
1 
 

 

Bridging the Gap: Effective Frameworks for Ethical AI Governance 

A Systematic Literature Review 

 

John Lee 

A research component submitted to Auckland University of 

Technology 

in partial fulfilment of the requirements for the degree of Master of 

Business (MBus) 

 

 

 

 

 

2026 

Faculty of Business, Economics and Law 

  



2 
 

Abstract 

Artificial intelligence (AI) is increasingly embedded in organisational decision-making, reshaping how work 

is performed, how services are delivered, and how risks are identified and managed. Alongside these 

opportunities, however, AI introduces material ethical, legal, and reputational risks, particularly in high-

impact contexts where automated or model-assisted judgements can affect people’s rights, access to services, 

and life chances. In response, AI ethics principles and guidelines have proliferated globally; yet comparative 

reviews highlight substantial variation in scope, terminology, and enforceability, contributing to uneven 

translation from high-level commitments into operational organisational practice. This persistent “principles-

to-practice” gap is widely recognised as a core limitation of contemporary AI ethics discourse, because 

principles alone rarely provide the procedural specificity, organisational incentives, and accountability 

mechanisms required to reliably shape decisions under real constraints. 

This dissertation addresses that gap by synthesising evidence on organisational AI governance through a 

systematic literature review (SLR), reported in alignment with PRISMA 2020 guidance and informed by 

evidence-based approaches to management knowledge development. The study examines (1) how 

organisations implement and adapt governance frameworks to support ethical AI use, and (2) which 

governance approaches appear most effective for ensuring responsible AI use across organisational contexts. 

The synthesis identifies recurring patterns through which organisations operationalise ethical aspirations into 

structures, such as defined roles and oversight forums, processes, for example, risk and impact assessments 

across the AI lifecycle, and socio-technical practices, such as documentation, auditability, and monitoring. It 

further shows that governance effectiveness is context-dependent and increasingly shaped by regulatory 

momentum, including risk-based regimes that formalise differentiated obligations by system risk and use 

case. Overall, the dissertation concludes that robust AI governance is best understood as an organisational 

capability rather than a static framework: it requires enforceable accountability, fit-for-purpose operational 

controls, and continuous adaptation as technologies, organisational incentives, and societal expectations 

evolve. 
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Chapter 1: Introduction 

1.1 Background and Problem Statement 

Artificial intelligence (AI) has moved rapidly from experimental capability to a routine component of 

organisational operations, influencing how decisions are made, how services are delivered, and how 

performance is measured. Contemporary evidence suggests that both analytical and generative AI are 

increasingly used across business functions, reflecting competitive pressure to improve productivity and 

accelerate innovation (Maslej et al., 2025; Singla et al., 2025). Yet the very features that make AI valuable at 

scale, such as automation, pattern recognition, and the capacity to influence decisions in complex 

environments, also mean that failures can be serious. When AI systems are used to support, shape, or 

automate decisions that affect people, the risks include discriminatory outcomes, opacity in judgement, 

privacy and security harms, and unclear accountability for downstream impacts (OECD, 2019a, 2019b; U.S. 

Department of Commerce, 2023). These risks are not merely technical; they intersect with organisational 

legitimacy, public trust, and social licence, particularly in high-impact domains. 

AI-enabled automation creates not only external risks (for example, bias, privacy harms) but also internal 

governance risks, because employees’ perceptions of technological change can directly shape organisational 

stability (Brougham & Haar, 2018, 2020). In Brougham and Haar (2018) STARA literature, employees’ 

awareness that smart technologies, such as AI, robotics, algorithms may substitute for aspects of their work 

is associated with lower organisational commitment and career satisfaction, alongside higher cynicism, 

depressive symptoms, and turnover intentions (Brougham & Haar, 2018). These findings imply that ethical 

AI governance must extend beyond “responsible use” principles to include credible workforce assurance and 

change practices that protect trust, wellbeing, and retention during AI adoption (Brougham & Haar, 2018). 

This dynamic is reinforced in multi-country evidence showing that perceived technological disruption 

increases job insecurity, which in turn predicts turnover intentions, even when job satisfaction is controlled 

indicating a distinct mechanism through which AI-related change can accelerate staff churn (Brougham & 

Haar, 2020). Perceived job mobility further conditions these relationships, suggesting that high demand 

labour markets may amplify the retention risks of poorly governed AI transitions (Brougham & Haar, 2020). 
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Viewed together, these studies position AI governance as a socio-technical change programme: effectiveness 

should be judged not only by compliance and harm reduction, but also by whether organisations can 

maintain social licence, capability, and workforce confidence as AI reshapes work (Brougham & Haar, 2017, 

2018, 2020).  

Accordingly, organisations face a governance challenge alongside the technical challenge of adoption. The 

central issue is not only whether AI systems can be implemented, but how they should be governed to ensure 

responsible, credible use over time. This governance imperative is sharpened by policy and regulatory 

momentum. Risk-based approaches to AI oversight are becoming embedded in statutory frameworks, 

exemplified by the European Union’s Artificial Intelligence Act, which differentiates obligations according 

to system risk and intended use (European Union, 2024). In parallel, public-sector expectations around 

transparency and responsible use of algorithmic decision-making have been set out in initiatives such as 

Aotearoa New Zealand’s Algorithm Charter, signalling that trustworthy use is increasingly framed as a 

governance responsibility rather than a voluntary aspiration (Statistics New Zealand, 2020). Taken together, 

these developments position ethical AI governance as a practical, organisational concern that spans 

compliance, risk management, corporate accountability, and organisational culture. 

1.2 From Principles to Practice: Why Governance is Difficult 

In response to AI-related harms and growing scrutiny, ethical principles, guidelines, and “responsible AI” 

frameworks have proliferated across governments, industry bodies, and academic communities. Comparative 

syntheses show partial convergence around high-level values, such as fairness, transparency, accountability, 

and respect for human rights, while also demonstrating divergence in terminology, priority-setting, and 

operational interpretation (Fjeld et al., 2020; Jobin et al., 2019). This proliferation has undoubtedly created a 

shared ethical vocabulary; however, it has also produced a practical organisational problem. The presence of 

principles does not guarantee that incentives, workflows, and decision rights will reliably align with those 

principles in day-to-day development and deployment, particularly where speed-to-market pressures, 

performance metrics, and commercial imperatives dominate. 
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A sustained critique in the literature is that principles alone are insufficient for ensuring ethical outcomes in 

organisational contexts. Mittelstadt (2019) argues that principles frequently lack the specificity and 

procedural “hooks” required to guide action under conditions of uncertainty, competing priorities, and 

organisational constraint. This critique helps explain why scholarship repeatedly returns to a familiar tension: 

organisations may publicly endorse ethical principles while struggling to build governance arrangements that 

meaningfully change behaviour, allocate responsibility, and prevent harm. The risk, therefore, is not only 

technical failure but governance failure, where ethical intent remains symbolic, ambiguous, or inconsistently 

implemented, thereby widening the gap between what organisations claim and what their AI systems actually 

do in practice. 

1.3 Defining AI Governance in Organisational Settings 

In this dissertation, AI governance refers to the institutional arrangements through which organisations 

direct, control, and monitor AI systems across their lifecycle. It encompasses the allocation of roles and 

responsibilities, the structuring of decision rights and oversight, and the establishment of processes for 

assurance, review, and continuous monitoring. Importantly, this definition treats governance as socio-

technical: governance is not reducible to policy statements or compliance checklists, but is embedded in 

organisational routines, incentives, accountability structures, and technical practices across design, 

development, deployment, and post-deployment management. This framing aligns with contemporary 

guidance that positions trustworthy AI as a lifecycle challenge requiring sustained organisational capability. 

For example, the NIST AI Risk Management Framework emphasises that trustworthy AI outcomes depend 

on governance structures, contextual risk mapping, measurement and evaluation practices, and ongoing 

management responses (U.S. Department of Commerce, 2023). In organisational terms, this implies that 

effective governance is unlikely to be achieved through a single committee, a one-off risk review, or the 

publication of principles alone. Rather, governance requires an aligned system of organisational decision-

making and operational controls that can scale with AI use, adapt to new model behaviours, and respond 

credibly to incidents and stakeholder expectations (OECD, 2019a, 2019b; U.S. Department of Commerce, 

2023). 
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1.4 Research Purpose and Research Questions 

Despite broad agreement that ethical AI governance is necessary, the evidence base remains fragmented 

regarding what organisations actually do to implement governance frameworks and which approaches appear 

to be most effective in practice. Mittelstadt (2019) alludes to a growing number of toolkits, maturity models, 

and prescriptive recommendations, yet practical insights remain uneven regarding implementation patterns, 

the mechanisms through which governance gains traction, and the criteria by which effectiveness should be 

assessed under real organisational constraints. This creates a practical dilemma: organisations must design 

governance under conditions of uncertainty, balancing ethical commitments against innovation incentives, 

capability constraints, and shifting regulatory expectations. 

This dissertation addresses that gap by investigating organisational governance for ethical AI through two 

research questions: 

RQ1: How do organisations implement and adapt governance frameworks to ensure the ethical use 

of AI technologies? 

RQ2: What are the most effective governance frameworks for ensuring responsible AI use in 

organisations? 

Together, these questions illuminate the organisational “how” of governance implementation and the 

evaluative question of “what works”, while recognising that effectiveness is likely contingent on sectoral risk 

exposure, organisational maturity, and institutional context (European Union, 2024; OECD, 2019b). 

1.5 Methodological Overview and Rationale 

To address these research questions, the dissertation adopts a systematic literature review (SLR) 

methodology. An SLR is well-suited to an interdisciplinary and rapidly evolving topic because it provides a 

transparent, replicable approach to identifying, screening, and synthesising evidence across diverse empirical 

and conceptual contributions. The review is reported in accordance with PRISMA 2020 guidance, 

strengthening methodological transparency through clear reporting of search processes, inclusion criteria, 

and synthesis logic (Page et al., 2021). The rationale also aligns with evidence-informed approaches in 
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management scholarship, which argue that systematic synthesis can consolidate fragmented knowledge and 

provide a stronger basis for theory development and practice guidance in complex organisational domains 

(Tranfield et al., 2003). 

This methodological choice reflects the dissertation’s substantive intent: rather than describing one 

organisational setting in depth, the study synthesises patterns of governance across contexts to identify 

recurring mechanisms, tensions, and effectiveness claims. By integrating evidence across the literature, the 

dissertation is positioned to clarify how organisations operationalise ethical commitments, where 

implementation frays under organisational pressure, and which governance features appear most consistently 

associated with credible accountability and sustained responsible practice. 

1.6 Significance and Expected Contributions 

This dissertation contributes to the ethical AI governance literature in three ways. First, it consolidates 

evidence on how organisations translate ethical commitments into concrete governance mechanisms, making 

visible the organisational “plumbing” that is often under-specified in principles-based discourse (Mittelstadt, 

2019). Second, it advances an evaluative lens on governance effectiveness by synthesising the features that 

the literature associates with operational traction, accountability, and sustained oversight over the AI 

lifecycle (OECD, 2019a; U.S. Department of Commerce, 2023). Third, it clarifies the role of context, 

particularly sectoral risk profiles and regulatory momentum, in shaping governance design choices, thereby 

cautioning against uncritical transfer of “best practice” templates across materially different environments 

(European Union, 2024; OECD, 2019b). 

The practical importance of these contributions is amplified by the pace of AI diffusion and by rising 

expectations for demonstrably responsible practice. As legal obligations, stakeholder scrutiny, and 

reputational risk intensify, organisations increasingly require governance that is not only ethically well-

intentioned but operationally credible, auditable, and resilient. Similarly, policy makers benefit from 

understanding how organisations interpret and implement governance obligations in practice, and where 

additional clarity, enforcement, standards, or assurance regimes may be needed to close recurring gaps 

between principles and outcomes. 
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1.7 Structure of the Dissertation 

The dissertation is organised to move from conceptual foundations to systematic synthesis and interpretive 

discussion. Chapter 2 reviews the literature on AI ethics and organisational governance, including the 

proliferation of principles and the recurrent problem of translation into practice (Fjeld et al., 2020; Jobin et 

al., 2019; Mittelstadt, 2019). Chapter 3 outlines the SLR methodology, detailing the search strategy, 

screening process, and synthesis approach in alignment with PRISMA 2020 reporting guidance (Page et al., 

2021). Chapter 4 presents the findings thematically, highlighting the mechanisms through which 

organisations implement and adapt governance across contexts. Chapter 5 then interprets these findings in 

relation to the literature and the research questions, drawing out implications for organisational governance 

design under evolving regulatory expectations and risk-based oversight regimes (European Union, 2024; 

U.S. Department of Commerce, 2023). Lastly, Chapter 6 wraps up by putting together the answers to the two 

research questions. RQ1: How do organisations implement and adapt governance frameworks to ensure the 

ethical use of AI technologies, and RQ2: What are the most effective governance frameworks for ensuring 

responsible AI use in organisations, and outlining implications, recommendations, and future directions for 

research and practice. 
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Chapter 2: Literature Review 

2.1 Introduction 

Artificial intelligence (AI) has emerged as a critical determinant of organisational innovation, productivity, 

and competitiveness, particularly within high-stakes sectors such as healthcare, finance, logistics, and 

education (Hyiamang & Liu, 2025). However, as algorithmic capabilities accelerate, the prevailing 

organisational imperative has shifted: the central challenge is no longer the technical feasibility of adoption, 

but the establishment of robust governance frameworks to ensure its responsible deployment  (Jobin et al., 

2019; OECD, 2019a). This imperative for governance arises from a growing body of ethical risks, including 

bias and discrimination (Ryan & Stahl, 2020), algorithmic opacity (Fjeld et al., 2020), privacy violations 

(Jobin et al., 2019), and persistent questions of accountability and responsibility (Khan et al., 2022). As AI 

systems increasingly influence decisions that materially affect human lives, organisations face mounting 

pressure to design, implement, and adapt robust ethical governance frameworks. 

Governance, in the context of organisational artificial intelligence (AI), can be understood as the 

constellation of structures, processes, and shared norms through which organisations steer the responsible 

design, deployment, and oversight of AI systems (Butcher & Beridze, 2019). This definition foregrounds 

governance as more than compliance activity or technical risk management alone: it encompasses how 

decision rights are allocated, how accountability is enacted, and how ethical commitments are 

operationalised across the AI lifecycle and within organisational contexts. Yet, despite the rapid proliferation 

of frameworks, guidelines, and “responsible AI” programmes, the literature indicates that governance 

remains a contested and unevenly stabilised concept in practice, with significant variation in what counts as 

governance, who is responsible for it, and how it is evidenced as effective (Mittelstadt, 2019; Munn, 2023). 

Three recurring critiques in the literature provide the core rationale for the research questions that guide this 

review. First, there is limited consistency in definitions and scope across the field. Although many sources 

use similar language (for example, ethics, accountability, transparency, and fairness), the underlying 

constructs are not uniformly specified, and governance is alternately treated as a set of principles, a 

compliance function, an organisational capability, or a lifecycle management system (Butcher & Beridze, 
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2019; Mittelstadt, 2019). This definitional instability makes it difficult to compare studies, accumulate 

evidence, or determine whether organisations are implementing substantively similar governance 

frameworks. Second, the literature repeatedly identifies a persistent principles-to-practices gap. Systematic 

reviews show that organisations commonly endorse high-level ethical principles yet struggle to translate 

these commitments into operational mechanisms that shape day-to-day design and deployment decisions 

(Fjeld et al., 2020; Jobin et al., 2019; Morley et al., 2020). Third, even where governance mechanisms are 

described, their practical effectiveness is often contested because implementation is highly context-

dependent and evidence of sustained outcomes is reported unevenly, with limited agreement on what 

evaluative criteria should be used to judge success (Mittelstadt, 2019; Munn, 2023).  

Against this backdrop, this chapter critically examines the literature on the ethical governance of AI in 

organisations to address two guiding research questions:  

RQ1: How do organisations implement and adapt governance frameworks to ensure the ethical use 

of AI technologies? 

RQ2: What are the most effective governance frameworks for ensuring responsible AI use in 

organisations? 

The review draws upon conceptual work, systematic literature reviews, empirical studies, and sector-specific 

frameworks to provide a holistic account of current knowledge. Consistent with the dissertation’s systematic 

literature review design, the chapter synthesises published evidence rather than reporting primary 

organisational data. It also highlights the importance of practice and empirical findings in bridging the gap 

between principles and practices.  

This chapter consolidates conceptual scholarship, systematic literature reviews, empirical research, and 

sector-specific frameworks to provide an integrated account of ethical AI governance. In keeping with the 

systematic literature review approach adopted in this dissertation, the discussion synthesises peer-reviewed 

evidence and authoritative governance frameworks rather than presenting primary organisational data. 

Importantly, it foregrounds the role of practice-oriented insights and empirical findings in clarifying how 

high-level ethical commitments can be translated into operational governance arrangements. The chapter is 

structured to align with the following sections: it first outlines the conceptual foundations of ethical AI 
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governance (Section 2.2) and clarifies what is meant by AI governance (Section 2.3), before examining 

ethical principles as foundational reference points (Section 2.4). It then compares the respective functions 

and limitations of soft and hard law approaches (Section 2.5), and synthesises the major ethical challenges 

associated with AI (Section 2.6). Building from these foundations, the review analyses organisational 

responses and emergent practices (Section 2.7) and evaluates prominent governance frameworks for ethical 

AI (Section 2.8). Lastly, it looks at real-world evidence on implementation (Section 2.9) to find the tensions, 

gaps, and implications that led to this study. 

2.2 Conceptual Foundations of Ethical AI Governance 

Several strands of literature highlight why ethical AI governance has become an important and time-sensitive 

organisational concern, and these strands point to distinct (and sometimes competing) diagnoses of the 

governance problem. First, global reviews of AI ethics guidelines document the rapid proliferation of ethics 

principles and guidance, alongside substantial variation in scope, terminology, and enforceability (Farooq et 

al., 2021; Jobin et al., 2019). In practice, this variation is not merely semantic: it reflects a deeper tension 

between aspirational ethics statements that articulate broad values and action-guiding governance 

instruments that specify concrete responsibilities, processes, or compliance expectations. As a result, the 

growth in guidelines signals both heightened recognition of AI-related risks and continuing uncertainty about 

how organisations should translate normative commitments into operational controls. 

Second, scholarly work that analyse the “principles-to-practice” gap argues that principles alone rarely 

deliver reliable governance outcomes without accompanying organisational mechanisms (Mittelstadt, 2019; 

Munn, 2023). This literature highlights a core debate: whether ethics programmes function primarily as 

internal capability-building efforts that meaningfully reshape decision-making, or whether they risk 

becoming symbolic “commitments” that sit alongside unchanged incentives, workflows, and accountability 

arrangements (Attard-Frost et al., 2023; Munn, 2023). Third, empirical research on organisational adoption 

further indicates that governance is not simply a conceptual aspiration but a practical challenge with real 

consequences for accountability across the AI lifecycle. For example, Raji et al. (2020) illustrate how the 

absence of systematic documentation, review, and escalation pathways can erode traceability and weaken 

accountability once systems move from development into deployment and maintenance. Relatedly, Morley 
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et al. (2020) show that many governance proposals remain difficult to operationalise when organisations lack 

concrete processes, role clarity, and routine monitoring practices. 

Practitioner-oriented evidence reinforces these concerns while adding a managerial lens on organisational 

readiness and maturity. Capgemini Research Institute (2020) for instance, reports a mismatch between high 

levels of stated commitment to ethical AI and relatively limited uptake of routine controls such as audits or 

formal governance structures. Likewise, practitioner analyses of corporate governance arrangements, such as 

Microsoft’s AETHER Committee and SAP’s use of external AI ethics advisors illustrate that organisations 

are experimenting with oversight models that combine technical, legal, and ethical perspectives 

(International Institute for Management Development, 2023). Yet, consistent with critical scholarship, the 

presence of committees or advisors does not, by itself, resolve questions of authority, enforcement, or 

integration into everyday delivery practices; where oversight bodies are weakly empowered or poorly 

embedded, they may struggle to influence product timelines, risk decisions, or mitigation resourcing (Attard-

Frost et al., 2023; Munn, 2023).  

Ultimately, the research underscores that external forces progressively transform ethical enquiries into 

governance mandates. Risk-based regulatory approaches, most prominently the European Union (2024) AI 

Act raise the cost of inadequate governance by introducing obligations and scrutiny that can translate into 

legal exposure and reputational harm (Butcher & Beridze, 2019; Qureshi et al., 2024; Veale & Zuiderveen 

Borgesius, 2021). In Aotearoa New Zealand, the public sector’s Algorithm Charter similarly frames 

algorithm use through expectations of transparency, accountability, bias mitigation, and Te Tiriti o Waitangi 

obligations, reinforcing that governance is also a matter of social licence and public trust (Statistics New 

Zealand, 2020). Taken together, these strands converge on a clear implication: ethical AI governance matters 

because it mediates organisational exposure to ethical, legal, and reputational risks; shapes whether AI 

systems reinforce or mitigate social inequities; and determines whether AI deployment remains aligned with 

societal values and evolving regulatory expectations. In this dissertation, ethical AI governance is as a result 

positioned as a central organisational capability, requiring durable structures, enforceable processes, and 

continuous monitoring rather than a peripheral ethical add-on. 
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2.3 Defining AI Governance 

AI governance is widely recognised as an evolving and contested concept, with no single definition that 

commands universal agreement across disciplines, sectors, or policy arenas (Butcher & Beridze, 2019; 

Mäntymäki et al., 2022). Across this literature, scholars emphasise different but complementary dimensions 

of how emerging technologies such as AI are governed, including (i) the allocation of decision rights and 

accountability, (ii) the institutional design of oversight and assurance mechanisms across the AI lifecycle, 

and (iii) the organisational translation of ethical principles into routine practices, processes, and tools 

(Birkstedt et al., 2023; Mäntymäki et al., 2022). In response to this definitional plurality, this dissertation 

adopts a working definition that is fit for purpose: it treats organisational AI governance as a coherent system 

of interlinked mechanisms through which organisations align AI use with strategy and values, meet legal 

obligations, and operationalise the ethical principles they claim to uphold (Mäntymäki et al., 2022). At the 

same time, contemporary scholarship suggests an emerging shift in emphasis away from governance 

framings centred primarily on technical compliance or risk minimisation, a dominant orientation in many 

organisational control and risk-management approaches and towards broader accounts that foreground social 

legitimacy, public value, and sustained ethical oversight (European Commission, 2019; Floridi et al., 2018; 

U.S. Department of Commerce, 2023). This broader framing is reinforced by critiques that warn against 

treating high-level principles as sufficient evidence of effective governance, noting that principles often 

mask deep normative disagreement and routinely fail to translate into practice without robust accountability 

arrangements and professional norms (Mittelstadt, 2019). Within this tradition, sociotechnical perspectives 

explicitly position AI governance as inseparable from the social, political, and cultural environments in 

which AI is developed and deployed and argue that governance should be anchored in substantive ethical 

aims, such as promoting human flourishing rather than reduced to narrow procedural compliance (Stahl, 

2021).  

Complementing this ethical and normative orientation, Butcher and Beridze (2019) describe AI governance 

as the constellation of global initiatives, principles, policies, standards, and regulatory proposals designed to 

steer AI development. Their analysis highlights the interaction between soft-law and hard-law instruments 

and depicts governance as an evolving global ecosystem of formal and informal rules. This literature 
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highlights the increasing institutionalisation of AI governance within international policymaking, regulatory 

experimentation, and transnational standard-setting efforts. 

Taken together, these perspectives frame AI governance as a macro-level construct. They articulate 

universal, institutional, and general principles that operate at societal or global scales, shaping the broader 

normative and regulatory environment in which organisations must function. In this sense, they provide a 

conceptual foundation for understanding what AI governance seeks to achieve and why governance is 

necessary, positioning responsible AI as a collective societal project rather than an organisation-specific 

technical procedure. This distinction is analytically significant for this dissertation, as the research questions 

concern how organisations implement and adapt governance frameworks within these external normative 

environments. 

However, translating these high-level principles into organisational practice requires more granular 

conceptualisations. As a result, a second stream of scholarship defines AI governance as a subset of 

corporate and IT governance. Drawing on these traditions, authors emphasise decision rights, accountability 

structures, and control mechanisms specific to AI systems, nested within broader organisational governance 

arrangements (Capgemini Research Institute, 2020; International Institute for Management Development, 

2023). In this view, AI governance concerns who decides which systems are developed or deployed, how 

risks are assessed and mitigated, and how oversight is enacted over time. This meso- and micro-level 

orientation focuses on how organisations operationalise ethical and regulatory expectations within their 

internal structures, cultures, and processes.  

A further technical orientation defines AI governance in terms of procedures and tools that ensure AI 

systems are fair, transparent, robust, and auditable. For example, Raji et al. (2020) foreground algorithmic 

auditing as a core governance mechanism, while Morley et al. (2020) catalogue methods are designed to 

translate high-level ethical principles into concrete organisational and technical practices. These perspectives 

highlight the practical challenges of embedding responsible AI principles into system design, development, 

and evaluation. 

Together, these organisationally focused perspectives illustrate the shift from broad normative aspirations to 

the operational realities of governance, where principles must be interpreted, prioritised, and enacted within 
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the specific constraints and incentives of organisational life. This conceptual progression from macro-level 

institutional visions to micro-level organisational mechanisms provides the analytical scaffolding for 

examining how organisations implement and adapt AI governance frameworks, as explored in the 

subsequent chapters. 

As such, the literature increasingly supports the idea that AI governance is multi-dimensional (Cath, 2018; 

Gasser & Almeida, 2017), spanning (1) institutional and normative arrangements, such as ethical 

frameworks and broad regulatory norms (Dafoe, 2018; Floridi et al., 2018). (2) Organisational structures and 

processes, including internal oversight committees and risk management workflows (International 

Organization for Standardization, 2022; Mökander et al., 2021) and (3) technical mechanisms, which 

operationalise these norms through audits, documentation, and explainability tools (Mitchell et al., 2019; 

Raji et al., 2020). 

For the purposes of this dissertation, and in direct support of RQ1 and RQ2, AI governance is defined as “the 

set of institutional, organisational, and technical arrangements through which organisations direct, control, 

and oversee the design, deployment, and ongoing use of AI systems so that they align with ethical principles, 

legal requirements, and organisational values”. The above definition is adopted because it recognises the 

multi-level nature of AI governance (institutional, organisational, and technical) (Cath, 2018; Dafoe, 2018), 

foregrounds organisational decision-making and responsibility, specifically the mandate to direct and 

oversee (International Organization for Standardization, 2022) which is central to the research questions, and 

explicitly links governance to both normative goals (ethical principles, societal values) and formal 

constraints (law, regulation) (European Commission, 2019; Floridi et al., 2018). 

2.4 Ethical Principles as Foundations 

A consistent theme in the literature is convergence around a core set of ethical principles. Fjeld et al. (2020) 

analysed 84 ethical guidelines and identified repeated emphasis on fairness, accountability, transparency, 

privacy, and human rights. Jobin et al. (2019) similarly document global patterns of convergence, though 

with regional variation. For example, stronger rights-based discussion in European guidelines and greater 

emphasis on innovation and economic competitiveness in US-based documents. This divergence reflects 

different regulatory traditions and institutional priorities, indicating that ethical AI governance is shaped by 
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societal context as well as technical risk (Veale & Zuiderveen Borgesius, 2021). Farooq et al. (2021) and 

Attard-Frost et al. (2023) synthesise these guidelines and show that, despite differences in terminology and 

emphasis, most frameworks converge on a small set of recurring principles, often framed around 

transparency, justice and fairness, non-maleficence, responsibility, and privacy. These principles are often 

treated as a normative anchor for AI governance, providing high-level criteria against which organisational 

practices can be evaluated by internal governance functions (e.g., ethics committees and risk teams), external 

auditors and regulators, and affected stakeholders. 

However, the literature is clear that principles alone are insufficient. First, key concepts such as “fairness” 

are contested: they can be put in place as demographic parity, equal opportunity, calibration, or other formal 

criteria, each with different technical and ethical implications (Khan et al., 2022). Second, transparency is 

constrained by the inherent complexity and opacity of many AI systems, sometimes referred to as the “black 

box problem” (Burrell, 2016). Third, tensions arise between principles. For example, enhancing transparency 

may conflict with privacy or intellectual property concerns. Therefore, Mittelstadt (2019) argues that, due to 

these issues, principles cannot guarantee ethical AI in themselves. They need to be supported by governance 

structures, processes, and tools that guide trade-offs and make explicit how principles are interpreted and 

applied in specific organisational contexts. This insight directly motivates the focus of this dissertation on 

governance frameworks as mechanisms for implementing and adapting principles in practice. 

