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Abstract 

Speaking is a major challenge for many L1 Mandarin learners preparing for IELTS. This study 

compared AI-supported and teacher-led feedback in an eight-session online IELTS Speaking 

programme. Using a mixed methods design, the study involved 24 participants, with 13 receiving 

AI-supported feedback through Doubao-Seed-2.0, a generative AI chatbot, and 11 receiving 

teacher-led feedback. Outcomes were examined through official IELTS Speaking scores and 

learner survey responses. While both groups showed significant within-group gains in IELTS 

Speaking, the between-group comparison did not detect a significant difference in speaking gain. 

Participants in both groups reported greater confidence and clearer expression. AI-supported 

participants particularly valued answer expansion, alternative expressions, and repeated practice, 

while teacher-led participants valued pronunciation correction, live explanation, and classroom 

interaction. The findings suggest that the two feedback modes may offer different but 

complementary forms of support. A reflection chapter further examines the researcher’s 

experiences of using AI in both teaching and research, highlighting the importance of teacher 

judgement, careful prompt design, and critical AI use. 

Keywords: generative artificial intelligence; AI feedback; teacher feedback; EFL speaking 

development; speaking practice; IELTS Speaking; L1 Mandarin learners 
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Chapter One: Introduction 

Many Chinese learners study English in the hope of improving their educational and employment 

opportunities both at home and abroad. In English as a Foreign Language (EFL) context, the 

International English Language Testing System (IELTS) is a widely recognised English proficiency 

test used for study, work, and migration purposes. As a result, many learners take IELTS when 

applying to overseas universities, seeking employment, or pursuing migration pathways. However, 

learning another language is difficult, and some skills are harder to develop than others. For many 

Chinese learners of English, speaking is a particular challenge. This is reflected in IELTS 

Academic test-taker performance data for 2024–2025, where candidates whose first language was 

recorded as Chinese achieved a mean speaking band score of 5.5, the lowest among their four 

skills (IELTS, 2025b). Speaking can be difficult to improve because, beyond vocabulary and 

grammar, the IELTS Speaking test requires candidates to develop ideas in real time, sustain 

fluency and coherence, and use pronunciation and discourse organisation in ways that are 

understandable to examiners, as reflected in the official IELTS Speaking criteria (IELTS, 2025a). 

These demands require more than lecture-focused classes; learners also need opportunities for 

interaction, speaking practice, feedback, and revision. In this thesis, “IELTS Speaking” is 

capitalised when referring to the official test component, while “speaking” is used in lowercase 

when referring to speaking more generally. 

Speaking development depends on opportunities to produce language in interaction, receive 

feedback on actual spoken performance, and try again. Research on second language speaking 

and instructed second language acquisition (SLA) has suggested that interaction gives learners 

opportunities to produce spoken output, negotiate meaning, notice communication problems, and 

refine their language through further practice (Goh & Burns, 2012; Loewen & Sato, 2018). 

Feedback is important in this process because it can draw learners’ attention to specific problems 

in their spoken language, such as unclear pronunciation, grammatical errors, limited vocabulary, or 

unclear organisation. Oral corrective feedback in speaking practice can also create opportunities 

for repair, learner uptake, and further practice (Li & Vuono, 2019; Lyster et al., 2013). For IELTS 

candidates, this means that preparation needs to go beyond memorising template answers. They 

need opportunities to answer questions aloud, develop and organise ideas, and receive feedback 

on how clearly and fluently their responses are communicated. 

Feedback is therefore central to speaking instruction. In speaking practice, feedback can help 

learners understand how their spoken performance is received and where it could be improved. 

This may include feedback on pronunciation, grammar, vocabulary, fluency, coherence, and the 

development of content (Li & Vuono, 2019; Lyster et al., 2013). In IELTS Speaking preparation, 

feedback also needs to be connected to the demands of the speaking test, such as whether an 

answer is clear, sufficiently developed, coherently organised, and understandable to the listener 
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(IELTS, 2025a). In conventional speaking instruction, teachers usually take responsibility for 

providing this support. They can listen to learners’ responses, identify specific problems, explain 

why an answer may be unclear or underdeveloped, and guide learners towards more effective 

responses. 

In many conventional EFL classrooms, however, teacher feedback is not always available to the 

extent learners need. Teachers often have to divide limited class time among many students, 

which means each learner may receive only a small number of speaking turns and limited 

individualised feedback. Zhang et al. (2024) provided an example of this constraint: the teacher in 

their study found it difficult to provide individualised feedback on every learner’s oral task because 

of class size and limited time. For the present study, this highlights a practical gap between what 

speaking learners need and what classroom instruction can provide. 

Generative artificial intelligence (AI) has recently attracted attention as a possible source of 

additional speaking practice and feedback. In language learning, generative AI can provide 

immediate responses, reformulations, explanations, and repeated opportunities for practice 

(Kohnke et al., 2023; Law, 2024; Yang & Li, 2024). Research has also reported potential benefits 

for speaking development and affective outcomes such as willingness to communicate, 

confidence, and anxiety reduction (Du & Daniel, 2024; Fathi et al., 2024; Zhang et al., 2024). 

However, AI-generated feedback may also be inaccurate, overly general, or insufficiently sensitive 

to learners’ intended meaning and learning context (Kohnke et al., 2023; Law, 2024). Despite 

growing interest in AI-supported speaking practice, direct comparisons between AI-generated 

feedback and teacher feedback remain limited, particularly in structured IELTS Speaking 

preparation. 

The present study therefore compares AI-generated feedback and teacher feedback in an eight-

session online IELTS Speaking programme for first language (L1) Mandarin EFL learners. The AI-

supported group received feedback from Doubao (2023), while the teacher-led group received 

feedback from the teacher. A mixed methods design was used to examine both changes in IELTS 

Speaking scores and learners’ experiences of the two feedback modes. The study addressed the 

following research questions: 

1. How do AI-supported feedback and teacher-led feedback compare in supporting IELTS

Speaking development among L1 Mandarin EFL learners?

2. How do learners experience the two feedback modes?

Comparable or different support may be reflected not only in changes to the speaking scores, but 

also in how learners experience response development, pronunciation support, repeated practice, 

and interaction. 
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The findings are intended to contribute to current understanding of how AI-supported and teacher-

led feedback compare in IELTS speaking practice, both in relation to speaking development and 

learners’ experiences. 

This thesis is organised into seven chapters. Chapter One introduces the research background, 

problem, aim, and structure of the study. Chapter Two reviews literature on EFL speaking 

development, feedback in speaking instruction, AI-supported language learning, and the need to 

compare AI feedback with teacher feedback. Chapter Three explains the research design, 

participants, intervention, data collection, and analysis procedures. Chapter Four presents the 

quantitative and qualitative findings. Chapter Five discusses the findings in relation to previous 

research and the research questions. Chapter Six presents a researcher-teacher reflection on 

prompt design, feedback delivery, classroom interaction, teacher judgement, and responsible AI 

use. Chapter Seven concludes the thesis by summarising the main contributions, limitations, and 

implications for EFL speaking classrooms and future research. 
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Chapter Two: Literature Review 

This chapter reviews the literature that informs this thesis. It is organised into three sections. The 

first section discusses English as a Foreign Language (EFL) speaking development, first 

explaining speaking as a complex real-time skill and then examining the challenges faced by L1 

Mandarin learners preparing for the International English Language Testing System (IELTS), 

including limited speaking opportunities, willingness to communicate, affective factors, and 

communicative explicitness. The second section examines feedback in EFL speaking practice. It 

first outlines the role of feedback in oral language development, then compares the affordances 

and constraints of teacher feedback and artificial intelligence (AI) feedback. The final section 

reviews recent empirical work on AI-supported speaking practice and identifies the research gap 

addressed by this study: how AI-generated feedback compares to teacher feedback within the 

same structured IELTS Speaking programme. 

2.1 EFL Speaking Development and L1 Mandarin Learners 

For many language learners, developing speaking ability is an important but challenging part of 

learning English. This section considers speaking as a complex skill before examining challenges 

that may be relevant to L1 Mandarin learners preparing for IELTS Speaking. 

2.1.1 Speaking as a Complex, Real-Time Skill 

Speaking proficiency is often treated as a visible marker of overall English ability. However, 

attaining speaking fluency when learning another language can be difficult as speaking is not a 

single, simple skill. Goh and Burns (2012) described speaking as a complex ability that involves 

linguistic knowledge and cognitive processing. This means that successful speaking requires more 

than knowing grammar and vocabulary. Speakers need to listen to their interlocutor while 

simultaneously analysing what is being said, identifying the intended meaning, formulating an 

appropriate response, selecting suitable expressions, organising grammar, managing 

pronunciation, and maintaining fluency and intonation as the conversation continues. Kormos 

(2006) similarly explained second language speech production as a process that requires learners 

to conceptualise meaning, formulate language, and articulate speech under real-time pressure. 

These accounts help explain why learners may perform well in receptive or written tasks but still 

struggle when they need to speak spontaneously. 

The complexity of speaking is also reflected in the IELTS Speaking assessment (IELTS, n.d.–a). 

The official IELTS Speaking criteria assess candidates through four areas: fluency and coherence, 

lexical resource, grammatical range and accuracy, and pronunciation (IELTS, 2025a). These 

criteria show that IELTS Speaking is not simply a standardised test that can be prepared for 

through memorised answers. Candidates are assessed on how well they can develop ideas, 

sustain coherent speech, use language flexibly, and make themselves understood to an examiner. 
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A prepared answer may be limited if it is too short, unclear, underdeveloped, or poorly connected 

to the question. IELTS Speaking requires learners to turn language knowledge into real-time 

communication, which means it offers a clear context for spoken language performance. 

Fluency forms part of the IELTS Speaking criterion of fluency and coherence (IELTS, 2025a). It 

depends partly on learners’ ability to manage language production in real time (Foster, 2020; 

Kormos, 2006). Foster (2020) argued that oral fluency is shaped by cognitive, linguistic, social, and 

individual factors. In IELTS Speaking, candidates need to access language, organise ideas, and 

maintain communication while responding to unfamiliar questions. The challenge is therefore not 

only whether learners know enough English, but whether they can use that knowledge to produce 

clear and developed responses during the speaking task. 

Interaction is another important part of speaking development. Long’s (1996) Interaction 

Hypothesis emphasises that language learning can be supported through interaction, especially 

when learners negotiate meaning and receive signals that their message needs adjustment. 

Loewen and Sato (2018) also positioned interaction as central to instructed second language 

acquisition because it connects input, output, negotiation, and feedback. In speaking practice, 

learners are therefore not only producing language; they are testing whether their language is 

clear and meaningful to another listener. Through interaction, learners may become aware that an 

answer is too short, that a word choice is unclear to the listener, or that further explanation is 

needed. These moments can become useful for learning when learners receive feedback and 

have opportunities to modify their output. The value of this process depends on whether learners 

have regular access to responsive speaking practice and feedback. This is particularly relevant for 

IELTS learners, who need repeated opportunities to practise spoken responses and receive 

feedback. 

For IELTS candidates, the need for repeated and responsive speaking practice is closely linked to 

the structure of the test. The IELTS Speaking test requires candidates to respond to familiar 

questions in Part 1, speak at length on a given topic in Part 2, and discuss more general and 

abstract issues in Part 3 (IELTS, n.d.–a). These tasks require candidates to organise ideas, use 

appropriate language, and explain opinions clearly to an examiner (IELTS, 2025b, n.d.–a). 

Research on task repetition suggests that repeated oral tasks can help learners gain greater 

control over spoken language performance (Bygate, 2001). Therefore, IELTS Speaking 

preparation needs to move beyond memorised model answers. Learners need opportunities to 

practise speaking, receive feedback, revise their responses, and try again. 

2.1.2 Speaking Challenges for L1 Mandarin EFL Learners 

Recent IELTS Academic test-taker performance statistics for 2024–2025 show that candidates 

whose first language was recorded as Chinese achieved a mean Speaking band score of 5.5, the 

lowest of their four skill scores and joint 39th out of 40 listed first-language groups (IELTS, 2025b). 
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These data do not represent all Chinese-speaking learners, and individual learners may perform 

very differently from this overall pattern. However, they do show a relevant pattern within this 

IELTS test-taker group: Speaking appears to be relatively weaker than Listening, Reading, and 

Writing. This pattern helps justify the focus of the present study on L1 Mandarin learners preparing 

for IELTS Speaking. 

Research on Chinese and East Asian EFL learners suggests that speaking challenges are not only 

related to linguistic knowledge, but also to learners’ access to opportunities for communication and 

their willingness to communicate. Peng (2012) showed that Chinese EFL learners’ willingness to 

communicate (WTC) was shaped by the interaction of learner beliefs, motivation, cognitive and 

linguistic factors, affective factors, and classroom environment. Similarly, Shao and Gao (2016) 

reviewed research on East Asian language learners’ reticence and WTC, suggesting that learners’ 

classroom participation should be understood in relation to individual and contextual conditions, 

such as self-confidence, topic familiarity, task design, interlocutor familiarity, group size, medium of 

communication, and classroom environment. Together, these studies suggest that speaking 

difficulty is not simply a matter of insufficient English knowledge, but is also shaped by the learning 

context, including classroom conditions and opportunities to use English in spoken interaction. 

Recent Chinese EFL research has examined the affective side of speaking participation in greater 

depth. Bai (2023) found that foreign language anxiety and boredom were negatively associated 

with WTC among Chinese struggling EFL learners. Chen (2024) showed that speaking anxiety and 

expectancy-value beliefs were related to Chinese undergraduates’ spoken English proficiency. In 

this context, expectancy-value beliefs refer to learners’ expectations of success and the value they 

attach to English learning. Lin et al. (2025) further found that foreign language anxiety was 

negatively related to WTC, while academic buoyancy, meaning learners’ capacity to cope with 

everyday academic challenges, was positively related to WTC. These studies suggest that 

learners’ speaking participation is closely connected to affective and motivational factors, 

especially anxiety, confidence, perceived value, and resilience. 

Another challenge concerns communicative explicitness in IELTS Speaking. Hall (1976) introduced 

the distinction between high-context and low-context communication, where meaning relies more 

on shared background and implicit understanding in high-context communication, and more on 

direct verbal expression in low-context communication. A simple example is the difference between 

implying a request by saying that a room is cold and explicitly asking someone to close the 

window; in the former, the listener must infer the intended request from the context, whereas in the 

latter, the intended meaning is stated more directly (House & Kasper, 1981). Hall and Hall (1990) 

are often cited for associating Japanese communication with relatively high-context communication 

and Anglo-American communication with relatively low-context communication. Later studies 

extended this framework to other East Asian contexts. For example, Kim et al. (1998) compared 

Chinese, Korean, and American cultures and found patterns consistent with the view that Chinese 
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and Korean communication contexts may be relatively higher-context than American 

communication contexts. This distinction is relevant to IELTS Speaking because the test requires 

candidates to communicate with an examiner who does not share their personal background 

knowledge. The IELTS Speaking criteria reward clear, coherent, and sufficiently developed 

responses, so candidates need to state their ideas explicitly, support them with reasons or 

examples, and organise their responses for the listener. For some L1 Mandarin and East Asian 

EFL learners, this may create an additional challenge, especially if their previous speaking 

experience has not required extended explanation in English. 

However, this framework needs to be used cautiously. It should not be taken to mean that all L1 

Mandarin learners are indirect, unclear, or culturally predisposed to communicate in the same way. 

Kittler et al. (2011) cautioned that high-context and low-context classifications can be 

overgeneralised when national or cultural groups are treated as fixed and internally uniform. Park 

et al. (2012) also showed that preferences for direct communication can vary across individuals as 

well as cultures. In this study, Hall’s (1976) framework is therefore used only as a broad lens for 

understanding communicative explicitness in IELTS Speaking, not as a fixed cultural explanation of 

L1 Mandarin learners’ performance. The focus is on the test-oriented need to make ideas clear, 

developed, and accessible to the listener, and on how feedback may help learners practise this 

form of spoken performance. 

Overall, the literature presented in this section suggests several practical challenges for IELTS 

Speaking preparation. Thus, learners with fewer opportunities to use English in spoken interaction 

may have fewer chances to build confidence, fluency, and response development. Learners who 

feel anxious, less confident, or less willing to communicate may also be less likely to take part in 

the speaking practice that could help them improve (Bai, 2023; Lin et al., 2025; Peng, 2012). In 

addition, IELTS Speaking requires candidates to produce clear, explicit, and sufficiently developed 

responses for an examiner who does not share their personal background knowledge. These 

challenges are shaped by speaking opportunities, affective factors, test demands, and learners’ 

previous learning experiences. 

2.2 Feedback in EFL Speaking Practice 

Feedback is an important part of speaking practice because it helps learners understand how their 

spoken performance can be improved. This section first examines the role of feedback in oral 

language development and then discusses the affordances and constraints of teacher feedback 

and AI-generated feedback. 

2.2.1 The Role of Feedback in Oral Language Development 

Feedback is central to oral language development because it can help learners notice problems in 

their language use and respond to them. Schmidt’s (1990) Noticing Hypothesis suggests that 

learners need to notice relevant language features before these features can become part of their 
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developing language system. Long’s (1996) Interaction Hypothesis also emphasises the role of 

interaction and negotiation of meaning in creating opportunities for second language development. 

Loewen and Sato (2018) further positioned feedback within this wider interactional process, where 

input, output, negotiation, and feedback work together to support instructed second language 

acquisition. From this perspective, feedback is not simply correction after performance; it is a 

mechanism that helps learners become aware of gaps between what they intend to say and how 

successfully they express it. Corrective feedback has been shown to support second language 

learning when it is connected to learner output, allowing learners to identify problems in their 

language use, consider how these might be addressed, and modify their language production in a 

subsequent attempt (Li & Vuono, 2019; Lyster et al., 2013). In this thesis, the Noticing Hypothesis 

provides a useful theoretical lens for understanding both AI-generated and teacher feedback. 

Although the two feedback modes differ in how feedback is delivered, both may support learning 

by drawing learners’ attention to gaps in their spoken performance and giving them an opportunity 

to revise their responses in a subsequent attempt. 

In IELTS speaking practice, feedback needs to address more than discrete language errors. The 

IELTS Speaking criteria assess fluency and coherence, lexical resource, grammatical range and 

accuracy, and pronunciation (IELTS, 2025a). This means that feedback needs to focus not only on 

grammar or vocabulary, but also on whether an answer is clear, sufficiently developed, coherent, 

and understandable to the listener. A learner may produce an answer with few obvious errors but 

still be too brief, vague, poorly organised, or disconnected from the question. Feedback can help 

learners recognise these communicative limitations and target the areas identified in the feedback 

for their revisions. 

The value of feedback also depends on whether learners can act on it. Hattie and Timperley 

(2007) argued that effective feedback helps learners understand the learning goal, their current 

progress, and the next steps needed for improvement. In speaking practice, this suggests that 

feedback should ideally lead to another attempt, not simply an end-point comment. For IELTS 

learners, a comment on pronunciation, coherence, or answer development is more useful when it 

gives them a clearer direction for repeating the same speaking task after feedback. Feedback in 

oral practice is therefore closely connected to repetition: it gives learners a reason and a focus for 

trying again. 

2.2.2 Teacher Feedback: Affordances and Constraints 

Considering the key role of feedback in oral language development, the source of feedback also 

matters. Teacher feedback and AI-generated feedback can both support speaking practice, but 

they differ in how feedback is produced and delivered. This section examines the affordances and 

constraints of teacher feedback before the following section considers AI-generated feedback. 
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Teacher feedback has value in speaking practice because teachers can respond to both language 

form and communicative meaning. Since speaking involves linguistic, cognitive, affective, and 

social dimensions, feedback in speaking lessons often needs to go beyond surface-level correction 

(Goh & Burns, 2012). In IELTS-focused lessons, a teacher may comment on pronunciation, 

grammar, vocabulary, fluency, coherence, idea development, or how easy a response is to follow, 

all of which are connected to the demands of the IELTS Speaking criteria (IELTS, 2025a). Teacher 

feedback can therefore help learners understand not only what is inaccurate, but also why a 

response may sound unclear, underdeveloped, or weakly organised. 

Teacher feedback is also adaptive. Hattie and Timperley (2007) argued that effective feedback 

helps learners understand the learning goal, their current progress, and the next steps needed for 

improvement. In speaking practice, this means that teachers can respond at different levels: 

correcting a pronunciation error, suggesting a clearer way to organise an answer, prompting a 

learner to extend an idea, or encouraging a learner who lacks confidence. This flexibility is 

important because learners do not all need the same type of feedback at the same time. Some 

may need direct correction, while others may benefit more from reformulated sentences, 

alternative word choices, or encouragement to keep speaking. 

Teacher feedback may also provide interpersonal support that AI-generated feedback cannot fully 

reproduce. In speaking practice, learners often respond not only to the content of feedback, but 

also to how it is delivered. Research on foreign language emotions shows that teacher and 

classroom variables are linked to learners’ anxiety and positive learning experiences (Dewaele et 

al., 2018). In a Chinese EFL context, Yang et al. (2024) also found that teacher support was 

associated with learners’ willingness to communicate through positive language-learning emotions. 

These studies suggest that teacher feedback may support learners not only through correction, but 

also through reassurance, encouragement, and interpersonal support. 

Moreover, teacher feedback involves judgement about timing and focus. Oral corrective feedback 

research shows that different feedback types work differently across learners and classroom 

contexts (Lyster et al., 2013). In IELTS speaking practice, this judgement is particularly important 

because performance is assessed across fluency and coherence, lexical resource, grammatical 

range and accuracy, and pronunciation (IELTS, 2025a). A teacher listening to a learner speak 

therefore needs to attend to several aspects of performance at the same time. As a result, teacher 

feedback is often selective, focusing on the issue that is most urgent or most useful for the 

learner’s next attempt rather than every possible problem. 

For IELTS-focused speaking practice, teachers’ decisions about feedback focus help learners 

connect language choices with communicative effect. A teacher can explain why an answer needs 

more detail, why a point is not clear to the listener, or how pronunciation affects understanding. 

