Business Research Volume, 11(1). https://doi.org/10.14707/ajbr.210098  

 
Chancey, E. T., Bliss, J. P., Yamani, Y., & Handley, H. A. (2017). Trust and the compliance–

reliance paradigm: The effects of risk, error bias, and reliability on trust and 

https://www.hsdl.org/?view&did=751039
https://tinyurl.com/7zpm8m5p
https://tinyurl.com/nk486299
https://doi.org/10.1177/0018720814535628
https://doi.org/10.1177/1558689810382916
https://www.gov.uk/government/publications/social-and-behavioural-questions-associated-with-automated-vehicles
https://www.gov.uk/government/publications/social-and-behavioural-questions-associated-with-automated-vehicles
https://doi.org/10.1007/s12394-010-0062-y
https://www.gov.uk/government/organisations/centre-for-connected-and-autonomous-vehicles
https://www.gov.uk/government/organisations/centre-for-connected-and-autonomous-vehicles
https://tinyurl.com/rvvj7dwf
https://doi.org/10.14707/ajbr.210098


338 

dependence. Human factors, 59(3), 333-345. 
https://doi.org/10.1177/0018720816682648  

 
Chang, Y., & Edara, P. (2018, 2018/10/01/). Evaluation of a reservation-based 

intersection control algorithm for hurricane evacuation with autonomous 
vehicles. International Journal of Disaster Risk Reduction, 31, 1152-1158. 
https://doi.org/10.1016/j.ijdrr.2017.09.001  

 
Charness, G., Gneezy, U., & Kuhn, M. A. (2012). Experimental methods: Between-subject 

and within-subject design. Journal of Economic Behavior & Organization, 81(1), 
1-8. https://doi.org/https://doi.org/10.1016/j.jebo.2011.08.009  

 
Chehri, A., & Mouftah, H. T. (2019). Autonomous vehicles in the sustainable cities, the 

beginning of a green adventure. Sustainable Cities and Society, 51. 
https://doi.org/10.1016/j.scs.2019.101751  

 
Chen, C.-F., & Chen, P.-C. (2011). Applying the TAM to travelers’ usage intentions of GPS 

devices. Expert Systems with Applications, 38(5), 6217-6221. 
https://doi.org/10.1016/j.eswa.2010.11.047  

 
Chen, D., Ahn, S., Chitturi, M., & Noyce, D. A. (2017). Towards vehicle automation: 

Roadway capacity formulation for traffic mixed with regular and automated 
vehicles. Transportation research part B: methodological, 100, 196-221. 
https://doi.org/10.1016/j.trb.2017.01.017  

 
Chen, H.-K., & Yan, D.-W. (2019). Interrelationships between influential factors and 

behavioral intention with regard to autonomous vehicles. International Journal 
of Sustainable Transportation, 13(7), 511-527. 
https://doi.org/10.1080/15568318.2018.1488021  

 
Chen, J., Li, R., Gan, M., Fu, Z., & Yuan, F. (2020). Public Acceptance of Driverless Buses 

in China: An Empirical Analysis Based on an Extended UTAUT Model. Discrete 
Dynamics in Nature and Society, 2020. https://doi.org/10.1155/2020/4318182  

 
Chen, T. D., Kockelman, K. M., & Hanna, J. P. (2016). Operations of a shared, 

autonomous, electric vehicle fleet: Implications of vehicle & charging 
infrastructure decisions. Transportation Research Part A: Policy and Practice, 94, 
243-254. https://doi.org/10.1016/j.tra.2016.08.020  

 
Chien, S.-Y., Lewis, M., Sycara, K., Liu, J.-S., & Kumru, A. (2018). The effect of culture on 

trust in automation: reliability and workload. ACM Transactions on Interactive 
Intelligent Systems (TiiS), 8(4), 1-31. https://doi.org/10.1145/3230736  

 
Cho, H., & Hansman, R. J. (2018). Framework for Understanding the Driver's Trust in 

Automation and Its Implications on Driver's Decision and Behavior (ICAT-2018-
01). http://hdl.handle.net/1721.1/113881 

 
Christian, G., Moritz, K., David, L., & Klaus, B. (2016). Gold, C., Körber, M., Lechner, D., & 

Bengler, K. (2016). Taking over control from highly automated vehicles in 

https://doi.org/10.1177/0018720816682648
https://doi.org/10.1016/j.ijdrr.2017.09.001
https://doi.org/https:/doi.org/10.1016/j.jebo.2011.08.009
https://doi.org/10.1016/j.scs.2019.101751
https://doi.org/10.1016/j.eswa.2010.11.047
https://doi.org/10.1016/j.trb.2017.01.017
https://doi.org/10.1080/15568318.2018.1488021
https://doi.org/10.1155/2020/4318182
https://doi.org/10.1016/j.tra.2016.08.020
https://doi.org/10.1145/3230736
http://hdl.handle.net/1721.1/113881


339 

complex traffic situations: the role of traffic density. . Human factors, 58(4), 642-
652. https://doi.org/10.1177/0018720816634226  

 
Chu, X., Lu, Z., Gesbert, D., Wang, L., & Wen, X. (2021). Vehicle Localization via 

Cooperative Channel Mapping. IEEE Transactions on Vehicular Technology, 70, 
5719-5733. https://doi.org/10.1109/TVT.2021.3073682  

 
Clements, L. M., & Kockelman, K. M. (2017). Economic effects of automated vehicles. 

Transportation research record, 2606(1), 106-114. 
https://doi.org/10.3141/2606-14  

 
Coelingh, E. (2013). Autonomous driving: The SARTRE project and beyond. AUVSI 2013 

Driverless Car Summit, Detroit. https://www.auvsi.org/driverless-car-summit-
starts-focus-implementation-0 

 
Cognetti, M., Oriolo, G., Peliti, P., Rosa, L., & Stegagno, P. (2014). Cooperative control of 

a heterogeneous multi-robot system based on relative localization 2014 IEEE/RSJ 
International Conference on Intelligent Robots and Systems (IROS), Chicago, IL, 
USA. https://ieeexplore.ieee.org/document/6942583 

 
Cohen, L., Manion, L., & Morrison, K. (2011). Chapter 21: Interviews. Research Methods 

in Education (7th ed., pp. 409–443). London, UK: Routledge.  
 
Cohen, S. A., & Hopkins, D. (2019). Autonomous vehicles and the future of urban 

tourism. Annals of Tourism Research, 74, 33-42. 
https://doi.org/10.1016/j.annals.2018.10.009  

 
Collingwood, L. (2017). Privacy implications and liability issues of autonomous vehicles. 

Information & Communications Technology Law, 26(1), 32-45. 
https://doi.org/10.1080/13600834.2017.1269871  

 
Combs, T. S., Sandt, L. S., Clamann, M. P., & McDonald, N. C. (2019, Jan). Automated 

Vehicles and Pedestrian Safety: Exploring the Promise and Limits of Pedestrian 
Detection. Am J Prev Med, 56(1), 1-7. 
https://doi.org/10.1016/j.amepre.2018.06.024  

 
Commission, E. (2019a). Mobility and Transport: Road Safety. European Commission. 

https://tinyurl.com/urkb8pub 
 
Comte, S. L. (2000, 2000/06/01/). New systems: new behaviour? Transportation 

Research Part F: Traffic Psychology and Behaviour, 3(2), 95-111. 
https://doi.org/10.1016/S1369-8478(00)00019-X  

 
Conceição, L., Correia, G., & Tavares, J. P. (2017). The deployment of automated vehicles 

in urban transport systems: a methodology to design dedicated zones. 
Transportation Research Procedia, 27, 230-237. 
https://doi.org/10.1016/j.trpro.2017.12.025  

 

https://doi.org/10.1177/0018720816634226
https://doi.org/10.1109/TVT.2021.3073682
https://doi.org/10.3141/2606-14
https://www.auvsi.org/driverless-car-summit-starts-focus-implementation-0
https://www.auvsi.org/driverless-car-summit-starts-focus-implementation-0
https://ieeexplore.ieee.org/document/6942583
https://doi.org/10.1016/j.annals.2018.10.009
https://doi.org/10.1080/13600834.2017.1269871
https://doi.org/10.1016/j.amepre.2018.06.024
https://tinyurl.com/urkb8pub
https://doi.org/10.1016/S1369-8478(00)00019-X
https://doi.org/10.1016/j.trpro.2017.12.025


340 

Cooper, D. R., & Schindler, P. S. (2013). Business Research Methods (12th ed.). McGraw-
Hill Education.  

 
Coppola, R., & Morisio, M. (2016). Connected car: technologies, issues, future trends. 

ACM Computing Surveys (CSUR), 49(3), 1-36. https://doi.org/10.1145/2971482  
 
Correia, G. H., & van Arem, B. (2016). Solving the User Optimum Privately Owned 

Automated Vehicles Assignment Problem (UO-POAVAP): A model to explore the 
impacts of self-driving vehicles on urban mobility. Transportation research part 
B: methodological, 87, 64-88. https://doi.org/10.1016/j.trb.2016.03.002  

 
Costa, E., Soares, A. L., & de Sousa, J. P. (2016). Situating case studies within the design 

science research paradigm: An instantiation for collaborative networks 17th IFIP 
WG 5.5 Working Conference on Virtual Enterprises, Porto, Portugal. 
https://doi.org/10.1007/978-3-319-45390-3_45 

 
Costello, A. B., & Osborne, J. (2005). Best practices in exploratory factor analysis: Four 

recommendations for getting the most from your analysis. Practical Assessment, 
Research, and Evaluation, 10(1), 7. https://doi.org/10.7275/JYJ1-4868  

 
Cotter, S., Stevens, A., Popken, A., & Gelau, C. (2008). Development of innovative 

methodologies to evaluate ITS safety and usability: HUMANIST TF E Proceedings 
of the European Conference on Human Centred Design for Intelligent Transport 
Systems, Lyon. https://tinyurl.com/55wejy58 

 
Craig Morrisona, E. S., Shraga Shovalb. (2020). A Review of the Relationship Between 

Cyber-Physical Systems,Autonomous Vehicles and Their Trustworthiness. 
https://tinyurl.com/2x6345yn 

 
Craik, K. J. W. (1943). The nature of explanation (Vol. 445). Cambridge University Press.  
 
Crayton, T. J., & Meier, B. M. (2017, 2017/09/01/). Autonomous vehicles: Developing a 

public health research agenda to frame the future of transportation policy. 
Journal of Transport & Health, 6, 245-252. 
https://doi.org/10.1016/j.jth.2017.04.004  

 
Cresswell, J. W., & Cresswell, J. D. (2018). Research design : qualitative, quantitative, and 

mixed methods approaches (5th ed.). Thousand Oaks, Sage Publications, Inc.  
 
Creswell, J. D., & Creswell, J. W. (2018). Research Design: Qualitative, Quantitative, and 

Mixed Methods Approaches (5th ed.). Sage Publications, Inc.  
 
Creswell, J. W., & Clark, V. L. P. (2017). Designing and conducting mixed methods 

research. Thousand Oaks, CA: Sage Publications.  
 
Creswell, J. W., Plano Clark, V., Gutmann, M. L., & Hanson, W. E. (2003). An expanded 

typology for classifying mixed methods research into designs. In A. Tashakkori & 
C. Teddlie (Eds.), Handbook of mixed methods in social and behavioral research 

https://doi.org/10.1145/2971482
https://doi.org/10.1016/j.trb.2016.03.002
https://doi.org/10.1007/978-3-319-45390-3_45
https://doi.org/10.7275/JYJ1-4868
https://tinyurl.com/55wejy58
https://tinyurl.com/2x6345yn
https://doi.org/10.1016/j.jth.2017.04.004


341 

(pp. 209-240). Thousand Oaks, CA:Sage. 
https://us.corwin.com/sites/default/files/upm-binaries/19291_Chapter_7.pdf  

 
Creswell, J. W., & Poth, C. N. (2016). Qualitative inquiry and research design: Choosing 

among five approaches. Sage publications.  
 
Cunneen, M., Mullins, M., & Murphy, F. (2019a). Autonomous vehicles and embedded 

artificial intelligence: The challenges of framing machine driving decisions. 
Applied Artificial Intelligence, 33(8), 706-731. 
https://doi.org/10.1080/08839514.2019.1600301  

 
Cunneen, M., Mullins, M., & Murphy, F. (2019b). Autonomous Vehicles and Embedded 

Artificial Intelligence: The Challenges of Framing Machine Driving Decisions. 
Applied Artificial Intelligence, 33, 706 - 731. 
https://doi.org/10.1080/08839514.2019.1600301  

 
Cunneen, M., Mullins, M., Murphy, F., Shannon, D., Furxhi, I., & Ryan, C. (2020). 

Autonomous vehicles and avoiding the trolley (dilemma): vehicle perception, 
classification, and the challenges of framing decision ethics. Cybernetics and 
Systems, 51(1), 59-80. https://doi.org/10.1080/01969722.2019.1660541  

 
Cunningham, M., & Regan, M. (2015). Driver inattention, distraction and autonomous 

vehicles 4th International Conference on Driver Distraction and Inattention, , 
Sydney, New South Wales, Australia. https://tinyurl.com/ezjft7u 

 
Cunningham, M. L., & Regan, M. A. (2020). Public Opinion About Automated and Self-

Driving Vehicles. In Handbook of Human Factors for Automated, Connected, and 
Intelligent Vehicles. CRC Press. https://doi.org/https://doi.org/10.1201/b21974  

 
Cunningham, M. L., Regan, M. A., Horberry, T., Weeratunga, K., & Dixit, V. (2019). Public 

opinion about automated vehicles in Australia: Results from a large-scale 
national survey. Transportation Research Part A: Policy and Practice, 129, 1-18. 
https://doi.org/10.1016/j.tra.2019.08.002  

 
Cutello, C. A., Walsh, C., Hanoch, Y., & Hellier, E. (2021). Reducing optimism bias in the 

driver’s seat: Comparing two interventions. Transportation Research Part F: 
Traffic Psychology and Behaviour, 78, 207-217. 
https://doi.org/https://doi.org/10.1016/j.trf.2021.02.013  

 
D'Oca, S., Ferrante, A., Ferrer, C., Pernetti, R., Gralka, A., Sebastian, R., & Veld, P. (2018). 

Technical, financial, and social barriers and challenges in deep building 
renovation: Integration of lessons learned from the H2020 cluster projects. 
Buildings, 8(12). https://doi.org/10.3390/buildings8120174  

 
Das, S., Dutta, A., & Fitzpatrick, K. (2020, 2020/11/01). Technological perception on 

autonomous vehicles: perspectives of the non-motorists. Technology Analysis & 
Strategic Management, 32(11), 1335-1352. 
https://doi.org/10.1080/09537325.2020.1768235  

 

https://us.corwin.com/sites/default/files/upm-binaries/19291_Chapter_7.pdf
https://doi.org/10.1080/08839514.2019.1600301
https://doi.org/10.1080/08839514.2019.1600301
https://doi.org/10.1080/01969722.2019.1660541
https://tinyurl.com/ezjft7u
https://doi.org/https:/doi.org/10.1201/b21974
https://doi.org/10.1016/j.tra.2019.08.002
https://doi.org/https:/doi.org/10.1016/j.trf.2021.02.013
https://doi.org/10.3390/buildings8120174
https://doi.org/10.1080/09537325.2020.1768235


342 

Davis, F. D. (1985). A technology acceptance model for empirically testing new end-user 
information systems: Theory and results [PhD, Massachusetts Institute of 
Technology]. http://hdl.handle.net/1721.1/15192 

 
Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of 

information technology. MIS quarterly, 13(3), 319-340. 
https://doi.org/10.2307/249008  

 
Davis, F. D. (1993). User acceptance of information technology: system characteristics, 

user perceptions and behavioral impacts. International journal of man-machine 
studies, 38(3), 475-487. https://doi.org/10.1006/imms.1993.1022  

 
Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. (1989). User acceptance of computer 

technology: A comparison of two theoretical models. Management science, 
35(8), 982-1003. https://doi.org/10.1287/MNSC.35.8.982  

 
De Bruyne, J., & Werbrouck, J. (2018). Merging self-driving cars with the law. Computer 

law & security review, 34(5), 1150-1153. 
https://doi.org/10.1016/j.clsr.2018.02.008  

 
De Visser, E. J., Beatty, P. J., Estepp, J. R., Kohn, S., Abubshait, A., Fedota, J. R., & 

McDonald, C. G. (2018). Learning From the Slips of Others: Neural Correlates of 
Trust in Automated Agents. Frontiers in Human Neuroscience, 12(309). 
https://doi.org/10.3389/fnhum.2018.00309  

 
de Visser, E. J., Pak, R., & Shaw, T. H. (2018). From ‘automation’ to ‘autonomy’: the 

importance of trust repair in human–machine interaction. Ergonomics, 61(10), 
1409-1427. https://doi.org/10.1080/00140139.2018.1457725  

 
De Winter, J. C., Happee, R., Martens, M. H., & Stanton, N. A. (2014). Effects of adaptive 

cruise control and highly automated driving on workload and situation 
awareness: A review of the empirical evidence. Transportation Research Part F: 
Traffic Psychology and Behaviour, 27(Part B), 196-217. 
https://doi.org/10.1016/j.trf.2014.06.016  

 
Dekker, S. W. A., & Woods, D. D. (2002). MABA-MABA or Abracadabra? Progress on 

Human–Automation Co-ordination. Cognition, Technology & Work, 4(4), 240-
244. https://doi.org/10.1007/s101110200022  

 
DeMaio, T., & Landreth, A. (2004). Examining expert reviews as a pretest method 4th 

Conference on Questionnaire Evaluation Standards-QUEST 2003, Mannheim, 
Germany. https://nbn-resolving.org/urn:nbn:de:0168-ssoar-49195-9 

 
Desai, M., Kaniarasu, P., Medvedev, M., Steinfeld, A., & Yanco, H. (2013). Impact of robot 

failures and feedback on real-time trust. HRI '13: Proceedings of the 8th 
ACM/IEEE international conference on Human-robot interaction, Tokyo, Japan. 

 
Dft. (2015). The pathway to driverless cars: A code of practice for testing. Department 

for Transport Crown. https://tinyurl.com/hww85dpp 

http://hdl.handle.net/1721.1/15192
https://doi.org/10.2307/249008
https://doi.org/10.1006/imms.1993.1022
https://doi.org/10.1287/MNSC.35.8.982
https://doi.org/10.1016/j.clsr.2018.02.008
https://doi.org/10.3389/fnhum.2018.00309
https://doi.org/10.1080/00140139.2018.1457725
https://doi.org/10.1016/j.trf.2014.06.016
https://doi.org/10.1007/s101110200022
https://nbn-resolving.org/urn:nbn:de:0168-ssoar-49195-9
https://tinyurl.com/hww85dpp


343 

 
Dft. (2017a). The key principles of vehicle cyber security for connected and automated 

vehicles. https://tinyurl.com/4mcc98cj 
 
Dft. (2017b). New measures set out autonomous vehicle insurance and electric vehicle 

infrastructure. Department for Transport. https://tinyurl.com/4byaetc3 
 
Ding, Z., Zhu, M., Tam, V. W., Yi, G., & Tran, C. N. (2018). A system dynamics-based 

environmental benefit assessment model of construction waste reduction 
management at the design and construction stages. Journal of Cleaner 
Production, 176, 676-692. https://doi.org/10.1016/j.jclepro.2017.12.101  

 
Dirsehan, T., & Can, C. (2020). Examination of trust and sustainability concerns in 

autonomous vehicle adoption. Technology in Society, Elsevier, 63(C). 
https://doi.org/10.1016/j.techsoc.2020.101361  

 
DiSalvo, C., & Gemperle, F. (2003). From seduction to fulfillment: the use of 

anthropomorphic form in design. Proceedings of the 2003 international 
conference on Designing pleasurable products and interfaces, Pittsburgh, PA, 
USA. 

 
DMV. (2019). State of California Department of Motor Vehicles, Testing of Autonomous 

Vehicles with a Driver. https://www.dmv.ca.gov/portal/vehicle-industry-
services/autonomous-vehicles/ 

 
DMV. (2020). 2020 Report of Traffic Collision Involving an Autonomous Vehicle. State of 

California Department of Motor Vehicles. https://tinyurl.com/2szf8mk3 
 
Drechsler, A., & Hevner, A. (2016). A four-cycle model of IS design science research: 

capturing the dynamic nature of IS artifact design. 11th International Conference 
on Design Science Research in Information Systems and Technology (DESRIST) 
St. John, Canada. 

 
Du, H., Zhu, G., & Zheng, J. (2021). Why travelers trust and accept self-driving cars: an 

empirical study. Travel behaviour and society, 22, 1-9. 
https://doi.org/10.1016/j.tbs.2020.06.012  

 
Duarte, F., & Ratti, C. (2018). The impact of autonomous vehicles on cities: A review. 

Journal of Urban Technology, 25(4), 3-18. 
https://doi.org/10.1080/10630732.2018.1493883  

 
Duffy, B. R. (2003). Anthropomorphism and the social robot. Robotics and Autonomous 

Systems, 42(3), 177-190. https://doi.org/10.1016/S0921-8890(02)00374-3  
 
Dworkin, S. L. (2012, 2012/12/01). Sample Size Policy for Qualitative Studies Using In-

Depth Interviews. Archives of Sexual Behavior, 41(6), 1319-1320. 
https://doi.org/10.1007/s10508-012-0016-6  

 

https://tinyurl.com/4mcc98cj
https://tinyurl.com/4byaetc3
https://doi.org/10.1016/j.jclepro.2017.12.101
https://doi.org/10.1016/j.techsoc.2020.101361
https://www.dmv.ca.gov/portal/vehicle-industry-services/autonomous-vehicles/
https://www.dmv.ca.gov/portal/vehicle-industry-services/autonomous-vehicles/
https://tinyurl.com/2szf8mk3
https://doi.org/10.1016/j.tbs.2020.06.012
https://doi.org/10.1080/10630732.2018.1493883
https://doi.org/10.1016/S0921-8890(02)00374-3
https://doi.org/10.1007/s10508-012-0016-6


344 

Dzindolet, M. T., Peterson, S. A., Pomranky, R. A., Pierce, L. G., & Beck, H. P. (2003, 
2003/06/01/). The role of trust in automation reliance. International Journal of 
Human-Computer Studies, 58(6), 697-718. https://doi.org/10.1016/S1071-
5819(03)00038-7  

 
Edelmann, A., Stümper, S., & Petzoldt, T. (2019). Specific Feedback Matters-The Role of 

Specific Feedback in the Development of Trust in Automated Driving Systems 
2019 IEEE Intelligent Vehicles Symposium (IV), Paris, France 
https://in.booksc.eu/book/76850504/618a61 

 
Edquist, C. (2001). The Systems of Innovation Approach and Innovation Policy: An 

account of the state of the art DRUID conference, Aalborg, Denmark. 
https://tinyurl.com/dv2d64ka 

 
Ekman, F. (2020a). Designing for Appropriate Trust in Automated Vehicles [Doctoral, 

Chalmers University of Technology]. Gothenburg, Sweden. 
https://research.chalmers.se/en/publication/517220 

 
Ekman, F. (2020b). Designing for Appropriate Trust in Automated Vehicles [Doctoral, 

Chalmers University of Technology]. Gothenburg, Sweden. 
https://research.chalmers.se/en/publication/517220 

 
Ekman, F., & Johansson, M. (2015a). Creating appropriate trust for autonomous vehicles 

[Masters, Chalmers University of Technology]. Gothenburg, Sweden. 
https://publications.lib.chalmers.se/records/fulltext/226342/226342.pdf 

 
Ekman, F., & Johansson, M. (2015b). Creating appropriate trust for autonomous vehicles 

[Masters, Chalmers Univeristy of Technology]. Göteborg, Sweden. 
https://publications.lib.chalmers.se/records/fulltext/226342/226342.pdf 

 
Ekman, F., & Johansson, M. (2018). Understanding Trust in an AV-context: A Mixed 

Method Approach 6th Humanist Conference, The Hague, Netherlands. 
https://tinyurl.com/8vxwewk4 

 
Ekman, F., Johansson, M., & Sochor, J. (2018, 02 / 01 /). Creating appropriate trust in 

automated vehicle systems: A framework for HMI design [Article]. IEEE 
Transactions on Human-Machine Systems, 48(1), 95-101. 
https://doi.org/10.1109/THMS.2017.2776209  

 
Elmaghraby, A. S., & Losavio, M. M. (2014). Cyber security challenges in Smart Cities: 

Safety, security and privacy. Journal of advanced research, 5(4), 491-497. 
https://doi.org/10.1016/j.jare.2014.02.006  

 
Endsley, M. (1995). Toward a theory of situation awareness in dynamic systems. Human 

factors, 37(1), 32. https://doi.org/10.1518/001872095779049543  
 
Endsley, M. R. (1988). Situation awareness global assessment technique (SAGAT). 

Proceedings of the IEEE 1988 national aerospace and electronics conference, 
Dayton, OH, USA. 

https://doi.org/10.1016/S1071-5819(03)00038-7
https://doi.org/10.1016/S1071-5819(03)00038-7
https://in.booksc.eu/book/76850504/618a61
https://tinyurl.com/dv2d64ka
https://research.chalmers.se/en/publication/517220
https://research.chalmers.se/en/publication/517220
https://publications.lib.chalmers.se/records/fulltext/226342/226342.pdf
https://publications.lib.chalmers.se/records/fulltext/226342/226342.pdf
https://tinyurl.com/8vxwewk4
https://doi.org/10.1109/THMS.2017.2776209
https://doi.org/10.1016/j.jare.2014.02.006
https://doi.org/10.1518/001872095779049543


345 

 
Endsley, M. R. (1995). Toward a theory of situation awareness in dynamic systems. 

Human factors, 37(1), 32-64. https://doi.org/10.1518/001872095779049543  
 
Endsley, M. R. (2016). Designing for situation awareness: An approach to user-centered 

design. CRC press.  
 
Endsley, M. R. (2017). From here to autonomy: lessons learned from human–

automation research. Human factors, 59(1), 5-27. 
https://doi.org/10.1177/0018720816681350  

 
Enoch, M. P., Cross, R., Potter, N., Davidson, C., Taylor, S., Brown, R., Huang, H., Parsons, 

J., Tucker, S., Wynne, E., Grieg, D., Campbell, G., Jackson, A., & Potter, S. (2020). 
Future local passenger transport system scenarios and implications for policy 
and practice. Transport policy, 90, 52-67. 
https://doi.org/10.1016/j.tranpol.2020.02.009  

 
Epley, N., Waytz, A., & Cacioppo, J. T. (2007). On seeing human: a three-factor theory of 

anthropomorphism. Psychological review, 114(4), 864. 
https://doi.org/10.1037/0033-295X.114.4.864  

 
Erchov, S. (2017). Reconceptualizing Trust: Defining, Modeling, and Measuring Trust 

George Mason University]. Fairfax, VA. https://hdl.handle.net/1920/11143 
 
Erthal, F., Bastos, A., Vilete, L., Oliveira, L., Pereira, M., Mendlowicz, M., Volchan, E., & 

Figueira, I. (2021). Unveiling the neural underpinnings of optimism: a systematic 
review. Cognitive, Affective, & Behavioral Neuroscience. 
https://doi.org/10.3758/s13415-021-00931-8  

 
Ervin, R. (2005). Automotive collision avoidance system field operational test 

methodology and results, volume 1: technical report. 
https://hdl.handle.net/2027.42/49539 

 
EU. (2016). GDPR key changes. European Union GDPR Portal. 

https://www.eugdpr.org/key-changes.html 
 
Evas, T. (2018). A Common EU Approach to Liability Rules and Insurance for Connected 

and Autonomous Vehicles (QA-04-18-027-EN-N). 
https://trid.trb.org/view/1506751 

 
Evas, T., Rohr, C., Dunkerley, F., & Howarth, D. (2018). A common EU approach to liability 

rules and insurance for connected and autonomous vehicles. European Added 
Value Assessment, EPRS—European parliamentary Research Service, 200. 
https://doi.org/10.2861/282501 

  
 
Faas, S. M., Stange, V., & Baumann, M. (2021). Self-Driving Vehicles and Pedestrian 

Interaction: Does an External Human-Machine Interface Mitigate the Threat of a 
Tinted Windshield or a Distracted Driver? International Journal of Human–

https://doi.org/10.1518/001872095779049543
https://doi.org/10.1177/0018720816681350
https://doi.org/10.1016/j.tranpol.2020.02.009
https://doi.org/10.1037/0033-295X.114.4.864
https://hdl.handle.net/1920/11143
https://doi.org/10.3758/s13415-021-00931-8
https://hdl.handle.net/2027.42/49539
https://www.eugdpr.org/key-changes.html
https://trid.trb.org/view/1506751
https://doi.org/10.2861/282501


346 

Computer Interaction, 37(14), 1364-1374. 
https://doi.org/10.1080/10447318.2021.1886483  

 
Fabian, P., Murphy, F., Mullins, M., Maier, K., Friel, R., & Rohlfs, T. (2018). Reasonable, 

adequate and efficient allocation of liability costs for automated vehicles: a case 
study of the German Liability and Insurance Framework. European Journal of Risk 
Regulation, 9(3), 548-563. https://tinyurl.com/awnhhw75  

 
Faggella, D. (2020). The Self-Driving Car Timeline – Predictions from the Top 11 Global 

Automakers. https://tinyurl.com/wkk3taf3 
 
Fagnant, D. J., & Kockelman, K. (2015). Preparing a nation for autonomous vehicles: 

opportunities, barriers and policy recommendations. Transportation Research 
Part A: Policy and Practice, 77, 167-181. 
https://doi.org/10.1016/j.tra.2015.04.003  

 
Fagnant, D. J., & Kockelman, K. M. (2014). The travel and environmental implications of 

shared autonomous vehicles, using agent-based model scenarios. 
Transportation Research Part C: Emerging Technologies, 40, 1-13. 
https://doi.org/10.1016/j.trc.2013.12.001  

 
Fagnant, D. J., & Kockelman, K. M. (2015). Motorcycle Use in the United States: Crash 

Experiences, Safety Perspectives, and Countermeasures. Journal of 
Transportation Safety & Security, 7(1), 20-39. 
https://doi.org/10.1080/19439962.2014.894164  

 
Faisal, A., Kamruzzaman, M., Yigitcanlar, T., & Currie, G. (2019). Understanding 

autonomous vehicles: A systematic literature review on capability, impact, 
planning and policy. Journal of transport and land use, 12(1), 45-72. 
https://doi.org/10.5198/JTLU.2019.1405  

 
Faltaous, S., Baumann, M., Schneegass, S., & Chuang, L. L. (2018). Design guidelines for 

reliability communication in autonomous vehicles Proceedings of the 10th 
international conference on automotive user interfaces and interactive vehicular 
applications, Toronto, Canada.  

 
Farrell, J., & Barth, M. (1999). The global positioning system and inertial navigation (Vol. 

61). Mcgraw-hill New York, NY, USA:.  
 
Fedota, J. R., & Parasuraman, R. (2010). Neuroergonomics and human error. Theoretical 

Issues in Ergonomics Science, 11(5), 402-421. 
https://doi.org/10.1080/14639220902853104  

 
Feldhütter, A., Gold, C., Hüger, A., & Bengler, K. (2016). Trust in automation as a matter 

of media influence and experi-ence of automated vehicles Proceedings of the 
human factors and ergonomics society annual meeting HFES, Washington, D.C. 
https://mediatum.ub.tum.de/doc/1416358/1416358.pdf 

 
Fellows, R. F., & Liu, A. M. (2015). Research methods for construction. John Wiley & Sons.  

https://doi.org/10.1080/10447318.2021.1886483
https://tinyurl.com/awnhhw75
https://tinyurl.com/wkk3taf3
https://doi.org/10.1016/j.tra.2015.04.003
https://doi.org/10.1016/j.trc.2013.12.001
https://doi.org/10.1080/19439962.2014.894164
https://doi.org/10.5198/JTLU.2019.1405
https://doi.org/10.1080/14639220902853104
https://mediatum.ub.tum.de/doc/1416358/1416358.pdf


347 

 
Ferati, M., Murano, P., & Giannoumis, G. A. (2017). Universal design of user interfaces in 

self-driving cars International Conference on Applied Human Factors and 
Ergonomics, Los Angeles; United States. 
http://pietromurano.org/Papers/Ferati_Murano_Giannoumis_web.pdf 

 
Ferrero, F., Perboli, G., Rosano, M., & Vesco, A. (2018). Car-sharing services: An 

annotated review. Sustainable Cities and Society, 37, 501-518. 
https://doi.org/10.1016/j.scs.2017.09.020  

 
Field, A. (2013). Discovering statistics using IBM SPSS statistics (4th ed.). Sage 

Publications.  
 
Filip, G., Meng, X., Burnett, G., & Harvey, C. (2016). Designing and calibrating trust 

through situational awareness of the vehicle (SAV) feedback IET International 
Conference on Intelligent and Connected Vehicles (ICV 2016), Chongqing, China. 
https://tinyurl.com/pbjcd5au 

 
Finkelstein, L. (1994). Measurement and instrumentation science—An analytical review. 

Measurement, 14(1), 3-14. https://doi.org/10.1016/0263-2241(94)90038-8  
 
Fishbein, M., & Ajzen, I. (1975). Intention and behavior: An introduction to theory and 

research. Addison-Wesley, Reading, MA. 
https://people.umass.edu/aizen/f&a1975.html  

 
Fisher, D. L., Horrey, W. J., Lee, J. D., & Regan, M. A. (2020). Handbook of human factors 

for automated, connected, and intelligent vehicles. CRC Press.  
 
Fitt, H., Curl, A., Dionisio-McHugh, R., Fletcher, A., Frame, B., & Ahuriri-Driscoll, A. 