2.5 Comparisons between Soft and Hard Laws 

Scholars often distinguish between soft law voluntary codes of conduct, industry guidelines, standards, and 

best-practice frameworks and hard law binding regulations backed by enforcement mechanisms (Butcher & 

Beridze, 2019). Historically, AI governance has been dominated by soft law instruments, reflecting the rapid 

pace of technological change and the relative slowness of formal regulatory processes. 

Critics question whether soft law is sufficient. Mittelstadt (2019) and Munn (2023) argue that many 

guidelines are “toothless”, easily co-opted for publicity purposes without leading to meaningful change in 

organisational behaviour. This reflects broader concerns about ethics washing (Attard-Frost et al., 2023; 

Farooq et al., 2021). Recent regulatory developments, particularly the European Union’s AI Act, signals a 

shift towards hard law. The AI Act introduces a risk-based approach, categorising AI systems into 
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unacceptable, high, limited, and minimal risk, and imposing binding obligations on high-risk systems around 

documentation, monitoring, transparency, and human oversight (European Union, 2024; Veale & Zuiderveen 

Borgesius, 2021). However, commentators also warn that overly burdensome regulation may stifle 

innovation and disproportionately affect small and medium enterprises (SMEs) (Veale & Zuiderveen 

Borgesius, 2021). 

In the New Zealand context, the Manage My Health cyber incident illustrates how hard-law mechanisms, 

including urgent injunctive relief can operate alongside privacy-regulatory guidance and executive oversight 

to constrain downstream harms and stabilise public trust following a high-impact data breach ("Manage My 

Health Ltd v Unknown Defendants [2026] NZHC 2," 2026; Office of the Privacy Commissioner, 2026b). 

The literature increasingly points towards hybrid models that combine soft-law flexibility with hard-law 

enforceability, seeking to capture the benefits of both approaches (Butcher & Beridze, 2019; Cath, 2018; 

Veale & Zuiderveen Borgesius, 2021). This hybrid logic underpins many emerging governance frameworks 

and is directly relevant to assessing which frameworks are “most effective” for responsible AI use (RQ2). 

2.6 Ethical Challenges in AI 

2.6.1 Algorithmic bias and discrimination 

Algorithmic bias is one of the most persistent ethical challenges associated with AI. Bias arises when 

training data reflect historical inequalities or when model design embeds normative assumptions, resulting in 

discriminatory outcomes against vulnerable groups (Ryan & Stahl, 2020). A widely cited study by 

Buolamwini and Gebru (2018) exposed significantly higher error rates for darker skinned women in 

commercial facial recognition systems, illustrating how model performance can vary systematically across 

demographic groups. In Aotearoa New Zealand, the Privacy Commissioner’s inquiry into Foodstuffs North 

Island’s live facial recognition trial explicitly noted known bias and accuracy issues for people of colour and 

flagged potential impacts for Māori, Pasifika, Indian, and Asian shoppers (Office of the Privacy 

Commissioner, 2025b). Media reporting on such deployments further illustrates that biometric AI in public-

facing settings is socially contested and places governance decisions under heightened public scrutiny (Radio 

New Zealand, 2024). Collectively, these findings demonstrate that AI can reproduce and amplify existing 

structural inequities if not carefully governed. 



Chapter 2: Literature Review 
 

24 
 

2.6.2 Transparency and explainability 

The opacity of many AI models makes it difficult for stakeholders including affected individuals, regulators, 

and even developers to understand how decisions are made, to meaningfully contest outcomes, or to assess 

whether a system meets legal and ethical requirements (Burrell, 2016; Pasquale, 2015). The lack of 

explainability undermines accountability, as it becomes unclear who is responsible when AI systems cause 

harm or generate contested decisions. Sargiotis (2024) point out the challenge of providing explanations that 

are both technically meaningful and understandable to non-expert stakeholders. 

2.6.3 Privacy and data integrity 

AI systems depend on large volumes of data, often including personal information, raising concerns about 

privacy, consent, surveillance, and potential misuse (Jobin et al., 2019). Weak data governance can lead to 

compromised data integrity and quality, which in turn undermines model performance and fairness. The rise 

of generative AI intensifies these issues, as models may inadvertently memorise and reproduce sensitive 

data, blurring boundaries between training data and outputs. Effective governance must therefore integrate 

AI ethics with existing data protection regimes, ensuring that data collection, processing, and retention 

practices are aligned with both legal requirements and ethical expectations. In Aotearoa New Zealand, the 

Biometric Processing Privacy Code 2025 illustrates the growing specificity of privacy expectations for 

biometric and AI-enabled identification practices (Office of the Privacy Commissioner, 2025a). 

2.6.4 Accountability deficits 

Responsibility for AI outcomes is often distributed across developers, managers, vendors, and end-users, 

creating what Matthias (2004) calls a “responsibility gap”. Organisations have experimented with advisory 

boards and ethics committees as mechanisms to address this, but empirical studies suggest that robust 

accountability mechanisms remain rare and unevenly implemented (Attard-Frost et al., 2023; Munn, 2023). 

The challenge for governance frameworks is thus to clarify who is accountable for which decisions across 

the AI life cycle, and to ensure there are meaningful consequences and remediation pathways when harms 

occur. 
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2.7 Organisational Responses and Practices 

Many organisations respond to ethical AI risks by adopting high-level codes of conduct aligned with widely 

cited principles frameworks and by establishing ethics boards or advisory groups to review higher-risk 

applications (Farooq et al., 2021; Fjeld et al., 2020). While these structures indicate growing recognition that 

ethical AI requires formal oversight, their practical influence varies substantially with mandate clarity, 

independence, resourcing, and proximity to decision-making power (Attard-Frost et al., 2023). In addition, 

such arrangements are more feasible in large, well-resourced firms, whereas smaller organisations often need 

proportionate governance mechanisms that fit their capacity and risk profile rather than replicating 

committee-heavy models (Capgemini Research Institute, 2020; Morley et al., 2020). 

2.7.1 Codes of conduct and advisory boards 

Many organisations have adopted high-level AI ethics principles or codes of conduct, often aligned with 

widely cited frameworks (Farooq et al., 2021; Fjeld et al., 2020). Some have also implemented ethics boards 

and advisory groups. For example, Microsoft’s AETHER Committee (Accountability, Ethics, and 

Transparency in AI) provides internal review of high-risk AI projects, while SAP engages external experts to 

advise on AI ethics (International Institute for Management Development, 2023). 

These initiatives signal recognition of the need for oversight and cross-functional deliberation. However, 

empirical analyses suggest that the influence of such bodies varies widely depending on their mandate, 

resourcing, and organisational position (Attard-Frost et al., 2023). Moreover, these structures are most 

readily established in large, well-resourced organisations; smaller firms and many resource-constrained 

organisations may instead require proportionate governance mechanisms that fit their capacity and risk 

profile (Capgemini Research Institute, 2020; Morley et al., 2020). This suggests that merely establishing 

committees is insufficient; rather, how they are integrated into governance structures is crucial. 

2.7.2 Audits and risk assessments 

Another set of organisational responses involves audits and risk assessments. Raji et al. (2020) propose an 

end-to-end framework for internal algorithmic auditing, emphasising documentation, process traceability, 

and stakeholder engagement. However, evidence suggests uneven adoption in practice: in a multi-country 
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executive survey, only 46% of organisations reported that the ethical implications of current AI systems were 

independently audited (Capgemini Research Institute, 2020). Regulatory experiments illustrate both the 

promise and limitations of mandated audits. New York City’s Local Law 144 requires employers to obtain 

an annual independent “bias audit” for automated employment decision tools and publicly post audit-related 

information alongside candidate notices (New York City Department of Consumer and Worker Protection, 

2021). Yet an empirical assessment of employer facing transparency found very low observable posting of 

audit reports and notices, and argues that “null compliance” can arise because employers retain substantial 

discretion over whether a system is considered in scope, while the regime relies heavily on transparency and 

end-user accountability rather than robust verification (Wright et al., 2024). Concerns about scope-narrowing 

are also visible in the rulemaking record: Hickok (2023) argues that definitional qualifiers can create 

loopholes that “significantly narrow the scope and intent” of the law. Taken together, this case illustrates that 

even when audit requirements exist, governance outcomes depend on precise scoping, independent 

verification, and credible oversight mechanisms (Hickok, 2023; Wright et al., 2024). 

In healthcare settings, the rapid uptake of AI “scribe” tools provides a concrete illustration of how privacy 

and governance risks emerge alongside operational benefits. In a New Zealand primary care survey, 

Ballantyne et al. (2025) found that only 66% of respondents had read the scribe tool’s terms and conditions 

and only 59% reported seeking patient consent, while concerns included data security and the possibility of 

data leaving New Zealand. In parallel, professional expectations are being formalised: the Medical Council 

of New Zealand’s draft statement explicitly includes scribing tools within scope and emphasises that AI must 

be used responsibly in ways that prioritise patient safety and privacy, and that clinicians remain accountable 

for decisions and actions (Medical Council of New Zealand, 2025). From a legal and organisational 

governance perspective, the Office of the Privacy Commissioner (2024) clarifies that when personal 

information is stored or processed by a 3rd party provider, the originating organisation remains responsible, 

and that heightened risks arise where providers may use information for their own purposes (including as AI 

training data) or where cross-border disclosures may occur. These obligations sit within sector-specific 

privacy rules: the Health Information Privacy Code 2020 governs how health agencies collect, use, hold, and 

disclose identifiable health information and includes explicit constraints relevant to disclosure and offshore 
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disclosure, reinforcing the need for privacy impact assessment and vendor governance as part of AI tool 

adoption (Office of the Privacy Commissioner, 2020). 

2.7.3 Ethics washing and symbolic governance 

A critical strand of the literature warns that some corporate AI ethics initiatives are largely symbolic. Attard-

Frost et al. (2023) and Munn (2023) document how organisations may adopt ethics statements and publish 

guidelines while continuing to engage in questionable practices, a phenomenon frequently labelled “ethics 

washing”. Farooq et al. (2021) similarly note that many guidelines lack mechanisms for enforcement or 

monitoring. These findings reinforce the importance of moving from principles and public commitments 

towards robust governance arrangements that shape everyday decision-making. 

2.7.4 Incident response and breach management 

From an organisational practice perspective, the organisation’s public incident updates, considered alongside 

communications from the National Cyber Security Centre and the Office of the Privacy Commissioner, 

provide a practice-facing account of how governance expectations are enacted through containment, 

notification, coordination, and remediation during an evolving cyber event (Manage My Health, 2026; 

National Cyber Security Centre, 2026; Office of the Privacy Commissioner, 2026d). 

2.8 Governance Frameworks for Ethical AI 

This section reviews key governance frameworks proposed in the literature, focusing on their underlying 

logics and implications for organisational practice. 

2.8.1 Principles-based frameworks 

Early governance work is dominated by principles-based frameworks. Butcher and Beridze (2019) survey 

global initiatives and find heavy reliance on voluntary principles such as fairness, transparency, 

accountability, and privacy. Floridi et al. (2018) propose the AI4People framework, which articulates a set of 

principles and recommendations aimed at promoting a “good AI society”. 

Principles-based frameworks provide flexibility and are relatively easy to adopt, making them attractive to 

organisations and policymakers. However, their lack of enforceability and operational detail limits their 
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capacity to drive substantive change (Mittelstadt, 2019; Munn, 2023). For the purposes of this dissertation, 

these frameworks are best understood as normative reference points rather than complete governance 

solutions. 

2.8.2 Risk-based approaches 

More recent frameworks adopt risk-based approaches (European Union, 2024). The European Union’s AI 

Act is the most prominent example, classifying AI systems into unacceptable, high, limited, and minimal risk 

categories and imposing corresponding obligations (Veale & Zuiderveen Borgesius, 2021). High-risk 

systems must undergo conformity assessments, maintain detailed documentation, and implement ongoing 

monitoring and human oversight (Schuett, 2023). 

Risk-based frameworks have important implications for organisations. They require systems for identifying 

and classifying AI applications, assessing potential harms, and ensuring compliance with risk-specific 

requirements (Schuett, 2023). They also create incentives to avoid or carefully justify high-risk applications. 

However, these frameworks may pose resource and capability challenges, particularly for SMEs (Kop, 2021; 

Renda et al., 2021). 

2.8.3 Sector specific models 

Sectoral frameworks highlight how ethical AI governance is applied in specific contexts. For example, in 

healthcare industries, Morley et al. (2020) emphasise the importance of equity, privacy, and interpretability 

in diagnostic and decision-support systems, noting that failures in these areas can exacerbate existing health 

inequities. In the financial sector, Qureshi et al. (2024) discuss ethical considerations in AI-driven financial 

services, including privacy, bias mitigation, and algorithmic transparency, and link these directly to 

regulatory compliance and consumer protection. In the public sector, Whittlestone et al. (2019) and related 

work highlight concerns around surveillance, citizen trust, and patchy adoption of governance mechanisms. 

This is particularly evident where AI is used in policing (Richardson et al., 2019), welfare (Eubanks, 2018), 

or immigration, often leading to a “digital welfare state” characterised by rigid automated decision-making 

and reduced accountability (Alston, 2019).  
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These sector-specific models emphasise that “effective” governance is context-dependent: what is adequate 

in one domain may be insufficient in another, depending on stakes, power asymmetries, and regulatory 

environments. 

2.8.4 Hybrid models and human flourishing 

Emerging hybrid models seek to combine the flexibility of principles-based approaches with the 

enforceability of regulation and the specificity of technical safeguards. Stahl et al. (2021) for instance, 

propose governance that integrates ethical principles, legal compliance, and organisational accountability 

with a view to supporting human flourishing. Hybrid models are particularly instrumental in addressing 

RQ2, which seeks to identify the most effective governance frameworks for responsible AI. By moving 

beyond purely symbolic ethics, these models offer tangible frameworks that can be embedded directly within 

organisational governance systems, allowing for a rigorous evaluation of their practical effectiveness. 

2.9 Empirical Findings on Implementation 

Systematic reviews and empirical studies provide critical insight into how governance frameworks are 

applied in practice and where they fall short. Fjeld et al. (2020) show convergence on ethical principles but 

divergence in how they are interpreted and implemented, pointing to the principles-to-practices gap. Jobin et 

al. (2019) document the global spread of AI ethics guidelines and highlight cultural and political differences 

for example, variations in emphasis on human rights, innovation, or national security. Capgemini Research 

Institute (2020) find that while most organisations recognise the importance of ethical AI, relatively few 

have robust governance processes such as formal audits, impact assessments, or dedicated governance roles. 

Stahl et al. (2021) identify selective adoption of mitigation strategies, with organisations more likely to 

implement low-cost measures (e.g., ethics training) than resource-intensive practices (e.g., independent 

audits or redesigning business models). Taken together, these empirical studies suggest that external 

pressures including regulatory expectations, industry norms, and public scrutiny do encourage organisations 

to adopt some governance practices. However, they also reveal persistent barriers such as privacy concerns, 

lack of governance frameworks, scepticism toward algorithmic outputs, capacity constraints, and competing 

organisational priorities. Nonetheless, the empirical evidence base remains relatively limited and is often 
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skewed towards analyses of principles and policy proposals rather than longitudinal evaluations of 

governance interventions and their outcomes (Attard-Frost et al., 2023; Munn, 2023). 

2.9.1 Key challenges and gaps in practice 

Based on the literature reviewed, several persistent challenges can be identified. The Principles-to-practices 

gap, where ethical principles remain abstract and difficult to operationalise (Mittelstadt, 2019). Organisations 

frequently endorse principles but lack clear processes, metrics, or tools for implementation (Morley et al., 

2020). Furthermore, lack of standardisation and variation in fairness definitions, auditing methods, and 

documentation practices undermines comparability and consistency across organisations and sectors (Fjeld et 

al., 2020; Raji et al., 2020). Transparency limitations means proprietary models and trade secrets constrain 

transparency (Pasquale, 2015), as do technical limitations of explainability for complex models (Burrell, 

2016). Weak accountability mechanisms inadvertently means responsibility gaps persist, and there are few 

enforceable methods to assign responsibility and provide remedies when harms occur (Matthias, 2004; 

Munn, 2023; Raji et al., 2020). Cultural and political differences brings light to divergent governance 

philosophies, such as rights based approaches in Europe versus innovation-focused approaches elsewhere 

which complicate international harmonisation (Jobin et al., 2019; Roberts et al., 2021). These challenges 

emphasise that effective AI governance is not simply a matter of selecting the “right” principles or 

frameworks; it requires sustained organisational effort to design, implement, and evaluate governance 

arrangements in context. 

2.9.2 Importance of practice and empirical evidence 

A critical theme across the literature is the necessity of grounding ethical governance in practice and 

empirical evidence. Given the recency of the incident, peer-reviewed evaluations of implementation 

effectiveness are not yet available; accordingly, the Manage My Health case is treated as contextual grey 

literature that motivates the research problem and illustrates governance dynamics, rather than being 

included as empirical evidence within the systematic review dataset ("Manage My Health Ltd v Unknown 

Defendants [2026] NZHC 2," 2026; Office of the Privacy Commissioner, 2026a, 2026c). Conceptual 

principles and frameworks provide direction, but without empirical validation they risk remaining 

ineffective. 
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The example of New York City’s bias audit regime illustrates how poorly designed regulation can fail to 

improve fairness outcomes if audits are narrow in scope, weakly enforced, or detached from broader 

organisational change. In healthcare, empirical studies show that without attention to model interpretability, 

clinical workflow integration, and data quality, AI systems can exacerbate, rather than reduce, health 

inequities (Morley et al., 2020). In finance, Qureshi et al. (2024) highlight how empirical testing of 

algorithms for bias and transparency directly affects regulatory compliance and consumer outcomes. 

For this dissertation, the implication is clear: evaluating governance frameworks requires attention not only 

to their conceptual coherence but also to how they are enacted in real organisational settings and what effects 

they have. This provides the rationale for focusing the systematic literature review on organisational 

experiences of implementing and adapting AI governance frameworks (RQ1) and on reported evidence of 

their effectiveness (RQ2). 

2.9.3 Research gaps and implications for this study 

Overall, this chapter demonstrates that the literature on ethical AI governance is vibrant yet fragmented. 

Reviews of ethical guidance indicate broad convergence around recurring principles, but they also reveal 

persistent disagreement over definitions, prioritisation, and the degree to which principles can be translated 

into actionable organisational controls (Jobin et al., 2019; Morley et al., 2020). This is reflected in a central 

debate in the field: whether ethical governance is best advanced through voluntary, principles-based “soft 

law” approaches that encourage organisational learning and flexibility, or through enforceable “hard law” 

regimes that standardise obligations and create stronger accountability (Butcher & Beridze, 2019; European 

Union, 2024). Even within regulatory approaches, scholarship highlights tensions between innovation and 

compliance, with concerns that risk-based models may impose disproportionate burdens or encourage box-

ticking compliance, particularly for smaller organisations, unless supported by clear guidance, monitoring, 

and meaningful enforcement practices (European Union, 2024; Veale & Zuiderveen Borgesius, 2021).  

At the organisational level, the literature similarly contrasts symbolic adoption with substantive 

implementation. While governance frameworks and organisational mechanisms are increasingly promoted, 

including practices like audits and broader assurance activities, evidence of sustained effectiveness remains 

limited, and many studies continue to emphasise a “principles-to-practices” gap (Morley et al., 2020; Raji et 
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al., 2020). Moreover, what counts as “effective” governance is shaped by the ethical problems governance is 

meant to mitigate, most consistently, bias and unfairness, opacity, privacy risks, and unclear accountability, 

and by contextual factors such as organisational capability, sectoral constraints, and the surrounding 

regulatory environment (Capgemini Research Institute, 2020). These gaps justify the systematic literature 

review undertaken in this dissertation to synthesise how organisations implement and adapt AI governance 

frameworks and to assess which approaches appear most effective in supporting responsible AI use. Chapter 

3 therefore sets out the methodology for the review, including the search strategy, inclusion and exclusion 

criteria, and the analytical approach used to interpret and synthesise the evidence. 
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Chapter 3: Methodology 

3.1 Introduction 

This chapter sets out the methodology used to investigate ethical governance of artificial intelligence (AI) in 

organisational contexts. The dissertation is guided by two research questions: RQ1: How do organisations 

implement and adapt governance frameworks to ensure the ethical use of AI technologies? RQ2: What are 

the most effective governance frameworks for ensuring responsible AI use in organisations? A 

methodological approach capable of producing a transparent and reproducible synthesis is required because 

the literature is interdisciplinary, fast-moving, and characterised by uneven translation of ethical principles 

into organisational practice. Indeed, prior research shows that ethical AI guidance has proliferated globally, 

yet governance often remains aspirational, fragmented, and inconsistently operationalised-an enduring 

“principles-to-practice” gap (Fjeld et al., 2020; Jobin et al., 2019; Mittelstadt, 2019; Morley et al., 2020). 

Building on the conceptual framing developed in Chapter 2, this chapter explains how the study 

systematically identified, screened, appraised, extracted, and synthesised peer-reviewed and scholarly 

literature to generate the evidence base for Chapter 4 (Findings) and Chapter 5 (Discussion). 

3.2 Research Approach and Logic of Inquiry 

This dissertation is positioned within an interpretivist sensibility that treats ethical AI governance as an 

organisational accomplishment rather than a purely technical artefact. Governance is enacted through 

structures, processes, accountabilities, and socio-technical practices that are interpreted and negotiated within 

specific institutional and organisational conditions (Mäntymäki et al., 2022; Raji et al., 2020). This stance is 

appropriate because ethical governance is most clearly expressed in operational decisions and routines, such 

as how organisations set risk tolerances and escalation thresholds, define oversight roles and decision rights, 

specify documentation and transparency standards, implement audit and monitoring practices, and allocate 

accountability for downstream impacts (Mökander et al., 2021; Raji et al., 2020). 

The analysis is guided by an abductive logic of inquiry. Abduction is particularly suitable for a qualitative 

synthesis in a contested and evolving domain because it allows the researcher to move iteratively between 

empirical material and theory, refining explanatory interpretations as patterns emerge (Timmermans & 
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Tavory, 2012). In this study, the abductive approach supports two goals: first, to remain anchored in the 

empirical claims and evidence presented in the included studies; and second, to interpret those claims using 

the conceptual vocabulary established in Chapter 2 (including governance mechanisms such as audits, 

impact assessments, oversight bodies, standards, and accountability processes). This approach is well aligned 

with the dissertation’s applied focus: the intent is not merely to catalogue ethical principles but to explain 

how governance is operationalised and what conditions appear to support effectiveness. 

3.3 Research Design: Systematic Literature Review 

To address the research questions with rigour and transparency, the dissertation adopts a systematic literature 

review (SLR) design. In management and organisational research, SLRs are valued for producing evidence-

informed syntheses that are less vulnerable to selective citation and post hoc inclusion decisions than 

narrative reviews (Denyer & Tranfield, 2009; Tranfield et al., 2003). The SLR approach is appropriate here 

because research on ethical AI governance is distributed across business ethics, management, information 

systems, public administration, law and policy, and computing-oriented outlets. An SLR provides a 

structured method for locating relevant studies across these boundaries and for documenting selection 

decisions in a traceable manner. Contemporary incident reporting and other non-peer-reviewed materials 

were excluded from the systematic review dataset; where cited, such sources are used only for contextual 

framing and are not treated as empirical evidence for answering the review questions. 

The review employs a qualitative synthesis logic. Given the variation of research designs and outcomes in 

this field, ranging from conceptual frameworks and organisational case studies to surveys and evaluative 

audits, statistical meta-analysis is not feasible or conceptually appropriate. Instead, the review employs 

thematic synthesis to integrate findings into analytically coherent themes that directly address both research 

questions (Braun & Clarke, 2006; Thomas & Harden, 2008) 

3.4 Review Protocol and Reporting Standard 

The review is reported in alignment with the PRISMA 2020 statement (Page et al., 2021). PRISMA is used 

as a transparency and audit-trail framework, documenting each stage from identification of records through 

screening, eligibility assessment, and final inclusion. In addition, the design follows established guidance on 

systematic reviewing in management research (Denyer & Tranfield, 2009; Tranfield et al., 2003) and draws 
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on contemporary methodological discussions about rigour and transparency in review work (Fan et al., 2022; 

Snyder, 2019). Together, these sources inform the protocol’s emphasis on replicability, explicit inclusion 

rules, and careful documentation of selection and synthesis procedures. 

3.5 Scoping of Prior Reviews and Protocol Refinement 

Before finalising the protocol, an initial scoping exercise was undertaken to understand how the field has 

been previously mapped and where gaps in evidence remain. This scoping did not form part of the final SLR 

included studies; rather, it was used to refine the search terminology and to ensure that the review design 

responded to recognised weaknesses in the literature, particularly the tendency for ethics discourse to 

emphasise high-level principles without corresponding detail about organisational implementation and 

evaluation (Mittelstadt, 2019; Morley et al., 2020). Key insights from global mappings of AI ethics 

guidelines were used to inform keyword development and to ensure that the search strategy captured both 

principle-based and practice-oriented scholarship (Fjeld et al., 2020; Jobin et al., 2019). The scoping phase, 

therefore, strengthened construct clarity and improved search sensitivity to governance mechanisms that may 

not be labelled uniformly across disciplines. 

3.6 Search Strategy 

3.6.1 Information sources 

The primary search was conducted in July 2025 using the EBSCOhost platform (via AUT Library access). 

EBSCOhost was selected because it provides integrated searching across multiple disciplinary collections 

and supports the construction of systematic queries, the application of consistent limiters, and export to 

reference management software. Given the interdisciplinary nature of ethical AI governance, the review 

sought to capture organisational and managerial scholarship alongside material from computing and the 

applied sciences. The core collections searched included Business Source Premier and Business Source 

Complete (management and organisational research), Academic Search Complete (multidisciplinary 

coverage), and Computers & Applied Sciences Complete (technology-oriented scholarship), alongside 

additional AUT-licensed EBSCO collections accessible at the time of search. To support replicability, the 

full list of collections searched is provided in Table 7 in Appendix A. 

3.6.2 Temporal scope 



Chapter 3: Methodology 

36 
 

The review covered publications from 2015 to 2025. This ten-year window is methodologically chosen for 

three reasons. First, it captures the acceleration of organisational AI adoption associated with contemporary 

machine learning capabilities and increasing deployment of automated decision systems in operational 

contexts. Second, it reflects the period in which “ethical AI” shifted from a predominantly normative 

discussion to a more applied governance agenda inside organisations, including the emergence of 

governance structures such as internal standards, oversight bodies, and audit routines. Third, the period 

encompasses major global regulatory and policy activity that has shaped organisational governance 

expectations and practice, for example, the OECD (2019a) principles and the European Commission (2019) 

Trustworthy AI guidance. 

3.6.3 Search fields and query construction 

Given the interdisciplinary nature of this topic, relevant studies often employ varying terminology. To 

address this, the search utilised EBSCOhost’s "TX" (All Text) field code. This approach maximised 

sensitivity by scanning the full text of articles rather than limiting the search to titles or abstracts, ensuring 

that significant studies using non-standard terminology were not overlooked. Following this broad retrieval, 

a manual screening of Titles (TI) and Abstracts (AB) was conducted to filter for precision and relevance. 

To ensure this study can be replicated by future researchers, the exact Boolean search string employed is 

detailed in Figure 1 below. The query utilises truncation (marked by an asterisk *) to capture grammatical 

variations of key terms. For example, organis searches for organisation, organisations, and organisational. 
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Figure 1. The final Boolean search string used in EBSCOhost 

TX (“artificial intelligence” OR AI OR “machine learning” OR “deep 
learning” OR “generative AI” OR “large language model*” OR LLM* OR 
“algorithmic decision*” OR “automated decision*”) 
AND TX (governance OR “AI governance” OR “governance framework*” OR policy 
OR policies OR oversight OR “risk management” OR audit* OR “algorithmic 
audit*” OR “impact assessment*” OR “model monitoring” OR compliance OR 
regulation OR regulatory OR standard* OR guideline*) 
AND TX (ethic* OR “responsible AI” OR “trustworthy AI” OR fairness OR bias 
OR discrimination OR accountability OR transparency OR explainab* OR 
privacy OR “data protection” OR “human rights” OR justice OR moral*) 
AND TX (organisation* OR organization* OR business OR firm* OR compan* OR 
enterprise* OR workplace* OR “public sector” OR government* OR agency) 

The query was limited to English-language publications within the 2015-2025 date range. Where 

EBSCOhost limiters were available, scholarly publication types were prioritised. The review included peer-

reviewed journal articles and refereed conference proceedings, as well as scholarly book chapters and 

dissertations that met relevance and quality criteria, reflecting the interdisciplinary nature of the publication 

landscape in this domain. 