Teacher feedback can therefore support both language development and the ability to produce 

clearer, more developed spoken responses. 
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However, teacher feedback is not always available to the extent learners need. In many classroom 

settings, teachers must divide limited lesson time among multiple students. This can restrict the 

number of speaking turns each learner receives and the amount of individualised feedback that 

can be provided. Zhang et al. (2024) noted this issue in a Chinese EFL speaking context, where 

class size and limited time made it difficult for the teacher to provide detailed oral feedback to 

every learner. This limitation does not reduce the pedagogical value of teacher feedback; rather, it 

highlights the difficulty of providing enough individualised feedback within the context of 

conventional group instruction. 

Oral feedback is also time intensive. Useful feedback requires teachers to identify the most 

relevant issue, explain it clearly, and ideally give the learner a chance to act on it. Shute (2008) 

emphasised that formative feedback should be specific and usable, but in a group speaking lesson 

this level of feedback is difficult to provide for every student. If feedback is too brief, learners may 

not know how to improve; if it is too detailed, other students may lose speaking time. The issue, 

then, is not whether teacher feedback is valuable, but whether learners can receive enough of it 

under normal classroom conditions. 

For IELTS preparation, this creates a practical problem. Learners need repeated opportunities to 

practise, receive targeted feedback, and revise their spoken responses. One-to-one teacher 

feedback can provide this support, but it is difficult to scale and may not be available to learners on 

a regular basis. Group classes can provide structured teaching and opportunities for speaking 

practice, but they may not provide enough repeated and individualised feedback for every learner. 

This mismatch between the feedback learners need and the feedback teachers can realistically 

provide creates space for examining additional feedback sources. 

2.2.3 AI-Generated Feedback: Affordances and Concerns 

AI-generated feedback offers a different way of organising speaking practice, but it needs to be 

defined carefully. In this thesis, AI feedback refers to feedback produced through Doubao during 

IELTS-style speaking practice. Doubao is connected to ByteDance’s Seed model family, which 

includes general-purpose models with LLM and multimodal capabilities (ByteDance Seed, n.d.). In 

the AI-feedback sessions, learners used Doubao’s voice function to practise spoken responses 

and receive generated feedback. The tool was guided by a researcher-developed prompt that 

instructed Doubao to take the role of an IELTS speaking tutor and provide feedback with reference 

to the IELTS Speaking criteria (see Chapter 6.1.2 for a more detailed discussion of how the prompt 

was developed). This feedback included comments on the learner’s response, suggestions for 

improvement, and possible reformulations. It was used as a practice support tool rather than as a 

validated measure of IELTS Speaking performance.  

This use of AI feedback can be located within a longer history of computer-assisted language 

learning (CALL), especially research on dialogue-based systems for language practice. Earlier 
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CALL research had already examined how learners practise language through computer-based 

dialogue systems. Bibauw et al. (2019) described dialogue-based CALL as involving different 

degrees of openness, interactional design, modality, and feedback. Recent large language model 

(LLM)-based tools extend this tradition because they can generate more open-ended responses to 

learner prompts, including follow-up questions, reformulations, and feedback (Kohnke et al., 2023; 

Law, 2024; Yang & Li, 2024). However, this flexibility also means that the quality of feedback 

depends on the task design, the prompt, and the learner’s ability to judge the AI response critically. 

The clearest benefit of AI feedback is access. Generative AI tools can respond outside scheduled 

lesson time, allowing learners to practise without waiting for a teacher or speaking partner. Law 

(2024) identified immediacy, personalisation, and learner autonomy as key advantages of 

generative AI in language learning. In EFL speaking research, Du and Daniel’s (2024) systematic 

review also showed that AI-powered chatbots have been used to support speaking practice, boost 

confidence, improve pronunciation, and reduce anxiety. This does not mean that AI feedback is 

automatically better than teacher feedback. Rather, it suggests that AI may increase the number of 

practice-and-feedback opportunities available to learners when teacher time is limited. 

Beyond access, AI feedback may also make revision easier to repeat. In IELTS Speaking 

preparation, AI tools may support this revision process by offering reformulations, examples, or 

prompts that learners can use to revise a spoken response (Kohnke et al., 2023; Law, 2024). For 

example, a learner may compare an original answer with an AI-suggested version and notice how 

the response has been extended, clarified, or reorganised. This comparison can make revision 

more visible, but it does not guarantee learning. The value depends on whether learners 

understand the feedback and try to apply it in a new response, rather than simply copying the 

improved version. 

However, AI-generated feedback should not be taken at face value. Kohnke et al. (2023) cautioned 

that AI-generated responses may be inaccurate, overly general, or poorly matched to learners’ 

needs. This is a concern in IELTS Speaking preparation because learners may not always know 

whether an AI suggestion is natural, appropriate, or aligned with assessment expectations. 

Additionally, if an AI tool provides a polished answer that is too advanced or too scripted, the 

learner may produce a better-looking response without developing the ability to speak more 

independently. 

AI feedback also differs from teacher feedback in its lack of human and pedagogical judgement. A 

teacher can respond to a learner’s hesitation, confidence, learning history, and classroom context, 

while AI feedback is generated from prompts and language patterns. AI may suggest fluent 

wording or more detailed content, but it may not know whether the learner can use that language 

in spontaneous speech. It may also miss signs that a learner is becoming over-reliant on prepared 

answers. For this reason, teacher guidance remains important when AI is used for speaking 

practice (Law, 2024). 
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These concerns have shaped the design of this thesis. In the AI-supported condition, AI feedback 

was not treated as a fully independent replacement for the teacher. The teacher still organised the 

lesson, managed the speaking tasks, and could clarify or correct AI feedback when necessary. 

This design reflects a cautious view of AI-supported speaking practice: AI may expand access to 

feedback and repetition, but teacher oversight remains important for keeping the feedback 

pedagogically appropriate. 

Viewed together, teacher feedback and AI-generated feedback share some functions but differ in 

how support is provided across the four IELTS Speaking assessment criteria (IELTS, 2025a). Both 

can draw learners’ attention to problems, suggest alternative ways of expressing ideas, and 

support revision of spoken responses. Teacher feedback can respond selectively across fluency 

and coherence, lexical resource, grammatical range and accuracy, and pronunciation through live 

listening and interaction. AI feedback can also support aspects such as language choice, 

coherence, and answer development through reformulations, examples, and repeated 

opportunities for revision, although support for pronunciation and other features of real-time 

spoken delivery may be more limited. These similarities and differences suggest that feedback 

source may shape not only what support learners receive, but also which aspects of speaking 

performance are most directly addressed during practice. 

2.3 AI-Supported Speaking Practice and the Comparison Gap 

As AI tools become more common in language learning, their use in speaking practice has 

attracted increasing attention. This section reviews recent empirical research on AI-supported 

speaking before identifying the gap that provides the rationale for the present study. 

2.3.1 Recent Empirical Work on AI-Supported Speaking 

Although generative AI has been widely discussed in language education, speaking-specific 

research remains more limited than broader work on text-based learning and feedback. Reviews of 

generative AI in second language learning show that these tools have been used for feedback, 

learner support, and language practice (Law, 2024; Yang & Li, 2024). Dialogue-based CALL 

research also provides useful background: Bibauw et al.’s (2022) meta-analysis of effectiveness 

studies on dialogue-based CALL found that dialogue systems can support second language 

development, although effects vary across tool design, learning context, and outcome measure. 

For this thesis, the key question is how AI tools can support spoken interaction and oral feedback, 

rather than whether generative AI is useful for language learning in general. 

Recent reviews have focused more directly on EFL speaking. Du and Daniel’s (2024) systematic 

review shows that AI-powered chatbots have been used in speaking practice in many areas, such 

as pronunciation practice, confidence building, and anxiety reduction. However, the evidence base 

in this area is still emerging. As generative AI tools and their uses in language learning continue to 

develop, findings need to be interpreted in relation to the specific tools, tasks, intervention designs, 
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and outcome measures examined. A careful interpretation is therefore that AI can create useful 

conditions for speaking practice, but its effects need to be examined in relation to specific tasks, 

feedback designs, and learner groups. 

Empirical studies suggest that the effects of AI-supported speaking practice depend partly on what 

AI is compared with and how the technology is used. Fathi et al. (2024) reported improvements in 

speaking skills and willingness to communicate when AI-mediated interaction was compared with 

face-to-face peer interaction. In a different comparison, Zhang et al. (2024) compared an AI 

chatbot with an intelligent tutoring system and found stronger improvement in willingness to 

communicate in the chatbot condition. Together, these studies show that AI-supported speaking 

cannot be treated as a single, uniform intervention: outcomes may vary according to the 

comparison condition, tool design, and type of interaction. Neither study, however, directly 

compared AI-generated feedback with teacher feedback under matched classroom conditions. 

Recent studies also differ in the outcomes they emphasise. Wang et al. (2024) focused on affective 

and self-perceived outcomes, including willingness to communicate, speaking anxiety, and self-

perceived communicative competence, while Cha et al. (2024) examined personalised feedback 

for oral presentation practice, and Ding and Yusof (2025) investigated AI-powered conversation 

bots in an IELTS-related speaking context. This range of outcomes illustrates the growing breadth 

of AI-supported speaking research, but it also makes direct comparison across studies difficult. 

Improvements in confidence or willingness to communicate, for example, do not necessarily 

indicate measurable improvement in speaking performance. For the present study, this distinction 

is important because both score changes and learner experiences are examined rather than 

treated as equivalent outcomes. 

Overall, the existing evidence is promising but difficult to compare directly because studies vary in 

their tools, comparison conditions, outcome measures, and research designs. This variation 

provides the basis for the more specific research gap discussed in the following section. 

2.3.2 Research Gap and Rationale for the Present Study 

The studies reviewed above show that AI-supported speaking practice has potential, but they do 

not fully answer how AI feedback compares with teacher feedback. Existing research has 

examined AI-supported speaking from several angles, including learner interaction, speaking 

performance, affective outcomes, tool design, and learner perceptions. However, direct classroom-

based comparisons between AI feedback and teacher feedback remain limited, especially in 

IELTS-style speaking practice. Reviews of generative AI in language education also emphasise the 

need for teacher guidance and critical use, suggesting that AI feedback should be examined in 

relation to classroom teaching rather than only as an independent practice tool (Kohnke et al., 

2023; Law, 2024; Yang & Li, 2024). The existing literature therefore supports the promise of AI-

supported speaking practice, but it does not yet show how AI feedback works when placed beside 
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teacher feedback within the same teaching programme, using the same curriculum, speaking 

tasks, and learning context. 

This distinction matters because feedback source may shape both learning outcomes and learner 

experience. AI feedback can make practice more available and repeatable, but it may also be 

inaccurate, too generic, or difficult for learners to evaluate without guidance (Kohnke et al., 2023; 

Law, 2024). Teacher feedback, by contrast, can draw on classroom context, learner history, and 

human judgement, but it is limited by class time and the number of learners who need individual 

attention. The key issue is therefore how AI feedback and teacher feedback may support learners 

in comparable or different ways when used within the same teaching programme. This question is 

important in test-preparation contexts, where learners need both repeated practice and feedback 

they can trust. 

Moreover, most studies in this area do not isolate feedback source as the planned difference. If an 

AI group and a comparison group use different tasks, materials, practice time, or classroom 

structures, it becomes difficult to know whether the outcome is related to the AI tool itself or to 

other features of the intervention. This is a key issue for IELTS Speaking preparation, where task 

type, repetition, feedback timing, and teacher support can all influence performance. A stronger 

comparison therefore needs to keep the curriculum and speaking tasks as consistent as possible 

while varying the source of feedback. 

This study addresses this gap by comparing AI-generated feedback and teacher feedback in an 

eight-session online IELTS Speaking programme for L1 Mandarin EFL learners. Both groups 

followed the same curriculum and IELTS-aligned speaking tasks, with feedback source as the only 

planned difference. The AI-supported group used Doubao, while the teacher-led group received 

feedback from the teacher. Doubao is included as the AI tool used in this study, but the main focus 

is not the platform itself. Rather, the focus is on how AI feedback, delivered through a tool 

accessible to the target learners, compares with teacher feedback in the same structured learning 

context. 

This design also avoids treating AI feedback as a fully independent replacement for the teacher. In 

the AI-supported condition, the teacher still organised the lesson, managed the speaking tasks, 

and could clarify or correct AI feedback when necessary. This reflects the concerns raised in the 

literature: AI may expand access to feedback and repetition, but teacher oversight remains 

important for keeping the feedback pedagogically appropriate. 

By using a mixed methods design, this thesis examines both quantitative data in the form of score 

change and qualitative data on learner experience. Pre- and post-programme IELTS Speaking 

scores were used as one measure of speaking development, while survey responses showed how 

learners experienced the two feedback modes. This is essential because two feedback sources 

may lead to similar score outcomes but different learner experiences. 
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This study thus offers insights into how AI and teacher feedback compare under the same learning 

conditions in terms of content, learner experience, and ultimately test outcomes. 
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Chapter Three: Methodology 

This chapter explains the methodological design of the study. It first positions the researcher in 

relation to the study and then describes the overall research design, research setting, participants, 

recruitment process, programme structure, AI tool and prompt design, data collection instruments, 

and data analysis procedures. The chapter also discusses the researcher’s role and the ethical 

considerations involved in conducting a small-scale online IELTS Speaking programme. 

The design and delivery of the programme drew on the researcher’s five years of experience 

teaching IELTS Speaking in face-to-face and online settings, direct experience with IELTS 

Speaking as a test taker who achieved band 9.0, the highest IELTS band, and regular experience 

using AI tools for language learning and teaching support. This experience helped the researcher 

design IELTS-style speaking tasks, give feedback using IELTS Speaking criteria, assess the 

usefulness of AI-generated feedback, and manage the AI-supported sessions in class. The 

researcher’s dual role as teacher and researcher is discussed further in Section 3.7. 

3.1 Research Design 

This study compared two feedback modes in an online IELTS Speaking programme for L1 

Mandarin Chinese learners of English. The final sample included 24 participants, all of whom 

followed the same online eight-session curriculum. Eleven participants received feedback from the 

teacher-researcher, while thirteen received AI-generated feedback from Doubao-Seed-2.0 

(ByteDance Seed, n.d.) alongside teacher guidance in real time. The lesson content, task format, 

session length, and teacher-researcher were kept consistent across the two conditions, meaning 

that the source of feedback was the main planned difference. 

A convergent mixed methods design was adopted (Creswell & Creswell, 2018; Creswell & Plano 

Clark, 2018) in which quantitative and qualitative data were collected during the same phase of the 

study, analysed separately, and then brought together at the interpretation stage. This approach 

was appropriate because the study was concerned not only with measurable change after the 

programme, but also with how participants experienced the two feedback modes and what might 

help explain differences or patterns in the findings. The mixed methods design therefore allowed 

the study to examine both performance change and learner experience. 

In design terms, the study used a standard comparative experiment with a pretest–posttest 

structure. Participants’ IELTS scores before and after the programme were compared to examine 

change over time, while the two feedback conditions were compared to explore whether different 

feedback sources were associated with different outcomes or learner experiences.  

The study was delivered across two cohorts, each consisting of two groups—one teacher-led and 

one AI-supported. 
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Both cohorts followed the same overall design and used the same materials, session structure, 

and procedures. The second cohort was added to increase the overall sample size rather than to 

test a revised version of the programme. For this reason, data from both cohorts were combined 

for the main analysis. Three sources of data supported the design: pre- and post-programme 

IELTS scores, nine Likert-scale exit survey items, and three open-ended exit survey questions. 

These data sources are described in detail in Section 3.5.  

3.2 Research Setting, Participants, and Recruitment 

Research on IELTS speaking practice needs to take account of both the learning context and the 

learners involved. This section describes the research setting, the participants, and the process 

through which they were recruited. 

3.2.1 Research Context  

The study ran as a free supplementary online IELTS Speaking programme for adult IELTS learners 

whose first language was Mandarin Chinese. It was not part of a formal course, did not carry 

institutional credit, and was not designed to replace a full IELTS preparation course. Instead, it 

provided additional speaking practice aligned with IELTS Speaking preparation. The sessions used 

IELTS-style Speaking Part 1 and Part 2 tasks, followed the IELTS Speaking assessment criteria, 

and focused on feedback and immediate re-performance. The programme targeted adult IELTS 

learners, particularly university students or recent graduates planning to apply for master’s 

programmes overseas. 

Sessions were delivered online in small groups through Tencent Meeting (Tencent Meeting, n.d.), a 

video-conferencing platform developed by Tencent. Tencent Meeting was chosen because it was 

accessible and familiar to learners based in mainland China, where the participants were located. 

It was also practical for the researcher’s online teaching context, as the researcher had previously 

used it for online classes and found its interface suitable for classroom interaction with learners in 

and outside mainland China. 

To ensure that the one-hour sessions remained manageable, each feedback condition was 

planned for approximately eight participants, or 16 for each cohort. This group size was chosen 

because each session included a short IELTS Speaking Part 1 warm-up, followed by repeated 

IELTS Speaking Part 2 practice cycles. In each cycle, participants prepared a response, completed 

a speaking turn, received individual feedback, and then made a second attempt. If the groups had 

been larger, fewer participants would have had time to speak, receive feedback, and use that 

feedback within the same session. 

Sessions were scheduled in the evening, usually between 6:30 p.m. and 8:30 p.m. China Standard 

Time, to accommodate participants’ daytime study or work commitments.  
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3.2.2 Participants 

The target participants were adult L1 Mandarin Chinese learners based in China who are 

preparing for the IELTS test. This prerequisite ensured that participants shared the same first 

language background and had recent IELTS test experience. The shared background was also 

needed to make the pre- and post-programme comparisons more meaningful, because large 

differences in participants’ backgrounds or test history could have made the results harder to 

interpret (Dörnyei, 2007; Phakiti, 2014; Shadish et al., 2002). 

To be eligible, participants needed to:  

(a) be aged 18 or above;  

(b) have Mandarin Chinese as their first language;  

(c) hold an official IELTS result issued within the previous six months;  

(d) plan to sit another IELTS test within one month after completing the programme;  

(e) be willing and able to attend the online sessions. 

Current students of the researcher were not eligible. This exclusion was made to minimise any 

sense of coercion or perceived obligation to participate, as students might have felt pressured to 

take part because of the existing teacher–student relationship. This issue is discussed further in 

Sections 3.7 and 3.8. 

3.2.3 Recruitment 

The recruitment poster was shared through WeChat (Tencent, n.d.) and Rednote/Xiaohongshu 

(Xiaohongshu, n.d.), two social media platforms commonly used by the target participant group in 

mainland China. For readers less familiar with these platforms, WeChat is a social networking 

platform similar to Facebook and was used to share information about the study within the 

researcher’s personal network and relevant groups, while Rednote/Xiaohongshu functions more as 

a public posting and discussion platform and can be compared to Reddit or X (formerly Twitter). 

The poster briefly introduced the study as a free supplementary online IELTS Speaking 

programme, outlined the eligibility criteria and time commitment, and included a Qualtrics link/QR 

code for registration. Interested individuals accessed the study directly through this Qualtrics link, 

where they viewed the Participant Information Sheet and completed the eligibility screening and 

consent process. The participant information, eligibility screening, and consent materials are 

provided in Appendix A. 

Each consenting participant was assigned a unique Study ID (in the range S000001–S999999) 

through the Qualtrics survey flow, which was then used to organise the research data and link 

information across stages of the study. Group allocation was later carried out using the Qualtrics 

Survey Flow Randomizer (Qualtrics, n.d.). 
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Participants were expected to attend all eight sessions. To ensure that the analysis was based on 

participants who had actually engaged with the programme, an attendance threshold of 75% (six 

of eight sessions) was applied; participants below this threshold were excluded from the final 

dataset. 

In Cohort 1, recruitment ran from 5 to 10 February 2026 and 16 participants initially enrolled; 11 

met the attendance criterion and were retained (6 AI-supported, 5 teacher-led). In Cohort 2, 

recruitment ran from 18 to 23 February 2026 and again 16 participants enrolled, of whom 13 were 

retained (7 AI-supported, 6 teacher-led). The final analysis dataset therefore contains 24 

participants: 13 in the AI-supported condition and 11 in the teacher-led condition. The two 

conditions were originally allocated equal numbers (16 each); the eventual difference in group 

sizes reflects withdrawal for personal or scheduling reasons. 

3.3 Programme Design and Procedures 

The programme was designed to provide a consistent speaking-practice experience across the 

two feedback conditions. This section explains the overall programme structure, group allocation, 

session design, and the delivery of the two cohorts. 

3.3.1 Overall Programme Structure 

Figure 1 summarises the overall programme structure. The intervention procedure was identical 

across the two cohorts. Each cohort completed one shared baseline session followed by seven 

practice sessions in the two separate groups— eight sessions in total, over approximately four 

weeks. The full sequence consisted of eligibility screening and consent, the shared baseline 

session, group allocation, seven practice sessions, and an exit survey.  
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Figure 1 

Overall Programme Structure 

 

3.3.2 Shared Baseline Session and Group Allocation 

After enrolling, all participants attended Session 1 together as a shared baseline session. This 

session introduced the IELTS Speaking test, reviewed the four speaking assessment criteria, and 

outlined the structure of the following seven sessions. This process ensured that every participant 

entered the intervention phase with the same foundational understanding of the test. No condition-

specific practice took place during this session. 

At the end of Session 1, participants entered their Study ID into Qualtrics and were randomly 

assigned to either the teacher-led group or the AI-supported group using the Qualtrics 

Randomizer. The randomizer was set to allocate participants as evenly as possible between the 

two conditions. After allocation, participants were notified of their assigned condition and received 

the Tencent Meeting link. No further teaching session took place immediately after allocation; 

participants used the link to attend Sessions 2–8 at the scheduled times. The group allocation 

instructions shared with participants are provided in Appendix B 
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3.3.3 Session Design  

Each practice session lasted one hour. The first part was a short warm-up using IELTS Speaking 

Part 1 questions (see Figure 2) which lasted for 10 minutes. Participants were asked general 

questions on familiar topics such as home, family, work, studies, and interests (British Council, 

n.d.). This structure reflected a common IELTS Speaking preparation approach, where learners 

begin with shorter Part 1 responses before moving into longer Part 2 tasks. Unlike a full IELTS 

speaking course, the programme focused mainly on repeated speaking practice, feedback, and 

second attempts. 