(2018). Think Piece: Autonomous vehicles and future urban environments: 
Exploring implications for wellbeing in an ageing society. 
http://hdl.handle.net/10092/15403 

 
Fitt, H., Frame, B., Fletcher, A., Curl, A., Dionisio, M., Ahuriri-Driscoll, A., Baldwin, N., & 

Hadfield, H. (2018). Four plausible scenarios for transport in New Zealand in 
2048. http://hdl.handle.net/10092/15414 

 
Fitts, P. M. (1951). Human engineering for an effective air-navigation and traffic-control 

system. https://apps.dtic.mil/sti/pdfs/ADB815893.pdf 
 
 
FleetPartners. (2020). Autonomous Vehicles On The Way. 

https://www.fleetpartners.co.nz/insights/autonomous-vehicles-way 
 
Flemisch, F., Heesen, M., Hesse, T., Kelsch, J., Schieben, A., & Beller, J. (2012). Towards 

a dynamic balance between humans and automation: authority, ability, 
responsibility and control in shared and cooperative control situations. 
Cognition, Technology & Work, 14(1), 3-18. https://doi.org/10.1007/s10111-
011-0191-6  

http://pietromurano.org/Papers/Ferati_Murano_Giannoumis_web.pdf
https://doi.org/10.1016/j.scs.2017.09.020
https://tinyurl.com/pbjcd5au
https://doi.org/10.1016/0263-2241(94)90038-8
https://people.umass.edu/aizen/f&a1975.html
http://hdl.handle.net/10092/15403
http://hdl.handle.net/10092/15414
https://apps.dtic.mil/sti/pdfs/ADB815893.pdf
https://www.fleetpartners.co.nz/insights/autonomous-vehicles-way
https://doi.org/10.1007/s10111-011-0191-6
https://doi.org/10.1007/s10111-011-0191-6


348 

 
Fong, T., Nourbakhsh, I., & Dautenhahn, K. (2003). A survey of socially interactive robots. 

Robotics and Autonomous Systems, 42(3-4), 143-166. 
https://doi.org/10.1016/S0921-8890(02)00372-X  

 
Fonner, V. A., Geurkink, D., Chiwanga, F., Amiri, I., & Likindikoki, S. (2021). Long-Distance 

Travel for HIV-Related Care—Burden or Choice?: A Mixed Methods Study in 
Tanzania. AIDS and Behavior, 25(7), 2071-2083. 
https://doi.org/10.1007/s10461-020-03136-1  

 
Fookes, Z. (2016). Navigating the law reform route for driverless cars in New Zealand. 

http://hdl.handle.net/10063/6308  
 
Ford, A. (2009). Sensitivity analysis (Vol. 2). Encyclopedia of Life Support Systems (EOLSS) 

http://www.eolss.net/sample-chapters/C15/E6-63-03-06.pdf  
 
Fornell, C., & Larcker, D. F. (1981). Structural equation models with unobservable 

variables and measurement error: Algebra and statistics. Journal of Marketing 
Research, 18, 382-388. https://doi.org/10.1177/002224378101800313  

 
Forrest, A., & Konca, M. (2007). Autonomous cars and society (IQP OVP 06B1). 

(Worcester Polytechnic Institute, Issue. W. P. Institute. 
https://digital.wpi.edu/concern/student_works/3t945r08v?locale=en 

 
Forrester, J. W. (1980). Information sources for modeling the national economy. Journal 

of the American Statistical Association, 75(371), 555-566. 
https://doi.org/10.1080/01621459.1980.10477508  

 
Fowler Jr, F. J. (2013). Survey research methods. Sage publications.  
 
Fox-Penner, P., Gorman, W., & Hatch, J. (2018). Long-term U.S transportation electricity 

use considering the effect of autonomous-vehicles: Estimates & policy 
observations. Energy Policy, 122, 203-213. 
https://doi.org/10.1016/j.enpol.2018.07.033  

 
Frewer, L. J., Howard, C., & Shepherd, R. (1998). Understanding public attitudes to 

technology. Journal of Risk Research, 1(3), 221-235. 
https://doi.org/10.1080/136698798377141  

 
Fried, B. H. (2012). What does matter? The case for killing the trolley problem (or letting 

it die). The Philosophical Quarterly, 62(248), 505-529. 
https://doi.org/10.1111/j.1467-9213.2012.00061.x  

 
Fuller, J. (n.d). Did da Vinci really sketch a primitive version of the car? How stuff works. 

https://auto.howstuffworks.com/da-vinci-car1.htm 
 
Funkhouser, K. (2013). Paving the road ahead: autonomous vehicles, products liability, 

and the need for a new approach. Utah Law Review, 437. 
https://doi.org/10.5072/ULR.V2013I1.1097  

https://doi.org/10.1016/S0921-8890(02)00372-X
https://doi.org/10.1007/s10461-020-03136-1
http://hdl.handle.net/10063/6308
http://www.eolss.net/sample-chapters/C15/E6-63-03-06.pdf
https://doi.org/10.1177/002224378101800313
https://digital.wpi.edu/concern/student_works/3t945r08v?locale=en
https://doi.org/10.1080/01621459.1980.10477508
https://doi.org/10.1016/j.enpol.2018.07.033
https://doi.org/10.1080/136698798377141
https://doi.org/10.1111/j.1467-9213.2012.00061.x
https://auto.howstuffworks.com/da-vinci-car1.htm
https://doi.org/10.5072/ULR.V2013I1.1097


349 

 
Gable, G. G. (1994). Integrating case study and survey research methods: an example in 

information systems. European Journal of Information Systems, 3(2), 112-126. 
https://doi.org/10.1057/ejis.1994.12  

 
Gadisa, B., & Zhou, H. (2020). Exploring influential factors leading to the poor 

performance of public construction project in Ethiopia using structural equation 
modelling. Engineering, Construction and Architectural Management(ahead-of-
print). https://doi.org/10.1108/ECAM-12-2019-0689  

 
Gao, T., Xin, X., & Xinyang, D. (2020). Location privacy protection scheme based on 

random encryption period in VSNs. Journal of Ambient Intelligence and 
Humanized Computing, 11, 1351-1359. https://doi.org/10.1007/s12652-019-
01227-z  

 
Garzon, S. R. (2012). Intelligent in-car-infotainment systems: A contextual personalized 

approach 2012 Eighth International Conference on Intelligent Environments, 
Guanajuato, Mexico. https://tinyurl.com/38fet8be 

 
GDPR. (2020). General Data Protection Regulation, the EU’s new data protection law. i. 

consulting. https://gdpr-info.eu/ 
 
Gefen, D., Straub, D., & Boudreau, M.-C. (2000). Structural equation modeling and 

regression: Guidelines for research practice. Communications of the association 
for information systems, 4(1), 7. https://doi.org/10.17705/1CAIS.00407  

 
Geistfeld, M. A. (2017). A roadmap for autonomous vehicles: State tort liability, 

automobile insurance, and federal safety regulation. California Law Review, 
105(6), 1611-1694. https://doi.org/10.15779/Z38416SZ9R  

 
Geng, H. (2017). IoT Architecture. In (pp. 239 - 249). John Wiley & Sons, Inc. 

https://doi.org/10.1002/9781119173601.ch14  
 
Georg Doll, E. E., Kersten Heineke, Martin Kellner, Charlotte Wiemuth. (2020). Private 

autonomous vehicles: The other side of the robo-taxi story. Mckinsey & Company. 
https://tinyurl.com/88fun7ec 

 
Geoscience, A. (2020). SouthPAN to position Australia and New Zealand into the future. 

https://tinyurl.com/fvev5zdp 
 
Gerdes, R. M., Winstead, C., & Heaslip, K. (2013). CPS: an efficiency-motivated attack 

against autonomous vehicular transportation Proceedings of the 29th Annual 
Computer Security Applications Conference, New Orleans, LA, USA. 
https://doi.org/10.1145/2523649.2523658 

 
Ghazizadeh, M., Lee, J. D., & Boyle, L. N. (2012). Extending the Technology Acceptance 

Model to assess automation. Cognition, Technology & Work, 14(1), 39-49. 
https://doi.org/10.1007/s10111-011-0194-3  

 

https://doi.org/10.1057/ejis.1994.12
https://doi.org/10.1108/ECAM-12-2019-0689
https://doi.org/10.1007/s12652-019-01227-z
https://doi.org/10.1007/s12652-019-01227-z
https://tinyurl.com/38fet8be
https://gdpr-info.eu/
https://doi.org/10.17705/1CAIS.00407
https://doi.org/10.15779/Z38416SZ9R
https://doi.org/10.1002/9781119173601.ch14
https://tinyurl.com/88fun7ec
https://tinyurl.com/fvev5zdp
https://doi.org/10.1145/2523649.2523658
https://doi.org/10.1007/s10111-011-0194-3


350 

Ghazizadeh, M., Peng, Y., Lee, J. D., & Boyle, L. N. (2012b). Augmenting the technology 
acceptance model with trust: Commercial drivers’ attitudes towards monitoring 
and feedback Proceedings of the Human Factors and Ergonomics Society 56th 
Annual Meeting, Massachusetts, USA. 
https://doi.org/10.1177/1071181312561481 

 
Giddens, A. (1990). The consequences of modernity. Polity Press, Cambridge, UK. 

https://tinyurl.com/vks57hdn  
 
Gingrich, M. L., & Moe, S. (2019). The Driverless Revolution: What Next? 

https://tinyurl.com/jar4dfk 
 
Glancy, D. J. (2012). Privacy in autonomous vehicles. Santa Clara Law Review, 52, 1171. 

https://tinyurl.com/4jsn28y2  
 
Gleeson, B., Hamnett, S., & Freestone, R. (2018). The Metropolitan Condition. . In H. 

Stephen & F. Robert (Eds.), Planning Metropolitan Australia. Routledge. 
https://doi.org/10.4324/9781315281377  

 
Glikson, E., & Woolley, A. W. (2020). Human trust in artificial intelligence: Review of 

empirical research. Academy of Management Annals, 14(2), 627-660. 
https://doi.org/10.5465/annals.2018.0057  

 
Goertzen, J. R. (2010). Dialectical pluralism: a theoretical conceptualization of pluralism 

in psychology. New Ideas in Psychology, 28(2), 201-209. 
https://doi.org/10.1016/j.newideapsych.2009.09.013  

 
Goffman, E. (1955). On face-work: An analysis of ritual elements in social interaction. 

Psychiatry, 18(3). https://doi.org/10.1080/00332747.1955.11023008  
 
Gogoll, J., & Müller, J. F. (2017). Autonomous cars: in favor of a mandatory ethics setting. 

Science and engineering ethics, 23, 681-700. https://doi.org/10.1007/s11948-
016-9806-x  

 
Goldbach, R. (2015). Asymmetric influence in global banking regulation: transnational 

harmonization, the competition state, and the roots of regulatory failure. Review 
of International Political Economy, 22(6), 1087-1127. 
https://doi.org/10.1080/09692290.2015.1050440  

 
Goodall, N. J. (2016). Away from trolley problems and toward risk management. Applied 

Artificial Intelligence, 30(8), 810-821. 
https://doi.org/doi.org/10.1080/08839514.2016.1229922  

 
Gössling, S., Cohen, S. A., & Hares, A. (2016). Inside the black box: EU policy officers' 

perspectives on transport and climate change mitigation. Journal of transport 
geography, 57, 83-93. https://doi.org/10.1016/j.jtrangeo.2016.10.002  

 
Gouy, M., Wiedemann, K., Stevens, A., Brunett, G., & Reed, N. (2014). Driving next to 

automated vehicle platoons: How do short time headways influence non-

https://doi.org/10.1177/1071181312561481
https://tinyurl.com/vks57hdn
https://tinyurl.com/jar4dfk
https://tinyurl.com/4jsn28y2
https://doi.org/10.4324/9781315281377
https://doi.org/10.5465/annals.2018.0057
https://doi.org/10.1016/j.newideapsych.2009.09.013
https://doi.org/10.1080/00332747.1955.11023008
https://doi.org/10.1007/s11948-016-9806-x
https://doi.org/10.1007/s11948-016-9806-x
https://doi.org/10.1080/09692290.2015.1050440
https://doi.org/doi.org/10.1080/08839514.2016.1229922
https://doi.org/10.1016/j.jtrangeo.2016.10.002


351 

platoon drivers’ longitudinal control? Transportation Research Part F: Traffic 
Psychology and Behaviour, 27, 264-273. 
https://doi.org/10.1016/j.trf.2014.03.003  

 
Govindarajan, V. (2017). Human Modeling for Autonomous Vehicles: Reachability 

Analysis, Online Learning, and Driver Monitoring for Behavior Prediction 
[Masters University of California]. Berkeley, USA. https://tinyurl.com/r2mjrfj 

 
Gramann, K., Fairclough, S. H., Zander, T. O., & Ayaz, H. (2017). Trends in 

neuroergonomics. Frontiers in Human Neuroscience. 
https://doi.org/10.3389/fnhum.2017.00165  

 
Green, A. (2020). The Self Drive Act: An Opportunity to Re-Legislate a Minimum 

Cybersecurity Federal Framework for Autonomous Vehicles. Santa Clara Law 
Review, 60, 217. https://tinyurl.com/exaeuury  

 
Gregor, S., & Hevner, A. R. (2013). Positioning and presenting design science research 

for maximum impact. MIS quarterly, 37(2), 337-355. 
https://doi.org/10.25300/MISQ/2013/37.2.01  

 
Grossman, R., & Salas, E. (2011). The transfer of training: what really matters. 

International Journal of Training and Development, 15(2), 103-120. 
https://doi.org/1468-2419.2011.00373.x  

 
Gruel, W., & Stanford, J. M. (2016). Assessing the long-term effects of autonomous 

vehicles: a speculative approach. Transportation Research Procedia, 13, 18-29.  
 
Guanetti, J., Kim, Y., & Borrelli, F. (2018). Control of connected and automated vehicles: 

State of the art and future challenges. Annual reviews in control, 45, 18-40. 
https://doi.org/10.1016/j.arcontrol.2018.04.011  

 
Guba, E. (1990). The  Alternative Paradigm Dialogue. Sage Publications Inc.  
 
Guba, E. G., & Lincoln, Y. S. (1994). Competing paradigms in qualitative research. In Y. S. 

Lincoln & N. K. Denzin. (Eds.), Handbook of qualitative research (pp. 105-117). 
Thousands Oaks, CA:Sage.  

 
Gubrium, J. F., & Holstein, J. A. (2002). Handbook of interview research: Context and 

method. Sage Publications. https://doi.org/https://doi.org/10.1002/hrdq.1164  
 
Guest, G. (2013). Describing Mixed Methods Research:An Alternative to Typologies. 

Journal of mixed methods research, 7(2), 141-151. 
https://doi.org/10.1177/1558689812461179  

 
Gugerty, L. J. (1997). Situation awareness during driving: Explicit and implicit knowledge 

in dynamic spatial memory. Journal of Experimental Psychology: Applied, 3(1), 
42-66. https://doi.org/10.1037/1076-898X.3.1.42  

 

https://doi.org/10.1016/j.trf.2014.03.003
https://tinyurl.com/r2mjrfj
https://doi.org/10.3389/fnhum.2017.00165
https://tinyurl.com/exaeuury
https://doi.org/10.25300/MISQ/2013/37.2.01
https://doi.org/1468-2419.2011.00373.x
https://doi.org/10.1016/j.arcontrol.2018.04.011
https://doi.org/https:/doi.org/10.1002/hrdq.1164
https://doi.org/10.1177/1558689812461179
https://doi.org/10.1037/1076-898X.3.1.42


352 

Haboucha, C. J., Ishaq, R., & Shiftan, Y. (2017). User preferences regarding autonomous 
vehicles. Transportation Research Part C: Emerging Technologies, 78, 37-49. 
https://doi.org/10.1016/j.trc.2017.01.010  

 
Hafner, R. J., Walker, I., & Verplanken, B. (2017). Image, not environmentalism: A 

qualitative exploration of factors influencing vehicle purchasing decisions. 
Transportation Research Part A: Policy and Practice, 97(C), 89-105. 
https://doi.org/10.1016/j.tra.2017.01.012  

 
Hair, J., Anderson, R., Babin, B., & Black, W. (2010). Multivariate data analysis: A global 

perspective (7th ed.). Pearson Education.  
 
Hair, J., Black, W., Babin, B., Anderson, R., & Tatham, R. (2006). Multivariate Data 

Analysis (6th ed.). Pearson Prentice Hall.  
 
Hair Jr, J. F., Hult, G. T. M., Ringle, C., & Sarstedt, M. (2016). A primer on partial least 

squares structural equation modeling (PLS-SEM) (2nd ed.). Sage Publications.  
 
Halsey, A. (2018). ‘We’re listening,’ Department of Transportation says on the future of 

driverless cars https://tinyurl.com/tazr2ej 
 
Hancock, P., Kessler, T. T., Kaplan, A. D., Brill, J. C., & Szalma, J. L. (2020). Evolving trust 

in robots: specification through sequential and comparative meta-analyses. 
Human factors. https://doi.org/10.1177/0018720820922080  

 
Hancock, P. A. (2014). Automation: how much is too much? Ergonomics, 57(3), 449-454. 

https://doi.org/10.1080/00140139.2013.816375  
 
Hanington, B., & Martin, B. (2019). Universal methods of design expanded and revised: 

125 Ways to research complex problems, develop innovative ideas, and design 
effective solutions. Rockport publishers Inc.  

 
Hansson, L. (2020). Regulatory governance in emerging technologies: The case of 

autonomous vehicles in Sweden and Norway. Research in transportation 
economics, 83. https://doi.org/10.1016/j.retrec.2020.100967  

 
Harris, J. E. (2020). The Subways Seeded the Massive Coronavirus Epidemic in New York 

City. National Bureau of Economic Research. 
https://www.nber.org/papers/w27021 

 
Harrison, R. L. (2013). Using mixed methods designs in the Journal of Business Research, 

1990–2010. Journal of Business Research, 66(11), 2153-2162. 
https://doi.org/https://doi.org/10.1016/j.jbusres.2012.01.006  

 
Harry, R. (2019). New Zealand’s first 5G CAV tested on Auckland streets. 

https://tinyurl.com/buj6pxj4 
 
Hartwich, F., Witzlack, C., Beggiato, M., & Krems, J. F. (2019). The first impression 

counts–A combined driving simulator and test track study on the development 

https://doi.org/10.1016/j.trc.2017.01.010
https://doi.org/10.1016/j.tra.2017.01.012
https://tinyurl.com/tazr2ej
https://doi.org/10.1177/0018720820922080
https://doi.org/10.1080/00140139.2013.816375
https://doi.org/10.1016/j.retrec.2020.100967
https://www.nber.org/papers/w27021
https://doi.org/https:/doi.org/10.1016/j.jbusres.2012.01.006
https://tinyurl.com/buj6pxj4


353 

of trust and acceptance of highly automated driving. Transportation Research 
Part F: Traffic Psychology and Behaviour, 65, 522-535. 
https://doi.org/10.1016/j.trf.2018.05.012  

 
Hasan, M. A., Frame, D. J., Chapman, R., & Archie, K. M. (2019). Emissions from the road 

transport sector of New Zealand: Key drivers and challenges. Environmental 
Science and Pollution Research, 26(23), 23937-23957. 
https://doi.org/10.1007/s11356-019-05734-6  

 
Hastie, H., Liu, X., & Patron, P. (2017). Trust triggers for multimodal command and 

control interfaces Proceedings of the 19th ACM International Conference on 
Multimodal Interaction, Glasgow, UK. 
https://doi.org/10.1145/3136755.3136764 

 
Häuslschmid, R., von Buelow, M., Pfleging, B., & Butz, A. (2017a). Supporting Trust in 

autonomous driving. Proceedings of the 22nd international conference on 
intelligent user interfaces, Limassol, Cyprus. 

 
Häuslschmid, R., von Buelow, M., Pfleging, B., & Butz, A. (2017b). Supporting trust in 

autonomous driving Proceedings of the 22nd international conference on 
intelligent user interfaces, Limassol, Cyprus. 
https://doi.org/10.1145/3025171.3025198 

 
Hekkert, M. P., Suurs, R. A., Negro, S. O., Kuhlmann, S., & Smits, R. E. (2007). Functions 

of innovation systems: A new approach for analysing technological change. 
Technological Forecasting and Social Change, 74(4), 413-432. 
https://doi.org/10.1016/J.TECHFORE.2006.03.002  

 
Helldin, T., Falkman, G., Riveiro, M., & Davidsson, S. (2013). Presenting system 

uncertainty in automotive UIs for supporting trust calibration in autonomous 
driving Proceedings of the 5th international conference on automotive user 
interfaces and interactive vehicular applications, Eindhoven, The Netherlands. 
https://doi.org/10.1145/2516540.2516554 

 
Henseler, J., Ringle, C. M., & Sarstedt, M. (2015). A new criterion for assessing 

discriminant validity in variance-based structural equation modeling. Journal of 
the academy of marketing science, 43(1), 115-135. 
https://doi.org/10.1007/s11747-014-0403-8  

 
Hergeth, S., Lorenz, L., & Krems, J. F. (2017). Prior familiarization with takeover requests 

affects drivers’ takeover performance and automation trust. Human factors, 
59(3), 457-470.  

 
Héry, E., Xu, P., & Bonnifait, P. (2021). Consistent decentralized cooperative localization 

for autonomous vehicles using LiDAR, GNSS, and HD maps. Journal of Field 
Robotics. https://doi.org/10.1002/rob.22004  

 

https://doi.org/10.1016/j.trf.2018.05.012
https://doi.org/10.1007/s11356-019-05734-6
https://doi.org/10.1145/3136755.3136764
https://doi.org/10.1145/3025171.3025198
https://doi.org/10.1016/J.TECHFORE.2006.03.002
https://doi.org/10.1145/2516540.2516554
https://doi.org/10.1007/s11747-014-0403-8
https://doi.org/10.1002/rob.22004


354 

Hess, D. J. (2020). Incumbent-led transitions and civil society: Autonomous vehicle policy 
and consumer organizations in the United States. Technological Forecasting and 
Social Change, 151. https://doi.org/10.1016/j.techfore.2019.119825  

 
Hevner, A. R. (2007). A three cycle view of design science research. Scandinavian journal 

of information systems, 19(2). https://tinyurl.com/2rrmjx29  
 
Hevner, A. R., March, S. T., Park, J., & Ram, S. (2004). Design science in information 

systems research. MIS quarterly, 75-105. https://doi.org/10.2307/25148625  
 
Hevner, A. R., March, S. T., Park, J., & Ram, S. (2008). Design science in information 

systems research. Management Information Systems Quarterly, 28(1), 6. 
https://tinyurl.com/p37snmvb  

 
Hilal, A. H., & Alabri, S. S. (2013). Using NVivo for data analysis in qualitative research. 

International interdisciplinary journal of education, 2(2), 181-186. 
https://doi.org/10.12816/0002914  

 
Hilgarter, K., & Granig, P. (2020). Public perception of autonomous vehicles: a qualitative 

study based on interviews after riding an autonomous shuttle. Transportation 
Research Part F: Traffic Psychology and Behaviour, 72, 226-243. 
https://doi.org/10.1016/j.trf.2020.05.012  

 
Hilkenmeier, F., Bohndick, C., Bohndick, T., & Hilkenmeier, J. (2020, 2020-March-09). 

Assessing Distinctiveness in Multidimensional Instruments Without Access to 
Raw Data – A Manifest Fornell-Larcker Criterion [Original Research]. Frontiers in 
psychology, 11(223). https://doi.org/10.3389/fpsyg.2020.00223  

 
Hing, M. (2019). Driving into Trouble? Civil Liability and Privacy Issues with Autonomous 

Vehicles in New Zealand. Te Mata Koi: Auckland University Law Review, 25, 199. 
https://search.informit.org/doi/10.3316/agispt.20200225025890  

 
HMI. (2018). Ohmio Automotion. https://www.hmi.co.nz/en-nz/automated-vehicles 
 
Hock, P., Kraus, J., Walch, M., Lang, N., & Baumann, M. (2016). Elaborating feedback 

strategies for maintaining automation in highly automated driving. Proceedings 
of the 8th International Conference on Automotive User Interfaces and 
Interactive Vehicular Applications,  

 
Hoff, K., & Bashir, M. (2013). A theoretical model for trust in automated systems 

Proceedings on CHI'13 Extended Abstracts on Human Factors in Computing 
Systems, Paris, France https://tinyurl.com/5z8xbk54 

 
Hoff, K. A., & Bashir, M. (2015). Trust in automation: Integrating empirical evidence on 

factors that influence trust. Human factors, 57(3), 407-434. 
https://doi.org/10.1177/0018720814547570  

 
Hollström, F. (2019). Adoption and acceptance of autonomous vehicles [Masters, LUT 

UNIVERSITY]. https://tinyurl.com/977rpxs 

https://doi.org/10.1016/j.techfore.2019.119825
https://tinyurl.com/2rrmjx29
https://doi.org/10.2307/25148625
https://tinyurl.com/p37snmvb
https://doi.org/10.12816/0002914
https://doi.org/10.1016/j.trf.2020.05.012
https://doi.org/10.3389/fpsyg.2020.00223
https://search.informit.org/doi/10.3316/agispt.20200225025890
https://www.hmi.co.nz/en-nz/automated-vehicles
https://tinyurl.com/5z8xbk54
https://doi.org/10.1177/0018720814547570
https://tinyurl.com/977rpxs


355 

 
Holmström, J., Ketokivi, M., & Hameri, A. P. (2009). Bridging practice and theory: A 

design science approach. Decision Sciences, 40(1), 65-87. 
https://doi.org/10.1111/j.1540-5915.2008.00221.x  

 
Holtzblatt, K., Wendell, J. B., & Wood, S. (2005). Rapid contextual design: a how-to guide 

to key techniques for user-centered design. Elsevier Inc. 
https://doi.org/10.1016/B978-0-12-354051-5.X5000-9  

 
Hoogendoorn, R., van Arerm, B., & Hoogendoom, S. (2014). Automated driving, traffic 

flow efficiency, and human factors: Literature review. Transportation research 
record, 2422(1), 113-120. https://doi.org/10.3141/2422-13  

 
Hörl, S., Ciari, F., & Axhausen, K. W. (2016). Recent perspectives on the impact of 

autonomous vehicles. Working paper Institute for Transport Planning and 
Systems, 10XX, 1216. https://doi.org/10.3929/ethz-b-000121359  

 
Houghton, J. a., Siegel, M., Wirsch, A., Moulton, A., Madnick, S., & Goldsmith, D. (2014). 

A survey of methods for data inclusion in System Dynamics models: methods, 
tools and applications (Composite Information Systems Laboratory (CISL) 
Working Paper CISL, Issue. http://web.mit.edu/smadnick/www/wp/2014-03.pdf 

 
Howard, B. (2020). GM’s Cruise Origin Is an Autonomous Vehicle From the Future. 

https://www.extremetech.com/extreme/302323-meet-gms-cruiseorigin-of-
the-autonomous-species  

 
Hu, L. t., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure 

analysis: Conventional criteria versus new alternatives. Structural equation 
modeling: a multidisciplinary journal, 6(1), 1-55. 
https://doi.org/10.1080/10705519909540118  

 
Huntington, S. (2018). What Are the Safety Features in Autonomous Cars? 

https://tinyurl.com/yyw4xhrs 
 
Hussain, R., & Zeadally, S. (2018). Autonomous cars: Research results, issues, and future 

challenges. IEEE Communications Surveys & Tutorials, 21(2), 1275-1313. 
https://doi.org/10.1109/COMST.2018.2869360  

 
Hutcheson, G. D., & Sofroniou, N. (1999). The multivariate social scientist: Introductory 

statistics using generalized linear models. Sage Publications Ltd. 
https://doi.org/10.4135/9780857028075  

 
IBM. (2021). IBM Support : IBM SPSS Amos 26. IBM. 

https://www.ibm.com/support/pages/downloading-ibm-spss-amos-26 
 
Igliński, H., & Babiak, M. (2017). Analysis of the potential of autonomous vehicles in 

reducing the emissions of greenhouse gases in road transport. Procedia 
engineering, 192, 353-358. https://doi.org/10.1016/j.proeng.2017.06.061  

 

https://doi.org/10.1111/j.1540-5915.2008.00221.x
https://doi.org/10.1016/B978-0-12-354051-5.X5000-9
https://doi.org/10.3141/2422-13
https://doi.org/10.3929/ethz-b-000121359
http://web.mit.edu/smadnick/www/wp/2014-03.pdf
https://www.extremetech.com/extreme/302323-meet-gms-cruiseorigin-of-the-autonomous-species
https://www.extremetech.com/extreme/302323-meet-gms-cruiseorigin-of-the-autonomous-species
https://doi.org/10.1080/10705519909540118
https://tinyurl.com/yyw4xhrs
https://doi.org/10.1109/COMST.2018.2869360
https://doi.org/10.4135/9780857028075
https://www.ibm.com/support/pages/downloading-ibm-spss-amos-26
https://doi.org/10.1016/j.proeng.2017.06.061


356 

Ikart, E. M. (2019). Survey questionnaire survey pretesting method: An evaluation of 
survey questionnaire via expert reviews technique. Asian Journal of Social 
Science Studies, 4(2), 1. https://doi.org/10.20849/ajsss.v4i2.565  

 
Inglis, A. (2008). Approaches to the validation of quality frameworks for e‐learning. 

Quality Assurance in Education, 16(4), 347-362. 
https://doi.org/10.1108/09684880810906490  

 
Innovation, Z. (2006). S-Curves. https://tinyurl.com/3dtrbmta 
 
Insights, C. (2020). 40+ Corporations Working On Autonomous Vehicles. 

https://tinyurl.com/hhsd6cbc 
 
IRGC. (2016). Risk and Opportunity Governance of Autonomous Cars. International Risk 

Governance Council. https://tinyurl.com/nvzz6nbj 
 
Isaac, O., Abdullah, Z., Ramayah, T., & Mutahar, A. M. (2017). Internet usage, user 

satisfaction, task-technology fit, and performance impact among public sector 
employees in Yemen. The International Journal of Information and Learning 
Technology, 34(3), 210-241. https://doi.org/10.1108/IJILT-11-2016-0051  

 
Jadaan, K., Zeater, S., & Abukhalil, Y. (2017). Connected vehicles: an innovative transport 

technology. Procedia engineering, 187, 641-648. 
https://doi.org/10.1016/j.proeng.2017.04.425  

 
Jain, V. (2020). Cyber crime and laws in New Zealand: An overview. 

https://cyberblogindia.in/cyber-crime-laws-in-new-zealand-an-overview/ 
 
James, L. R., Mulaik, S. A., & Brett, J. M. (1982). Causal Analysis: Assumptions, Models, 

and Data. Sage Publications.  
 
Jane, L., & Nathan, F. (2020). Self-driving cars in the U.S. are delivering supplies – and 

gathering data – during COVID-19. https://tinyurl.com/xnkurta4 
 
Jermakian, J. S. (2011). Crash avoidance potential of four passenger vehicle 

technologies. Accident Analysis & Prevention, 43(3), 732-740. 
https://doi.org/10.1016/j.aap.2010.10.020  

 
Ji, Y. G. (2015). HCI for Elderly and Smart Vehicle Interaction. Int. J. Hum. Comput. 

Interaction, 31(10), 633-634.  
 
Johannesson, P., & Perjons, E. (2014). An Introduction to Design Science. Springer 

International Publishing.  
 
Johansson, M. (2019). Understanding the Users’ Understanding of Automated Vehicles 

Proceedings of the 31st European Conference on Cognitive Ergonomics, Belfast, 
UK. https://doi.org/10.1145/3335082.3335124 

 

https://doi.org/10.20849/ajsss.v4i2.565
https://doi.org/10.1108/09684880810906490
https://tinyurl.com/3dtrbmta
https://tinyurl.com/hhsd6cbc
https://tinyurl.com/nvzz6nbj
https://doi.org/10.1108/IJILT-11-2016-0051
https://doi.org/10.1016/j.proeng.2017.04.425
https://cyberblogindia.in/cyber-crime-laws-in-new-zealand-an-overview/
https://tinyurl.com/xnkurta4
https://doi.org/10.1016/j.aap.2010.10.020
https://doi.org/10.1145/3335082.3335124


357 

Johns, M., Sibi, S., & Ju, W. (2014). Effect of cognitive load in autonomous vehicles on 
driver performance during transfer of control. Adjunct Proceedings of the 6th 
International Conference on Automotive User Interfaces and Interactive 
Vehicular Applications,  

 
Johnson-Laird, P. N. (2013). The Mental Models Perspective. In D. Reisberg (Ed.), The 

Oxford Handbook of Cognitive Psychology (Vol. 25, pp. 650-667). Oxford 
University Press. http://doi.org/10.1093/oxfordhb/9780195376746.013.0041  

 
Johnson, C. (2017). Readiness of the road network for connected and autonomous 

vehicles. https://tinyurl.com/uhjt68ss 
 
Johnson, R. B., & Onwuegbuzie, A. J. (2004). Mixed methods research: A research 

paradigm whose time has come. Educational researcher, 33(7), 14-26. 
https://doi.org/10.3102/0013189X033007014  

 
Johnson, R. B., Onwuegbuzie, A. J., & Turner, L. A. (2007). Toward a definition of mixed 

methods research. Journal of mixed methods research, 1(2), 112-133. 
https://doi.org/10.1177/1558689806298224  

 
Joiner, I. A. (2018). Emerging Library Technologies: It's Not Just for Geeks (1st ed.). 

Chandos Publishing.  
 
Jonassen, D. H. (1995). Operationalizing mental models: Strategies for assessing mental 

models to support meaningful learning and design-supportive learning 
environments CSCL '95: The first international conference on Computer support 
for collaborative learning, Bloomington Indiana, USA. 
https://doi.org/10.3115/222020.222166 

 
Jones, L. (2017). Driverless when and cars: where? [Automotive Autonomous Vehicles]. 

Engineering & Technology, 12(2), 36-40. https://doi.org/10.1049/et.2017.0201  
 
Jones, M. R., & Karsten, H. (2008). Giddens's structuration theory and information 

systems research. MIS quarterly, 127-157.  
 
Justo-Hanani, R., & Dayan, T. (2015). European risk governance of nanotechnology: 

Explaining the emerging regulatory policy. Research Policy, 44(8), 1527-1536. 
https://doi.org/10.1016/j.respol.2015.05.001  

 
Kaiser, H. F. (1974). An index of factorial simplicity. Psychometrika, 39(1), 31-36. 

https://doi.org/10.1007/BF02291575  
 
Kalra, N., & Paddock, S. M. (2016). Driving to safety: How many miles of driving would it 

take to demonstrate autonomous vehicle reliability? 
https://www.rand.org/pubs/research_reports/RR1478.html 

 
Kamp, L. M. (2002). Learning in wind turbine development. A comparison between the 

Netherlands and Denmark [Masters, Universiteit Utrecht]. Utrecht, Netherlands. 
https://dspace.library.uu.nl/bitstream/handle/1874/554/full.pdf 

http://doi.org/10.1093/oxfordhb/9780195376746.013.0041
https://tinyurl.com/uhjt68ss
https://doi.org/10.3102/0013189X033007014
https://doi.org/10.1177/1558689806298224
https://doi.org/10.3115/222020.222166
https://doi.org/10.1049/et.2017.0201
https://doi.org/10.1016/j.respol.2015.05.001
https://doi.org/10.1007/BF02291575
https://www.rand.org/pubs/research_reports/RR1478.html
https://dspace.library.uu.nl/bitstream/handle/1874/554/full.pdf


358 

 
Kannan, V. R., & Tan, K. C. (2005). Just in time, total quality management, and supply 

chain management: understanding their linkages and impact on business 
performance. Omega, 33(2), 153-162. 
https://doi.org/10.1016/j.omega.2004.03.012  

 
Kano, N. (1995). Upsizing the organization by attractive quality creation. In Total Quality 

Management (pp. 60-72). Springer.  
 