3.6.4 Search refinement and documentation 

The search string was iteratively refined through pilot searches to balance recall (capturing the breadth of 

relevant governance and ethics terminology) and precision (reducing retrieval of purely technical 

optimisation studies with no governance or ethical content). Refinement was informed by the scoping work 

and by the conceptual framing developed in Chapter 2.  

3.7 Eligibility Criteria 

Eligibility criteria were established prior to screening to reduce ad hoc judgement and to ensure consistent 

selection decisions. Studies were eligible for inclusion if they: (a) addressed AI or closely related systems 

(including machine learning and automated decision systems); (b) engaged substantively with governance 

mechanisms (for example, oversight arrangements, policies, standards, audits, impact assessments, 

compliance mechanisms, or regulatory governance); (c) treated ethical considerations as central rather than 

incidental (for example, fairness/bias, accountability, transparency/explainability, privacy, rights-based 

concerns, or responsible AI framing); and (d) situated these issues within organisational contexts (such as 

firms, public agencies, workplaces, or institutional settings where governance structures and processes 

operate). Publications were required to be in English and to fall within 2015-2025. 
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Studies were excluded if they were primarily technical contributions focused on performance improvements 

without ethical and governance engagement; if they addressed individual attitudes or consumer behaviour 

without organisational governance relevance; or if they were non-scholarly grey literature (for example, 

blogs, news articles, and unreviewed commentary) where academic rigour could not be assured. Where 

seminal pre-2015 works were needed to support conceptual framing (for example, foundational discussions 

of accountability gaps), these were treated as part of Chapter 2 rather than included in the SLR included 

studies, consistent with the review’s “implementation-forward” evidentiary focus. 

3.8 Screening and Study Selection Procedure 

3.8.1 Record management 

All retrieved records were exported to EndNote for reference management, deduplication, and screening 

organisation. EndNote provided an auditable basis for tracking records through the review stages and 

ensured consistent handling of citations during extraction and write-up. 

3.8.2 Screening stages 

Screening proceeded in three stages. First, titles and abstracts were screened against the eligibility criteria to 

remove records that were clearly irrelevant. Second, full texts were assessed against the inclusion criteria and 

the study’s evidentiary requirements for addressing implementation/adaptation and effectiveness. Third, a 

snowballing reference list was undertaken from included studies and selected high-relevance papers to 

identify additional relevant literature that may not have been captured through keyword searching alone. 

Snowballing is particularly important in interdisciplinary fields where relevant work may be indexed 

inconsistently or described using non-standard terminology. 

3.8.3 Two-stage screening rubric: gatekeepers and evidence weighting 

To align the final included studies with the applied nature of the research questions, this review employed a 

two-stage rubric at title/abstract screening. Table 1 below shows Stage 1 applied mandatory “gatekeeper” 

criteria: studies had to explicitly address AI, governance mechanisms, and ethical orientation. Records were 

retained only if titles and abstracts simultaneously referenced artificial intelligence, governance mechanisms, 
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and ethical concepts. These filters ensured conceptual alignment with the review’s scope. A record stays in 

the pool only if all three gatekeepers match the title and abstract. 

Table 1. Stage 1 Gatekeeper (mandatory) filters 

Gatekeeper Why it is mandatory Required keywords (substring OR list) 

Artificial 
intelligence 
focus 

Keeps only work about AI 
systems (not generic IT). 

“artificial intelligence”, AI (as standalone token), 
“machine learning”, “deep learning”, 
“generative AI”, “algorithmic decision” 

Governance 
focus 

Ensures structural / oversight 
discussion (compared to 
technical design alone) 

governance, framework, oversight, policy/ies, 
standard/s, audit, compliance, regulation, 
regulatory 

Ethical 
orientation 

Anchors review in “responsible 
AI”, not performance 
optimisation 

any stem of ethic, responsible, trustworthy, bias, 
fairness, accountability, transparency, justice, 
moral 

 

Table 2 below shows Stage 2 used a structured scoring rubric to privilege studies able to speak directly to 

organisational implementation/adaptation and evaluative evidence. Specifically, studies were scored across 

four dimensions: organisational context (+1), implementation/adaptation detail (+2), evaluative evidence 

about governance effectiveness (+2), and empirical basis (+1), for a maximum of six points. Only studies 

achieving the maximum score (6/6) were progressed to full-text review. Papers passing the gatekeepers were 

scored across four dimensions totalling six possible points. Simple substring search, case-insensitive; 

stemming/truncation (*) used.  

Only papers achieving 6/6 were shortlisted for full-text analysis, producing a final included study of 38 

studies. This scoring approach allowed transparent, reproducible filtering of literature to ensure both 

relevance and methodological robustness. 
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Table 2. Stage 2: Point-scored criteria 

Code Construct Points Operational keywords Link to RQs 

O Organisational 
context 

+1 organisation/organisation, firm, 
company, corporate, enterprise, 
business, industry, management, 
hospital, bank, agency, government, 
public sector, institution 

Needed for “…in 
organisations” 
scope 

I Implementation / 
adaptation detail 

+2 implement*, adoption/roll-out, 
adapt*, embed*, operational*, 
maturity, change-management, 
integration, deployment 

Direct evidence 
for RQ 1 

E Evidence of 
effectiveness / 
evaluation 

+2 evaluate*/evaluation, compare/ison, 
outcome, effectiveness, audit, 
impact, assessment, metric, result, 
evidence 

Direct evidence 
for RQ 2 

M Empirical basis +1 data, survey, interview, case study, 
experiment, empirical, qualitative, 
quantitative, mixed-methods, field 
study, dataset, analysis 

Favours studies 
grounded in data 
rather than 
opinion 

This strict threshold is a deliberate methodological choice designed to operationalise the dissertation’s focus 

on the principles-to-practice gap. Prior scholarship has demonstrated that ethics guidance is abundant, yet 

evidence about implementation mechanisms and effectiveness is comparatively limited (Mittelstadt, 2019; 

Morley et al., 2020). A 6/6 threshold, therefore, functions as an evidence-density strategy: it concentrates the 

included studies on studies that provide organisational enactment detail and evaluative grounding, thereby 

improving the capacity of the synthesis to answer both research questions. The trade-off is that some high-

quality conceptual work may be excluded from the SLR included studies; however, this is structurally 

mitigated by the dissertation design, as conceptual foundations and normative debates are addressed 

comprehensively in Chapter 2, while Chapter 3 curates a included studies suited to implementation and 

effectiveness analysis. 

To address methodological sensitivity, namely, the risk that a strict threshold could systematically exclude 

important but less operationalised contributions, the review incorporated two mitigation strategies. First, 

citation chaining was employed to ensure that seminal governance contributions connected to the included 

studies were not inadvertently omitted due to indexing or terminology variations. Second, findings were 

interpreted with explicit acknowledgement of evidentiary boundaries: where a governance claim was 
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supported primarily by conceptual argument rather than evaluation, this was treated as suggestive rather than 

conclusive and was framed accordingly in Chapter 4 and interrogated in Chapter 5. 

3.8.6 PRISMA aligned flow of studies 

The PRISMA aligned process provides a transparent summary of how the final included studies was 

produced. The July 2025 search identified 262 records. After Stage 1 screening, 143 records were excluded 

because they failed at least one gatekeeper criterion (AI focus, governance focus, or ethical orientation). The 

remaining 119 records proceeded to Stage 2 scoring. Of these, 65 records were excluded because they scored 

below 6/6. This yielded 54 studies for full-text eligibility assessment. At full-text screening, 16 studies were 

excluded due to insufficient organisational implementation details, the absence of evaluative evidence 

relevant to governance effectiveness, or a lack of accessible full text. The final included studies comprised 

38 studies included in the qualitative synthesis. These counts are reported in the PRISMA flow diagram in 

Figure 2 below. 
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Figure 2. PRISMA 2020 Flowchart adapted from Page et al. (2020) 

 

 

3.9 Quality Appraisal 

In addition to relevance screening, the included studies were critically appraised to support quality-aware 

synthesis. The appraisal approach was informed by the Critical Appraisal Skills Programme (CASP) 

checklists and adapted to accommodate the diversity of study designs in the included studies (Critical 

Appraisal Skills Programme, n.d.). Rather than treating appraisal as a binary inclusion decision, the study 

used appraisal to inform evidentiary weighting during synthesis. That is, studies judged to have stronger 

methodological transparency, clearer data provenance, and more defensible evaluation logic were treated as 

higher-confidence sources when interpreting effectiveness claims, while weaker studies were used more 

cautiously as illustrative or hypothesis-generating material. 
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Across designs, the appraisal focused on the clarity of aims and governance constructs, the appropriateness 

of the method to research questions, the transparency of data sources and sampling, the credibility of the 

analysis, and the plausibility of claims about governance implementation or outcomes. For evaluative 

studies, particular attention was given to how “effectiveness” was defined, what indicators were used (for 

example, audit outcomes, compliance measures, documented improvements in governance practices, or 

stakeholder outcomes), and whether claims were supported by evidence rather than assertion. 

3.10 Data Extraction and Management 

Data extraction was conducted using a structured extraction matrix to support systematic comparison across 

studies and to maintain an auditable chain of evidence from primary sources to thematic claims. Matrix-

based extraction is widely used in qualitative evidence synthesis as a way of structuring varied materials for 

consistent analysis (Gale et al., 2013).  The extracted data in Table 10: comparative analysis of AI 

governance frameworks and implementation strategies within Appendix C were arranged to correspond with 

the extraction matrix headings in. For each article, bibliographic information was recorded, along with the 

appropriate evidence mapped to implementation details (RQ1) delineate how organisations execute and 

modify governance frameworks; governance focus (RQ2) encapsulates the type and orientation of the 

governance framework discussed; challenges reported; and framework components specify the concrete 

elements of the governance framework  

The extraction matrix served not only as a repository but also as an analytical instrument. It enabled cross-

study comparison of governance mechanisms, identification of recurring implementation pathways and 

barriers, and systematic assessment of how different studies conceptualised and evidenced governance 

“effectiveness”. Throughout the extraction, memos were used to record interpretive judgements, borderline 

inclusion decisions, and emerging conceptual connections to Chapter 2, thereby supporting transparency and 

reflexive awareness of the researcher’s interpretive role. 
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3.11 Data Synthesis and Analysis 

Given the variation of study designs and outcomes, the dissertation synthesised the evidence using a thematic 

synthesis approach. The synthesis followed an iterative process consistent with established thematic analysis 

and thematic synthesis approaches (Braun & Clarke, 2006; Thomas & Harden, 2008). Codes were initially 

generated to capture governance mechanisms, implementation dynamics, organisational enablers and 

constraints, and evaluative claims (for example, “use of lifecycle gates, monitoring, and governance 

checkpoints in deployment”; “committees/boards and explicit roles for accountability and oversight”). Codes 

were then clustered into descriptive themes that represent recurring patterns across the included studies (e.g., 

Theme 1 translating principles into practice; Theme 4 accountability and multi-level governance). Table 3 

below provides an audit trail demonstrating how raw text extracts were first coded descriptively and then 

aggregated into more abstract subthemes and final themes reported in Chapter 4. 

Table 3. Theme development audit trail (illustrative examples) 

Raw extracted code 
(examples) 

Category Subtheme Theme 

Ethics principles are 
high-level and 
unenforced; risk of 
'ethics washing' 

Principles to 
practice gap / 
symbolic 
compliance 

T1c Principles-to-
practice failure 

Theme 1: 
Translating 
principles into 
practice 

Use of lifecycle gates, 
monitoring, and 
governance checkpoints 
in deployment 

Workflow 
embedding 
mechanisms 

T1b Lifecycle 
embedding 

Theme 1: 
Translating 
principles into 
practice 

Sectoral constraints and 
domain-specific 
accountability (e.g., 
clinical governance) 

Contextual 
governance 
variation 

T2a Healthcare / T2b 
Public sector / T2c 
Finance 

Theme 2: Sector-
specific 
governance 
models 

Capability gaps; need 
ethics literacy, training, 
and governance maturity 

Organisational 
readiness 

T3b Capability & 
culture 

Theme 3: 
Organisational 
capacity and 
culture 

Data governance, 
privacy, and security as 
preconditions for 
responsible AI 

Data foundations T3c Data 
governance & 
privacy/security 
foundations 

Theme 3: 
Organisational 
capacity and 
culture 
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Committees/boards and 
explicit roles for 
accountability and 
oversight 

Internal decision 
rights 

T4a Internal 
accountability 
structures 

Theme 4: 
Accountability 
and multi-level 
governance 

Bias audits, evaluation, 
assurance and ongoing 
monitoring 

Assurance and 
control 

T4b Assurance 
mechanisms 

Theme 4: 
Accountability 
and multi-level 
governance 

Alignment with external 
regulation and standards 
(e.g., GDPR, emerging AI 
law) 

External 
legitimacy and 
compliance 

T4c External 
regulation/standards 
alignment 

Theme 4: 
Accountability 
and multi-level 
governance 

Risk-tiering and 
proportional governance 
to allocate controls by 
severity 

Risk-based 
governance 
design 

T5a Risk-
based/proportional 
governance 

Theme 5: 
Characteristics of 
effective 
governance 
frameworks 

Fairness/equity as design 
and governance criteria; 
bias/discrimination 
mitigation 

Equity-centred 
governance 

T5b Fairness/equity 
& discrimination 

Theme 5: 
Characteristics of 
effective 
governance 
frameworks 

GenAI introduces new 
risks (scale, opacity, 
misuse) requiring 
adapted governance 

Emerging 
technology 
adaptations 

T5c GenAI 
governance 
challenges 

Theme 5: 
Characteristics of 
effective 
governance 
frameworks 

Governance linked to 
trust, organisational 
performance, and value 
creation 

Effectiveness 
outcomes 

T5d Effectiveness 
outcomes 

Theme 5: 
Characteristics of 
effective 
governance 
frameworks 

To strengthen theoretical coherence while avoiding a biased, predetermined governance model, inductive 

themes were subsequently cross-checked against widely recognised normative frameworks such as OECD 

AI principles (OECD, 2019a) and the European Commission (2019) guidance on trustworthy AI. This step 

functions as analytic triangulation to support alignment between observed organisational practices (for 

example, audit routines, accountability structures, lifecycle management processes) and established 

governance principles (for example, accountability, transparency, fairness), while also enabling the synthesis 

to identify where organisational practice departs from, narrows, or selectively adopts normative frameworks. 

Following the coding process detailed in Table 3 above, five overarching themes emerged. Table 4 below 

presents a high-level overview of these themes, sorted by coverage showing the evidence base concentrated 
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most heavily on the organisational and accountability conditions of governance (Themes 3 and 4), and on 

characteristics associated with effective frameworks (Theme 5). By contrast, detailed descriptions of 

concrete operationalisation artefacts (for example, specific checklists, impact assessment templates, or model 

documentation protocols) appeared in only a small subset of studies, underscoring a recurring gap between 

high-level principles and implementable practice. This thematic framework is then used to organise the 

reporting of findings in Chapter 4. 

Table 4. Overview of themes and coverage across the included studies 

Theme Analytic focus n 
studies 

% of 
studies 

Theme 1: Translating 
principles into practice 

How ethics principles are 
operationalised through 
instruments, embedded in lifecycle 
workflows, and undermined by 
symbolic compliance. 

15 39% 

Theme 2: Sector-specific 
governance models 

How governance design varies by 
sector and domain constraints (for 
example, healthcare, public sector, 
finance, labour, justice). 

23 61% 

Theme 3: Organisational 
capacity and culture 

Capabilities, cultural conditions, 
and data foundations that enable or 
constrain responsible AI 
governance. 

31 82% 

Theme 4: Accountability and 
multi-level governance 

Internal accountability structures, 
assurance mechanisms, and 
alignment with external standards 
and regulation. 

32 84% 

Theme 5: Characteristics of 
effective governance 
frameworks 

Risk-based and fairness-focused 
approaches, GenAI-specific 
challenges, and reported 
effectiveness outcomes. 

36 95% 
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3.12 Rigour, Trustworthiness and Reflexivity 

Rigour in systematic review research is established through transparency, procedural consistency, and a 

defensible chain of evidence. This dissertation strengthens trustworthiness in four ways. First, the PRISMA-

aligned reporting provides an explicit audit trail for identification, screening, and inclusion decisions (Page et 

al., 2021). Second, the two-stage rubric establishes a clear inclusion logic aligned with the dissertation’s 

applied focus, thereby reducing subjectivity at the early screening stages. Third, the structured extraction 

matrix ensures consistent capture of key constructs and facilitates traceable movement from evidence to 

themes. Fourth, appraisal-informed weighting supports cautious interpretation of effectiveness claims, 

particularly where governance outcomes are asserted rather than evaluated. 

Because synthesis is interpretive, reflexivity is also necessary. The researcher’s prior engagement with the 

ethical AI governance literature (as developed in Chapter 2) provides analytic sensitivity but may also shape 

attention towards particular constructs (for example, audits, accountability, transparency). To manage this 

risk, reflexive memos (Appendix D and E) were maintained throughout screening, extraction, coding, and 

theme refinement to document borderline judgements, decision rationales, and code/theme changes, thereby 

strengthening transparency and auditability. These memos are complemented by the updated comparative 

synthesis table (Appendix C), which maps each included study to its RQ1/RQ2 contributions and reported 

outcomes, providing a clear evidence trail from study-level data to the thematic claims presented in Chapters 

4 and 5. 

3.13 Ethical Considerations 

The dissertation is based exclusively on secondary data from published sources and does not involve human 

participants, interviews, or collection of personal data. Formal ethics approval was therefore not required. 

Nevertheless, ethical scholarship obligations remain central. These include the accurate representation of 

primary studies, attribution and citation, and the avoidance of overclaiming where the evidence base is 

limited or methodologically weak. 
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3.14 Chapter Summary  

This chapter has described the methodology used to construct a rigorous evidence base for analysing ethical 

AI governance in organisations. Using a PRISMA-aligned systematic literature review design (Page et al., 

2021; Tranfield et al., 2003), the study searched EBSCOhost in July 2025, applied explicit eligibility criteria, 

and used a two-stage rubric to prioritise studies offering organisational implementation detail and evaluative 

evidence. Records were managed in EndNote, extracted through a structured matrix, appraised for quality 

using a CASP-informed approach, and synthesised via thematic synthesis with subsequent triangulation 

against established normative frameworks (Braun & Clarke, 2006; European Commission, 2019; OECD, 

2019a; Thomas & Harden, 2008). 

Chapter 4 presents the findings from the 38 included studies. It is organised to address the research questions 

in sequence: first, the governance mechanisms and adaptation patterns organisations use to operationalise 

ethical AI governance (RQ1), and second, the forms of evaluative evidence and effectiveness claims 

associated with governance approaches (RQ2). Discussion in Chapter 5 makes sense of the findings by 

linking them back to the key debates and missing pieces identified in the literature review in Chapter 2. It 

brings the evidence together to explain what we can be confident about, what is still unclear, and what 

organisations and researchers should focus on next.
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Chapter 4: Findings 

4.1 Overview of Thematic Findings 

This chapter reports the findings of the systematic literature review (SLR) examining governance 

frameworks that support responsible artificial intelligence (AI) use in organisations. The evidence base 

comprises 38 included studies, which were treated as the primary dataset for synthesis. Findings were 

developed through a transparent coding and thematic synthesis process. Specifically, extracted study-level 

data were coded and then iteratively grouped into subthemes, before being consolidated into five higher-

order themes: Translating principles into practice (theme 1), sector-specific governance models (theme 2), 

organisational capacity and culture (theme 3), accountability and multi-level governance (theme 4) and 

characteristics of effective governance frameworks (theme 5). To make the analytical pathway explicit, 

Table 3 in Chapter 3 shows examples of theme development audit trail, and summarises how salient codes 

were aggregated into categories, subthemes, and ultimately themes, and coverage of the themes across 

studies is summarised in Table 4 in Chapter 3. 

4.1.1 Governance frameworks 

Across the included studies, governance frameworks were most often described as combination of 

mechanisms, such as formal structures, repeatable processes, and supporting artefacts that operate across the 

AI lifecycle and often span organisational boundaries (Mäntymäki et al., 2022). Table 5 below summarises 

these mechanisms and how frequently they were reported in the evidence base. 

In the table, “governance mechanism type” refers to the broad category of mechanism described in the 

studies, “n studies” indicates how many of the included studies mentioned that mechanism, and the 

“representative contributing studies” column provides illustrative examples underpinning each category. 

Importantly, the mechanism types are non-mutually exclusive, meaning a single study could contribute to 

multiple categories (for example, a paper might discuss both lifecycle controls and committee oversight). 
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Table 5. Frequently reported governance mechanisms in the included studies (non-mutually exclusive) 

Governance 
mechanism type 

n studies Representative contributing studies 

Ethics principles, 
values statements, or 
guidelines 
(normative layer) 

18 Khan et al. (2022); Nalbandian (2022); Monyela and 
Tella (2024); Okun et al. (2023); Ridzuan et al. (2024); 
Bensa and Fattore (2024) 

Operationalisation 
tools (impact 
assessments, 
checklists, 
documentation, 
audits) 

8 Munn (2023); T. Zhou et al. (2025); Luo et al. (2025); 
Mujtaba (2025); D. Zhou et al. (2025); Yang et al. 
(2024) 

Lifecycle governance 
(deployment gates, 
monitoring, MLOps) 

11 Mäntymäki et al. (2022); T. Zhou et al. (2025); Luo et 
al. (2025); Bensa and Fattore (2024); Mujtaba (2025); 
(D. Zhou et al. (2025) 

Dedicated roles or 
bodies (ethics 
officers, committees, 
boards) 

18 Attard-Frost et al. (2023); Munn (2023); Khan et al. 
(2022); Mäntymäki et al. (2022); Monyela and Tella 
(2024); Okun et al. (2023) 

Capability building 
(ethics literacy, 
training, 
organisational 
maturity) 

14 Khan et al. (2022); Mäntymäki et al. (2022); Khadka 
and Ullah (2025); Monyela and Tella (2024); Luo et al. 
(2025); Mujtaba (2025) 

Data foundations 
(privacy, security, 
data governance) 

19 Khan et al. (2022); Batool et al. (2025); Nalbandian 
(2022); Khadka and Ullah (2025); Olawade et al. 
(2025); Luo et al. (2025) 

External alignment 
(regulation, 
standards, 
certification) 

25 Munn (2023); Mäntymäki et al. (2022); Batool et al. 
(2025); Khadka and Ullah (2025); Luo et al. (2025); 
Okun et al. (2023) 

As we can see in Table 5 above, the most frequently reported mechanism type was external alignment, such 

as references to regulation, standards, and certification that were reported in 25 studies, indicating that many 

governance approaches are framed in relation to external expectations and compliance pressures. Data 

foundations (privacy, security, and data governance) were also prominent (19 studies), reflecting the view 

that trustworthy data handling is a precondition for responsible AI governance. 

At the level of organisational design, ethics principles and guidelines (the “normative layer”) appeared in 18 

studies, but this is widely understood as insufficient on its own without operational controls and 

accountability structures (Mittelstadt, 2019; Munn, 2023). Complementing this, dedicated roles or bodies 
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(such as ethics officers, committees, or boards) were also reported in 18 studies, signalling the importance of 

formal oversight and decision rights in making governance actionable. More practice-oriented mechanisms 

included lifecycle governance (deployment gates, monitoring, and MLOps) reported in 11 studies, and 

operationalisation tools (impact assessments, checklists, documentation, and audits) reported in 8 studies, 

such as mechanisms that translate high-level principles into day-to-day governance routines (Morley et al., 

2020; Raji et al., 2020). In the end, 14 studies showed that competence building (ethical literacy, training, 

and organisational maturity) is important for good governance. This shows that good governance depends 

not only on rules and institutions, but also on the right skills and ability to follow them consistently. 

4.2 Theme 1: Translating Principles into Practice 

Theme 1 synthesises how organisations attempt to translate responsible AI principles into operational 

practice, drawing on 15 included studies (Alzebda & Matar, 2025; Attard-Frost et al., 2023; Bensa & Fattore, 

2024; Birkstedt et al., 2023; Ismail & Goh, 2024; Lacmanovic & Skare, 2025; Luo et al., 2025; Mac, 2024; 

Mäntymäki et al., 2022; Mujtaba, 2025; Munn, 2023; Palladino, 2023; Tian et al., 2025; D. Zhou et al., 2025; 

T. Zhou et al., 2025). Across these studies, the central challenge is not the absence of ethical aspiration, but 

the difficulty of specifying, embedding, and sustaining governance controls that meaningfully shape day-to-

day design and deployment decisions. 

4.2.1 Operationalisation of measurement instruments 

Only two studies provided comparatively concrete accounts of operationalisation instruments such as 

checklists, impact assessments, or standardised documentation (Lacmanovic & Skare, 2025; Munn, 2023). 

These studies emphasised that instrument design matters: the artefacts must be usable by practitioners, 

integrated with existing risk and compliance workflows, and supported by clear accountability for 

completion and review. In this evidence base, operationalisation was framed less as a one-off ‘ethics 

checklist’ exercise and more as a structured decision record that enables contestability and auditability over 

time (Lacmanovic & Skare, 2025; Munn, 2023). 
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4.2.2 Lifecycle embedding and continuous governance 

A broader set of 11 studies argued that effective governance depends on embedding controls across the AI 

lifecycle, particularly at points of model development, deployment approval, and post-deployment 

monitoring (Alzebda & Matar, 2025; Bensa & Fattore, 2024; Birkstedt et al., 2023; Ismail & Goh, 2024; Luo 

et al., 2025; Mac, 2024; Mäntymäki et al., 2022; Mujtaba, 2025; Tian et al., 2025; D. Zhou et al., 2025; T. 

Zhou et al., 2025). In these accounts, governance is enacted through gates and feedback loops: models are 

assessed before release, monitored for drift and unintended consequences, and re-evaluated when context 

changes. Studies that frame AI governance as an organisational capability highlight the importance of 

integrating responsible AI requirements into machine learning operations (MLOps) pipelines and quality 

assurance routines (Alzebda & Matar, 2025; Birkstedt et al., 2023; D. Zhou et al., 2025). Public-sector 

oriented analysis similarly stress that administrative AI systems require ongoing oversight because 

downstream effects on citizens can evolve as data, policies, and operational contexts shift (Bensa & Fattore, 

2024; Mac, 2024). Embedding governance into each stage of the AI lifecycle also connects to Theme 2: what 

“good” lifecycle governance looks like varies by sector because legal duties, risk exposure, and the severity 

of potential harm differ across domains. 

4.2.3 Principles-to-practice failure and symbolic compliance 

Three studies critically examine the risk of symbolic compliance, where ethical principles are adopted 

rhetorically but remain weakly coupled to organisational decision-making (Attard-Frost et al., 2023; Munn, 

2023; Palladino, 2023). These studies described “ethics washing” dynamics, in which voluntary guidelines 

and high-level commitments are used to signal responsibility without materially constraining behaviour. The 

findings suggest that this failure mode is most likely when governance remains at the level of aspirational 

principles without enforceable accountability or independent scrutiny (Attard-Frost et al., 2023; Munn, 2023; 

Palladino, 2023). 

4.3 Theme 2: Sector-Specific Governance Models 

Theme 2 highlights that “effective” governance is context-sensitive: the included studies consistently located 

governance design within domain-specific constraints, including regulatory regimes, professional standards, 

data sensitivity, and the nature of potential harms. This theme drew on 23 studies (Albalawee & Fahoum, 
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2024; AlTawil & Rahhal, 2025; Alzebda & Matar, 2025; Bensa & Fattore, 2024; Diaz-Asper et al., 2024; 

Emah & Bennett, 2025; Lacmanovic & Skare, 2025; Loufek et al., 2024; Luo et al., 2025; Mac, 2024; 

Mujtaba, 2025; Munn, 2023; Nalbandian, 2022; Okun et al., 2023; Olawade et al., 2025; Paul & Rena, 2025; 

Rana et al., 2024; Ridzuan et al., 2024; Sandeep et al., 2025; Saw & Ng, 2022; Zada et al., 2024; Zhao et al., 

2021; T. Zhou et al., 2025) with the most sustained sectoral attention given to healthcare, public-sector and 

governmental contexts, and finance and fintech. 

4.3.1 Healthcare and clinical-adjacent contexts 

Ten studies addressed responsible AI governance in healthcare and clinical-adjacent settings (Bensa & 

Fattore, 2024; Diaz-Asper et al., 2024; Emah & Bennett, 2025; Loufek et al., 2024; Luo et al., 2025; Okun et 

al., 2023; Olawade et al., 2025; Paul & Rena, 2025; Saw & Ng, 2022; Zhao et al., 2021). Collectively, these 

studies treat governance as inseparable from patient safety, data stewardship, and the ethics of clinical 

decision support, while also spanning a wide range of healthcare AI use cases and governance concerns. 