Figure 2  

IELTS Speaking Part 1 Sample Questions 

 

Note. From IELTS Speaking Sample Tasks (p. 3), by IELTS, 2023, https://ielts.org/cdn/ielts-sample-tests/ielts-speaking-

sample-tasks-2023.pdf Copyright 2023 by IELTS. 

Then the main part of the session focused on IELTS Speaking Part 2. In IELTS Speaking Part 2 

(see  

Figure 3), participants were given a task card containing a particular topic and key points that they 

should talk about (IELTS, 2023). 

Figure 3 

IELTS Speaking Part 2 Sample Questions 

 

Note. From IELTS Speaking Sample Tasks (p. 5), by IELTS, 2023, https://ielts.org/cdn/ielts-sample-tests/ielts-speaking-

sample-tasks-2023.pdf Copyright 2023 by IELTS. 

In the practice session, students repeated speaking cycles built around one minute of preparation 

for the speaking task, up to two minutes of speaking, around three minutes of feedback, and a 

https://ielts.org/cdn/ielts-sample-tests/ielts-speaking-sample-tasks-2023.pdf
https://ielts.org/cdn/ielts-sample-tests/ielts-speaking-sample-tasks-2023.pdf
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second attempt after the feedback. In practice, many students spoke for around 1.5 to 2 minutes, 

so timing was adjusted slightly where needed. The repeated cycle was designed to create 

immediate opportunities for noticing, revision, and re-performance within one session. 

The second attempt was included so that feedback could be used immediately, not just received as 

a comment to review later. In each practice cycle, students first produced a response, received 

feedback on that specific response, and then tried the same task again with a clearer focus on 

what to improve. In line with the research on task repetition and feedback discussed in Chapter 

Two, a second attempt was included in each practice cycle to allow learners to apply feedback to 

the same speaking task (Wisniewski et al., 2020; Zhang et al., 2023). 

The speaking activities took place in the main Tencent Meeting room rather than in breakout 

rooms. Participants took turns responding to the speaking tasks, and other participants in the 

same feedback condition could listen to both the responses and the feedback while waiting for 

their own turn. The only planned difference was the source of feedback. In the teacher-led 

condition, feedback was provided directly by the teacher. In the AI-supported condition, Doubao-

Seed-2.0 generated the feedback in class. The teacher remained present to guide students in 

working with the AI output, clarify it where needed, manage the pace of the activity, and correct the 

AI output when it was unclear or inaccurate. The AI feedback process and prompt design are 

described in Section 3.4. 

3.3.4 Cohort Delivery and Attendance 

Cohort 1 attended sessions from 10 February to 12 March 2026, and Cohort 2 attended sessions 

from 23 February to 18 March 2026. The second cohort was added to increase the overall sample 

size, not to test a revised version of the programme. 

Attendance was recorded across the eight sessions. Participants were expected to attend all 

sessions, but a 75% attendance threshold was applied for inclusion in the final dataset. 

Participants who attended fewer than six of the eight sessions were excluded from the analysis. 

3.4 AI Tool and Prompt Design 

The AI-supported condition used Doubao-Seed-2.0 to generate feedback during IELTS speaking 

practice. Doubao was not treated as an official IELTS scoring system or as a replacement for 

teacher judgement. In the AI-supported sessions, students did not work independently with 

Doubao at the same time. Instead, they took turns completing the speaking task within the class. 

After each student’s response, the spoken response was submitted to Doubao, and the AI-

generated feedback was discussed before the student made a second attempt. The teacher 

remained present throughout the sessions to guide students, explain the feedback, manage the 

pace of the activity, and correct the AI output when needed. Students may have had access to 
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Doubao outside class, but any independent use outside the scheduled sessions was not part of 

the intervention and was not monitored or analysed. 

The choice of the AI tool was based on its practical fit with the study context. In technology-

enhanced language learning, tools should be selected according to the learner group, teaching 

context, and learning task, rather than general capability alone (Chapelle, 2001; Hubbard, 2011). 

Because participants were based in mainland China, reliable access was an important 

requirement. ChatGPT was not selected because it was not readily accessible for this participant 

group and would have required additional access arrangements, such as a virtual private network 

(VPN). The selected tool, therefore, needed to be accessible in mainland China without a VPN. It 

also needed to be usable on mobile devices, fast enough for live online lessons, and suitable for 

generating IELTS-style speaking feedback. 

Before the intervention, three platforms were tested: ChatGPT, DeepSeek, and Doubao. 

Preparatory testing used an earlier version of Doubao, while the AI-supported practice sessions 

used Doubao-Seed-2.0 through the Doubao web interface, with voice input. Each platform was 

tested with the same IELTS Speaking Part 2 prompts and sample learner responses. The 

comparison focused on whether the feedback was specific, clear, linked to IELTS Speaking 

criteria, useful for spoken response improvement, and workable within a one-hour Tencent Meeting 

class. Practical issues such as access, response speed, input mode, and ease of classroom use 

were also considered. Table 1 summarises this preparatory comparison. The comparison is 

specific to this study context and is not intended as a general ranking of the three platforms. 

Table 1 

Summary Comparison of AI Platforms Tested During the Preparatory Phase 

Dimension ChatGPT DeepSeek Doubao  

Accessibility for mainland 
China-based learners 

Limited without VPN 
access 

Accessible Accessible 

Suitability for spoken-
response practice 

Text and voice: input 
and output available 

Text-based, less suitable 
for speaking interaction 

Text and voice: input and 
output available 

Classroom integration Less suitable because 
of access constraints 

Moderately suitable More suitable for Tencent 
Meeting-based sessions 

Feedback structure Strong Less consistent for the 
planned workflow 

Strong 

Overall decision 
 

Not selected Not selected Selected for the AI-
supported condition 

Note. AI = artificial intelligence; VPN = virtual private network. The comparison is based on preparatory testing 

conducted by the researcher using the same IELTS Speaking Part 2 prompts and sample responses across the 

three platforms. 

Doubao was selected because it was the most workable option for this participant group and 

teaching format. It was accessible to learners in mainland China and produced feedback in a 
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format that could be used during live speaking practice. A usable structure meant feedback that 

was brief, clearly organised around IELTS Speaking criteria, linked to the learner’s response, and 

practical enough for a second attempt in the same class. Feedback was less usable when it was 

too long, too general, or difficult to apply immediately. 

The design of the AI feedback prompt was treated as part of the intervention design. In LLM-based 

tasks, prompts help define the task, guide the response format, and shape the output generated by 

the model (Liu et al., 2023; White et al., 2023). In this study, the prompt refers to the instruction 

given to Doubao to generate feedback on a learner’s spoken response; it does not refer to the 

IELTS Speaking task itself. The prompt therefore needed to do more than ask Doubao to “give 

feedback”. It needed to specify the AI’s role, the IELTS Speaking focus, the feedback structure, 

and the kind of language support that would be useful during a live speaking lesson. This was also 

important because educational uses of LLMs require a clear pedagogical purpose and human 

oversight (Kasneci et al., 2023; Yan et al., 2024). 

The AI feedback prompt was developed by the researcher and Zhang Yu, an experienced IELTS 

teacher. It was tested and revised using IELTS Speaking Part 2 mock-test tasks and sample 

learner responses. During testing, the output was checked for whether it was specific to the 

learner’s response, aligned with IELTS Speaking criteria, clearly organised, natural in spoken 

English, and short enough to use within the feedback time available in class. The prompt was 

revised when the output was too general, too long, or not useful for a second speaking attempt. 

The full AI feedback prompt used in the study is provided in Appendix D. 

The final prompt asked Doubao to act as a supportive IELTS speaking coach and provide 

feedback in a consistent format. It instructed the AI to consider all four IELTS Speaking criteria 

while prioritising the most important issues in the learner’s response. The output included two 

strengths, two grammar-focused issues, two spoken rewrites, and two follow-up questions, 

supported by short quotations from the learner’s response. It did not provide an overall band score. 

In the AI-supported sessions, the feedback process followed the same speaking cycle as the 

teacher-led condition. After a learner completed a speaking task, they used Doubao’s voice input 

function to submit their spoken response. Doubao then generated feedback using the prepared 

prompt. The teacher checked that the AI feedback responded to the learner’s specific speaking 

attempt rather than offering generic advice. The teacher then helped students focus on the most 

useful parts of the AI output, clarified vague wording, and corrected the feedback if it was 

inaccurate. Students then used the feedback to produce a second response to the same task. In 

this way, AI supported part of the feedback process while the teacher remained responsible for the 

lesson and for the pedagogical use of the feedback. 
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3.5 Data Collection Instruments and Sources 

The study drew on three data sources: pre- and post-programme IELTS scores, Likert-scale exit 

survey responses, and open-ended exit survey comments. Each source addressed a different part 

of the research aim. IELTS scores provided a standardised, externally assessed measure of 

English language performance before and after the programme. Likert-scale responses captured 

participants’ perceptions of feedback usefulness, confidence, clarity, and engagement in a 

structured form that allowed comparison between groups. Open-ended responses added 

explanatory detail by allowing participants to describe, in their own words, which aspects of the 

programme supported their speaking and what remained limited. 

3.5.1 IELTS Score Data 

The first source was participants' IELTS scores from before and after the programme. IELTS is an 

internationally recognised English language proficiency test with well-documented validity and 

reliability as an outcome measure in applied linguistics research (IELTS, n.d.–c). After completing 

the eight sessions, sitting another IELTS test, and receiving their results, participants reported both 

their earlier and their new scores in the exit survey.  

To support the accuracy and credibility of the score data, participants were also required to provide 

evidence of their IELTS results, such as an official Test Report Form or an electronic screenshot. 

The pre- and post-programme Speaking scores were obtained from participants’ official IELTS test 

results and therefore reflect the assessment of an IELTS examiner, not the researcher. IELTS 

maintains the reliability of examiner-rated sections through examiner training and certification, 

retraining and recertification every two years, and ongoing face-to-face and distance monitoring. 

For 2024–2025 performances, IELTS reported an inter-rater reliability coefficient of .90 for 

Speaking based on comparisons between original ratings and subsequent re-ratings (IELTS, n.d.–

b). The IELTS examiners were external to the present study, and the researcher did not provide 

them with information about participants’ group allocation. No additional study-specific inter-rater 

reliability check was conducted because the researcher did not have access to recordings of 

participants’ official IELTS Speaking tests for independent rescoring. 

This score data produced pre- and post-test values for the overall band score and for each of the 

four section scores: Speaking, Listening, Reading, and Writing. The Speaking score served as the 

primary outcome of the study; the overall band and the other three section scores were analysed 

as supplementary indicators. 

3.5.2 Likert-Scale Exit Survey Items 

The second data source was the set of nine Likert-scale items included in the post-intervention exit 

survey, which was delivered through Qualtrics. Each item was rated on a five-point scale, from 

Strongly Disagree (1) to Strongly Agree (5). This format is widely used in applied linguistics survey 
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research (Dörnyei, 2007). Following Boone and Boone (2012), the Likert-scale items were treated 

as ordinal data and reported using frequencies, percentages, medians, and interquartile ranges 

rather than as continuous data. The implications of this decision for the inferential analysis are 

addressed in Section 3.6.1. 

The items focused on aspects of learner experience that IELTS scores could not capture. They 

covered two broad areas: perceived speaking development and feedback clarity, including clarity 

of expression, directness, confidence, feedback usefulness, and awareness of areas for 

improvement; and programme experience and engagement, including session structure, workload 

and pace, comfort in the online format, and willingness to recommend this type of speaking 

practice. These groupings were used only to organise the reporting of results; no composite Likert-

scale scores were calculated. 

The nine Likert-scale items were developed specifically for this study rather than adopted from an 

existing validated instrument. Their content was informed by the research questions and 

intervention design, and the items were discussed during development with Zhang Yu, an EFL 

educator with postgraduate study in linguistics, to review their relevance and clarity. The survey 

was not formally piloted as a separate instrument before the study. To support clarity for L1 

Mandarin participants, the participant survey was provided bilingually in English and Chinese, with 

attention to maintaining consistent meaning across the two language versions. 

3.5.3 Open-Ended Exit Survey Responses 

The third source was participants’ responses to three open-ended exit survey questions. These 

questions asked what participants found most helpful for their speaking development, what they 

thought could be improved, and whether they had any other comments. The open-ended 

responses were included because closed survey items could show how participants rated the 

programme but could not fully explain the reasons behind those ratings. They allowed participants 

to describe the feedback and learning experience in their own words, including what they found 

useful, limited, or difficult. These responses therefore provided qualitative detail to help interpret 

the IELTS score changes and Likert-scale patterns, and formed the basis of the qualitative analysis 

described in Section 3.6.2 (Creswell & Plano Clark, 2018; Dörnyei, 2007). Both the Likert-scale 

items and open-ended responses were self-reported data and were used to represent participants’ 

perceptions of their experience rather than as independent measures of learning outcomes. 

3.6 Data Analysis 

This section explains how the three data sources were analysed. The IELTS score data and Likert-

scale survey items were analysed quantitatively, while the open-ended exit survey responses were 

analysed qualitatively. The two strands were then brought together at the interpretation stage, 

following the convergent mixed methods design described in Section 3.1 (Creswell & Creswell, 

2018; Creswell & Plano Clark, 2018). 
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3.6.1 Quantitative Analysis 

The quantitative analysis examined two forms of data: participants’ IELTS score change from pre- 

to post-programme, and their responses to the nine Likert-scale exit survey items. Because the 

two cohorts followed the same study design, materials, and procedures, their data were pooled for 

the main analysis. This produced a single dataset of 24 participants: 13 in the AI-supported 

condition and 11 in the teacher-led condition. 

The choice of statistical procedures was shaped by the size and structure of the dataset. First, the 

sample was small, which limited statistical power and made individual outliers more influential 

(Larson-Hall, 2016; Mackey & Gass, 2022). Second, the score and survey data had limited scale 

ranges. IELTS band scores are reported in fixed 0.5-band increments rather than as continuous 

raw scores, and the Likert-scale items used a five-point ordinal response format. For this reason, 

medians and interquartile ranges were reported alongside means and standard deviations for the 

IELTS score data, while Likert-scale responses were summarised using frequencies, percentages, 

medians, and interquartile ranges. Third, Shapiro–Wilk tests were used to assess whether the 

score-change variables met the normality assumption required for parametric tests. Overall, the 

main quantitative analysis used descriptive statistics and non-parametric inferential tests. Given 

the small sample, statistical significance was therefore interpreted cautiously and considered 

alongside effect sizes and descriptive patterns, rather than being treated on its own as evidence 

for or against a meaningful group difference. 

Descriptive statistics were calculated for the pre- and post-programme IELTS scores in each 

group. Baseline IELTS scores were summarised using means and standard deviations. Pre- and 

post-programme scores were summarised using medians, while gain scores were reported 

separately as the median of participants’ individual score changes. These summaries were 

presented for the overall IELTS band score and each of the four section scores: Speaking, 

Listening, Reading, and Writing. Baseline equivalence between the two groups was checked at 

pre-test using Mann–Whitney U tests, so that any initial group differences could be considered 

when interpreting the post-programme results. 

Within-group change from pre- to post-programme was examined using Wilcoxon signed-rank 

tests, run separately for the AI-supported and teacher-led groups. Between-group differences in 

gain scores, calculated as post-test score minus pre-test score, were examined using Mann–

Whitney U tests. Effect sizes were reported as matched rank-biserial correlations for Wilcoxon 

signed-rank tests and rank-biserial correlations for Mann–Whitney U tests, including baseline, 

gain-score, and Likert item-level comparisons. Effect sizes were reported as absolute values when 

interpreting their magnitude. These were interpreted using Plonsky and Oswald’s (2014) field-

specific benchmarks for second-language research, where r ≈ .25 is small, ≈ .40 is medium, and 

≥ .60 is large. 
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The Likert-scale items were summarised using counts, percentages, medians, and interquartile 

ranges. Between-group differences were examined item by item using Mann–Whitney U tests. 

Because running nine separate tests increases the chance of at least one statistically significant 

finding occurring by chance, Section 4.3.2 reports the uncorrected p-values, rank-biserial 

correlations, and whether the results remained significant after applying a Holm–Bonferroni 

correction. Following Plonsky’s (2013) recommendations for quantitative reporting in second-

language research, descriptive statistics, inferential test results, and effect sizes are reported 

together throughout Chapter 4. The primary quantitative analyses were carried out in JASP (JASP 

Team, 2026), with rank-biserial correlations calculated from the corresponding Mann–Whitney U 

statistics where required. 

3.6.2 Qualitative Analysis 

The qualitative analysis focused on participants’ responses to the three open-ended exit survey 

questions. Because these data consisted of short written comments rather than interview 

transcripts, the analysis used a descriptive thematic categorisation. The aim was to identify the 

main categories of learner experience reported by participants and to use representative 

comments to help explain the quantitative results. This approach was informed by thematic 

analysis but was applied in a descriptive way to fit the short survey-response format (Braun & 

Clarke, 2006; Dörnyei, 2007). 

The open-ended responses from all 24 participants were exported from Qualtrics and compiled 

into an Excel spreadsheet. The participant-facing exit survey was bilingual, and participants could 

answer the open-ended questions in either Chinese or English. All 24 participants provided their 

responses in Mandarin Chinese. These responses were initially translated into English using 

Google Translate (Google, n.d.) and then checked and revised by the researcher against the 

original Mandarin responses. Participant quotations are presented in English translation in the 

findings chapter, while the original Mandarin responses were retained in the research dataset for 

checking and interpretation. 

The researcher read through the responses several times and grouped comments according to 

their main meaning. For example, comments about pronunciation correction, answer development, 

confidence, repeated practice, feedback usefulness, workload, or requests for more practice time 

were grouped into separate categories. The number of comments in each category was then used 

to show how commonly each issue appeared across participants’ responses. These counts were 

used descriptively only; they were not treated as statistical results. 

Representative quotations were selected to illustrate each category and to show how participants 

described their learning experience in their own words. The qualitative analysis therefore combined 

simple category counts with participant comments. This made it possible to show not only what 
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patterns appeared in the open-ended responses, but also how participants explained the 

usefulness and limitations of each feedback condition. 

To support consistency in the qualitative categorisation, the researcher returned repeatedly to the 

original responses when reviewing category boundaries and retained the original Mandarin 

responses alongside the English translations for checking. Category groupings and counts were 

recorded in the working spreadsheet so that analytical decisions could be revisited during the 

analysis. The developing categories and interpretations were also discussed in supervision 

meetings, which provided an additional opportunity to question and refine the analysis. However, 

no formal member checking, independent second coding, or structured peer debriefing was 

conducted. 

3.6.3 Integration of Quantitative and Qualitative Findings 

The quantitative and qualitative findings were brought together at the interpretation stage, in line 

with the convergent mixed methods design (Creswell & Creswell, 2018). In this study, integration 

meant reading the IELTS score changes, Likert-scale responses, and open-ended comments 

together rather than treating them as three separate sets of results. This follows the view that 

mixed methods integration should help develop a more complete interpretation of the research 

problem, rather than simply placing quantitative and qualitative findings side by side (Fetters et al., 

2013). 

The integration focused on what each data source added to the interpretation. IELTS scores 

showed whether participants’ test performance changed after the programme. Likert-scale 

responses showed how participants rated different aspects of the programme, such as feedback 

usefulness, confidence, clarity, workload, and comfort in the online format. Open-ended comments 

were then used to explain these patterns in more detail by showing what participants found helpful 

or limited in each feedback condition. 

By combining these findings, the study was able to move beyond a simple comparison of score 

change. The integrated analysis helped identify how the AI-supported and teacher-led conditions 

appeared to support speaking practice, where participants’ experiences were similar, and where 

the two feedback modes seemed to offer different kinds of support. 

3.7 Researcher Role  

The overall study design was developed by the researcher in consultation with the supervisor, and 

the researcher delivered all teaching sessions across both conditions and both cohorts. 

The researcher’s professional background informed the design and delivery of the programme. 

The researcher had experience teaching English in both face-to-face and online settings, as well 

as direct experience with IELTS Speaking as both a teacher and a high-level test taker. This 

background supported the design of IELTS-style speaking tasks, the interpretation of feedback 
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quality, and the decision to keep the AI-supported condition teacher-mediated rather than fully 

independent. 

This dual role as both teacher and researcher required reflexive attention. The researcher was not 

an outside observer, but an active participant in the learning environment being studied. To reduce 

variation between conditions, the same lesson structure, task materials, session timing, and overall 

teaching procedures were used across both groups and both cohorts. Using the same teacher-

researcher across all sessions also helped keep instructional voice, pacing, and classroom 

management consistent. However, this did not mean that the two conditions were identical in every 

interaction. Small differences in explanation, emphasis, or classroom response may have 

occurred. 

The researcher’s direct involvement also provided practical insight into how the two formats 

operated from the teacher’s perspective. Delivering both conditions made it possible to observe 

how teacher feedback and AI-supported feedback differed in classroom management, feedback 

delivery, pacing, and the amount of teacher intervention required. This was relevant to the study’s 

interest in the feasibility of using AI-supported feedback in structured speaking practice. These 

observations were not treated as a separate data source. The researcher’s practitioner perspective 

is therefore used only as contextual background for interpreting the study, especially when 

discussing the classroom use of AI-supported feedback.  

3.8 Ethical Considerations 

Ethical approval for the study was granted by the Auckland University of Technology Ethics 

Committee (AUTEC Reference 25/429) on 5 February 2026. Several aspects of the study design 

were adjusted during the ethics review process to reduce possible risks to participants. 

One key ethical issue concerned the relationship between the researcher and potential 

participants. The original plan had allowed for the possibility of recruiting from the researcher’s 

current students, but this was changed because current students might have felt implicit pressure 

to participate or to remain in the study. Current students of the researcher were therefore excluded, 

and recruitment was limited to learners with no existing relationship with the researcher. 