Kaptelinin, V., & Nardi, B. A. (2007). Acting with technology: Activity theory and 

interaction design. MIT press. https://doi.org/10.5210/fm.v12i4.1772  
 
Karlsson, I. M., Ekman, F., & Johansson, M. (2018). Designing Multi-modal Interaction–

A Basic Operations Approach. Congress of the International Ergonomics 
Association,  

 
Karnouskos, S. (2020). The role of utilitarianism, self-safety, and technology in the 

acceptance of self-driving cars. Cognition, Technology & Work, 1-9. 
https://doi.org/10.1007/s10111-020-00649-6  

 
Kaur, K., & Rampersad, G. (2018). Trust in driverless cars: Investigating key factors 

influencing the adoption of driverless cars. Journal of Engineering and 
Technology Management, 48, 87-96. 
https://doi.org/10.1016/j.jengtecman.2018.04.006  

 
Kek, A. G., Cheu, R. L., Meng, Q., & Fung, C. H. (2009). A decision support system for 

vehicle relocation operations in carsharing systems. Transportation Research 
Part E: Logistics and Transportation Review, 45(1), 149-158. 
https://doi.org/10.1016/j.tre.2016.05.006  

 
Kennedy, C. (2016). New threats to vehicle safety: how cybersecurity policy will shape 

the future of autonomous vehicles. Mich. Telecomm. & Tech. L. Rev., 23(2), 343. 
https://repository.law.umich.edu/mttlr/vol23/iss2/4/  

 
Khan, A. (2017). Modelling Human Factors for Advanced Driving Assistance System 

Design. In N. Stanton, S. Landry, G. Di Bucchianico, & A. Vallicelli (Eds.), Advances 
in Intelligent Systems and Computing (Vol. 484, pp. 3-14). Springer, Cham. 
https://doi.org/10.1007/978-3-319-41682-3_1  

 
Khattak, Z. H., Fontaine, M. D., & Smith, B. L. (2020). Exploratory investigation of 

disengagements and crashes in autonomous vehicles under mixed traffic: An 
endogenous switching regime framework. IEEE Transactions on intelligent 
transportation systems. https://doi.org/10.1109/TITS.2020.3003527  

 
Kidd, D. G., & Reagan, I. J. (2019). System attributes that influence reported 

improvement in drivers’ experiences with adaptive cruise control and active lane 
keeping after daily use in five production vehicles. International Journal of 
Human–Computer Interaction, 35(11), 972-979.  

 

https://doi.org/10.1016/j.omega.2004.03.012
https://doi.org/10.5210/fm.v12i4.1772
https://doi.org/10.1007/s10111-020-00649-6
https://doi.org/10.1016/j.jengtecman.2018.04.006
https://doi.org/10.1016/j.tre.2016.05.006
https://repository.law.umich.edu/mttlr/vol23/iss2/4/
https://doi.org/10.1007/978-3-319-41682-3_1
https://doi.org/10.1109/TITS.2020.3003527


359 

Kilbey, P., Wilson, D., Beg, O., Goodman, G., & Bhagat, A. (2013). Reported road 
casualties in Great Britain: 2012 annual report. https://tinyurl.com/4sdn6pkc 

 
Kim, S., & Shrestha, R. (2020). Security and Privacy in Intelligent Autonomous Vehicles. 

In Automotive Cyber Security (pp. 35-66). Springer.  
 
Kinnear, T. C., Taylor, J. R., Johnson, L., & Armstrong, R. (1993). Australian marketing 

research. McGraw-Hill Education- Europe.  
 
Kivunja, C., & Kuyini, A. B. (2017). Understanding and applying research paradigms in 

educational contexts. International Journal of higher education, 6(5), 26-41. 
https://doi.org/10.5430/ijhe.v6n5p26  

 
Kline, R. (2016). Principles and practice of structure equation modeling, (4th ed.). The 

Guilford Publications Inc. https://tinyurl.com/cnc9rj7c  
 
Knowles, B., & Richards, J. T. (2021). The Sanction of Authority: Promoting Public Trust 

in AI. Proceedings of the 2021 ACM Conference on Fairness, Accountability, and 
Transparency,  

 
Kokar, M. M., & Endsley, M. R. (2012). Situation awareness and cognitive modeling. IEEE 

Intelligent Systems, 27(3), 91-96. https://doi.org/10.1109/MIS.2012.61  
 
Kolarova, V., Steck, F., Cyganski, R., & Trommer, S. (2018). Estimation of the value of 

time for automated driving using revealed and stated preference methods. 
Transportation Research Procedia, 31, 35-46. 
https://doi.org/10.1016/j.trpro.2018.09.044  

 
Konrad, T., Gehrt, J.-J., Lin, J., Zweigel, R., & Abel, D. (2018). Advanced state estimation 

for navigation of automated vehicles. Annual reviews in control, 46, 181-195. 
https://doi.org/10.1016/j.arcontrol.2018.09.002  

 
Koopman, P. (2018). Practical experience report: Automotive safety practices vs. 

accepted principles. In B. Gallina, A. Skavhaug, & F. Bitsch (Eds.), The  
International Conference on Computer Safety, Reliability, and Security 
(SAFECOMP 2018)  Lecture Notes in Computer Science (pp. 3-11). Springer, Cham. 
https://doi.org/10.1007/978-3-319-99130-6_1  

 
Körber, M., Prasch, L., & Bengler, K. (2018). Why do I have to drive now? Post hoc 

explanations of takeover requests. Human factors, 60(3), 305-323.  
 
Kotler, P., & Armstrong, G. (2010). Principles of marketing. Pearson education.  
 
KPMG. (2018). Autonomous Vehicles Readiness Index. 

https://assets.kpmg/content/dam/kpmg/nz/pdf/February/Autonomous_Vehicl
es_Report_2018.pdf 

 

https://tinyurl.com/4sdn6pkc
https://doi.org/10.5430/ijhe.v6n5p26
https://tinyurl.com/cnc9rj7c
https://doi.org/10.1109/MIS.2012.61
https://doi.org/10.1016/j.trpro.2018.09.044
https://doi.org/10.1016/j.arcontrol.2018.09.002
https://doi.org/10.1007/978-3-319-99130-6_1
https://assets.kpmg/content/dam/kpmg/nz/pdf/February/Autonomous_Vehicles_Report_2018.pdf
https://assets.kpmg/content/dam/kpmg/nz/pdf/February/Autonomous_Vehicles_Report_2018.pdf


360 

KPMG. (2020). 2020 Autonomous Vehicles Readiness Index. 
https://home.kpmg/uk/en/home/insights/2020/07/2020-autonomous-
vehicles-readiness-index.html 

 
Kraetsch, C., Eriksson, G., Strand, N., Anon, F., Leuteritz, J.-P., & Schrauth, B. (2021). 

Bridging Gaps for the Adoption of Automated Vehicles—BRAVE Aspects for 
TrustVehicles—Development of Innovative HMIs to Increase Acceptance. In D. 
Watzenig & L. Schicker (Eds.), Enhanced Trustworthiness and End User 
Acceptance of Conditionally Automated Vehicles in the Transition Period. (pp. 25-
43). Springer, Cham. https://doi.org/10.1007/978-3-030-60861-3_2  

 
Kraus, J., Scholz, D., Stiegemeier, D., & Baumann, M. (2020). The more you know: trust 

dynamics and calibration in highly automated driving and the effects of take-
overs, system malfunction, and system transparency. Human factors, 62(5), 718-
736.  

 
Kraus, J. M., Nothdurft, F., Hock, P., Scholz, D., Minker, W., & Baumann, M. (2016). 

Human after all: Effects of mere presence and social interaction of a humanoid 
robot as a co-driver in automated driving Adjunct Proceedings of the 8th 
International Conference on Automotive User Interfaces and Interactive 
Vehicular Applications (AutomotiveUI 2016), Ann Arbor, MI, USA. 
https://doi.org/10.1145/3004323.3004338 

 
Krivokapic-Skoko, B., & O’neill, G. (2011). Beyond the qualitative–quantitative 

distinction: Some innovative methods for business and management research. 
International Journal of Multiple Research Approaches, 5(3), 290-300. 
https://doi.org/10.5172/mra.2011.5.3.290  

 
Kroeger, F. (2017). Facework: creating trust in systems, institutions and organisations. 

Cambridge Journal of Economics, 41(2), 487-514.  
 
Kröger, L., Kuhnimhof, T., & Trommer, S. (2019). Does context matter? A comparative 

study modelling autonomous vehicle impact on travel behaviour for Germany 
and the USA. Transportation Research Part A: Policy and Practice, 122, 146-161. 
https://doi.org/10.1016/j.tra.2018.03.033  

 
Krueger, R., Rashidi, T. H., & Rose, J. M. (2016). Preferences for shared autonomous 

vehicles. Transportation Research Part C: Emerging Technologies, 69, 343-355. 
https://doi.org/10.1016/j.trc.2016.06.015  

 
Kuhnert, F., Stürmer, C., & Koster, A. (2018). Five trends transforming the Automotive 

Industry. https://tinyurl.com/2zxt49f2 
 
Kun, A. L., Boll, S., & Schmidt, A. (2016). Shifting gears: User interfaces in the age of 

autonomous driving. IEEE Pervasive Computing, 15(1), 32-38.  
 
Kunc, M. (2018). System dynamics: soft and hard approach to modelling Proceedings of 

the 2017 Winter Simulation Conference Nevada, USA. 
http://simulation.su/uploads/files/default/2017-kunc-1.pdf 

https://home.kpmg/uk/en/home/insights/2020/07/2020-autonomous-vehicles-readiness-index.html
https://home.kpmg/uk/en/home/insights/2020/07/2020-autonomous-vehicles-readiness-index.html
https://doi.org/10.1007/978-3-030-60861-3_2
https://doi.org/10.1145/3004323.3004338
https://doi.org/10.5172/mra.2011.5.3.290
https://doi.org/10.1016/j.tra.2018.03.033
https://doi.org/10.1016/j.trc.2016.06.015
https://tinyurl.com/2zxt49f2
http://simulation.su/uploads/files/default/2017-kunc-1.pdf


361 

 
Kunze, A., Summerskill, S. J., Marshall, R., & Filtness, A. J. (2018). Augmented reality 

displays for communicating uncertainty information in automated driving. 
Proceedings of the 10th international conference on automotive user interfaces 
and interactive vehicular applications,  

 
Kyriakidis, M., de Winter, J. C., Stanton, N., Bellet, T., van Arem, B., Brookhuis, K., 

Martens, M. H., Bengler, K., Andersson, J., & Merat, N. (2019). A human factors 
perspective on automated driving. Theoretical Issues in Ergonomics Science, 
20(3), 223-249. https://doi.org/10.1080/1463922X.2017.1293187  

 
Kyriakidis, M., Happee, R., & de Winter, J. C. (2015). Public opinion on automated 

driving: Results of an international questionnaire among 5000 respondents. 
Transportation Research Part F: Traffic Psychology and Behaviour, 32, 127-140. 
https://doi.org/10.1016/j.trf.2015.04.014  

 
Lajunen, T., & Sullman, M. J. M. (2021). Attitudes Toward Four Levels of Self-Driving 

Technology Among Elderly Drivers. Frontiers in psychology, 12, 682973-682973. 
https://doi.org/10.3389/fpsyg.2021.682973  

 
Lajunen, T., & Summala, H. (1995). Driving experience, personality, and skill and safety-

motive dimensions in drivers' self-assessments. Personality and Individual 
Differences, 19(3), 307-318. https://doi.org/10.1016/0191-8869(95)00068-H  

 
Lanamäki, A. (2021). How the Discourse of Urban Smart Mobility Portrays the Role of 

Automobility after'The End of Car Ownership' Proceedings of the 54th Hawaii 
International Conference on System Sciences (HICSS 2021), Hawaii, U.S.A. 
http://dx.doi.org/10.24251/HICSS.2021.224 

 
Lancaster, K. (1971). Consumer Demand: A New Approach. Columbia Unversity Press.  
 
Lane, D. C. (2000). Should system dynamics be described as a ‘hard’or 

‘deterministic’systems approach? Systems Research and Behavioral Science, 
17(1), 3-22. https://tinyurl.com/569mz48s  

 
Lane, D. C. (2006). IFORS'Operational Research Hall of Fame Jay Wright Forrester. 

International Transactions in Operational Research, 13(5), 483-492. 
https://doi.org/10.1111/j.1475-3995.2006.00559.x  

 
Lane, D. C. (2010). OR FORUM—High Leverage Interventions: Three Cases of Defensive 

Action and Their Lessons for OR/MS Today. Operations Research, 58(6), 1535-
1547. https://doi.org/10.1287/opre.1100.0887  

 
Larsson, A. F. (2012). Driver usage and understanding of adaptive cruise control. Applied 

ergonomics, 43(3), 501-506. https://doi.org/10.1016/j.apergo.2011.08.005  
 
Larue, G. S., Rakotonirainy, A., Haworth, N. L., & Darvell, M. (2015). Assessing driver 

acceptance of Intelligent Transport Systems in the context of railway level 

https://doi.org/10.1080/1463922X.2017.1293187
https://doi.org/10.1016/j.trf.2015.04.014
https://doi.org/10.3389/fpsyg.2021.682973
https://doi.org/10.1016/0191-8869(95)00068-H
http://dx.doi.org/10.24251/HICSS.2021.224
https://tinyurl.com/569mz48s
https://doi.org/10.1111/j.1475-3995.2006.00559.x
https://doi.org/10.1287/opre.1100.0887
https://doi.org/10.1016/j.apergo.2011.08.005


362 

crossings. Transportation Research Part F: Traffic Psychology and Behaviour, 30, 
1-13.  

 
Latham, A., & Nattrass, M. (2019). Autonomous vehicles, car-dominated environments, 

and cycling: Using an ethnography of infrastructure to reflect on the prospects 
of a new transportation technology. Journal of transport geography, 81. 
https://doi.org/10.1016/j.jtrangeo.2019.102539  

 
Lee, D., & Hess, D. J. (2020). Regulations for on-road testing of connected and automated 

vehicles: Assessing the potential for global safety harmonization. Transportation 
Research Part A: Policy and Practice, 136, 85-98. 
https://doi.org/10.1016/j.tra.2020.03.026  

 
Lee, J.-G., Gu, J., & Shin, D.-H. (2015). Trust in unmanned driving system Proceedings of 

the Tenth Annual ACM/IEEE International Conference on Human-Robot 
Interaction Extended Abstracts, Portland Oregon, U.S.A. 
https://doi.org/10.1145/2701973.2702023 

 
Lee, J.-G., Kim, K. J., Lee, S., & Shin, D.-H. (2015). Can autonomous vehicles be safe and 

trustworthy? Effects of appearance and autonomy of unmanned driving systems. 
International Journal of Human-Computer Interaction, 31(10), 682-691. 
https://doi.org/10.1080/10447318.2015.1070547  

 
Lee, J., & Moray, N. (1992). Trust, control strategies and allocation of function in human-

machine systems. Ergonomics, 35(10), 1243-1270. 
https://doi.org/10.1080/00140139208967392  

 
Lee, J. D. (2006). Affect, attention, and automation. Attention: From theory to practice, 

73-89.  
 
Lee, J. D. (2018). Perspectives on automotive automation and autonomy. Journal of 

cognitive engineering and decision making, 12(1), 53-57.  
 
Lee, J. D., & Kolodge, K. (2020). Exploring trust in self-driving vehicles through text 

analysis. Human factors, 62(2), 260-277. 
https://doi.org/10.1177/0018720819872672  

 
Lee, J. D., & See, K. A. (2004). Trust in automation: Designing for appropriate reliance. 

Human factors, 46(1), 50-80. https://doi.org/10.1518/hfes.46.1.50_30392  
 
Lee, S. C., Yoon, S. H., & Ji, Y. G. (2021). Effects of non-driving-related task attributes on 

takeover quality in automated vehicles. International Journal of Human–
Computer Interaction, 37(3), 211-219. 
https://doi.org/10.1080/10447318.2020.1815361  

 
Leslie, C., & Jenson, V. (2017). Autonomous Vehicles. 

https://www.mrcagney.com/uploads/case-
studies/MRCAutonomousVehicles.pdf 

 

https://doi.org/10.1016/j.jtrangeo.2019.102539
https://doi.org/10.1016/j.tra.2020.03.026
https://doi.org/10.1145/2701973.2702023
https://doi.org/10.1080/10447318.2015.1070547
https://doi.org/10.1080/00140139208967392
https://doi.org/10.1177/0018720819872672
https://doi.org/10.1518/hfes.46.1.50_30392
https://doi.org/10.1080/10447318.2020.1815361
https://www.mrcagney.com/uploads/case-studies/MRCAutonomousVehicles.pdf
https://www.mrcagney.com/uploads/case-studies/MRCAutonomousVehicles.pdf


363 

Levin, M. W., & Rey, D. (2017). Conflict-point formulation of intersection control for 
autonomous vehicles. Transportation Research Part C: Emerging Technologies, 
85, 528-547. https://doi.org/10.1016/j.trc.2017.09.025  

 
Levinson, J., Askeland, J., Becker, J., Dolson, J., Held, D., Kammel, S., Kolter, J. Z., Langer, 

D., Pink, O., & Pratt, V. (2011). Towards fully autonomous driving: Systems and 
algorithms Proceedings of 2011 IEEE Intelligent Vehicles Symposium (IV), Baden-
Baden, Germany. https://tinyurl.com/tpp8uen5 

 
Levitan, L., Golembiewski, G., & Bloomfield, J. R. (1998). Human factors issues for 

automated highway systems. Journal of Intelligent Transportation System, 4(1-
2), 21-47. https://doi.org/10.1080/10248079808903735  

 
Lewicki, R. J., & Bunker, B. B. (1995). Trust in relationships: A model of development and 

decline. In Conflict, cooperation, and justice: Essays inspired by the work of 
Morton Deutsch. (pp. 133-173). Jossey-Bass/Wiley. 
https://tinyurl.com/23xrxmc8  

 
Lewis, J. D., & Weigert, A. (1985). Trust as a social reality. Social forces, 63(4), 967-985.  
 
Li, M., Holthausen, B. E., Stuck, R. E., & Walker, B. N. (2019). No risk no trust: 

Investigating perceived risk in highly automated driving. Proceedings of the 11th 
International Conference on Automotive User Interfaces and Interactive 
Vehicular Applications,  

 
Liang, Z. (2020). Thoughts on the Development Status and Application Direction of the 

Driverless Industry. International Journal of Scientific Engineering and Science, 
4(3), 15-16. https://tinyurl.com/2bbs76hx  

 
Likert, R. (1932). A technique for the measurement of attitudes. Archives of psychology, 

22(140). https://legacy.voteview.com/pdf/Likert_1932.pdf  
 
Liljamo, T., Liimatainen, H., & Pöllänen, M. (2018). Attitudes and concerns on automated 

vehicles. Transportation Research Part F: Traffic Psychology and Behaviour, 59, 
24-44. https://doi.org/10.1016/j.trf.2018.08.010  

 
Lind Oros, M. (2020). Designing for Calibrated Trust Towards Operators of Highly 

Autonomous Vehicle Systems.  
 
Linkov, V., Zámečník, P., Havlíčková, D., & Pai, C.-W. (2019). Human factors in the 

cybersecurity of autonomous vehicles: Trends in current research. Frontiers in 
psychology, 10, 995. https://doi.org/10.3389/fpsyg.2019.00995  

 
Litman, T. (2020). Autonomous vehicle implementation predictions: Implications for 

transport planning. https://www.vtpi.org/avip.pdf 
 
Litman, T. (2021). Autonomous vehicle implementation predictions. Victoria Transport 

Policy Institute Victoria, Victoria, BC, Canada https://www.vtpi.org/avip.pdf  
 

https://doi.org/10.1016/j.trc.2017.09.025
https://tinyurl.com/tpp8uen5
https://doi.org/10.1080/10248079808903735
https://tinyurl.com/23xrxmc8
https://tinyurl.com/2bbs76hx
https://legacy.voteview.com/pdf/Likert_1932.pdf
https://doi.org/10.1016/j.trf.2018.08.010
https://doi.org/10.3389/fpsyg.2019.00995
https://www.vtpi.org/avip.pdf
https://www.vtpi.org/avip.pdf


364 

Little, T. D., Card, N. A., Bovaird, J. A., Preacher, K. J., & Crandall, C. S. (2007). Structural 
equation modeling of mediation and moderation with contextual factors. In T. D. 
Little, J. A. Bovaird, & N. A. Card (Eds.), Modeling contextual effects in 
longitudinal studies (pp. 207-230). Lawrence Erlbaum Associates Publishers.  

 
Liu, B., Shi, Q., Song, Z., & El Kamel, A. (2019). Trajectory planning for autonomous 

intersection management of connected vehicles. Simulation Modelling Practice 
and Theory, 90, 16-30. https://doi.org/10.1016/j.simpat.2018.10.002  

 
Liu, C. (2010). Human-machine trust interaction: A technical overview. In Trust modeling 

and management in digital environments: From social concept to system 
development. (pp. 471-486). Information Science Reference/IGI Global. 
https://doi.org/10.4018/978-1-61520-682-7.ch020  

 
Liu, C., Rouse, W. B., & Belanger, D. (2019). Understanding Risks and Opportunities of 

Autonomous Vehicle Technology Adoption Through Systems Dynamic Scenario 
Modeling—The American Insurance Industry. IEEE Systems Journal, 14(1), 1365-
1374. https://doi.org/10.1109/JSYST.2019.2913647  

 
Liu, N., Nikitas, A., & Parkinson, S. (2020). Exploring expert perceptions about the cyber 

security and privacy of Connected and Autonomous Vehicles: A thematic analysis 
approach. Transportation Research Part F: Traffic Psychology and Behaviour, 75, 
66-86. https://doi.org/10.1016/j.trf.2020.09.019  

 
Ljungholm, D. P. (2020). Regulating Autonomous Vehicles in a Smart Urban Transport 

System: Safety, Security, and Privacy Issues. Contemporary Readings in Law and 
Social Justice, 12(2), 9-15. https://doi.org/10.22381/CRLSJ12220201  

 
Lohmann, M. F. (2015). Liability issues concerning self-driving vehicles. European Journal 

of Risk Regulation(EJRR), 7(2), 335-340. 
https://www.alexandria.unisg.ch/249224/  

 
Lu, Z., Happee, R., Cabrall, C. D., Kyriakidis, M., & de Winter, J. C. (2016). Human factors 

of transitions in automated driving: A general framework and literature survey. 
Transportation Research Part F: Traffic Psychology and Behaviour, 43, 183-198. 
https://doi.org/10.1016/j.trf.2016.10.007  

 
Lucy, P., & Ben, W. (2018). Future of Transport Technology 2017 Leading Indicators of 

Change. University of Otago NZ. https://tinyurl.com/fe3abncd 
 
Lukka, K. (2003). Case study research in logistics. Publications of the Turku School of 

Economics and Business Administration, Series B, 1(2003), 83-101.  
 
Lundvall, B.-Å. (1992). Institutional Learning National Systems of Innovation: Towards a 

Theory of Innovation and Interactive Learning. In The Learning Economy and the 
Economics of Hope. Anthem Press. 
https://library.oapen.org/bitstream/handle/20.500.12657/31613/626406.pdf?
sequence=1#page=102  

 

https://doi.org/10.1016/j.simpat.2018.10.002
https://doi.org/10.4018/978-1-61520-682-7.ch020
https://doi.org/10.1109/JSYST.2019.2913647
https://doi.org/10.1016/j.trf.2020.09.019
https://doi.org/10.22381/CRLSJ12220201
https://www.alexandria.unisg.ch/249224/
https://doi.org/10.1016/j.trf.2016.10.007
https://tinyurl.com/fe3abncd
https://library.oapen.org/bitstream/handle/20.500.12657/31613/626406.pdf?sequence=1#page=102
https://library.oapen.org/bitstream/handle/20.500.12657/31613/626406.pdf?sequence=1#page=102


365 

Lyon, B., Hudson, N., Twycross, M., Finn, D., Porter, S., Maklary, Z., & Waller, T. (2017). 
Automated vehicles do we know which road to take 
https://tinyurl.com/bpmxv2jm 

 
Lytrivis, P., Papanikolaou, E., Amditis, A., Dirnwöber, M., Froetscher, A., Protzmann, R., 

Rom, W., & Kerschbaumer, A. (2018). Advances in Road Infrastructure , both 
Physical and Digital , for Mixed Vehicle Traffic Flows Proceedings of 7th Transport 
Research Arena TRA 2018, Vienna, Austria. https://tinyurl.com/zt6wkz2n 

 
Lytrivis, P., Papanikolaou, E., Amditis, A., Dirnwöber, M., Froetscher, A., Protzmann, R., 

Rom, W., & Kerschbaumer, A. (2018). Advances in road infrastructure, both 
physical and digital, for mixed vehicle traffic flows Proceedings of the 7th 
transport research Arena, , Vienna, Austria. https://tinyurl.com/zt6wkz2n 

 
Ma, Y., Wang, Z., Yang, H., & Yang, L. (2020). Artificial intelligence applications in the 

development of autonomous vehicles: a survey. IEEE/CAA Journal of Automatica 
Sinica, 7(2), 315-329.  

 
MacKenzie, S. B., Podsakoff, P. M., & Podsakoff, N. P. (2011). Construct measurement 

and validation procedures in MIS and behavioral research: Integrating new and 
existing techniques. MIS quarterly, 293-334. https://doi.org/10.2307/23044045  

 
Madigan, R., Louw, T., Dziennus, M., Graindorge, T., Ortega, E., Graindorge, M., & Merat, 

N. (2016). Acceptance of automated road transport systems (ARTS): an 
adaptation of the UTAUT model. Transportation Research Procedia, 14, 2217-
2226. https://doi.org/10.1016/j.trpro.2016.05.237  

 
Mahajan, V., & Peterson, R. A. (1985). Models for innovation diffusion. Beverly Hills 

(Calif.) Sage publications.  
 
Malakolunthu, S. (2007). Teacher learning in Malaysia: Problems and possibilities of 

reform. University of Malaya Press.  
 
Malhotra, N. K., & Dash, S. (2011). Marketing research an applied orientation London: 

Pearson Publishing.  
 
Mamouei, M., Kaparias, I., & Halikias, G. (2018). A framework for user-and system-

oriented optimisation of fuel efficiency and traffic flow in Adaptive Cruise 
Control. Transportation Research Part C: Emerging Technologies, 92, 27-41. 
https://doi.org/10.1016/J.TRC.2018.02.002  

 
Manda, M. I., & Backhouse, J. (2016). Addressing trust, security and privacy concerns in 

e-government integration, interoperability and information sharing through 
policy: a case of South Africa. CONF-IRM,  

 
March, S. T., & Smith, G. F. (1995). Design and natural science research on information 

technology. Decision support systems, 15(4), 251-266. 
https://doi.org/10.1016/0167-9236(94)00041-2  

 

https://tinyurl.com/bpmxv2jm
https://tinyurl.com/zt6wkz2n
https://tinyurl.com/zt6wkz2n
https://doi.org/10.2307/23044045
https://doi.org/10.1016/j.trpro.2016.05.237
https://doi.org/10.1016/J.TRC.2018.02.002
https://doi.org/10.1016/0167-9236(94)00041-2


366 

Marchau, V., Zmud, J., & Kalra, N. (2019). Editorial for the special issue–Autonomous 
vehicle policy. Transportation Research Part A: Policy and Practice, 122, 120-124. 
https://doi.org/10.1016/j.tra.2018.04.017  

 
Marinik, A., Bishop, R., Fitchett, V., Morgan, J. F., Trimble, T. E., & Blanco, M. (2014). 

Human factors evaluation of level 2 and level 3 automated driving concepts: 
Concepts of operation (DOT HS 812 044). National Highway Traffic Safety 
Administration. https://tinyurl.com/2p885rfv 

 
Marletto, G. (2019). Who will drive the transition to self-driving? A socio-technical 

analysis of the future impact of automated vehicles. Technological Forecasting 
and Social Change, 139, 221-234. 
https://doi.org/10.1016/j.techfore.2018.10.023  

 
Marsh, S., & Dibben, M. R. (2003). The role of trust in information science and 

technology. Annual Review of Information Science and Technology (ARIST), 37, 
465-498.  

 
Martens, M. H., & van den Beukel, A. P. (2013). The road to automated driving: Dual 

mode and human factors considerations 16th International IEEE Conference on 
Intelligent Transportation Systems (ITSC 2013), The Hague, Netherlands. 
https://doi.org/10.1109/ITSC.2013.6728564 

 
Martin, E. W., & Shaheen, S. A. (2011). Greenhouse gas emission impacts of carsharing 

in North America. IEEE Transactions on intelligent transportation systems, 12(4), 
1074-1086. https://doi.org/10.1109/TITS.2011.2158539  

 
Martin, K. D., Borah, A., & Palmatier, R. W. (2017). Data Privacy: Effects on Customer 

and Firm Performance. Journal of Marketing, 81(1), 36-58. 
https://doi.org/10.1509/jm.15.0497  

 
Matthews, M. L., Bryant, D. J., Webb, R. D., & Harbluk, J. L. (2001). Model for situation 

awareness and driving: Application to analysis and research for intelligent 
transportation systems. Transportation research record, 1779(1), 26-32. 
https://doi.org/10.3141/1779-04  

 
Mayer, R. C., Davis, J. H., & Schoorman, F. D. (1995). An integrative model of 

organizational trust. Academy of management review, 20(3), 709-734. 
https://doi.org/10.2307/258792  

 
McBride, K. A., MacMillan, F., George, E. S., & Steiner, G. Z. (2019). The Use of Mixed 

Methods in Research. In P. Liamputtong (Ed.), Handbook of Research Methods in 
Health Social Sciences (pp. 695-713). Springer Singapore. 
https://doi.org/10.1007/978-981-10-5251-4_97  

 
McBride, S. (2021). Why 2021 Will Be The Year Self-Driving Cars Go Mainstream. 

https://tinyurl.com/2ctbr8h5 
 

https://doi.org/10.1016/j.tra.2018.04.017
https://tinyurl.com/2p885rfv
https://doi.org/10.1016/j.techfore.2018.10.023
https://doi.org/10.1109/ITSC.2013.6728564
https://doi.org/10.1109/TITS.2011.2158539
https://doi.org/10.1509/jm.15.0497
https://doi.org/10.3141/1779-04
https://doi.org/10.2307/258792
https://doi.org/10.1007/978-981-10-5251-4_97
https://tinyurl.com/2ctbr8h5


367 

McCall, R., McGee, F., Meschtscherjakov, A., Louveton, N., & Engel, T. (2016a). Towards 
a taxonomy of autonomous vehicle handover situations Proceedings of the 8th 
international conference on automotive user interfaces and interactive vehicular 
applications(AutomotiveUI ’16) (AutomotiveUI ’16) Ann Arbor, MI, U.S.A. . 
https://dl.acm.org/doi/pdf/10.1145/3003715.3005456 

 
McCall, R., McGee, F., Meschtscherjakov, A., Louveton, N., & Engel, T. (2016b). Towards 

a taxonomy of autonomous vehicle handover situations Proceedings of the 8th 
international conference on automotive user interfaces and interactive vehicular 
applications (AutomotiveUI ’16) Ann Arbor, MI, U.S.A. 
https://dl.acm.org/doi/pdf/10.1145/3003715.3005456 

 
McCall, R., McGee, F., Mirnig, A., Meschtscherjakov, A., Louveton, N., Engel, T., & 

Tscheligi, M. (2019). A taxonomy of autonomous vehicle handover situations. 
Transportation Research Part A: Policy and Practice, 124, 507-522. 
https://doi.org/10.1016/j.tra.2018.05.005  

 
McDonald, A., Carney, C., & McGehee, D. V. (2018). Vehicle Owners' Experiences with 

and Reactions to Advanced Driver Assistance Systems. AAA Foundation for Traffic 
Safety. https://tinyurl.com/dpaawnhr 

 
McDonald, A., Reyes, M., Roe, C., & McGehee, D. (2017). Driver understanding of ADAS 

and evolving consumer education 25th International Technical Conference on 
the Enhanced Safety of Vehicles, Detroit Michigan, United States. https://www-
esv.nhtsa.dot.gov/Proceedings/25/25ESV-000373.pdf 

 
McKnight, D. H., & Chervany, N. L. (2000). What is trust? A conceptual analysis and an 

interdisciplinary model. AMCIS 2000 proceedings, 382.  
 
Medina-Borja, A., & Pasupathy, K. S. (2007). Uncovering complex relationships in system 

dynamics modeling: Exploring the use of CART, CHAID and SEM. Proceedings of 
the 25th International Conference of the System Dynamics Society, Boston, USA. 