Some contributions are anchored in specific clinical and operational settings (for example, ophthalmic AI 

and diagnostic support, and the implementation challenges of AI in medical imaging), while others 

foreground system-level governance questions such as ethical sourcing and reuse of patient data, and the 

governance implications of surveillance systems for infectious diseases. The set also includes work that 

extends beyond “clinical AI” narrowly defined, highlighting administrative uses of AI in public healthcare, 

the ethical challenges of language technologies in clinical and behavioural applications, and the newer 

governance demands introduced by generative AI and large language models in healthcare contexts. Across 

these different emphases, the overall message is consistent: performance metrics and technical validation 

matter, but they are not enough on their own. Credible healthcare governance also requires clear purpose 

statements, explicit clinical accountability, robust consent and privacy practices, and ongoing attention to 

bias and representativeness in real-world deployment. 

4.3.2 Public sector and administrative AI 

Six studies examined governance in public-sector or governmental settings (Alzebda & Matar, 2025; Bensa 

& Fattore, 2024; Mac, 2024; Paul & Rena, 2025; Rana et al., 2024; T. Zhou et al., 2025). Collectively, they 

foreground how public-sector AI governance must be anchored in administrative law and democratic 
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accountability, including contestability, due process, and proportionality, because algorithmic decisions can 

directly affect citizens’ rights and access to services (Bensa & Fattore, 2024; Mac, 2024; Rana et al., 2024). 

Within this set, Bensa and Fattore (2024) highlights these concerns through the administrative realities of 

public healthcare, where governance needs to make oversight and responsibility visible in day-to-day 

administration, while Mac (2024) emphasises public legitimacy and the need for procedures that allow 

challenge and review when automated or AI-supported decisions are used. Alzebda and Matar (2025) adds a 

complementary lens by showing why government regulation matters for public uptake and acceptance of AI, 

reinforcing that governance in the public sector is not only about internal controls but also about public trust 

and regulatory signals. T. Zhou et al. (2025) draws attention to the operational side of public-sector 

governance, including cross-agency coordination and procurement clarity when vendors, external models, or 

external data sources are involved. Finally, Paul and Rena (2025) and Rana et al. (2024) extend the 

discussion to the governance implications of newer AI capabilities, including generative AI (GenAI), linking 

ethical safeguards and policy expectations to how organisations adopt these tools and how downstream 

impacts are managed in high-accountability environments. 

4.3.3 Finance and fintech 

Eight studies engaged with finance and fintech contexts (Albalawee & Fahoum, 2024; AlTawil & Rahhal, 

2025; Lacmanovic & Skare, 2025; Luo et al., 2025; Munn, 2023; Okun et al., 2023; Sandeep et al., 2025; 

Zada et al., 2024). Across this set, governance is shaped by long-standing financial traditions of model risk 

management, auditability, and regulatory oversight, but the papers approach these concerns from different 

angles. Munn (2023) foregrounds governance as something that must be made operational through concrete 

documentation and control practices rather than remaining aspirational, while Luo et al. (2025) reinforces 

how data governance and ongoing monitoring underpin trustworthy decision-making in data-intensive 

environments. 

Okun et al. (2023) highlights the governance implications of bias and representativeness (and the 

organisational responsibility to detect and respond to disparate impacts), whereas Albalawee and Fahoum 

(2024) contributes a legal and governance lens that emphasises the importance of statutory and corporate 

governance settings when AI is introduced into regulated organisational environments. Lacmanovic and 
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Skare (2025) and Zada et al. (2024) both emphasise explainability and documentation, with Zada et al. 

(2024) additionally bringing GenAI-specific considerations and ethical dilemmas into focus for fintech use 

cases. Sandeep et al. (2025) links effectiveness to organisational capability and “foundational” controls, 

including clear roles and strong data practices, while AlTawil and Rahhal (2025) adds a complementary 

compliance perspective by examining how legal and corporate governance frameworks can be aligned with 

broader responsibility expectations in business practice. 

4.3.4 Workforce, HR, and recruitment 

Only two studies focused explicitly on workforce and recruitment contexts (Mujtaba, 2025; Sandeep et al., 

2025), yet their findings were salient because hiring and workforce systems concentrate risks of 

discrimination and opacity. These studies emphasised the need for demonstrable fairness testing, clear 

responsibility for adverse impact review, and careful boundary-setting on what model outputs may be used 

for decision-making (Mujtaba, 2025; Sandeep et al., 2025). 

4.3.5 Migration and justice-related domains 

Three studies that focused on migration and justice-related domains (Bensa & Fattore, 2024; Emah & 

Bennett, 2025; Munn, 2023) framed governance as having high stakes because of the possibility of rights 

violations and compounding disadvantage. The evidence emphasised that contestability and transparency are 

essential, but they must be operationalised through independent oversight and procedural safeguards, 

especially when AI outputs influence state decisions that are coercive or exclusive (Emah & Bennett, 2025; 

Nalbandian, 2022). When considered collectively, the sectoral evidence demonstrates that "one-size-fits-all" 

governance mechanisms are not possible. This conclusion serves as the inspiration for Theme 3, which shifts 

the focus from sectoral variation to the organisational capabilities that allow governance mechanisms to 

operate consistently in real-world scenarios. 

4.4 Theme 3: Organisational Capacity and Culture 

Theme 3 consolidates the evidence on organisational conditions that enable responsible AI governance, 

drawing on 31 studies. Across this evidence base, governance is treated as a socio-technical capability rather 

than a standalone policy: studies show that adoption and institutionalisation depend on leadership mandate, 
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resourcing, and integration into existing risk and decision structures, including clear decision rights and 

organisational accountability (Alzebda & Matar, 2025; Bensa & Fattore, 2024; Khan et al., 2022; 

Nalbandian, 2022; Rana et al., 2024; Tian et al., 2025; Wamba et al., 2025; Yang et al., 2024; Yue et al., 

2024). They also show that capability building, literacy, and culture are not “nice-to-haves” but practical 

preconditions for governance to work day to day, spanning technical competence (for example evaluation 

and monitoring), ethical and legal literacy, cross-functional collaboration, and a speak-up culture that 

supports escalation and learning (Birkstedt et al., 2023; Ismail & Goh, 2024; Loufek et al., 2024; Mäntymäki 

et al., 2022; Monyela & Tella, 2024; Mujtaba, 2025; Sandeep et al., 2025; Zada et al., 2024). A third cluster 

makes clear that credible governance rests on data governance, privacy, and security foundations, such as 

privacy, security, provenance, consent, and data quality, particularly in high-stakes health and citizen-facing 

contexts where downstream harms and trust impacts are acute (Albalawee & Fahoum, 2024; Batool et al., 

2025; Diaz-Asper et al., 2024; Luo et al., 2025; Okun et al., 2023; Olawade et al., 2025; Paul & Rena, 2025; 

Rugiubei & Stoica, 2025; Saw & Ng, 2022; Zhao et al., 2021). Several studies further highlight that these 

organisational conditions are shaped by the wider governance environment, including the practical work of 

translating external expectations (regulation, standards, cross-jurisdiction requirements) into internal routines 

and evidence practices (Khadka & Ullah, 2025; Ridzuan et al., 2024; D. Zhou et al., 2025). Finally, the 

evidence base includes a cautionary note that governance can become symbolic when incentives favour 

appearance over substance, reinforcing why organisational capacity and culture ultimately determine 

whether governance mechanisms genuinely shape real decisions (Palladino, 2023). 

4.4.1 Institutionalisation and organisational adoption 

Eighteen studies examined how responsible AI governance is adopted and institutionalised. Across this set, 

institutionalisation is consistently portrayed as a dual process: “top-down” direction, such as leadership 

mandate, funding, decision rights, and integration with enterprise risk and strategy, must be matched by 

“bottom-up” translation into routines that teams can actually carry out (Khan et al., 2022; Tian et al., 2025; 

Yang et al., 2024; Yue et al., 2024; D. Zhou et al., 2025). Several studies show that adoption is also shaped 

by context: public-sector and rights-oriented accounts emphasise legitimacy, due process, procurement, and 

cross-agency coordination as practical conditions for making governance stick (Alzebda & Matar, 2025; 

Bensa & Fattore, 2024; Nalbandian, 2022; Rana et al., 2024), while sectoral exemplars illustrate how 
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institutionalisation often “piggy-backs” on existing regimes, clinical governance and safety norms in 

healthcare (Okun et al., 2023; Saw & Ng, 2022) and model risk management and regulatory scrutiny in 

finance/fintech (Ridzuan et al., 2024; Zada et al., 2024). Organisational learning and continuous 

improvement are also recurring motifs: governance matures through iteration, documentation, incident 

response, and the stabilisation of repeatable practices, including data stewardship and security routines that 

keep governance claims credible over time (Monyela & Tella, 2024; Rugiubei & Stoica, 2025; Sandeep et 

al., 2025; Tian et al., 2025; D. Zhou et al., 2025). Importantly, the evidence base includes a cautionary 

counterpoint: governance can appear institutionalised on paper while remaining weakly coupled to real 

decisions, particularly when it becomes symbolic or performative (Palladino, 2023). Finally, several studies 

position institutionalisation within broader organisational transformation, arguing that governance becomes 

durable when it is embedded into everyday capability building and innovation practices rather than treated as 

a standalone ethics exercise (Khan et al., 2022; Wamba et al., 2025). 

4.4.2 Capability building, literacy, and culture 

Fourteen studies foregrounded capability building and organisational culture as preconditions for effective 

governance. Across this set, “capability” is treated as more than technical skill: it includes staff competence 

in evaluation and monitoring, ethical and legal literacy, and the ability to work across disciplines so that risks 

are identified early and escalated appropriately (Albalawee & Fahoum, 2024; Khadka & Ullah, 2025; Luo et 

al., 2025; D. Zhou et al., 2025). Four studies highlight the organisational side of capability, how governance 

becomes credible when it is institutionalised through leadership commitment, clear expectations, and a 

culture that rewards openness about limitations rather than performance theatre (Khan et al., 2022; 

Mäntymäki et al., 2022; Monyela & Tella, 2024; Yue et al., 2024). Others make capability more concrete by 

proposing staged maturity or roadmaps, suggesting organisations should build governance progressively and 

avoid over-claiming responsibility before the necessary people, processes, and evidence practices are in 

place (Birkstedt et al., 2023; Ismail & Goh, 2024; Loufek et al., 2024). The set also shows how capability 

needs shift by application: workforce decision-making and hiring concentrate fairness and accountability 

demands (Mujtaba, 2025; Sandeep et al., 2025), while newer generative AI use cases intensify training needs 

around acceptable use, misuse risk, and governance literacy beyond traditional model management (Zada et 

al., 2024). 



Chapter 4: Findings 

58 
 

4.4.3 Data governance, privacy, and security foundations 

Nineteen studies emphasised data governance, privacy, and security as foundational to responsible AI 

governance. Collectively, these studies link data stewardship to both performance and legitimacy, arguing 

that AI outputs are only as reliable and fair as the upstream data-generating process, data collection and 

labelling decisions, consent and secondary-use controls, and access management (Batool et al., 2025; Ismail 

& Goh, 2024; Khan et al., 2022; Yue et al., 2024). Several studies illustrate this “foundational” claim in 

domain settings where poor data governance directly undermines safety and trust: in healthcare and clinical-

adjacent contexts, data protection and consent are treated as preconditions for ethical clinical decision 

support and patient-facing legitimacy (Okun et al., 2023; Olawade et al., 2025; Paul & Rena, 2025; Saw & 

Ng, 2022; Zhao et al., 2021), while finance and fintech studies highlight that data governance enables 

auditability, compliance, and fairness in high-volume consequential decisions (Albalawee & Fahoum, 2024; 

Luo et al., 2025; Ridzuan et al., 2024; D. Zhou et al., 2025). A number of contributions also draw attention to 

the operational weak points that cause governance to fail in practice, especially gaps in consent management 

and secondary data use (Okun et al., 2023; Saw & Ng, 2022; Zhao et al., 2021), limited provenance and 

traceability (Diaz-Asper et al., 2024; Rugiubei & Stoica, 2025), and data quality issues that compromise 

monitoring and accountability over time (Luo et al., 2025; Olawade et al., 2025). Public-sector and cross-

jurisdiction perspectives further stress that data governance is inseparable from procurement and inter-

organisational arrangements, because vendor models and cross-agency data flows intensify accountability 

requirements and the consequences of misuse (Alzebda & Matar, 2025; Khadka & Ullah, 2025; Nalbandian, 

2022). Finally, Palladino (2023) offers a cautionary note that data governance can be performed rhetorically 

yet remain weakly coupled to practice, reinforcing the wider Theme 3 conclusion that organisational capacity 

is the enabling substrate for governance: without mature data foundations, privacy/security controls, and 

evidence practices, responsible AI commitments are difficult to sustain or demonstrate credibly. 

4.5 Theme 4: Accountability and Multi-Level Governance 

Theme 4 synthesises how accountability is allocated, exercised, and evidenced within organisations and 

across external governance environments, drawing on 32 studies in total (Albalawee & Fahoum, 2024; 

AlTawil & Rahhal, 2025; Alzebda & Matar, 2025; Attard-Frost et al., 2023; Batool et al., 2025; Bensa & 

Fattore, 2024; Birkstedt et al., 2023; Diaz-Asper et al., 2024; Ismail & Goh, 2024; Khadka & Ullah, 2025; 
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Khan et al., 2022; Lacmanovic & Skare, 2025; Loufek et al., 2024; Luo et al., 2025; Mac, 2024; Mäntymäki 

et al., 2022; Monyela & Tella, 2024; Mujtaba, 2025; Munn, 2023; Okun et al., 2023; Palladino, 2023; Paul & 

Rena, 2025; Rana et al., 2024; Ridzuan et al., 2024; Rugiubei & Stoica, 2025; Sandeep et al., 2025; Wamba 

et al., 2025; Yang et al., 2024; Zada et al., 2024; Zhao et al., 2021; D. Zhou et al., 2025; T. Zhou et al., 

2025). Taken together, these studies show that “accountability” is not a single mechanism but a multi-level 

arrangement, internal decision structures plus assurance evidence plus external alignment. Several papers 

warn that, without real authority and scrutiny, accountability can slip into symbolic compliance rather than 

shaping decisions in practice (Attard-Frost et al., 2023; Munn, 2023). 

4.5.1 Internal accountability structures 

Eighteen studies in this dataset described internal accountability structures, such as named roles (for 

example, responsible AI leads), ethics or governance committees, and formal boards, as the practical 

“machinery” that turns abstract principles into enforceable decision-making  (AlTawil & Rahhal, 2025; 

Attard-Frost et al., 2023; Birkstedt et al., 2023; Diaz-Asper et al., 2024; Ismail & Goh, 2024; Khan et al., 

2022; Lacmanovic & Skare, 2025; Loufek et al., 2024; Mäntymäki et al., 2022; Monyela & Tella, 2024; 

Mujtaba, 2025; Munn, 2023; Okun et al., 2023; Rana et al., 2024; Ridzuan et al., 2024; Sandeep et al., 2025; 

Wamba et al., 2025; D. Zhou et al., 2025). Across the set, these structures are consistently framed as 

mechanisms that allocate decision rights and escalation pathways: they specify who can approve 

deployment, who can pause or remediate a system, and how disagreements (for example, between innovation 

goals and harm reduction) are adjudicated (Attard-Frost et al., 2023; Khan et al., 2022; Mäntymäki et al., 

2022). Several studies treat these bodies as safeguards against symbolic compliance, arguing that principles 

are unlikely to constrain behaviour unless there is a designated group with authority to ask for evidence, 

challenge assumptions, and require follow-up actions (Attard-Frost et al., 2023; Munn, 2023). Others 

emphasise how accountability is made workable: committees need access to technical information and 

operational artefacts (for example, documentation and evaluation results), and they must be embedded in 

routine governance rhythms rather than operating as an ad hoc “ethics add-on” (Birkstedt et al., 2023; Ismail 

& Goh, 2024; D. Zhou et al., 2025). Domain-focused papers illustrate why these structures matter in high-

stakes settings: in healthcare, internal accountability is tied to clinical governance and patient safety (Loufek 

et al., 2024; Okun et al., 2023), while in finance and audit-oriented contexts, committees and accountable 
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roles are positioned as essential for defensible explainability, model risk sign-off, and auditability (AlTawil 

& Rahhal, 2025; Lacmanovic & Skare, 2025; Ridzuan et al., 2024). Workforce and HR oriented governance 

highlights accountability for adverse impact review and escalation when discrimination risks arise (Mujtaba, 

2025; Sandeep et al., 2025). Public-sector and cross-context studies further stress that internal structures 

must align with democratic accountability expectations and, in practice, often require coordination across 

organisational boundaries (Diaz-Asper et al., 2024; Rana et al., 2024). Finally, capability and culture 

oriented contributions underline that formal structures only function as intended when staff are willing and 

able to surface concerns, so accountability is as much about organisational “speak-up” conditions as it is 

about the existence of committees on paper (Monyela & Tella, 2024; Wamba et al., 2025).  

4.5.2 Assurance mechanisms and evidence of compliance 

Eight studies discussed assurance mechanisms such as audits, monitoring programmes, and formal 

evaluation processes. Collectively, they treat assurance as a credibility device: governance claims carry more 

weight when organisations can show evidence of testing, documentation, monitoring, and remediation rather 

than relying on stated principles alone. Within this set, Munn (2023) positions assurance as a safeguard 

against “paper governance”, stressing the importance of demonstrable scrutiny; Lacmanovic and Skare 

(2025) anchors assurance in finance-style expectations for explainability, documentation, and review that can 

withstand regulatory and audit scrutiny; and Mujtaba (2025) highlights assurance in workforce settings 

through fairness testing and ongoing checks for adverse impact. Several studies emphasise continuous 

monitoring as the practical core of assurance: Luo et al. (2025) and D. Zhou et al. (2025) foreground 

monitoring and evaluation over time (including post-deployment oversight) so performance, drift, and 

unintended effects can be detected and addressed, while Yang et al. (2024) explicitly links monitoring 

outputs to organisational learning, where findings feed back into updated policies, controls, and governance 

routines. Public-sector oriented work adds an additional emphasis on assurance as accountability to external 

stakeholders: T. Zhou et al. (2025) and Alzebda and Matar (2025) highlight the need for assurance practices 

that can demonstrate responsible operation in environments shaped by procurement, vendor dependencies, 

and regulatory or public expectations, reinforcing the common conclusion across the eight studies that 

assurance is both evidence for compliance and a mechanism for continuous improvement. 
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4.5.3 External regulation and standards alignment 

A substantial majority of the evidence base (25 studies) engaged with external regulation or standards 

alignment, indicating that accountability for responsible AI is frequently shaped “from the outside in”, rather 

than being purely an internal design choice.  Across these studies, external governance is repeatedly treated 

as a structuring context that sets the language, minimum expectations, and evidence requirements that 

organisations then translate into internal policies, documentation, and decision rights (for example, through 

defined governance architectures and role clarity, or through operational controls and reporting routines) 

(Birkstedt et al., 2023; Lacmanovic & Skare, 2025; Mäntymäki et al., 2022; Munn, 2023; Wamba et al., 

2025). A consistent practical message is that alignment work is not automatic: organisations must interpret 

external requirements and make them workable through local controls, particularly when operating across 

jurisdictions or when aligning multiple standards, such as by mapping regulatory expectations into templates, 

audit-ready documentation, and measurable controls (Diaz-Asper et al., 2024; Ismail & Goh, 2024; Khadka 

& Ullah, 2025; Loufek et al., 2024; Rugiubei & Stoica, 2025). Sector-focused papers show why this matters: 

in healthcare and other high-stakes contexts, alignment is tied to privacy, consent, safety, and clinical 

accountability (Bensa & Fattore, 2024; Luo et al., 2025; Okun et al., 2023; Paul & Rena, 2025; Zhao et al., 

2021), while finance and fintech studies emphasise documentation, explainability, model risk management 

traditions, and supervisory scrutiny (Albalawee & Fahoum, 2024; AlTawil & Rahhal, 2025; Lacmanovic & 

Skare, 2025; Ridzuan et al., 2024; Sandeep et al., 2025; Zada et al., 2024). Public-sector and citizen-facing 

accounts further underline that alignment often involves procurement realities and vendor dependencies, 

increasing the need for clear accountability chains and defensible evidence of compliance (Alzebda & Matar, 

2025; Mac, 2024; Rana et al., 2024). Finally, several studies explicitly caution that “alignment” can degrade 

into tick-box compliance if external standards are treated as reputational cover rather than coupled with 

meaningful oversight, independent challenge, and consequences for non-compliance (Mac, 2024; Munn, 

2023; Palladino, 2023; Rana et al., 2024). 

4.6 Theme 5: Characteristics of Effective Governance Frameworks 

Theme 5 brings together the included studies proposed design features of effective responsible AI 

governance and the outcomes used to judge whether governance “works” in practice, and it is supported by 

36 of the 38 included studies. Within this broad set, four studies make risk-based/proportional governance 
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explicit, arguing that governance strength should match the severity and likelihood of harm (Loufek et al., 

2024; Palladino, 2023; Ridzuan et al., 2024; Tian et al., 2025). Fairness, equity, and discrimination are far 

more pervasive (24 studies), with the collective message that fairness is not only a technical testing task but 

also an organisational accountability issue that depends on choices about data, decision rights, and escalation 

when harms appear (Khan et al., 2022; Mac, 2024; Mujtaba, 2025; Rana et al., 2024; T. Zhou et al., 2025). A 

smaller subset focuses on generative AI-specific challenges (four studies), highlighting risks linked to scale, 

opacity, misuse, and shifting acceptable-use boundaries (Paul & Rena, 2025; Rana et al., 2024; Wamba et al., 

2025; Zada et al., 2024). A large proportion of the theme (26 studies) connects governance design to 

effectiveness outcomes, especially trust, legitimacy, performance, and public value, and stresses that 

effectiveness claims are strongest when organisations can show evidence of monitoring, response, and 

improvement rather than relying on policy statements alone (Luo et al., 2025; Munn, 2023; Yang et al., 

2024). 

4.6.1 Risk-based and proportional governance 

Four studies in the dataset treated risk-based or proportional governance as an explicit design principle. 

Collectively, they argue that governance should be scaled to the level of risk and potential harm, so higher-

stakes AI systems trigger tighter requirements, for example, deeper testing, stronger sign-off, and closer 

monitoring, while lower-risk uses do not absorb the same level of compliance effort. In finance, Ridzuan et 

al. (2024) frames proportionality as a practical way to balance innovation with regulatory and ethical 

obligations in a highly supervised environment, where the “right” level of control must be defensible to both 

internal audit and external regulators. Tian et al. (2025) similarly positions proportionality as a resource-

sensitive logic for governance design, matching oversight intensity to application criticality rather than 

applying one uniform standard to all AI use cases. Loufek et al. (2024) contributes a concrete healthcare case 

example, showing how proportional governance can be operationalised through institution-level 

accountability structures so that higher-risk clinical uses receive stronger scrutiny and clearer decision rights. 

Finally, Palladino (2023) provides a more cautionary lens: risk-based framing can drift into “checkbox” 

compliance if risk categories are vague or politically negotiated, which makes proportionality credible only 

when the risk thresholds, evidence requirements, and escalation rules are transparent and contestable.  

  



Chapter 4: Findings 

63 
 

4.6.2 Fairness, equity, and discrimination 

Fairness and discrimination concerns were among the most pervasive issues in the evidence base (n = 24; see 

Table 6 below for the full list of contributing studies). Across these studies, fairness was framed as both a 

technical and an institutional problem: while bias metrics and testing are necessary, governance must also 

address upstream data generation, organisational decision-making practices, and accountability for disparate 

impacts. Several studies emphasised that fairness work is inherently normative and contestable, requiring 

stakeholder engagement and explicit value judgements rather than assuming a single universally “correct” 

metric (Khan et al., 2022; Mujtaba, 2025; T. Zhou et al., 2025). Studies in public and justice-adjacent 

settings further highlighted the risk of compounding structural inequities when AI is deployed in contexts 

already shaped by historical disadvantage (Emah & Bennett, 2025; Mac, 2024; Nalbandian, 2022). 

4.6.3 Governance challenges specific to generative AI 

Four studies raised governance issues specific to generative AI (Paul & Rena, 2025; Rana et al., 2024; 

Wamba et al., 2025; Zada et al., 2024). These studies highlighted challenges associated with rapid capability 

diffusion, unpredictable output behaviour, intellectual property and data leakage risks, and the difficulty of 

specifying acceptable use in contexts where models are increasingly general-purpose. The evidence therefore 

suggests that GenAI heightens the need for clear usage boundaries, staff training, and monitoring regimes 

that detect both technical failures and misuse (Paul & Rena, 2025; Rana et al., 2024; Wamba et al., 2025; 

Zada et al., 2024) 

4.6.4 Effectiveness outcomes and evaluative criteria 

Twenty six studies in the review treat governance “effectiveness” as something that must be demonstrated in 

practice, not simply claimed in policy: they link effectiveness to whether an organisation can show that its AI 

is safe, fair, and accountable in the real setting where it is used (Albalawee & Fahoum, 2024; AlTawil & 

Rahhal, 2025; Alzebda & Matar, 2025; Batool et al., 2025; Bensa & Fattore, 2024; Khadka & Ullah, 2025; 

Lacmanovic & Skare, 2025; Loufek et al., 2024; Luo et al., 2025; Mäntymäki et al., 2022; Monyela & Tella, 

2024; Mujtaba, 2025; Munn, 2023; Okun et al., 2023; Olawade et al., 2025; Paul & Rena, 2025; Rana et al., 

2024; Rugiubei & Stoica, 2025; Sandeep et al., 2025; Saw & Ng, 2022; Wamba et al., 2025; Yang et al., 

2024; Yue et al., 2024; Zada et al., 2024; Zhao et al., 2021; D. Zhou et al., 2025). Collectively, these studies 
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suggest that outcomes such as stakeholder trust, legitimacy, organisational performance, and public value 

tend to improve when governance is visible and reviewable (for example, through documentation, 

monitoring, audit trails, and clear decision rights), particularly in high-stakes settings like healthcare and 

public administration (Bensa & Fattore, 2024; Loufek et al., 2024; Okun et al., 2023; Olawade et al., 2025; 

Rana et al., 2024; Saw & Ng, 2022; Zhao et al., 2021) and in regulated sectors such as finance where 

auditability and explainability are central to credibility (Albalawee & Fahoum, 2024; AlTawil & Rahhal, 

2025; Lacmanovic & Skare, 2025; Luo et al., 2025; Zada et al., 2024). At the same time, several papers warn 

that effectiveness can be overstated when evaluation relies on proxy indicators (such as the mere existence of 

policies or standards alignment) rather than evidence of changed practice, learning from incidents, and 

measurable improvements in outcomes (Batool et al., 2025; Munn, 2023; Wamba et al., 2025; Yang et al., 

2024; Yue et al., 2024; D. Zhou et al., 2025). 

4.7 Conclusion 

Across Themes 1 thru 5, the evidence portrays responsible AI governance as a layered socio-technical 

system, that responsible AI governance is less about declaring ethical intentions and more about making 

them workable in everyday decisions. Theme 1 shows how organisations try to turn principles into practice 

through operational tools, lifecycle controls, and routines, but what is striking is how few studies describe 

concrete instruments such as checklists, impact assessments, and standardised documentation in any detail, 

suggesting a persistent “how-to” gap. Theme 2 demonstrates that governance is highly context-dependent 

across sectors (such as healthcare, public services, finance, workforce, justice), with the interesting pattern 

that “good” governance is defined by the specific risks, duties, and harms of each domain rather than by a 

universal model. Theme 3 highlights that governance only becomes credible when organisational capacity 

exists, for example leadership commitment, staff capability, culture, and strong data governance, yet it is 

how often frameworks assume these conditions rather than showing how they are built and sustained. Theme 

4 consolidates accountability as the backbone of governance through internal decision rights, assurance 

evidence, and external standards alignment, but it is notable that assurance mechanisms (audits and 

monitoring) are less consistently specified than committees, roles, and compliance language, which can leave 

accountability more formal than demonstrable. Theme 5 brings together what “effective” governance looks 

like, such as (risk-based proportionality, fairness, GenAI-specific challenges, and outcomes such as trust, and 
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the most surprising finding is that explicit proportional, risk-tiered design appears relatively rarely despite 

being widely implied, while effectiveness is often judged using indirect proxies (like policy adoption) rather 

than clear evidence of changed practice or improved outcomes. 