Participant contact was also carefully managed. The researcher did not collect participants’ email 

addresses or social media contact details. Instead, the Qualtrics study link was posted publicly on 

WeChat and Xiaohongshu, and all scheduling information and session links were delivered 

through the Qualtrics flow after consent. The exit survey link was shared at the end of the final 

session through Tencent Meeting, with a reminder posted publicly on the same social media 

platforms. Participants who wanted access to the findings were informed that a summary would be 

made available through the supervisor’s website. 

The use of AI also required ethical consideration. The AI-supported sessions were conducted 

under active teacher supervision rather than leaving students to interact with the tool 
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independently. The researcher was present throughout all AI-supported sessions, guided students 

in how to use and interpret the AI output and corrected or clarified the feedback when necessary. 

This meant that participants were not expected to act on AI-generated feedback without teacher 

support. 

Participation was voluntary, and all participants completed the consent process before joining any 

sessions. Information about the study was provided through an online Participant Information 

Sheet and a digital consent form, both hosted in Qualtrics under the researcher’s AUT account. 

These materials were available in both English and Chinese to reduce the risk of language-related 

misunderstanding. Only participants who gave electronic consent were enrolled. Participants were 

informed that they could withdraw without giving a reason at any time before their data were de-

identified, and that they could skip any open-ended survey question they did not wish to answer. 

The study involved limited disclosure during participation. At the consent stage, participants were 

told that the programme included two practice conditions and that allocation would be random. 

After allocation, each participant was informed only of their own assigned condition; details about 

the activities or format of the other condition were not shared during the programme. This was 

intended to reduce expectancy effects related to between-group comparison. After the final session 

and completion of the exit survey, participants were debriefed about the purpose of the comparison 

and the two feedback approaches used in the study. 

Confidentiality was managed with the use of Study IDs. After consent, each participant was 

assigned a unique Study ID through Qualtrics, which was used to label all study data and link 

information across the different stages of the project. The analytic dataset used for results and 

reporting did not rely on real names, and identifiable records, such as consent records, were 

stored separately from the main research dataset. 

Because the study was delivered in small online groups through Tencent Meeting, confidentiality 

among participants was necessarily limited, as participants could see and hear one another during 

class. This limitation was explained in the Participant Information Sheet. To support privacy, 

participants were asked to use their Study ID in class activities, and no full names or IELTS scores 

were shared during the sessions. In the AI-supported condition, participants were also instructed 

not to enter unnecessary personal identifiers into the AI tool. 

Research data were collected through Qualtrics and stored on secure AUT systems. Access was 

limited to the researcher and the supervisor. All data were stored on AUT OneDrive/Teams, and 

consent forms were stored separately. Files will be retained for six years and then permanently 

deleted from AUT storage and Qualtrics. 

3.9 Chapter Summary 

This chapter has explained how the study was designed and conducted. The methodology was 

designed to compare AI-supported and teacher-led feedback within the same structured IELTS 
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Speaking programme while also examining participants’ experiences of the two feedback modes. A 

convergent mixed methods design was used so that IELTS score changes, Likert-scale responses, 

and open-ended comments could be interpreted together. The chapter also outlined the practical 

and ethical decisions made to support a small-scale online speaking programme, including random 

allocation, consistent lesson procedures, teacher mediation of AI feedback, participant 

confidentiality, and the researcher’s dual role as teacher and researcher. The next chapter 

presents the findings. 
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Chapter Four: Findings 

This chapter presents the findings of the four-week, two-cohort study comparing two forms of 

online IELTS speaking feedback: an AI-supported group (n = 13) and a teacher-led group (n = 11). 

It first describes the participant groups and their baseline IELTS scores, before reporting pre- to 

post-test changes in IELTS performance. The chapter then presents participants’ survey responses 

and open-ended comments, followed by an integration of the quantitative and qualitative findings.  

As outlined in the Methodology (see Chapter Three), the analysis focused mainly on non-

parametric statistics because of the small sample size and the ordinal nature of IELTS band 

scores. Wilcoxon signed-rank tests were used to examine pre- to post-test changes within each 

group, and Mann–Whitney U tests were used to compare gain scores between the two groups. 

Descriptive statistics, survey patterns, and qualitative themes are presented together to show how 

the two forms of speaking practice were experienced by participants. 

4.1 Participant Overview 

In total, 32 participants initially enrolled across the two cohorts. After attendance and data 

screening, 24 participants completed the four-week intervention and were included in the final 

analysis. As shown in Table 2, Cohort 1 included 11 valid participants, with 6 in the AI-supported 

group and 5 in the teacher-led group. Cohort 2 included 13 valid participants, with 7 in the AI-

supported group and 6 in the teacher-led group. Across both cohorts, the final sample therefore 

consisted of 13 participants in the AI-supported group and 11 participants in the teacher-led group. 

Table 2 

Cohort Composition and Size 

 Initially enrolled Final included AI-supported group Teacher-led group 

Cohort 1 16 11 6 5 

Cohort 2 16 13 7 6 

Total 32 24 13 11 

Note. Only those participants were included who attended the required sessions, completed the exit survey, and 

provided usable pre- and post-test data. 

All participants were Mandarin Chinese L1 speakers preparing for the IELTS exam. They all held a 

recent official IELTS result before the intervention and planned to retest within one month after the 

programme. Baseline IELTS scores were similar across the two groups, as shown in Table 3.  

Mann–Whitney U tests found no significant pre-test differences between the AI-supported and 

teacher-led groups for the Overall, Speaking, Listening, Reading, or Writing scores (all p > .25). 

The corresponding rank-biserial correlations ranged from r = .00 to r = .28, indicating generally 
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small baseline differences between the two groups. This baseline similarity reduces the likelihood 

that later group differences were due to pre-existing proficiency differences. 

Table 3 

Baseline IELTS Scores by Group 

IELTS 
score 

AI-supported group M (SD) Teacher-led group M (SD) U p r 

Overall 6.15 (0.72) 6.05 (0.61) 79.5 .655 .11 

Speaking 5.73 (0.81) 5.64 (0.67) 77.0 .767 .08 

Listening 6.46 (0.92) 6.05 (0.76) 91.5 .252 .28 

Reading 6.46 (1.14) 6.36 (0.95) 72.5 .976 .01 

Writing 5.77 (0.56) 5.77 (0.47) 71.5 1.000 .00 

 Note. p values were calculated from Mann–Whitney U tests comparing the two groups at pre-test (r = rank-biserial 

correlation, reported as an absolute value. M = mean; SD = standard deviation). No comparison reached statistical 

significance. 

4.2 IELTS Score Changes 

This section reports changes in IELTS scores from pre-test to post-test. The results are presented 

in four parts: descriptive patterns of change, within-group pre-to-post-test comparisons, between-

group comparisons on gain scores, and patterns across the individual IELTS skills. 

4.2.1 Descriptive Pattern of Change  

Table 4 summarises the median pre-test and post-test scores for each IELTS outcome together 

with the difference between the pre- and post-test medians for each group. Median scores are 

emphasised because IELTS band scores move in fixed 0.5 increments and are therefore better 

treated as ordinal data. 

Speaking was the main focus of the intervention. The AI-supported group’s median Speaking 

score increased from 6.00 to 6.50, while the teacher-led group’s median remained at 6.00. Overall 

median scores were unchanged in the AI-supported group and increased from 6.00 to 6.50 in the 

teacher-led group. The largest descriptive change was in Listening, where the AI-supported 

group’s median increased from 6.50 to 7.00 and the teacher-led group’s median increased from 

6.00 to 7.00. 
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Table 4 

Descriptive Summary of Pre- to Post-Test IELTS Score Changes 

IELTS 
score 

AI pre-
IELTS Mdn 

AI post-
IELTS Mdn 

AI difference in 
medians 

Teacher pre-
IELTS Mdn 

Teacher post-
IELTS Mdn 

Teacher 
difference in 

medians 

Overall 6.50 6.50 0.00 6.00 6.50 0.50 

Speaking 6.00 6.50 0.50 6.00 6.00 0.00 

Listening 6.50 7.00 0.50 6.00 7.00 1.00 

Reading 6.50 6.50 0.00 6.50 6.00 -0.50 

Writing 6.00 6.00 0.00 6.00 6.00 0.00 

Note. Difference in medians = post-test group median minus pre-test group median (Mdn = median). 

Figure 4 shows the individual pre- to post-test trajectories for IELTS Speaking. This figure is 

included because Speaking was the targeted skill in the intervention. The figure shows that most 

participants in both groups either improved or maintained their speaking score, with no clear visual 

evidence that one group improved more than the other. 

Figure 4  

Pre- and Post-Test IELTS Speaking Scores by Group 

 

Note. Each line represents one participant’s pre- to post-test speaking score. Higher scores indicate higher IELTS 

Speaking performance. 

4.2.2 Within-Group Comparisons 

Wilcoxon signed-rank tests were used to examine whether each group made statistically significant 

gains from pre-test to post-test. As the data presented in Table 5 suggest, significant gains were 

found in the AI-supported group for Speaking (W = 4.50, z = −2.13, p = .025, r = .80) and Overall 

band score (W = 0.00, z = −2.20, p = .020, r = 1.00). No significant changes were found for 
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Listening, Reading, or Writing. The Writing result showed a positive direction of change, but this 

did not reach statistical significance. The effect sizes for the significant Speaking and Overall gains 

were large. 

In the teacher-led group, significant gains were found for Speaking (W = 0.00, z = −2.20, p = .020, 

r = 1.00), Listening (W = 0.00, z = −2.37, p = .021, r = 1.00), and Overall band score (W = 0.00, z = 

−2.02, p = .037, r = 1.00). No significant changes were found for Reading or Writing. The effect 

sizes for the significant Speaking, Listening, and Overall gains were also large. 

The most important finding from the within-group tests is that both groups improved significantly in 

Speaking, the skill directly targeted by the intervention, with large effect sizes in both groups. The 

teacher-led group also showed a significant improvement in Listening with a large effect size. 

Table 5 

Within-Group Pre- to Post-Test Comparisons by Group 

IELTS score AI W AI z AI p AI r Teacher W Teacher z Teacher p Teacher r 

Overall 0.00 −2.20 .020* 1.00 0.00 −2.02 .037* 1.00 

Speaking 4.50 −2.13 .025* 0.80 0.00 −2.20 .020* 1.00 

Listening 13.00 −1.13 .276 0.42 0.00 −2.37 .021* 1.00 

Reading 16.50 −0.71 .501 0.27 30.00 0.26 .824 0.09 

Writing 7.50 −1.47 .143 0.58 3.50 −1.47 .129 0.67 

Note. Wilcoxon signed-rank tests were used to compare pre-test and post-test scores within each group (r = matched 

rank biserial correlation, reported as an absolute value). *p < .05. 

4.2.3 Between-Group Comparisons 

The next analysis examined whether one group improved more than the other. Gain scores were 

calculated by subtracting each participant’s pre-test score from their post-test score. A positive 

gain score therefore indicates improvement, a score of zero indicates no change, and a negative 

gain score indicates a lower post-test score. Mann–Whitney U tests were used to compare the 

gain scores of the AI-supported and teacher-led groups across Overall, Speaking, Listening, 

Reading, and Writing. The results are shown in Table 6 and visualised in Figure 5. 

None of the between-group comparisons reached statistical significance, indicating that no 

significant difference in gain scores was detected between the two conditions across the five 

IELTS outcomes. For Speaking, both groups had the same median gain of 0.50 (U = 77.0, p 

= .744, r = .08). The corresponding rank-biserial correlation was very small, indicating that the 

magnitude of the between-group difference in Speaking gain was minimal. Across the five IELTS 

outcomes, absolute rank-biserial correlations ranged from r = .01 to r = .28, indicating generally 

small between-group differences. 
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Figure 5 provides a visual summary of the gain score distributions. The boxplots show that IELTS 

Speaking gains were centred above zero in both groups, while Overall scores changed little. Some 

variation was visible in the other skills. For example, the teacher-led group had a higher median 

Listening gain than the AI-supported group, while the AI-supported group had a higher median 

Reading gain. However, these differences were not statistically significant and should therefore be 

interpreted with caution. 

In short, over the four-week intervention, both groups improved in IELTS Speaking, but the 

between-group analysis did not detect a significant difference in speaking gain between the AI-

supported and teacher-led groups, and the corresponding effect size was very small. 

Table 6 

Between-Group Comparisons on IELTS Gain Scores 

Variable AI median gain 
Teacher median 

gain 
U z p r 

Overall 0.00 0.00 72.0 +0.03 1.000 0.01 

Speaking 0.50 0.50 77.0 +0.32 .744 0.08 

Listening 0.00 0.50 51.5 −1.16 .245 0.28 

Reading 0.50 −0.50 87.0 +0.90 .366 0.22 

Writing 0.50 0.00 79.5 +0.46 .634 0.11 

Note. (Gain = post-test score minus pre-test score. r = rank-biserial correlation, reported as an absolute value) No 

comparison reached statistical significance. 

Figure 5 

IELTS Gain Scores by Skill and Group 

 

Note. Gain scores were calculated as post-intervention score minus pre-intervention score. Scores above zero indicate 

improvement, while scores below zero indicate a decrease. Boxes show the interquartile range, the horizontal line shows 

the median, and whiskers show the spread of scores. 
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4.2.4 Patterns Across Individual IELTS Skills 

Across the individual IELTS skills, the clearest pattern was found for Speaking. Both groups made 

significant Speaking gains, and the between-group comparison showed no significant difference in 

Speaking gain. This indicates that both AI-supported and teacher-led practice were associated with 

improvement in the skill directly targeted by the intervention. 

Listening showed a different pattern. The teacher-led group made a significant Listening gain, 

while the AI-supported group did not. Reading and Writing did not show significant change in either 

group, which is consistent with the focus of the intervention on speaking practice. 

4.3 Likert Survey Responses 

After the intervention, participants completed a nine-item Likert-scale survey about their 

experience of the speaking course. Responses were rated on a five-point scale from 1 (Strongly 

Disagree) to 5 (Strongly Agree). The items covered perceived improvement in Speaking, 

confidence, feedback usefulness, clarity about what to improve, the structure and pace of the 

sessions, comfort during practice, and willingness to recommend the programme. As Likert 

responses are ordinal, the results are reported using medians and the percentage of participants 

who selected Agree or Strongly Agree as an indication of overall agreement with each item. 

4.3.1 Agree and Strongly Agree Responses 

Table 7 presents the full Likert survey items and the abbreviated labels used in Figure 6. The items 

are listed in the same order as they appear in the figure. 

Table 7 

Likert Survey Items and Abbreviated Labels Used in Chapter 4.3 

Abbreviated label in Chapter 4.3 Full Likert survey item 

Recommend I would recommend this type of speaking practice to other IELTS learners. 

Comfortable I felt comfortable participating in the online sessions. 

Reasonable pace The pace and workload were reasonable for me. 

Well-structured The practice activities were well structured and easy to follow. 

Know what to improve After each session, I understood what I needed to improve. 

Feedback useful The feedback I received was useful for improving my speaking. 

Confidence I feel more confident speaking in IELTS-style tasks. 

Direct/specific 
I became more direct and specific when expressing opinions or making 
requests in English. 

Express clearly The sessions helped me express my ideas more clearly in English. 

Note. Participants responded to each item on a five-point Likert scale, from 1 = Strongly Disagree to 5 = Strongly Agree. 

Figure 6 uses abbreviated labels for readability. 

Overall, both groups responded positively to the intervention. As shown in Figure 6 and Table 8, 

the percentage of participants selecting Agree or Strongly Agree was high across most items in 



 39 

both groups. Because responses were generally positive, Figure 6 focuses on Agree and Strongly 

Agree percentages rather than showing the full response distribution. This provides a clearer visual 

comparison between the AI-supported and teacher-led groups. 

In the AI-supported group, the highest-rated item was “Express clearly”, with 100% of participants 

selecting Agree or Strongly Agree. This was followed by “Confidence”, “Feedback useful”, and 

“Reasonable pace”, each at 92%. In the teacher-led group, several items received 100% 

agreement, including “Express clearly”, “Direct/specific”, “Confidence”, “Feedback useful”, and 

“Comfortable”. 

Some differences were also visible. The AI-supported group gave higher ratings for “Reasonable 

pace” (92%) than the teacher-led group (73%). The teacher-led group gave higher ratings for 

“Direct/Specific”, “Feedback useful”, “Comfortable”, and “Recommend”. 

Figure 6 

Percentage of Participants Who Selected Agree or Strongly Agree by Category and Group 

 

Note. Percentages indicate the proportion of participants selecting 4 (Agree) or 5 (Strongly Agree) on each Likert item. 

Item labels are abbreviated for readability and are defined in Table 7. 

4.3.2 Item-Level Group Comparisons 

Mann–Whitney U tests were used to compare the AI-supported and teacher-led groups on each 

survey item. The results are shown in Table 8. Only one item showed a statistically significant 

group difference at the uncorrected .05 level, namely that the course was presented at a 

“Reasonable pace” (U = 101.5, p = .040, r = .42). The AI-supported group reported higher 

agreement on this item (92% Agree or Strongly Agree) than the teacher-led group (73%). The 

corresponding rank-biserial correlation indicated a medium-sized difference, suggesting that AI-

supported participants may have perceived the pace and workload as more manageable. 
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This result should be interpreted cautiously. Because nine item-level comparisons were conducted, 

a Holm-Bonferroni correction was applied to account for multiple testing. After correction, the 

difference noted for the “Reasonable pace” item no longer remained statistically significant. 

Therefore, despite the medium effect size, it is treated as a tentative pattern rather than a 

confirmed group difference. 

No statistically significant differences were found for the other eight items. Across the nine items, 

absolute rank-biserial correlations ranged from r = .00 to r = .42, with “Reasonable pace” showing 

the largest effect. Overall, the Likert responses suggest that participants in both groups reported 

similar experiences of the speaking practice and that these experiences were broadly positive. The 

possible difference in perceived pace is examined further in the open-ended responses in Section 

4.4. 

Table 8 

Likert Survey Responses by Group 

Item AI Mdn AI Agree% Teacher Mdn Teacher Agree% U p r 

Recommend 4 69% 4 82% 67.0 .805 .06 

Comfortable 4 85% 4 100% 66.0 .735 .08 

Reasonable pace 4 92% 4 73% 101.5 .040* .42 

Well-structured 4 85% 5 82% 54.0 .285 .24 

Know what to improve 4 85% 4 73% 79.5 .636 .11 

Feedback useful 4 92% 5 100% 52.0 .210 .27 

Confidence 5 92% 4 100% 80.0 .597 .12 

Direct/specific 4 85% 4 100% 71.5 1.000 .00 

Express clearly 5 100% 4 100% 83.0 .461 .16 

Note. Mdn = median rating. Agree% = percentage of participants selecting 4 (Agree) or 5 (Strongly Agree). p values are 

from Mann–Whitney U tests comparing the two groups. r = rank-biserial correlation, reported as an absolute value. p 

< .05 before correction for multiple comparisons; this result did not remain significant after Holm–Bonferroni correction. 

4.4 Open-Ended Responses 

The post-intervention survey also included three open-ended questions: (1) “What was the most 

helpful part of the study for your speaking?” (2) “What could be improved?”, and (3) “Any other 

comments?”. All participants responded in Mandarin Chinese, their first language. The responses 

were initially translated into English using Google Translate and then checked and revised by the 

researcher against the original Mandarin responses, which were retained for reference. All 24 
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participants answered the first question, 19 answered the second question, and 7 answered the 

third question. 

The responses were analysed using descriptive thematic categorisation informed by Braun and 

Clarke (2006), as described in Section 3.6.2. The analysis identified eight themes: four shared 

themes across both groups, two themes distinctive to the AI-supported group, and two themes 

distinctive to the teacher-led group. Table 9 summarises the themes and the number of participants 

whose responses contributed to each theme. This section describes these themes and illustrates 

them using quotes from the exit surveys. 

Table 9 

Themes Identified in the Open-Ended Responses 

Theme AI-supported group 
(n = 13) 

Teacher-led group 
(n = 11) 

Shared themes   

Growing confidence in speaking English 4 5 
Pronunciation correction as a valued component 2 4 
Wish for more practice time 6 6 
Movement toward more direct and detailed speaking 7 3 

AI-supported group distinctive themes   

AI as a novel and engaging classroom element 5 0 

Interest in self-directed and cross-skill AI use 3 0 

Teacher-led group distinctive themes   

Value of live human interaction and peer presence 0 3 

Concerns about class pace 0 2 

Note. Counts indicate the number of participants whose responses contributed to each theme. One participant could 

contribute to more than one theme. 

4.4.1 Shared Themes  

Four themes appeared across both groups. These shared themes show that several aspects of the 

speaking-practice experience were similar regardless of feedback source. 

Theme 1: Growing Confidence in Speaking English 

A widely shared experience across both groups was an increased sense of confidence in using 

English in spoken contexts. Participants in both conditions described this as the most helpful 

outcome of the intervention. 

The following quotes from the qualitative survey answers illustrate this sense of improvement. 

 

"I feel more confident when I speak English." 

(Participant S446409, AI group) 

"My mispronunciations were corrected, and I can now speak English with confidence." 

(Participant S263614, AI group) 
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"I feel more confident when speaking English." 

(Participant S138020, Teacher group) 

"My confidence in speaking English has improved, and I liked the classroom interaction." 

(Participant S100285, Teacher group) 

Theme 2: Pronunciation Correction as a Valued Component 

In both groups, several participants singled out pronunciation correction as one of the most useful 

elements of the practice. In the Teacher group, this was the most frequently named helpful feature; 

in the AI group, it was mentioned alongside requests for "stricter" correction. 

The following comments illustrate how participants described this improvement in their own words. 

"My mispronunciations were corrected, and I can now speak English with confidence." 

(Participant S263614, AI group) 
" More rigorous correction of mispronunciations." 

(Participant S752268, AI group) 
"After my pronunciation was corrected, it became more standard, and I am now able to 
express myself more confidently in English." 