 
Meinlschmidt, G., Stalujanis, E., & Tegethoff, M. (2019). The psychobiology of using 

automated driving systems: A systematic review and integrative model. 
Psychoneuroendocrinology, 105, 51-63. 
https://doi.org/10.1016/j.psyneuen.2018.09.029  

 
Menon, N. (2015). Consumer perception and anticipated adoption of autonomous 

vehicle technology: Results from multi-population surveys [Masters, University of 
South Florida]. https://digitalcommons.usf.edu/etd/5992 

 
Merat, N., Jamson, A. H., Lai, F. C., Daly, M., & Carsten, O. M. (2014). Transition to 

manual: Driver behaviour when resuming control from a highly automated 
vehicle. Transportation Research Part F: Traffic Psychology and Behaviour, 27, 
274-282. https://doi.org/10.1016/j.trf.2014.09.005  

 
Merat, N., & Lee, J. D. (2012). Preface to the special section on human factors and 

automation in vehicles: Designing highly automated vehicles with the driver in 

https://dl.acm.org/doi/pdf/10.1145/3003715.3005456
https://dl.acm.org/doi/pdf/10.1145/3003715.3005456
https://doi.org/10.1016/j.tra.2018.05.005
https://tinyurl.com/dpaawnhr
https://www-esv.nhtsa.dot.gov/Proceedings/25/25ESV-000373.pdf
https://www-esv.nhtsa.dot.gov/Proceedings/25/25ESV-000373.pdf
https://doi.org/10.1016/j.psyneuen.2018.09.029
https://digitalcommons.usf.edu/etd/5992
https://doi.org/10.1016/j.trf.2014.09.005


368 

mind. Human factors, 54(5), 681-686. 
https://doi.org/10.1177/0018720812461374  

 
Merritt, S. M., Lee, D., Unnerstall, J. L., & Huber, K. (2015). Are well-calibrated users 

effective users? Associations between calibration of trust and performance on 
an automation-aided task. Hum Factors, 57(1), 34-47. 
https://doi.org/10.1177/0018720814561675  

 
Mertens, D. M. (2012). What Comes First? The Paradigm or the Approach? Journal of 

mixed methods research, 6(4), 255-257. 
https://doi.org/10.1177/1558689812461574  

 
Meyer, J., Becker, H., Bösch, P. M., & Axhausen, K. W. (2017). Autonomous vehicles: The 

next jump in accessibilities? Research in transportation economics, 62, 80-91. 
https://doi.org/10.1016/j.retrec.2017.03.005  

 
Mickinsey. (2020). The impact of COVID-19 on future mobility solutions. 

https://tinyurl.com/tu9mf45h  
 
Milakis, D., Snelder, M., Van Arem, B., Van Wee, B., & de Almeida Correia, G. H. (2017). 

Development and transport implications of automated vehicles in the 
Netherlands: scenarios for 2030 and 2050. European Journal of Transport and 
Infrastructure Research, 17(1). https://doi.org/10.18757/ejtir.2017.17.1.3180  

 
Milakis, D., Snelder, M., Van Arem, B., Van Wee, B., & de Almeida Correia, G. H. (2017a). 

Development and transport implications of automated vehicles in the 
Netherlands: scenarios for 2030 and 2050. European Journal of Transport and 
Infrastructure Research, 17(1). https://doi.org/10.18757/ejtir.2017.17.1.3180  

 
Milakis, D., Van Arem, B., & Van Wee, B. (2017b). Policy and society related implications 

of automated driving: A review of literature and directions for future research. 
Journal of Intelligent Transportation Systems, 21(4), 324-348. 
https://doi.org/10.1080/15472450.2017.1291351  

 
Mittelstadt, B. D., & Floridi, L. (2016). The ethics of big data: current and foreseeable 

issues in biomedical contexts. The ethics of biomedical big data, 445-480. 
https://doi.org/10.1007/s11948-015-9652-2  

 
Mohd, F., Ahmad, F., Samsudin, N., & Sudin, S. (2011). Extending the Technology 

Acceptance Model to account for social influence, trust and integration for 
pervasive computing environment: A case study in university industry. American 
Journal of Economics and Business Administration, 3(3), 552-559.  

 
MOJ. (2020). The Privacy Act 2020. https://tinyurl.com/3b5u9wve 
 
Moore, G. C., & Benbasat, I. (1991). Development of an instrument to measure the 

perceptions of adopting an information technology innovation. Information 
systems research, 2(3), 192-222.  

 

https://doi.org/10.1177/0018720812461374
https://doi.org/10.1177/0018720814561675
https://doi.org/10.1177/1558689812461574
https://doi.org/10.1016/j.retrec.2017.03.005
https://tinyurl.com/tu9mf45h
https://doi.org/10.18757/ejtir.2017.17.1.3180
https://doi.org/10.18757/ejtir.2017.17.1.3180
https://doi.org/10.1080/15472450.2017.1291351
https://doi.org/10.1007/s11948-015-9652-2
https://tinyurl.com/3b5u9wve


369 

Mordue, G., Yeung, A., & Wu, F. (2020). The looming challenges of regulating high level 
autonomous vehicles. Transportation Research Part A: Policy and Practice, 132, 
174-187. https://doi.org/10.1016/j.tra.2019.11.007  

 
Morse, J. M. (1991). Approaches to qualitative-quantitative methodological 

triangulation. Nurs Res, 40(2), 120-123. https://doi.org/10.1097/00006199-
199103000-00014  

 
Mosier, K. L., Skitka, L. J., Burdick, M. D., & Heers, S. T. (1998). Automation bias, 

accountability, and verification behaviors Proceedings of the Human Factors and 
Ergonomics Society Annual Meeting, Philadelphia, Pennsylvania, USA. 
https://tinyurl.com/3t4sxsya 

 
Moss, S. (2009). Fit indices for structural equation modeling. 

https://www.sicotests.com/psyarticle.asp?id=277 
 
MOT. (2015). Public Transport 2045: A working paper on urban transport in the shared 

mobility era. Ministry of Transport NZ. https://tinyurl.com/3wvvzfea 
 
MOT. (2020). Annual number of road deaths historical information. Ministry of Transport 

New Zealand. Retrieved September,18 from 
https://www.transport.govt.nz/mot-resources/road-safety-resources/road-
deaths/annual-number-of-road-deaths-historical-information/ 

 
MOT. (2021). Overview of Ministry's Autonomous Vehicles Work Programme. 

https://tinyurl.com/43pukh5n 
 
Mouftah, H. T., Erol-Kantarci, M., & Sorour, S. (2020). Connected and Autonomous 

Vehicles in Smart Cities. CRC Press. https://doi.org/10.1201/9780429329401  
 
Mousavi, S. M., Takian, A., & Tara, M. (2018). Design and validity of a questionnaire to 

assess national eHealth architecture (NEHA): a study protocol. BMJ open, 8(12). 
https://doi.org/10.1136/bmjopen-2018-022885  

 
MSCI. (2020). Post-Pandemic Reflections: Future Mobility. https://tinyurl.com/y44t92cz 
 
Muir, B. M. (1987). Trust between humans and machines, and the design of decision 

aids. International journal of man-machine studies, 27(5-6), 527-539.  
 
Muir, B. M., & Moray, N. (1996). Trust in automation. Part II. Experimental studies of 

trust and human intervention in a process control simulation. Ergonomics, 39(3), 
429-460. https://doi.org/10.1080/00140139608964474  

 
Mullins, G. E., Stankiewicz, P. G., Hawthorne, R. C., & Gupta, S. K. (2018). Adaptive 

generation of challenging scenarios for testing and evaluation of autonomous 
vehicles. Journal of Systems and Software, 137, 197-215. 
https://doi.org/10.1016/j.jss.2017.10.031  

 

https://doi.org/10.1016/j.tra.2019.11.007
https://doi.org/10.1097/00006199-199103000-00014
https://doi.org/10.1097/00006199-199103000-00014
https://tinyurl.com/3t4sxsya
https://www.sicotests.com/psyarticle.asp?id=277
https://tinyurl.com/3wvvzfea
https://www.transport.govt.nz/mot-resources/road-safety-resources/road-deaths/annual-number-of-road-deaths-historical-information/
https://www.transport.govt.nz/mot-resources/road-safety-resources/road-deaths/annual-number-of-road-deaths-historical-information/
https://tinyurl.com/43pukh5n
https://doi.org/10.1201/9780429329401
https://doi.org/10.1136/bmjopen-2018-022885
https://tinyurl.com/y44t92cz
https://doi.org/10.1080/00140139608964474
https://doi.org/10.1016/j.jss.2017.10.031


370 

Nardi, B. A. (1996). Activity theory and human-computer interaction. Cambridge, MA: 
MIT Press.  

 
Nashrulloh, M. R., Setiawan, R., Heryanto, D., & Elsen, R. (2019). Designing software 

product with Google Ventures design sprint framework in startup. Journal of 
Physics: Conference Series, 1402, 022084. https://doi.org/10.1088/1742-
6596/1402/2/022084  

 
Nastjuk, I., Herrenkind, B., Marrone, M., Brendel, A. B., & Kolbe, L. M. (2020). What 

drives the acceptance of autonomous driving? An investigation of acceptance 
factors from an end-user's perspective. Technological Forecasting and Social 
Change, 161, 120319. https://doi.org/10.1016/j.techfore.2020.120319  

 
Naujoks, F., Wiedemann, K., Schömig, N., Hergeth, S., & Keinath, A. (2019). Towards 

guidelines and verification methods for automated vehicle HMIs. Transportation 
Research Part F: Traffic Psychology and Behaviour, 60, 121-136. 
https://doi.org/10.1016/j.trf.2018.10.012  

 
Newes, E., Inman, D., & Bush, B. (2011). Understanding the developing cellulosic biofuels 

industry through dynamic modeling. Economic Effects of Biofuel Production, 373-
404. https://doi.org/10.5772/17090  

 
Newman, P., Hargroves, K., Davies-Slate, S., Conley, D., Verschuer, M., Mouritz, M., & 

Yangka, D. (2019). The Trackless Tram: Is It the Transit and City Shaping Catalyst 
We Have Been Waiting for? Journal of Transportation Technologies, 9, 31-55. 
https://doi.org/10.4236/JTTS.2019.91003  

 
Ng-Thow-Hing, V., Bark, K., Beckwith, L., Tran, C., & Bhandari, R. (2013). User-centered 

perspectives for automotive augmented reality. IEEE International Symposium 
on Mixed & Augment... 9(3), 13-22. 
http://ieeexplore.ieee.org/document/6671262/  

 
NHSTA. (2020). Automated Vehicles for Safety. National Highway Traffic Safety 

Administration. Retrieved October, 20 from https://www.nhtsa.gov/technology-
innovation/automated-vehicles 

 
Nielsen, J. (1994). Heuristic evaluation. In J. Neilsen & L. M. Robert (Eds.), Usability 

inspection methods. John Wiley & Sons.  
 
Nielsen, J. (2012). Usability 101: Introduction to Usability.[online] Nielsen Norman 

Group. https://www.nngroup.com/articles/usability-101-introduction-to-
usability/  

 
Nieuwenhuijsen, J., de Almeida Correia, G. H., Milakis, D., van Arem, B., & van Daalen, 

E. (2018). Towards a quantitative method to analyze the long-term innovation 
diffusion of automated vehicles technology using system dynamics. 
Transportation Research Part C: Emerging Technologies, 86, 300-327. 
https://doi.org/10.1016/j.trc.2017.11.016  

 

https://doi.org/10.1088/1742-6596/1402/2/022084
https://doi.org/10.1088/1742-6596/1402/2/022084
https://doi.org/10.1016/j.techfore.2020.120319
https://doi.org/10.1016/j.trf.2018.10.012
https://doi.org/10.5772/17090
https://doi.org/10.4236/JTTS.2019.91003
http://ieeexplore.ieee.org/document/6671262/
https://www.nhtsa.gov/technology-innovation/automated-vehicles
https://www.nhtsa.gov/technology-innovation/automated-vehicles
https://www.nngroup.com/articles/usability-101-introduction-to-usability/
https://www.nngroup.com/articles/usability-101-introduction-to-usability/
https://doi.org/10.1016/j.trc.2017.11.016


371 

Nikitas, A., Kougias, I., Alyavina, E., & Njoya Tchouamou, E. (2017). How can autonomous 
and connected vehicles, electromobility, BRT, hyperloop, shared use mobility 
and mobility-as-a-service shape transport futures for the context of smart cities? 
Urban Science, 1(4), 36. https://doi.org/10.3390/urbansci1040036  

 
Nilsson, J., Falcone, P., & Vinter, J. (2014). Safe transitions from automated to manual 

driving using driver controllability estimation. IEEE Transactions on intelligent 
transportation systems, 16(4), 1806-1816. 
https://doi.org/10.1109/TITS.2014.2376877  

 
Nordhoff, S., de Winter, J., Payre, W., van Arem, B., & Happee, R. (2019). What 

impressions do users have after a ride in an automated shuttle? An interview 
study. Transportation Research Part F: Traffic Psychology and Behaviour, 63, 252-
269. https://doi.org/10.1016/j.trf.2019.04.009  

 
Nordhoff, S., Madigan, R., Van Arem, B., Merat, N., & Happee, R. (2021). 

Interrelationships among predictors of automated vehicle acceptance: a 
structural equation modelling approach. Theoretical Issues in Ergonomics 
Science, 22(4), 383-408. https://doi.org/10.1080/1463922X.2020.1814446  

 
Nordhoff, S., Van Arem, B., & Happee, R. (2016). Conceptual model to explain, predict, 

and improve user acceptance of driverless podlike vehicles. Transportation 
research record, 2602(1), 60-67. https://doi.org/10.3141/2602-08  

 
Norman, D. (2013). The design of everyday things: Revised and expanded edition. Basic 

books.  
 
Norman, D. A. (1983). Design rules based on analyses of human error. Communications 

of the ACM, 26(4), 254-258. https://doi.org/10.1145/2163.358092  
 
Norman, D. A. (1988). The psychology of everyday things. Basic Books.  
 
Nowell, L. S., Norris, J. M., White, D. E., & Moules, N. J. (2017). Thematic analysis: Striving 

to meet the trustworthiness criteria. International journal of qualitative 
methods, 16(1). https://doi.org/10.1177/1609406917733847  

 
Noy, C. (2008). Sampling knowledge: The hermeneutics of snowball sampling in 

qualitative research. International journal of social research methodology, 11(4), 
327-344. https://doi.org/10.1080/13645570701401305  

 
NTC. (2018). Safety assurance for automated driving systems: Decision regulation impact 

statement. National Transport Commission. https://tinyurl.com/3n3k84vu 
 
NTC. (2019). Regulating government access to C-ITS and automated vehicle data. 

https://tinyurl.com/wa58zukj 
 
NTC. (2020). Automated Vehicle Program National Transport Commission. National 

Transport Commission. https://www.ntc.gov.au/transport-reform/automated-
vehicle-program 

https://doi.org/10.3390/urbansci1040036
https://doi.org/10.1109/TITS.2014.2376877
https://doi.org/10.1016/j.trf.2019.04.009
https://doi.org/10.1080/1463922X.2020.1814446
https://doi.org/10.3141/2602-08
https://doi.org/10.1145/2163.358092
https://doi.org/10.1177/1609406917733847
https://doi.org/10.1080/13645570701401305
https://tinyurl.com/3n3k84vu
https://tinyurl.com/wa58zukj
https://www.ntc.gov.au/transport-reform/automated-vehicle-program
https://www.ntc.gov.au/transport-reform/automated-vehicle-program


372 

 
NTSB. (2016). Collision between a Car Operating with Automated Vehicle Control 

Systems and a Tractor-Semitrailer Truck. 
https://www.ntsb.gov/investigations/AccidentReports/Reports/HAR1702.pdf 

 
NTSB, B. (2019). Preliminary report Highway : HWY18MH010. National Transpotation 

Safety Board. https://tinyurl.com/49bd9f7e 
 
Nunnally, J. (1970). Introduction to Psychological Measurement McGraw-Hill. New York, 

Oaks: CA.  
 
Nunnally, J. C. (1994). Psychometric theory 3E. Tata McGraw-hill education.  
 
NZ. (2020a). Accident Compensation Act 2001. 

https://www.legislation.govt.nz/act/public/2001/0049/latest/DLM99494.html 
 
NZ. (2020b). Accident Compensaton Act 2001. 

https://www.legislation.govt.nz/act/public/2001/0049/latest/DLM99494.html 
 
NZ. (2020c). Civil Aviation Act 1990. 

https://www.legislation.govt.nz/act/public/1990/0098/latest/whole.html 
 
NZ. (2020d). Government Policy Statement on LAND TRANSPORT 2021/22-2030/31. 

https://www.transport.govt.nz/assets/Uploads/Paper/GPS2021.pdf 
 
NZ Govt. (2020). Crimes Act 1961, section 249 to 252. https://tinyurl.com/ws4buu69 
 
NZ, S. (2020). Summary figures for the New Zealand resident population, year ended 

December 2019. Statistics NZ Government. Retrieved October, 20 from 
https://www.stats.govt.nz/topics/population 

 
NZTA. (2014). NZ Transport Agency position statement on intelligent transport systems 
 NZ Transport Agency. https://tinyurl.com/32wfse49 
 
NZTA. (2021). Testing autonomous vehicles in New Zealand. 

https://tinyurl.com/5exnszj3 
 
OECD. (2011). Demand-side innovation policies. OECD Publishing. 

https://tinyurl.com/nv8jajw8  
 
Offermann, P., Blom, S., Schönherr, M., & Bub, U. (2010). Artifact types in information 

systems design science–a literature review Global Perspectives on Design Science 
Research. DESRIST 2010. Lecture Notes in Computer Science, Berlin, Heidelberg. 
https://doi.org/10.1007/978-3-642-13335-0_6 

 
Okamura, K., & Yamada, S. (2020). Calibrating Trust in Autonomous Systems in a 

Dynamic Environment.  
 

https://www.ntsb.gov/investigations/AccidentReports/Reports/HAR1702.pdf
https://tinyurl.com/49bd9f7e
https://www.legislation.govt.nz/act/public/2001/0049/latest/DLM99494.html
https://www.legislation.govt.nz/act/public/2001/0049/latest/DLM99494.html
https://www.legislation.govt.nz/act/public/1990/0098/latest/whole.html
https://www.transport.govt.nz/assets/Uploads/Paper/GPS2021.pdf
https://tinyurl.com/ws4buu69
https://www.stats.govt.nz/topics/population
https://tinyurl.com/32wfse49
https://tinyurl.com/5exnszj3
https://tinyurl.com/nv8jajw8
https://doi.org/10.1007/978-3-642-13335-0_6


373 

Olson, K. (2010). An Examination of Questionnaire Evaluation by Expert Reviewers. Field 
Methods, 22(4), 295-318. https://doi.org/10.1177/1525822x10379795  

 
Ong, A. K. S., Prasetyo, Y. T., Lagura, F. C., Ramos, R. N., Sigua, K. M., Villas, J. A., Young, 

M. N., Diaz, J. F. T., Persada, S. F., & Redi, A. A. N. P. (2021). Factors affecting 
intention to prepare for mitigation of “the big one” earthquake in the 
Philippines: Integrating protection motivation theory and extended theory of 
planned behavior. International Journal of Disaster Risk Reduction, 63, 102467. 
https://doi.org/10.1016/j.ijdrr.2021.102467  

 
Orsman, B. (2017). Auckland under pressure: How to solve Auckland's transport, housing 

and water problems. NZ Herald. 
https://www.nzherald.co.nz/nz/news/article.cfm?c_id=1&objectid=11831599 

 
Osswald, S., Wurhofer, D., Trösterer, S., Beck, E., & Tscheligi, M. (2012). Predicting 

information technology usage in the car: towards a car technology acceptance 
model. Proceedings of the 4th International Conference on Automotive User 
Interfaces and Interactive Vehicular Applications (AutomotiveUI '12), 
Portsmouth, NH, USA. 

 
Österle, H., Becker, J., Frank, U., Hess, T., Karagiannis, D., Krcmar, H., Loos, P., Mertens, 

P., Oberweis, A., & Sinz, E. J. (2011). Memorandum on design-oriented 
information systems research. European Journal of Information Systems, 20(1), 
7-10. https://doi.org/10.1057/ejis.2010.55  

 
Ostheimer, J., Chowdhury, S., & Iqbal, S. (2021). An alliance of humans and machines for 

machine learning: Hybrid intelligent systems and their design principles. 
Technology in Society, 66, 101647. 
https://doi.org/10.1016/j.techsoc.2021.101647  

 
Owensby, C., Tomitsch, M., & Parker, C. (2018). A framework for designing interactions 

between pedestrians and driverless cars: insights from a ride-sharing design 
study Proceedings of the 30th Australian conference on computer-human 
interaction, Melbourne, Australia. https://doi.org/10.1145/3292147.3292218 

 
Page, F. D., & Krayem, N. M. (2017). Are you ready for self-driving vehicles. Intellectual 

Property & Technology Law Journal, 29(4), 14-16. 
https://www.proquest.com/docview/1888719823  

 
Panagiotopoulos, I., & Dimitrakopoulos, G. (2018). An empirical investigation on 

consumers’ intentions towards autonomous driving. Transportation Research 
Part C: Emerging Technologies, 95, 773-784. 
https://doi.org/10.1016/j.trc.2018.08.013  

 
Parasuraman, R., & Riley, V. (1997). Humans and automation: Use, misuse, disuse, 

abuse. Human factors, 39(2), 230-253. 
https://doi.org/10.1518/001872097778543886  

 

https://doi.org/10.1177/1525822x10379795
https://doi.org/10.1016/j.ijdrr.2021.102467
https://www.nzherald.co.nz/nz/news/article.cfm?c_id=1&objectid=11831599
https://doi.org/10.1057/ejis.2010.55
https://doi.org/10.1016/j.techsoc.2021.101647
https://doi.org/10.1145/3292147.3292218
https://www.proquest.com/docview/1888719823
https://doi.org/10.1016/j.trc.2018.08.013
https://doi.org/10.1518/001872097778543886


374 

Parasuraman, R., Sheridan, T. B., & Wickens, C. D. (2000). A model for types and levels 
of human interaction with automation. IEEE Transactions on systems, man, and 
cybernetics-Part A: Systems and Humans, 30(3), 286-297. 
https://doi.org/10.1109/3468.844354  

 
Parasuraman, R., Sheridan, T. B., & Wickens, C. D. (2008). Situation awareness, mental 

workload, and trust in automation: Viable, empirically supported cognitive 
engineering constructs. Journal of cognitive engineering and decision making, 
2(2), 140-160. https://doi.org/10.1518/155534308X284417  

 
Paré, G., & Kitsiou, S. (2017). Methods for literature reviews. In Handbook of eHealth 

Evaluation: An Evidence-based Approach [Internet]. University of Victoria (BC). 
https://www.ncbi.nlm.nih.gov/books/NBK481583/  

 
Park, E., & Kim, K. J. (2014). Driver acceptance of car navigation systems: integration of 

locational accuracy, processing speed, and service and display quality with 
technology acceptance model. Personal and ubiquitous computing, 18(3), 503-
513. https://doi.org/10.1007/s00779-013-0670-2  

 
Parkhurst, E. L., Conner, L. B., Ferraro, J. C., Navarro, M. E., & Mouloua, M. (2019). 

Heuristic Evaluation of A Tesla Model 3 Interface Proceedings of the Human 
Factors and Ergonomics Society 2019 Annual Meeting, Seattle, Washington, USA. 
https://doi.org10.1177/1071181319631336 

 
Pasawang, T., Chatchanayuenyong, T., & Sa-Ngiamvibool, W. (2015). QFD-based 

conceptual design of an autonomous underwater robot. Songklanakarin Journal 
of Science & Technology, 37(6).  

 
Payne, S. J. (2007). Mental models in human-computer interaction. In A. Sears & J. A. 

Jacko (Eds.), The Human-Computer Interaction Handbook (2nd ed., pp. 63-76). 
CRC Press. https://doi.org/10.1201/9781410615862  

 
Payre, W., Cestac, J., & Delhomme, P. (2014). Intention to use a fully automated car: 

Attitudes and a priori acceptability. Transportation Research Part F: Traffic 
Psychology and Behaviour, 27, 252-263. 
https://doi.org/10.1016/j.trf.2014.04.009  

 
Payre, W., Cestac, J., & Delhomme, P. (2016). Fully automated driving: Impact of trust 

and practice on manual control recovery. Human factors, 58(2), 229-241.  
 
Peffers, K., Rothenberger, M., Tuunanen, T., & Vaezi, R. (2012). Design Science Research 

Evaluation Design Science Research in Information Systems. Advances in Theory 
and Practice. DESRIST 2012. Lecture Notes in Computer Science, Berlin, 
Hidelberg. https://doi.org/10.1007/978-3-642-29863-9_29 

 
Pendleton, S. D., Andersen, H., Du, X., Shen, X., Meghjani, M., Eng, Y. H., Rus, D., & Ang, 

M. H. (2017). Perception, planning, control, and coordination for autonomous 
vehicles. Machines, 5(1), 6. https://doi.org/10.3390/machines5010006  

 

https://doi.org/10.1109/3468.844354
https://doi.org/10.1518/155534308X284417
https://www.ncbi.nlm.nih.gov/books/NBK481583/
https://doi.org/10.1007/s00779-013-0670-2
https://doi.org10.1177/1071181319631336
https://doi.org/10.1201/9781410615862
https://doi.org/10.1016/j.trf.2014.04.009
https://doi.org/10.1007/978-3-642-29863-9_29
https://doi.org/10.3390/machines5010006


375 

Peng, H. (2019). MCity ABC Test. 
https://mcity.umich.edu/wpcontent/uploads/2019/01/mcity-whitepaper-ABC-
test.pdf 

 
Perch, J. (2014). Volvo’s Magnetic Roads Might Make Self-driving Cars Viable. 

http://expectattitude.com/technology/volvos-magnetic-roads-might-make- 
self-driving-cars-viable/ (accessed August 29, 2017). 

 
Pereira, M., Beggiato, M., & Petzoldt, T. (2015). Use of adaptive cruise control functions 

on motorways and urban roads: Changes over time in an on-road study. Applied 
ergonomics, 50, 105-112. https://doi.org/10.1016/j.apergo.2015.03.002  

 
Petersen, K., & Gencel, C. (2013). Worldviews, research methods, and their relationship 

to validity in empirical software engineering research. 2013 joint conference of 
the 23rd international workshop on software measurement and the 8th 
international conference on software process and product measurement, 
Ankara, Turkey. 

 
Petit, J., & Shladover, S. E. (2015). Potential cyberattacks on automated vehicles. IEEE 

Transactions on intelligent transportation systems, 16(2), 546-556. 
https://doi.org/10.1109/TITS.2014.2342271  

 
Petrillo, A., Salvi, A., Santini, S., & Valente, A. S. (2018). Adaptive multi-agents 

synchronization for collaborative driving of autonomous vehicles with multiple 
communication delays. Transportation Research Part C: Emerging Technologies, 
86, 372-392. https://doi.org/10.1016/J.TRC.2017.11.009  

 
Petrova, E., Dewing, J., & Camilleri, M. (2016). Confidentiality in participatory research: 

Challenges from one study. Nursing ethics, 23(4), 442-454. 
https://doi.org/10.1177/0969733014564909  

 
Petterson, T. C. (2020). Development of an electric vehicle for autonomous use on a New 

Zealand dairy farm [Master, University of Canterbury, NZ]. Christchurch. 
http://dx.doi.org/10.26021/951 

 
Philp, M. (2020). Autonomous Vehicles:The Road to a Driverless Future. 

https://driveelectric.org.nz/whitepaper/driverless-future-pure-advantage/ 
 
Pieroni, A., Scarpato, N., & Brilli, M. (2018). Industry 4.0 revolution in autonomous and 

connected vehicle. A non-conventional approach to manage big data. Journal of 
Theoretical and Applied Information Technology, 96. 
http://www.jatit.org/volumes/Vol96No1/2Vol96No1.pdf  

 
Piirainen, K. A. (2016). Synthesizing knowledge in design research. In P. Cash, T. 

Stanković, & M. Štorga (Eds.), Experimental Design Research (pp. 233-252). 
Springer, Cham. https://doi.org/10.1007/978-3-319-33781-4_13  

 
Pizzuto, L., Thomas, C., Wang, A., & Wo, T. (2020). How China will help fuel the revolution 

in autonomous vehicles. McKinsey & Company. https://tinyurl.com/epd7cz48  

https://mcity.umich.edu/wpcontent/uploads/2019/01/mcity-whitepaper-ABC-test.pdf
https://mcity.umich.edu/wpcontent/uploads/2019/01/mcity-whitepaper-ABC-test.pdf
http://expectattitude.com/technology/volvos-magnetic-roads-might-make-
https://doi.org/10.1016/j.apergo.2015.03.002
https://doi.org/10.1109/TITS.2014.2342271
https://doi.org/10.1016/J.TRC.2017.11.009
https://doi.org/10.1177/0969733014564909
http://dx.doi.org/10.26021/951
https://driveelectric.org.nz/whitepaper/driverless-future-pure-advantage/
http://www.jatit.org/volumes/Vol96No1/2Vol96No1.pdf
https://doi.org/10.1007/978-3-319-33781-4_13
https://tinyurl.com/epd7cz48


376 

 
Police, N. (2020). Pure Cybercrime. https://tinyurl.com/22726z4w  
 
Proctor, R. W., & Van Zandt, T. (2017). Human factors in simple and complex systems 

(3rd ed.). CRC press. https://doi.org/10.1201/9781315156811  
 
Psy330. (2021). Experimental Designs:  Within-Subjects Design 
 

http://web.mnstate.edu/malonech/Psy232/Notes/Within%20Ss%20designs%2
0GF9.htm 

 
Puylaert, S., Snelder, M., van Nes, R., & van Arem, B. (2018). Mobility impacts of early 

forms of automated driving–A system dynamic approach. Transport policy, 72, 
171-179. https://doi.org/10.1016/j.tranpol.2018.02.013  

 
Qi, A., Shao, G., & Zheng, W. (2018). Assessing China’s Cybersecurity Law. Computer law 

& security review, 34(6), 1342-1354. 
https://doi.org/https://doi.org/https://doi.org/10.1016/j.clsr.2018.08.007  

 
Raats, K., Fors, V., & Pink, S. (2020). Trusting autonomous vehicles: An interdisciplinary 

approach. Transportation Research Interdisciplinary Perspectives, 7, 100201. 
https://doi.org/10.1016/j.trip.2020.100201  

 
Rahman, M. M. (2016). Driver acceptance of advanced driver assistance systems and 

semi-autonomous driving systems. Mississippi State University.  
 
Rahman, M. M., Strawderman, L., Lesch, M. F., Horrey, W. J., Babski-Reeves, K., & 

Garrison, T. (2018). Modelling driver acceptance of driver support systems. 
Accident Analysis & Prevention, 121, 134-147. 
https://doi.org/10.1016/j.aap.2018.08.028  

 
Rahman, S. H. A., Endut, I. R., Faisol, N., & Paydar, S. (2014, 2014/05/15/). The 

Importance of Collaboration in Construction Industry from Contractors’ 
Perspectives. Procedia - Social and Behavioral Sciences, 129, 414-421. 
https://doi.org/10.1016/j.sbspro.2014.03.695  

 
Randers, J. (1980). Elements of the system dynamics method. Journal of the Operational 

Research Society, 48(11). https://doi.org/10.1057/palgrave.jors.2600456  
 
Rau, P., Blanco, M., Atwood, J., Vasquez, H. M., Trimble, T. E., Fitchett, V., Radlbeck, J., 

Fitch, G. M., & Sheldon, R. (2014). Human Factors Evaluation of Level 2 and Level 
3 Automated Driving Concepts 24th International Technical Conference on the 
Enhanced Safety of Vehicles (ESV), Gothenburg , Sweden. https://www-
esv.nhtsa.dot.gov/Proceedings/24/isv7/main.htm 

 
Read, G. J., Beanland, V., Lenné, M. G., Stanton, N. A., & Salmon, P. M. (2017). 

Integrating human factors methods and systems thinking for transport analysis 
and design. CRC Press. https://doi.org/10.1201/9781315589022  

 

https://tinyurl.com/22726z4w
https://doi.org/10.1201/9781315156811
http://web.mnstate.edu/malonech/Psy232/Notes/Within%20Ss%20designs%20GF9.htm
http://web.mnstate.edu/malonech/Psy232/Notes/Within%20Ss%20designs%20GF9.htm
https://doi.org/10.1016/j.tranpol.2018.02.013
https://doi.org/https:/doi.org/https:/doi.org/10.1016/j.clsr.2018.08.007
https://doi.org/10.1016/j.trip.2020.100201
https://doi.org/10.1016/j.aap.2018.08.028
https://doi.org/10.1016/j.sbspro.2014.03.695
https://doi.org/10.1057/palgrave.jors.2600456
https://www-esv.nhtsa.dot.gov/Proceedings/24/isv7/main.htm
https://www-esv.nhtsa.dot.gov/Proceedings/24/isv7/main.htm
https://doi.org/10.1201/9781315589022


377 

Reagan, I. J., Kidd, D. G., & Cicchino, J. B. (2017). Driver acceptance of adaptive cruise 
control and active lane keeping in five production vehicles. Proceedings of the 
Human Factors and Ergonomics Society Annual Meeting,  

 
Reason, J., Manstead, A., Stradling, S., Baxter, J., & Campbell, K. (1990). Errors and 

violations on the roads: a real distinction? Ergonomics, 33(10-11), 1315-1332. 
https://doi.org/10.1080/00140139008925335  

 
Regan, M. A., Triggs, T. J., Young, K. L., Tomasevic, N., Mitsopoulos, E., Stephan, K., & 

Tingvall, C. (2006). On-road evaluation of intelligent speed adaptation, following 
distance warning and seatbelt reminder systems: Final results of the TAG SafeCar 
project. Monash University Accident Research Centre Reports, 253, 270.  

 
Rehman, A. U., Ghaffarianhoseini, A., Naismith, N., Zhang, T., Doan, D. T., Tookey, J., 

Ghaffarianhoseini, A., & Lovreglio, R. (2018). A Review : Harnessing Immersive 
Technologies Prowess for AVs. Proceedings of the 18th International Conference 
on Construction Applications of Virtual Reality (CONVR2018)  

 
Rempel, J. K., Holmes, J. G., & Zanna, M. P. (1985). Trust in close relationships. Journal 

of personality and social psychology, 49(1), 95. https://doi.org/10.1037/0022-
3514.49.1.95  

 
Revell, K. M., & Stanton, N. A. (2014). Case studies of mental models in home heat 

control: Searching for feedback, valve, timer and switch theories. Applied 
ergonomics, 45(3), 363-378. https://doi.org/10.1016/j.apergo.2013.05.001  

 
Rieh, S. Y., Yang, J. Y., Yakel, E., & Markey, K. (2010). Conceptualizing institutional 

repositories: Using co-discovery to uncover mental models IIiX '10: Proceedings 
of the third symposium on Information interaction in context, New Brunswick 
New Jersey USA. https://doi.org/10.1145/1840784.1840809 

 
Roberts, S. C., Ghazizadeh, M., & Lee, J. D. (2012). Warn me now or inform me later: 

Drivers' acceptance of real-time and post-drive distraction mitigation systems. 
International Journal of Human-Computer Studies, 70(12), 967-979. 
https://doi.org/10.1016/j.ijhcs.2012.08.002  

 
Rocha, C. G. D., Formoso, C., Tzortzopoulos, P., Koskela, L., & Tezel, A. (2012). Design 

science research in lean construction: process and outcomes 20th Annual 
Conference of the International Group for Lean Construction, San Diego, 
California, USA. 
https://usir.salford.ac.uk/id/eprint/37588/1/55%20P%20153.pdf 

 
Rödel, C., Stadler, S., Meschtscherjakov, A., & Tscheligi, M. (2014). Towards autonomous 

cars: The effect of autonomy levels on acceptance and user experience 
AutomotiveUI '14: Proceedings of the 6th international conference on 
automotive user interfaces and interactive vehicular applications, Seattle WA, 
USA. https://doi.org/10.1145/2667317.2667330 

 
Rogers, E. (2003). Diffusion of innovations. revised. New York: Simon & Schuster.  

https://doi.org/10.1080/00140139008925335
https://doi.org/10.1037/0022-3514.49.1.95
https://doi.org/10.1037/0022-3514.49.1.95
https://doi.org/10.1016/j.apergo.2013.05.001
https://doi.org/10.1145/1840784.1840809
https://doi.org/10.1016/j.ijhcs.2012.08.002
https://usir.salford.ac.uk/id/eprint/37588/1/55%20P%20153.pdf
https://doi.org/10.1145/2667317.2667330


378 

 
Rogers, E. M. (2010). Diffusion of innovations (4th ed.). Free Press.  
 