A summary of the main themes and subthemes can be seen in Table 6 below, which maps each higher-order 

theme to its supporting subthemes, shows how many included studies (n) contributed to each subtheme, and 

lists the contributing studies to make the evidence trail transparent. The next chapter builds on these findings 

to develop a discussion of what constitutes effective AI governance in organisations, and to articulate how 

the reviewed evidence informs the dissertation’s conceptual framing and practical recommendations. 
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Table 6. Subtheme-to-study mapping 

Theme Subtheme n 
studies 

Contributing studies 

Theme 1: 
Translating 
principles into 
practice 

§4.2.1 
Operationalisation of 

measurement 
instruments (e.g. 
checklists, impact 

assessments, model 
documentation, 

audits) 

2 Munn (2023); Lacmanovic and Skare (2025) 

Theme 1: 
Translating 
principles into 
practice 

§4.2.2 Lifecycle 
embedding and 

continuous 
governance  

(e.g. MLOps, 
deployment gates, 

monitoring) 

11 Mäntymäki et al. (2022); T. Zhou et al. (2025); Luo et 
al. (2025); Bensa and Fattore (2024); Mujtaba (2025); 
D. Zhou et al. (2025); Tian et al. (2025); Ismail and 

Goh (2024); Birkstedt et al. (2023); Alzebda and 
Matar (2025); Mac (2024) 

Theme 1: 
Translating 
principles into 
practice 

§4.2.3 Principles-to-
practice failure and 

symbolic compliance 
(e.g. ethics washing, 

symbolic 
compliance) 

3 Attard-Frost et al. (2023); Munn (2023); Palladino 
(2023) 

Theme 2: 
Sector-specific 
governance 
models 

§4.3.1 Healthcare 
and clinical-adjacent 

contexts 

10 Olawade et al. (2025); Luo et al. (2025); Okun et al. 
(2023); Zhao et al. (2021); Paul and Rena (2025); 

Emah and Bennett (2025); Bensa and Fattore (2024); 
Diaz-Asper et al. (2024); Saw and Ng (2022); Loufek 

et al. (2024) 

Theme 2: 
Sector-specific 
governance 
models 

§4.3.2 Public sector 
and administrative 

AI 

6 T. Zhou et al. (2025); Paul and Rena (2025); Bensa 
and Fattore (2024); Alzebda and Matar (2025); Mac 

(2024); Rana et al. (2024) 

Theme 2: 
Sector-specific 
governance 
models 

§4.3.3 Finance and 
fintech 

8 Munn (2023); Luo et al. (2025); Okun et al. (2023); 
Albalawee and Fahoum (2024); Lacmanovic and 

Skare (2025); AlTawil and Rahhal (2025); Sandeep et 
al. (2025); Zada et al. (2024) 

Theme 2: 
Sector-specific 
governance 
models 

§4.3.4 Workforce, 
HR, and recruitment 

2 Mujtaba (2025); Sandeep et al. (2025) 

Theme 2: 
Sector-specific 
governance 
models 

§4.3.5 Migration and 
justice-related 

domains 

3 Munn (2023); Nalbandian (2022); Emah and Bennett 
(2025) 
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Theme 3: 
Organisational 
capacity and 
culture 

§4.4.1 
Institutionalisation 
and organisational 

adoption 

18 Khan et al. (2022); Nalbandian (2022); Monyela and 
Tella (2024); Okun et al. (2023); Ridzuan et al. 
(2024); Bensa and Fattore (2024); D. Zhou et al. 

(2025); Tian et al. (2025); Yang et al. (2024); 
Rugiubei and Stoica (2025); Sandeep et al. (2025); 
Alzebda and Matar (2025); Zada et al. (2024); Saw 
and Ng (2022); Yue et al. (2024); Palladino (2023); 

Wamba et al. (2025); Rana et al. (2024) 

Theme 3: 
Organisational 
capacity and 
culture 

§4.4.2 Capability 
building, literacy, 

and culture 

14 Khan et al. (2022); Mäntymäki et al. (2022); Khadka 
and Ullah (2025); Monyela and Tella (2024); Luo et 

al. (2025); Mujtaba (2025); D. Zhou et al. (2025); 
Albalawee and Fahoum (2024); Ismail and Goh 

(2024); Sandeep et al. (2025); Birkstedt et al. (2023); 
Zada et al. (2024); Yue et al. (2024); Loufek et al. 

(2024) 

Theme 3: 
Organisational 
capacity and 
culture 

§4.4.3 Data 
governance, privacy, 

and security 
foundations 

19 Khan et al. (2022); Batool et al. (2025); Nalbandian 
(2022); Khadka and Ullah (2025); Olawade et al. 

(2025); Luo et al. (2025); Okun et al. (2023); Zhao et 
al. (2021); Ridzuan et al. (2024); Paul and Rena 

(2025); D. Zhou et al. (2025); Albalawee and Fahoum 
(2024); Diaz-Asper et al. (2024); Ismail and Goh 
(2024); Rugiubei and Stoica (2025); Alzebda and 

Matar (2025); Saw and Ng (2022); Yue et al. (2024); 
Palladino (2023) 

Theme 4: 
Accountability 
and multi-level 
governance 

§4.5.1 Internal 
accountability 

structures (e.g. roles, 
committees, boards) 

18 Attard-Frost et al. (2023); Munn (2023); Khan et al. 
(2022); Mäntymäki et al. (2022); Monyela and Tella 

(2024); Okun et al. (2023); Ridzuan et al. (2024); 
Mujtaba (2025); D. Zhou et al. (2025); Diaz-Asper et 
al. (2024); Ismail and Goh (2024); Lacmanovic and 

Skare (2025); AlTawil and Rahhal (2025); Sandeep et 
al. (2025); Birkstedt et al. (2023); Loufek et al. 
(2024); Wamba et al. (2025); Rana et al. (2024) 

Theme 4: 
Accountability 
and multi-level 
governance 

§4.5.2 Assurance 
mechanisms and 

evidence of 
compliance (e.g. 

audits, monitoring, 
evaluation) 

8  
Munn (2023); T. Zhou et al. (2025); Luo et al. (2025); 

Mujtaba (2025); D. Zhou et al. (2025); Yang et al. 
(2024); Lacmanovic and Skare (2025); Alzebda and 

Matar (2025)  

Theme 4: 
Accountability 
and multi-level 
governance 

§4.5.3 External 
regulation/standards 

alignment 

25 Munn (2023); Mäntymäki et al. (2022); Batool et al. 
(2025); Khadka and Ullah (2025); Luo et al. (2025); 
Okun et al. (2023); Zhao et al. (2021); Ridzuan et al. 

(2024); Paul and Rena (2025); Bensa and Fattore 
(2024); Albalawee and Fahoum (2024); Diaz-Asper et 

al. (2024); Ismail and Goh (2024); Rugiubei and 
Stoica (2025); Lacmanovic and Skare (2025); 

AlTawil and Rahhal (2025); Sandeep et al. (2025); 
Birkstedt et al. (2023); Alzebda and Matar (2025); 
Zada et al. (2024); Palladino (2023); Loufek et al. 

(2024); Mac (2024) Wamba et al. (2025); Rana et al. 
(2024) 
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Theme 5: 
Characteristics 
of effective 
governance 
frameworks 

§4.6.1 Risk-based 
and proportional 

governance 

4 Ridzuan et al. (2024); Tian et al. (2025); Palladino 
(2023); Loufek et al. (2024); 

Theme 5: 
Characteristics 
of effective 
governance 
frameworks 

§4.6.1 Fairness, 
equity, and 

discrimination 

24 Attard-Frost et al. (2023); Munn (2023); Khan et al. 
(2022); Batool et al. (2025); T. Zhou et al. (2025); 
Monyela and Tella (2024); Olawade et al. (2025); 

Okun et al. (2023); Ridzuan et al. (2024); Emah and 
Bennett (2025); Mujtaba (2025); D. Zhou et al. 

(2025); Yang et al. (2024); Diaz-Asper et al. (2024); 
Ismail and Goh (2024); Lacmanovic and Skare 

(2025); Sandeep et al. (2025); Alzebda and Matar 
(2025); Zada et al. (2024); Saw and Ng (2022); 

Palladino (2023); Mac (2024); Rana et al. (2024) 

Theme 5: 
Characteristics 
of effective 
governance 
frameworks 

§4.6.3 Governance 
challenges specific to 

generative AI 

4 Paul and Rena (2025); Zada et al. (2024); Wamba et 
al. (2025); Rana et al. (2024)  

Theme 5: 
Characteristics 
of effective 
governance 
frameworks 

§4.6.4 Effectiveness 
outcomes and 

evaluative criteria 
(e.g. trust, 

performance, value) 

26 Munn (2023); Mäntymäki et al. (2022); Batool et al. 
(2025); Khadka and Ullah (2025); Monyela and Tella 

(2024); Olawade et al. (2025); Luo et al. (2025); 
Okun et al. (2023); Zhao et al. (2021); Paul and Rena 
(2025); Bensa and Fattore (2024); Mujtaba (2025); D. 
Zhou et al. (2025); Yang et al. (2024); Albalawee and 

Fahoum (2024); Rugiubei and Stoica (2025); 
Lacmanovic and Skare (2025); AlTawil and Rahhal 
(2025); Sandeep et al. (2025); Alzebda and Matar 

(2025); Zada et al. (2024); Saw and Ng (2022); Yue 
et al. (2024); Loufek et al. (2024); Wamba et al. 

(2025); Rana et al. (2024) 
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  Chapter 5: Discussion 

5.0 Introduction 

This chapter interprets the systematic literature review findings (Chapter 4) considering the conceptual 

framing established in Chapter 2 and the analytic approach described in Chapter 3. The discussion is 

organised around the five higher order themes generated through thematic synthesis, and it addresses the 

dissertation’s two research questions: RQ1: How do organisations implement and adapt governance 

frameworks to ensure the ethical use of AI technologies? and RQ2: What are the most effective governance 

frameworks for ensuring responsible AI use in organisations? 

Rather than treating governance frameworks as static templates, the chapter synthesises the evidence as 

depicting governance as a socio-technical arrangement that must be operationalised through organisational 

roles, processes, artefacts, and assurance routines across the AI lifecycle. This framing aligns with the 

recurring argument in the literature that high-level ethical principles, while widely endorsed, are insufficient 

unless they are translated into workable mechanisms that shape everyday design, deployment, and oversight 

decisions (Mittelstadt, 2019; Morley et al., 2020; Schiff et al., 2020). 

Across Themes 1 to 5, the central interpretive claim is that the “effectiveness” of AI governance is less about 

adopting a named framework and more about whether governance arrangements become enforceable, 

measurable, and contextually fitted to the organisation’s AI uses, risk exposure, and accountability 

environment. This interpretation also clarifies how the two research questions relate: RQ1 is fundamentally 

about implementation and adaptation (how governance is made real in practice), while RQ2 concerns the 

properties of frameworks that the literature portrays as reliable for responsible AI outcomes. The chapter 

therefore treats “effective frameworks” not as a single best model, but as configurations that consistently 

combine lifecycle controls, organisational capability, and multi-level accountability. 
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5.1 Theme 1: Translating Principles into Practice 

Chapter 2 identified a persistent “principles-to-practice” gap in AI ethics and governance: organisations 

frequently adopt high-level commitments yet struggle to embed them into operational routines (Mittelstadt, 

2019; Morley et al., 2020; Schiff et al., 2020). The review findings reinforce this diagnosis by showing that 

many accounts of governance remain stronger on aspirations than on implementation detail. A critical 

contribution of Theme 1 is that it sharpens what “translation” requires: not merely ethical intent, but 

operational instruments and lifecycle embedding that make governance auditable, contestable, and 

repeatable. 

In the included studies, the most practice-oriented accounts describe governance as being enacted through 

tangible artefacts, such as documentation, checklists, impact assessments, audit trails, and review gates, 

combined with continuous monitoring after deployment. This aligns with the argument that governance 

becomes meaningful when it produces decision records and evidence that can be scrutinised, rather than 

relying on declarations of values (Raji et al., 2020; Schiff et al., 2020). Yet, an important interpretive tension 

emerges: while such instruments are frequently recommended, comparatively few studies provide 

sufficiently concrete descriptions of how organisations design these tools, integrate them into existing 

workflows, and ensure that completion and review have real consequences. This “how-to scarcity” matters 

directly for RQ1 because it implies that implementation remains uneven not only due to resistance or inertia, 

but also because many organisations lack usable models for operationalisation beyond generic prescriptions. 

Theme 1 also clarifies the relationship between implementation and symbolic compliance. Prior scholarship 

has warned that voluntary ethics programmes can become performative, functioning as reputation 

management rather than as constraint on harmful practices (Attard-Frost et al., 2023; Mittelstadt, 2019). The 

synthesis supports this concern by indicating that governance is most vulnerable to “ethics washing” when 

principles are unaccompanied by enforceable routines, clear decision rights, and assurance mechanisms. In 

such cases, governance artefacts may exist, but they do not reliably change practice. This distinction is 

central to evaluating effectiveness under RQ2: the literature implicitly treats frameworks as “effective” only 

when they move beyond principal statements to become operational systems that can interrupt unsafe 

deployment, require redesign, and mandate corrective action. 
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At the same time, Theme 1 shows that translation is not impossible; it is organisationally demanding. 

Illustrative organisational practices include internal handbooks, training programmes, and codified guidance 

intended to align staff behaviour with stated ethical principles. These practices align with the view that 

implementation requires organisational learning and capability building, not merely policy publication 

(Morley et al., 2020). However, the evidence base does not support treating such examples as proof that the 

principles-to-practice gap has been solved. Instead, the synthesis suggests a more cautious conclusion: 

translation is occurring in pockets, but it remains inconsistent, particularly when governance controls are not 

integrated into lifecycle processes (for example, MLOps pipelines and deployment gates) and when 

oversight lacks authority. This conclusion motivates Theme 2: because translation is shaped by operational 

realities, governance mechanisms tend to differ across sectors and institutional environments. 

5.2 Theme 2: Sector-Specific Governance Models 

Theme 2 demonstrates that AI governance is strongly context-dependent: what counts as responsible practice 

is shaped by sectoral risk profiles, legal duties, professional norms, and the severity and distribution of 

potential harms. This finding extends Chapter 2’s argument that governance cannot be evaluated against a 

single generic benchmark because accountability expectations differ across domains such as healthcare, 

finance, and public services (Morley et al., 2020; Qureshi et al., 2024; Whittlestone et al., 2019). In effect, 

the synthesis suggests that organisations do not simply “apply” a framework; they adapt governance 

arrangements to fit sectoral constraints, thereby directly answering RQ1 as an adaptation problem rather than 

a simple adoption problem. 

In healthcare and other high-stakes settings, governance is frequently described as being intertwined with 

clinical governance norms, where legitimacy depends on interpretability, safety, privacy, and mechanisms 

for oversight that match the gravity of downstream impact. In public sector contexts, governance debates are 

intensified by concerns about citizen rights, transparency, surveillance, and the accountability deficits 

associated with automated decision-making (Alston, 2019; Eubanks, 2018; Richardson et al., 2019). These 

sectoral differences matter because they reshape what “implementation” looks like: governance must align 

not only with organisational priorities but also with external scrutiny and public accountability. Accordingly, 

the most defensible interpretation under RQ2 is not that one framework is universally best, but that 
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governance is most credible when it is tailored to domain-specific harms and duties, with evaluation criteria 

derived from those sectoral realities rather than from abstract compliance alone. 

At the same time, Theme 2 does not imply that sectors are incomparable. Two cross-cutting regularities 

appear. First, across domains, governance is portrayed as more credible when it couples clear accountability 

(who decides, who is answerable, what remedial pathways exist) with operational mechanisms 

(documentation, monitoring, review gates) that make ethical claims testable (Morley et al., 2020; Schiff et 

al., 2020). Second, the synthesis suggests opportunities for cross-sector learning: regulated sectors may offer 

transferable discipline in documentation and auditability, while innovation-oriented sectors may offer 

operational tools and iterative practices, though such transfers require careful recalibration to the receiving 

sector’s risk tolerance and stakeholder expectations. This argument provides a bridge to Theme 3, because 

sectoral adaptation is constrained by organisational capability: even well-designed governance expectations 

will fail if organisations cannot resource, sustain, and normalise them. 

5.3 Theme 3: Organisational Capacity and Culture 

Theme 3 positions governance effectiveness as contingent on organisational readiness: leadership 

commitment, resourcing, skills, and foundational data governance practices. This finding strengthens and 

specifies the concerns raised in Chapter 2 that capacity constraints and uneven adoption shape the real-world 

gap between ethical aspiration and governance maturity (Capgemini Research Institute, 2020; Stahl et al., 

2021). Critically, the synthesis suggests that governance frameworks do not function as “plug-and-play” 

templates. The same nominal framework can yield very different outcomes depending on whether 

organisations invest in the people, infrastructure, and incentives needed to enact it. 

This theme also helps reinterpret the principles-to-practice gap (Theme 1) as, in part, a capability problem. 

Where organisations lack technical competence in evaluation and monitoring, legal and ethical literacy, or 

cross-functional coordination, governance artefacts tend to become superficial: policies exist, but lifecycle 

controls are weak and accountability is difficult to demonstrate. Conversely, where organisations invest in 

capability-building, ethics and AI literacy training, role clarity, and maturity assessment, governance is more 

likely to become routinised rather than exceptional. This supports a key answer to RQ1: implementation and 
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adaptation occur through capacity-building and cultural anchoring, not only through formal framework 

adoption. 

Culture and incentives emerge as particularly decisive. The literature on ethics programmes has long noted 

that governance fails when formal commitments are undermined by performance systems that reward speed, 

scale, or profit without regard to downstream harm (Mittelstadt, 2019). In such environments, ethical 

governance is structurally disadvantaged: staff receive mixed signals about what “counts” in decision-

making. Theme 3 therefore implies that a governance framework’s effectiveness under RQ2 cannot be 

judged purely by its content. Effectiveness depends on whether the organisation establishes a “tone at the 

top”, embeds governance into everyday routines, and aligns incentives so that ethical risk management has 

practical authority rather than rhetorical support. 

Finally, Theme 3 foregrounds data governance, privacy, and security as enabling foundations. This is 

consistent with longstanding arguments that transparency and accountability are constrained when data 

provenance, consent, and quality are weak (Burrell, 2016; Pasquale, 2015). It also provides a logical bridge 

to Theme 4: even when organisations build capability and culture, governance remains incomplete unless 

decision rights and responsibility pathways are clearly structured across internal and external accountability 

regimes. 

5.4 Theme 4: Accountability and Multi-Level Governance 

Theme 4 consolidates accountability as the backbone of responsible AI governance. The overview depicts 

governance as multi-level: internal structures (decision rights, committees, roles), operational assurance 

practices (audits, monitoring, evaluation), and alignment with external regulation and standards. This theme 

connects directly to Chapter 2’s distinction between soft law approaches (voluntary guidelines and standards) 

and hard law regulation (binding obligations), and to critiques that soft law can be “toothless” without 

enforcement and remedy pathways (Butcher & Beridze, 2019; Mittelstadt, 2019; Munn, 2023). In effect, 

Theme 4 shows that accountability is not simply a principle; it is an institutional design problem. 

A central contribution of Theme 4 is that it clarifies why responsibility gaps persist. The literature has long 

highlighted the difficulty of assigning responsibility for autonomous or unclear system outcomes (Matthias, 

2004). The analysis implies that organisations endeavour to tackle this issue through defined governance 
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roles, cross-functional oversight entities, escalation procedures, and documentation systems that ensure 

auditability. However, the evidence also indicates a recurring weakness: accountability language often 

outpaces assurance detail. Many sources describe the presence of committees or policies more readily than 

they specify how audits are conducted, how monitoring thresholds trigger action, or how harms are detected 

and remediated over time. This matters because, as noted in Chapter 4, “effectiveness” is frequently assessed 

through proxies, such as policy existence or standards alignment, rather than through evidence of changed 

practice or improved outcomes (Batool et al., 2025; Munn, 2023; Yang et al., 2024). 

Theme 4 also reinforces the importance of regulatory alignment, particularly as risk-based regulatory 

approaches become more prominent. Risk-tiered governance is repeatedly presented as a way to match 

oversight intensity to system impact, requiring stronger documentation and assurance for higher-risk AI uses. 

Yet the synthesis implies that regulatory fragmentation can also incentivise superficial compliance, 

especially where requirements are inconsistent across jurisdictions and where organisations treat governance 

as a checklist rather than as an accountability system. The interpretive implication for RQ2 is therefore 

conditional: effective frameworks tend to be those that combine principles with enforceable obligations and 

assurance mechanisms, but they are most credible when they also incorporate enablement, guidance, 

measurement infrastructure, and capacity support, so that accountability is feasible and not merely formal. 

This conclusion leads naturally to Theme 5, which synthesises what the included studies imply about 

“effectiveness” across sectors, organisational contexts, and accountability environments. 

5.5 Theme 5: Characteristics of Effective Governance Frameworks 

Theme 5 addresses the most evaluative question in the dissertation: what makes governance frameworks 

effective for responsible AI use. The synthesis does not support the claim that a single named framework is 

universally superior. Instead, it suggests that effectiveness is best understood as a set of recurring design 

characteristics, expressed differently depending on organisational context and sectoral risk. 

First, effective governance is portrayed as comprehensive across the AI lifecycle. Frameworks are stronger 

when they extend beyond pre-deployment principles to include deployment decisions, monitoring for drift 

and emergent harm, incident response, and iterative revision (Schiff et al., 2020). Second, effective 

frameworks are depicted as enforceable: they allocate decision rights, establish authority to pause or redesign 
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high-risk deployments, and require auditable artefacts that make governance reviewable and contestable 

(Raji et al., 2020). Third, effectiveness is linked to adaptability, reflecting that AI systems evolve, contexts 

change, and governance must respond to new risks and knowledge. Fourth, effective governance is 

repeatedly tied to proportionality: risk-based design that differentiates obligations based on likely harm. This 

proportionality is central to contemporary governance thinking because it aims to avoid both under-

regulation of high-stakes systems and over-burdening of low-risk use cases. 

A further unifying criterion concerns trust. The literature on “Trustworthy AI” frames societal confidence as 

an ultimate test of governance credibility, but the synthesis indicates that trust is not produced by claims; it is 

“earned” through transparency, accountability, and demonstrable practice (European Commission, 2019; 

O'Neill, 2018; OECD, 2019b). On this reading, governance frameworks contribute to trust when they require 

openness about limitations, mandate scrutiny, and demonstrate learning from incidents. However, Theme 5 

also exposes a significant constraint: the evidence base often prescribes what effective governance should 

include more confidently than it demonstrates, through sustained evaluation, that particular configurations 

reliably reduce harm or improve outcomes across contexts. This limitation is consistent with Chapter 4’s 

warning that proxy indicators are frequently used in place of validated outcome measures. 

Taken together, Themes 1 to 5 provide a coherent answer to the two research questions. Under RQ1: How do 

organisations implement and adapt governance frameworks to ensure the ethical use of AI technologies, this 

is achieved through a combination of lifecycle embedding (gates, monitoring, machine learning integration), 

operational artefacts (documentation, impact assessments, audits), and organisational enablement (capability-

building, cultural anchoring, incentive alignment). Under RQ2: What are the most effective governance 

frameworks for ensuring responsible AI use in organisations, they are those that are lifecycle-spanning, 

enforceable, risk-proportionate, adaptable, and embedded within multi-level accountability regimes, while 

being supported by organisational capacity sufficient to enact them. 
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5.6 Conclusion 

This chapter has discussed the systematic review findings through five themes, linking them to the 

conceptual foundations established in Chapter 2 and answering the dissertation’s two research questions: 

RQ1: How do organisations implement and adapt governance frameworks to ensure the ethical use 

of AI technologies? 

RQ2: What are the most effective governance frameworks for ensuring responsible AI use in 

organisations? 

The synthesis suggests that responsible AI governance is best understood as a socio-technical system that 

becomes effective only when ethical principles are translated into operational mechanisms, adapted to sector 

realities, supported by organisational capability and culture, and anchored in multi-level accountability and 

assurance. A practical implication is that responsible AI governance should be treated as a socio-technical 

change programme, not only a compliance architecture. Evidence from technology disruption research 

indicates that employees’ perceptions of smart technology and AI-related change are associated with job 

insecurity, turnover intentions, and wellbeing outcomes (Brougham & Haar, 2018, 2020). Embedding 

workforce impact assessment, meaningful consultation, and reskilling pathways within governance 

arrangements is therefore a plausible route to strengthening responsible outcomes in practice (Brougham & 

Haar, 2017). 

At the same time, the review highlights an important constraint on what can be claimed from the current 

evidence base. Across the included studies, governance is more consistently described than evaluated: the 

literature often documents the presence of structures and artefacts (for example, policies, committees, 

documentation regimes, and lifecycle controls) yet provides less independent and longitudinal evidence that 

these measures reliably reduce harm, improve contestability, or sustain trust in operational settings. As a 

result, “effectiveness” is frequently inferred from proxy indicators of adoption or alignment rather than 

demonstrated through outcomes (Mittelstadt, 2019; Morley et al., 2020; Munn, 2023; Raji et al., 2020). In 

addition, the breadth of sectors and organisational capacities represented in the evidence strengthens 

contextual insight but limits straightforward generalisation; the findings therefore travel best as transferable 

tendencies, not universal prescriptions (Morley et al., 2020). 
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These limitations sharpen the dissertation’s forward-looking implications. Section 6.4 methodological 

limitations and future research below point to the need for evaluative research designs, particularly 

longitudinal and mixed-method studies that connect governance arrangements to independently observed 

technical and organisational outcomes, and to more consistent evaluative criteria that enable meaningful 

comparison across contexts while retaining sensitivity to sectoral constraints (Morley et al., 2020; Raji et al., 

2020). Chapter 6 summary and conclusion build on this discussion to consolidate the dissertation’s overall 

contribution and present a concise conclusion aligned with the evidence presented.
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Chapter 6: Summary and Conclusion 

6.1 Introduction 

This final chapter synthesises the dissertation’s key insights on responsible and ethical AI governance in 

organisations, drawing together the literature review, methodology, findings, and discussion. It provides a 

cohesive account of how the research questions have been answered and what contributions have been made. 

The chapter is organised into five sections, introduction, a synthesis of included studies summarises the main 

findings of this research, highlighting how organisations implement and adapt AI governance frameworks 

and what characteristics make these frameworks effective. Third, a discussion of the study’s theoretical and 

practical significance examines how these findings advance scholarly understanding and offer actionable 

guidance for practitioners. Fourth, a section for future research critically reflects on the study’s constraints, 

such as scope, data, and design, and suggests avenues for future inquiry to build on this work. finally, final 

reflections articulate the broader significance of the study and close the thesis with a confident, integrative 

outlook. Throughout, the emphasis is on consolidating the dissertation’s contributions in a mature, critical 

tone, aligning with the framing of AI governance as a socio-technical challenge requiring both robust 

scholarship and practical wisdom. 

6.2 Synthesis of Included Studies  

This dissertation examined how organisations govern AI ethically and what constitutes an effective 

governance framework for responsible AI use. Guided by two research questions, how organisations 

implement and adapt governance frameworks (RQ1) and what makes such frameworks effective (RQ2), the 

systematic literature review and thematic synthesis of 38 studies produced five interlocking themes: 

translating principles into practice, sector-specific governance models, organisational capacity and culture, 

accountability and multi-level governance, and the defining characteristics of effective frameworks. 

Collectively, these themes provide an integrated account of how responsible AI governance is 

operationalised and how credibility is established in practice. 

A central contribution is confirming, and specifying, the persistent principles-to-practice gap in AI ethics. 

While organisations commonly espouse fairness, transparency, and accountability, the evidence indicates 
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that these principles remain aspirational unless converted into operational mechanisms and decision 

processes (Mittelstadt, 2019; Morley et al., 2020). The synthesis shows that translation requires tangible 

governance instruments, such as documentation standards, impact assessments, monitoring checkpoints, and 

audit trails, embedded across the AI lifecycle from design through deployment and ongoing oversight 

(Mittelstadt, 2019; Morley et al., 2020; Raji et al., 2020). Only a minority of studies described these 

instruments in sufficient detail to demonstrate consistent enactment, underscoring that ethical intent is easier 

to declare than to institutionalise (Lacmanovic & Skare, 2025; Munn, 2023). This finding directly answers 

RQ1 by demonstrating that implementation is fundamentally about creating auditable and repeatable 

practices rather than relying on abstract commitments. It also distinguishes substantive governance from 

symbolic compliance: where routines are unenforceable, accountability is diffuse, and sanctions or 

remediation pathways are absent, ethics risks becoming performative “ethics washing” rather than governing 

behaviour (Attard-Frost et al., 2023; Mittelstadt, 2019). 