(Participant S386722, Teacher group) 
"The pronunciation correction was very useful." 

(Participant S142076, Teacher group) 

Theme 3: Wish for More Practice Time 

When asked what could be improved, the most consistent response in both groups was a request 

for more practice time, higher class frequency, longer sessions, or one-on-one practice 

opportunities. This was the dominant suggestion across both conditions. 

This theme can be exemplified by the following excerpts from the participants’ feedback. 

"The frequency of classes is not high enough." 

(Participant S102629, AI group) 
"The frequency of lessons could be higher, and I would also like to see one-on-one 
lessons with more practice time." 

(Participant S446409, AI group) 
"There is not enough time for speaking practice; the lesson could be extended by one 
hour." 

(Participant S138020, Teacher group) 
"The current course time is limited. Extending it would give more time for teachers and 
students to communicate, which would make the learning more effective." 

(Participant S861319, Teacher group) 

 

Theme 4: Movement Toward More Direct, Detailed Speaking 

Participants in both groups described a shift in how they constructed their spoken responses: away 

from short, surface-level answers and toward more elaborated, more direct expressions. The two 
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groups expressed this shift in subtly different ways: AI participants more often described learning 

to "add details" or "expand answers"; Teacher participants more often described speaking "more 

directly" or moving away from templates. 

The following quotes represent a selection of responses that were coded into this theme. 

"My score improved. I learned how to give details and not just very short answers." 

(Participant S526258, AI group) 
"I have built the habit of saying more details when I speak English. I know how to expand 
my answers, and I no longer feel I have nothing to say." 

(Participant S667611, AI group) 
"This was the first time I learned the concept of low-context and high-context. When I 
speak English now, I know how to unfold my answers." 

(Participant S774516, AI group) 
"I can express myself more directly now." 

(Participant S393705, Teacher group) 
"It helped me learn how to express what I want to say more directly, rather than going 
around or blindly memorising templates, which had not been giving me good scores." 

(Participant S861319, Teacher group) 
"My pronunciation and fluency improved, and I express my meaning more directly than 
before." 

(Participant S539702, Teacher group) 

4.4.2 AI-Supported Group: Distinctive Themes  

Two themes appeared only in the AI-supported group. These themes relate to participants’ 

experience of AI as a classroom tool and their interest in using AI. 

Theme 5: AI as a Novel and Engaging Classroom Element 

A theme unique to the AI group was the perceived novelty and enjoyment of having AI integrated 

into the classroom. Several participants described the AI-supported sessions as more interesting 

or fresher than their previous experience of English classes, and one participant noted a shift in 

the teacher-student dynamic, framing the AI as something that made the relationship feel more 

collaborative rather than evaluative. 

The following quotes from the survey serve to illustrate this theme. 

"My speaking score improved a lot. My fluency improved this time, and I spoke with more 
detail. The addition of AI made the class very interesting — it felt like the teacher and we 
were no longer on opposite sides." 

(Participant S767150, AI group) 
"Using AI in class felt very novel. … It was my first time experiencing AI used in class, and 
I found it quite interesting." 

(Participant S667611, AI group) 

"I learned how to tell a story. The exercises in class were interesting, and having AI added 
made it feel a bit fresher than ordinary classes." 

(Participant S987525, AI group) 
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Theme 6: Interest in Self-Directed and Cross-Skill AI Use 

A second AI-distinctive theme reflected participants' curiosity about extending AI use beyond the 

classroom. Some asked for guidance on using AI for independent practice and raised questions 

about how to judge the reliability of AI-generated feedback. Others noted that skills they learned 

for speaking transferred to writing and asked whether AI could support other IELTS components. 

Representative quotes: 

"I hope the teacher can guide us on how to use AI to practise English independently, and 
how to judge whether the feedback AI gives is correct." 

(Participant S916145, AI group) 
"Apart from speaking, can other subjects also be improved with AI?" 

(Participant S916145, AI group) 
"I found that what I learned for speaking could also be used for writing. I am glad that my 
writing score also improved." 

(Participant S987525, AI group) 
"It would be even better if both the teacher's comments and the AI's comments could be 
obtained." 

(Participant S667611, AI group) 

4.4.3 Teacher-Led Group: Distinctive Themes 

Two themes appeared only in the teacher-led group. These themes relate to the value of human 

interaction and the pace of the sessions. 

Theme 7: Value of live human interaction and peer presence 

A theme unique to the Teacher group was the value placed on live human interaction—both with 

the teacher and with peers. Participants described peer presence as motivating and identified in-

class communication with the teacher as a key part of effective learning. This theme did not appear 

in the AI group's responses. 

The following quotes from the survey responses serve to illustrate this theme. 

"The classroom interaction was very good. Having other students there gave me the 
motivation to participate in the practice." 

(Participant S215099, Teacher group) 
"My confidence in speaking English has improved, and I liked the classroom interaction." 

(Participant S100285, Teacher group) 
"Extending the course time would increase the time for teacher–student communication 
and feedback, which would make the learning more effective." 

(Participant S861319, Teacher group) 

Theme 8: Concerns About Class Pace 

A small but consistent theme in the Teacher group was that the pace of the classes felt too fast. 

This theme echoes the Likert finding reported in Section 4.3.2, where Teacher participants gave 

lower ratings to "Reasonable pace" than AI participants. None of the AI participants raised pace as 
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a concern in the open responses, although one mentioned a desire for a slower one-on-one 

option. 

Only two participants commented on this issue. Their quotes are presented below: 

"[Improvement] The pace of the class could be a little slower." 

(Participant S481521, Teacher group) 
"[Improvement] The pace could be a little slower." 

(Participant S215099, Teacher group) 

The open-ended responses show both overlap and contrast between the two groups. Both groups 

reported increased confidence, valued pronunciation correction, wanted more practice time, and 

described movement toward more direct and detailed speaking. At the same time, AI-supported 

participants highlighted the novelty of AI and its possible use for independent learning, while 

teacher-led participants emphasised live interaction, peer presence, and concerns about pace. 

These qualitative patterns are integrated with the IELTS score results and Likert survey findings in 

the next section. 

4.5 Integration of Quantitative and Qualitative Findings 

This section brings together the three sources of data: IELTS score changes, Likert survey 

responses, and open-ended responses. The purpose is to show how the quantitative and 

qualitative findings relate to each other in addressing the research questions, with particular 

attention to how AI-supported and teacher-led feedback compare in supporting IELTS Speaking 

development and how learners experienced the two feedback modes. The analysis identified four 

main patterns, which are summarised in  

Table 10. 

Table 10 

Integrated Evidence Across IELTS Scores, Survey Responses, and Open-Ended Responses 

Integrated finding IELTS score evidence Likert survey evidence Open-ended response evidence 

Comparable IELTS 
Speaking gains 

Speaking Mdn gain: AI +0.50; 
Teacher +0.50. AI p = .025; 
Teacher p = .020; between-group 
n.s. 

Most items: n.s. 
between groups 

Both groups: confidence; clearer and 
more developed responses 

More direct and 
detailed speaking 

Speaking: significant gain in both 
groups 

High agreement: clearer 
expression; 
direct/specific English 

AI: expansion and details. 
Teacher: directness; fewer templates 

Possible pacing 
difference 

Not measured 
AI rated pace higher; 
not significant after 
correction 

Teacher: 2 requested slower pace. 
AI: 0 pace concerns 

Possible value of 
live interaction 

Listening: 
Teacher Mdn +0.50, p = .021; 
AI Mdn 0.00, p = .276 

Not measured 
Teacher: interaction; peer presence; 
real-time explanation 

Note. The table summarises how the main integrated findings were supported across the three data sources. AI = AI-

supported group; Teacher = teacher-led group; Mdn = median; n.s. = not significant. 
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The strongest point of convergence was that both the quantitative and qualitative findings pointed 

to improvement across the two conditions. The IELTS results showed gains in learners’ speaking 

scores in both the AI-supported and teacher-led groups, while the survey and open-ended 

responses indicated generally positive learner experiences, including increased confidence and 

clearer spoken expression. Together, these findings suggest that both conditions supported 

learners’ speaking practice during the four-week intervention. 

The second integrated finding concerns the nature of the speaking improvement. Both groups 

reported becoming clearer, more specific, and more detailed in their spoken responses. This was 

visible in the Likert survey, where both groups gave high ratings for expressing ideas more clearly 

and using more specific expressions. The open-ended responses added more detail. AI-supported 

participants often described learning to add details and expand their answers, while teacher-led 

participants more often described expressing meaning directly and moving away from memorised 

templates. These descriptions are closely related to the study’s focus on helping learners develop 

more explicit and sufficiently detailed spoken communication for IELTS. 

The third integrated finding concerns the different affordances of the two formats. The AI-supported 

group rated “Reasonable pace” more positively than the teacher-led group, although this difference 

did not remain significant after correction for multiple comparisons. The open-ended responses 

showed a similar pattern: two teacher-led participants asked for a slower pace, while no AI-

supported participant identified pace as a concern. This may point to a possible pacing difference 

between the two conditions, which is discussed in more detail in Chapter Five and Six. 

The teacher-led group also showed a distinctive pattern. It was the only group to make a 

significant Listening gain, and teacher-led participants described live classroom interaction as 

valuable. However, the between-group comparison of Listening gain scores was not statistically 

significant, so these findings do not establish a greater Listening benefit from teacher-led practice. 

This pattern may partly relate to incidental listening exposure through teacher instructions, follow-

up questions, and peer responses. However, outside IELTS preparation, test-day variation, 

individual differences, or chance variation within the small sample may also have contributed. This 

was not the primary target of the intervention, but it appears to be an important feature of the 

teacher-led experience. 

Overall, the integrated findings suggest that AI-supported and teacher-led practice were 

associated with broadly comparable IELTS Speaking development in this study. At the same time, 

the two formats offered different learning conditions. AI-supported participants perceived the pace 

as more manageable, while teacher-led participants valued live interaction and peer presence. 

These findings are discussed further in Chapter Five. 
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4.6 Chapter Summary 

This chapter presented the findings of a four-week mixed methods study comparing AI-supported 

and teacher-led IELTS speaking practice for Mandarin Chinese L1 learners. The results showed 

that both groups made significant gains in IELTS Speaking, with no significant between-group 

difference in Speaking gain scores. 

The survey and open-ended responses supported this pattern. Participants in both groups 

reported positive experiences, including greater confidence, clearer expression, and movement 

toward more direct and detailed speaking. These findings relate to the study’s focus on developing 

more explicit spoken communication. 

The two formats also showed different affordances. AI-supported practice appeared to offer a more 

manageable pace for some learners and encouraged interest in independent AI use. The teacher-

led group also showed a significant Listening gain. This pattern may partly relate to the live teacher 

input, peer responses, and additional listening exposure available in the teacher-led sessions. 

However, outside IELTS preparation, test-day variation, and individual differences may also have 

contributed to the result. 

The findings suggest that the participants’ IELTS Speaking scores of both groups improved after 

completing the course, with no significant difference detected between the two conditions. 

Learners’ survey and open-ended responses were generally positive in both groups, although the 

two feedback modes appeared to support speaking practice in different ways. The implications, 

limitations, and future directions are discussed in Chapter Five. 
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Chapter Five: Discussion 

This chapter discusses the findings in relation to the research questions and the literature 

reviewed in Chapter 2. It focuses on what the comparison between AI-supported and teacher-led 

IELTS speaking practice suggests, how the quantitative and qualitative findings relate to each 

other, and how the findings should be read within the limits of a small-scale study. 

The discussion is organised around six sections. Section 5.1 considers the speaking gains and the 

role of repeated practice, while Section 5.2 discusses the convergence between the score data, 

survey responses, and open-ended comments. The chapter then examines the divergence 

between the two feedback modes in Section 5.3, focusing on the different affordances of AI-

supported and teacher-led practice, followed by a consideration of the pedagogical implications in 

Section 5.4. The chapter closes with a discussion of the limitations of the current study and 

suggestions for future research in Section 5.5 and a summary in Section 5.6.  

5.1 Speaking Gains, Repetition, and Feedback Source 

The main quantitative finding was that both groups showed significant within-group gains in IELTS 

Speaking. Based on the pre-test and post-test data collected from the participants, the AI-

supported and teacher-led groups made similar median gains in Speaking. The between-group 

comparison did not detect a significant difference in speaking gain between the two groups. This 

suggests that both feedback modes were associated with speaking improvement in this small-

scale study. However, it does not necessarily show that the two feedback modes were equivalent 

or that one mode was better than the other. The absence of a significant between-group difference 

can be interpreted in several ways. The observed effect size for Speaking gain was small (r = .08), 

but the sample of 24 participants also limited the study’s statistical power to detect modest group 

differences. The four-week intervention may also have been too short for differences between 

feedback modes to translate into detectable increases in IELTS Speaking scores. In addition, the 

shared practice cycle and the teacher-guided nature of the AI-supported condition may have 

reduced the contrast between the two groups. The null result should therefore be interpreted 

cautiously and not as evidence that the two feedback modes were equivalent. 

Nevertheless, a median gain of 0.5 band in IELTS Speaking over the four-week intervention is still 

notable, given the demands of the test. To improve, learners need to work on several aspects of 

spoken performance at the same time, including idea organisation, vocabulary retrieval, 

grammatical control, pronunciation, and real-time fluency (Goh & Burns, 2012; Kormos, 2006). 

They also need to respond to the IELTS Speaking criteria, which assess fluency and coherence, 

lexical resource, grammatical range and accuracy, and pronunciation (IELTS, 2025a). A gain in 

Speaking score therefore suggests meaningful development in a complex performance skill, where 
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improvement requires learners to coordinate several aspects of spoken language at the same 

time. 

The shared practice cycle provides an important context for interpreting this result. Both groups 

practised IELTS-style speaking tasks, received feedback, revised their responses, and made 

second attempts. The teacher-led group received direct teacher feedback, while the AI-supported 

group received AI-generated feedback within a teacher-guided routine. In other words, even 

though the feedback source differed, both conditions gave learners opportunities to act on 

feedback. This may help explain why both groups improved. Thus, considering the Speaking gains 

made by both groups, the results suggest that feedback was useful when it was connected to 

repeated practice and revision.  

This explanation is consistent with research on feedback, noticing, interaction, and task repetition. 

Learners may benefit when feedback helps them notice a gap and when they have opportunities to 

modify their output and perform the task again (Bygate, 2001; Li & Vuono, 2019; Long, 1996; 

Lyster et al., 2013; Schmidt, 1990). In the present study, both groups had access to this cycle of 

production, feedback, revision, and repeated performance. The shared structure of the programme 

therefore needs to be considered alongside the two feedback sources. 

The AI-supported condition also needs to be defined carefully. Learners did not simply use the 

generative AI chatbot Doubao on their own. The teacher designed the programme, developed the 

AI feedback prompt, controlled the timing, and guided learners through the AI-supported sessions. 

The AI tool provided feedback, but the learning routine remained teacher guided. For this reason, 

the findings need to be understood as evidence about guided AI-supported speaking practice 

within a structured programme, rather than independent chatbot use. 

This aligns with recent research on generative AI in language learning. Kohnke et al. (2023) 

argued that ChatGPT and related tools can offer useful affordances for language teaching and 

learning, but they also require digital competence and careful use. Yang and Li (2024)’s review 

also showed that the value of generative AI depends on task design, learning objectives, and 

appropriate integration. The present study supports this view. AI appeared useful when it was 

embedded in a clear pedagogical routine, rather than treated as a stand-alone replacement for 

teacher feedback. 

This explanation helps position the present findings in relation to recent AI-supported speaking 

studies. Some studies have reported that AI-mediated or chatbot-based practice can support 

speaking performance, willingness to communicate, and speaker confidence as well as help 

alleviate anxiety (Du & Daniel, 2024; Fathi et al., 2024; Zhang et al., 2024). The present study 

partly supports these findings because the AI-supported group showed significant within-group 

gains in IELTS Speaking. However, since the between-group comparison did not show that the AI-

supported group improved significantly more than the teacher-led group, the findings suggest that 
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AI-supported speaking practice did not provide an advantage over teacher-led feedback in this 

small-scale study. 

5.2 Mixed Methods Convergence: Speaking Scores and Learner 

Development 

The quantitative and qualitative findings converged on the same broad pattern. Both groups made 

significant within-group gains in IELTS Speaking, and learners in both groups reported positive 

changes in their speaking experience. The survey and open-ended responses point to an increase 

in confidence, clearer expression, and more developed spoken responses. These qualitative 

findings help explain what the score gains meant from the learners’ perspective. 

Confidence was one of the clearest shared themes. Participants from both groups reported feeling 

more confident when speaking English after the programme. For example, one AI-supported 

participant wrote, “I feel more confident when I speak English” (Participant S446409), while a 

teacher-led participant similarly reported, “My confidence in speaking English has improved, and I 

liked the classroom interaction” (Participant S100285). These comments suggest that gains in 

confidence were not limited to one feedback mode. 

Another key aspect of learners’ speaking development is their ability and willingness to use that 

knowledge in real time. Research on willingness to communicate and speaking anxiety shows that 

confidence, classroom environment, anxiety, and perceived competence can affect whether 

learners participate in spoken English practice (Bai, 2023; Chen, 2024; Lin et al., 2025; Peng, 

2012). Although this study did not directly measure anxiety or willingness to communicate, the 

learner comments suggest that confidence was an important part of their reported speaking 

development. 

The programme structure may help explain this confidence gain. Learners knew that each 

speaking task would be followed by feedback and a second attempt. The practice routine was 

therefore predictable. Instead of giving one answer and moving on, learners had the chance to 

notice problems, revise their response, and try again. This process may have made IELTS-style 

speaking feel more manageable. The study did not directly measure anxiety, so no claim can be 

made about anxiety reduction. However, the confidence reported by both groups suggests that 

structured speaking practice helped learners feel more able to participate in IELTS-style speaking 

tasks. 

A second point of convergence was participants’ perception that their speaking had become 

clearer and more developed after the programme. When describing the gains they had 

experienced in the exit survey, AI-supported participants most frequently mentioned that they had 

learned to add details, expand their answers, and avoid very short responses. Participants from 

the teacher-led group more often commented that they had learned to speak more directly and 
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move away from memorised templates. Although the two groups emphasised different aspects of 

learning, these comments suggest a shared sense that their speaking had become clearer and 

better structured following the programme. More generally, the comments suggest that learners 

had developed a better awareness of how IELTS Speaking responses need to be presented and 

structured, and how they could improve their own responses. 

The participant comments make this shift more concrete. One AI-supported participant wrote, “I 

have built the habit of saying more details when I speak English. I know how to expand my 

answers, and I no longer feel I have nothing to say” (Participant S667611). In the teacher-led 

group, one participant explained that the programme helped them “express what I want to say 

more directly, rather than going around or blindly memorising templates” (Participant S861319). In 

this comment, speaking more directly appeared to mean expressing ideas more clearly, with less 

reliance on indirect wording or memorised answer templates. These comments show that even 

though the two groups did not describe improvement in exactly the same way, both moved toward 

clearer and more purposeful spoken responses. 

This point connects to the study’s use of the high-context and low-context framework. The 

framework informed the AI prompt design, especially the focus on helping learners make their 

ideas clearer, more direct, and more fully developed in line with IELTS Speaking requirements. In 

practice, this meant encouraging learners to move from short or implicit answers toward responses 

with clearer explanations, reasons, and examples. This focus is consistent with the IELTS 

Speaking criteria (IELTS, 2025a). 

A further shared theme was the wish for more practice time. Participants in both groups asked for 

more opportunities to speak, longer sessions, higher class frequency, or more one-on-one 

practice. One AI-supported participant suggested that “the frequency of lessons could be higher” 

and asked for “one-on-one lessons with more practice time” (Participant S446409). A teacher-led 

participant similarly commented that “there is not enough time for speaking practice” and 

suggested that the lesson could be extended (Participant S138020). These comments point to a 

central problem in speaking instruction: learners often need more supported speaking time than a 

short group course can provide. 

The desire for additional practice strengthens the pedagogical argument for AI-supported work. 

Teachers cannot provide unlimited individual speaking turns and detailed feedback in group 

settings. AI does not solve this problem completely, but it can extend opportunities for rehearsal 

and revision outside limited class time. Its value may therefore be strongest where the main 

bottleneck is the amount of individual practice available to learners. 

The survey results support these qualitative patterns. Both groups gave high ratings to their 

perceived ability to express ideas more clearly in English, confidence when speaking in IELTS-

style tasks, the usefulness of feedback, and the structure of the programme. Most item-level 

comparisons did not show significant between-group differences, so the survey data should not be 
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used to claim that one condition was clearly better. Instead, the item-level comparisons are more 

useful as evidence of a broadly positive learner experience across both conditions. 

Overall, the convergent findings show shared benefits rather than a single winning feedback mode. 

The quantitative results show that speaking scores changed, and the qualitative findings explain 

what learners felt they gained from the process. Together, the two strands suggest that structured 

IELTS speaking practice, feedback, and opportunities to revise responses were useful in both 

conditions. 

5.3 Mixed Methods Divergence: Different Affordances of AI and 

Teacher Feedback 

Alongside this convergence, the findings also showed divergence. Thus, while both formats were 

associated with positive speaking-practice outcomes, they appeared to offer different kinds of 

support. AI-supported practice was more closely associated with answer expansion, alternative 

expressions, novelty, repeated practice, and a more manageable pace. Teacher-led practice was 

more closely associated with pronunciation correction and real-time diagnosis. The contrast 

suggests that the two feedback modes should not be understood simply as better or worse 

versions of the same support. Instead, the data suggest that participants perceived different 

affordances in the two feedback modes. 

One of the clearest perceived affordances of AI-supported feedback was support for response 

development. In IELTS speaking practice, learners may have ideas but still need support with 

expanding their responses, choosing suitable wording, and expressing the same idea in different 

ways. AI can quickly generate several ways to express the same idea, which gives learners 

options for expanding and refining their responses. They can compare wording, choose 

expressions that fit their own level, and build a more usable expression bank. Participants 

appeared to find AI feedback useful for response development because it could quickly provide 

additional content, examples, and alternative wording in a single response. 