Rosa, L., Cognetti, M., Nicastro, A., Alvarez, P., & Oriolo, G. (2015). Multi-task 

Cooperative Control in a Heterogeneous Ground-Air Robot Team. IFAC-
PapersOnLine, 48(5), 53-58. https://doi.org/10.1016/j.ifacol.2015.06.463  

 
Ross, C., & Guhathakurta, S. (2017). Autonomous vehicles and energy impacts: a 

scenario analysis. Energy Procedia, 143, 47-52. 
https://doi.org/10.1016/j.egypro.2017.12.646  

 
Rouse, W. B., & Morris, N. M. (1986). On looking into the black box: Prospects and limits 

in the search for mental models. Psychological bulletin, 100(3), 349. 
https://doi.org/10.1037/0033-2909.100.3.349  

 
Rowe, A. L., & Cooke, N. J. (1995). Measuring mental models: Choosing the right tools 

for the job. Human resource development quarterly, 6(3), 243-255. 
https://doi.org/10.1002/hrdq.3920060303  

 
Rubin, J., & Chisnell, D. (2008). How to plan, design, and conduct effective tests. Wiley 

Publishing, Inc. https://tinyurl.com/yx26sbyb  
 
Rudin-Brown, C. M., & Parker, H. A. (2004). Behavioural adaptation to adaptive cruise 

control (ACC): implications for preventive strategies. Transportation Research 
Part F: Traffic Psychology and Behaviour, 7(2), 59-76. 
https://doi.org/10.1016/j.trf.2004.02.001  

 
Rumelhart, D. E., & Norman, D. A. (1981). Analogical processes in learning. In R. A. John 

(Ed.), Cognitive skills and their acquisition (1st ed., pp. 25). Psychology Press. 
https://doi.org/10.4324/9780203728178  

 
Sachin Babbar, S. L. (2017). Market Forecast For Connected and Autonomous Vehicles. 

https://tinyurl.com/pzemkewj 
 
SAE. (2021). Surface vehicle recommended practice—Taxonomy and definitions for 

terms related to driving automation systems for on‐road motor vehicles. 
https://www.sae.org/standards/content/j3016_202104/ 

 
Saffarian, M., De Winter, J. C., & Happee, R. (2012). Automated driving: human-factors 

issues and design solutions Proceedings of the human factors and ergonomics 
society annual meeting, Boston, Massachusetts, USA. 
https://doi.org/10.1177/1071181312561483 

 
Saini, I., Saad, S., & Jaekel, A. (2018). Identifying vulnerabilities and attacking capabilities 

against Pseudonym Changing Schemes in VANET International Conference on 
Intelligent, Secure, and Dependable Systems in Distributed and Cloud 
Environments ISDDC 2018., Vancouver, BC, Canada. 
https://doi.org/10.1007/978-3-030-03712-3_1 

 

https://doi.org/10.1016/j.ifacol.2015.06.463
https://doi.org/10.1016/j.egypro.2017.12.646
https://doi.org/10.1037/0033-2909.100.3.349
https://doi.org/10.1002/hrdq.3920060303
https://tinyurl.com/yx26sbyb
https://doi.org/10.1016/j.trf.2004.02.001
https://doi.org/10.4324/9780203728178
https://tinyurl.com/pzemkewj
https://www.sae.org/standards/content/j3016_202104/
https://doi.org/10.1177/1071181312561483
https://doi.org/10.1007/978-3-030-03712-3_1


379 

Salmon, P. M., Read, G. J. M., Walker, G. H., Lenné, M. G., & Stanton, N. A. (2018). 
Distributed situation awareness in road transport:Theory, Measurement, and 
Application to Intersection Design. Routledge. 
https://doi.org/10.4324/9781315609256  

 
Salmon, P. M., Walker, G. H., & Stanton, N. A. (2016). Pilot error versus sociotechnical 

systems failure: a distributed situation awareness analysis of Air France 447. 
Theoretical Issues in Ergonomics Science, 17(1), 64-79. 
https://doi.org/10.1080/1463922X.2015.1106618  

 
Sanyal, J., Zhang, S., Bhattacharya, G., Amburn, P., & Moorhead, R. (2009). A user study 

to compare four uncertainty visualization methods for 1d and 2d datasets. IEEE 
transactions on visualization and computer graphics, 15(6), 1209-1218. 
https://doi.org/10.1109/TVCG.2009.114  

 
Sardeshmukh, S. R., & Vandenberg, R. J. (2017). Integrating moderation and mediation: 

A structural equation modeling approach. Organizational Research Methods, 
20(4), 721-745. https://doi.org/10.1177/1094428115621609  

 
Sarter, N. B. (2006). Multimodal information presentation: Design guidance and 

research challenges. International Journal of Industrial Ergonomics, 36(5), 439-
445. https://doi.org/10.1016/j.ergon.2006.01.007  

 
Sarter, N. B., & Woods, D. D. (1994). Pilot interaction with cockpit automation II: An 

experimental study of pilots' model and awareness of the flight management 
system. The International Journal of Aviation Psychology, 4(1), 1-28. 
https://doi.org/10.1207/s15327108ijap0401_1  

 
Sato, T., Yamani, Y., Liechty, M., & Chancey, E. T. (2020). Automation trust increases 

under high-workload multitasking scenarios involving risk. Cognition, Technology 
& Work, 22(2), 399-407. https://doi.org/10.1007/s10111-019-00580-5  

 
Saxena, N., Grijalva, S., Chukwuka, V., & Vasilakos, A. V. (2017). Network security and 

privacy challenges in smart vehicle-to-grid. IEEE Wireless Communications, 24(4), 
88-98. https://doi.org/10.1109/MWC.2016.1600039WC  

 
SCA. (2017). S. 680, SPY car Act of 2017,115th United States Congress. 

https://www.congress.gov/bill/115th-congress/senate-bill/680 
 
Schaefer, K. E., Chen, J. Y., Szalma, J. L., & Hancock, P. A. (2016). A meta-analysis of 

factors influencing the development of trust in automation: Implications for 
understanding autonomy in future systems. Human factors, 58(3), 377-400. 
https://doi.org/10.1177/0018720816634228  

 
Schellekens, M. (2015). Self-driving cars and the chilling effect of liability law. Computer 

law & security review, 31(4), 506-517. 
https://doi.org/10.1016/j.clsr.2015.05.012  

 

https://doi.org/10.4324/9781315609256
https://doi.org/10.1080/1463922X.2015.1106618
https://doi.org/10.1109/TVCG.2009.114
https://doi.org/10.1177/1094428115621609
https://doi.org/10.1016/j.ergon.2006.01.007
https://doi.org/10.1207/s15327108ijap0401_1
https://doi.org/10.1007/s10111-019-00580-5
https://doi.org/10.1109/MWC.2016.1600039WC
https://www.congress.gov/bill/115th-congress/senate-bill/680
https://doi.org/10.1177/0018720816634228
https://doi.org/10.1016/j.clsr.2015.05.012


380 

Schellekens, M. (2016). Car hacking: Navigating the regulatory landscape. Computer law 
& security review, 32(2), 307-315. https://doi.org/10.1016/j.clsr.2015.12.019  

 
Scheltes, A., & de Almeida Correia, G. H. (2017). Exploring the use of automated vehicles 

as last mile connection of train trips through an agent-based simulation model: 
An application to Delft, Netherlands. International Journal of Transportation 
Science and Technology, 6(1), 28-41. https://doi.org/10.1016/j.ijtst.2017.05.004  

 
Schoettle, B., & Sivak, M. (2014a). A survey of public opinion about connected vehicles in 

the US, the UK, and Australia. University of Michigan 2014 International 
Conference on Connected Vehicles and Expo (ICCVE), Vienna, Austria. 
https://hdl.handle.net/2027.42/108384 

 
Schoettle, B., & Sivak, M. (2014b). Public opinion about self-driving vehicles in China, 

India, Japan, the US, the UK and Australia 
https://hdl.handle.net/2027.42/109433  

 
Schoettle, B., & Sivak, M. (2015). Potential impact of self-driving vehicles on household 

vehicle demand and usage (UMTRI-2015-3). 
https://hdl.handle.net/2027.42/110789 

 
Schoettle, B., & Sivak, M. (2016). Motorists’ preferences for different levels of vehicle 

automation: 2016 (SWT-2016-8). 
http://websites.umich.edu/~umtriswt/PDF/SWT-2016-8.pdf 

 
Schoonenboom, J., & Johnson, R. B. (2017). How to Construct a Mixed Methods 

Research Design. Kolner Z Soz Sozpsychol, 69(Suppl 2), 107-131. 
https://doi.org/10.1007/s11577-017-0454-1  

 
Schoonmaker, J. (2016). Proactive privacy for a driverless age. Information & 

Communications Technology Law, 25(2), 96-128. 
https://doi.org/10.1080/13600834.2016.1184456  

 
Seidman, I. (2019). Interviewing as qualitative research: A guide for researchers in 

education & the social sciences. New York: Teachers College (5th ed.). Teachers 
College Press.  

 
Sell, R., Rassolkin, A., Wang, R., & Otto, T. (2019). Integration of autonomous vehicles 

and Industry 4.0 Proceedings of the Estonian Academy of Sciences, Estonia. 
https://doi.org/10.3176/proc.2019.4.07 

 
Senge, P. M., & Forrester, J. W. (1980). Tests for building confidence in system dynamics 

models. System dynamics, TIMS studies in management sciences, 14, 209-228. 
https://www.albany.edu/faculty/gpr/PAD724/724WebArticles/ForresterSenge
Validation.pdf  

 
Seok-Soo, K. (2021). Influential Indicators and Measurements of Mediating and 

Moderating Roles on SME Performance. International Journal of Knowledge 
Management (IJKM), 18(1), 1-18. https://doi.org/10.4018/IJKM.20220101.oa7  

https://doi.org/10.1016/j.clsr.2015.12.019
https://doi.org/10.1016/j.ijtst.2017.05.004
https://hdl.handle.net/2027.42/108384
https://hdl.handle.net/2027.42/109433
https://hdl.handle.net/2027.42/110789
http://websites.umich.edu/~umtriswt/PDF/SWT-2016-8.pdf
https://doi.org/10.1007/s11577-017-0454-1
https://doi.org/10.1080/13600834.2016.1184456
https://doi.org/10.3176/proc.2019.4.07
https://www.albany.edu/faculty/gpr/PAD724/724WebArticles/ForresterSengeValidation.pdf
https://www.albany.edu/faculty/gpr/PAD724/724WebArticles/ForresterSengeValidation.pdf
https://doi.org/10.4018/IJKM.20220101.oa7


381 

 
Seppelt, B., & Victor, T. (2020). Driver’s mental model of vehicle automation. In 

Handbook of Human Factors for Automated, Connected, and Intelligent Vehicles 
(1st ed., pp. 55-66). CRC Press. https://doi.org/10.1201/b21974  

 
Seppelt, B. D., & Lee, J. D. (2007). Making adaptive cruise control (ACC) limits visible. 

International Journal of Human-Computer Studies, 65(3), 192-205. 
https://doi.org/10.1016/j.ijhcs.2006.10.001  

 
Seppelt, B. D., & Lee, J. D. (2019). Keeping the driver in the loop: Dynamic feedback to 

support appropriate use of imperfect vehicle control automation. International 
Journal of Human-Computer Studies, 125, 66-80. 
https://doi.org/10.1016/j.ijhcs.2018.12.009  

 
Shammut, M. (2020). Driverless Cars Implications: A Literature Review PhD Thesis. M. 

University. https://tinyurl.com/eb79k379 
 
Sheehan, B., Murphy, F., Mullins, M., & Ryan, C. (2019). Connected and autonomous 

vehicles: A cyber-risk classification framework. Transportation Research Part A: 
Policy and Practice, 124, 523-536. https://doi.org/10.1016/j.tra.2018.06.033  

 
Sheikh, M. S., Liang, J., & Wang, W. (2020). Security and privacy in vehicular ad hoc 

network and vehicle cloud computing: a survey. Wireless Communications and 
Mobile Computing, 2020. https://doi.org/10.1155/2020/5129620  

 
Shepherd, C. (2019). Shanghai allows self-driving cars to carry passengers. Financial 

Times. https://www.ft.com/content/5667d818-d932-11e9-8f9b-77216ebe1f17 
 
Shepherd, C. (2020). China’s self-driving car projects accelerate during coronavirus. 

Financial Times. https://www.ft.com/christian-shepherd?page=4 
 
Sheridan, T. B., & Hennessy, R. T. (1984). Research and modeling of supervisory control 

behavior. Report of a Workshop. 
https://apps.dtic.mil/dtic/tr/fulltext/u2/a149621.pdf 

 
Shiffrin, R. M., & Schneider, W. (1977). Controlled and automatic human information 

processing: II. Perceptual learning, automatic attending and a general theory. 
Psychological review, 84(2), 127. https://doi.org/10.1037/0033-295X.84.2.127  

 
Shih, Y.-F., & Alessi, S. M. (1993). Mental models and transfer of learning in computer 

programming. Journal of Research on Computing in Education, 26(2), 154-175. 
https://doi.org/10.1080/08886504.1993.10782084  

 
Shladover, S. (2015). Automation deployment paths. limiting automation functionality 

or geographic scope. TRB Annual Meeting 2015 Session 564, Washington USA. 
 
Shladover, S. E. (2012). Recent international activity in cooperative vehicle–highway 

automation systems (FHWA-HRT-12-033). 
https://www.fhwa.dot.gov/publications/research/ear/12033/12033.pdf 

https://doi.org/10.1201/b21974
https://doi.org/10.1016/j.ijhcs.2006.10.001
https://doi.org/10.1016/j.ijhcs.2018.12.009
https://tinyurl.com/eb79k379
https://doi.org/10.1016/j.tra.2018.06.033
https://doi.org/10.1155/2020/5129620
https://www.ft.com/content/5667d818-d932-11e9-8f9b-77216ebe1f17
https://www.ft.com/christian-shepherd?page=4
https://apps.dtic.mil/dtic/tr/fulltext/u2/a149621.pdf
https://doi.org/10.1037/0033-295X.84.2.127
https://doi.org/10.1080/08886504.1993.10782084
https://www.fhwa.dot.gov/publications/research/ear/12033/12033.pdf


382 

 
Shladover, S. E. (2018). Connected and automated vehicle systems: Introduction and 

overview. Journal of Intelligent Transportation Systems, 22(3), 190-200.  
 
Shladover, S. E., & Nowakowski, C. (2019). Regulatory challenges for road vehicle 

automation: Lessons from the california experience. Transportation Research 
Part A: Policy and Practice, 122, 125-133. 
https://doi.org/10.1016/j.tra.2017.10.006  

 
Singh, S., & Saini, B. S. (2021). Autonomous cars: Recent developments, challenges, and 

possible solutions IOP Conference Series: Materials Science and Engineering, 
Rajpura, India. https://doi.org/10.1088/1757-899X/1022/1/012028 

 
Sitkin, S. B., & Pablo, A. L. (1992). Reconceptualizing the determinants of risk behavior. 

Academy of management review, 17(1), 9-38. https://doi.org/10.2307/258646  
 
Skeete, J.-P. (2018). Level 5 autonomy: The new face of disruption in road transport. 

Technological Forecasting and Social Change, 134, 22-34. 
https://doi.org/10.1016/j.techfore.2018.05.003  

 
Smith, B. W., & Svensson, J. (2015). Automated and autonomous driving: regulation 

under uncertainty. https://tinyurl.com/px9d65zj 
 
Sonoda, K., & Wada, T. (2016). Driver's trust in automated driving when sharing of spatial 

awareness. 2016 IEEE International Conference on Systems, Man, and 
Cybernetics (SMC), Budapest, Hungary. 

 
Spadafora, M., Chahuneau, V., Martelaro, N., Sirkin, D., & Ju, W. (2016). Designing the 

behavior of interactive objects Proceedings of the TEI'16: Tenth International 
Conference on Tangible, Embedded, and Embodied Interaction, Eindhoven, 
Netherlands. https://doi.org/10.1145/2839462.2839502 

 
Spadaro, G., Gangl, K., Van Prooijen, J.-W., Van Lange, P. A., & Mosso, C. O. (2020). 

Enhancing feelings of security: How institutional trust promotes interpersonal 
trust. PloS one, 15(9), e0237934. https://doi.org/10.1371/journal.pone.0237934  

 
Sparrow, R., & Howard, M. (2017). When human beings are like drunk robots: Driverless 

vehicles, ethics, and the future of transport. Transportation Research Part C: 
Emerging Technologies, 80, 206-215. https://doi.org/10.1016/j.trc.2017.04.014  

 
Spolander, K. (1983). Drivers' Assessment of their own Driving Ability ( 252). National 

Swedish Road and Traffic Research Institute (VTI). http://www.diva-
portal.org/smash/record.jsf?pid=diva2%3A674539&dswid=-8261 

 
Sridhar, M. (2020). Will the COVID-19 crisis accelerate the arrival of self-driving vehicles 

in our daily lives? https://www.therobotreport.com/self-driving-vehicles-must-
move-into-our-daily-lives-soon/ 

 

https://doi.org/10.1016/j.tra.2017.10.006
https://doi.org/10.1088/1757-899X/1022/1/012028
https://doi.org/10.2307/258646
https://doi.org/10.1016/j.techfore.2018.05.003
https://tinyurl.com/px9d65zj
https://doi.org/10.1145/2839462.2839502
https://doi.org/10.1371/journal.pone.0237934
https://doi.org/10.1016/j.trc.2017.04.014
http://www.diva-portal.org/smash/record.jsf?pid=diva2%3A674539&dswid=-8261
http://www.diva-portal.org/smash/record.jsf?pid=diva2%3A674539&dswid=-8261
https://www.therobotreport.com/self-driving-vehicles-must-move-into-our-daily-lives-soon/
https://www.therobotreport.com/self-driving-vehicles-must-move-into-our-daily-lives-soon/


383 

Stadler, S., Cornet, H., Huang, D., & Frenkler, F. (2020). Designing Tomorrow’s Human-
Machine Interfaces in Autonomous Vehicles: An Exploratory Study in Virtual 
Reality. In Augmented Reality and Virtual Reality (pp. 151-160). Springer, Cham. 
https://doi.org/10.1007/978-3-030-37869-1_13  

 
Stanford, J. (2015). Possible futures for fully automated vehicles: using scenario planning 

and system dynamics to grapple with uncertainty [Master of Science Thesis, 
Massachusetts Institute of Technology]. 
https://dspace.mit.edu/handle/1721.1/105319 

 
Stanton, N. A., Salmon, P. M., Walker, G. H., & Stanton, M. (2019). Models and methods 

for collision analysis: A comparison study based on the Uber collision with a 
pedestrian. Safety Science, 120, 117-128. 
https://doi.org/10.1016/j.ssci.2019.06.008  

 
Stanton, N. A., Stewart, R., Harris, D., Houghton, R. J., Baber, C., McMaster, R., Salmon, 

P., Hoyle, G., Walker, G., & Young, M. S. (2006). Distributed situation awareness 
in dynamic systems: theoretical development and application of an ergonomics 
methodology. Ergonomics, 49(12-13), 1288-1311. 
https://doi.org/10.1080/00140130600612762  

 
Starkey, N. J., & Charlton, S. G. (2020). The New Zealand public’s readiness for connected-

and autonomous-vehicles (including driverless), car and ridesharing schemes and 
the social impacts of these (663). New Zealand Transport Agency (NZTA). 
https://researchcommons.waikato.ac.nz/handle/10289/13622 

 
Stasinopoulos, P., Shiwakoti, N., & Beining, M. (2021). Use-stage life cycle greenhouse 

gas emissions of the transition to an autonomous vehicle fleet: A System 
Dynamics approach. Journal of Cleaner Production, 278. 
https://doi.org/10.1016/j.jclepro.2020.123447  

 
State. (2018). What is cybercrime? https://www.state.co.nz/blog/what-is-cybercrime 
 
Steenkamp, J. (1991). The use of LISREL in validating marketing constructs. International 

Journal of Research in marketing, 8(4), 283-299. https://doi.org/10.1016/0167-
8116(91)90027-5  

 
Steiger, J. H. (1990). Structural model evaluation and modification: An interval 

estimation approach. Multivariate behavioral research, 25(2), 173-180. 
https://doi.org/10.1207/s15327906mbr2502_4  

 
Sterman, J. (2010). Business dynamics. Irwin/McGraw-Hill, NY US.  
 
Sterman, J. D. (2000). Business Dynamics: System Thinking and Modeling for a Complex 

World. Massachusetts Institute of Technology, Engineering Systems Division, 
Irwin McGraw-Hill Cambridge, MA, USA 

 
 

https://doi.org/10.1007/978-3-030-37869-1_13
https://dspace.mit.edu/handle/1721.1/105319
https://doi.org/10.1016/j.ssci.2019.06.008
https://doi.org/10.1080/00140130600612762
https://researchcommons.waikato.ac.nz/handle/10289/13622
https://doi.org/10.1016/j.jclepro.2020.123447
https://www.state.co.nz/blog/what-is-cybercrime
https://doi.org/10.1016/0167-8116(91)90027-5
https://doi.org/10.1016/0167-8116(91)90027-5
https://doi.org/10.1207/s15327906mbr2502_4


384 

Straub, E. R., & Schaefer, K. E. (2019). It takes two to tango: Automated vehicles and 
human beings do the dance of driving–four social considerations for policy. 
Transportation Research Part A: Policy and Practice, 122, 173-183. 
https://doi.org/10.1016/j.tra.2018.03.005  

 
Suhr, D. D. (2006). Exploratory or confirmatory factor analysis? Proceedings of the 31st 

Annual SAS Users Group International Conference, San Francisco, California, 
USA. https://tinyurl.com/vxy6pr95 

 
Sun, X., Cao, S., & Tang, P. (2021). Shaping driver-vehicle interaction in autonomous 

vehicles: How the new in-vehicle systems match the human needs. Applied 
ergonomics, 90. https://doi.org/10.1016/j.apergo.2020.103238  

 
Sun, X., Li, J., Tang, P., Zhou, S., Peng, X., Li, H. N., & Wang, Q. (2020). Exploring 

Personalised Autonomous Vehicles to Influence User Trust. Cognitive 
Computation, 1-17. https://doi.org/10.1007/s12559-020-09757-x  

 
Sydenham, P. H. (1982). Handbook of measurement science (Vol. 1). John Wiley & Sons 

Inc.  
 
Sylvester, A., Tate, M., & Johnstone, D. (2013). Beyond synthesis: re-presenting 

heterogeneous research literature. Behaviour & Information Technology, 32(12), 
1199-1215. https://doi.org/10.1080/0144929X.2011.624633  

 
Tabachnick, B., & Fidell, L. (2013). Using multivariate statistics, 6th (ed.) Boston, MA. 

Pearson/Allyn & Bacon.  
 
Taeihagh, A., & Lim, H. S. M. (2019). Governing autonomous vehicles: emerging 

responses for safety, liability, privacy, cybersecurity, and industry risks. 
Transport Reviews, 39, 103-128. 
https://doi.org/10.1080/01441647.2018.1494640  

 
Taeihagh, A., Ramesh, M., & Howlett, M. (2021). Assessing the regulatory challenges of 

emerging disruptive technologies. Regulation & Governance. 
https://doi.org/10.1111/rego.12392  

 
Tague, N. R. (2005). The quality toolbox (2nd ed.). ASQ Quality Press Milwaukee, 

Wisconsin. 
https://www.academia.edu/32325558/The_Quality_Toolbox_Second_Edition  

 
Tang, P., Sun, X., & Cao, S. (2020). Investigating user activities and the corresponding 

requirements for information and functions in autonomous vehicles of the 
future. International Journal of Industrial Ergonomics, 80, 103044. 
https://doi.org/10.1016/j.ergon.2020.103044  

 
Tashakkori, A., & Creswell, J. W. (2007). The new era of mixed methods. Journal of mixed 

methods research, 1(1), 3-7. https://doi.org/10.1177/1558689810382916.  
 

https://doi.org/10.1016/j.tra.2018.03.005
https://tinyurl.com/vxy6pr95
https://doi.org/10.1016/j.apergo.2020.103238
https://doi.org/10.1007/s12559-020-09757-x
https://doi.org/10.1080/0144929X.2011.624633
https://doi.org/10.1080/01441647.2018.1494640
https://doi.org/10.1111/rego.12392
https://www.academia.edu/32325558/The_Quality_Toolbox_Second_Edition
https://doi.org/10.1016/j.ergon.2020.103044
https://doi.org/10.1177/1558689810382916


385 

Tech, E. (2020). World premiere: First cab-less and autonomous, fully electric truck in 
commercial operations on public road. https://tinyurl.com/zw4w49hx 

 
Tenhundfeld, N., Demir, M., & de Visser, E. J. (2021). An Argument for Trust Assessment 

in Human-Machine Interaction: Overview and Call for Integration. 
https://doi.org/10.31219/osf.io/j47df  

 
Tenhundfeld, N. L., de Visser, E. J., Haring, K. S., Ries, A. J., Finomore, V. S., & Tossell, C. 

C. (2019). Calibrating trust in automation through familiarity with the 
autoparking feature of a Tesla Model X. Journal of cognitive engineering and 
decision making, 13(4), 279-294. https://doi.org/10.1177/1555343419869083  

 
Tenhundfeld, N. L., de Visser, E. J., Ries, A. J., Finomore, V. S., & Tossell, C. C. (2020). 

Trust and distrust of automated parking in a Tesla Model X. Human factors, 62(2), 
194-210. https://doi.org/10.1177/0018720819865412  

 
Thakur, P. (2020). Australia continues its charge towards driverless transportation. 

KPMG. https://tinyurl.com/4dybx2n6 
 
Threlfall, R. (2020). COVID-19 May Accelerate Self-Driving Vehicle Growth - The KPMG 

Progress Report. https://tinyurl.com/babv2zza 
 
Tian, Y., Hassmiller Lich, K., Osgood, N. D., Eom, K., & Matchar, D. B. (2016). Linked 

sensitivity analysis, calibration, and uncertainty analysis using a system dynamics 
model for stroke comparative effectiveness research. Medical Decision Making, 
36(8), 1043-1057. https://doi.org/10.1177/0272989X16643940  

 
Toffetti, A., Wilschut, E. S., Martens, M. H., Schieben, A., Rambaldini, A., Merat, N., & 

Flemisch, F. (2009). CityMobil: Human factor issues regarding highly automated 
vehicles on eLane. Transportation research record, 2110(1), 1-8. 
https://doi.org/10.3141/2110-01  

 
Toffler, A. (1970). Future Shock (Vol. 4). Random House, Inc. 

https://tinyurl.com/yd72b6wb  
 
Tokody, D., Albini, A., Ady, L., Rajnai, Z., & Pongrácz, F. (2018). Safety and security 

through the design of autonomous intelligent vehicle systems and intelligent 
infrastructure in the smart city. Interdisciplinary Description of Complex Systems: 
INDECS, 16(3-A), 384-396. https://doi.org/10.7906/INDECS.16.3.11  

 
Tollman, J. I., & Benson, A. D. (2000). Mental models and web-based learning: examining 

the change in personal learning models of graduate students enrolled in an 
online library media course. Journal of education for library and information 
science, 41, 207-223. https://doi.org/10.2307/40324070  

 
Tongco, M. D. C. (2007). Purposive sampling as a tool for informant selection. 

Ethnobotany Research and applications, 5, 147-158. 
https://doi.org/10.17348/era.5.0.147-158  

 

https://tinyurl.com/zw4w49hx
https://doi.org/10.31219/osf.io/j47df
https://doi.org/10.1177/1555343419869083
https://doi.org/10.1177/0018720819865412
https://tinyurl.com/4dybx2n6
https://tinyurl.com/babv2zza
https://doi.org/10.1177/0272989X16643940
https://doi.org/10.3141/2110-01
https://tinyurl.com/yd72b6wb
https://doi.org/10.7906/INDECS.16.3.11
https://doi.org/10.2307/40324070
https://doi.org/10.17348/era.5.0.147-158


386 

Trösterer, S., Meschtscherjakov, A., Mirnig, A. G., Lupp, A., Gärtner, M., McGee, F., 
McCall, R., Tscheligi, M., & Engel, T. (2017). What we can learn from pilots for 
handovers and (de) skilling in semi-autonomous driving: An interview study 
Proceedings of the 9th international conference on automotive user interfaces 
and interactive vehicular applications, Oldenburg, Germany. 
https://doi.org/10.1145/3122986.3123020 

 
Trump, B. D. (2017). Synthetic biology regulation and governance: Lessons from TAPIC 

for the United States, European Union, and Singapore. Health Policy, 121(11), 
1139-1146. https://doi.org/10.1016/j.healthpol.2017.07.010  

 
Tsolakis, N., Bechtsis, D., & Srai, J. S. (2019). Intelligent autonomous vehicles in digital 

supply chains: From conceptualisation, to simulation modelling, to real-world 
operations. Business Process Management Journal, 25(3), 414-437. 
https://doi.org/10.1108/BPMJ-11-2017-0330  

 
Tsugawa, S., & Kato, S. (2010). Energy ITS: another application of vehicular 

communications. IEEE Communications Magazine, 48(11), 120-126. 
https://doi.org/10.1109/MCOM.2010.5621978  

 
Tucker, L. R., & Lewis, C. (1973). A reliability coefficient for maximum likelihood factor 

analysis. Psychometrika, 38(1), 1-10. https://doi.org/10.1007/BF02291170  
 
TVNZ. (2019). Cyber crime cost New Zealand $6.5 million in three months. 

https://tinyurl.com/3ybh98xk 
 
Um, J.-S. (2019). Drones as Cyber-Physical Systems. Springer Nature Singapore Pte Ltd. 

https://doi.org/10.1007/978-981-13-3741-3_1  
 
UN. (1949). Convention on Road Traffic 125 UNTS 3. https://tinyurl.com/v8zmtxs5 
 
Underwood, S. (2014). Automated vehicles forecast vehicle symposium opinion survey. 

Automated Vehicles Symposium 2014: Drivers. Vehicles. Infrastructure, San 
Francisco, California, USA. 

 
UNDP. (2020). Human Develpment Report 2020. http://hdr.undp.org/en/2020-report 
 
UNECE, W. (2018). Draft Recommendation on Cyber Security of the Task Force on Cyber 

Security and Over-the-air issues of UNECE WP.29 GRVA. 
https://unece.org/fileadmin/DAM/trans/doc/2018/wp29grva/GRVA-01-17.pdf 

 
Urooj, S., Feroz, I., & Ahmad, N. (2018). Systematic literature review on user interfaces 

of autonomous cars: Liabilities and responsibilities 2018 International 
Conference on Advancements in Computational Sciences (ICACS), Lahore, 
Pakistan. https://doi.org/10.1109/ICACS.2018.8333489 

 
US DOT. (2016). Federal automated vehicles policy: Accelerating the next revolution in 

roadway safety. https://www.hsdl.org/?view&did=795644 
 

https://doi.org/10.1145/3122986.3123020
https://doi.org/10.1016/j.healthpol.2017.07.010
https://doi.org/10.1108/BPMJ-11-2017-0330
https://doi.org/10.1109/MCOM.2010.5621978
https://doi.org/10.1007/BF02291170
https://tinyurl.com/3ybh98xk
https://doi.org/10.1007/978-981-13-3741-3_1
https://tinyurl.com/v8zmtxs5
http://hdr.undp.org/en/2020-report
https://unece.org/fileadmin/DAM/trans/doc/2018/wp29grva/GRVA-01-17.pdf
https://doi.org/10.1109/ICACS.2018.8333489
https://www.hsdl.org/?view&did=795644


387 

USC. (2017). 3 Ways AR/VR Are Improving Autonomous Vehicles. 
http://ict.usc.edu/news/3-ways-arvr-are-improving-autonomous-vehicles/ 

 
Vahidov, R. (2012). Design-Type Research in Information Systems: Findings and 

Practices. IGI Global. http://doi.org/10.4018/978-1-4666-0131-4  
 
Vaishnavi, V., & Kuechler, W. (2004). Design research in information systems (created in 

2004 and updated in 2019). http://www.desrist.org/design-research-in-
information-systems/  

 
Vaishnavi, V. K., & Kuechler, W. (2015). Design science research methods and patterns: 

innovating information and communication technology (2nd ed.). CRC Press. 
https://doi.org/10.1201/9781420059335  

 
Van Brummelen, J., O’Brien, M., Gruyer, D., & Najjaran, H. (2018). Autonomous vehicle 

perception: The technology of today and tomorrow. Transportation Research 
Part C: Emerging Technologies, 89, 384-406. 
https://doi.org/10.1016/j.trc.2018.02.012  

 
Veal, A. (2005). Business research methods: a managerial approach. Frenchs Forest, New 

South Wales : Pearson Education Australia.  
 