A second contribution is showing that AI governance is necessarily context dependent. The review indicates 

that organisations adapt governance arrangements to sectoral risk profiles, legal obligations, and professional 

norms; consequently, responsible AI in a hospital or public agency is governed through different priorities 

and safeguards than in financial services or technology firms. Yet the synthesis also identifies cross-sector 

regularities: governance becomes credible when it couples accountability (clear decision rights, 

answerability, and remediation) with process mechanisms that generate evidence that controls are 

functioning as intended. This link between “substance” (alignment with ethical and legal standards) and 

“proof” (records, audits, monitoring outputs) bridges RQ1 and RQ2, suggesting that effective frameworks 

are those flexible enough to be tailored to context while remaining anchored in core principles of 

accountability and transparency (Morley et al., 2020). 

Third, the findings foreground organisational capacity and culture as decisive conditions for ethical AI 

governance. The evidence consistently suggests that frameworks are not “plug-and-play”; they depend on 

investments in people, workflows, and incentives that enable practice. Without expertise in auditing, 

mitigation, and data governance, without ethical and legal literacy among decision-makers, and without a 

culture that legitimises responsible deliberation over speed of deployment, governance is prone to superficial 

enactment. In this sense, the principles-to-practice gap is partly a capacity gap: effective implementation 
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requires leadership commitment, workforce buy-in, and institutional support that normalises ethical scrutiny 

in routine decision-making (Mittelstadt, 2019). This strengthens the answer to RQ2 by underscoring that 

effectiveness cannot be inferred from a framework’s design alone; it must be assessed in relation to an 

organisation’s capability to sustain ethical routines and to treat data governance as a foundational enabler of 

transparency and accountability. 

Fourth, the dissertation consolidates accountability as the backbone of responsible AI governance, operating 

across internal and external levels. The synthesis clarifies why “responsibility gaps” persist even when 

organisations establish committees or policies: oversight structures often lack assurance mechanisms that 

make accountability actionable. Where authority to pause deployments is unclear, where audits are absent or 

unheeded, and where escalation and remediation are under-specified, accountability remains rhetorical. The 

review also surfaces the interaction of soft law and hard law. Voluntary guidelines and standards shape 

aspirations, but they can be ineffective without enforcement, producing governance that is “toothless” in 

practice (Butcher & Beridze, 2019; Mittelstadt, 2019). Against this backdrop, emerging regulatory 

approaches, such as risk-based regimes exemplified by the European Union AI Act, signal an increasing 

conversion of ethical expectations into legal obligations, intensifying the need for organisations to integrate 

external requirements into internal governance in ways that strengthen, rather than merely formalise, 

accountability (Butcher & Beridze, 2019). 

Finally, the study synthesises recurring characteristics of effective governance frameworks, shifting the 

discussion away from any single “best” named model and towards shared design features. Effective 

frameworks are lifecycle-spanning and enforceable, supported by auditable artefacts that enable oversight; 

they are adaptable to evolving technologies and contexts; and they are risk-proportionate, escalating controls 

for higher-stakes applications. A unifying element is the role of trust: “trustworthy AI” cannot be achieved 

through principal statements alone but is earned through demonstrable transparency, contestability, 

monitoring, and redress mechanisms (European Commission, 2019; O'Neill, 2018). At the same time, the 

review cautions that the evidence base remains uneven: many studies prescribe desirable governance 

practices, but rigorous empirical validation of which configurations reliably reduce harms or improve 

fairness is still emerging (Morley et al., 2020). This limitation tempers claims about effectiveness and 
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reinforces the need to treat governance as a measurable, evolving organisational capability rather than a 

settled template. 

In sum, the dissertation’s core contribution is an evidence-based account of responsible AI governance as a 

socio-technical system requiring alignment between principles, practices, and people. In relation to RQ1, 

organisations implement and adapt governance through a combination of lifecycle controls, operational 

artefacts, and organisational enablers calibrated to context. In relation to RQ2, the most effective frameworks 

are those that are enforceable and lifecycle-spanning, risk-proportionate and adaptable, and situated within 

multi-level accountability arrangements, supported by the organisational capacity required to make ethical 

governance routine rather than exceptional (Mittelstadt, 2019; Morley et al., 2020). 

6.3 Theoretical and Practical Significance 

6.3.1 Theoretical significance 

This dissertation advances AI governance scholarship by offering an integrative synthesis across traditionally 

siloed fields, computer science, management, law, and ethics, thereby conceptualising governance as a multi-

level construct that spans institutional expectations, organisational routines, and technical controls. It adopts 

a working definition of AI governance as the institutional, organisational, and technical arrangements 

through which AI use is aligned with ethical principles and legal obligations, providing needed conceptual 

clarity in a literature where terms and boundaries remain contested (Stahl, 2021). This framing strengthens a 

socio-technical view of governance by showing that ethical AI cannot be reduced to either abstract principles 

or technical optimisation alone; rather, it emerges from the coherence of interacting mechanisms across 

levels of analysis (Stahl, 2021). 

The study also deepens theoretical understanding of the principle to practice gap. While earlier scholarship 

has identified the gap between ethical aspiration and organisational enactment (Mittelstadt, 2019; Morley et 

al., 2020), the synthesis demonstrates why it persists: principles are routinely undermined by missing tools, 

ambiguous processes, limited capability, and misaligned incentives. In doing so, it lends support to critiques 

that warn against ethics initiatives operating as symbolic compliance in the absence of enforceable 

safeguards (Attard-Frost et al., 2023; Munn, 2023). Conceptually, this reinforces organisational accounts of 
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decoupling and ethical drift, suggesting that effective AI governance requires explicit accountability 

structures and a culture in which ethical deliberation is institutionally normalised (Mittelstadt, 2019). 

A further contribution is to re-orient the field toward evaluation. The review highlights a prevailing tendency 

to infer “effectiveness” from proxies such as the existence of ethics boards or published principles, rather 

than from demonstrable impacts such as reduced harm or improved fairness. Making this gap visible has 

theoretical value because it challenges the adequacy of current constructs and encourages more rigorous 

conceptualisations of effectiveness that can be empirically tested (Morley et al., 2020). Finally, the 

interpretivist, abductive thematic synthesis highlights that governance effectiveness is relational and context-

dependent: it cannot be understood by isolating single elements (for example, fairness metrics or policy 

artefacts) because outcomes arise from the interaction of organisational, technical, and institutional forces 

(Stahl, 2021). 

6.3.2 Practical significance 

Practically, this dissertation provides an evidence-informed account of what responsible AI governance looks 

like when it is operationalised in organisational settings, rather than merely declared. A central implication is 

that governance is best understood as a socio-technical change programme, not a compliance overlay applied 

after the fact. Formal policies, oversight committees, and high-level principles are necessary, yet they remain 

insufficient without workforce engagement, capability-building, and process redesign that embeds ethical 

checkpoints into everyday AI development and deployment (Mittelstadt, 2019). Accordingly, the evidence 

base supports a practical orientation in which organisations invest in AI ethics literacy, distribute decision-

making competence across technical and non-technical roles, and normalise escalation so that raising 

concerns about system impacts is safe and expected rather than stigmatised (Mittelstadt, 2019). 

The synthesis also distils design criteria that strengthen governance frameworks in practice, namely, lifecycle 

coverage, enforceability, adaptability, and proportionality, and translates these into implementable controls. 

In operational terms, this includes risk assessment at inception, explicit monitoring and evaluation plans 

post-deployment and clearly assigned decision rights that empower designated oversight roles to pause, 

modify, or retire systems when standards are not met (Morley et al., 2020; Raji et al., 2020). The emphasis 

on auditable artefacts further implies that organisations should institutionalise documentation and traceability 
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practices, such as model documentation, decision logs, and incident reporting pathways, so that contested 

outcomes can be examined, explained, and remediated rather than absorbed as “black box” decisions (Raji et 

al., 2020). In this sense, governance maturity is demonstrated not by the existence of ethical commitments, 

but by the organisation’s capacity to evidence, test, and improve ethical performance over time through 

verifiable practice (Morley et al., 2020; Raji et al., 2020). 

Importantly, the practical significance extends beyond organisations to the government’s role, both as a 

regulator and as a major purchaser and deployer of AI-enabled systems. As a regulator and policy steward, 

government can shape the conditions under which internal governance becomes substantive by coupling 

accountability expectations with enabling infrastructure, clear transparency requirements, guidance that 

clarifies what “good practice” looks like, and safe reporting channels that support disclosure and learning 

rather than suppressing incident visibility (MBIE, 2025; OECD, 2019a; Ubaldi & Zapata, 2024). Public 

guidance and risk management frameworks can also reduce fragmentation by providing shared language, 

evaluative criteria, and lifecycle-oriented controls that organisations can adapt to context, thereby supporting 

interoperability across sectors and jurisdictions (OECD, 2019a; U.S. Department of Commerce, 2023; 

Ubaldi & Zapata, 2024). As a market-shaping actor, government procurement can operationalise these 

expectations by requiring traceability, monitoring, and remediation mechanisms as conditions of contracting, 

particularly for high-stakes uses where public trust and legitimacy are most vulnerable (MBIE, 2025; 

O'Neill, 2018). For external stakeholders, including auditors, affected communities, and civil society, the 

framework produced by this review offers a basis for scrutiny that goes beyond ethical rhetoric, directing 

attention to auditability, post-deployment monitoring, and accessible pathways for redress, which are 

fundamental to sustaining trust and social legitimacy (O'Neill, 2018; Raji et al., 2020). 

Finally, the review highlights recurrent pitfalls that practitioners and policymakers should avoid, which is 

equating governance form with a governance function, relying on symbolic structures without authority, and 

treating effectiveness as assumed rather than measured (Mittelstadt, 2019; Morley et al., 2020). The practical 

implication is the need for governance performance indicators, such as incident patterns, audit findings, and 

stakeholder perceptions of fairness and contestability, so that organisations and oversight bodies can evaluate 

whether governance is working in practice, not merely existing on paper (Morley et al., 2020; U.S. 

Department of Commerce, 2023). Overall, the practical contribution lies in clarifying how organisations, 
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alongside government as regulator and exemplar user, can move from ethical aspiration to routinised, 

accountable practice, supporting AI innovation that is productive while remaining trustworthy and socially 

defensible (Mittelstadt, 2019; OECD, 2019a, 2019b; Raji et al., 2020). 

6.4 Methodological Limitations and Future Research 

The conclusions of this systematic literature review should be read in light of methodological constraints that 

shape what the available evidence can legitimately substantiate. These constraints both qualify interpretation 

and identify where the field most urgently requires stronger research designs and datasets (Mittelstadt, 2019; 

Morley et al., 2020). 

First, the review was limited to English-language publications from 2015 to July 2025. While this boundary 

improved feasibility and consistency, it likely under-represents governance practices documented in non-

English jurisdictions and in regulatory traditions where key evidence is primarily reported in local languages. 

The July 2025 cut-off is also high impact in a fast-moving domain: post-2025 developments in generative AI 

governance, regulation, and standards are necessarily absent. Future syntheses should adopt multilingual 

searching and planned updating, including “living” review approaches, to strengthen global coverage and 

temporal relevance. 

Second, the evidence base is likely shaped by publication and visibility effects. By prioritising peer-reviewed 

scholarship and excluding most grey literature, this review may over-weight aspirational frameworks and 

publicly reportable successes while under-capturing failures, resistance, and null findings, exactly the 

evidence needed to explain why governance breaks down in practice (Butcher & Beridze, 2019). A more 

practice-proximate evidence base would integrate high-quality grey sources (for example, standards 

artefacts, government reports, independent audits, and incident post-mortems), using explicit quality 

appraisal and transparent inclusion rules. 

Third, retrieval and synthesis are constrained by database coverage, indexing conventions, and definitional 

variation. Relevant work does not always label itself “AI governance”, and indexing may disadvantage 

studies from smaller organisations, emerging economies, and practice-oriented outlets. Moreover, 

governance is enacted within mixed sectors and organisational capacities, limiting the defensibility of one-

size-fits-all prescriptions (Morley et al., 2020; Whittlestone et al., 2019). Accordingly, the findings are best 
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treated as transferable design tendencies rather than evidence of a single optimal framework (Schiff et al., 

2020; Stahl, 2021). 

Fourth, the dissertation’s single-reviewer design constrains reliability. Screening, extraction, and coding 

were conducted by one researcher, increasing vulnerability to interpretive bias even where structured 

decision rules and audit trails are applied (Denyer & Tranfield, 2009; Tranfield et al., 2003). Future reviews 

should incorporate second-reviewer checks (at least on a subset), explicit consensus procedures for contested 

decisions, and reported reliability indicators. 

Finally, and most importantly, the field remains methodologically better at documenting governance 

adoption than evaluating governance effects. Across the included studies, structures and artefacts (for 

example, committees, policies, documentation regimes) are more consistently reported than independent 

outcome evidence such as harm reduction, improved contestability, or durable trust effects (Mittelstadt, 

2019; Morley et al., 2020; Raji et al., 2020). As a result, claims of effectiveness often rest on proxy 

indicators that may signal intent or maturity without demonstrating operational impact (Munn, 2023; Raji et 

al., 2020). The Aotearoa New Zealand public sector’s Algorithm Charter makes this challenge explicit by 

framing algorithm use through transparency, accountability, bias mitigation, and Te Tiriti o Waitangi 

obligations, positioning governance as inseparable from social licence and public trust (Statistics New 

Zealand, 2020). Recent local experience likewise shows us that formal expectations and oversight do not, on 

their own, prevent material harm: the ManageMyHealth cyber incident involved unauthorised access to 

sensitive patient information despite established privacy governance expectations and regulatory settings, 

prompting response by the National Cyber Security Centre and an inquiry by the Office of the Privacy 

Commissioner (National Cyber Security Centre, 2026; Office of the Privacy Commissioner, 2026a) The 

implication is not that governance structures are dispensable, but that their presence cannot be treated as 

evidence of resilience or ethical performance. 

These limitations point to a future research agenda that is more evaluative, comparative, and mechanism 

focused. The immediate priority is longitudinal and cross-sector study designs that test whether governance 

interventions change outcomes over time, rather than merely recording artefact presence (Morley et al., 

2020; Schiff et al., 2020). Mixed-method designs are especially valuable here, triangulating organisational 
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evidence (for example, interviews, surveys, and document analysis) with technical assessments (for example, 

pre/post measures of bias, robustness, error, or security posture) to strengthen causal inference about what 

governance is doing and under what conditions (Mittelstadt, 2019; Morley et al., 2020). In Aotearoa New 

Zealand, such evaluation should also operationalise public trust and Treaty-aligned partnership obligations as 

measurable outcomes, rather than leaving them as aspirational claims (Statistics New Zealand, 2020). 

A second priority is shared measurement infrastructure to support cumulative knowledge. More standardised, 

validated metrics for fairness, transparency, accountability, robustness, and downstream impacts, paired with 

shared repositories of incidents and near-misses would reduce the gap between governance rhetoric and 

evaluative capability (Morley et al., 2020; Raji et al., 2020). Effectiveness should also be assessed through 

human-centred outcomes, not only compliance indicators. Workforce constructs such as STARA awareness, 

job insecurity, and turnover intentions offer validated measures that can be adapted to evaluate governance 

as organisational change and to surface distributional impacts across groups (Brougham & Haar, 2017, 2018, 

2020).  

A third priority is scalable and inclusive governance. Given uneven organisational capacity, future work 

should test proportional governance designs that remain credible under constraint and examine how 

governance shapes participation, reskilling, retention, and unequal exposure to harm across sectors and 

national contexts (Brougham & Haar, 2018, 2020; Morley et al., 2020). Overall, the strongest contribution 

the field can make next is to move from describing governance to demonstrating, with methodologically 

defensible evidence, when and why particular governance arrangements succeed or fail across contexts 

(Stahl, 2021). 
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6.5 Final Reflection 

Writing this dissertation has sharpened, and in some respects unsettled, how I think about technology 

governance at a time when organisational AI adoption is accelerating faster than the maturation of oversight. 

When I began, I approached “governance” largely through the lens that has shaped my professional life: as a 

senior technology practitioner at Auckland University of Technology (AUT) with 16 years’ experience 

delivering complex technology change, where success is often defined by clear scope, disciplined risk 

management, both stakeholder and staff engagement and dependable delivery. That background has trained 

me to value control points, decision rights, assurance gates, and traceable artefacts. However, this research 

has made me confront a deeper, more uncomfortable truth: responsible AI governance cannot be reduced to a 

well-designed set of controls. It is an ongoing socio-technical capability that depends on organisational 

incentives, culture, and the moral seriousness with which people treat the consequences of technological 

decisions (Mittelstadt, 2019; Stahl, 2021). 

In my day-to-day role, I have learnt that the difference between “governance on paper” and “governance in 

practice” is rarely technical. I have seen policies approved and committees convened, yet meaningful 

accountability can still be diluted when authority is unclear, when delivery pressure overrides caution, or 

when people do not feel safe to raise concerns that might slow down progress. This dissertation has given me 

a language for what I have often sensed but not formally named: governance fails when it becomes 

performative, when compliance theatre substitutes for genuine stewardship (Mittelstadt, 2019). It has also 

expanded my understanding of what is at stake. With AI systems, the harms that governance must mediate 

are not confined to cost overruns or service disruption; they can include inequitable outcomes, diminished 

autonomy, privacy erosion, and loss of institutional trust, which is particularly consequential in public and 

educational settings (European Commission, 2019; O'Neill, 2018). That shift has changed how I weigh trade-

offs. I now see “delivery” not as the endpoint of responsible work, but as the point at which responsibility 

intensifies, because deployment is where impacts become real, contested, and socially distributed. 

This research has therefore changed how I understand my own professional obligations. In the past, I might 

have treated ethical considerations as adjacent to governance, important, but ultimately outside the core 

machinery of project control. I no longer think that is defensible. Responsible AI governance, as this 
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dissertation argues, is fundamentally about alignment and integration: ensuring that organisational decisions, 

incentives, and routines are systematically aligned with stakeholder values and translated into durable 

practices that can be audited, challenged, and improved (O'Neill, 2018; Stahl, 2021). For me, that has 

practical implications in how I lead. I am more deliberate about asking, early, what “good” looks like beyond 

technical performance; who bears risk if the system is wrong; what evidence we will accept as assurance; 

and whether we have created genuine pathways for escalation and remediation rather than assuming that “no 

news is good news” (Mittelstadt, 2019; Raji et al., 2020). It also means I place greater weight on capability-

building, helping teams build the literacy to identify ethical risk, and designing processes that normalise 

questioning rather than treating it as resistance (Stahl, 2021). 

These reflections have become even more applied for me in light of AUT’s recent institutional move to 

coordinate its AI direction at the highest level. The Vice-Chancellor’s AI Taskforce report, Our AI Future, 

positions AI as strategically significant for AUT and calls for an integrated, university-wide approach across 

teaching, research, and operations (Auckland University of Technology, 2025c). Reading that as a 

practitioner, I interpret it as more than an aspirational statement: it signals that AI governance is high on the 

Vice-Chancellor’s agenda and is being treated as an AUT priority with real implications for how we design, 

approve, and assure technology change. In parallel, Auckland University of Technology (2025a) 

establishment of the AI hub as an entry point for information, tools, resources, and guidance has shifted my 

thinking about what “operationalising governance” can look like in practice. It takes something that can feel 

abstract, responsible AI, and turns it into usable decision support for staff working under time pressure. In 

particular, Auckland University of Technology (2025b) guidance that sorts AI tools by trust rating reinforces 

a lesson that also surfaced strongly across the studies: risk is not uniform, and responsible governance 

depends on proportionate controls that are calibrated to context, impact, and uncertainty rather than applied 

as a one-size-fits-all checklist (Mittelstadt, 2019; Morley et al., 2020). 

What has surprised me is how closely this aligns with existing, committee-led governance patterns that I 

already work with at AUT, and how those patterns become even more important when AI enters the picture. 

Like many organisations described in the literature, AUT relies on structured forums such as change 

advisory boards and technical design groups to surface dependencies, challenge assumptions, and create 

shared accountability for decisions that might otherwise be made in silos, consistent with findings from 



Chapter 6: Summary and Conclusion 
 

89 
 

Morley et al. (2020) and Raji et al. (2020). In my experience, these forums are where “governance” becomes 

real: they are spaces where colleagues can ask the uncomfortable questions, about data provenance, privacy, 

bias risk, user impact, security posture, monitoring responsibilities, and what we will do if something goes 

wrong. This dissertation has made me view those meetings differently. I used to treat them primarily as 

delivery safeguards, ways to protect service stability and ensure technical due diligence. I now see them as 

ethical and social safeguards as well: mechanisms for contestability, collective judgement, and legitimate 

critique, especially when a new AI capability is proposed and the downstream impacts are harder to foresee 

(O'Neill, 2018; Stahl, 2021). Put plainly, committee structures only matter if they have the authority and 

information to influence outcomes, and if the culture makes it safe for people to slow things down when the 

risks are not well understood (Mittelstadt, 2019). That cultural dimension, psychological safety, permission 

to question, and willingness to document and revisit decisions, has become, for me, one of the most practical 

and important insights of this research. 

This dissertation has affirmed that responsible AI is a collaborative effort that transcends individual roles or 

teams. AUT, like other institutions, operates within broader regulatory and normative ecosystems, and 

credible governance depends on both internal controls and external accountability, through law, standards, 

and engagement with affected communities (European Commission, 2019; Stahl et al., 2021). This matters 

because trust is not granted by intention; it is earned through demonstrable assurance and the willingness to 

be held accountable (O'Neill, 2018). I finish this dissertation more convinced that mature AI governance is a 

journey rather than an endpoint: perfection may be unattainable, but continuous improvement is both 

necessary and feasible when organisations embed ethics into workflows, monitor outcomes, learn from 

failures, and treat evidence, not rhetoric, as the basis for legitimacy (Mittelstadt, 2019; O'Neill, 2018; Stahl, 

2021). Personally, that is the most enduring change in my thinking: ethical AI does not occur by default; it 

occurs by design, and I now see that design as part of my responsibility as a technology leader at AUT, not 

an optional extra. 
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Appendices  

Appendix A: Databases searched by AUT-licensed EBSCO collections  

Table 7. Summary of Databases Searched via EBSCOhost by Discipline 

Category Databases Included 
Science, Technology & 
Engineering 

• GreenFILE 

  • Library, Information Science & Technology 
Abstracts 

  • MathSciNet via EBSCOhost 
  • Ergonomics Abstracts 
  • Wiley e-textbook Subscription (Physical Sciences & 

Engineering) 
Business, News & Hospitality • Business Source Complete 
  • Regional Business News 
  • Newswires 
  • Hospitality & Tourism Complete 
  • Wiley e-textbook Subscription (Business) 
Health, Medicine & Sports • CINAHL Complete 
  • CINAHL Ultimate 
  • MEDLINE 
  • Dentistry & Oral Sciences Source 
  • SPORTDiscus with Full Text 
  • Wiley e-textbook Subscription (Health Sciences) 
Education & Social Sciences • ERIC 
  • Teacher Reference Center 
  • SocINDEX with Full Text 
  • Wiley e-textbook Subscription (Education) 
  • Wiley e-textbook Subscription (Psychology) 
  • Wiley e-textbook Subscription (Social Sciences & 

Humanities) 
Arts & Humanities • Art & Architecture Complete 
  • Art Full Text (H.W. Wilson) 
  • Art Index Retrospective (H.W. Wilson) 
  • Humanities International Index 
  • Communication & Mass Media Complete 
Multidisciplinary & General 
Reference 

• eBook Collection (EBSCOhost) 

  • OpenDissertations 
  • Australia/New Zealand Reference Centre Plus 
  • Australia / New Zealand Reference Centre Plus 

eBook Subscription 
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Appendix B: Included Studies Index 

This appendix lists the included studies using the study identifier employed in the coding matrix and the 

corresponding short-form citation used throughout the chapter. 

Table 8. Included studies (N = 38) 

Study 
ID 

Short citation Title 

S01 Attard-Frost et al. (2023) The ethics of AI business practices: a review of 
47 AI ethics guidelines 

S02 Munn (2023) The uselessness of AI ethics 

S03 Khan et al. (2022) Ethics of AI: A Systematic Literature Review of 
Principles and Challenges 

S04 Mäntymäki et al. (2022) Defining organizational AI governance 

S05 Batool et al. (2025) AI governance: a systematic literature review 

S06 T. Zhou et al. (2025) Content hubs, information flows, and reactions 
for pesticide-related discussions on Twitter/X 

S07 Nalbandian (2022) An eye for an 'I:' a critical assessment of artificial 
intelligence tools in migration and asylum 

management 
S08 Khadka and Ullah (2025) Human factors in cybersecurity: an 

interdisciplinary review and framework proposal 

S09 Monyela and Tella (2024) Leveraging artificial intelligence for sustainable 
knowledge organisation in academic libraries 

S10 Olawade et al. (2025) Enhancing Ophthalmic Diagnosis and Treatment 
with Artificial Intelligence 

S11 Luo et al. (2025) AI in Medical Questionnaires: Innovations, 
Diagnosis, and Implications 

S12 Okun et al. (2023) Commitments for Ethically Responsible Sourcing, 
Use, and Reuse of Patient Data in the Digital Age: 

Cocreation Process 
S13 Zhao et al. (2021) Ethics, Integrity, and Retributions of Digital 

Detection Surveillance Systems for Infectious 
Diseases: Systematic Literature Review 

S14 Ridzuan et al. (2024) AI in the Financial Sector: The Line between 
Innovation, Regulation and Ethical Responsibility 

S15 Paul and Rena (2025) Generative AI in South African Healthcare: 
Navigating Challenges and Harnessing 

Opportunities for Industry and Research 
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S16 Emah and Bennett (2025) Algorithmic emergence? Epistemic in/justice in 
AI-directed transformations of healthcare 

S17 Bensa and Fattore (2024) Artificial Intelligence and the Administrative Side 
of Public Healthcare 

S18 Mujtaba (2025) Human-AI Intersection: Understanding the 
Ethical Challenges, Opportunities, and 

Governance Protocols for a Changing Data-
Driven Digital World 

S19 D. Zhou et al. (2025) Artificial intelligence in sport: A narrative review 
of applications, challenges and fsuture trends 

S20 Tian et al. (2025) Artificial intelligence in construction risk 
management: a decade of developments, 

challenges, and integration pathways 

S21 Yang et al. (2024) Adopting AI Advertising Creative Technology in 
China: A Mixed Method Study Through the 

Technology-Organization-Environment (TOE) 
Framework, Perceived Value and Ethical 

Concerns 
S22 Albalawee and Fahoum 

(2024) 
A novel legal analysis of Jordanian corporate 
governance legislation in the age of artificial 

intelligence 
S23 Diaz-Asper et al. (2024) A Framework for Language Technologies in 

Behavioral Research and Clinical Applications: 
Ethical Challenges, Implications, and Solutions 

S24 Ismail and Goh (2024) Evaluating the Impact of Artificial Intelligence on 
Work Ethics within Malaysian Regulatory Bodies 

S25 Rugiubei and Stoica (2025) Challenges in Adopting Artificial Intelligence 
Technologies in Supply Chain Management in 

Romanian Companies 
S26 Lacmanovic and Skare 

(2025) 
Artificial intelligence bias auditing , current 

approaches, challenges and lessons from practice 

S27 AlTawil and Rahhal (2025) Examining synergies between UAE corporate 
social responsibility laws and corporate 

governance frameworks 
S28 Sandeep et al. (2025) Leveraging AI in recruitment: enhancing 

intellectual capital through resource-based view 
and dynamic capability framework 

S29 Birkstedt et al. (2023) Al governance: themes, knowledge gaps and 
future agendas 

S30 Alzebda and Matar (2025) Factors affecting citizen intention towards AI 
acceptance and adoption: the moderating role of 

government regulations 
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S31 Zada et al. (2024) Generative artificial intelligence in FinTech: 
Applications, environmental, social, and 

governance considerations, and organizational 
performance: The moderating role of ethical 

dilemmas 
S32 Saw and Ng (2022) Current challenges of implementing artificial 

intelligence in medical imaging 

S33 Yue et al. (2024) Artificial intelligence for internal communication: 
Strategies, challenges, and implications 

S34 Palladino (2023) A ‘biased’ emerging governance regime for 
artificial intelligence? How AI ethics get skewed 

moving from principles to practices 

S35 Loufek et al. (2024) Embedding Internal Accountability Into Health 
Care Institutions for Safe, Effective, and Ethical 

Implementation of Artificial Intelligence Into 
Medical Practice: A Mayo Clinic Case Study 

S36 Mac (2024) Bias and discrimination in ML-based systems of 
administrative decision-making and support 

S37 Wamba et al. (2025) Generative artificial intelligence and the 
challenges to adding value ethically 

S38 Rana et al. (2024) Assessing the nexus of Generative AI adoption, 
ethical considerations and organizational 

performance 
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Appendix C: Extracted Data 

Table 9. Comparative Analysis of AI Governance Frameworks and Implementation Strategies 

Article Implementation Details 
(RQ1) 

Governance Focus 
(RQ2) 

Implementation 
Outcome/Effectivene

ss 

Challenges Reported Framework Components 

Attard-
Frost et 
al. (2023) 

Conceptualises “AI business 
practices” as iterative 
political/economic 
behaviours spanning 
resourcing, design, 
development, deployment, 
and use, then uses this lens 
to review and code ethics 
guidelines. (S01, p. 2) 
Operationally foregrounds 
internal oversight (e.g., 
social impact 
assessments/audits, internal 
review boards/ethics bodies, 
worker involvement) and 
external oversight 
(policy/legal/regulatory 
frameworks) as governance 
mechanisms.  