The open-ended comments from the AI-supported group support this interpretation. Learners 

described adding details, expanding answers, and learning how to say more. One participant 

wrote, “My score improved. I learned how to give details and not just very short answers” 

(Participant S526258). Another participant connected this directly to the study’s communication 

focus: “This was the first time I learned the concept of low-context and high-context. When I speak 

English now, I know how to unfold my answers” (Participant S774516). These comments suggest 

that participants perceived AI feedback as helpful in showing how a short answer could be 

developed into a fuller response. 

Rather than using this result to make a broad claim that AI improves speaking, it is more useful to 

link it to the specific affordances of generative AI. Previous literature has suggested that generative 
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AI can provide immediate responses, reformulations, explanations, and repeated opportunities for 

practice (Kohnke et al., 2023; Law, 2024). The present findings add a more specific classroom-

based observation: in this IELTS Speaking programme, AI feedback seemed especially useful for 

helping learners expand short responses and access alternative expressions. However, this does 

not mean that AI feedback was superior to teacher feedback overall. Its strength appeared to lie 

mainly in content development and wording support. 

One reason for this pattern is that AI is well suited to language-generation tasks such as 

reformulating, extending, and rephrasing learner responses. A short or vague spoken response 

can be turned into a fuller answer or expressed in several alternative ways. The learner can then 

compare these options and decide which expressions to use in their own speaking. Teacher 

feedback can also provide reformulations, but in a live group session it is difficult for one teacher to 

generate multiple individualised wording options for every learner. AI may therefore be particularly 

useful when learners need fast, repeated support with expression building. 

From a noticing perspective, AI-generated reformulations may have helped learners see the gap 

between a short or vague answer and a more developed IELTS-style response. The feedback 

would have also highlighted possible expansions on the topic. This point also connects back to the 

high-context and low-context framework by Hall (1976) discussed in Chapter 2. In this study, the 

framework informed the AI prompt design by encouraging feedback that made learners’ ideas 

more explicit and developed. For example, when a learner gave a short answer, AI feedback could 

show how the answer might be expanded by adding a reason, an example, or a clearer 

explanation. In this way, AI feedback helped learners see how an implicit or underdeveloped 

response could be turned into a fuller IELTS-style answer.  

The findings also suggest that the two feedback modes may have supported more explicit spoken 

communication in different ways. Participants in the AI-supported group often described learning to 

expand short answers, add details, and make their ideas more developed. Teacher-led participants 

more often referred to expressing meaning more directly and moving away from memorised 

templates. Viewed through the high-context and low-context framework, these patterns suggest 

that AI-supported feedback may have helped learners make implicit ideas more explicit through 

expansion and elaboration, while teacher-led feedback may have supported more direct 

expression through immediate clarification and live feedback. These interpretations should be 

treated cautiously, as the study did not directly measure changes in communication style. 

The teacher-led group identified a different pattern of strength. Teacher-led participants more often 

highlighted pronunciation correction, live explanation, and real-time identification of problems. In 

their exit surveys, one teacher-led participant noted that “the pronunciation correction was very 

useful” (Participant S142076), while another reported that after pronunciation correction, their 

speech became “more standard” and they were able to express themselves more confidently 

(Participant S386722). These comments point to a form of feedback that depends on live listening 
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and immediate human judgement. In a live speaking class, the teacher can notice whether a 

learner’s answer is unclear, whether a pronunciation issue affects understanding, or whether the 

learner is relying too heavily on memorised templates. The teacher can then adjust the feedback 

immediately. 

Overall, teacher feedback was more closely aligned with interactional feedback in real time. The 

teacher could interrupt, clarify, give pronunciation feedback, or respond to learners’ pausing and 

hesitation as they occurred. In this sense, both modes appeared to support noticing and answer 

revision, but they did so through different routes. IELTS Speaking is not only about what learners 

say, but also about how they say it. A teacher can respond to hesitation, pronunciation, intonation, 

rhythm, repair, and uncertainty as they occur. These features are difficult for a general-purpose 

chatbot to diagnose fully, especially when the tool is not designed as a specialised pronunciation or 

fluency assessment system. 

Another perceived benefit highlighted by participants was feeling less pressured or nervous when 

using the AI tool than when speaking directly to a teacher. Students found it intriguing to use new 

technology for their speaking development. One participant wrote that “the addition of AI made the 

class very interesting” and that it “felt like the teacher and we were no longer on opposite sides” 

(Participant S767150). The comment suggests that participants may have experienced feedback 

differently when AI was involved. Instead of receiving all correction directly from the teacher, 

learners worked with the teacher to interpret AI-generated feedback. Feedback may therefore have 

felt less judgemental and personal. 

The possible pacing difference should not be interpreted as a difference in actual lesson time. Both 

groups followed the same session length and practice cycle. Rather, it refers to learners’ perceived 

experience of the lesson pace. This point comes from the survey item on whether the pace of the 

lessons was reasonable, where the AI-supported group gave slightly more positive ratings, and 

from the open-ended comments, where some teacher-led participants requested more time or a 

slower pace. This suggests that the AI-supported format may have felt more manageable for some 

learners, although the study did not directly measure cognitive load, anxiety, or time perception. 

Research on human-chatbot interaction suggests that response time and interaction design can 

shape users’ perceived latency and overall experience (Abbas et al., 2021; Gnewuch et al., 2022). 

In this study, the written, structured format of AI-generated feedback may have allowed learners to 

reread suggestions while reviewing their responses. This may have influenced their perceptions of 

the lesson pace, although both groups practised publicly in the main meeting room. Although the 

study did not directly measure anxiety, cognitive load, or time perception, this may help explain 

why the AI-supported pace was experienced as more manageable. 

Teacher-led feedback in turn offered peer presence and interpersonal interaction. Some teacher-

led participants valued listening to others, speaking in front of classmates, and receiving feedback 

from a real teacher. One participant wrote, “The classroom interaction was very good. Having other 
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students there gave me the motivation to participate in the practice” (Participant S215099). The 

social dimension also matters because speaking development is not only an individual process. 

Learners need opportunities to speak to real listeners, respond to clarification, and manage the 

pressure of live communication. The teacher-led condition appeared to provide this interactional 

dimension more strongly. 

The divergence between the two feedback modes can therefore be understood as a difference in 

pedagogical function. AI-supported feedback was perceived as particularly useful for repeated 

support with expansion, wording, and alternative expressions. Teacher-led feedback was more 

often valued for pronunciation, fluency, live diagnosis, and interpersonal interaction. For IELTS 

Speaking preparation, both forms of support are useful. AI can help learners develop what they 

want to say, while teacher feedback can help them understand how their spoken performance is 

heard and evaluated in real time. 

The findings therefore support a complementary interpretation. AI-supported and teacher-led 

feedback did not simply differ in delivery format; they directed learners’ attention to different 

aspects of speaking. AI made expansion and alternative wording more available. Teacher feedback 

made pronunciation, fluency, and interactional problems more visible. From a feedback-processing 

perspective, this complementarity may reflect different ways of supporting noticing and revision. AI-

generated feedback may make lexical choices, answer development, and alternative formulations 

more visible through repeated written reformulation, while teacher feedback may draw attention 

more immediately to pronunciation, fluency, and interactional problems as they occur in live 

speech. Both modes may therefore support noticing and subsequent revision, but through 

somewhat different feedback-processing routes. This suggests that AI feedback may be most 

useful when it is used to extend teacher-led instruction, rather than as a replacement for teacher 

judgement. 

5.4 Pedagogical Implications 

The findings suggest that guided AI-supported practice may be useful as a complement to teacher-

led IELTS Speaking instruction. The strongest implication is not that AI should replace teachers. 

Instead, AI may extend the amount and type of practice available to learners. In this study, its 

clearest value was in answer expansion, alternative expressions, repeated practice, and post-

feedback revision. These are areas where learners often need frequent individualised support, but 

where teacher time is limited. 

The implication is especially relevant for EFL speaking contexts, where learners may have limited 

opportunities to use English in everyday life outside the classroom. In group classes, teachers 

cannot listen to every learner repeatedly, provide detailed feedback on every response, and allow 

each learner to practise again as often as needed. AI can help address this practical constraint by 

giving learners additional opportunities to rehearse, revise, and consolidate speaking responses 
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outside the limited class time. Used carefully, it may help learners prepare more developed 

answers before class and continue practising after class. 

Because the AI-supported condition in this study was guided and teacher-informed, the 

pedagogical implications should be understood in relation to structured AI-supported practice 

rather than independent AI use. In other words, the findings suggest the value of AI when it is used 

within a clear learning routine, with teacher support for task design, prompt use, and feedback 

interpretation. The introduction of AI supported practice would require teachers to show learners 

how to write useful prompts, judge feedback accuracy, select appropriate expressions, and adapt 

AI suggestions into their own voice. Learners would also need to understand the limits of AI 

feedback, especially for pronunciation, fluency, and live communicative performance. It would be 

important for teachers to emphasise to learners that AI should only be used as a practice tool and 

that not every AI suggestion should be accepted as correct. 

These complementary affordances suggest a reason to explore hybrid models. Although the 

present study did not test a hybrid condition, future research could examine a teacher-informed 

model that combines AI-supported rehearsal and response development with teacher feedback on 

pronunciation, fluency, interaction, and judgement. 

One possible classroom model could use AI before, during, and after class. Before class, learners 

could use AI for rehearsal and idea development. They could practise a response, ask AI for 

alternative wording, and bring revised answers to class. During class, teachers could focus on 

areas where human feedback is especially important, such as pronunciation, fluency, coherence, 

exam relevance, and real-time clarification. After class, learners could use AI again to consolidate 

expressions and practise similar questions at their own pace. This would help address the problem 

of limited teacher time, because learners could continue speaking practice outside class without 

waiting for individual teacher feedback. 

AI could also support teachers’ post-class feedback work. For example, teachers could use AI to 

organise lesson notes, summarise common problems, and prepare short individual feedback 

reports for learners. These reports could remind learners of their main issues, useful expressions, 

and suggested practice tasks after class. This may reduce the need for learners to take detailed 

notes during the lesson and allow them to focus more on listening, speaking, and participating in 

the class. In this model, AI would be used to support repetition, language expansion, and post-

class consolidation, while the teacher remains responsible for judgement, correction, interaction, 

and feedback quality. 

AI should also be positioned carefully in relation to assessment. Doubao was used as a feedback 

and practice tool in this study, not as a validated IELTS scoring system. Learners may benefit from 

AI suggestions on content and wording, but they still need teachers or trained assessors to help 

them understand IELTS performance standards. AI can support preparation, but it should not be 

treated as an official substitute for IELTS assessment or expert teacher judgement. 
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More broadly, these findings contribute to ongoing discussions about the role of AI in technology-

enhanced education. Rather than reducing the importance of teachers, the results suggest a 

possible shift in the teacher’s role towards designing learning tasks, guiding the use of AI, 

evaluating feedback quality, and providing forms of support that automated systems may not 

provide reliably. This may be particularly relevant in high-stakes test preparation, where learners 

need frequent practice but also require expert judgement about performance standards. In this 

context, AI may extend access to practice and feedback, while human expertise remains important 

for interpreting performance and maintaining feedback quality. 

Overall, the pedagogical implication is that AI-supported practice is most useful when it is 

structured, guided, and connected to clear learning goals. AI can increase opportunities for 

rehearsal and response development, while teachers remain central to feedback quality, 

pronunciation support, interaction, and critical evaluation. This suggests that AI-supported practice 

may be most useful as an extension of teacher-led speaking instruction, rather than as a separate 

or unguided form of practice. 

5.5 Limitations and Future Research 

The main limitation of this study was the small sample size. The final sample included 24 

participants, with 13 in the AI-supported group and 11 in the teacher-led group. This limited the 

statistical power of the between-group comparisons and means that the quantitative findings 

should be treated as indicative rather than conclusive. While the study suggests clear trends in 

terms of how AI-supported feedback compares to teacher-led feedback in the context of an IELTS 

speaking course, a larger scale study is needed to confirm these findings. 

Participant attrition also limits the interpretation of the findings. Of the 32 participants initially 

enrolled, 24 met the attendance and data requirements for inclusion in the final analysis. The 

findings therefore reflect participants who met these requirements and may not represent the 

experiences or outcomes of all those initially enrolled. Excluding participants after random 

allocation may also have introduced selection bias. 

The programme was also relatively short. It lasted four weeks and included eight sessions. This 

was sufficient for examining short-term score changes and learner perceptions, but it cannot show 

how speaking development might unfold over a longer period of instruction. A longer course would 

make it possible to examine whether learners continued to develop with more sustained practice. 

Future studies could also include a follow-up survey or delayed speaking measure to explore 

whether learners’ reported confidence, response development, and speaking performance were 

maintained after the programme ended. 

The use of official IELTS scores also had limitations. Official IELTS results provided a validated 

and consistent outcome measure because they reflected participants’ real test performance. 

However, IELTS band scores are broad and move in 0.5 increments, so small changes in speaking 
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performance may not be fully captured. IELTS Speaking is also assessed through four criteria: 

fluency and coherence, lexical resource, grammatical range and accuracy, and pronunciation. In 

this study, participants’ available results showed only the final speaking band score, so the 

analysis could not identify which specific criterion had improved most. Although the Speaking 

scores were produced within the official IELTS examiner quality-assurance system, the present 

study did not include an additional independent second rating or study-specific inter-rater reliability 

check. This was because the researcher did not have access to recordings of participants’ official 

IELTS Speaking tests for independent rescoring. Score changes may also have been affected by 

topics, test-day conditions, and independent preparation outside the programme. For these 

reasons, the IELTS score data was interpreted together with the survey and open-ended findings. 

One unexpected pattern was the teacher-led group’s significant Listening gain. This result should 

be interpreted with particular care because Listening was not directly targeted by the intervention. 

It may reflect live teacher input, peer responses, outside IELTS preparation, test-score fluctuation, 

individual differences, or chance variation within the small sample. For this reason, it is treated as 

a secondary pattern rather than as evidence that the intervention improved receptive skills. The 

possible relationship between Speaking course mode and Listening performance could be 

explored in future research. 

A further limitation is that participants’ independent use of Doubao outside the scheduled sessions 

was not monitored. Although such use was not part of the intervention, learners in the AI-supported 

group may have accessed additional AI feedback between sessions, which could have influenced 

their outcomes. In this study, learners used Doubao within a teacher-designed lesson structure and 

with an IELTS Speaking prompt. Independent learners may use AI in different ways, rely too 

heavily on AI-generated expressions, or accept feedback without judging whether it is accurate or 

appropriate. Further research is needed to better understand how guided AI-supported practice 

and independent AI self-study affect speaking development. 

Furthermore, the findings are only applicable to one specific AI platform. During the tool selection 

and prompt design stages, Doubao was found to be capable of giving detailed feedback that was 

suitable for the tasks required in this study. It could respond to IELTS-style Speaking answers, 

comment on content and wording, and provide suggestions for expansion and alternative 

expressions. However, in this sense, Doubao was used deliberately as a general-purpose 

generative AI chatbot, not as a specialised pronunciation or fluency assessment tool. This means 

that it could not fully diagnose features such as pronunciation accuracy, hesitation, intonation, 

rhythm, or tone in the same way that a teacher could respond to live spoken performance. Other AI 

systems, especially tools designed specifically for speaking assessment or pronunciation training, 

may produce different results. 

The absence of audio recordings also limited the analysis of spoken performance. The study 

analysed official IELTS scores, survey responses, and learners’ open-ended comments, but it did 
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not directly analyse changes in pronunciation, pausing and hesitation, fluency, intonation, 

interaction, response organisation, or learners’ uptake of feedback. This does not weaken the 

value of the existing findings, but it does mean that the study could not show exactly which spoken 

features changed during the programme. Future studies could include audio or video data to 

examine speaking development in more detail and to compare AI-generated feedback with teacher 

feedback at a finer linguistic level. 

The survey findings also relied on learner self-report and should therefore be interpreted as 

participants’ perceptions of their experience. Because the researcher was also the teacher during 

the programme, some participants may have felt more inclined to respond positively. Cultural 

expectations around politeness and respect for teachers may also have made some participants 

less comfortable expressing strong criticism. These influences cannot be confirmed from the 

available data, but they may have affected both the Likert-scale ratings and the open-ended 

comments. 

The researcher’s dual role should also be acknowledged. The researcher designed the AI prompt 

and delivered the teacher-led sessions. This helped maintain consistency across the programme, 

but it also means that the researcher’s pedagogical decisions shaped both conditions. Participants’ 

responses and classroom behaviour may also have been influenced by their awareness of the 

researcher’s role. A larger research team in future studies could help reduce this limitation by 

separating the roles related to teaching, feedback delivery, data collection, and data analysis. 

Taken together, these limitations mean that the findings should be interpreted cautiously. The 

observed patterns cannot be attributed solely to the feedback mode, as other features of the 

programme and participants’ wider IELTS preparation may also have influenced the outcomes. 

These limitations point to several directions for future research. Larger samples would provide 

stronger statistical power and help reduce the influence of individual differences. A larger research 

team and a larger number of learners would also make it easier to examine whether the patterns 

found in this study hold across different classes, teachers, and learner profiles. Longer intervention 

periods would make it possible to examine whether learners show greater speaking development 

over a longer period of practice and whether clearer patterns emerge across the two feedback 

conditions. 

Future research could also test hybrid models directly. The present findings suggest that AI-

supported and teacher-led feedback may offer complementary strengths, but this was inferred from 

two separate conditions. A future study could compare teacher-led practice, AI-supported practice, 

and a hybrid model in which AI is used for rehearsal, expression-building, and post-class 

consolidation, while teachers focus on pronunciation, fluency, interaction, and exam-relevant 

judgement. This would make it possible to examine whether combining AI and teacher feedback 

produces stronger outcomes than using either feedback mode alone. 
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Finally, future studies could examine different learner groups, proficiency levels, AI tools, and task 

types. The present study focused on L1 Mandarin learners preparing for IELTS Speaking and used 

Doubao within a structured online programme. Other learner populations and other AI systems 

may produce different patterns. Further research is needed before broader claims can be made 

about the role of AI feedback in EFL speaking instruction. 

5.6 Chapter Summary 

This chapter discussed the findings in relation to the research questions and the literature 

reviewed in Chapter 2. The main quantitative finding was that both groups showed significant 

within-group gains in IELTS Speaking, while no significant between-group difference in speaking 

gain was detected. This suggests that both AI-supported and teacher-led practice were associated 

with speaking improvement in this small-scale study, although the findings should be interpreted 

carefully because of the sample size and study design. 

The mixed methods findings showed both convergence and divergence. The convergence was 

that learners in both groups reported greater confidence, clearer expression, more developed 

responses, and a desire for more speaking practice. These findings suggest that participants 

experienced the structured practice, feedback, and opportunities for revision positively across both 

conditions. 

The divergence was that the two feedback modes appeared to support different aspects of 

speaking development. Participants perceived AI-supported feedback as particularly useful for 

answer expansion, alternative expressions, repeated practice, and a more manageable feedback 

experience, while teacher-led participants particularly valued pronunciation correction, live 

explanation, peer interaction, and real-time diagnosis of spoken performance. These differences 

suggest that AI feedback and teacher feedback cannot be considered interchangeable. Instead, 

they seem to offer complementary forms of support. 

The chapter supports a cautious complementary interpretation. Guided AI-supported practice may 

extend opportunities for IELTS Speaking rehearsal and response development, especially when 

teacher time is limited. However, teacher guidance remains important for feedback quality, 

pronunciation, fluency, interaction, and the critical evaluation of AI-generated suggestions. The 

next chapter reflects on the research process, the researcher’s role, and the learning gained from 

conducting this study. 
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Chapter Six: Reflections on the Use of AI for 

Language Learning and Research 

This chapter reflects on my use of artificial intelligence (AI) throughout the whole research project. 

Unlike the previous chapters, which focused on the study itself, this chapter considers my position 

as a teacher, researcher, and AI user. It reflects on how AI shaped both the project itself and the 

wider research process. 

A central feature of this project is that AI was both the object of research and a tool that supported 

this research. Thus, the study examined how AI-supported IELTS speaking practice compared with 

teacher-led practice and used AI to support the research work itself. Specifically, I used AI to 

support literature searching, the initial screening of journal articles, summarising abstracts and 

methods, brainstorming, receiving feedback on my academic writing, and organising the project. I 

also used it to learn unfamiliar research tasks, such as organising data files, choosing suitable 

descriptive statistics, and understanding how to report statistical results. The use of AI in these two 

capacities gave me an opportunity to reflect on how AI can be used more generally in learning and 

teaching environments. 

The chapter is organised into three main parts. First, I reflect on my use of AI as a teacher, 

including the motivation for the study, the design of the AI-supported speaking practice, and my 

observations of participants’ interaction with AI. Second, I reflect on my use of AI as a researcher, 

focusing on how AI supported my reading, thinking, writing, and project management, as well as 

the risks I encountered. Finally, I identify practical takeaways for language learners, teachers, 

researchers, and AI prompt design. 

The purpose of this chapter is not to present AI as a perfect solution for language learning or 

research. Instead, it shows how AI can be useful when it is used critically, transparently, and within 

clearly guided educational and research processes. The central reflection is that AI’s value in this 

project came from the researcher’s teaching experience, research responsibility, and ongoing 

critical reflection. 

6.1 My Use of AI as a Teacher 

The use of AI in language teaching depends on how it is designed, guided, and used in practice. 

This section reflects on my position as a teacher-researcher, the design of the AI-supported 

speaking practice, participants’ interactions with AI, and what I learned from the teaching 

experience. 



 62 

6.1.1 Positioning Myself as a Teacher-Researcher 

This study emerged from my dual position as an IELTS speaking teacher and a researcher with a 

long-standing interest in AI technologies. My interest in this topic was shaped by both my teaching 

experience and my personal experience of using AI tools over several years. As someone who has 

used AI regularly, I have observed how quickly the technology has developed. In some cases, the 

quality of AI responses seemed to improve within months. This made me wonder how AI could be 

used in language learning, especially in speaking practice. 