Venkatesh, V., & Davis, F. D. (2000). A theoretical extension of the technology 

acceptance model: Four longitudinal field studies. Management science, 46(2), 
186-204. https://doi.org/10.1287/mnsc.46.2.186.11926  

 
Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of 

information technology: Toward a unified view. MIS quarterly, 27(3), 425-478. 
https://doi.org/10.2307/30036540  

 
Verberne, F. M., Ham, J., & Midden, C. J. (2015). Trusting a virtual driver that looks, acts, 

and thinks like you. Human factors, 57(5), 895-909. 
https://doi.org/10.1177/0018720815580749  

 
Vicente, K. J. (1999). Cognitive work analysis: Toward safe, productive, and healthy 

computer-based work. CRC Press.  
 
Victoria. (2018). Parliament of Victoria. Road Safety Amendment (Automated Vehicles) 

Act 2018. . https://tinyurl.com/3pcmky4w 
 
Vigliarolo, B. (2020). Enthusiasm around autonomous vehicles has grown during the 

COVID-19 pandemic. https://www.techrepublic.com/article/enthusiasm-
around-autonomous-vehicles-has-grown-during-the-covid-19-pandemic/ 

 
Villagra, J., Acosta, L., Artuñedo, A., Blanco, R., Clavijo, M., Fernández, C., Godoy, J., 

Haber, R., Jiménez, F., & Martínez, C. (2018). Automated driving. In F. Jimenez 
(Ed.), Intelligent Vehicles (pp. 275-342). Elsevier. https://doi.org/10.1016/B978-
0-12-812800-8.00008-4  

 

http://ict.usc.edu/news/3-ways-arvr-are-improving-autonomous-vehicles/
http://doi.org/10.4018/978-1-4666-0131-4
http://www.desrist.org/design-research-in-information-systems/
http://www.desrist.org/design-research-in-information-systems/
https://doi.org/10.1201/9781420059335
https://doi.org/10.1016/j.trc.2018.02.012
https://doi.org/10.1287/mnsc.46.2.186.11926
https://doi.org/10.2307/30036540
https://doi.org/10.1177/0018720815580749
https://tinyurl.com/3pcmky4w
https://www.techrepublic.com/article/enthusiasm-around-autonomous-vehicles-has-grown-during-the-covid-19-pandemic/
https://www.techrepublic.com/article/enthusiasm-around-autonomous-vehicles-has-grown-during-the-covid-19-pandemic/
https://doi.org/10.1016/B978-0-12-812800-8.00008-4
https://doi.org/10.1016/B978-0-12-812800-8.00008-4


388 

Vimmerstedt, L. J., Bush, B. W., & Peterson, S. O. (2016). Dynamic modeling of learning 
in emerging energy industries: The example of advanced biofuels in the United 
States 33rd International Conference of the System Dynamics Society 2015, 
Cambridge, Massachusetts US.  

 
Vlakveld, W. (2015). Transition of control in highly automated vehicles: A literature 

review. https://www.swov.nl/sites/default/files/publicaties/rapport/r-2015-
22.pdf 

 
Vlassenroot, S., Brookhuis, K., Marchau, V., & Witlox, F. (2010). Towards defining a 

unified concept for the acceptability of Intelligent Transport Systems (ITS): A 
conceptual analysis based on the case of Intelligent Speed Adaptation (ISA). 
Transportation Research Part F: Traffic Psychology and Behaviour, 13(3), 164-
178. https://doi.org/10.1016/j.trf.2010.02.001  

 
Wadud, Z. (2017). Fully automated vehicles: A cost of ownership analysis to inform early 

adoption. Transportation Research Part A: Policy and Practice, 101, 163-176. 
https://doi.org/10.1016/j.tra.2017.05.005  

 
Wadud, Z., MacKenzie, D., & Leiby, P. (2016). Help or hindrance? The travel, energy and 

carbon impacts of highly automated vehicles. Transportation Research Part A: 
Policy and Practice, 86, 1-18. https://doi.org/10.1016/j.tra.2015.12.001  

 
Waitzkin, H. (1993). Interpretive analysis of spoken discourse: Dealing with the 

limitations of quantitative and qualitative methods. Southern Communication 
Journal, 58(2), 128-146. https://doi.org/10.1080/10417949309372895  

 
Walch, M., Lange, K., Baumann, M., & Weber, M. (2015). Autonomous driving: 

investigating the feasibility of car-driver handover assistance AutomotiveUI '15: 
Proceedings of the 7th international conference on automotive user interfaces 
and interactive vehicular applications, Nottingham, UK. 
https://tinyurl.com/2k64cufy 

 
Walton, M. (2016). Expert views on applying complexity theory in evaluation: 

opportunities and barriers. Evaluation, 22(4), 410-423. 
https://doi.org/10.1177/1356389016667890  

 
Wang, J., Zhang, L., Huang, Y., & Zhao, J. (2020). Safety of autonomous vehicles. Journal 

of advanced transportation, 2020. https://doi.org/10.1155/2020/8867757  
 
Wang, S., Jiang, Z., Noland, R. B., & Mondschein, A. S. (2020, 2020/07/01/). Attitudes 

towards privately-owned and shared autonomous vehicles. Transportation 
Research Part F: Traffic Psychology and Behaviour, 72, 297-306. 
https://doi.org/https://doi.org/10.1016/j.trf.2020.05.014  

 
Wang, S., & Zhao, J. (2019). Risk preference and adoption of autonomous vehicles. 

Transportation Research Part A: Policy and Practice, 126, 215-229. 
https://doi.org/10.1016/j.tra.2019.06.007  

 

https://www.swov.nl/sites/default/files/publicaties/rapport/r-2015-22.pdf
https://www.swov.nl/sites/default/files/publicaties/rapport/r-2015-22.pdf
https://doi.org/10.1016/j.trf.2010.02.001
https://doi.org/10.1016/j.tra.2017.05.005
https://doi.org/10.1016/j.tra.2015.12.001
https://doi.org/10.1080/10417949309372895
https://tinyurl.com/2k64cufy
https://doi.org/10.1177/1356389016667890
https://doi.org/10.1155/2020/8867757
https://doi.org/https:/doi.org/10.1016/j.trf.2020.05.014
https://doi.org/10.1016/j.tra.2019.06.007


389 

Wang, X., Yuen, K. F., Wong, Y. D., & Teo, C. C. (2018). An innovation diffusion 
perspective of e-consumers’ initial adoption of self-collection service via 
automated parcel station. The International Journal of Logistics Management. 
https://doi.org/10.1108/IJLM-12-2016-0302  

 
Ward, D. D. (2011). System safety in hybrid and electric vehicles Proceedings of the 

Australian System Safety Conference (ASSC 2011) Melbourne Australia. 
https://tinyurl.com/8dwefhk6 

 
Waung, M., McAuslan, P., & Lakshmanan, S. (2021). Trust and intention to use 

autonomous vehicles: Manufacturer focus andpassenger control. Transportation 
Research Part F: Traffic Psychology and Behaviour, 80, 328-340. 
https://doi.org/10.1016/j.trf.2021.05.004  

 
Waymo. (2017). On the Road to Fully Self-Driving (Waymo Safety Report). 

https://waymo.com/safety/ 
 
Waytz, A., Heafner, J., & Epley, N. (2014). The mind in the machine: Anthropomorphism 

increases trust in an autonomous vehicle. Journal of Experimental Social 
Psychology, 52, 113-117. https://doi.org/10.1016/j.jesp.2014.01.005  

 
Webb, J., Wilson, C., & Kularatne, T. (2019). Will people accept shared autonomous 

electric vehicles? A survey before and after receipt of the costs and benefits. 
Economic Analysis and Policy, Elsevier, 61(C), 118-135. 
https://doi.org/10.1016/j.eap.2018.12.004  

 
West, D. M. (2016). Moving forward: Self-driving vehicles in China, Europe, Japan, Korea, 

and the United States. The brookings institution. 
https://www.brookings.edu/research/moving-forward-self-driving-vehicles-in-
china-europe-japan-korea-and-the-united-states/ 

 
West, S. G., Finch, J. F., & Curran, P. J. (1995). Structural equation models with 

nonnormal variables: Problems and remedies. In R. H. Hoyle (Ed.), tructural 
equation modeling: Concepts, issues, and applications (pp. 56-75). Sage 
Publications, Inc.  

 
West, S. G., Finch, J. F., & Curran, P. J. (1995). Structural equation models with 

nonnormal variables: Problems and remedies. In R. H. Hoyle (Ed.), Structural 
equation modeling: Concepts, issues, and applications. (pp. 56-75). Sage 
Publications, Inc.  

 
Whitmore, A., & Reed, N. (2015). The role of physiological monitoring in the 

implementation of vehicle automation. Engineering and Technology Reference, 
1-9. https://doi.org/10.1049/etr.2014.0057  

 
WHO. (2020). Road traffic injuries. World Health Organization. Retrieved September, 20 

from https://www.who.int/en/news-room/fact-sheets/detail/road-traffic-
injuries 

 

https://doi.org/10.1108/IJLM-12-2016-0302
https://tinyurl.com/8dwefhk6
https://doi.org/10.1016/j.trf.2021.05.004
https://waymo.com/safety/
https://doi.org/10.1016/j.jesp.2014.01.005
https://doi.org/10.1016/j.eap.2018.12.004
https://www.brookings.edu/research/moving-forward-self-driving-vehicles-in-china-europe-japan-korea-and-the-united-states/
https://www.brookings.edu/research/moving-forward-self-driving-vehicles-in-china-europe-japan-korea-and-the-united-states/
https://doi.org/10.1049/etr.2014.0057
https://www.who.int/en/news-room/fact-sheets/detail/road-traffic-injuries
https://www.who.int/en/news-room/fact-sheets/detail/road-traffic-injuries


390 

Wibowo, M. P. (2019). Technology Acceptance Models and Theories in Library and 
Information Science Research. Seminar in Theory and Foundations of 
Information Sciences course at Florida State University 
https://digitalcommons.unl.edu/libphilprac/3674/  

 
Wickens, C. D., Hollands, J. G., Banbury, S., & Parasuraman, R. (2015). Engineering 

psychology and human performance. Psychology Press.  
 
Wickens, C. D., Hollands, J. G., Parasuraman, R., & Banbury, S. (2013). Engineering 

psychology and human performance. . Psychology Press.  
 
Wickens, C. D., & Kessel, C. (1979). The effects of participatory mode and task workload 

on the detection of dynamic system failures. IEEE Transactions on Systems, Man, 
and Cybernetics, 9(1), 24-34. https://doi.org/10.1109/TSMC.1979.4310070  

 
Wiener, J. B. (2004). The regulation of technology, and the technology of regulation. 

Technology in Society, 26(2-3), 483-500. 
https://doi.org/10.1016/J.TECHSOC.2004.01.033  

 
Williams, D. (1999). A Framework for Improving the Requirements Engineering Process 

Management. 8, 133-147. https://doi.org/10.1023/A:1008956910828  
 
Williams, D. (2002). Integrating system dynamics modelling and case study research 

method: a theoretical framework for process improvement. 
https://proceedings.systemdynamics.org/2002/proceed/papers/William1.pdf  

 
Williams, G., & Pigeot, I. (2017). Consent and confidentiality in the light of recent 

demands for data sharing. Biometrical journal, 59(2), 240-250. 
https://doi.org/10.1002/bimj.201500044  

 
Williams, R. (2003). Television: Technology and cultural form. Psychology Press.  
 
Williams, S. (2020). Majority of New Zealanders exposed to cyber crime. 

https://itbrief.co.nz/story/report-majority-of-new-zealanders-exposed-to-
cyber-crime 

 
Wilson, C. (2013). Brainstorming and beyond: a user-centered design method (1st ed.). 

Morgan Kaufmann Publishers. https://doi.org/10.1016/C2012-0-03533-8  
 
Win, M. Z., Buehrer, R. M., Chrisikos, G., Conti, A., & Poor, H. V. (2018). Foundations and 

trends in localization technologies—Part I [scanning the issue]. Proceedings of 
the IEEE, 106(6), 1091-1021. https://doi.org/10.1109/JPROC.2018.2837342  

 
Winkle, T. (2016). Development and Approval of Automated Vehicles: Considerations of 

Technical, Legal, and Economic Risks. In M. Maurer, J. Gerdes, B. Lenz, & H. 
Winner (Eds.), Autonomous Driving (pp. 589-618). Springer. 
https://doi.org/10.1007/978-3-662-48847-8_28  

 

https://digitalcommons.unl.edu/libphilprac/3674/
https://doi.org/10.1109/TSMC.1979.4310070
https://doi.org/10.1016/J.TECHSOC.2004.01.033
https://doi.org/10.1023/A:1008956910828
https://proceedings.systemdynamics.org/2002/proceed/papers/William1.pdf
https://doi.org/10.1002/bimj.201500044
https://itbrief.co.nz/story/report-majority-of-new-zealanders-exposed-to-cyber-crime
https://itbrief.co.nz/story/report-majority-of-new-zealanders-exposed-to-cyber-crime
https://doi.org/10.1016/C2012-0-03533-8
https://doi.org/10.1109/JPROC.2018.2837342
https://doi.org/10.1007/978-3-662-48847-8_28


391 

Winter, S. R., Keebler, J. R., Rice, S., Mehta, R., & Baugh, B. S. (2018). Patient perceptions 
on the use of driverless ambulances: An affective perspective. Transportation 
Research Part F: Traffic Psychology and Behaviour, 58, 431-441. 
https://doi.org/10.1016/j.trf.2018.06.033  

 
Wintersberger, P. (2020). Automated Driving: Towards Trustworthy and Safe Human-

Machine Cooperation [Doctoral, Universität Linz]. Linz, Austria.  
 
Wiseman, Y. (2017). Safety mechanism for SkyTran tracks. International Journal of 

Control and Automation, 10(7), 51-60. 
https://doi.org/10.14257/IJCA.2017.10.7.05  

 
Wiseman, Y. (2020a). COVID-19 Along with Autonomous Vehicles will Put an End to Rail 

Systems in Isolated Territories. IEEE Intelligent Transportation Systems 
Magazine, 13, 6-12. https://doi.org/10.1109/MITS.2021.3049409  

 
Wiseman, Y. (2020b). Intelligent Transportation Systems along with the COVID-19 

Guidelines will Significantly Change the Transportation Market. The Open 
Transportation Journal, 15. https://doi.org/10.2174/1874447802115010011  

 
Wisk. (2020). Cora Announced for World First Trial. https://wisk.aero/about/ 
 
Wolf, I. (2016). The interaction between humans and autonomous agents. In M. Maurer, 

J. Gerdes, B. Lenz, & H. Winner (Eds.), Autonomous driving (pp. 103-124). 
Springer. https://doi.org/10.1007/978-3-662-48847-8_6  

 
Wolfswinkel, J. F., Furtmueller, E., & Wilderom, C. P. (2013). Using grounded theory as a 

method for rigorously reviewing literature. European Journal of Information 
Systems, 22(1), 45-55. https://doi.org/10.1057/ejis.2011.51  

 
Wolken, A., Smith, M., Kaye-Blake, B., Curry, K., Dickson, M. C., Drummond, C. E., & 

Thomas, A. (2018). Driving Change: Technology Diffusion in the Transport Sector. 
http://www.nzta.govt.nz/resources/research/reports/647/ 

 
World Health Organization. (2009). WHO Patient Safety Curriculum Guide for Medical 

Schools. Geneva Switzerland: World Health Organisation. 
https://www.who.int/patientsafety/information_centre/documents/who_ps_c
urriculum_summary.pdf 

 
Wu, J., Liao, H., & Wang, J.-W. (2020). Analysis of consumer attitudes towards 

autonomous, connected, and electric vehicles: A survey in China. Research in 
transportation economics, 80, 100828. 
https://doi.org/10.1016/j.retrec.2020.100828  

 
Wynekoop, J. L. (1992). Strategies for implementation research: combining research 

methods International Conference on Information Systems (ICIS) 1992 
Proceedings 12,  https://core.ac.uk/download/pdf/301364022.pdf 

 

https://doi.org/10.1016/j.trf.2018.06.033
https://doi.org/10.14257/IJCA.2017.10.7.05
https://doi.org/10.1109/MITS.2021.3049409
https://doi.org/10.2174/1874447802115010011
https://wisk.aero/about/
https://doi.org/10.1007/978-3-662-48847-8_6
https://doi.org/10.1057/ejis.2011.51
http://www.nzta.govt.nz/resources/research/reports/647/
https://www.who.int/patientsafety/information_centre/documents/who_ps_curriculum_summary.pdf
https://www.who.int/patientsafety/information_centre/documents/who_ps_curriculum_summary.pdf
https://doi.org/10.1016/j.retrec.2020.100828
https://core.ac.uk/download/pdf/301364022.pdf


392 

Xie, B., Zhou, J., & Wang, H. (2017). How influential are mental models on interaction 
performance? exploring the gap between users’ and designers’ mental models 
through a new quantitative method. Advances in Human-Computer Interaction, 
2017.  

 
Xu, A., & Dudek, G. (2015). Optimo: Online probabilistic trust inference model for 

asymmetric human-robot collaborations. 2015 10th ACM/IEEE International 
Conference on Human-Robot Interaction (HRI), Portland, OR, USA. 

 
Xu, C., Wang, W., Chen, J., Wang, W., Yang, C., & Li, Z. (2010). Analyzing travelers’ 

intention to accept travel information: structural equation modeling. 
Transportation research record, 2156(1), 93-100. https://doi.org/10.3141/2156-
11  

 
Xu, X., & Fan, C.-K. (2019). Autonomous vehicles, risk perceptions and insurance 

demand: An individual survey in China. Transportation Research Part A: Policy 
and Practice, 124, 549-556. https://doi.org/10.1016/j.tra.2018.04.009  

 
Xu, Z., Zhang, K., Min, H., Wang, Z., Zhao, X., & Liu, P. (2018). What drives people to 

accept automated vehicles? Findings from a field experiment. Transportation 
Research Part C: Emerging Technologies, 95, 320-334. 
https://doi.org/10.1016/j.trc.2018.07.024  

 
Yamani, Y., Long, S. K., & Itoh, M. (2020). Human–automation trust to technologies for 

naïve users amidst and following the COVID-19 pandemic. Human factors, 62(7), 
1087-1094. https://doi.org/10.1177/0018720820948981  

 
Yan, H., Kockelman, K. M., & Gurumurthy, K. M. (2020). Shared autonomous vehicle fleet 

performance: Impacts of trip densities and parking limitations. Transportation 
Research Part D: Transport and Environment. 
https://doi.org/10.1016/j.trd.2020.102577  

 
Yap, M. D., Correia, G., & van Arem, B. (2016, 2016/12/01/). Preferences of travellers for 

using automated vehicles as last mile public transport of multimodal train trips. 
Transportation Research Part A: Policy and Practice, 94, 1-16. 
https://doi.org/https://doi.org/10.1016/j.tra.2016.09.003  

 
Ye, L., & Yamamoto, T. (2019). Evaluating the impact of connected and autonomous 

vehicles on traffic safety. Physica A: Statistical Mechanics and its Applications, 
526. https://doi.org/10.1016/j.physa.2019.04.245  

 
Yigitcanlar Tan, Kamruzzaman, M., Foth, M., Sabatini-Marques, da Costa, E., & Ioppolo, 

G. (2019). Can cities become smart without being sustainable? A systematic 
review of the literature. Sustainable Cities and Society, 45, 348-365. 
https://doi.org/10.1016/j.scs.2018.11.033  

 
Yildiz, E., & Møller, C. (2021). Building a virtual factory: an integrated design approach 

to building smart factories. Journal of Global Operations and Strategic Sourcing. 
https://doi.org/10.1108/JGOSS-11-2019-0061  

https://doi.org/10.3141/2156-11
https://doi.org/10.3141/2156-11
https://doi.org/10.1016/j.tra.2018.04.009
https://doi.org/10.1016/j.trc.2018.07.024
https://doi.org/10.1177/0018720820948981
https://doi.org/10.1016/j.trd.2020.102577
https://doi.org/https:/doi.org/10.1016/j.tra.2016.09.003
https://doi.org/10.1016/j.physa.2019.04.245
https://doi.org/10.1016/j.scs.2018.11.033
https://doi.org/10.1108/JGOSS-11-2019-0061


393 

 
Yin, R. (2018). Case Study Research and Applications: Design and Methods. Sage 

Publications, Inc.  
 
Young, M. S., Stanton, N. A., & Harris, D. (2007). Driving automation: learning from 

aviation about design philosophies. International Journal of Vehicle Design, 
45(3), 323-338. https://doi.org/10.1504/IJVD.2007.014908  

 
Yuen, K. F., Huyen, D. T. K., Wang, X., & Qi, G. (2020). Factors Influencing the Adoption 

of Shared Autonomous Vehicles. International Journal of Environmental 
Research and Public Health, 17(13). https://doi.org/10.3390/ijerph17134868  

 
Yuen, K. F., Wang, X., Wong, Y. D., & Zhou, Q. (2018). The effect of sustainable shipping 

practices on shippers’ loyalty: The mediating role of perceived value, trust and 
transaction cost. Transportation Research Part E: Logistics and Transportation 
Review, Elsevier, 116(C), 123-135. https://doi.org/10.1016/j.tre.2018.06.002  

 
Yuen, K. F., Wong, Y. D., Ma, F., & Wang, X. (2020). The determinants of public 

acceptance of autonomous vehicles: An innovation diffusion perspective. Journal 
of Cleaner Production, 121904. https://doi.org/10.1016/j.jclepro.2020.121904  

 
Yvonne Feilzer, M. (2010). Doing mixed methods research pragmatically: Implications 

for the rediscovery of pragmatism as a research paradigm. Journal of mixed 
methods research, 4(1), 6-16. https://doi.org/10.1177/1558689809349691  

 
Zeeb, K., Buchner, A., & Schrauf, M. (2015). What determines the take-over time? An 

integrated model approach of driver take-over after automated driving. Accident 
Analysis & Prevention, 78, 212-221. https://doi.org/10.1016/j.aap.2015.02.023  

 
Zhang, C., & Qin, C. (2014). Exploration of the Growing Trend of Electric Vehicles in 

Beijing with System Dynamics method and Vensim model. 32nd International 
Conference of the System Dynamics Society, Delft, The Netherlands. 

 
Zhang, T., Tao, D., Qu, X., Zhang, X., Zeng, J., Zhu, H., & Zhu, H. (2020). Automated vehicle 

acceptance in China: Social influence and initial trust are key determinants. 
Transportation Research Part C: Emerging Technologies, 112, 220-233. 
https://doi.org/10.1016/j.trc.2020.01.027  

 
Zhang, T., Zhu, B., Lee, L., & Kaber, D. (2008). Service robot anthropomorphism and 

interface design for emotion in human-robot interaction. 2008 IEEE International 
Conference on Automation Science and Engineering, Washington DC, U.S.A. 

 
Zhang, Y. (2012). The impact of task complexity on people’s mental models of 

MedlinePlus. Information Processing & Management, 48(1), 107-119. 
https://doi.org/10.1016/j.ipm.2011.02.007  

 
Zhao, J., Liang, B., & Chen, Q. (2018). The key technology toward the self-driving car. 

International Journal of Intelligent Unmanned Systems, 6(1), 2-20. 
https://doi.org/10.1108/IJIUS-08-2017-0008  

https://doi.org/10.1504/IJVD.2007.014908
https://doi.org/10.3390/ijerph17134868
https://doi.org/10.1016/j.tre.2018.06.002
https://doi.org/10.1016/j.jclepro.2020.121904
https://doi.org/10.1177/1558689809349691
https://doi.org/10.1016/j.aap.2015.02.023
https://doi.org/10.1016/j.trc.2020.01.027
https://doi.org/10.1016/j.ipm.2011.02.007
https://doi.org/10.1108/IJIUS-08-2017-0008


394 

 
Zheng, L., Li, B., Yang, B., Song, H., & Lu, Z. (2019). Lane-level road network generation 

techniques for lane-level maps of autonomous vehicles: A survey. Sustainability, 
11(16), 4511. https://doi.org/10.3390/su11164511  

 
Zhong, Y., Auchincloss, A. H., Lee, B. K., & Kanter, G. P. (2018). The short-term impacts 

of the Philadelphia beverage tax on beverage consumption. American journal of 
preventive medicine, 55(1), 26-34. 
https://doi.org/10.1016/j.amepre.2018.02.017  

 
Zohdy, I. H., & Rakha, H. A. (2016). Intersection management via vehicle connectivity: 

The intersection cooperative adaptive cruise control system concept. Journal of 
Intelligent Transportation Systems, 20(1), 17-32. 
https://doi.org/10.1080/15472450.2014.889918  

 

 

  

https://doi.org/10.3390/su11164511
https://doi.org/10.1016/j.amepre.2018.02.017
https://doi.org/10.1080/15472450.2014.889918


395 

Appendices 

Appendix A: Ethics Approval Letters (User Study, Experts Interviews and Survey) 

21 May 2020 
Ali GhaffarianHoseini 
Faculty of Design and Creative Technologies 

Dear Ali 

Re Ethics Application: 19/282 Realizing trust dynamics and governance for humanizing 

driverless technology 

Thank you for providing evidence as requested, which satisfies the points raised by the 
Auckland University of Technology Ethics Committee (AUTEC). 

Your ethics application has been approved in stages for three years until 21 May 2023. 

This approval is for the user study and expert focus groups and/or interviews only.  An 
application for additional stages needs to be submitted to AUTEC before recruitment 
and data collection for those stages commences. 

Standard Conditions of Approval 

1. The research is to be undertaken in accordance with the Auckland University of 
Technology Code of Conduct for Research and as approved by AUTEC in this 
application. 

2. A progress report is due annually on the anniversary of the approval date, using 
the EA2 form. 

3. A final report is due at the expiration of the approval period, or, upon completion 
of project, using the EA3 form. 

4. Any amendments to the project must be approved by AUTEC prior to being 
implemented.  Amendments can be requested using the EA2 form. 

5. Any serious or unexpected adverse events must be reported to AUTEC 
Secretariat as a matter of priority. 

6. Any unforeseen events that might affect continued ethical acceptability of the 
project should also be reported to the AUTEC Secretariat as a matter of priority. 

7. It is your responsibility to ensure that the spelling and grammar of documents 
being provided to participants or external organisations is of a high standard and 
that all the dates on the documents are updated. 

AUTEC grants ethical approval only. You are responsible for obtaining management 
approval for access for your research from any institution or organisation at which 
your research is being conducted and you need to meet all ethical, legal, public health, 
and locality obligations or requirements for the jurisdictions in which the research is 
being undertaken. 
Please quote the application number and title on all future correspondence related to 
this project. 
For any enquiries please contact ethics@aut.ac.nz. The forms mentioned above are 
available online through http://www.aut.ac.nz/research/researchethics 

https://www.aut.ac.nz/__data/assets/pdf_file/0006/274371/AUT-CODE-OF-CONDUCT-FOR-RESEARCH-2019.pdf
https://www.aut.ac.nz/__data/assets/pdf_file/0006/274371/AUT-CODE-OF-CONDUCT-FOR-RESEARCH-2019.pdf
mailto:ethics@aut.ac.nz
http://www.aut.ac.nz/research/researchethics
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(This is a computer-generated letter for which no signature is required) 
The AUTEC Secretariat 
Auckland University of Technology Ethics Committee 
Cc: attiq.urrehman@aut.ac.nz; Nicola Naismith; John Tookey 

 

Ethics Approval (Letterfor Survey)  

29 June 2020 
Ali GhaffarianHoseini 
Faculty of Design and Creative Technologies 

Dear Ali 

Re Ethics Application: 19/282 Realizing trust dynamics and governance for humanizing 

driverless technology 

Thank you for providing evidence as requested, which satisfies the points raised by the 

Auckland University of Technology Ethics Committee (AUTEC). 

Your ethics application for the online survey for the public has been approved for three 

years until 21 May 2023. 

Standard Conditions of Approval 

8. The research is to be undertaken in accordance with the Auckland University of 
Technology Code of Conduct for Research and as approved by AUTEC in this 
application. 

9. A progress report is due annually on the anniversary of the approval date, using 
the EA2 form. 

10. A final report is due at the expiration of the approval period, or, upon completion 
of project, using the EA3 form. 

11. Any amendments to the project must be approved by AUTEC prior to being 
implemented.  Amendments can be requested using the EA2 form. 

12. Any serious or unexpected adverse events must be reported to AUTEC 
Secretariat as a matter of priority. 

13. Any unforeseen events that might affect continued ethical acceptability of the 
project should also be reported to the AUTEC Secretariat as a matter of priority. 

14. It is your responsibility to ensure that the spelling and grammar of documents 
being provided to participants or external organisations is of a high standard and 
that all the dates on the documents are updated. 

AUTEC grants ethical approval only. You are responsible for obtaining management 
approval for access for your research from any institution or organisation at which your 
research is being conducted and you need to meet all ethical, legal, public health, and 
locality obligations or requirements for the jurisdictions in which the research is being 
undertaken. 

https://www.aut.ac.nz/__data/assets/pdf_file/0006/274371/AUT-CODE-OF-CONDUCT-FOR-RESEARCH-2019.pdf
https://www.aut.ac.nz/__data/assets/pdf_file/0006/274371/AUT-CODE-OF-CONDUCT-FOR-RESEARCH-2019.pdf
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Please quote the application number and title on all future correspondence related to 
this project. 
For any enquiries please contact ethics@aut.ac.nz. The forms mentioned above are 
available online through http://www.aut.ac.nz/research/researchethics 
(This is a computer-generated letter for which no signature is required) 
The AUTEC Secretariat 
Auckland University of Technology Ethics Committee 
Cc: attiq.urrehman@aut.ac.nz; Nicola Naismith; John Tookey 

 

 

 

mailto:ethics@aut.ac.nz
http://www.aut.ac.nz/research/researchethics
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Appendix B: Consent and Participation Information, Protocols and Questionnaires 

Consent Form - when user study field testing is involved. 

Project title: Realizing Trust Dynamics and Governance for Humanizing Driverless Technology 

Project Supervisor: Dr Ali GhaffarianHoseini, Dr Nicola Naismith, and Prof John Tookey 

Researcher: Attiq Ur Rehman  

 I have read and understood the information provided about this research project 
in the Information Sheet dated dd mmmm yyyy. 

 I have had an opportunity to ask questions and to have them answered. 
 I understand that taking part in this study is voluntary (my choice) and that I may 

withdraw from the study at any time without being disadvantaged in any way. 
 I understand that if I withdraw from the study then I will be offered the choice 

between having any data that is identifiable as belonging to me removed or 
allowing it to continue to be used. However, once the findings have been 
produced, removal of my data may not be possible. 

 I have read and satisfied with the risk assessment, mitigation and safety 
management plan and I am not suffering from heart disease, high blood 
pressure, any respiratory condition (mild asthma excluded), any illness or injury 
that impairs my physical performance, or any infection  

 I agree to take part in this research. 
 I wish to receive a summary of the research findings (please tick one): Yes

 No 
Participant’s signature:

 .....................................................………………………………………………………… 

Participant’s name:

 .....................................................………………………………………………………… 

Participant’s Contact Details (if appropriate): 

……………………………………………………………………………………….. 

Date:  

Approved by the Auckland University of Technology Ethics Committee on type the 

date on which the final approval was granted AUTEC Reference number type the AUTEC 

reference number 

Note: The Participant should retain a copy of this form.
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Consent Form - For use when Survey is involved 

Project title: Realizing Trust Dynamics and Governance for Humanizing Driverless Technology 

Project Supervisor: Dr Ali GhaffarianHoseini, Dr Nicola Naismith, and Prof John Tookey 

Researcher: Attiq Ur Rehman 

 I have read and understood the information provided about this research project 
in the Information Sheet dated dd mmmm yyyy. 

 I have had an opportunity to ask questions and to have them answered. 
 I understand that taking part in this study is voluntary (my choice) and that I may 

withdraw from the study at any time without being disadvantaged in any way. 
 I understand that if I withdraw from the study then, while it may not be possible 

to destroy all record. I will be offered the choice between having any data that is 
identifiable as belonging to me removed or allowing it to continue to be used. 
However, once the findings have been produced, removal of my data may not be 
possible. 

 I agree to take part in this research. 
 I wish to receive a summary of the research findings (please tick one): Yes

 No 
 

Participant’s signature:
 .....................................................………………………………………………………… 

Participant’s name:
 .....................................................………………………………………………………… 

Participant’s Contact Details (if appropriate): 

……………………………………………………………………………………….. 

Date:  

Approved by the Auckland University of Technology Ethics Committee on type the date 

on which the final approval was granted AUTEC Reference number type the AUTEC 

reference number 

Note: The Participant should retain a copy of this form. 

 

 

 

Consent Form      -  For use when online interviews are involved 
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Project title:  Realizing Trust Dynamics and Governance for Humanizing Driverless Technology 

Project Supervisor: Dr Ali GhaffarianHoseini, Dr Nicola Naismith, and Prof John Tookey 

Researcher: Attiq Ur Rehman 

 I have read and understood the information provided about this research 
project in the Information Sheet dated 26-08-2020. 

 I have had an opportunity to ask questions and to have them answered. 
 I understand that notes will be taken during the interviews and that they will 

also be audio-taped and transcribed. 
 I understand that taking part in this study is voluntary (my choice) and that I 

may withdraw from the study at any time without being disadvantaged in any 
way. 

 I understand that if I withdraw from the study then I will be offered the choice 
between having any data that is identifiable as belonging to me removed or 
allowing it to continue to be used. However, once the findings have been 
produced, removal of my data may not be possible. 

 I agree to take part in this research. 
 I wish to receive a summary of the research findings (please tick one): Yes

 No 
 

Note : Please sign the Consent Form, then kindly scan or photograph and return back 
the form  to the researcher. 