Argues current AI 
ethics guidance over-
weights “algorithmic 
decision-making” and 
under-addresses the 
business/political 
economy in which AI 
systems sit, and 
reframes governance 
using the FAST 
principles (fairness, 
accountability, 
sustainability, 
transparency) tailored 
to business practice.  

Finds the political and 
economic 
implications of AI 
business practices are 
“greatly 
underrepresented” in 
the guideline included 
studies reviewed, 
implying limited real-
world governance 
coverage if 
organisations rely on 
typical guidelines 
alone.  

Underrepresentation of 
business practice and political 
economy considerations in 
prevailing guidelines (a 
structural gap). Practical 
governance burden implied by 
the need for both internal and 
external oversight 
arrangements (audits, review 
bodies, regulatory 
scaffolding).  

Concrete topic-level components 
coded across FAST include 
(examples): discrimination/data 
risk assessments, independent 
tests/audits/investigations, 
external oversight 
roles/institutions, post-harm 
accountability, right to 
challenge/appeal and redress, 
continuous 
monitoring/improvement, bias 
disclosure/mitigation, 
representative data, open data, 
and human-rights framing.  
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Munn 
(2023) 

Explains why “principles” 
fail in practice (difficult to 
operationalise, poorly 
embedded in industry) and 
illustrates weak 
implementation via an 
external advisory council 
model with no veto power. 
Advances alternative 
implementation directions: 
broaden to AI justice 
(sociopolitical systems of 
oppression) and narrow to 
concrete controls (accuracy, 
auditing, governance).  

Critiques principle-
centric “AI ethics” as a 
governance substitute; 
argues effective 
responsible AI requires 
enforceable governance 
that is connected to real 
organisational power 
and constraints (e.g., 
auditability, 
governance 
mechanisms, and 
resistance to “business 
as usual”).  

Concludes the 
dominant turn to 
ethical principles is 
“largely useless” 
because it fails to 
mitigate harms and 
produces a persistent 
principle to practice 
gap.  

“Meaningless, isolated, and 
toothless” principles: 
contested/incoherent, situated 
in ecosystems that ignore 
ethics, and lacking penalties 
(enabling corporate agendas). 
“Ethics washing” as a strategy 
to appear ethical while 
avoiding regulation.  

Diagnostic framework of failure 
modes (meaningless / isolated / 
toothless) plus two alternative 
governance pathways: (1) 
justice-oriented governance; (2) 
operational controls such as 
accuracy, auditing, and 
governance.  

Khan et 
al. (2022) 

Synthesises how ethics is 
(and is not) implemented by 
mapping principles that 
designers are urged to 
consider, and by identifying 
barriers that hinder 
implementation; positions 
findings as inputs to a 
maturity model to guide 
capability improvement.  

Principles-based 
governance focus 
highlights four most 
common principles, 
transparency, privacy, 
accountability, and 
fairness as dominant 
across the reviewed 
literature.  

Offers an evidence-
mapped inventory (22 
principles; 15 
challenging factors) 
rather than evaluating 
effectiveness of any 
single governance 
framework; proposes 
using these as inputs 
for a future maturity 
model to assess and 
improve ethical 
capabilities.  

Most frequently cited barriers 
include lack of ethical 
knowledge and vague 
principles. Specific 
implementation blockers 
include lack of 
audit/monitoring, absence of 
legal frameworks, and 
business interest pressures 
(among others listed).  

Catalogue of 22 principles + 15 
challenging factors; challenge 
themes grouped into (i) 
knowledge and expertise, (ii) 
organisational management, and 
(iii) tools and technologies; 
preliminary maturity-model 
structure.  
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Mäntymä
ki et al. 
(2022) 

Defines organisational AI 
governance as a system of 
rules, practices, processes, 
and technological tools used 
to ensure AI use aligns with 
organisational 
strategy/values, fulfils legal 
requirements, and meets 
ethical AI principles; 
explicitly intended to be 
action-oriented for 
implementation. (S04, p. 1,2) 
Extends implementation 
scope across the full AI 
system lifecycle (use case 
definition/design through 
maintenance and disposal).  

Positions “AI 
governance” as the 
organisational 
mechanism through 
which AI ethics is 
translated into 
operational practice, 
connecting ethical, 
organisational, and 
technological aspects 
and anchoring them in 
legal and strategic 
alignment. 

Conceptual 
contribution: provides 
definitional clarity to 
help practitioners 
identify constituent 
parts of the “complex 
problem” of 
translating ethics into 
practice; does not 
report empirical 
effectiveness 
outcomes.  

Core implementation 
challenge: ethical principles 
(e.g., fairness) must be 
translated into practicable 
governance processes, yet the 
concept is complex and 
previously under-defined.  

Core components are explicit in 
the definition: rules, practices, 
processes, technological tools; 
plus alignment targets 
(strategy/objectives/values, legal 
requirements, ethical principles) 
and lifecycle coverage.  



Appendices 

109 
 

Batool et 
al. (2025) 

Uses an SLR organised 
around four implementation 
questions: who is 
accountable, what is 
governed, when governance 
occurs in the AI lifecycle, 
and how governance is 
implemented via 
frameworks/tools/policies/m
odels. Classifies “how” 
solutions by governance 
level (team, organisational, 
industry, national, 
international) and reports 
most solutions sit at 
organisational level in their 
sample.  

Practical governance 
mapping: frames 
responsible AI 
governance as selecting 
and aligning 
appropriate governance 
solutions across 
stakeholders, governed 
elements (notably 
data), lifecycle stages, 
and implementation 
instruments.  

Intended 
effectiveness is 
decision-support 
addresses the 
difficulty 
stakeholders face in 
selecting suitable 
governance 
frameworks/tools/mo
dels by synthesising 
available solutions 
and their facets; does 
not claim universal 
effectiveness, but 
provides a structured 
basis for selection.  

Stakeholders lack a clear 
picture of available 
governance solutions and how 
to choose among them. (S05, 
p. 1) Data governance 
challenges: security/privacy 
risks in data collection, and 
unstructured/non-standardised 
medical data affecting AI 
model quality. Notes there are 
“challenges and limitations” 
in existing governance 
solutions (treated as an 
explicit review target).  

Four analytic elements 
(who/what/when/how); 
implementation instruments 
(frameworks, tools, policies, 
models); five governance levels 
(team → international); 
emphasis on governing data as a 
key object of governance.  
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T. Zhou 
et al. 
(2025) 

Its “implementation” is 
methodological: it 
operationalises content hubs, 
maps information flows, and 
analyses reactions within 
pesticide-related discussions 
on X (Twitter). Any 
“governance” relevance is 
indirect (e.g., informing risk 
communication, moderation, 
or public health messaging 
strategies rather than 
governing AI systems). 

Indirectly relevant to 
information 
governance (how 
influence, diffusion, 
and reactions form 
around risk topics), 
which could inform 
platform/community 
governance 
interventions. 

Effectiveness is 
framed as 
explanatory/diagnosti
c: the study identifies 
how information 
clusters and reactions 
behave, rather than 
evaluating a 
governance 
framework’s 
effectiveness. 

Typical platform-data 
research constraints (platform 
dynamics, representativeness, 
and limits of inference) and 
the difficulty of translating 
descriptive findings into 
intervention design. 

Content hub identification; 
network/flow analysis; 
reaction/engagement measures; 
discourse/sentiment-style 
interpretation of responses; 
comparative analysis across hub 
types. 
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Nalbandia
n (2022) 

Describes real-world 
deployment of AI in 
migration/asylum 
management (e.g., NZ 
border/immigration 
efficiency tools; US 
biometric databases and 
matching; case management 
and data scraping). The 
paper frames implementation 
as involving explicit trade-
offs between administrative 
efficiency and rights 
protections, implying that 
governance must be 
designed to prevent “rights-
for-access” bargains. 

A rights-based, critical 
governance stance: 
privacy and security as 
non-negotiables; 
transparency about tool 
use and impacts; 
attention to 
vulnerability and power 
asymmetries in 
migration contexts. 

Not an evaluative 
governance trial; 
effectiveness is 
discussed as a 
tension: AI may 
improve 
administrative 
efficiency, but 
without robust 
safeguards it can 
degrade rights 
protections and 
legitimacy. 

Risks of sacrificing human 
rights (privacy/security) in the 
name of efficiency; opacity 
and transparency deficits; 
heightened vulnerability for 
already-marginalised 
populations. 

Implied governance 
components: human-rights 
safeguards, privacy/security 
protections, transparency 
requirements, and heightened 
scrutiny for high-stakes public-
sector use cases 
(migration/asylum). 

Khadka 
and Ullah 
(2025) 

Proposes an iterative human-
centric cybersecurity 
framework implemented via 
assessment → design → 
implementation → 
evaluation: behavioural 
audits; tailored/gamified 
training; socio-technical 
decision support; feedback 
loops; cross-sectional + 
longitudinal evaluation. 

Governance embedded 
through organisational 
culture and 
compliance: policy, 
behaviour alignment, 
leadership 
development, insider-
threat mitigation, and 
explicit AI ethics and 
privacy considerations 
for AI-enabled security 
tools. 

Expected benefits 
(not yet empirically 
validated): improved 
literacy and 
compliance, reduced 
analyst fatigue, 
culturally inclusive 
practices, better 
human, system 
alignment, and more 
trustworthy/ethical AI 
security applications. 

Human variability (stress, 
fatigue, culture), socio-
technical misalignment, 
insider risk, ethical/privacy 
risks (bias, transparency), and 
limited real-world validation 
to date. 

Four pillars: psychological 
dimensions, training & 
awareness, organisational 
culture & compliance, socio-
technical integration (incl. AI 
ethics/privacy), plus 
inclusivity/cultural tailoring and 
evaluation/validation 
mechanisms. 
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Monyela 
and Tella 
(2024) 

Recommends concrete 
library implementation steps: 
create/adhere to ethical 
standards; prioritise data 
protection (anonymisation, 
informed consent, lifecycle 
security); invest in staff 
education/training; 
collaborate with 
stakeholders; continuously 
monitor and evaluate AI 
applications. 

“Ethical AI 
governance” in 
libraries emphasising 
user trust, fairness, 
equity, transparency, 
accountability, and 
mitigation of 
algorithmic bias and 
data protection risks. 

Reports practice-level 
benefits (resource 
efficiency gains and 
improved user 
satisfaction) 
alongside the need for 
responsible 
governance to realise 
these benefits. 

Ethical risks in adoption: data 
privacy, algorithmic 
transparency, and user 
empowerment; plus the need 
to manage bias, inclusivity, 
and ongoing alignment with 
user/community values. 

Specific components include 
transparency/explainability, bias 
mitigation (audits/monitoring), 
inclusivity/accessibility, user 
education, partnerships, 
continuous assessment, 
community consultation, and an 
ethical AI governance structure 
with roles/duties and grievance 
channels. 

Olawade 
et al. 
(2025) 

Emphasises implementation 
controls for clinical AI: 
patient consent, 
anonymisation, and strong 
security (e.g., encryption) as 
part of data governance; bias 
mitigation through 
diverse/representative 
datasets; integration with 
existing health systems and 
regulatory compliance for 
deployment. 

Responsible clinical 
governance anchored in 
privacy, fairness/bias 
control, safety, and 
compliance-oriented 
oversight (to ensure AI 
supports, rather than 
undermines, clinical 
decision-making). 

Positions governance 
as enabling condition 
for safe clinical 
benefit (improved 
diagnosis/treatment 
potential), rather than 
reporting measured 
governance 
effectiveness 
outcomes. 

Key barriers: privacy risks, 
bias in training data, and the 
operational burden of meeting 
regulatory and system-
integration requirements (e.g., 
working with EHR 
environments). 

Components include data 
governance protocols 
(consent/anonymisation/security
), bias mitigation strategies, 
compliance mechanisms, and 
integration requirements with 
clinical information systems. 
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Luo et al. 
(2025) 

Implementation emphasis is 
socio-technical: 
infrastructure upgrades and 
interoperability with EHRs 
(HL7/FHIR) to enable 
workflow integration; 
privacy/security compliance 
(e.g., GDPR/HIPAA); 
explicit consent procedures; 
clear roles and 
responsibilities plus liability 
allocation for AI-supported 
decisions. 

Effective governance 
focuses on patient-data 
protection, 
accountability for 
clinical/administrative 
decision-making, and 
lawful/ethical operation 
of AI-enabled 
questionnaires across 
health information 
systems. 

Discusses 
effectiveness in 
enabling responsible 
adoption (better 
integration → more 
usable tools; clearer 
governance → safer 
deployment), but does 
not present a formal 
evaluation of a 
governance 
framework. 

Practical constraints: 
interoperability gaps, 
infrastructure costs, data 
privacy/security risks, consent 
management challenges, and 
medico-legal liability 
questions. 

Components include 
interoperability standards 
(HL7/FHIR), governance role 
clarity, consent and 
privacy/security controls, and 
compliance frameworks 
(GDPR/HIPAA) with liability-
aware oversight. 

Okun et 
al. (2023) 

A structured co-creation 
approach (9 months) using 
participatory methods 
(landscape analysis, listening 
sessions, survey), guided by 
biomedical ethics and “social 
licence”, to produce a 
patient-first governance and 
accountability framework for 
data stewardship. 

Governance 
foregrounds what is 
acceptable in data 
use/sharing (not merely 
technical analytics). It 
aims to strengthen 
legitimacy (“social 
licence”) through 
privacy, transparency, 
openness, autonomy-
respecting consent, and 
shared power between 
data stewards and 
communities. 

Outcome is the 
“Commitments for 
the digital age” 
framework (six 
commitments) 
intended to guide 
ethically responsible 
governance between a 
data-collecting 
company and its 
community; 
effectiveness is 
framed as 
strengthening/maintai
ning social licence 
and setting 
enforceable 
expectations for 
conduct. 

Core problem: organisations 
may lack social licence and 
“ethical maturity”; uncertainty 
about acceptable data uses; 
navigating privacy, autonomy, 
equity concerns in novel 
digital research environments. 

Six framework components: 
continuous/shared learning; 
respect and empower individual 
choice; informed/understood 
consent; people-first 
governance; open 
communication and accountable 
conduct; inclusivity, diversity, 
and equity. 
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Zhao et 
al. (2021) 

Reviews AI-augmented 
infectious disease 
surveillance and argues 
implementation must be 
underpinned by an ethical 
governance framework and 
cross-national/national 
governance structures 
(regulatory, medical, ethical, 
and legal), with mandated 
safeguards for cross-border 
data sharing. 

Effective governance is 
framed as multi-level 
(individual, 
organisational, societal) 
and centred on trust, 
privacy/confidentiality, 
civil rights, and explicit 
governance structures 
(rather than leaving 
governance to lag 
behind technical 
capability). 

Effectiveness is 
conditional: 
surveillance can be 
“highly effective and 
responsive”, but 
acceptability and 
effectiveness depend 
on public trust in 
implementation and 
governance, plus 
transparent and 
independent 
oversight. 

Public concerns include 
inadequate information, 
unclear governance 
frameworks, and lack of 
privacy protection, data 
integrity, and autonomy; risks 
of widening disparities/digital 
divides and exposing highly 
sensitive movement/contact 
data. 

Components are operationalised 
as six domains/themes: 
awareness, digital integrity, 
trust, privacy/confidentiality, 
civil rights, governance; plus 
practical elements such as data 
ownership/control, data quality, 
bias, deidentification, and 
oversight standards. 

Ridzuan 
et al. 
(2024) 

Provides practical 
implementation guidance for 
financial services: risk 
management solutions 
(mapped in a table), 
governance 
recommendations, and an 
ethical/responsible approach 
drawing on ASEAN 
guidance; proposes a model 
governance framework 
including an AI governance 
committee for oversight and 
compliance. 

Focuses on balancing 
innovation with 
regulation and ethical 
responsibility: 
responsible AI 
practices, compliance, 
and risk controls to 
address harms (e.g., 
bias, privacy/cyber 
risk) in AI-enabled 
financial decision-
making. 

Effectiveness is 
framed as risk 
mitigation and 
compliance 
enablement (a 
governance design 
contribution rather 
than empirical 
testing): adopting 
structured controls 
and oversight is 
positioned as the 
pathway to 
responsible AI use in 
financial services. 

Governance complexity in 
highly regulated 
environments; managing AI 
risks and ensuring ongoing 
compliance; operationalising 
ethical guidelines into 
workable oversight and 
decision controls. 

Components include risk 
management measures (Table 2), 
governance recommendations 
(Table 3), comprehensive ethical 
guidelines, and an AI 
governance committee 
embedded within a model 
governance framework. 
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Paul and 
Rena 
(2025) 

Recommends practical 
governance actions for 
generative AI in SA 
healthcare: robust policy 
framework (data protection, 
“algorithmising” approaches, 
patient consent), public, 
private partnerships for 
infrastructure/R&D, 
capacity-building training, 
and patient/provider trust-
building (information 
campaigns). 

Emphasises regulatory 
specificity that 
balances innovation 
with ethical safeguards 
(privacy, consent, bias 
mitigation), backed by 
multi-stakeholder 
design (government, 
health sector, 
researchers, tech 
firms). 

Conceptual/practice-
oriented synthesis 
rather than an 
evaluated governance 
rollout; argues 
governance is a 
condition for realising 
benefits (diagnostic 
accuracy, cost 
reduction, 
accessibility) 
sustainably. 

Data complexity and 
heterogeneity; 
privacy/security; 
infrastructure and skills 
shortages; policy/regulatory 
gaps; budget constraints; and 
risk of bias or misuse without 
safeguards. 

Policy and regulatory 
architecture; PPP governance 
model; workforce AI literacy 
and training; trust/engagement 
mechanisms; localisation of 
models; cross-sector 
collaboration structures. 

Emah 
and 
Bennett 
(2025) 

Conceptual governance 
guidance: embed 
participatory engagement 
across system design and 
knowledge generation; adopt 
participatory accountability 
structures that recognise 
power differentials and 
prevent tokenistic 
“participation”. 

Frames “effective” 
governance as 
equitable health-AI 
governance grounded 
in data justice and 
algorithmic fairness, 
protecting autonomy, 
inclusivity, and 
meaningful 
patient/clinician 
agency. 

No measured 
effectiveness 
(conceptual analysis), 
but provides 
governance 
implications intended 
to reduce 
epistemic/algorithmic 
injustice in healthcare 
AI assemblages. 

Decontextualisation of 
qualitative clinical nuance; 
automation/acceleration of 
bias; weak transparency; risks 
of tokenistic engagement; 
structural power imbalances 
shaping evidence and system 
design. 

Participatory governance 
mechanisms; accountability 
structures; data justice and 
fairness lens; continuous/critical 
review of evidence practices 
used for guidance and 
governance. 
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Bensa and 
Fattore 
(2024) 

Advocates local 
experimentation (pilots) and 
public,private collaboration 
to implement administrative 
AI uses that can deliver 
efficiency while remaining 
lawful. 

Focuses on navigating 
ethical, legal, 
organisational, and 
governance issues in 
administrative 
healthcare AI to ensure 
compliance and 
legitimacy. 

Positions 
administrative AI as 
offering “relatively 
quick” wins in 
efficiency/effectivene
ss if governance 
issues are addressed; 
limited evaluation 
detail in the paper’s 
abstract/metadata. 

Ethical, legal, organisational, 
and governance constraints 
that must be resolved before 
scaling. 

Local pilot design; public,private 
partnership arrangements; 
compliance-by-design emphasis; 
selection of administrative use 
cases. 

Mujtaba 
(2025) 

Proposes multi-level 
governance protocols 
(individual → departmental 
→ organisational → 
societal): define 
roles/responsibilities; 
establish protocols and KPIs; 
invest in training; align AI 
use to values; integrate AI 
risk management with 
enterprise risk; require 
monitoring and periodic 
review; encourage multi-
stakeholder collaboration 
and international 
coordination. 

“Effective” governance 
foregrounds 
transparency, 
explainability, 
accountability, fairness, 
inclusivity, safety, and 
privacy, and stresses 
that accountability 
cannot be outsourced 
(even when procuring 
AI). 

Conceptual 
framework (no 
implementation 
evaluation), aimed at 
reducing 
misuse/abuse, bias, 
and opacity through 
structured governance 
and culture change. 

Opaque AI decisions; 
accountability gaps; 
surveillance/overreach; 
discrimination and bias; 
misuse/hallucinations; 
regulatory complexity and 
skills demand. 

Governance principles 
(trustworthiness, privacy, 
fairness/bias detection, 
explainability, transparency, 
accountability); organisational 
AI strategy; 
protocols/guidelines; training; 
audit/monitoring; multi-
stakeholder engagement. 
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D. Zhou 
et al. 
(2025) 

Recommends governance for 
sport AI via robust data 
governance and security 
controls: clear 
access/retention rules; 
encryption/anonymisation; 
ethical review boards; athlete 
consent and education; 
privacy-preserving methods 
(e.g., federated learning, 
differential privacy); and 
explainable AI to improve 
transparency. 

Effective governance is 
responsible and 
transparent AI for 
sensitive athlete data, 
using broader 
frameworks (e.g., 
OECD principles, EU 
trustworthy AI 
guidance) and legal 
standards (e.g., GDPR), 
plus sport-specific 
guidance (e.g., 
WADA). 

Narrative review (not 
an evaluated 
governance 
deployment): argues 
these measures can 
protect rights, reduce 
misuse/discrimination
, and build trust, 
while noting many 
methods are still 
early-stage in sport 
contexts. 

Privacy and ethical risks 
(unauthorised access, misuse, 
discrimination); algorithmic 
bias; data governance 
complexity; real-time data 
quality/integration challenges; 
broader impacts (e.g., job 
displacement). 

Governance frameworks 
(OECD, EU trustworthy AI, 
GDPR, WADA); governance 
rules for access/retention; ethical 
review boards; consent and 
education; technical privacy 
measures; XAI for transparency. 

Tian et al. 
(2025) 

Proposes an AI risk 
management lifecycle and a 
functional taxonomy 
mapping AI method to 
construction risk 
tasks/phases; recommends 
stakeholder co-
governance/participatory 
forums, human-in-the-loop 
integration of domain 
expertise, and design choices 
that maintain interpretability 
and accountability in safety-
critical contexts. 

Frames governance as 
aligning AI-enabled 
risk management with 
broader risk 
epistemologies; 
emphasises 
responsible, resilient, 
explainable deployment 
in high-stakes 
environments and calls 
for ethical/legal 
framing (including 
liability and 
accountability 
implications). 

Primarily a 
systematic synthesis: 
it consolidates 
evidence of AI’s 
potential value in risk 
work, but the 
governance approach 
is mainly proposed 
rather than 
empirically evaluated 
as a standalone 
“framework 
effectiveness” test. 

Fragmented integration across 
methods and phases; 
interpretability,performance 
tensions; legal/accountability 
and stakeholder trust 
concerns; data and 
organisational constraints 
limiting real-world uptake. 

Functional taxonomy of AI 
methods ↔ risk phases; 
integrated lifecycle model; 
governance levers: 
explainability/interpretability, 
stakeholder co-governance, 
ethical/legal framing, and 
human-in-the-loop expert 
override. 
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Yang et 
al. (2024) 

Focuses on adoption and 
organisational adaptation of 
AI advertising creative 
technology (China) using a 
mixed-method design. 
Governance is discussed 
mainly as enabling 
conditions: internal policies, 
oversight practices, and risk 
controls that shape adoption 
(e.g., managing ethical 
concerns, data handling, and 
responsible use expectations 
in creative work). 

Not a full responsible-
AI governance 
framework; rather, 
identifies what an 
“effective” enabling 
environment looks like 
for responsible 
adoption (controls that 
reduce ethical concerns 
and build perceived 
value/trust, alongside 
organisational support). 

Effectiveness is 
expressed as adoption 
outcomes (e.g., 
factors associated 
with uptake and 
intention), rather than 
measured post-
deployment impacts 
such as auditability, 
harm reduction, or 
accountability 
performance. 

Ethical concerns (e.g., misuse, 
fairness, transparency), risk 
perceptions, 
governance/standards 
uncertainty, and 
organisational capability gaps 
that constrain adoption or 
shape how it is used. 

Adoption determinants (e.g., 
perceived value and enabling 
conditions); risk/ethical concern 
constructs; organisational 
support and capability; implied 
controls such as 
policies/guardrails, role clarity, 
and oversight routines for 
responsible use. 
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Albalawee 
and 
Fahoum 
(2024) 

Uses a descriptive,analytical 
legal approach and proposes 
a legal governance model for 
Jordanian enterprises, 
advocating clearer statutory 
treatment of AI within 
corporate governance; 
focuses implementation on 
board/senior management 
oversight, and strengthening 
transparency/disclosure 
practices supported by AI-
enabled analytics. 

Corporate governance 
legislation “in the age 
of AI”: the emphasis is 
on aligning legal 
requirements, board 
duties, auditability, 
transparency, and 
disclosure with AI-
enabled decision-
making, and using AI 
to reduce unethical 
financial/managerial 
practices. 

Effectiveness is 
argued largely in 
normative/legal terms 
(improved 
transparency, reduced 
errors, better 
disclosure), rather 
than tested through 
implementation 
evaluation in 
organisations. 

Gaps/misalignment between 
existing legal frameworks and 
AI-driven practices; 
definitional ambiguity around 
AI in law; governance risks 
tied to opacity, accountability, 
and compliance capacity. 

Proposed staged legal 
governance model; clearer legal 
definition of AI; board/senior 
leadership accountability; 
disclosure/transparency 
obligations; incentives/support 
for digital governance capability. 

Diaz-
Asper et 
al. (2024) 

Provides a practical 
framework for deploying 
language technologies in 
behavioural/clinical settings: 
recommends early 
stakeholder involvement, 
explicit disclosure when 
users interact with AI, 
detailed documentation of 
model behaviour and data, 
and formal ethics oversight 
(e.g., IRB-style review) 
tailored to application 
context. 

A socio-technical 
governance approach 
for language 
technologies that 
prioritises 
privacy/confidentiality, 
bias mitigation, 
transparency, and 
patient/participant 
protections, with 
procedural safeguards 
rather than relying on 
general ethics codes 
alone. 

Effectiveness is 
positioned as risk 
reduction (e.g., 
reducing harm from 
misuse/misinterpretati
on) via process 
controls; it is not 
presented as a 
measured 
organisational 
outcome study. 

Automation bias and misuse 
risk; limited enforceability of 
broad ethical guidance; 
structural 
inequities/discrimination 
risks; privacy and 
confidentiality pressures in 
clinical contexts. 

Governance checklist across 
lifecycle (design → 
deployment); IRB/ethics review; 
stakeholder engagement; 
transparency/disclosure; user 
guidance; documentation of 
inferences/limits; 
privacy/confidentiality controls; 
human oversight. 
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Ismail 
and Goh 
(2024) 

Discusses AI adoption in 
Malaysian regulatory bodies 
through an ethics lens and 
promotes strengthening 
codes of ethics, staff 
capability-building, and 
governance practices that 
preserve professional 
integrity (e.g., monitoring, 
accountability, 
transparency). 

Focuses on how AI 
intersects with work 
ethics in 
public/regulatory 
contexts; governance 
emphasis is on 
maintaining ethical 
conduct, accountability, 
transparency, and 
appropriate use of AI in 
decision support. 

Effectiveness is 
framed as supporting 
ethical behaviour and 
integrity while 
enabling AI-enabled 
performance gains; 
the paper largely 
provides evaluative 
discussion and 
recommended 
governance responses 
rather than a full 
implementation trial. 

Ethical tensions in AI-assisted 
work; concerns about 
accountability, transparency, 
and professional judgement; 
organisational readiness and 
workforce impacts in 
regulated environments. 

Ethics-forward governance 
measures: code of ethics for AI 
use, accountability mechanisms, 
transparency expectations, 
training/capability development, 
and oversight/monitoring 
practices. 

Rugiubei 
and 
Stoica 
(2025) 

Addresses adoption of AI in 
supply chain management; 
governance 
“implementation” appears as 
practical requirements for 
deploying AI in complex, 
inter-organisational settings 
(data governance, controls, 
process redesign, and 
oversight). Adaptation is 
strongly context-dependent 
(supply chain maturity, 
legacy systems, cross-partner 
data sharing). 