My own experience of learning English also influenced the direction of this study. When I was 

learning English as a child, learners had far fewer digital resources. Opportunities for speaking 

practice were usually limited to what the classroom could provide. Whether speaking was practised 

efficiently depended on the teacher’s lesson design and on classmates’ willingness to participate. 

Outside class, more regular individual speaking practice was often only available through private 

tutoring, which could be expensive. Feedback on speaking was also limited and often delayed. In 

contrast, current learners have access to a much wider range of digital tools for language learning, 

including AI chatbots, voice interaction tools, translation tools, online courses, and automated 

feedback systems. These tools are not limited to speaking practice, but they create new 

possibilities for practising and receiving language support outside the classroom. This creates new 

opportunities for independent learning, especially for students who may not be able to afford 

expensive English classes or who have limited access to educational resources. 

At the same time, I was aware that access to AI does not automatically lead to effective learning. 

Learners may use AI passively, ask vague questions, accept inaccurate feedback, or rely too 

heavily on AI-generated answers. From a teaching perspective, this raised an important question 

for me: how can teachers guide learners to use AI in a more purposeful and critical way, rather 

than simply allowing unrestricted or uncritical use? 

Before starting this study, I had discussed the possibility of using AI in IELTS Speaking classes 

with my previous teaching institution. However, there was some hesitation. One concern was that 

fee-paying students and parents might see AI as less valuable than teacher-led instruction. This 

response reflected a wider uncertainty around AI in education. While AI has the potential to save 

time and reduce costs, many teachers are worried AI may be used to replace them, and as a 

result, do not take full advantage of what AI has to offer. 

This hesitance and mistrust of AI motivated me to conduct the project outside my regular teaching 

role. I wanted to move beyond assumptions about AI and examine its use in a structured way. The 

study allowed me to design an AI-supported speaking practice model, compare it with teacher-led 

practice, and reflect on what AI can and cannot do in an IELTS Speaking learning context without 

being restricted by the goals and regulations of a teaching business. 
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6.1.2 Designing AI-Supported IELTS Speaking Practice 

The AI-supported practice was designed as a structured learning activity rather than free AI use. In 

other words, learners were not simply told to use AI for speaking practice. The intervention focused 

on IELTS Speaking Part 2, and the AI-supported group followed the same general practice 

structure as the teacher-led group. The main difference was the source of feedback. 

My prompt design was informed by my teaching experience and by insights gained from 

completing introductory AI and prompting training modules, including DeepLearningAI’s AI for 

Everyone and Google Prompting Essentials (Google Career Certificates, 2024; Ng, 2019). They 

helped me understand that useful AI output depends on the clarity of goals, context, and 

constraints contained in the prompt and that prompts require iterative refinement. I tested early 

prompt versions using researcher-created sample IELTS Speaking Part 2 answers based on 

common learner difficulties I had observed in my teaching, rather than using participant data. I 

then revised the prompt when the AI feedback was too general, too long, too formal, or not clearly 

linked to IELTS Speaking criteria. Figure 7 summarises the stages through which the AI feedback 

prompt was developed. 

Figure 7  

Prompt Development Process 

As shown in Figure 7, the prompt developed gradually. The first version was simple: I gave AI an 

IELTS Speaking Part 2 cue card, provided a learner’s answer, and asked for feedback. That broad 

instruction often produced general comments. The feedback was correct, but it was too broad and 

did not always show learners exactly what to improve or how to improve it. It also did not fully 

match the targeted feedback I, as a teacher, would give in an IELTS speaking class. 

I then modified the prompt to specify the role and tone of the feedback. The new prompt asked AI 

to act as a supportive IELTS speaking coach, which positioned it as a feedback provider rather 

than a general chatbot. The prompt specified the use of a supportive tone as students may 

otherwise feel personally criticised by the feedback, because research has shown that speaking 

feedback in particular can feel like a personal criticism (Ergül, 2021). Therefore, feedback needs to 

help learners notice problems without making the practice feel discouraging. 

The next design decision was to align the feedback with IELTS Speaking criteria. The feedback 

needed to connect with fluency and coherence, lexical resource, grammatical range and accuracy, 

and pronunciation. At the same time, I did not want the AI to act as an official examiner. Therefore, 
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the final prompt did not ask for an overall band score. I wanted learners to focus on constructive 

feedback and improvement rather than focus on their score. 

Answer expansion became another key focus. In my teaching experience, many Chinese EFL 

learners need support not only with language accuracy, but also with developing ideas. IELTS 

Speaking Part 2 requires candidates to speak for an extended period and make their ideas explicit 

to an examiner who does not share their personal context. The prompt, therefore, was adjusted to 

encourage examples, explanations, details, and follow-up thinking. This design choice was later 

reflected in the findings, where participants in the AI-supported group particularly valued answer 

expansion, alternative expressions, and support for developing more detailed responses. 

I also limited the amount of feedback. The final prompt asked for two strengths, two grammar-

focused issues, two targeted fixes, and two follow-up questions. The limit reflected normal teaching 

practice. In a speaking lesson, a teacher usually prioritises the most important issues because 

learners can only absorb a limited amount of feedback at one time (Shute, 2008). Focused 

feedback is more useful than a long list of corrections. 

One important instruction was to quote the learner’s exact words. Without exact quotes, AI 

feedback can become vague. It may say “improve your grammar” or “add more detail” without 

showing where the problem appears. Exact phrases made the feedback more concrete and 

evidence based. Learners could see what they had said, why it worked or did not work, and how it 

could be improved. 

The prompt also required natural spoken English. In early testing, AI sometimes gave rewrites that 

sounded too formal or academic. That style was not suitable for IELTS Speaking, where topics are 

usually everyday topics such as people, places, hobbies, memories, and experiences. The final 

prompt therefore asked AI to keep the language spoken, natural, and not essay-like. 

Follow-up questions were included to support answer expansion. They were not only questions for 

learners to answer immediately. They also helped learners see other directions in which an answer 

could develop, such as reasons, examples, comparisons, feelings, or personal details. That 

feature directly addressed a problem I often saw in class: students did not always know what else 

to say. 

The instruction “wait for my reply” was also included to keep the interaction active. Without this 

instruction, AI might provide feedback and then immediately generate a fully revised answer. By 

asking AI to wait, the learner was given time to develop the answer. This helped create a coaching 

cycle in which AI supported revision. 

As described in the methodology chapter, the prompt was reviewed with input from two 

experienced EFL teachers. I shared AI feedback examples with them and asked what was useful, 

what was missing, and what needed to be clearer or more concise. Their comments informed later 

revisions. The process showed that prompt design was not only a technical skill. In this project, 
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prompt design became a form of pedagogical design. Figure 8 summarises the iterative cycle of 

testing the prompt, reviewing the AI output, obtaining feedback from experienced teachers, and 

revising the instructions. 

Figure 8 

AI Prompt Revision Cycle 

Table 11 summarises the main features of the final AI feedback prompt and the pedagogical 

purpose of each feature. 

Table 11 

Anatomy of the Final AI Feedback Prompt 

Prompt feature Why it was added Pedagogical purpose 

IELTS speaking coach persona To give AI a clear role Positions AI as a feedback provider 

Supportive tone To reduce pressure Keeps feedback constructive 

IELTS Speaking criteria To connect feedback with the task 
Keeps feedback relevant to IELTS 
Speaking 

No overall band score To avoid repeated score anxiety 
Focuses learners on improvement 
rather than judgement 

Exact quotes from learner answer 
To make feedback evidence-based and 
specific 

Shows learners where the issue 
appears 

Limited feedback quantity To avoid overwhelming learners 
Makes feedback highlight main 
issues only 

Grammar-focused issues To provide targeted correction Makes feedback more actionable 

Spoken rewrites To avoid essay-like language 
Keeps the language suitable for 
speaking 

Follow-up questions To support answer expansion 
Gives learners clear directions for 
development 

“Wait for my reply” To continue interaction Creates a coaching cycle 

The prompt was embedded in a practice cycle. As illustrated in Figure 9, learners received a Part 2 

cue card, prepared for one minute, gave a spoken answer, received AI feedback, reviewed the 

feedback, and then re-spoke or revised the answer. The cycle encouraged learners to use 

feedback immediately. It also ensured that both AI-supported and teacher-led conditions were 

comparable, as both groups followed the same cycle and used the same materials in the same 

order. 
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Figure 9 

AI-Supported IELTS Speaking Part 2 Practice Cycle 

 

The design of the AI-supported practice cycle reinforced an important point: AI generated the 

feedback, but the learning process was still shaped by teacher judgement. The value of the tool 

depended on how it was placed inside a structured learning activity. 

6.1.3 Observing Participants’ Interaction with AI 

During the intervention, I observed several patterns in how participants interacted with AI. Some 

participants in the AI-supported group appeared curious and engaged, and AI seemed novel to 

them. The use of AI may also have changed how some learners experienced the feedback 

process, making it feel less directly evaluative than receiving all feedback from the teacher. 

Some participants also asked whether they could continue using the prompt after the study. This 

refers to the final researcher-designed prompt described in the methodology chapter, which was 

used to structure feedback in the AI-supported practice sessions. Their interest suggested that 

they saw the prompt as useful beyond the research sessions. From a teaching perspective, this 

would be a useful strategy as the use of AI-supported practice may extend learning beyond class 

time if students are given a clear structure. 

One of the strongest advantages of AI was the chat history. In traditional face-to-face speaking 

classes, much feedback is given orally and does not leave a lasting record. The same issue 

appeared in the teacher-led online sessions in this study. Feedback was mainly given orally in real 

time, supported by brief notes I made while listening to students’ answers. However, because the 

sessions were not recorded or transcribed, the oral feedback was not captured in a complete 

written record. I could note the main ideas, useful phrases, errors, and points for improvement, but 

I could not record every word while also listening, diagnosing, and preparing feedback. 
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AI was stronger in this area because it preserved the full interaction. When developing the AI 

prompt, I initially focused mainly on whether the feedback was accurate, useful, and relevant to 

IELTS Speaking criteria. During the AI-supported sessions, however, I realised that the chat 

history itself was also valuable because it gave learners a written record they could review after 

class. The learner’s answer, AI feedback, suggested rewrites, and follow-up questions remained 

visible in the chat history, as shown in Figure 10. Each learner could keep a written record of the AI 

interaction involving their own answer and review it after class. This turned speaking practice from 

an in-the-moment activity into a more tangible learning process. 

Figure 10 shows an anonymised example of how learner output and AI feedback remained visible 

in the interaction history. 

Figure 10 

Anonymised AI Interaction Record 

 

                                                                     

Note. Anonymised screenshot of an interaction with Doubao during an AI-supported speaking session. All identifying 

information has been removed. 

I also noticed a difference in attention patterns between the two groups. In the teacher-led group, 

when I gave personalised feedback to one student, other students did not always appear equally 

engaged. The feedback was directed at that learner’s specific answer, so other students may have 

felt it was less relevant to them. 

In the AI-supported group, students seemed more likely to pay attention when AI feedback was 

shown. Several factors may have contributed to this. AI felt new and interesting. The feedback was 

also visible and structured. Because the prompt required exact quotes, learners could clearly see 

the link between the answer and the feedback. AI feedback was also slightly more general than 

teacher feedback, which may have made it easier for other learners to relate the points to their 

own speaking. 
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This observation should not be taken to mean that AI feedback was better than teacher feedback. 

The two forms of feedback created different kinds of learning attention. Teacher feedback was 

more personal, responsive, and nuanced. AI feedback was more visible, structured, and reusable. 

For me, this observation highlighted the potential of AI to make feedback more visible while also 

confirming the need for teacher guidance in helping students interpret and use it critically. 

6.1.4 What I Learned as a Teacher 

The project helped me develop a more balanced view of AI in language teaching. Before the study, 

I was interested in AI because it seemed efficient, accessible, and increasingly capable. After the 

study, I still see these strengths, but I also understand more clearly its limitations and am more 

aware of the areas where teacher judgement is needed. 

One of the areas where the use of AI appeared especially helpful was answer development. AI 

feedback featured alternative expressions, expanded ideas, and immediate feedback. These 

features are useful for IELTS Speaking Part 2 because learners often need to produce more 

specific and developed answers. A short answer can be extended through examples, reasons, 

feelings, or comparisons, and AI was able to illustrate these approaches quickly. 

Figure 11 provides an example of how AI feedback supported answer expansion by suggesting 

additional details and possible directions for development. 

Figure 11 

Example of AI-Supported Answer Expansion 

 

Note. Screenshot of AI-generated feedback used to support answer expansion during speaking practice. All identifying 

information has been removed. The left screenshot shows the original answer, and the right screenshot shows the AI-

expanded version. 

The feedback provided by the AI programme used in this study was more limited in areas such as 

pronunciation and spoken delivery. Speaking involves not only wording and content. It also 
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includes pronunciation, rhythm, intonation, fluency, and communicative effect. General voice-input 

or automatic speech recognition systems often appear to prioritise recognising the intended 

message. This differs from pronunciation learning, which requires more diagnostic feedback on 

how the speech was produced. Recent work on Automatic Speech Recognition (ASR) and 

pronunciation learning suggests that ASR can support intelligibility-oriented practice, but such 

pronunciation-focused feedback requires careful design (McCrocklin & Levis, 2025). 

The distinction mattered in my own study. During the AI-supported sessions, AI sometimes 

appeared to understand learners’ spoken answers even when aspects of pronunciation or delivery 

were not fully clear. From a communication perspective, the message had been recognised by AI. 

From a teaching perspective, however, some pronunciation or delivery issues could remain less 

visible to the learner. In these instances, teacher feedback would have been useful because a 

teacher can notice whether pronunciation affects understanding, whether delivery sounds natural, 

and whether the answer works communicatively. These moments made me reflect on the limits of 

the particular AI tool used in this project and on the continuing need for teacher judgement when 

interpreting spoken performance. 

The project also changed how I think about the relationship between AI and teachers. The most 

useful question is not whether AI replaces teachers, but how teachers’ roles change as AI is 

increasingly used in language classrooms. Teachers are still needed as task designers, prompt 

designers, feedback evaluators, pronunciation coaches, emotional supporters, and guides for 

critical AI use. 

Table 12 summarises the different affordances of AI feedback and teacher feedback identified 

through the study. 

Table 12 

Different Affordances of AI Feedback and Teacher Feedback 

AI feedback useful for Teacher feedback important for 

Immediate feedback Pronunciation diagnosis 

Repeated practice Real-time judgement 

Answer expansion Emotional support 

Alternative expressions Classroom interaction 

Visible chat history Interpreting learner needs 

Low-pressure practice Adapting feedback to individuals 

Structured written feedback Helping learners evaluate feedback critically 

The complementary affordances observed in this study also suggest a possible role for hybrid 

models in future teaching design. AI could support repeated practice and first-stage feedback, 

while teachers could focus on deeper diagnosis, pronunciation, interaction, and critical guidance. 
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6.2 My Use of AI as a Researcher 

AI is also becoming increasingly common in the research and writing process. This section reflects 

on how I used AI for literature searching and reading, learning research procedures, and 

supporting academic writing, as well as the risks and limitations I encountered. 

6.2.1 Literature Searching and Reading 

In my research workflow, I mainly used ChatGPT and Claude as AI support tools, while Doubao 

was the AI system used in the AI-supported speaking practice sessions described in the 

methodology chapter. 

AI also supported my work as a researcher, especially in literature searching and source 

screening. This was useful because my research topic crossed several areas, including speaking 

practice, AI feedback, computer-assisted language learning, generative AI, and speaking 

assessment. AI helped me identify related search terms, locate possible reading directions, and 

organise the literature across these overlapping fields. 

AI proved helpful during the early stages of my research. Thus, I used it to identify search terms, 

related concepts, and possible reading directions. For example, AI identified relevant key words to 

explore, such as AI feedback, automated feedback, dialogue-based CALL, generative AI in 

language learning, IELTS speaking practice, Automatic Speech Recognition (ASR), and learner 

perceptions. These suggestions helped me approach the literature more systematically. 
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Figure 12 provides an example of how I used AI during the literature-searching process. The first 

interaction shows how AI helped me generate and organise relevant search terms, while the 

second shows how it suggested ways to refine searches and check the relevance and currency of 

the literature. 

Figure 12  

Example of AI Support for Identifying Literature Search Terms 

 

       

Note. Screenshots of the researcher’s interactions with Claude during the literature-searching process. The left 

screenshot shows AI-generated search terms related to the study topic, while the right screenshot shows suggestions for 

refining search strategies and identifying relevant literature 
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Figure 13 shows an example of how AI was used to locate and check potentially relevant literature.  

Figure 13 

Example of AI Support for Locating and Checking Relevant Literature 

 

Note. Screenshots of the researcher’s interaction with Claude during the literature-searching process. The screenshots 

show the search criteria provided to the AI, the candidate studies it identified, its explanations of their relevance to the 

research topic, and its suggestions about which studies were the closest matches. The AI also prompted the researcher 

to verify the publication details and sources independently. 

AI also offered useful support in the identification of relevant texts. When reading a new paper, I 

could ask AI to summarise the abstract, identify the research aim, explain the method, and suggest 



 73 

possible relevance to my study. These summaries offered helpful syntheses of texts, which both 

helped identify the texts I needed to read in greater depth and established an overview of the 

scope of the topic. 

Figure 14 shows an example of AI-supported initial screening of a journal article. 

Figure 14 

Example of AI-Supported Initial Screening of a Journal Article 

 

Note. Screenshot of an AI-generated preliminary summary used to support initial article screening. The original article 

was subsequently read, checked by the researcher and included in the literature review. 

Importantly, I used AI summaries only as a first point of orientation. The summaries generated by 

AI helped me decide which papers might be worth reading more closely, but they did not replace 

my own reading of the original sources. In some cases, AI made a paper sound more directly 

relevant to my study than it actually was or simplified the method and findings too much. For this 

reason, I read each source carefully before deciding whether it was relevant for my study and 

should be included in my literature review. 

I also used AI to check practical publication details, such as DOI information, journal names, and 

links to possible sources. However, these details were not accepted automatically. I checked them 

manually through Google Scholar, the AUT library, journal websites, or the DOI link before using 

the source. Similarly, when AI suggested that a paper was relevant to my study, I treated this only 
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as a suggestion. A source was included in the thesis only after I had read the original article and 

determined that it was relevant to my research focus. 

Table 13 summarises the literature search and reading workflow and identifies which tasks at each 

stage were performed by AI and which remained the researcher’s responsibility. 

Table 13 

AI-Supported Literature Searching and Reading Workflow 

Step AI support My responsibility 

Identify search 
directions 

Suggest keywords and concepts Decide which concepts fit the study 

Search literature Generate searchable terms 
Search databases, Google Scholar, and library 
resources 

Screen papers Summarise abstracts or sections Read the original source 

Check credibility 
Provide DOI, links, and publication 
details 

Verify the source manually 

Use in thesis Suggest possible relevance Cite only checked sources 

I gradually developed a more careful workflow for using AI in my research process. When asking 

AI for literature support, I asked it to provide links, DOI information, publication details, and, where 

possible, recent studies from higher-quality journals. I also sometimes gave the same prompt to 

both ChatGPT and Claude, then compared their responses to see which suggestions were more 

relevant, specific, or useful. Comparing outputs across these two AI systems became another 

safeguard because it encouraged me to evaluate the quality of the suggestions rather than simply 

accepting the first response. 

Before using any source in the thesis, I treated AI-generated outputs as leads rather than 

evidence, read the original article myself, and assessed its credibility and relevance to the 

research topic before deciding whether to include it. 

6.2.2 AI as a Process Tutor 

AI also supported me by helping me learn unfamiliar research processes. This was especially 

important during data analysis. Before this project, I had limited experience with statistical analysis 

software and was not confident about how to analyse the quantitative data. I had collected several 

types of data, including pre- and post-test IELTS scores, Likert-scale survey responses, and open-

ended comments. I knew what data I had, but I was less clear about how to organise the analysis 

process. 

AI helped me turn this uncertainty into more concrete learning steps. I could explain my dataset to 

AI, including the two groups, the pre- and post-test structure, the small sample size, the IELTS 

score data, and the survey responses. Instead of simply giving me answers to copy, AI helped me 

identify what I needed to learn next. For example, it suggested possible analysis tools, including 

JASP, and pointed me towards the kinds of tutorials, examples, and explanations that would help 
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me understand the process. I then watched online tutorial videos, tried the steps outlined in the 

software, and returned to AI when I needed help understanding what a test, table, or output meant. 

In this sense, AI worked more like a process tutor than a source of final answers. It helped me 

break the research process into smaller steps, such as preparing the dataset, organising variables, 

choosing suitable tests, running the analysis, reading the output, and reporting the results. 

However, AI did not do the analysis for me. I still had to learn how to complete these tasks myself 

by checking the data, operating the software, comparing possible analysis options, and deciding 

whether the results made sense in relation to my research questions. 

AI also helped me understand the reasoning behind reporting choices. For example, I asked 

whether I should report means or medians, how to summarise Likert-scale responses, and what 

types of charts might be suitable for presenting the findings. These questions helped me 

understand how data type, sample size, and research purpose affect the way results should be 

analysed and presented. For example, AI helped me think through why medians and interquartile 

ranges may be useful for small samples or ordinal-style responses, while means and standard 

deviations may still be reported descriptively where appropriate. 

The same kind of support extended to the presentation of my findings. I asked AI for advice on 

how to visualise IELTS score changes, group comparisons, Likert responses, and integrated 

findings across quantitative and qualitative data. Some suggestions were too complicated or not 

suitable for the thesis. However, comparing these options helped me understand why some figures 

or tables were clearer than others. Later, when revising the findings tables, I found that the more 

specific I phrased the prompt, the more useful AI’s advice became. General requests often 

produced long or unclear outputs, while precise instructions, such as asking AI to shorten a table 

while keeping key data, produced better results. 