Participant’s signature:
 .....................................................………………………………………………………… 

Participant’s name:
 .....................................................………………………………………………………… 

Participant’s Contact Details (if appropriate): 
……………………………………………………………………………………….. 
Date:  

Approved by the Auckland University of Technology Ethics Committee on type the 

date on which the final approval was granted AUTEC Reference number type the AUTEC 

reference number 

Note: The Participant should retain a copy of this form. 
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Participant Information Sheet 
For Industry Experts Interview 
Date Information Sheet Produced: 

04/03/2020 

Project Title 

Realizing Trust Dynamics and Governance for Humanizing Driverless Technology 

 An Invitation 

Dear [insert name] 

You received this document [email] as I would like to invite you to participate in 
interview. 
I currently work as a Ph.D. researcher at School of Engineering, Computer and 
Mathematical Sciences, Built Environment Engineering Department, Auckland 
University of Technology. My supervisors are Dr Ali GhaffarianHoseini, Dr Nicola 
Naismith, and Prof John Tookey.  
Autonomous Vehicles (AVs) will emerge as a powerful catalyst, thus forming a 
potentially disruptive technology opening doors to a large variety of technological, 
design-related, socio - cultural and legal changes. AVs have the potential to address 
several transportation challenges, including improving road safety, reducing congestion, 
optimizing traffic flow and providing additional comfort for drivers and passengers. 
Present day research is mostly focused on optimistic technological orientation of AVs, 
thus lacking the predominant social linkages and identification of appropriate trust 
factors in Human Machine Interface design especially in the background of AVs 
operating in closed environments for their acceptability by the society. This research 
study aims to investigate the appropriate human machine interaction (HMI) scenarios 
for humanizing driver-less technology thorough an appropriate users’ interfaces, 
autonomous driving scenarios and regulations for realization of trust between Human 
and Machine. The study will also suggest a holistic trust-based framework ensuring 
appropriate planning policy and guidance strategy for designing trust between Human 
Machine Interaction (HMI) systems.  
You will be asked to participate in field testing of autonomous vehicle level 2 or level 3 
in various driving scenarios and events. You should be mentally and physically fit and in 
possession of full driving license. During various stages of driving operations, you will 
subjected to few snap questions and latter a workshop session to get you impression 
about the service, user interfaces and how it can be further improved. I would highly 
value your contribution but please do not oblige to participate. Your identity includes 
name, position, and affiliation will not be exposed on my publications as well as Ph.D. 
thesis. Please note that this is voluntary and may withdraw at any time before 
completing the data collection. If there is any conflict of interest at any point of time, 
you are able to choose whether to proceed with the research or not, your decision will 
neither advantage you nor disadvantage you.  I look forward to your response.  

Best regards, 
Attiq Ur Rehman 
Ph.D. research candidate 
 
What is the purpose of this research? 
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The research aim is to investigate the conditions, factors and Autonomous Driving 
events for ensuring appropriate trust for optimum acceptability and implementation of 
Autonomous Vehicles (AVs) / Shuttles. Primary research objective is ‘How to humanize 
driverless technology for prospective users realizing appropriate governance structure 
and trust dynamics in Human –Autonomous Vehicles Interaction’. The sub objectives are 
(1) To ascertain the challenges of implementation of autonomous vehicles in the New 
Zealand and global context affecting the urban development and the existing traffic 
situation, (2) To identify the factors affecting trust between the human and the machine 
and evaluate new and emerging AVs interface technologies facilitating positive user 
perception and (3) To formulate a holistic trust and governance based framework for an 
appropriate planning policy and guidance strategy for designing trust between Human 
Machine Interaction (HMI) systems seeking to promote well-being. 
 
How was I identified and why am I being invited to participate in this research? 
You will have responded to the email sent by AUT University or through one of 
colleagues in your professional network were identified through interest or experience 
in the autonomous vehicles. You have been identified as you fit the criteria of the 
research in autonmous vehicle domain. 
How do I agree to participate in this research? 
If you choose to participate in the study, then you would need to sign a consent form 
stating that you have accepted to participate. You will be sent a consent form at the 
same time as I send you this information sheet. You will have the opportunity to ask any 
further questions before you sign the consent form and commence the interview.  
Your participation in this research is voluntary and whether or not you choose to 
participate will neither advantage nor disadvantage you. You are able to withdraw from 
the study at any time before data collection is completed. If you choose to withdraw 
from the study, then you will be offered the choice between having any data that is 
identifiable as belonging to you removed or allowing it to continue to be used. However, 
once the findings have been produced, removal of your data may not be possible. 
You are also supposed to agree in principle not to disclose any confidential or 
organisationally sensitive information received during focus groups interviews. 
Moreover the confidentiality of information obtained incidentally during research must 
also be respected accordingly. 
What will happen in this research? 
This project involves experts’ focus group interview sessions / workshop. However, if it 
is a focus group interview session, it will take 240 – 300 minutes in 4 – 5 phased stages 
of 60 minutes each but final timings will depend upon the your availability. This will be 
recorded and transcribed. In case we are unable to proceed with focus group interviews 
then you will be requested for individual interview which interview will take approx. 60 
minutes depending upon your availability again.  
What are the discomforts and risks? 
It’s very unlikely that you will experience any discomfort. If you do not feel comfortable 
answering a question you are not obliged to answer it.  
How will these discomforts and risks be alleviated? 
You have the right to refuse to answer any question you feel that you are not 
comfortable answering. You also have the option of withdrawing from the interview at 
any time within the data collection process.  
What are the benefits? 
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For the participants:  The results from the research could assist the participants in 
increasing their knowledge in optimizing trust between human and machine, successful 
implementation of autonomous vehicles technology, paving way towards new business 
model and promoting health and wellbeing of general people.  The summary of the 
research results could be sent to the participants. 
For the researcher: The study will be a qualification for his Ph.D. degree.  
For the wider community: The study provides empirical data to encourage successful 
implementation of driverless technology, establishing appropriate trust between human 
and machine, paving way towards new business models and promoting health and well-
being of the people. 
Future Policy Planning and Guidance Strategy for Manufactures as well as Regulators in 
NZ: Since this framework is based on underlying NZ Technology Action Plan, NZ ITS 
Strategy and NZTA regulations for testing and deployment of AVs, it will prove to be a 
stepping stone to facilitate understanding of what is needed so that the future driver as 
well as general public will have an appropriate level of trust for AD systems, thus 
promoting the correct usage. 
Streamlines Complexity between Optimum Resource Usage, Environment Degradation 
and Human wellbeing: It will address the problems of rising immigration, wellbeing of 
ageing population, reduction of transport congestions and optimum use of resources in 
NZ. The study will acknowledge the complex interactions between autonomous 
systems, safety, accessibility, health and privacy. 
The researchers will benefit from the project through completion of a Doctor thesis and 
academic journal article publications. You are able to get a chance to be able to 
contribute to the body of knowledge with your experience and expertise.  
How will my privacy be protected? 
In the final report, there will not be any identification of name, company, and their roles. 
The participants will not be identified individually but they will be acknowledged as a 
social group of experts in an autonomous vehicle company. A consent form will be 
signed by the participants before the interview. All information which is not hereby 
known to others and is sensitive either commercially or technically is considered 
confidential and will only be used for academic purposes. The participants may 
withdraw themselves or any information/documentation that they have provided for 
this research project at any given time before the completion of the collection of data 
without being a disadvantage in any way. Data received will be treated as confidential 
in terms of storage and analysis. 
Specific Questions Relating to Zoom Focus Groups Session. The researcher will attempt 
to conduct focus groups via Zoom technology, gathering multiple people to be 
interviewed at the same time in the AUT virtual room. Participants will be connected to 
the meeting via their computer, smart phone or tablet. During the one-hour session, all 
participants will be in the same on-screen room seeing each other live and responding 
instantaneously. Details will be as under:- 
1. What will be involved? An online focus group interview using ZOOM – a web-
based video conferencing app. The researcher will offer you registration via an online 
scheduling tool, Doodle. Moreover, to cater for various geographical locations World 
Clock Meeting Planner will be use i.e. 
https://www.timeanddate.com/worldclock/meeting.html.   After you agree to 
participate, you will be requested to join 4 or 5 others online in a semi-structured group 
interview for about 60 minutes’ sessions. The sessions would be in 4-5 phased stages of 
60 minutes totalling 240 to 300 minutes. I will moderate the group by prompting 

https://www.timeanddate.com/worldclock/meeting.html
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discussion using questions. I will also ask your permission to record the session. After 
the session, I will debrief the key points heard, and will immediately write a summary.  
2. Technology information. I will send instructions on how to use ZOOM, and offer 
you an opportunity to trial it with me prior to the focus group session. The session will 
be video recorded (via ZOOM) and will be audio recorded.  I will then transcribe the data 
based on the permission obtained.  
3.  Data storage: At the end of the focus group session, I will download all files to a 
secure hard drive on a password-protected AUT computer and delete all original files. 
On completion of the study, all data will be kept in a secure facility at the SECMS 
Department AUT. Everything will be password protected and held for six years, and then 
permanently deleted. 
4.  Privacy and Confidentiality. Since the participants will in a group with others, 
including me, your responses will not be confidential during the session. However, 
beyond that and once the focus group session has ended, your identity will remain 
confidential. Your name and identifying information will be removed from your 
responses (a pseudonym will be used from then on), and stored separately. Prior to the 
focus group session, I will email you requesting demographic information. It will be used 
to compose the groups, and for analysis of the study data. However, all care will be taken 
to present it in a way that that doesn’t personally identify you.  
5.  Benefits of Participating.  You will be provided unique opportunity to share 
ideas, experiences and views on the state of the art research in autonomous vehicle 
domain around the world, and to contribute their voice to this field of study.  
6. Potential Risks. Since it is not an anonymous study, your names will be used 
during the focus group session. In order to protect privacy and maintain confidentiality, 
you  are requested to agree to not name or discuss other group members or their 
responses outside of the focus group session. You will also be requested to agree in 
principle not to disclose any confidential or organisationally sensitive information 
received during focus groups interviews. Moreover the confidentiality of information 
obtained incidentally during research will also be respected accordingly. 
7.  Withdrawing from the study. Participation in the study is voluntary. You will be 
able to withdraw from the study at any time without giving a reason, by emailing the 
researcher. If you decide to withdraw during the focus group session, you can simply 
exit or stop answering questions. Once video recording of the focus group has 
commenced withdrawal of their data will not be possible. 
What are the costs of participating in this research? 
You will contribute your time and your experience in this research.  
What opportunity do I have to consider this invitation? 
You will be given one to two weeks to consider this invitation.  
Will I receive feedback on the results of this research? 
You are able to receive feedback on the results of this research, and this will be obtained 
in the journal article upon your request of this document to which you can get an 
electronic copy of the journal article.  
What do I do if I have concerns about this research? 
Any concerns regarding the nature of this project should be notified in the first instance 
to the  
Project Supervisor: Dr Ali GhaffarianHoseini, alighh@aut.ac.nz, 09 921 9999 ext 7968 
Thesis supervisor: Attiq UR Rehman, attiq.urrehman@aut.ac.nz, 
AttiqUr.Rehman@wintec.ac.nz +64 21 02944010, skype:attiq_1971 

mailto:alighh@aut.ac.nz
mailto:attiq.urrehman@aut.ac.nz
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Concerns regarding the conduct of the research should be notified to the Executive 
Secretary of AUTEC, Kate O’Connor, ethics@aut.ac.nz, 921 9999 ext 6038. 
Whom do I contact for further information about this research? 
Please keep this Information Sheet and a copy of the Consent Form for your future 
reference. You are also able to contact the research team as follows: 
Researcher Contact Details: 
Attiq Ur Rehman, attiq.urrehman@aut.ac.nz, AttiqUr.Rehman@wintec.ac.nz +64 21 
02944010, skype:attiq_1971 
Project Supervisor Contact Details: 
Dr Ali GhaffarianHoseini – alighh@aut.ac.nz - 09 921 9999 ext 7968 
Approved by the Auckland University of Technology Ethics Committee on type the date 
final ethics approval was granted, AUTEC Reference number type the reference number. 
  

mailto:alighh@aut.ac.nz%20-
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Participant Information Sheet 

For User Study Field Testing Workshop/ Interview Sessions 
Date Information Sheet Produced: 

04/03/2020 

Project Title 

Realizing Trust Dynamics and Governance for Humanizing Driverless Technology 

 An Invitation 

Dear ------ 

You received this document [email] as I would like to invite you to participate in 
autonomous vehicles user study (field testing) and workshop sessions/ interviews. 
I currently work as a Ph.D. researcher at School of Engineering, Computer and 
Mathematical Sciences, Built Environment Engineering Department, Auckland 
University of Technology. My supervisors are Dr Ali GhaffarianHoseini, Dr Nicola 
Naismith, and Prof John Tookey.  
Autonomous Vehicles (AVs) will emerge as a powerful catalyst, thus forming a 
potentially disruptive technology opening doors to a large variety of technological, 
design-related, socio - cultural and legal changes. AVs have the potential to address 
several transportation challenges, including improving road safety, reducing congestion, 
and optimizing traffic flow and providing additional comfort for drivers and passengers. 
Present day research is mostly focused on optimistic technological orientation of AVs, 
thus lacking the predominant social linkages and identification of appropriate trust 
factors in Human Machine Interface design especially in the background of AVs 
operating in closed environments for their acceptability by the society. This research 
study aims to investigate the appropriate human machine interaction (HMI) scenarios 
for humanizing driver-less technology thorough an appropriate users’ interfaces, 
autonomous driving scenarios and regulations for realization of trust between Human 
and Machine. The study will also suggest a holistic trust-based framework ensuring 
appropriate planning policy and guidance strategy for designing trust between Human 
Machine Interaction (HMI) systems.  
You will be asked to participate in field testing of autonomous vehicle level 2 or level 3 
in various driving scenarios and events. You should be mentally and physically fit and in 
possession of full driving license. During various stages of driving operations, you will 
subjected to few snap questions and latter a workshop session to get you impression 
about the service, user interfaces and how it can be further improved. I would highly 
value your contribution but please do not oblige to participate. Your identity includes 
name, position, and affiliation will not be exposed on my publications as well as Ph.D. 
thesis. Please note that this is voluntary and may withdraw at any time before 
completing the data collection. If there is any conflict of interest at any point of time, 
you are able to choose whether to proceed with the research or not, your decision will 
neither advantage you nor disadvantage you.   
I look forward to your response.  
Best regards, 
Attiq Ur Rehman 
Ph.D. research candidate 
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What is the purpose of this research? 
The research aim is to investigate the conditions, factors and Autonomous Driving 
events for ensuring appropriate trust for optimum acceptability and implementation of 
Autonomous Vehicles (AVs) / Shuttles. Primary research objective is ‘How to humanize 
driverless technology for prospective users realizing appropriate governance structure 
and trust dynamics in Human –Autonomous Vehicles Interaction’. The sub objectives are 
(1) To ascertain the challenges of implementation of autonomous vehicles in the New 
Zealand and global context affecting the urban development and the existing traffic 
situation, (2) To identify the factors affecting trust between the human and the machine 
and evaluate new and emerging AVs interface technologies facilitating positive user 
perception and (3) To formulate a holistic trust and governance based framework for an 
appropriate planning policy and guidance strategy for designing trust between Human 
Machine Interaction (HMI) systems seeking to promote well-being. 
How was I identified and why am I being invited to participate in this research? 
You will have responded to the email sent by AUT University or through one of the 
colleagues in your professional network were identified through your interest / 
experience in autonomous indurstry  . You have been identified as you fit the criteria of 
the research in autonmous vehicle domain. 
How do I agree to participate in this research? 
If you choose to participate in the study, then you would need to sign a consent form 
stating that you have accepted to participate. You will be sent a consent form at the 
same time as I send you this information sheet. You will have the opportunity to ask any 
further questions before you sign the consent form and commence the interview.  
Your participation in this research is voluntary and whether or not you choose to 
participate will neither advantage nor disadvantage you. You are able to withdraw from 
the study at any time before data collection is completed. If you choose to withdraw 
from the study, then you will be offered the choice between having any data that is 
identifiable as belonging to you removed or allowing it to continue to be used. However, 
once the findings have been produced, removal of your data may not be possible. 
What will happen in this research? 

 
This project involves a user study of autonomous vehicles. You will be asked to 
participate in field testing of autonomous vehicle level 2 or level 3 in various driving 
scenarios and events for a duration of 30 minutes first on an isolated track and then on 
a road. The likely routes used for two driving scenarios i.e. mixed roads and motorway 
only i.e., will be (1)  BMW NZ Group Headquarters – Pacific rise road – Southern 
motorway – Princess Street Otahuhu – South eastern highway – Southern motorway – 
BMW NZ Goup Headquarters. (2) BMW NZ Group Headquarters – Southern Motorway 
– Point Chevalier – Onehunga – BMW NZ Group. Before driving the level 2 vehicle, you 
will be given proper training and while driving I will be sitting as second seater with you. 
You should be mentally and physically fit and in possession of full driving license. During 
various stages of driving operations, you will be asked questions and latter a workshop 
session to get you impression about the service, user interfaces and how it can be 
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further improved. A proper risk mitigation and safety management plan will be in place 
during the entire driving event to safeguard against all likely or impromptu risks. You will 
be asked prepared questions during the three different phases while driving including 
peruse, learning and performance during interaction with AV. The peruse phase will 
involve what happens before your first physical interaction with the AD system, the 
learning phase will last until the you have learned  how the AD system works and the 
performance phase will take a long term perspective not only during learning phase but 
also performance phase. The questions will cover the whole test drive but focussing on 
certain critical events including manually driving the vehicle, system activation, 
deactivation and usage, as well as their thoughts of the system after the test drive. The 
questions will be constructed in a manner to receive your as much feedback as possible 
regarding thoughts and feelings about the system in terms of trust and usability. The 
user study interview and ideation workshops will take 180 – 240 minutes after 3 driving 
scenarios. Ideation workshops will be held to mature the concept creation and 
conclusions. 
What are the discomforts and risks? 
It’s very unlikely that you will experience any discomfort. If you do not feel comfortable 
answering a question you are not obliged to answer it. There will be no discomfort 
during driving as I will be sitting next to you besides you will be given full training on the 
vehicle before driving. Additionally a detailed Risk Mitigation Plan would be in place to 
ensure fail safe safety mechanisms. 
How will these discomforts and risks be alleviated? 
You have the right to refuse to answer any question you feel that you are not 
comfortable answering. You also have the option of withdrawing from the interview at 
any time within the data collection process.  
What are the benefits? 
For the participants:  The results from the research could assist the participants in 
increasing their knowledge in optimizing trust between human and machine, successful 
implementation of autonomous vehicles technology, paving way towards new business 
model and promoting health and wellbeing of general people.  The summary of the 
research results could be sent to the participants. 
For the researcher: The study will be a qualification for his Ph.D.degree.  
For the wider community: The study provides empirical data to encourage successful 
implementation of driverless technology, establishing appropriate trust between human 
and machine, paving way towards new business models and promoting health and well-
being of the people. 
Future Policy Planning and Guidance Strategy for Manufactures as well as Regulators in 
NZ: Since this framework is based on underlying NZ Technology Action Plan, NZ ITS 
Strategy and NZTA regulations for testing and deployment of AVs, it will prove to be a 
stepping stone to facilitate understanding of what is needed so that the future driver as 
well as general public will have an appropriate level of trust for AD systems, thus 
promoting the correct usage. 
Streamlines Complexity between Optimum Resource Usage, Environment Degradation 
and Human wellbeing: It will address the problems of rising immigration, wellbeing of 
ageing population, reduction of transport congestions and optimum use of resources in 
NZ. The study will acknowledge the complex interactions between autonomous 
systems, safety, accessibility, health and privacy. 
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The researchers will benefit from the project through completion of a Doctor thesis and 
academic journal article publications. You are able to get a chance to be able to 
contribute to the body of knowledge with your experience and expertise.  
How will my privacy be protected? 
In the final report, there will not be any identification of name, company, and their roles. 
The participants will not be identified individually but they will be acknowledged as a 
social group of experts in a particular autonomous vehicle company. A consent form will 
be signed by the participants before the interview. This consent form will describe what 
information will be exposed or protected. All information which is not hereby known to 
others and is sensitive either commercially or technically is considered confidential and 
will only be used for academic purposes. The participants may withdraw themselves or 
any information/documentation that they have provided for this research project at any 
given time before the completion of the collection of data without being a disadvantage 
in any way. 
What are the costs of participating in this research? 
You will contribute your time and your experience in this research.  
What opportunity do I have to consider this invitation? 
You will be given one to two weeks to consider this invitation.  
Will I receive feedback on the results of this research? 
You are able to receive feedback on the results of this research, and this will be obtained 
in the journal article upon your request of this document to which you can get an 
electronic copy of the journal article.  
What do I do if I have concerns about this research? 
Any concerns regarding the nature of this project should be notified in the first instance 
to the  
Project Supervisor: Dr Ali GhaffarianHoseini, alighh@aut.ac.nz, 09 921 9999 ext 7968 
Thesis supervisor: Attiq UR Rehman, attiq.urrehman@aut.ac.nz, 
AttiqUr.Rehman@wintec.ac.nz +64 21 02944010, skype:attiq_1971 
Concerns regarding the conduct of the research should be notified to the Executive 
Secretary of AUTEC, Kate O’Connor, ethics@aut.ac.nz, 921 9999 ext 6038. 
Whom do I contact for further information about this research? 
Please keep this Information Sheet and a copy of the Consent Form for your future 
reference. You are also able to contact the research team as follows: 
Researcher Contact Details: 
Attiq Ur Rehman, attiq.urrehman@aut.ac.nz, AttiqUr.Rehman@wintec.ac.nz +64 21 
02944010, skype:attiq_1971 
Project Supervisor Contact Details: 
Dr Ali GhaffarianHoseini – alighh@aut.ac.nz - 09 921 9999 ext 7968 
Approved by the Auckland University of Technology Ethics Committee on type the 
date final ethics approval was granted, AUTEC Reference number type the reference 
number. 
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PROTOCOLS FOR USER STUDY IN AUTONOMOUS DRIVING SESSIONS 

 RISK ASSESSMENT, MITIGATION AND SAFETY MANAGMENT PLAN 

Purpose.  To carryout risk assessment during User study testing of Autonomous 

Vehicles in a research study and mitigate the risks to participants by ensuring a sound 

safety protocols in place. 

User Study.  As laid down in Research Approach Stage 2, the user study will consist of 

a sample population (5 -10) that will test drove a course in a level 2/3 AV with adaptive 

cruise control and lane keeping assistance. The participant will be asked various driving 

event / scenario based question affecting their trust level before, during and after 

operation. 

Identification of Hazards and Risks to Participants.  Hazard mainly perceived to be 

during the operation stage 

Task Hazard Risk Priority  Control 

Driving on a 
small stretch 
of vacant 
constricted 
course ( 1-
2km) 

Participant 
driving alone  

May be unable 
to call for help 
if something 
goes wrong 

III 1. Arrange of 
another helper 
vehicle near 
site. 
2. Ensure 
communication 
with the help 
vehicle and 
with the base 
Headquarter 
i.e. BMW 
Group Office 
Headquarters 
3. Ensuring 
adequate 
training of the 
driver on both 
modes i.e., 
autonomous 
and manual 
before 
mounting the 
vehicle. 
4. Ensure First 
class driver 
license 
5. Ensure 
adequate 
training course 
for the second 
person 

  Accidently hit 
the 
surrounding 
benchmarks 
while driving 
on a turn in 
autonomous 
mode 

I 

 Driver Tired Suffers Anxiety IV 

Driving on a 
University 
Campus Road 
(1 – 2 km) 

Driver driving 
alone, 
surrounding 
Pedestrians, 
walkways, 
signals etc. 

Accidently hit 
kerbs, 
pedestrians 

I 

  Suffers 
Depression and 
Anxiety 

IV 

Driving on a 
congested 
road (3-4 km in 
various driving 
modes) 

Driver along 
with the 
second person, 
Nearby traffic, 
Pedestrians 

Accident to 
nearby 
pedestrians or 
traffic 

I 

  Taking with 
another person 

III 
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  Fault with 
Vehicle 

IV 6. Ensure 
Vehicle 
Warrant of 
Fitness before 
the operation. 
7. Ensure 
Vehicle is full 
insured. 
8. Ensure 
adequate 
communication 
and warning to 
nearby medical 
services (if 
required) 
9. Ensure sign 
off of ethical 
wilful 
document by 
all participants. 
10. Call off any 
driving 
operation in 
any untoward 
weather 
condition 

  Suffer Anxiety IV 

 Inclement 
Weather 

 II 
 

 

 

SAFETY MANAGEMENT PLAN. It will incorporate all control measures indicated in above 

table. All safety protocols will be based on risk priorities identified above. The Safety 

Management Plan would be as follows. 

1.  First of all, priority one risks will be mitigated and managed. Participants will be 

selected only if they are in possession of full driving license and they are in good health. 

All participants will undergo mandatory training by BMW Group Training officer about 

the driving scenarios, hazard management / health and safety plan before mounting the 

vehicle. A support vehicle will be standby during the operation stage and will also 

accompany the main vehicle. Nearby medical and emergency services will be kept in 

loop and fool proof communication arrangement be ensured with the participants and 

the base headquarter. 

2.  The operating vehicle will be checked against updated warrant of fitness and 

insurance requirements. 

3.    The operating speed of the vehicle will be as per laid down NZTA rules. 

4.    In case of inclement weather the driving operation will be cancelled. 
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5.    All participants will be requested to sign off the willingness ethical document before 

entering into the user study. 

6.  Consideration in case of Car Crash. Please read this para in conjunction with the table 

reflected above regarding Identification of Hazards and Risks to Participants. In case of 

car crash would be avoided at all cost with all precautionary measures in place as 

reflected in para 1 above. In order to pay the damages, a detailed procedure has already 

been worked out with BMW NZ Group where in case of fault of first or third party, 

detailed insurances has been coordinated. In case of fault of the driver, an access of NZD 

5500 will be required from the driver. The accident will be immediately reported by the 

support vehicle and nearby emergency services will be alerted. All injured persons will 

be immediately evacuated to hospital and next of kin will be informed. 
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EXPERTS INTERVIEW QUESTIONS 

INTERVIEW SHEET ONE 

 

Q No 1. Can you please tell about yourself, background and industry associations? 

Q No 2. In your expert opinion, what are the challenges of implementation of 

autonomous vehicles (AVs)? Also kindly tell about how AVs emergence would affect the 

urban development and existing traffic situation? 

Q No 3. Do you see any barriers towards AVs implementation in our traffic system? 

Q No 4. In your opinion, what must be configured / changed in the legislation to allow 

autonomous driving at level 4 and level 5? 

Q No 5. Can you please highlight any factors which affect towards establishing trust 

between human and autonomous technology adoption?  

Q No 6. Kindly tell how anthropomorphism factors influences such trust? Can training / 

skill on AVs influences trust? 

Q No 7. How and which new and emerging AVs interface technologies facilitate trust 

between human and machine besides ensuring positive user perception? 

Q No 8. How can a trust contribute towards humanizing driverless technology, 

confidence in service, passenger comfort and ease of use especially through optimally 

designed user interfaces in AVs? 

Q No 9. Please highlight the present and latest industrial or academic research and 

development done in terms of these user interfaces in AVs? 

Q No 10. What privacy, safety, security factors/parameters incorporating in governance 

structure to make AVs a success story? 

Q No 10. In your opinion, what matter the most for people perception of risk and benefit 

related to AVs? 

Q No 11. Does the prospect of in-car entertainment or increased efficiency and 

productivity for passengers affect their attitude towards autonomous vehicles? 

Q No 12. How we can ensure optimum trust level between human and machine in terms 

of legislation, government sponsored policy & guidance strategy, insurance/liability 

mechanism, Anthropomorphism (human like features) and user interfaces? 

Q No 13. Can you please suggest any other appropriate measure to increase the trust 

level between human and machine like training, passenger mind tuning, interactive 

feedback/output from the AV system, adaptive automation, customization and error 

information? 

Q No 14. Do you think that a self-driving car may be vulnerable to security / cyber 

security & privacy invasion in terms of software related security laws, virus, malwares, 

traffic incidents/interruptions etc and how to overcome these? 
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Q No 15. In your opinion, how can government ensure safety features, standards around 

manufacturing, vehicle design and infrastructure communication? 

Q No 16. How can we ensure co-evolution of regulation and AV technology for successful 

implementation of self-driving vehicle? 

Q No 17. In your opinion how harnessing immersive technologies comprising Virtual, 

Augmented and Mixed Reality (VAMR) and electroencephalography (EEG), Artificial 

Intelligence (AI), Machine Learning (ML), BCI (Brain Computer Interface) etc can ensure 

realization of trust dynamics in AVs? 

Q No 18. Can you please put some light on following technical parameters (if possible)? 

a. How can we increase situational awareness (SA)? 

b. How can we minimize stress in passengers and drivers in autonomous mode? 

c. What type of information and feedback is critical to be reviewed by the users 

in self-driving vehicle and how to ensure? 

d. How can we make HMI (human machine interaction) system more adaptable 

and user friendly? 

e. How to ensure successful two way communication between human and 

machine? 

INTERVIEW SHEET TWO 

Reserve Questions (Depending upon the situation and Expert professional knowledge 

level). These questions will be asked in case of individual interviews in addition to 

above questions in interview sheet 1. 

1. What is the present state of the transport system in NZ and the barriers AVs 

implementation in our traffic system?  

(a) What are the potential issues generated on NZ road by AV’s? if there is a lack in 

privacy, security, safety in AV technology? (Examples) 

(b) Does NZ incorporate effective infrastructure and management system to handle 

AV data? If yes what are they? 

(c) Do you see a future where automated vehicle technology is integrated into 

public transportation, especially in suburb to suburb commutes? 

2. What must be changed in the legislation to allow autonomous driving, at levels 

4 and 5? 

(a) Do you think current NZ policy environment is suited for AV technology? If not 

mention the drawbacks and remedies 

(b) How AT will protect consumer privacy rights if data exchange becomes standard 

practice in NZ environment? 

(c) What are safety and security legalisation that need to install to ensure better AV 

experience? 

(d) Is it possible to establish continuous improvement in AV safety? if yes, what are 

the policy option? 
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(e) List out the potential risk associate with legal alteration in NZ environment 

according to Auckland transport perspective? 

3. How to design a co-evolution of regulation and technology, so that regulation 

does not hamper the development of the technology and associated services to 

society, but also does not allow the technology before it is safe enough? 

(a) What are the challenges associated with AV algorithms design and explain 

algorithm standard to establish safe and secure AVs in NZ road? 

(b) What are the challenges posed by AV data collection and exchange on individual 

and Auckland transport? 

(c) Is it necessary to review vehicle approval system to examine the operation and 

efficiency of AVs in NZ built environment? if yes what may be the brand-new safety 

assessment for AVs? 

(d) Name the vital legal concerns regarding AV technology influencing AV adoption? 

Research Topic 2. What are the factors affecting the Human-Machine Interaction 

Paradigm and how it can be enhanced? 

4. What events and factors affect in human-machine interaction in autonomous 

vehicles and how public acceptability can be ensured? 

(a) List out the potential risk associated AV technology in NZ environment according 

to Auckland transport perspective? 

(b) What is the current plan to encounter people concern related to AV technology 

by Auckland transport? 

(c) List out the advantages and disadvantages to Auckland transport after AV 

adoption?  

(d) What are positive and negative effect in NZ lifestyle after AV introduction 

anticipated by Auckland transport? 

5. How can a trust contribute towards humanizing driverless technology and 

confidence in service through optimally designed user interfaces in AVs?  

(a) Do you think trust is important in operating AVs? If yes, what are the parameters 

affecting trust and methods to advance public trust over AV? 

(b) What are the factors that influences people belief over AV technology and 

confidence in their belief about AV? 

(c) How should the success of automated vehicles be measured? How do we know 

whether it is benefiting society? 

(d) Do you think we should be concerned with the potential for automated vehicles 

to work against public transportation? 

(e) How should the transportation/engineering planning professions prepare for a 

future with vehicle automation? 
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Legislation 

1. What is the probability of technical error comprising vehicle safety? and identify 

the range of factors to achieve socially beneficial regulation to ensure safety? 

2. Define the legitimate methods of determining the safety of AVs? 

3. What type of AV governing strategy will be adopted by NZ authority?  

No response     prevention-oriented       control-oriented         toleration-oriented 

adaptation oriented 

4. Please answer the following: 

 (a) Name the type and permissible duration of information storage from AVs. 

(b) Who controls and access the AV information and how it’s used? 
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Survey Online Questionnaire 

STATEMENT BY THE PERSON AGREEING TO PARTICIPATE IN THE STUDY 

By entering the survey, I indicate that I have read the information provided and agree to 

participate. Clicking on the " Yes I Consent" below indicates that you have read the above 

information, you voluntarily agree to participate, and you are atleast 18 years of age. 

Yes I Consent 
No I donot Consent 
What gender do you identify as? 
 
Male 
Female 
Gender diverse, please state below: 

Please indicate your ethnicity? 

European 
Moari 
Pacific People 
Asian 
Middle Eastern/Latin American / African 
Others 

What is your age? 
 
18-24 years 
4-35 years 
36-45 years 
46 - 65 years 
> 65 years 

What is your highest level of education? 
Less than Bachelor degree 
Bachelor Degree 
Master Degree 
Doctoral Degree 

How long have you been driving? 

1-3 years 
4-5 years 
6-7 years 
>7 years 
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AV User Study Questionnaire 

Humanizing Driver-less Technology 

Autonomous Vehicles (AVs) have the potential to address several transportation 

challenges, including improving road safety, reducing congestion, optimizing traffic flow 

and providing additional comfort for drivers and passengers. Present day research is 

mostly focused on optimistic technological orientation of AVs, thus lacking the 

predominant social linkages and identification of appropriate trust factors in Human 

Machine Interface design especially in the background of AVs operating in closed 

environments for their acceptability by the society. 

This research study aims to investigate the appropriate human machine interaction 

(HMI) scenarios for humanizing driver-less technology thorough an appropriate users’ 

interfaces, autonomous driving scenarios and regulations for realization of trust 

between Human and Machine. The research aim is to investigate the conditions, factors 

and Autonomous Driving events for ensuring appropriate trust for optimum 

acceptability and implementation of Autonomous Vehicles (AVs). Primary research 

objective is ‘How to humanize driver less technology for prospective users realizing 

appropriate governance structure and trust dynamics in Human –Autonomous Vehicles 

Interaction’. 