Positions “effective 
governance” as the set 
of organisational 
controls that make AI 
adoption trustworthy 
and workable in supply 
chains: data 
governance, 
compliance, 
accountability, and 
transparency, 
embedded into 
operational decision-
making. 

Effectiveness is 
discussed 
inferentially: 
governance measures 
are presented as 
necessary to mitigate 
risks and enable 
sustainable adoption, 
rather than evaluated 
through outcome 
metrics of a specific 
framework. 

High implementation cost, 
poor/fragmented data, 
cybersecurity and privacy 
risks, regulatory compliance 
burden, skills shortages, 
change resistance, integration 
challenges with legacy 
systems, and concerns about 
transparency/accountability of 
AI-supported decisions. 

Data governance (quality, 
ownership, access); 
security/privacy controls; 
regulatory compliance; 
accountability and role clarity; 
transparency/traceability 
expectations; monitoring and 
continuous improvement; 
change management and 
capability building. 
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Lacmano
vic and 
Skare 
(2025) 

Synthesises how bias audits 
are conducted in practice and 
recommends embedding 
auditing into the AI 
lifecycle: scoping → 
measurement/evaluation → 
verification/validation, plus 
documentation and 
governance integration; 
highlights the need for 
repeatable processes and 
organisational support for 
audit access and follow-
through. 

Bias auditing as a 
governance 
mechanism: stresses 
fairness assessment, 
assurance practices, 
and linking audits to 
broader governance 
regimes (standards, risk 
classification, 
compliance 
expectations). 

Effectiveness is 
presented as 
conditional: auditing 
can surface bias and 
improve 
accountability when 
resourced and 
institutionally 
supported, but 
outcomes vary by 
context, access, and 
clarity of standards. 

Lack of consensus standards; 
metric and definition disputes 
(what counts as “fairness”); 
limited access to models/data; 
socio-technical complexity; 
auditing gaps between 
technical findings and 
organisational remediation. 

Audit lifecycle model 
(scope,evaluate,verify); 
documentation/reporting; 
governance integration (roles, 
responsibilities, remediation 
pathways); ongoing monitoring 
and re-auditing; socio-technical 
stakeholder considerations. 

AlTawil 
and 
Rahhal 
(2025) 

Not AI-specific. Examines 
how CSR laws can be 
integrated with corporate 
governance structures in the 
UAE. “Implementation” is 
through formal governance 
mechanisms (board 
oversight, compliance 
processes, disclosure, 
enforcement arrangements), 
which can be analogically 
useful when thinking about 
hard-law vs soft-law 
approaches to AI 
governance. 

Effective governance is 
framed as coherent 
alignment between 
legal duties (CSR 
requirements) and 
internal corporate 
governance, 
strengthening 
accountability and 
oversight. While not 
about AI, the 
architecture (law → 
governance controls → 
oversight) is 
transferable as a 
governance design 
pattern. 

Effectiveness is 
conceptual: argues 
that 
alignment/synergy 
can strengthen 
accountability and 
responsible conduct, 
but does not evaluate 
a deployed 
framework’s impact 
empirically. 

Implementation and 
enforcement complexity, 
variability in organisational 
compliance capacity, 
reporting burden, and the risk 
that formal requirements 
become performative without 
robust oversight. 

Board and committee oversight; 
compliance and enforcement 
mechanisms; 
disclosure/reporting; stakeholder 
accountability; whistleblowing 
and assurance/audit-type 
functions; integration of CSR 
strategy into governance 
routines. 
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Sandeep 
et al. 
(2025) 

Organisational 
implementation is framed 
through HR capability: 
recommends continuous 
human oversight, regular 
audits, collaboration with AI 
developers, and compliance 
with data protection (e.g., 
consent/privacy safeguards) 
to adapt AI recruitment tools 
ethically over time. 

Governance is 
embedded in HRM: 
ensuring AI 
recruitment aligns with 
organisational values 
and legal/ethical 
requirements, 
especially around 
fairness, transparency, 
explainability, and 
privacy in hiring 
decisions. 

Reports relationships 
suggesting that strong 
capabilities/support 
enable more effective 
AI adoption and 
organisational 
advantage; ethical 
governance is treated 
as a necessary 
condition for trust and 
legitimacy rather than 
a separately 
quantified governance 
“effectiveness” score. 

Algorithmic bias, 
discrimination, and lack of 
explainability; privacy and 
lawful data processing 
constraints; trust deficits 
among stakeholders; 
capability gaps and cultural 
resistance. 

Capability-based framework: 
HR competency, open 
innovation, IT infrastructure, 
financial support; governance 
controls: audits, human-in-the-
loop oversight, 
transparency/explainability 
practices, privacy/compliance 
safeguards. 

Birkstedt 
et al. 
(2023) 

Finds implementation 
knowledge is limited in the 
literature and calls for 
stronger empirical work on 
how AIG is enacted; 
proposes practical actions 
such as establishing an AI 
oversight unit, plus 
training/awareness and 
stakeholder-facing 
governance routines to 
translate ethics into practice. 

Defines AI governance 
as a system of 
rules/practices/processe
s aligning AI use with 
strategy, values, legal 
requirements, ethical 
principles, and 
stakeholder 
requirements; identifies 
four governance 
themes: technology, 
stakeholders/context, 
regulation, processes. 

Highlights that the 
effectiveness of 
ethical principles and 
regulation remains 
uncertain and under-
evidenced; positions 
future research 
agendas to strengthen 
operationalisation and 
evaluation of AIG 
processes. 

Fragmentation and few 
explicit definitions; weak 
evidence on implementation; 
limited attention to context; 
uncertain real-world impact of 
principles/regulation; 
insufficient operationalisation 
of governance processes. 

Working definition of AIG; four 
themes (technology; 
stakeholders/context; regulation; 
processes); recommended 
organisational mechanisms: 
oversight unit, collaborative 
governance, training/awareness, 
and process operationalisation. 
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Alzebda 
and 
Matar 
(2025) 

Emphasises practical levers 
that sit “around” adoption: 
public education/awareness, 
user-centred design, ethical 
AI development techniques, 
multi-stakeholder 
partnerships, and ongoing 
monitoring systems, with 
government regulation 
shaping how adoption 
drivers translate into 
intention. 

Positions formal 
government regulation 
as a key governance 
enabler, alongside 
privacy/security 
protections and risk 
mitigation (bias, 
misuse). 

Empirical 
(acceptance/adoption 
model): reports that 
adoption determinants 
(and regulation as a 
moderator) 
significantly shape 
citizens’ intention to 
accept/adopt AI, 
rather than testing a 
specific 
organisational 
governance 
framework. 

Risk perceptions; 
privacy/security fears; 
concerns about algorithmic 
bias and “unethical” 
outcomes; trust deficits. 

Adoption model constructs (e.g., 
usefulness/ease, risk, trust/social 
influence), plus government 
regulation as a moderating 
governance variable; 
monitoring/feedback loops as an 
operational mechanism. 

Zada et 
al. (2024) 

Frames implementation as 
organisational adoption 
choices that should be 
aligned with ESG priorities: 
embed compliance-oriented 
practices, proactively 
manage ethical dilemmas, 
and design processes that 
reduce bias and improve 
transparency in FinTech 
deployments. 

“Effective governance” 
is presented through an 
ESG-oriented lens 
(especially the “G”): 
trust, transparency, 
compliance, risk 
oversight, and bias 
mitigation while 
pursuing innovation 
and performance. 

Empirical (PLS-
SEM): finds GenAI 
adoption is associated 
with 
exploratory/exploitati
ve innovation and 
organisational 
performance; ethical 
dilemmas are treated 
as a contextual factor 
(not always a 
significant 
moderator). 

Ethical dilemmas in FinTech 
contexts; algorithmic bias 
risks; regulatory/compliance 
complexity; tensions between 
speed-to-market and 
responsible safeguards. 

TOE framing 
(technology,organisation,environ
ment) plus ESG considerations; 
constructs representing ethical 
dilemmas/risks; performance 
and innovation outcomes. 
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Saw and 
Ng (2022) 

Describes an implementation 
pipeline for clinical contexts 
(data acquisition → model 
development → validation 
with clinical evidence → 
regulatory approval → 
clinical implementation). 
Stresses data governance 
(data sharing best practice), 
privacy protection, and 
stakeholder consensus to 
create trustworthy AI 
policies and regulatory 
frameworks. 

Governance is risk- and 
safety-oriented: 
trustworthy AI policies, 
data governance, 
privacy/cybersecurity 
safeguards, and robust 
algorithms that are fair, 
transparent, and 
clinically reliable. 

Narrative review: 
argues that weak 
methodological 
validation and 
governance gaps limit 
real-world translation; 
governance maturity 
(policies, standards, 
stakeholder 
alignment) is 
positioned as 
necessary for scalable 
clinical deployment. 

Ethical/legal concerns; 
privacy and cyber risk; 
insufficient data sharing 
norms; lack of clear 
accountability/policy 
frameworks; limited clinical 
trust/skills readiness. 

Four-part challenge structure 
frequently used as 
“components”: algorithm 
robustness 
(fairness/transparency/trust), 
data governance, privacy 
protection, and trustworthy 
policies/regulatory frameworks; 
multi-stakeholder 
guidance/standards. 

Yue et al. 
(2024) 

Recommends internal 
implementation practices: 
education and training, a 
“co-piloting” human,AI 
approach, transparent 
communication, ethical 
governance, and an 
experimental culture. Also 
highlights the need for 
practical guidelines that 
embed organisational values 
into AI-enabled 
communication workflows. 

Governance 
emphasises data ethics, 
transparency, 
accountability, privacy, 
and trust in workplace 
settings,particularly 
where internal 
communications may 
involve monitoring, 
sensitive employee 
data, or reputational 
risk. 

Evidence is primarily 
practice-oriented 
(qualitative/interpreti
ve): demonstrates 
AI’s potential to 
improve efficiency 
and communication 
capacity; governance 
“effectiveness” is 
discussed as enabling 
responsible uptake 
rather than measured 
outcomes. 

Authenticity concerns; 
accuracy/error rates in AI 
outputs; data privacy 
concerns; cultural/HR 
readiness barriers; trust and 
acceptance issues among 
employees. 

Training and capability building; 
human,AI co-production 
(“copilot”); transparency and 
open communication; ethical 
governance structures; decision-
making guidelines aligned to 
organisational values. 
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Palladino 
(2023) 

Analyses how high-level 
ethical principles are 
translated into operational 
tools and practices, often by 
private actors. 
Implementation is 
characterised as a shift from 
broad ethics claims to 
narrower, tool-driven 
governance that can 
legitimise rather than 
constrain. 

Critiques the emerging 
governance regime as 
structurally biased: 
effective governance 
must include social and 
institutional 
mechanisms (not only 
technical tools), and 
guard against value-
narrowing driven by 
dominant actors. 

Conceptual/critical 
analysis: argues the 
emergent regime 
tends to reframe 
ethics in constrained 
ways; “effectiveness” 
is questioned (i.e., 
governance may be 
performative or 
partial). 

Institutional and power 
asymmetries; private-sector 
dominance; narrowing of 
ethics to what is 
measurable/auditable; gaps in 
social accountability. 

Ethical principles/guidelines; 
translation mechanisms 
(standards, toolkits, 
audits/metrics); governance 
ecosystem (multi-actor regime); 
social accountability 
mechanisms beyond technical 
compliance. 

Loufek et 
al. (2024) 

Directly addresses ethical AI 
implementation in healthcare 
via internal accountability. 
Mayo Clinic operationalises 
governance by (i) building 
internal expertise, (ii) 
establishing a centralised 
Software as a Medical 
Device (SaMD) Review 
Board, and (iii) aligning 
development/deployment 
with regulations, standards, 
and best practices across the 
AI/DHT lifecycle. 

A risk-based, 
institutionally 
embedded governance 
framework: 
multidisciplinary 
oversight, regulatory 
interpretation, and 
lifecycle quality 
management to ensure 
AI-enabled DHTs are 
safe, effective, and 
ethical in clinical 
practice. 

Reports early 
organisational value 
(e.g., review capacity 
supporting multiple 
product teams and 
standardising 
risk/regulatory 
guidance). 
Effectiveness is 
described in terms of 
strengthened 
governance capacity 
and safer translation 
to practice, rather 
than comparative 
outcome evaluation. 

Evolving regulation; limited 
embedded expertise in many 
institutions; resourcing 
constraints; potential 
bottlenecks; and 
acknowledged limitations 
such as strengthening 
patient/societal representation 
and broadening stakeholder 
representation in governance. 

Internal capability building 
(regulatory/QA expertise); 
central review board; risk 
classification and regulatory 
determination; mitigation 
recommendations; integration 
with existing governance 
(legal/privacy/IRB); lifecycle 
controls 
(requirements/traceability, 
change/configuration 
management, 
verification/validation, 
cybersecurity, data 
management); continuous 
improvement. 
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Mac 
(2024) 

Focuses on governance-by-
design for administrative 
decision-making: stresses 
enforceable accountability 
and transparency measures 
(documentation, 
explainability, review/appeal 
pathways, auditing), and 
clearer allocation of 
responsibility when ML 
supports or makes decisions. 

Effective governance is 
framed in legal-
administrative terms: 
procedural fairness, 
contestability, 
transparency 
obligations, and 
accountability for 
discriminatory impacts 
in ML-assisted public 
decision-making. 

Legal/analytical 
contribution: offers 
governance 
recommendations 
rather than outcome 
evaluation; 
effectiveness is 
argued as improved 
fairness and reduced 
discriminatory harm 
if safeguards are 
implemented. 

Opacity (“black box” decision 
support); discrimination and 
disparate impacts; 
accountability gaps; 
difficulties operationalising 
transparency and meaningful 
explanation. 

Transparency requirements; 
accountability allocation 
(roles/responsibility); 
audits/impact assessments; 
human oversight and review 
rights; procedural safeguards 
(appeal/contestability). 

Wamba et 
al. (2025) 

As an editorial synthesis, it 
highlights implementation 
needs across GenAI use: 
responsible governance, 
strategic alignment, and 
human,AI collaboration; 
calls for organisational and 
policy responses that 
operationalise transparency, 
fairness, and accountability 
in value creation. 

Governance is 
positioned as the 
condition for “ethical 
value” from GenAI: 
controls and oversight 
to manage risks while 
enabling innovation; 
attention to societal 
impact and policy 
development. 

Editorial synthesis 
(special issue 
framing): identifies 
opportunities and 
tensions; does not test 
a framework, but 
argues that 
responsible 
governance is 
required for 
sustainable value. 

Ethical tensions; 
transparency/fairness/account
ability concerns; risk and 
volatility; regulatory 
uncertainty; misalignment 
between rapid deployment 
and safeguards. 

Responsible governance and 
oversight; strategic alignment; 
human,AI collaboration; risk 
management controls; 
policy/regulatory engagement. 
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Rana et 
al. (2024) 

Provides explicit 
organisational governance 
actions: establish governance 
frameworks with clear 
roles/responsibilities for AI 
decision-making and issue 
handling; maintain 
documentation to ensure 
transparency; embed ethical 
principles into adoption 
processes under institutional 
pressures. 

Integrates institutional 
theory with ethical 
guidelines: 
coercive/normative/mi
metic pressures plus 
ethical principles 
(fairness, 
accountability, 
transparency, accuracy, 
autonomy) as drivers of 
responsible GenAI use 
and governance 
maturity. 

Empirical (survey; 
PLS-SEM): finds 
institutional pressures 
and ethical principles 
influence GenAI use; 
GenAI use influences 
organisational 
performance; 
organisational 
innovativeness 
moderates the 
GenAI,performance 
relationship. 

Institutional constraints; 
ethical principle trade-offs; 
transparency and 
accountability demands; 
governance capacity and role 
clarity; regulatory risk. 

Institutional pressures 
(coercive/normative/mimetic); 
ethical principles (FAT + 
accuracy/autonomy); 
governance frameworks (roles, 
responsibilities, escalation); 
transparency via documentation; 
organisational innovativeness; 
performance outcomes. 



Appendices 

128 
 

Appendix D: Reflexive Memo Log 

Table 10. Selected excerpts aligned to the dissertation 

Date Stage Trigger Decision made Evidence 
anchor 

(study IDs) 

Subtheme link Reflexive note  
(bias/uncertainty + check) 

05 July 
2025 

Screening → 
inclusion 

calibration 

Noticed my inclusion 
decisions were 
drifting towards 
“ethics principles” 
papers rather than 
“governance in 
organisations” 

Re-checked inclusion logic 
against RQ1/RQ2: only 
keep papers with 
organisational governance 
mechanisms and/or 
implementation content 

S01, S02, 
S34 

T1c principles-to-
practice failure 

I am drawn to influential “ethics 
principles” critiques; I will only 
keep these where they clearly 
inform organisational enactment 
and failures and explicitly label 
them as implementation gap 
evidence rather than 
effectiveness proof. 

06 July 
2025 

Extraction (RQ1 
vs RQ2 

separation) 

Several studies blend 
“governance 
structures” with 
“ethical goals”, 
making it easy to 
conflate mechanisms 
with outcomes 

Split extraction notes into: 
(a) governance 
mechanisms 
(structures/processes/tools) 
and (b) 
outcomes/effectiveness 
evidence 

S04, S26, 
S35 

T4a + T4b + T5d I have a tendency to treat 
“having controls” as equivalent 
to “being effective”. I will 
require explicit outcome 
indicators (trust, performance, 
reduced harms, compliance 
impact) before coding anything 
as effectiveness. 

08 July 
2025 

Coding 
(operationalisation 

instruments) 

Documentation tools 
appeared across 
disparate contexts 
(audits, checklists, 
impact assessments), 
risking a messy “grab 
bag” code 

Consolidated into one 
code family: 
“operationalisation 
instruments”, with 
subcodes for impact 
assessments, 
documentation, audit 
routines 

S02, S26 T1a 
operationalisation 
instruments 

My prior professional 
experience biases me towards 
audits as a “gold standard”. To 
counter this, I will code what the 
tool does (documentation, 
assurance, accountability) rather 
than assuming effectiveness. 
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10 July 
2025 

Coding (lifecycle 
embedding 
boundary) 

“MLOps/lifecycle 
controls” were being 
coded both as 
governance and as 
technical practice 

Defined a boundary rule: 
lifecycle embedding 
counts as governance only 
when it creates decision 
rights, gates, monitoring 
obligations, or review 
routines 

S04, S11, 
S17, S29, 
S36 

T1b lifecycle 
embedding 

Risk: I might under-count 
governance embedded in 
engineering practice. Check: 
when re-reading extraction, 
confirm whether lifecycle 
practices are tied to 
accountability and oversight 
structures. 

12 July 
2025 

Theme 
development 

(principles-to-
practice failure) 

Three studies 
strongly problematise 
performative 
governance and 
“ethics washing”, but 
in different language 

Created a single subtheme 
to retain the shared 
phenomenon without 
flattening nuance 
(symbolic compliance vs 
skewed implementation) 

S01, S02, 
S34 

T1c principles-to-
practice failure 

I’m aware this subtheme can 
sound accusatory. I will write it 
with calibrated language 
(“may”, “can”, “in some 
contexts”) and anchor it to the 
evidence base in the included 
studies. 

14 July 
2025 

Sector coding 
(avoid over-

generalisation) 

“Healthcare 
governance” studies 
were rich, but risked 
becoming the implied 
default model of 
governance 

Introduced explicit sector 
subthemes so that 
governance patterns are 
interpreted as context-
contingent 

S10, S12, 
S17, S35 

T2a healthcare I may be overweighting 
healthcare because it offers 
more concrete implementation 
descriptions. Check: ensure 
sector contrasts are used to limit 
generalisation, not to privilege 
one sector as universal. 

16 July 
2025 

Coding 
(accountability 
structures vs 

assurance 
mechanisms) 

Oversight bodies 
(boards/committees) 
and assurance 
practices 
(audits/monitoring) 
were blending into 
one large 
“governance” theme 

Split Theme 4 into: 
internal accountability 
structures vs assurance 
mechanisms, to preserve 
analytic clarity 

S35, S26, 
S30 

T4a vs T4b I tend to centre formal 
committees. I will check 
whether assurance mechanisms 
and lifecycle gates are actually 
doing more “governance work” 
than committees in some 
studies. 
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18 July 
2025 

Coding (external 
regulation 
alignment) 

Large proportion of 
studies reference 
standards/regulation; 
risk that 
“compliance” 
dominates 
interpretation 

Treated external alignment 
as a governance condition 
(scaffolding) rather than a 
proxy for effectiveness 

S05, S14, 
S22, S36 

T4c external 
regulation 
alignment 

Bias risk: equating “more law” 
with “better governance”. 
Check: in the discussion, 
distinguish rule presence from 
organisational capability to 
comply meaningfully. 

20 July 
2025 

Theme refinement 
(risk-based 

governance) 

Risk-based 
approaches appeared 
in both finance and 
broader governance 
discussions 

Kept “risk-
based/proportional 
governance” as its own 
subtheme, and used it to 
explain why governance 
designs differ by system 
criticality 

S14, S20, 
S34, S35 

T5a risk-
based/proportional 
governance 

I might be importing EU-style 
risk logic into all contexts. 
Check: ensure risk-based 
framing is described as a 
tendency in the evidence, not a 
universal requirement. 

22 July 
2025 

Theme refinement 
(fairness and 

discrimination 
scope) 

Fairness was cited 
widely, but often 
without operational 
detail 

Coded 
“fairness/discrimination” 
separately from 
“mechanisms”, and noted 
when studies provide 
concrete operationalisation 
vs principle statements 

S01, S03, 
S16, S36 

T5b 
fairness/equity & 
discrimination 

Personal values make me want 
to treat fairness as central. 
Check: write cautiously where 
the evidence shows fairness is 
discussed more than it is 
implemented. 

24 July 
2025 

GenAI-specific 
synthesis 

GenAI papers 
emphasised value 
creation and adoption 
pressures; risk of 
treating novelty as 
justification for 
weaker governance 

Added a distinct GenAI 
challenges subtheme; 
interpreted GenAI as 
amplifying existing 
governance gaps rather 
than creating wholly new 
ones 

S31, S37, 
S38 

T5c GenAI 
governance 
challenges 

Bias risk: “GenAI 
exceptionalism”. Check: 
compare GenAI governance 
claims with baseline governance 
mechanisms in Themes 1 and 4 
to show continuity and where it 
genuinely shifts practice. 
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26 July 
2025 

Effectiveness 
claims calibration 

(writing) 

Many studies imply 
effectiveness without 
measuring it; risk of 
overstating RQ2 

Wrote a rule for Chapter 5: 
treat effectiveness as 
plural (trust, performance, 
value, harm reduction) and 
context-specific; 
downgrade certainty where 
outcomes are asserted, not 
evaluated 

S31, S35, 
S37 

T5d effectiveness 
outcomes 

I am motivated to answer “what 
works”. Check: explicitly signal 
evidential limits, and use the 
traceability matrix to support 
each effectiveness claim with 
the contributing studies. 
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Appendix E: Reflexive Memo Log 

Table 11. Screening and inclusion decisions for selected excerpts 

Date Stage Trigger 
(candidate) 

Decision made Evidence 
anchor 

Screening rule applied Reflexive note (bias/uncertainty + 
check) 

02 July 
2025 

Gatekeep
er 

screening 
(title/abst

ract) 

CHATGPT - 
learning 
accelerator or 
demolisher of 
foreign 
language 
teaching and 
learning? (ID 
189) 

Excluded at Stage 1 
(fails governance-in-
organisations scope) 

Candidate_I
D 189 - 
decision: 
exclude 

Gatekeeper trinity: AI + 
governance mechanism + ethical 
orientation (must all be present) 

I initially hesitated because it 
mentions ChatGPT; however it is 
about language teaching, not 
governance mechanisms in 
organisations. Re-anchored to 
RQ1/RQ2 and excluded. 

02 July 
2025 

Gatekeep
er 

screening 
(title/abst

ract) 

Blockchain 
and AI-based 
solutions for 
healthcare 
management: 
liver disease 
detection… 
(ID 186) 

Excluded at Stage 1 
(technical healthcare 
AI; governance not 
central) 

Candidate_I
D 186 - 
decision: 
exclude 

Exclude primarily technical 
contributions lacking 
governance/ethics engagement 

Healthcare can look “ethics-
adjacent”, but the title signals 
solution design rather than 
organisational governance. Applied 
technical-exclusion to avoid scope 
creep. 

02 July 
2025 

Gatekeep
er 

screening 
(title/abst

ract) 

A blockchain 
framework 
for securing 
ambient 
health care 
systems (ID 
225) 

Excluded at Stage 1 
(security/blockchain 
focus; AI governance 
not foregrounded) 

Candidate_I
D 225 - 
decision: 
exclude 

Governance must be substantive 
(oversight/policies/audits/standard
s), not only technical security 
design 

I noted my tendency to treat 
cybersecurity frameworks as 
governance by default. Here 
governance mechanisms were not 
explicit; excluded to keep 
governance meaning “controls + 
accountability”. 
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03 July 
2025 

Gatekeep
er 

screening 
(title/abst

ract) 

Online 
exploitation: 
drawing the 
line for 
surveillance 
advertising in 
Europe (ID 1) 

Borderline: retained 
as “maybe” pending 
abstract check 

Candidate_I
D 1 - 
decision: 
maybe 

Retain policy papers only if they 
connect to organisational 
enactment (compliance/controls) 

Regulatory interest can inflate 
inclusion. Tagged as borderline: 
governance language is strong, but 
organisational implementation is 
unclear. 

03 July 
2025 

Stage 2 
scoring 

(6/6 
threshold

) 

Leveraging 
blockchain 
and AI for 
ethical 
decision-
making in 
healthcare 
firms… (ID 
2) 

Advanced to scoring 
(needs proof of 
implementation/evalu
ation) 

Candidate_I
D 2 - 
decision: 
maybe 

6/6 rubric: org context (+1), 
implementation (+2), evaluative 
evidence (+2), empirical basis 
(+1) 

“Framework” language triggered 
positive bias. Scoring forces 
evidence of enactment + evaluation, 
not rhetoric. 

04 July 
2025 

Stage 2 
scoring 

calibratio
n 

Human-AI 
intersection: 
ethical 
challenges… 
and 
governance 
protocols… 
(ID 3) 

Kept as “maybe” until 
scoring; likely to fall 
below threshold if 
only conceptual 

Candidate_I
D 3 - 
decision: 
maybe 

Calibration check to prevent drift 
towards principle-only work 

I caught myself awarding 
“implementation” points for 
protocol-level discussion. 
Tightened interpretation: 
implementation requires 
organisational 
processes/roles/controls. 

05 July 
2025 

Inclusion 
decision 
(candidat

e list: 
include) 

Artificial 
intelligence 
governance: 
ethical 
consideration
s and 
implications 
for social 
responsibility 
(ID 8) 

Included for synthesis Candidate_I
D 8 - 
decision: 
include 

Must contribute directly to 
governance focus (RQ2) and/or 
implementation (RQ1) 

I checked it was more than generic 
“responsibility” talk; retained 
because it centres governance 
implications rather than only 
principles. 
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05 July 
2025 

Inclusion 
decision 
(candidat

e list: 
include) 

A 
management 
control 
oriented 
governance 
framework 
for artificial 
intelligence 
(ID 74) 

Included (framework 
is operationalisable; 
supports component 
mapping) 

Candidate_I
D 74 - 
decision: 
include 

Include frameworks that specify 
governance controls/structures 
that can be operationalised 

I have a preference for control-
oriented governance; inclusion was 
justified by explicit control 
mechanisms 
(monitoring/accountability), not 
comfort with the paradigm. 

06 July 
2025 

Soft law 
vs hard 

law 
boundary 

Mitigating 
adverse 
effects of AI 
with the EU 
AI Act: hype 
or hope? (ID 
19) 

Included, but flagged 
for “implementation 
inference risk” 

Candidate_I
D 19 - 
decision: 
include 

Regulatory papers included only 
when linked to organisational 
governance 
obligations/compliance 
mechanisms 

Regulation can masquerade as 
“effectiveness evidence”. Any org-
effectiveness claims from legal text 
will be framed as inferred unless 
empirically evaluated. 

07 July 
2025 

Scope 
creep 
check 

(generati
ve AI) 

Organising 
projects for 
responsible 
use of 
generative AI 
in project 
management 
(ID 35) 

Retained as “maybe” 
pending confirmation 
governance 
mechanisms are 
central 

Candidate_I
D 35 - 
decision: 
maybe 

Only include GenAI/project 
papers that outline governance 
controls (committees, audits, 
policies, risk gates). 

Selection may be biassed by 
GanAI’s salience. Until it exhibits 
governance architecture (rather than 
merely project methodologies), it 
remains borderline. 

 

 

 

 