Figure 15 and Figure 16 provide examples of how AI helped me learn the steps involved in data 

analysis and the interpretation of statistical output. 
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Figure 15 

Example of AI Support for Learning Data-Analysis Procedures: Part 1 

 

Note. Screenshots of the researcher’s interaction with ChatGPT showing guidance on comparing data visualisation 

options, understanding key statistical concepts, and selecting software tools for conducting the analysis. 

Overall, AI did not replace my learning of the research process or the guidance I received from my 

supervisors. Rather, it worked as an additional support tool between supervision meetings. It 

helped me break unfamiliar tasks into manageable steps and locate useful resources. The main 

academic direction and final decisions still depended on supervision, research training, and my 

own judgement as a researcher. 
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Figure 16 

Example of AI Support for Learning Data-Analysis Procedures: Part 2 

 

Note. Screenshots of the researcher’s interaction with Claude showing guidance on selecting appropriate descriptive and 

inferential statistics for the dataset, interpreting the reasons for these choices, and comparing suitable visualisations for 

presenting the results. 

6.2.3 AI as a Writing Support Tool 

AI also supported my writing process. In this project, I used AI as a writing support tool to improve 

structure, sentence flow, clarity, and coherence. It was especially helpful when I already had an 

idea but struggled to express it clearly in academic English. However, I did not treat AI-generated 

text as final thesis writing. The final writing still required me to check the meaning, add study-

specific details, connect the text to my evidence, and decide whether the wording accurately 

represented my argument. 

One important function was cautious academic wording. The study had a small sample size and a 

short intervention, so I needed to ensure that my conclusions were appropriately hedged and that I 

avoided broad generalisations. For example, I could not write that the AI-supported group and 

teacher-led group were equivalent. A more appropriate wording was that the study did not detect a 

significant between-group difference in speaking gain. AI helped me explore this kind of careful 

phrasing, but I still had to check that the final wording matched the data, the research design, and 

the methodological limitations of the study. 

AI also supported practical writing tasks. It helped me plan tables, simplify figures, organise 

chapters, prepare supervisor meeting questions, and break large tasks into smaller steps. This 
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support helped me meet my deadlines and ensured I could complete the study within the given 

time frame. Instead of facing broad tasks, such as “finish the chapter”, I could focus on smaller 

steps, such as drafting one section, adding one example, or revising one table. In this way, AI 

supported the writing process, but it did not replace the work of building the thesis argument. 

Writer’s block was another area where AI helped. At several points, I found it difficult to start 

because the thesis felt too large. AI helped me begin with headings, bullet points, rough 

paragraphs, or a clearer plan. This support was not only practical. It also helped me maintain 

momentum during the long and sometimes lonely writing process. However, these AI-supported 

drafts still needed substantial revision from me. I had to decide what was relevant, remove general 

statements, add details from my own study, and make sure the writing sounded like my own work. 

As a researcher writing in my second language, I found AI especially useful. Sometimes I could 

express complex thoughts in Chinese first and then ask AI to help organise or translate them into 

English. This allowed me to focus first on content and logic before refining the academic 

expression. For multilingual researchers, this can reduce the burden of language conversion 

during early thinking and drafting. At the same time, translation or rewriting support did not remove 

my responsibility as the writer. I still needed to check whether the English version carried my 

intended meaning and whether it was suitable for the thesis context. 

AI also helped with grammar, sentence structure, paraphrasing, and awkward expressions. 

However, AI’s output was not always accurate or suitable. Sometimes AI writing became too 

general, too formal, or too distant from my study. When this happened, I had to add back specific 

details and revise the sentences so that they reflected my evidence and argument. This 

experience reminded me that fluency is not the same as quality. A sentence can sound academic 

but still be too vague, unsupported, or disconnected from the research. 

Table 14 summarises several writing-related experiences and what they taught me about AI-

supported research writing. 

Table 14 

Researcher Learning From AI-Supported Writing 

Experience What I learned 

Using AI for cautious academic wording 
AI can suggest careful phrasing, but the final wording must match the 
data and research design. 

Using AI to break writing into smaller tasks 
AI can support writing management, but it does not build the thesis 
argument by itself. 

Comparing AI systems 
Different AI tools produce different answers, so evaluation remains 
essential. 

Revising tables with my supervisor The quality of AI output depends on human judgement, not AI alone. 

Throughout this project, I gradually realised that effective AI use depended on professional 

judgement as much as prompt design. Although AI could produce well-written answers within 

seconds, it could not determine whether those answers were appropriate for my research. The 
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responsibility for identifying problems, evaluating outputs, and making final decisions remained 

mine. 

One strategy that helped me was forcing myself to think before prompting. Rather than 

immediately asking AI for solutions, I first clarified the current situation, the goal, what I had already 

considered, the constraints of the task, and the type of help I needed. This habit encouraged 

independent thinking before involving AI and reduced the risk of accepting generated answers too 

quickly. Over time, I found that the quality of AI responses often reflected the clarity of my own 

thinking. 

I also learned not to rely on a single AI system. On several occasions, I entered the same prompt 

into both ChatGPT and Claude and compared their responses. The two systems often differed in 

organisation, level of detail, tone, and practical usefulness. Neither answer was consistently better 

than the other. Comparing multiple responses encouraged me to evaluate the strengths and 

weaknesses of each response rather than accepting the first plausible answer. The final decision 

was always based on my own judgement. 

One experience I had during the thesis writing process clearly illustrated what AI could and could 

not do in this research. While revising one of the findings tables, I first asked AI to improve the 

presentation of the table. The revised version was still too long and did not communicate the 

results clearly. During a supervision meeting, my supervisor immediately recognised the underlying 

problem. Rather than asking AI simply to improve the wording, she suggested a more specific 

goal: present the numerical findings more directly and remove unnecessary text. Using that revised 

prompt, AI produced a substantially clearer table. 

What struck me was not simply that my supervisor wrote a better prompt. More importantly, she 

recognised the problem almost immediately, whereas I did not. The limiting factor was not the AI 

tool itself, but my own ability to identify weaknesses in the work and communicate a clear 

objective. AI could generate many alternative versions, but it could not decide which version best 

served the academic purpose of the table. That judgement still required disciplinary experience 

and critical evaluation. 

That experience reshaped how I understood AI-supported writing and research. At the beginning 

of the project, I saw AI mainly as a tool for generating ideas, improving expression, and increasing 

productivity. By the end of the thesis, I understood that AI’s usefulness depended heavily on the 

researcher’s guidance and direction. In this sense, AI is only as useful as the instructions it 

receives, which again requires a good understanding of what needs to be accomplished. 

6.2.4 Risks and Limitations of Using AI in Research 

Despite its benefits, AI also introduced important risks throughout this project. Some related to the 

reliability of AI-generated information, while others concerned responsible research practice. Table 
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15 summarises the main risks identified during the project and the safeguards used to manage 

them. 

Table 15 

Risks and Safeguards in AI-Supported Research 

Risk What could go wrong Safeguard 

Inaccurate information False references or unsupported claims Verify original sources 

Cognitive offloading AI replaces independent thinking 
Think before prompting and evaluate outputs 
critically 

Privacy risk Participant data exposure Anonymise examples and follow ethics approval 

Attention 
fragmentation 

Waiting for AI responses or switching 
between tools leads to distraction 

Keep phone away, use a timer, and prepare a 
parallel academic task 

The most obvious risk was inaccurate information. AI occasionally generated incorrect references, 

DOI details, summaries, or unsupported claims that appeared convincing. This was particularly 

relevant during the literature review, where inaccurate information could easily be incorporated into 

academic writing if left unchecked. I therefore treated AI-generated references and summaries only 

as starting points and verified publication details, original sources, and the relevance of each paper 

before it was included in the thesis. 

A second risk was becoming over-reliant on AI, a process often referred to as cognitive offloading. 

Cognitive offloading means using an external tool to reduce the cognitive demands of a task 

(Risko & Gilbert, 2016). In this project, this risk appeared when AI quickly produced coherent and 

persuasive text, making it tempting to accept its responses without sufficient independent analysis. 

Although AI was valuable for exploring ideas and improving drafts, it could not replace the 

researcher's responsibility for interpreting evidence, constructing arguments, or making 

methodological decisions. Throughout the project, I regarded AI as a support tool only and made 

sure that all major academic decisions remained my own. 

A third risk was attention fragmentation, which refers here to the way attention can become divided 

or disrupted when moving between tasks, tools, or sources of information. This is related to 

research on interruptions and task switching, which suggests that interruptions can increase stress 

and that attention may not fully move from one task to another immediately after a switch (Leroy, 

2009; Mark et al., 2008). In this project, short AI responses usually appeared quickly, but more 

complex tasks, such as reviewing a long section, comparing drafts, or producing detailed 

feedback, sometimes took a few minutes. I noticed that even this short waiting time could interrupt 

my focus, because it was tempting for me to check my phone, do another quick online search, or 

do other tasks not related to the thesis task at hand. To reduce this, I tried to keep my phone 

away, use a 5-minute timer, and prepare a small parallel academic task, such as checking a 

reference, formatting a table, or reading a short section while waiting for the AI output. This helped 

me use AI as part of the research process without letting the process become another source of 

distraction. 
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Ethical considerations were equally important. The study involved student learning data, and 

participant privacy needed to be protected throughout the research process. Examples and 

screenshots included in the thesis were anonymised, and identifiable participant information was 

never entered into AI systems. AI use therefore remained consistent with the ethical approval 

granted for this study. 

Overall, this project reinforced that AI should be viewed as a supportive research tool rather than 

an autonomous research partner. While AI can substantially improve efficiency, responsibility for 

evidence, ethics, interpretation, and the quality of academic work continue to rest with the 

researcher. 

6.3 Key Takeaways 

My experiences of using AI in both teaching and research led to several practical lessons. This 

section brings together the main takeaways for language learners, teachers, and researchers and 

presents the prompt design guidelines developed through the project. 

6.3.1 For Language Learners 

For language learners, the main value of AI is that it can create more opportunities to practise, 

revise, and reflect. However, AI is most useful when learners use it as part of a practice cycle 

rather than as a source of ready-made answers. Simply asking AI to “improve my answer” is less 

useful than asking for specific feedback on grammar, answer expansion, natural spoken 

expressions, or coherence. 

Learners also need to avoid turning AI-generated answers into another form of template 

dependence. AI can suggest useful expressions and possible directions for development, but 

learners still need to adapt these suggestions into their own language. Follow-up questions are 

particularly useful for IELTS Speaking Part 2 because they help learners think of more details, 

examples, reasons, and personal experiences. The chat history can also become a learning 

record, allowing learners to review their original answers, feedback, corrections, and revised 

expressions after class. 

6.3.2 For Teachers 

For teachers, the main takeaway is that AI does not need to be seen as a threat to teaching. 

Instead, it can be used as a pedagogical resource when it is carefully designed and guided. Simply 

telling students to use AI is unlikely to be enough. Without structure, learners may ask vague 

questions, accept poor feedback, or copy AI-generated answers. Teachers therefore need to 

design the task, prompt, feedback routine, and follow-up activity. 

Prompt design can be understood as part of teaching design. In this study, the prompt shaped 

what feedback learners received, what they noticed, and what they did next. Teachers are also 



 82 

needed to help students develop the ability to evaluate AI feedback, including whether suggestions 

are accurate, natural, and suitable for IELTS Speaking. AI can be used to extend teaching 

practice, but it still needs to be guided by professional judgement. 

6.3.3 For Researchers 

For researchers, AI can support early-stage orientation, organisation, and writing clarity, especially 

when a project crosses several fields or when the researcher is writing in a second language. It 

can help generate search terms, summarise papers, organise notes, refine wording, and improve 

sentence flow. 

However, AI output should not be treated as evidence. References, DOI information, summaries, 

and claims still need to be checked against original sources. AI can suggest possible directions, 

but the final argument must come from the data, methodology, literature, and the researcher’s 

interpretation of the findings. Researchers also need to follow institutional rules, protect participant 

information, and acknowledge AI support where required. Researchers may also benefit from 

comparing outputs from different AI systems, as this can help them evaluate suggestions more 

critically rather than relying on one response. 

A further practical lesson is the importance of organising AI use. During the later revision stage, I 

found it difficult to locate some earlier AI conversations because different tasks, chapters, and 

research processes were often mixed within the same chat. This made it harder to retrieve useful 

prompts, screenshots, and process records. For researchers, it may be useful to separate AI 

conversations by chapter or task, such as literature review, methodology, data analysis, findings 

visualisation, and reflection. If organised clearly, AI chat history can become a useful record of the 

research process, rather than only a temporary writing aid. 

6.3.4 AI Prompt Design Guidelines 

A practical takeaway from this reflection is that AI prompt design matters. For researchers, 

teachers, and learners, the quality of an AI response depends not only on the AI tool itself but also 

on how clearly the task is framed. General prompting guidance emphasises the importance of 

giving clear instructions, providing context, specifying the task, using references or examples 

where relevant, evaluating the output, and revising the prompt through iteration (Google Cloud, 

2026; Grow with Google Editorial Team, 2026; McHugh-Johnson, 2024). In educational contexts, 

these principles are especially important because a weak prompt may produce vague, generic, or 

unsuitable feedback, while a stronger prompt can make AI support more specific, relevant, and 

actionable. 

Table 16 presents practical AI prompt-design guidelines for researchers, teachers, and learners. 
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Table 16 

AI Prompt Design Guidelines for Researchers, Teachers, and Learners 

Guideline Explanation 

State the situation Give the AI enough context to understand the learning, teaching, or research situation. 

Define the goal Explain what the prompt is expected to achieve, such as feedback, revision, explanation, 
planning, or idea generation. 

Assign a role Give the AI a clear role, such as IELTS speaking teacher, academic writing tutor, research 
assistant, or critical reader. 

Specify criteria Tell the AI what standard to use, such as IELTS Speaking criteria, assignment requirements, 
marking rubrics, or research questions. 

Require evidence Ask the AI to refer to specific words, examples, data, or parts of the learner’s answer instead of 
giving general comments. 

Limit the scope Avoid asking for too much at once. A focused prompt usually produces more useful output than a 
broad prompt. 

Specify style Control the tone, register, language level, and format of the response so that it suits the intended 
user. 

Make feedback 
actionable 

Ask for concrete next steps, examples, corrections, or practice tasks rather than only general 
evaluation. 

Build in interaction Design the prompt so that the user continues thinking, responding, revising, or practising instead 
of passively receiving an answer. 

Evaluate and revise Test the prompt, check whether the output is useful and accurate, and revise the prompt when 
the response is unclear or unsuitable. 

Note. The guidelines were developed from the researcher’s AI-supported workflow and informed by general prompting 

principles, including context, task, persona, format, specificity, and iterative refinement (Davis-Muffett, 2024; Google 

Cloud, 2026; Grow with Google Editorial Team, 2026). 

These guidelines are not a fixed formula. Different users and tasks require different prompt 

designs. However, they show that effective prompting is a deliberate process. A useful prompt 

gives the AI context, purpose, standards, boundaries, and an expected output format. It also 

leaves space for critical judgement, because the user still needs to check whether the response is 

accurate, ethical, and appropriate for the intended purpose. 

6.4 Chapter Summary 

This chapter reflected on my use of AI as both a teacher and a researcher. As a teacher, I used AI 

to support IELTS Speaking Part 2 practice through a structured prompt and guided practice cycle. 

The project suggested that AI can be used to provide immediate feedback, repeated practice, 

answer-expansion support, and visible learning records within a structured, teacher-guided setting. 

It also showed that teachers remain important for task design, prompt design, pronunciation 

feedback, and professional judgement. This reflection therefore reinforces the empirical finding 

that AI-supported and teacher-led feedback offered different but potentially complementary forms 

of support: AI-supported practice was perceived as particularly useful for expansion and repeated 

revision, while teacher-led feedback was valued for pronunciation, live explanation, and real-time 

judgement. 

As a researcher, I used AI to support reading, thinking, writing, and organisation. AI was useful for 

initial orientation, organising messy ideas, improving writing clarity, and supporting multilingual 
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academic writing. At the same time, the chapter identified several risks of AI use for academic 

writing, including inaccurate information, cognitive offloading, and privacy concerns. These risks 

need safeguards such as checking original sources, thinking before prompting, managing 

attention, evaluating AI output critically, and protecting participant information. 

Overall, this reflection suggests that AI’s value in education and research does not come from 

automation alone. It depends on how human users define the purpose, design the process, 

evaluate the output, and take responsibility for final decisions. For me, this project shifted the 

question from whether AI can replace teachers or researchers to how teachers and researchers 

can use AI critically, ethically, and effectively. 
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Chapter Seven: Conclusion 

This thesis examined how AI-supported and teacher-led feedback supported IELTS speaking 

practice for L1 Mandarin EFL learners. The study was motivated by my practical interest, as an 

IELTS speaking teacher and researcher, in how generative AI could be used in EFL speaking 

practice and how AI-supported feedback might compare with teacher-led feedback in a structured 

IELTS speaking course. The study used a mixed methods methodology incorporating a standard 

comparative experiment. Twenty-four L1 Mandarin EFL learners took part in a four-week online 

IELTS Speaking programme, which included eight structured practice sessions. Participants were 

allocated to either an AI-supported feedback group or a teacher-led feedback group. In the AI-

supported sessions, learners received feedback through a teacher-designed AI prompt, while in 

the teacher-led sessions, feedback was provided directly by the researcher-teacher. The study 

compared IELTS Speaking score changes across the two conditions and examined participants’ 

experiences through Likert-scale survey responses and open-ended comments. 

The quantitative findings showed that both groups made significant within-group gains in IELTS 

Speaking; however, the between-group comparison did not detect a significant difference in 

speaking gain. The qualitative findings added further detail by showing how learners responded to 

the two modes of feedback in class. Participants in both groups reported that after the course they 

felt more confident, were able to express ideas more clearly, and were better at developing their 

spoken responses. However, each group also identified different gains that were associated with 

its specific feedback mode. Because the study was small in scale and short in duration, these 

findings should be interpreted cautiously. Overall, the findings suggest that the structured speaking 

programme was useful in both conditions, rather than showing that one feedback mode was 

clearly more effective than the other. 

The study contributes to current discussions about generative AI in EFL speaking education by 

suggesting that AI-supported and teacher-led feedback may have different but complementary 

functions. AI-supported feedback appeared especially useful for answer expansion, alternative 

expressions, and repeated practice. AI-supported practice also had the advantage of leaving a 

traceable record of learner output, feedback, and class interaction, which could be reviewed later. 

Teacher-led feedback was more strongly associated with pronunciation correction, a stronger 

sense of human interaction, and a more specific and flexible diagnosis of speaking performance. 

These findings suggest that AI-supported feedback is not the same as teacher-led feedback, but 

that this difference can be used productively in the speaking classroom. More needs to be 

understood about the kinds of learning support AI can provide, what it does and does not do well, 

and how it can be integrated into carefully designed speaking practice. 

The findings also offer a tentative link back to the high-context and low-context communication 

framework discussed earlier in the thesis. Participants’ responses indicate that both feedback 
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modes may have supported more explicit spoken communication, although in different ways: AI-

supported feedback through answer expansion and elaboration, and teacher-led feedback through 

direct clarification and real-time interaction. 

A further contribution of this thesis is its evidence-informed consideration of how AI can be used for 

teaching, learning, and in academia. The reflection chapter showed how AI was used both in the 

speaking classes and across the wider research process. This experience led to practical 

guidelines for teachers, researchers, and learners. For teachers, the findings suggest that AI 

feedback needs clear task design, prompt design, and classroom guidance. For researchers, AI 

can improve research efficiency, but its output still needs checking, source verification, and 

professional judgement. For learners, AI can be a convenient and accessible tool for additional 

speaking practice beyond scheduled class time, but they still need to evaluate suggestions 

critically and use them selectively. 

Future research could build on this study by using larger samples, longer programmes, and 

different learner groups. It would also be useful to compare guided and unguided AI use, examine 

hybrid models that combine AI-supported rehearsal with teacher-led feedback, and test how 

different AI platforms, models, and prompt designs shape the quality of feedback learners receive. 

Future studies could also collect audio data to analyse pronunciation, fluency, interaction, and 

learner uptake more closely, and examine how AI-supported feedback may work in other language 

skills such as writing, listening, or reading. Overall, this thesis suggests that AI-supported speaking 

practice can be a useful part of EFL speaking education when it is carefully designed, guided, and 

evaluated. Its value lies not only in the technology itself, but in the teaching and learning conditions 

created around it. 
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Appendix B 

Group Allocation Instructions
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Appendix C 
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Appendix D 

AI Feedback Prompt Used in the Study 

You are my IELTS Speaking coach (Band 6–9 standard). Act like a supportive feedback provider. 

How we will do this (interactive coaching) 

• I will paste a Part 2 cue card and answer for up to 2 minutes.

You will 

• Give 2 strengths (must quote my exact phrases),

• Give 2 grammar-focused issues (must quote my exact phrases),

• Give 2 targeted fixes (rewrite my sentences in natural spoken English, Band 7–8),

• Then ask 2 follow-up questions to expand my answer.

Rules 

• No overall band score. Evidence-based coaching only.

• Always quote my exact words as evidence (short quotes).

• Consider all four IELTS Speaking criteria, while prioritising the most important issues in the learner’s response.

(Flexible input example: Pay particular attention to grammatical range and accuracy, including tense, articles, 
agreement, sentence structure, and word form.） 

• Keep your response spoken, natural, not essay-like.

• Keep explanations short (1–2 lines each).

Output format 

Cue card: … 

2 strengths (with quotes): 

• Strength 1: “…” → (why it works, 1 line)

• Strength 2: “…” → (why it works, 1 line)

2 grammar issues (with quotes): 

• Issue 1 (category): “…” → correction (before → after) + 1-line rule

• Issue 2 (category): “…” → correction (before → after) + 1-line rule

2 targeted fixes (Band 7–8 spoken rewrites): 

• Fix 1: (my original “…”) → Improved: “…”

• Fix 2: (my original “…”) → Improved: “…”

2 follow-up questions (higher band push): 

1. …

2. …

Then wait for my reply. 
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