There are three sets of Questions in this online survey form. First set of Questions deal 

before you have any driving experience with autonomous cars, Second set of uestions 

deal while you have activated the engine of an autonomous car and third set of 

Questions pertains to after assisted driving operation with an AV car 

1. Email address * 
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Appendix C: Sample AV Expert’s Code Book in NVivo 11 for Thematic Analysis   

24/05/2021 2:05 PM 

 
AV Experts' Interview Code Book _24 May 2021 

 Name Description Hierarchical Name Number Of 
Children 

Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

AVs Deployment 
Challenges and 
Benefits 

Barriers and 
Benefits of AVs 
Diffusion in Society 

Nodes\\AVs Deployment 
Challenges and Benefits 

7 13 582 

AVs Challenges and 
Future Directions 

Concerns of the 
Society, Barriers 
and Challenges 
towards 
deployment of AVs 
as well as future 
implementation 
directions and 
timelines 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future Directions 

29 13 400 

Ability to take back 
Control 

Driver Ability in 
taking back control 
from AV especially 
in Level 2 and level 
3 i.e. Switching to 
human control from 
auto control 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Ability to take back 
Control 

0 6 16 

Accessibility of Public 
and Private transport 

Public and private 
transport not 
enough to serve 
communities, 
besides special 
concerns of their 
use in pandemic 
environments 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Accessibility of Public 
and Private transport 

0 5 7 

Better User 
Experience 

How to ensure 
better user 
experience 
travelling in AVs, 
also include 
significance of user 
study, simulation, 
comfort in travel. 
and use of various 
interfaces 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Better User Experience 

0 4 13 

Co Evolution of 
Regulation and 
Technology 

How Regulation and 
AV Technology can 
go hand in hand. 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Co Evolution of 
Regulation and Technology 

0 5 6 

Concept of Smart City 
and Stakeholder 
Engagement 

Role of stakeholder 
in establishment of 
Smart City 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Concept of Smart City 
and Stakeholder Engagement 

0 1 1 

Congestion Can this problem be 
solved or not? 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Congestion 

0 6 10 

Cost of AVs Significance of AVs 
being expensive 
initially 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Cost of AVs 

0 4 4 
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Data Sharing Need of Data 
Sharing Among 
Manufacturing 
Companies 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Data Sharing 

0 5 8 
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 Name Description Hierarchical Name Number Of 

Children 
Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

Electrification of AVs Significance of EVs 
in the backdrop of 
reducing carbon 
footprint 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Electrification of AVs 

0 1 2 

Environment Friendly 
Concerns 

pollution free 
environment 
applications 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Environment Friendly 
Concerns 

0 1 1 

Especially to COVID 
19 pendemic 

AVs significance in 
pandemic 
environment 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Especially to COVID 19 
pendemic 

0 3 6 

False Picture _Green 
Washing 

Media and Some of 
Companies are 
painting needlessly 
false picture of AVs 
to sell those to 
potential buyers 
and over projecting 
their features 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\False Picture _Green 
Washing 

0 4 11 

HD Mapping and 5G Deployment of 
these advance 
technologies to 
facilitate 
deployment of AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\HD Mapping and 5G 

0 2 5 

Infrastructure and IT 
Infrastructure 

Need of 
Infrastructure 
related to AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Infrastructure and IT 
Infrastructure 

0 8 18 

Mental Model significance of 
Driver appropriate 
mental model while 
using AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Mental Model 

0 5 11 

Modelling and 
Simulation 
Environment 

Req of Simulation 
Environment for 
edge case scenarios 
and real time 
conditions for 
testing AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Modelling and 
Simulation Environment 

0 2 2 

Need of User Studies Significance of 
Natualistic and Real 
time studies using 
AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Need of User Studies 

0 3 13 
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Network Control 
Center 

Importance of 
Network Control 
Data Center for 
controlling the 
movement of AVs in 
real time. 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Network Control 
Center 

0 3 4 

Reports\\AV Experts' Interview Code Book _24 May 2021 Page 2 of 10 
24/05/2021 2:05 PM 

 
 Name Description Hierarchical Name Number Of 

Children 
Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

NZ AVs Enabling 
Environment for AVs 

Overall 
Environment in NZ 
for AVs Market 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\NZ AVs Enabling 
Environment for AVs 

0 4 38 

NZ Law Related to 
AVs and Driverless 
Technology 

Government need 
to make laws in this 
domain 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\NZ Law Related to AVs 
and Driverless Technology 

0 4 51 

Potential Risks Risk associated with 
AVs Technology 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Potential Risks 

0 10 28 

Rules Regulations 
Legislation 

Significance of Rules 
and Regulations 
towards AVs 
Adoption 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Rules Regulations 
Legislation 

2 10 36 

Criminal Liability Against offenders Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Rules Regulations 
Legislation\Criminal Liability 

0 4 12 

Insurance Potential insurance 
mechanism for 
deployment of AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Rules Regulations 
Legislation\Insurance 

0 2 2 

Safety Signifiance of Safety 
and Security of 
Users in AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Safety 

0 8 14 

SEA Levels 
Interpretation 

Various Automation 
levels given by 
NHTSA globally and 
problems identified 
in human factors 
domain regarding 
these levels. 
Highlight Anamolies 
in these Levels 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\SEA Levels 
Interpretation 

0 8 21 
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Security and 
Cybersecurity 

Security issues 
surrounding AVs 
Deployment 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Security and 
Cybersecurity 

0 5 8 
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 Name Description Hierarchical Name Number Of 

Children 
Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

Situational Awareness Situation Awareness 
of User 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Situational Awareness 

0 4 5 

Technology Drawbacks, 
Challenges towards 
AV Technology 
implementation 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Technology 

1 7 29 

AVs Companies 
Comparative Analysis 

What various AVs 
Manufacturers are 
doing? 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Technology\AVs 
Companies Comparative Analysis 

0 5 30 

Training and New 
Skills 

Requirement of 
necessary skills for 
AVs users 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Training and New Skills 

0 5 13 

Trust on AV 
Technology 

How to reach 
towards an 
appropriate and 
caliberated user 
trust on AVs 
without going 
towards over and 
under trust? 
Similary how it 
relates to mis use 
and bad mental 
model of users. 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Trust on AV 
Technology 

2 10 19 

Higher or Under Trust Requirement for a 
appropriate 
caliberated trust 
while using AVs 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Trust on AV 
Technology\Higher or Under Trust 

0 7 11 

User Understanding 
of AVs 

Consumer 
understanding and 
appreciation of the 
vehicles 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Challenges and Future 
Directions\Trust on AV 
Technology\User Understanding 
of AVs 

0 2 3 

AVs Companies 
Recent Development 

Recent 
Developments by 
AV manufacturing 
companies 

Nodes\\AVs Deployment 
Challenges and Benefits\AVs 
Companies Recent Development 

0 2 3 

Country wise status 
on AVs 

What is the current 
sate of AV 
technological work 
in specific 
countries? 

Nodes\\AVs Deployment 
Challenges and Benefits\Country 
wise status on AVs 

0 8 24 
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Future Directions Future Research 
Paradigms including 
Driverless 
Technology, Maas  

Nodes\\AVs Deployment 
Challenges and Benefits\Future 
Directions 

0 12 74 

Future Timeline Future Time line for 
AVs deployment on 
Roads 

Nodes\\AVs Deployment 
Challenges and Benefits\Future 
Timeline 

0 4 5 
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Children 
Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

Potential Benefits of 
AVs Interfaces 

Use of AVs 
interfaces, Social 
Robots for Wellfare 
of Elderly and use of 
emotion ware HMI 
interface 

Nodes\\AVs Deployment 
Challenges and Benefits\Potential 
Benefits of AVs Interfaces 

4 12 62 

Drawbacks of present 
day traffic 

Present Traffic 
System and its 
challenges 

Nodes\\AVs Deployment 
Challenges and Benefits\Potential 
Benefits of AVs 
Interfaces\Drawbacks of present 
day traffic 

0 2 6 

Emotion Aware - 
Elderly People 

Emotional 
behaviour Tracking 
for Elderly or Sick 
people in AVs, 
People subject to 
trauma, cardiac 
arrest, stroke etc 

Nodes\\AVs Deployment 
Challenges and Benefits\Potential 
Benefits of AVs 
Interfaces\Emotion Aware - 
Elderly People 

0 2 8 

Social Benefits AVs social benefits 
to society 

Nodes\\AVs Deployment 
Challenges and Benefits\Potential 
Benefits of AVs Interfaces\Social 
Benefits 

0 11 47 

Use of Social Robots How use of social 
robots help elderly 
people for their 
health and well 
being? and use of 
emotion aware HMI 
interface. 

Nodes\\AVs Deployment 
Challenges and Benefits\Potential 
Benefits of AVs Interfaces\Use of 
Social Robots 

0 1 1 

Publc Expectations 
Towards AVs 

Public Attitude 
towards AVs 
adoption 

Nodes\\AVs Deployment 
Challenges and Benefits\Publc 
Expectations Towards AVs 

0 8 14 

Great quote It includes various 
memorable quotes 
in primary and 
secondary literature 

Nodes\\Great quote 0 8 31 

HFE - Psychology - 
Cognition 

Identifying, 
Analyizing and 
Exploring Human 
Factors Engineering 
Concepts, their 
significance within 
psychology and 
cognitive domain. 

Nodes\\HFE - Psychology - 
Cognition 

0 2 5 
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Human Machine 
Interaction Paradigm 

Explore various HMI 
Scenarios in case of 
AVs and Various 
Trust Models given 
by researches in the 
field 

Nodes\\Human Machine 
Interaction Paradigm 

7 9 69 

ADAS Advance Driving 
Assistance Systems 

Nodes\\Human Machine 
Interaction Paradigm\ADAS 

0 1 1 

Emotion Tracking It relates to tracking 
the emotional 
behaviour of 
users/drivers in AVs 

Nodes\\Human Machine 
Interaction Paradigm\Emotion 
Tracking 

0 1 5 

Multi Modal 
interactions 

significance of user 
interface, their 
effect on user 
situational 
awareness and 
mental model 

Nodes\\Human Machine 
Interaction Paradigm\Multi Modal 
interactions 

0 6 16 
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Children 
Number Of 
Sources 
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Number Of 
Coding 
References 

Two way 
communication 

How 
communication 
between Human 
and Machine 
interactions. Also 
explores the 
relationship with 
driving behaviors as 
well 

Nodes\\Human Machine 
Interaction Paradigm\Two way 
communication 

2 6 11 

Human Side How human agent 
best communicate 
with AV system 

Nodes\\Human Machine 
Interaction Paradigm\Two way 
communication\Human Side 

0 2 2 

Machine Side How best AV 
system interact with 
human 

Nodes\\Human Machine 
Interaction Paradigm\Two way 
communication\Machine Side 

0 3 4 

User Interfaces User Interfaces in 
AVs 

Nodes\\Human Machine 
Interaction Paradigm\User 
Interfaces 

0 6 22 

VAMR Virtual Augmented 
Reality Applications 

Nodes\\Human Machine 
Interaction Paradigm\VAMR 

0 3 8 

Various Models Significance and 
overview of various 
Trust Models 

Nodes\\Human Machine 
Interaction Paradigm\Various 
Models 

0 1 3 

Importance of Trust in 
AVs 

Exploring the 
significance of Users 
Trust in AVs and 
how trust mediates 
between 
technology and 
legal mechanism for 
acceptability of AVs 

Nodes\\Importance of Trust in 
AVs 

1 6 10 

Trust Mediation How Trust 
Mediation Takes 
place between AVs 
and Adoption 
through Legislation 
readiness and 
through technology 

Nodes\\Importance of Trust in 
AVs\Trust Mediation 

0 1 2 
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Influencing Factors 
Affecting AD 
Adoption 

Key Factors, 
Parmeters and 
Determinants that 
affect Autonomous 
Driving Adoption 
Options. It includes 
factors related to 
Trust and HMI 
Domain and factors 
related to Trust and 
Legal Readiness 
/Governance/ 
Policy/Rules & 
Regulations 
Domain. 

Nodes\\Influencing Factors 
Affecting AD Adoption 

2 10 184 

User Trust and 
Governance 
Structure_Rules_Legal 
Readiness - Key 
Determinants 

It includes 
exogeneous factors 
relating to Legal 
Readiness and 
Governance 
Mechanism of 
Governement and 
how these affect 
trust of the people 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants 

7 8 89 
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Children 
Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

Cyber Security A self-driving car 
may be vulnerable 
to traffic incidents 
and interruptions, 
software related 
security flaws, virus 
and malwares 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Cyber Security 

0 3 4 

Liability Who should liability 
in case of AV 
untoward incident? 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Liability 

0 5 10 

Ownership How user will forgo 
their desire to own 
a vehicle, once we 
will be having Costly 
AVs. 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Ownership 

0 3 5 

Privacy Personal and Data 
Privacy of AV Users 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Privacy 

0 6 9 

Rules Regulations 
Policy 

Legal Readiness 
Structure 
addressing safety, 
security and privacy 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Rules 
Regulations Policy 

0 6 42 
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Safety The Government 
need to make safety 
standards around 
manufacturing, 
vehicle design, 
infrastructure and 
communications 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Safety 

0 6 13 

Security Security of AV users Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and Governance 
Structure_Rules_Legal Readiness - 
Key Determinants\Security 

0 5 6 

User Trust and HMI 
Fators _ Key 
Determinants 

It includes 
endogeneous 
factors of 
Anthropomorphism, 
Customization, 
Erogonomics, 
Feedback, SA, 
Training Trust etc. 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants 

9 10 94 

Anthropomorphism A system which acts 
more like human in 
terms of voice, 
gender and name 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Anthropomorphism 

0 5 11 

 Reports\\AV Experts' Interview Code Book _24 May 2021 Page 7 of 10 
24/05/2021 2:05 PM 

 
 Name Description Hierarchical Name Number Of 
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Customization and 
Adaptive Automation 

A system which can 
adapt to user’s 
likings 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Customization and 
Adaptive Automation 

0 2 2 

Ergonomics and 
Neuro Ergonomics 

Significance of 
Ergonomics and 
Neuro Ergonomics 
for smooth and 
speedy diffusion of 
AVs 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Ergonomics and 
Neuro Ergonomics 

0 3 4 

Feedback Significance of AV 
feedback system to 
the AV Driver 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Feedback 

0 4 7 

Human and AI Mental 
Model 

In order to rightly 
use the system, the 
user mind need to 
figure out the 
system functions 
and competencies 
for assimilation. 
Similary AV need to 
tune its Artificial 
Intelligence Mode 
relative to Human 
Mental Model. 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Human and AI 
Mental Model 

0 6 18 

Situational Awareness A system agent 
continuously 
providing output 
and behaving like 
senses. The SA is 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Situational 
Awareness 

0 5 8 
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the  perception of 
the elements in the 
environment within 
a volume of time 
and space, the 
comprehension of 
their meaning, and 
the projection of 
their status in the 
near future 

Training To improve the 
user’s knowledge, 
system training is 
conducted before 
and after first usage 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Training 

0 5 19 

Transparency and Info 
to User 

Portrayal of clear 
and transparent 
information to AV 
User via AV 
interfaces 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Transparency and 
Info to User 

0 4 5 

Trust Trust mediates 
relations not only 
between human but 
human and 
automation and is a 
key challenge in 
adoption of AVs 

Nodes\\Influencing Factors 
Affecting AD Adoption\User Trust 
and HMI Fators _ Key 
Determinants\Trust 

0 8 19 
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Sources 
Coded 

Number Of 
Coding 
References 

Key Forces Shaping 
Travel Behavior 

In Future what will 
be key forces that 
affect and shape 
user choices and 
travel behavior 
relevant  to 
driverless 
technology 

Nodes\\Key Forces Shaping Travel 
Behavior 

0 8 17 

Participant 
Background 

Professional and 
academic 
background of 
participants 

Nodes\\Participant Background 0 12 12 

privacy  Nodes\\privacy 0 1 1 

Regulations in 
Interviews 

Significance of Rules 
and Regulations for 
implementation of 
AVs 

Nodes\\Regulations in Interviews 0 9 29 

Smart City Concept 
and Wellfare of 
Humanity 

How Driveless 
Technology and AVs 
will affect Smart 
City , Urban 
development 
pattersn and work 
towards welfare of 
humanity 

Nodes\\Smart City Concept and 
Wellfare of Humanity 

0 4 7 
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Transportation 
System Reaction to 
intial AV Deployment 

How we will 
carryout initial 
deployment of AVs 
in our Transport 
System and how the 
Transport System 
will react? 

Nodes\\Transportation System 
Reaction to intial AV Deployment 

0 3 3 

Trust and Governance 
Framework 

Captures Concepts 
Regarding Trust and 
Governance 
Framework 
Structure, KPIs and 
How to arrive at 
finalized criterion 
for measuring it 
holistically 

Nodes\\Trust and Governance 
Framework 

6 9 164 

Common Definitions 
Taxonomies User 
Trust Models and 
Standards 

Requirement of 
laying down 
universal definition 
of autonomy levels 
from human factor 
point of view , 
regulations point of 
vies , setting correct 
trust models and 
universal standards 
for testing and 
deployment of AVs 

Nodes\\Trust and Governance 
Framework\Common Definitions 
Taxonomies User Trust Models 
and Standards 

0 2 6 

KPIs Key Performance 
Indicators to 
measure successful 
deployment of AVs 
 

Nodes\\Trust and Governance 
Framework\KPIs 

0 9 77 

Operational Design 
Domain ODD 

ODD for AVs Nodes\\Trust and Governance 
Framework\Operational Design 
Domain ODD 

0 3 10 

Testing and 
Deployment 
Framework for AVs 

 Nodes\\Trust and Governance 
Framework\Testing and 
Deployment Framework for AVs 

0 5 30 
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 Name Description Hierarchical Name Number Of 

Children 
Number Of 
Sources 
Coded 

Number Of 
Coding 
References 

Training of 
Drivers_Users 

How training , 
simulations and 
user study affects 
Users driving skills 
in AVs? Are 
simulations can be 
an alternative to 
User study? How to 
organize training of 
Users theoretically 
and practically for 
their licensing as AV 
Driver? 

Nodes\\Trust and Governance 
Framework\Training of 
Drivers_Users 

1 4 9 

Simulations Significance of AVs 
simulation studies 

Nodes\\Trust and Governance 
Framework\Training of 
Drivers_Users\Simulations 

0 4 9 
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Two Levels from 
Regulations or Tech 
View 

 Nodes\\Trust and Governance 
Framework\Two Levels from 
Regulations or Tech View 

0 3 5 

Trust in Interviews Significance of 
people trust in AVs 
for their successful 
deployment 

Nodes\\Trust in Interviews 0 13 166 

User Center 
Perspective on AD_ 
Significance of Real 
time studes 

Significance of User 
needs and 
Preferences in 
Driverless 
Technology 

Nodes\\User Center Perspective 
on AD_ Significance of Real time 
studes 

2 6 21 

Simulation Vs 
Naturalistic and 
Longitudinal Studies 

Compartive Analysis 
of Simulated 
Training for Users 
versus Naturalitistic 
and Longitudinal 
user studies. 

Nodes\\User Center Perspective 
on AD_ Significance of Real time 
studes\Simulation Vs Naturalistic 
and Longitudinal Studies 

0 4 11 

Technology Vs User 
Perspective and 
Human Factors 

Which is more 
significant, Human 
Factors or 
Technology 
advancement 
efforts related to 
AVs. 

Nodes\\User Center Perspective 
on AD_ Significance of Real time 
studes\Technology Vs User 
Perspective and Human Factors 

0 5 10 
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Appendix D: Equations of SD Model Study - 3 

(001) A= Ac+Aw   Units: People 
(002) a0=C0*Comfort Weight+F0*Familiarity Weight Units: 1 
(003) a1=C1*Comfort Weight+F1*Familiarity Weight Units: 1 
(004) a2= C2*Comfort Weight+F2*Familiarity Weight  Units: 1 
(005) a3=C3*Comfort Weight+F3*Familiarity Weight Units: 1 
(006) a4=C4*Comfort Weight+F4*Familiarity Weight  Units: 1 
(007) a5=C5*Comfort Weight+F5*Familiarity Weight  Units: 1 
(008) abr= sr*Ac  Units: People/Year  abandonment 
(009) Ac= INTEG (inc Ac, 2e+006)  Units: People  Car sharing users with a car 
(010) alpha=10.4 Units: Year 
(011) ant1= M1+Calibrate Trust variable Units: Dmnl 
(012) ant2= M2+Calibrate Trust variable  Units: Dmnl 
(013) ant3= M3+Calibrate Trust variable  Units: Dmnl 
(014) ant4=M4+Calibrate Trust variable Units: Dmnl 
(015) ant5=M5+Calibrate Trust variable  Units: Dmnl 
(016) ar0= Ci0/Vtot Units: 1/Year 
(017) ar1=ci1/Vtotf  Units: 1/Year 
(018) ar2= ci2/Vtot  Units: 1/Year 
(019) ar3= ci3/Vtot  Units: 1/Year 
(020) ar4= ci4/Vtot   Units: 1/Year 
(021) ar5= ci5/Vtot  Units: 1/Year 
(022) arcs= g*PA/N*A  Units: People/Year 
(023) Attractiveness weight=  0.25 Units: 1 [0,1] 
(024) AV0= INTEG (Ci0-cj0,4.4e+006) Units: Cars 
(025) AV1= INTEG (ci1-cj1,3000)  Units: Cars 
(026) AV2= INTEG (ci2-cj2,300)  Units: Cars 
(027) AV3= INTEG (ci3-cj3, 0)   Units: Cars 
(028) AV4= INTEG (ci4-cj4,12)  Units: Cars 
(029) AV5= INTEG (ci5-cj5,0) Units: Cars 
(030) Aw= INTEG (inc Aw,initial car users sharing)  Units: People  Car sharing users 
without a car 
(031) Beta Ant= 0.2 Units: 1 
(032) Beta LR= 0.69 Units: 1 
(033) Beta SA= 0.19  Units: Dmnl 
(034) Beta tr= 0.17 Units: 1 
(035) birthrate deathrate=0.016  Units: Dmnl/Year 
(036) C0= 0 Units: 1 
(037) c01= (M1*(U1/(U1+U0))*1/alpha*AV0) Units: Cars/Year 
(038) c02=AV0*1/alpha*M2*(U2/(U2+U0))  Units: Cars/Year 
(039) c03=AV0*1/alpha*M3*(U3/(U3 +U0)) Units: Cars/Year 
(040) c04=AV0*1/alpha*M4*(U4/(U4+U0))  Units: Cars/Year 
(041) c05=AV0*1/alpha*M5*(U5/(U5+U0))  Units: Cars/Year 
(042) C1=0.1 Units: 1 
(043) c12=1/alpha*M2*(U2/(U1+U2))*AV1  Units: Cars/Year 
(044) c13=1/alpha*M3*(U3/(U1+U3))*AV1  Units: Cars/Year 
(045) c14=1/alpha*M4*(U4/(U1+U4))*AV1  Units: Cars/Year 
(046) c15=1/alpha*M5*(U5/(U1+U5))*AV1  Units: Cars/Year 
(047) C2=0.2 Units: 1 
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(048) c23=1/alpha*M3*(U1/(U1+U2))*AV2 Units: Cars/Year 
(049) c24=1/alpha*M4*(U2/(U2+U4))*AV2 Units: Cars/Year 
(050) c25=1/alpha*M5*(U2/(U2+U5))*AV2 Units: Cars/Year 
(051) C3=0.5 Units: 1 
(052) c34=1/alpha*M4*(U3/(U3+U4))*AV3 Units: Cars/Year 
(053) c35=1/alpha*M5*(U3/(U3+U5))*AV3 Units: Cars/Year 
(054) C4=0.8 Units: 1 
(055) c45=1/alpha*M5*(U1/(U1+U5))*AV4    Units: Cars/Year 
(056) C5=1 Units: 1 
(057) Calibrate Trust variable=-0.3  Units: 1 
(058) chh=Vtot/(N/shh) Units: Cars/household 
(059) Ci0=IF THEN ELSE(new AV0>0, new AV0, 0) Units: Cars/Year 
(060) ci1=c01+IF THEN ELSE(new AV1>0, new AV1, 0) Units: Cars/Year 
(061) ci2=c02+c12+IF THEN ELSE(new AV2>0, new AV2, 0) Units: Cars/Year 
(062) ci3=c23+c13+c03+IF THEN ELSE(new AV3>0, new AV3, 0) Units: Cars/Year 
(063) ci4=c04+c14+c24+c34+IF THEN ELSE(new AV4>0, new AV4, 0)Units: Cars/Year 
(064) ci5=c05+c15+c25+c35+IF THEN ELSE(new AV5>0, new AV5, 0)Units: Cars/Year 
(065) cj0=c01+c02+c03+c04+c05+egr0 Units: Cars/Year 
(066) cj1=c15+c13+c12+c14++erg1 Units: Cars/Year 
(067) cj2=c23+c24+c25+erg2 Units: Cars/Year 
(068) cj3=c34+c35+erg3 Units: Cars/Year 
(069) cj4=c45+erg4 Units: Cars/Year 
(070) cj5=erg5 Units: Cars/Year 
(071) Comfort Weight=0.5 Units: 1 
(072) cpp=Vtot/N Units: Cars/People cars per person 
(073) Cv=fc*abr/Vtot Units: Dmnl/Year 
(074) d0=AV0/Vtot Units: 1 
(075) d1=AV1/Vtot Units: 1 
(076) d2=AV2/Vtot Units: 1 
(077) d3=AV3/Vtot Units: 1 
(078) d4=AV4/Vtot Units: 1 
(079) d5=AV5/Vtot Units: 1 
(080) egr0=Vtot*Cv*AV0/Vtot Units: Cars/Year 
(081) erg1= Vtot*Cv*AV1/Vtot Units: Cars/Year 
(082) erg2= Vtot*Cv*AV2/Vtot Units: Cars/Year 
(083) erg3=Vtot*Cv*AV3/Vtot Units: Cars/Year 
(084) erg4= Vtot*Cv*AV4/Vtot Units: Cars/Year 
(085) erg5= Vtot*Cv*AV5/Vtot Units: Cars/Year 
(086) F0=AV0/Vtot Units: Dmnl 
(087) F1=AV1/Vtot Units: Dmnl 
(088) F2=AV2/Vtot Units: Dmnl 
(089) F3=AV3/Vtot Units: Dmnl 
(090) F4=max(0,AV4/Vtot) Units: Dmnl 
(091) F5=AV5/Vtot Units: 1 
(092) Familiarity Weight=0.5 Units: 1 
(093) fc=Vtot/N Units: Cars/People fraction of car sharing users with car 
(094) FINAL TIME  = 2120 Units: Year The final time for the simulation. 
(095) g=IF THEN ELSE(M5>0.4, tm, 0)+gm Units: Dmnl/Year 
(096) gm=0.02 Units: 1/Year [0,1] 
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(097) Growth Legal readiness=0.05 Units: 1 [0,?] 
(098) Growth Training=0.05 Units: 1 
(099) hh=N/shh Units: household 2.2 
(100) "Impact of AV1-5 sales on LR"= INTEG (ZIDZ((ci1+ci2+ci3+ci4+ci5),Vtot),0) 
Units: 1 
(101) inc Ac=fc*arcs-abr Units: People/Year 
(102) inc Aw= abr+arcs*(fc) Units: People/Year 
(103) initial car users=N*(1-initial fraction of people car sharing) Units: People 
(104) initial car users sharing=N*initial fraction of people car sharing Units: People 
(105) initial fraction of people car sharing=0.25 Units: 1 
This takes into consideration the proportion of the population that are under the age of 
18 and are not allowed to drive (won't own a vehicle). There are (2021) 1.1 million 
people estimated to be under the age of 18 in New Zealand. For the model, we do not 
model changes in the structure of the population (age), so we assume that for the 100 
year simulation, the proportion of children (under the age of 18) will remain one quarter. 
(106) initial legal readiness=0.69 Units: 1 
(107) Initial N=5.1e+006 Units: People 
(108) INITIAL TIME  = 2021 Units: Year The initial time for the simulation. 
(109) initial training=0.17 Units: 1 
(110) Initial vehicles=4.4e+006 Units: Cars 
(111) ip0=18315 Units: NZD 
(112) ip1=23808.4 Units: NZD 
(113) ip2=36630.2 Units: NZD 
(114) ip3=109891 Units: NZD 
(115) ip4=366302 Units: NZD 
(116) ip5=915758 Units: NZD 
(117) irp0=1 Units: NZD 
(118) irp0 0=1 Units: NZD 
(119) irp1=914.53 Units: NZD 
(120) irp2=4578.77 Units: NZD 
(121) irp4=183151 Units: NZD 
(122) irp5=457879 Units: NZD 
(123) legal readiness beta=0.571 Units: 1 
(124) LR=(1/(1+EXP(-Growth Legal readiness*(Time-start year)/TIME STEP)))^(1/initial 

legal readiness)*"Impact of AV1-5 sales on LR"Units: Dmnl [0,?]  safety security 
and privacy and comfort(1/(1+exp(-kx))^a 

(125) LR weight=0.25 Units: 1 [0,1] 
(126) M1=(1/(1+EXP(-Technology growth factor*(Time-start year)/TIME 

STEP)))^(0.69) Units: Dmnl 
(127) M2=(1/(1+EXP(-Technology growth factor*(Time-start year)/TIME 

STEP)))^(0.87) Units: Dmnl 
(128) M3=(1/(1+EXP(-Technology growth factor*(Time-start year)/TIME STEP)))^(5.5)
 Units: Dmnl 
(129) M4=(1/(1+EXP(-Tech growth factor for AV4*(Time-start year)/TIME 

STEP)))^(3.2)Units: Dmnl 
(130) M5=(1/(1+EXP(-Technology growth factor*(Time-start year)/TIME STEP)))^(6)
 Units: Dmnl 
 (1.51) 
(131) N= INTEG (Net change N,Initial N) Units: People 
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(132) nd=N-Aw Units: People 
(133) ndt=DELAY FIXED(N-Aw, 1, 6.375e+006) Units: People 
(134) Net change N=N*(birthrate deathrate) Units: People/Year 
(135) new AV0=IF THEN ELSE(Vtot<(N-Aw)*fc, (nd-ndt)*fc, 0)*AV0/Vtot/TIME STEP  

Units: Cars/Year 
(136) new AV1=IF THEN ELSE(Vtot<(N-Aw)*fc, (nd-ndt)*fc*AV1/Vtot/TIME STEP, 0)  

Units: Cars/Year 
(137) new AV2=IF THEN ELSE(Vtot<(N-Aw)*fc, (nd-ndt)*fc, 0)*AV2/Vtot/TIME STEP  

Units: Cars/Year 
(138) new AV3=IF THEN ELSE(Vtot<(N-Aw)*fc, (nd-ndt)*fc, 0)*AV3/Vtot/TIME STEP  

Units: Cars/Year 
(139) new AV4=IF THEN ELSE(Vtot<(N-Aw)*fc, (nd-ndt)*fc, 0)*AV4/Vtot/TIME STEP  

Units: Cars/Year 
(140) new AV5=IF THEN ELSE(Vtot<(N-Aw)*fc, (nd-ndt)*fc, 0)*AV5/Vtot/TIME STEP 

Units: Cars/Year 
(141) np2=(p2/(ip2+irp2)) Units: 1 
(142) np3=(p3/(ip3+rp3)) Units: 1 
(143) np4=(p4/(ip4+irp4)) Units: 1 
(144) np5=(p5/(ip5+irp5)) Units: 1 
(145) npo=(p0/(ip0+irp0)) Units: 1 
(146) p0=ip0*(1-(1/(1+EXP(-0.02*(Time-start year)/TIME STEP)))^(5)) Units: NZD 
(147) p1=ip1*(1-M1) Units: NZD 
(148) p2=ip2*(1-M2) Units: NZD 
(149) p3=ip3*(1-M3) Units: NZD 
(150) p4=(ip4-Subsidy effect on AV4 price)*max((1-M4),0) Units: NZD 
(151) p5=ip5*(1-M5) Units: NZD 
(152) PA=N-A Units: People 
(153) PAd=N-A Units: People 
(154) pn1=(p1/(ip1+irp1)) Units: 1 
(155) Price weight=0.25 Units: 1 [0,1] 
(156) ptd=10000 Units: km/People 10000km per year 
(157) rp3=64102.8 Units: NZD 
(158) SA1=M1+Calibrate Trust variable Units: Dmnl 
(159) SA2=M2+Calibrate Trust variable Units: Dmnl 
(160) SA3=M3+Calibrate Trust variable Units: Dmnl 
(161) SA4=M4+Calibrate Trust variable Units: Dmnl 
(162) SA5=M5+Calibrate Trust variable Units: Dmnl 
(163) SAVEPER  = TIME STEP Units: Year [0,?]The frequency with which output is 

stored. 
(164) shh=2.2   Units: People/household 
(165) sr=0.05 Units: Dmnl/Year [0,1] 
(166) start year=2020    Units: Year 
(167) Subsidy effect on AV4 price=0   Units: NZD [1,10]% of price of AV4 

subsidised? 
(168) T1=(SA1*Beta SA+ant1*Beta Ant+Beta LR*LR+Beta tr*tr)  Units: Dmnl 
(169) T2=(SA2*Beta SA+ant2*Beta Ant+Beta LR*LR+Beta tr*tr)  Units: Dmnl 
(170) T3=max(SA3*Beta SA+ant3*Beta Ant+Beta LR*LR+Beta tr*tr,0)   Units: Dmnl 

(171) T4=max(0,SA4*Beta SA+ant4*Beta Ant+Beta LR*LR+Beta tr*tr)   Units: Dmnl 
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(172) T5=max(0,SA5*Beta SA+ant5*Beta Ant+Beta LR*LR+Beta tr*tr) Units: Dmnl 
(173) tc=td/Vtot Units: km/Cars 
(174) td=ptd*N Units: km 
(175) Tech growth factor for AV4=0.1 Units: 1 
(176) Technology growth factor=0.05 Units: 1 [0,?] 
(177) TIME STEP  = 1 Units: Year [0,?] The time step for the simulation. 
(178) tm=0.1 Units: 1/Year
(179) tr=(1/(1+EXP(-Growth Training*(Time-start year)/TIME STEP)))^(1/initial

training)Units: Dmnl
(180) Trust beta=0.25 Units: 1 
(181) Trust weight=0.25 Units: 1 [0,1] 
(182) U0=npo*0.5+a0*0.5 Units: Dmnl
(183) U1=pn1*Price weight+a1*Attractiveness weight+LR*legal readiness beta*LR

weight+T1*Trust beta*Trust weight   Units: Dmnl
(184) U2=np2*Price weight+a2*Attractiveness weight+Trust beta*T2*Trust 

weight+LR*legal readiness beta*LR weight   Units: Dmnl 
(185) U3=np3*Price weight+a3*Attractiveness weight+Trust beta*T3*Trust 

weight+LR*legal readiness beta*LR weight   Units: Dmnl 
(186) U4=np4*Price weight+a4*Attractiveness weight+Trust weight*T4*Trust

beta+legal readiness beta*LR*LR weight Units: Dmnl
(187) U5=np5*Price weight+a5*Attractiveness weight+T5*Trust beta*Trust

weight+LR*legal readiness beta*LR weight Units: Dmnl
(188) Vtot=AV0+AV1+AV2+AV3+AV4+AV5 Units: Cars


